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Abstract 

 

This study contributes to the neglect effect literature by looking at the relative trading 
volume in terms of value. The results for the Swedish market show a significant 
positive relationship between the accuracy of estimation and the relative trading 
volume. Market capitalisation and analyst coverage have in prior studies been used as 
proxies for neglect. These measures however, do not take into account the effort 
analysts put in when estimating corporate pre-tax profits. I also find evidence that the 
industry of the firm influence the accuracy of estimation. In addition, supporting 
earlier findings, loss making firms are associated with larger forecasting errors. 
Further, I find that the average forecast error increased in the year 2000 – in Sweden. 
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I. Introduction 

 

 

In contrast to previous studies I explain systematic errors in analyst estimates using 

relative trading volume as the main proxy for the information asymmetry resulting 

from firm neglect. Such information asymmetry between outsiders and firm insiders 

might arise due to a lower degree of monitoring and lower availability of historical 

information.  

 

Analysts face information costs when covering a firm, and need to be adequately 

compensated in order to have the incentive to reduce the asymmetric information 

between investors and company insiders. Today, the bulk of research activity is 

undertaken by the sell side1, implying that trading commissions are an important 

source for analyst compensation. This means that analysts may not have sufficient 

incentives to cover companies with low trading activity since the compensation is 

expected to be lower. Earlier studies relating to the neglect effect have typically 

looked for a relationship between estimate errors and the number of analysts covering 

a certain company. Analyst coverage, reveals how many analysts provide estimates 

for the consensus, but it does not include information on how much effort the analysts 

put in analysing a specific firm. Hence, it seems intuitive to assume that there might 

exist a relationship between the trading volume of a certain stock and the performance 

of the analysts covering the firm. I thus expect that analysts allocate less effort on 

firms that provide less commission income, since this is rational from a commercial 

perspective. Therefore, I put forward a hypothesis that the relative trading volume of 

the stock has an impact on the effort of the analysts and should thus have an impact 

on the accuracy of estimation.  

 

Why is an in-depth study of systematic errors in analyst estimates justified? Firstly, 

the variables previously used to capture the relationship between firm neglect and 

estimate errors have not properly identified the main reason for neglect, i.e. the factor 

that impact the analysts’ compensation. Secondly, share prices are the result of 

                                                 
1 The financial industry usually speak of two camps, sell side versus buy side. On the sell side are the 
brokerages that rely on commission as a source of income, whilst the buy side consist of the 
institutional investors that utilize the services provided by the sell side, e.g. equity research. 
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expectations regarding the future, and systematic errors in analyst estimates can thus 

provide an avenue of profitable trading strategies. 

 

There is a vast amount of studies that have looked at the relationship between estimate 

errors and firm neglect, often represented by the number of analysts covering a firm2. 

For instance, Dowen (1989) and Lim (2001) find a relationship between the forecast 

error and the number of analysts covering a firm. Bhardwaj and Brooks (1992) show 

that neglected firms, as measured by number of analysts following, have excess stock 

returns, which intuitively can be explained by investors being compensated for a 

higher degree of asymmetric information. On the other hand, Branson, Guffey and 

Pagach (1998) investigate the market response to the announcement of analysts’ 

initiation of coverage of a firm. They find a relationship between the extent of the pre-

existing analyst coverage and market response. Lightly followed firms, on average, 

experience larger price reactions to the announcements than either previously 

uncovered firms or more heavily followed firms. Rajan and Servaes (1997) examine 

IPOs and analyst coverage, and find that higher underpricing leads to increased 

analyst coverage. By looking at the market share of brokerages, Irvine (2001) 

determines that the brokerage’s volume is significantly higher in stocks that they 

cover than in uncovered stocks. Along the same lines, Bhushan (1989) documents that 

the level of analyst coverage is positively related to the trading volume. Furthermore, 

O’Brien and Bhushan (1990) suggest that trading volume determines the level of 

analyst coverage on a certain firm. Adding to the relation between firm size and 

neglect, Carvell and Strebel (1987) claim that the small firm effect is in fact a proxy 

for the neglected firm effect, measured as number of analysts following. In summary, 

there is evidence that 1) analyst coverage has an impact on the accuracy of estimation, 

2) analyst coverage can be explained by factors such as company size and trading 

volume. However, there are surprisingly few, if any, studies that directly relate 

analysts’ accuracy of estimation to the trading volume of the share.  

