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Abstract 

In our framed laboratory experiment, two Public Officials, A and B, make consecutive 

decisions regarding embezzlement from separate funds. Official B observes Official A’s 

decisions before making his/her own. We find a contagion effect of embezzlement in that 

facing a corrupt official A increases the likelihood of embezzlement by Official B. Likewise, 

deterrence matters in that higher detection probabilities significantly decrease the likelihood of 

embezzlement. Crucially, when the same deterrence policy applies to both officials, detection 

is more effective in curbing embezzlement if chosen by an honest public official A rather than 

a corrupt public official A. This legitimacy effect may help explain why anti-corruption 

policies can fail in countries where the government itself is believed (or known) to be corrupt.  
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1 INTRODUCTION 

Corruption has been found to have undesirable effects on key economic metrics such as macroeconomic 

growth (Mauro 1995), firm growth (Fisman and Svensson 2007), and income equality and poverty 

(Gupta et al. 2002). On account of these large costs of corruption and the fact that corruption is 

particularly prevalent in developing and transition economies, anti-corruption laws and policies often 

constitute important elements in both internally and externally initiated reforms. A commonly 

advocated anti-corruption approach is deterrence, which is justified by appeals to models of rational 

criminal behaviour. These models assume that an illegal act, such as corruption, is preferred and chosen 

if its net expected benefit is higher than that of legal alternatives (e.g. Becker 1968; Eide et al. 2006). 

As a result, government authorities can increase compliance with the law by increasing the risks 

(probability of detection) and/or costs (severity of sanctions) associated with illegal acts. 

 

The available experimental evidence suggests that the existence of a probability of detection and 

punishment can indeed curb corruption (for example: Abbink et al. 2002; Olken 2007; Hanna et al. 

2011). In a typical corruption experiment, a control treatment with zero detection probability is 

compared to an experimental treatment with one positive level of detection probability exogenously 

imposed by the researcher (see e.g. Abbink et al. 2002; Serra 2012). The present paper builds on this 

literature by considering environments in which the level of the detection is endogenously chosen, 

allowing us to analyse the role of legitimacy in anti-corruption policymaking.4 Specifically, in our 

framed corruption experiment conducted in Kenya, there are two Public Officials, called A and B. They 

both receive a salary and are entrusted with separate funds to be spent on social projects. Each public 

official has the opportunity to embezzle from the fund under his/her control before sending the 

remaining amount to a recipient. The recipient is different for each public official and is chosen 

randomly from a list of local NGOs and charities. Embezzlement is inefficient from a social point of 

view as the amount sent to each recipient is doubled while the amount embezzled is not.  

 

There are two different treatments with a mechanism for detection, wherein detection automatically 

leads to punishment, which entails a loss of all earnings for the period. In the Endogenous and 

Discretionary (ED) treatment, Public Official A must choose a level of detection probability which 

applies only to Public Official B.5  In the Endogenous and Non-Discretionary (END) treatment, Public 

                                                           
4 See e.g. Fehr and Rockenbach (2003) and Falk and Kosfeld (2006) for labour market experiments with 

endogenous monitoring. 
5 This is analogous to a weak institutional environment, with endogenous detection and discretionary punishment 

institutions; for example, where the judicial and police systems act in the service of the government (as opposed 

to the state). As a result, opposition leaders are jailed while government supporters are shielded from prosecution. 
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Official A has the same power over the anti-corruption policy but detection and punishment applies to 

both public officials.6  

 

Authorities are considered legitimate when the public views them as having both the legal and the moral 

authority for law enforcement (Tyler 2006). Legitimacy enhances compliance with the law even when 

the likelihood of sanctions is low (Tyler 2006). In contrast, a lack of legitimacy could translate into 

behaviour contrary to that sought, resulting in non-compliance with the law or even increased criminal 

behaviour (Kagan and Scholz 1984; Fehr and Rockenbach 2003). We operationalize this concept in our 

experimental design by allowing the ‘public official’ who chooses the strength of the detection 

probability to be corrupt. These decisions are observed by a second public official who then makes his 

or her own decision regarding corruption. 

 

Our findings suggest that there is a contagion effect in corruption whereby a corrupt policy maker 

generates corruption in others. We also confirm the deterrent effects of monitoring and punishment in 

that increasing the detection probability significantly reduces the likelihood and level of embezzlement. 

However, this raw deterrent effect of monitoring and punishment is only present in an institutional 

setting in which the policy maker is exempt from the policy’s provisions, namely the ED treatment. In 

a setting with equality before the law (END treatment), the effectiveness of monitoring and punishment 

on the behaviour of the second public official is found to depend on the legitimacy of the policy maker. 

Specifically, ceteris paribus, we find that in this institutional setting, monitoring and punishment have 

an effect on the corrupt behaviour of the other official only when the policy maker is honest. In other 

words, a lack of legitimacy undermines the effectiveness of deterrence as an anti-corruption mechanism. 

This legitimacy effect is not present in the setting with procedural asymmetry (ED treatment).  

 

We contribute to the literature on the effects of deterrence on corruption in several ways. First, to the 

best of our knowledge, this is the first experiment to demonstrate that a non-monetary factor such as 

legitimacy can affect the effectiveness of anti-corruption monitoring and punishment in a significant 

way, to the extent that the same policy actions produce different outcomes. As deterrence is more 

effective when chosen by honest officials, legitimacy can reduce the costs of enforcement. This is in 

line with Levi and Sacks (2009) who argue that citizens who perceive a regime as legitimate are more 

likely to comply with its precepts (even when the probability that non-compliance would be detected is 

low). Also, our results may help explain why anti-corruption policies can fail in countries where the 

government itself is believed (or known) to be corrupt. The governments of many developing and 

transition economies clearly face such legitimacy concerns. The implications of our findings may 

                                                           
6 This situation can also be described as a weak institutional environment, with endogenous detection but non-

discretionary punishment institutions, for example, when the judicial and police systems work independently, but 

under ‘manipulable’ monitoring and punishment institutions. 
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extend to other policymaking situations where the actions of the policy maker run contrary to the 

objective of the promoted policy