 

I conduct my research using a sample of analysts pre-tax profit estimates for Nordic 

companies provided by Six Market Estimates (SME) of Sweden. The sample has 

                                                 
2 There is also a large amount of research on analyst characteristics, e.g. experience of the analyst, Lim 
2001, that I do not cover in this study as its focus is the neglect effect. One could argue that rational 
brokerages allocate experienced analysts to commercially important stocks. 
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several interesting properties. Firstly, SME standardises the estimates so that the 

individual analyst estimates are consistent with regards to the treatment of special 

items and charges. This is in stark contrast to for instance the estimates collected by 

I/B/E/S which are associated with significant dispersion in the treatment of special 

charges as demonstrated by for instance Lim (2001). Secondly, this sample has not 

been used in the academic literature. and it thus provides valuable out of sample test 

of the results of the typically US centric literature. 

 

I find that the relative trading volume is indeed positively related to the analysts’ 

accuracy of estimation on Swedish stocks, hence supporting the hypothesis that 

rational brokerages allocate their research resources to stocks that most likely will pay 

back in terms of trading commission. Further, the Technology, Media and 

Telecommunications industry is associated with an on average larger analyst 

estimation error, whilst Engineering, Forestry and Retail industries show the opposite 

characteristic. The year 2000 is associated with, on average, larger errors in analysts’ 

estimation accuracy. 

 

The paper is organised as follows. Section II describes the data, while Section III 

presents the used methodology. Section IV discusses the empirical results. Finally, 

Section V provides the summary and conclusions. 

 

 

II. Data 

 

 

I use SME Direkt consensus pre-tax estimates for firms listed at Nordic stock 

exchanges. The market participants use SME consensus estimates in the Nordic 

region and the consensus is published in virtually all leading Nordic economic 

dailies3, further Financial Times refers to the SME consensus when reporting market 

expectations regarding Nordic companies. Pre-tax estimates are used because they 

exclude taxes, i.e. making the estimates more comparable across countries. I also have 

                                                                                                                                            
 
3 Economic dailies that publish SME estimates, Sweden: Dagens Industri, Finanstidningen – Finland: 
Kauppalehti – Denmark: Börsen – Norway: Dagens Näringsliv. 
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the number of analysts that provide their estimates to SME. For other data, such as 

trading volume and market capitalisation, I have used the Datastream information 

service.  

 

SME gathers forecasts from all major banks and brokerages in the Nordic countries as 

well as from a number of brokerages based in the US and the UK. The edge SME’s 

data has to offer versus other data sources is the comparability between the individual 

analysts’ forecasts. SME ensure that all estimates that form their consensus estimate 

are comparable, by asking each analyst the basis of the estimate and then adjusting the 

estimates for differences. E.g. I/B/E/S provides no specific instructions to individual 

analysts about the treatment of non-continuing items. These “special items” can cause 

large discrepancies in the earnings estimates as they in strictly accounting terms 

sometimes can be reported as operating items (e.g. restructuring charges or 

operational capital gains). Therefore, by using the SME data I avoid the exclusion of 

estimates that include special items charges, which was used by Lim (2001) as a 

solution to this problem. The method used by Lim could cause a bias in the data, since 

firms with large special items, e.g. restructuring charges are eliminated from the 

investigation.  

 

Forecasts in the data are annual consensus estimates reported by SME Direkt. All 

consensus estimates are average values of at least 7 observations. For Nokia, that can 

represent one of the most covered firms in the Nordic region, the numbers of 

observations are some 25.  

 

Table 1 

Number of Consensus Forecast per Year 
The longest SME time series available is for the Swedish market. As the market tends to consider SME consensus estimates 

superior to others, it is also interesting to investigate the other Nordic countries although the time horizon is quite short.  

 

 

1995 1996 1997 1998 1999 2000 Total

Sweden 110 131 179 200 218 220 1058
Finland 49 130 179
Norway 68 85 93 246
Denmark 51 63 114
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Table 2 

Average and Median Consensus Forecast per Year 
 The consensus estimate errors are calculated as the consensus estimate less the actual reported number, the difference is further 

related to the actual reported number. The absolute value of the estimate error is used. For description on how the estimate error 

is calculated, turn to the methodology part of the paper. 

 

Sweden can be used as a market for analysing time-trends in average consensus 

estimate errors. We can observe differences in levels during the time period. There 

appears to be a increase in 1997 from the 1995-1996 level. Further the average 

consensus estimate error in year 2000 is at a substantially higher level than in the 

period 1997-1999. We should though remember that during 2000 the world economy 

experienced a sharp drop in corporate revenues and estimation errors tend to increase 

in downturns, Chopra (1998). Although the time series for the other Nordic countries 

is quite short we can observe that there has not been a substantial increase in the 

consensus estimate error in year 2000, this can be due to the smaller data sample for 

these countries. Averages are always higher than medians, due to the way I calculate 

the estimation error. As I relate the estimation error to the reported number the 

relation increases as the reported number move towards zero. 

 

 

 

 

 

Grouped by 1995 1996 1997 1998 1999 2000 Total

Sweden
Average 11.0 12.2 24.5 20.5 18.1 68.7 28.7
Median 5.1 4.4 8.3 6.8 7.0 8.3 6.9
# of observations 110 131 179 200 218 220 1058
Finland
Average 28.0 31.2 30.3
Median 8.2 10.4 9.8
# of observations 49 130 179
Norway
Average 28.8 37.9 33.3 33.7
Median 8.5 12.9 14.5 11.4
# of observations 68 85 93 246
Denmark
Average 20.7 14.0 17.0
Median 6.4 9.4 9.1
# of observations 51 63 114
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Figure 1 

Average Consensus Estimation Error on Stocks Listed at the Stockholm Stock 

Exchange 1995-2000 
The Swedish average consensus estimate error has increased during the investigated time period and is substantially higher in the 

year 2000 than in previous years. This could though be a result of the very fast drop in corporate revenues, which lead to analysts 

downgrading their estimates throughout the year. As Chopra (1998) pointed out, a change in the economic growth tends to catch 

analysts off-guard. 

 

 

Table 3 

Number of Consensus Forecast per Issued Date 
The consensus estimates are grouped by the time they were issued in respect to the time of the publishing of actual reported 

numbers.  

 

The accuracy of estimation is dependent on the point in time when the estimate was 

given. I have measured the consensus estimate error at five points in time (12 months 

prior to the reporting date, 6 months, 3 months, 1 month and 1 week). Firms issue 

interim reports throughout the year that contain information which forms the final 

number, and hence the accuracy of estimation should improve. This is shown in the 

graph below.  
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Figure 2 

Average Consensus Estimate Errors Issued at Different Point in Time per 

Country 
Average consensus estimate errors grouped by the time they were issued in respect to the time when the actual reported numbers 

were published.  

 

 

III. Methodology 

 

 

The consensus estimate errors are calculated as the consensus estimate less the actual 

reported number, the difference is further related to the actual reported number. The 

absolute value of the estimate error is used. 
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I conduct a cross-sectional regression of consensus forecast errors on neglect 

characteristics for the total Nordic sample and a sub sample (Sweden). The hypothesis 

is that companies with a larger relative trading volume (in terms of value) should be 

associated with smaller consensus estimate errors. I regress the main explanatory 

variables and include also firm specific control variables derived from prior research. 

 

Prior research states that the availability of information increases with company size 

and the number of analysts following the firm. More information should lead to better 

estimates on average. This relationship has been examined using firm size and the 

analyst coverage as factors explaining cross-sectional differences in estimate errors. 

But these factors fail to take into account the effort of each analyst when analysing the 

firm, before providing an estimate. Consider two firms with different trading volumes 

and thus different potential commission. Ceteris paribus, from a commercial 

perspective it would be irrational for a brokerage to put equal effort on analysing the 

two firms. Therefore I relate the trading volume (in terms of value) for one firm to the 

total trading volume of the covered firms; (RELA). The hypothesis is that the 

brokerages put more effort in analysing firms that have larger commercial value to 

them, and the higher degree of focus should therefore impact the accuracy of 

estimation. I also use the variables, market capitalisation (LNSIZE) and analyst 

coverage (LNCOVER) and expect them to be positively related to the accuracy of 

estimation. 

 

Das (1998) showed that analysts tend to be less accurate when estimating earnings for 

loss firms. Hence, I have included a dummy that take into account if the result was 

negative (PTL). Furthermore, I use control dummy variables (DIND) to capture the 

differences between industries. Prior research also suggests using year-dummys 

(DYEAR) to take into account possible differences in analysts’ estimation accuracy 

over the time period. Allen et al. (1999) showed significant differences in analysts’ 

forecast errors across countries. Therefore, I include dummys for different countries 

in the regression on the Nordic data sample. 

 

Every time frame (i.e. 12 months, 6 months, 3 months, 1 month and 1 week) is 

regressed in separate regressions. Also the three main neglect variables are separated 

to different regression.  
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where: 

itDES  is the variable for neglect, i.e. (RELA), (LNSIZE) or (LNCOVER) 

itPTL  is a dummy variable that take into account if the result was negative. 

j
itDIND  are the dummy variables to capture the differences between industries. 

 

Prior research have tested the neglect effect using the market capitalisation of the firm 

and the analyst coverage. This paper argues that the prior used variables are in fact a 

proxy for the relative trading volume of the company and therefore regress the three 

neglect variables in identical models. Market capitalisation is one of two factors that 

affect the value of the trading volume and therefore I can expect a relation between 

the market capitalisation and the relative trading volume. Also the analyst coverage 

should be positively linked to the relative trading volume, as brokerages cover firms 

that are of commercial importance to them.  

 

 

IV. Empirical results 

 

 

The results are divided in two separate sections. First, results for the Swedish market 

are presented and in the next section I present the results for the total Nordic sample. 

 

 

Sweden 

 

The data provided by SME is most extensive on the Swedish market, pre-tax profit 

consensus estimates ranging from 1995 to 2000. The number of observations for firms 

listed on the Stockholm Stock Exchange is 10584. The estimates are divided into five 

different time groups (12 months, 6 months, 3 months, 1 month and 1 week, prior to 

the announcement of realised numbers). 

                                                 
4 Due to the lack of information on the trading volume I had to drop 246 consensus estimate errors. 
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Table 4 

Regressions of Consensus Estimation Error on the Swedish Market 1995-2000 
This table reports the estimated coefficients (t-statistics in parentheses) from yearly cross-sectional regressions on consensus 

estimation errors for neglect characteristics, between 1995 and 2000 on Swedish stocks. (RELA) is the variable for the relative 

trading volume, which is calculated as the prior year’s trading volume for a share divided by the prior year’s total trading volume 

in the sample. The trading volume is lagged with a year because the decision to allocate research sources by the brokerage must 

be based on historical trading volume figures. (LNCOVER) is the log number of analysts that provided estimates for the 

consensus. (LNSIZE) is the log market capitalisation also lagged a year due to the same reason as in the relative trading volume 

variable. All three neglect variables (RELA), (LNCOVER) and (LNSIZE) are regressed in separate regressions, representing 

(DES) in the model below. The average Adjusted R-square is in the range 15.57-16.05% for all three types of neglect 

regressions. (PTL) is a dummy variable in case the actual reported number is a pre-tax loss. The constant equals an industry 

dummy, Technology, Media and Telecommunications. For a detailed presentation of the industry dummys (DIND), look table 5. 

it
j

itj

k

j
ititit DINDPTLDESEE εββββ ˆ

1
210 ++++= ∑

=

))))
 

                ***significant on 1% level, ** 5%, * 10% - n= number of observations 

 

Rationally firms with more informational uncertainty should be associated with 

uncertain analysts’ forecasts, or less accurate forecasts. The general information 

CONSTANT RELA LNCOVER LNSIZE PTL

12 months 189.74 -10.569 689.54
(n=193) (1.931)* (-1.478) (1.413)

401.02 -103.08 680.52
(1.748)* (-1.532) (1.375)
498.59 -37.031 666.04
(1.551) (-1.370) (1.401)

6 months 100.43 -5.575 382.25
(n=204) (2.439)** (-1.644) (5.194)***

244.80 -65.564 374.54
(1.612) (-1.172) (5.036)***
274.03 -20.434 361.68
(1.585) (-1.389) (1.395)

3 months 26.869 -1.375 82.870
(n=217) (3.182)*** (-1.898)* (5.427)***

63.971 -16.674 80.884
(2.042)** (-1.432) (5.238)***

65.924 -4.661 78.920
(2.564)*** (-1.853)* (5.097)***

1 month 25.804 -1.126 63.996
(n=222) (3.748)*** (-1.857)* (5.004)***

67.049 -17.837 61.722
(2.612)*** (-1.858)* (4.796)***

59.519 -4.003 60.660
(2.815)*** (-1.917)* (4.691)***

1 week 16.959 -0.652 37.605
(n=222) (4.876)*** (-2.130)** (5.820)***

44.192 -11.623 36.092
(3.417)*** (-2.402)** (5.566)***

34.990 -2.164 35.819
(3.271)*** (-2.048)** (5.475)***
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environment is likely to increase with the company’s market capitalisation5 and with 

the number of analysts covering the company. The analysts however follow firms in 

order to make a living. In other words, there should be sufficient commercial 

incentives to cover a firm. To capture the incentive I have related the trading volume 

(in terms of value) by company i to the total trading volume of the companies 

covered. This should serve as a justified proxy for how much research resources the 

brokerage’s head of research allocates on a certain firm.  

 

The results from the regressions support the hypothesis that the relative trading 

volume is positively related to the analysts’ accuracy of estimation. Brokerages tend 

to put more research muscles on covering companies that have larger commercial 

value to them in terms of potential commission6. This indicates that the number of 

analysts that follow a firm should increase with larger relative trading volume. The 

relation between the company’s analyst coverage and the accuracy of estimation 

should thus be positive, as the empirical results consistent with prior research show in 

table 4.  

 

Market capitalisation of the company is one of two factors that affect the value of the 

trading volume. Therefore we can assume some positive relation between the value of 

the trading volume and the market capitalisation of the company. I hence, also expect 

that the market capitalisation is positively related to the accuracy of estimation. The 

results from the empirical test are in-line with the expected relation and consistent 

with prior research. 

 

It appears to be the case that when a firm reported a pre-tax loss there was higher 

uncertainty around the result than for a non-loss firm. This is though an ex-post 

measure, but I believe it captures some of the information regarding analysts’ 

                                                 
5 Ho and Michaely (1998) 
6 Intuitively, we can expect a decreasing relation between the consensus estimation error and relative 
trading volume. As the relative trading volume grow very large the additional effort put in analysing 
the company would be marginal. Hence, I have regressed the natural logarithm of the relative trading 
volume, using the same model as in table 4. There do not appear to be a decreasing relation between 
the relative trading volume and the consensus estimation error as the results using the (LNRELA) 
showed no stronger relation with the estimation error than (RELA). This could be explained by the fact 
that on the commercially largest companies Nordic brokerages allocate several analysts, i.e. more 
research resources, when usually there is one analyst per company. 
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forecasting uncertainty on loss making companies. The empirical results were 

consistent with the prediction derived from Das (1998). 

 

Table 5 

Industry Dummies – Swedish Market 1995-2000 
I have grouped the companies in eight industries and used them to form industry dummys to capture the differences between 

industries. The eight industries are as follows: Chemicals (CHE), Construction (CON), Engineering (ENG), Financials (FIN), 

Forestry (FOR), Real Estate (REA), Retail (RET) and Technology, Media and Telecommunications (TMT). (DES) is the relative 

trading volume (RELA). 

it
j

itj

k

j
ititit DINDPTLDESEE εββββ ˆ

1
210 ++++= ∑

=

))))
 

***significant on 1% level, ** 5%, * 10% - n= number of observations 

 

Industry dummies are included in the regression to capture the differences between 

industries7, as showed by Bhushan (1989). The empirical results show a negative 

relation between the Technology, Media and Telecommunications industry and the 

accuracy of estimation. This is intuitive since one can argue that a larger uncertainty 

exists in the market for products with a high degree of new uncertain technology. 

Engineering, Forestry and Retail industries are positively related to the accuracy of 

estimation. Intuitively these are established, well known industries and could 

therefore be interpreted with lower uncertainty.  

                                                 
7Furthermore, instead of industry dummys I have also used the volatility of each industry to test for 
differences between industries. The index data is collected from Datastream – Morgan Stanley Capital 
International, MSCI Europe Sector Indices. I have used Europe Chemicals, Europe Construction & 
Engineering, Europe Industrials, Europe Financials, Europe Paper & Forestry Products, Europe Real 
Estate, Europe Retailing, Europe IT and Europe Transport indices. The weekly industry volatility is 
calculated and then scaled to an annual level for the respective year ( itδ ). Otherwise the model is 

identical to the model presented in table 5. it
j

itj

k

j
ititit PTLDESEE εδββββ ˆ

1
210 ++++= ∑

=

))))
 

Results were in-line with earlier presented results. The TMT sector tends to be harder to estimate, 
whilst Engineering, Forestry and Retail is associated with smaller estimation errors.  

CHE CON ENG FIN FOR REA RET TMT

12 months -114.04 -140.27 -139.68 -130.90 -170.79 146.24 -162.28 189.74
(n=193) (-1.413) (-1.476) (-1.530) (-1.646) (-1.429) (-1.070) (-1.798)* (1.931)*
6 months -62.320 -71.854 -69.381 -68.719 -90.849 -62.858 -85.258 100.43
(n=204) (-1.109) (-0.745) (-1.505) (-1.103) (-1.470) (-0.809) (-1.222) (2.439)**
3 months -7.290 -8.898 -14.861 -14.447 -18.117 -17.208 -21.322 26.869
(n=217) (-0.624) (-0.429) (-1.556) (-1.108) (-1.382) (-1.035) (-1.469) (3.182)***
1 month 14.768 -20.823 -17.755 -13.460 -20.341 17.451 -22.162 25.804
(n=222) (-1.524) (-1.280) (-2.257)** (-1.241) (-1.895)* (-1.257) (-1.874)* (3.748)***
1 week -7.207 -10.577 -11.177 -6.748 -12.130 -10.281 -14.540 16.959
(n=222) (-1.472) (-1.286) (-2.811)*** (-1.231) (-2.236)** (-1.465) (-2.433)** (4.876)***
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Table 6 

Year Dummies – Swedish Market 1995-2000 
A dummy for each calendar year is given to observe if there is any difference in the accuracy of estimation. (DES) is the relative 

trading volume (RELA). 

it
j

itj

k

j
itit DYEARDESEE εβββ ˆ

1
10 +++= ∑

=

)))
 

***significant on 1% level, ** 5%, * 10% - n= number of observations 

 

Chopra (1998) presented a hypothesis that analysts tend to be caught off-guard in an 

economic downturn which has a negative effect on their estimating ability. This 

appears also to be the case on the Swedish market as the level of estimation error 

seems to be higher for year 2000 than in the prior years. When including the pre-tax 

loss dummy (PTL) in the regression, the year 2000 dummy is not significant. 

Intuitively, the higher estimation error in year 2000 could be due to a higher portion 

of reported pre-tax losses than in other years of the period. 

 

 

The Nordic region 

 

For the Nordic markets the data allows me to look at only two years. The rational 

behind bunching the Nordic markets together is that London and New York based 

international investors tend to look at the Nordic region as one market. The 

similarities between the different Nordic markets since the latter part of the 90’s have 

been the high representation of advanced Technology, Media and 

Telecommunications industry.  

 

 

1995 1996 1997 1998 1999 2000

12 months 111.00 4.055 4.053 -4.658 -11.596 108.37
(n=193) (1.273) (0.042) (0.047) (-0.055) (-0.140) (1.299)
6 months 73.015 -0.449 15.125 4.185 -9.071 83.328
(n=204) (1.119) (-0.006) (0.238) (0.067) (-0.147) (1.344)
3 months 21.931 1.212 1.304 6.726 2.272 15.110
(n=217) (1.566) (0.077) (0.095) (0.499) (0.170) (1.123)
1 month 16.117 0.342 -0.075 -0.164 2.398 18.938
(n=222) (1.392) (0.029) (-0.007) (-0.015) (0.216) (1.699)*
1 week 10.570 8.136 17.523 28.022 39.683 59.826
(n=222) (1.918)* (1.133) (1.747)* (1.911)* (1.954)* (2.299)**
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Table 7 

Regressions of Consensus Estimation Error on the Nordic Market 1999-2000 
Table 7 reports the average of the estimated coefficients (t-statistics in parentheses) from yearly cross-sectional regressions on 

consensus estimation errors for neglect characteristics, between 1999 and 2000 for Nordic stocks. (RELA) is the variable for the 

relative trading volume, which is calculated as the prior year’s trading volume for a share divided by the prior year’s total trading 

volume in the sample. The trading volume is lagged with a year because the decision to allocate research sources by the 

brokerage must be based on historical trading volume figures. (LNCOVER) is the log number of analysts that provided estimates 

for the consensus. (LNSIZE) is the log market capitalisation also lagged a year due to the same reason as in the relative trading 

volume variable. All three neglect variables (RELA), (LNCOVER) and (LNSIZE) are regressed in separate regressions, 

representing (DES) in the model below. The average R-square Adjusted is in the range 10.81-11.81% for all three types of 

regressions. (DIND) is an industry dummy. 

it
j

itj

k

j
ititit DINDPTLDESEE εββββ ˆ

1
210 ++++= ∑

=

))))
 

                ***significant on 1% level, ** 5%, * 10% - n= number of observations 

 

The results for the Nordic market are not as robust as for the Swedish market. The 

only variable that consistently show similar results is the pre-tax loss dummy. Firms 

CONTANT RELA LNCOVER LNSIZE PTL

12 months 41.020 -11.960 477.25
(n=155) (0.374) (-1.661)* (4.105)***

189.07 -70.788 471.59
(0.760) (-0.666) (4.025)***
436.39 -46.225 434.85

(2.125)** (-2.273)** (3.731)***
6 months 0.416 -6.018 223.72
(n=172) (0.005) (-1.176) (3.319)***

48.525 -23.357 226.84
(0.279) (-0.318) (3.339)***
197.93 -23.041 198.61
(1.366) (-1.636) (2.855)***

3 months 11.859 -1.515 86.219
(n=189) (0.566) (-1.130) (4.942)***

44.983 -15.793 85.893
(0.989) (-0.828) (4.890)***
57.947 -5.382 80.450
(1.547) (-1.491) (4.463)***

1 month 12.139 -1.426 61.958
(n=190) (0.737) (-1.291) (4.314)***

54.109 -19.690 61.122
(1.456) (-1.268) (4.236)***
41.370 -3.766 58.473
(1.537) (-1.385) (3.968)***

1 week 12.854 -0.896 44.392
(n=191) (1.322) (-1.375) (5.238)***

38.654 -11.966 44.392
(1.751)* (-1.307) (5.238)***
27.872 -1.938 43.917

(1.752)* (-1.206) (5.156)***
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reporting losses tend to be related with a higher degree of uncertainty than non-loss 

making firms. 

 

The data set for the Nordic market8 is not as large as for the Swedish market. This is 

because SME expanded their consensus estimate business to the other Nordic markets 

in the late 1990’s. Since all signs are correct it seems that the small size of the data set 

may be causing the lack of significant results for the Nordic sample. In the ‘12 

months’ regression there appears to be a significant positive relation between the 

relative volume and the accuracy of estimation. The market capitalisation variable 

shows the same kind of results. 

 

Allen et al. (1999) showed that the forecast error is associated with country specific 

measurement and disclosure variables. As I investigated the Nordic market, country 

dummies were also regressed against the consensus estimate error. The results do not 

show any significant differences between the Nordic countries. There might be two 

explanations for it. Firstly, the data set is two small two capture the effect. Secondly, 

the Nordic countries have in fact quite homogenous corporate markets. 

 

 

V. Summary and conclusions 

 

 

Prior research have tested the neglect effect using the market capitalisation of the firm 

and analyst coverage. This paper argues that the prior used variables are in fact a 

proxy for the relative trading volume of the company. Rational brokerages allocate 

their research sources to companies that are of commercial importance to them. 

Illustrated by an example, a Finnish telecommunication sub supplier analyst usually 

covers among other companies both the contract manufacturer Elcoteq and the 

automation supplier PMJ Automec. The trading volume of PMJ Automec is though a 

fraction of Elcoteq’s trading volume. Although the analyst have official coverage on 

                                                 
8The Nordic data consist of 897 observations and I had to drop 145 observations due to the lack of 
information on trading volume. 
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both companies, it would be irrational to put the same effort on both companies when 

predicting future earnings. 

 

The empirical evidence presented shows that the accuracy of estimation is as 

predicted positively related to the relative trading volume. This support the hypothesis 

that the relative trading volume has an impact on the effort of the analysts. Therefore 

the neglect proxies used by prior research, analyst coverage and market capitalisation, 

should also be positively related to the accuracy of estimation. Empirical evidence 

point in the same direction. 

 

I also find that on average the Technology, Media and Telecommunications industry 

is inversely related to the accuracy of estimation. Well known and established 

industries tend to be positively related to the predicting ability of analysts. I present 

results that Engineering, Forestry and Retail industries are positively related to the 

accuracy of estimation. Further, the empirical result indicate that the year 2000 is 

inversely related to analysts’ accuracy of estimation, i.e. it was more difficult for the 

analysts to predict corporate profits in the year 2000 than during other years of the 

investigated period. 

 

 

References 

 

 

Allen, Arthur; Cho, Jang Y. and Jung, Kooyul (1999): “Cross country examination of 

characteristics and determinants of analysts' forecast errors”, The Mid-Atlantic 

Journal of Business, Vol. 35, 119-133 

 

Bhardwaj, Ravinder K. and Brooks, LeRoy D. (1992), “Stock Price and Degree of 

Neglect as Determinants of Stock Returns”, Journal of Financial Research, Vol. 15, 

pp. 101-112 

 

Bhushan, Ravi (1989), “Firm Characteristics and Analyst Following”, Journal of 

Accounting & Economics, Vol. 11, pp. 255-274 



 18 

Branson, Bruce C., Guffey, Daryl M. and Pagach, Donald P. (1998), “Information 

Conveyed in Announcements of Analyst Coverage”, Contemporary Accounting 

Research, Vol. 15, pp. 119-143 

 

Chopra, Vijay K. (1998): “Why So Much Error in Analysts’ Earnings Forecasts?”, 

Financial Analysts Journal, November/December, 35-42 

 

Das, Somnath (1998): “Financial Analysts’ Earnings Forecasts For Loss Firms”, 

Managerial Finance, Vol. 24, 37-46 

 

Dowen, Richard J. (1989), “The Relation of Firm Size, Security Analyst Bias, and 

Neglect”, Applied Economics, Vol. 21, pp.19-23 

 

Ho, Thomas S. Y. and Michaely, Roni (1988): “Information Quality and Market 

Efficiency”, Journal of Financial and Quantitative Analysis, Vol. 23, 53-70 

 

Irvine, Paul J. (2001), “Do Analysts Generate Trade for Their Firms? Evidence from 

the Toronto Stock Exchange”, Journal of Accounting and Economics, Vol. 30, No. 2 

 

Lim, T. (2001): “Rationality and Analysts’ Forecast Bias”, Journal of Finance, Vol. 

56, pp. 369-385. 

 

O’Brien, Patricia C., Bhushan, Ravi and McNichols, Maureen (1990): “Analyst 

Following and Institutional Ownership”, Journal of Accounting Research, Vol. 28 

Supplement, 55 

 

Rajan, Raghuram G. and Servaes, Henri (1997), “Analyst Following of Initial Public 

Offerings”, Journal of Finance, Vol. 50 No. 2, June 1997 

 


	Sweden
	The Nordic region

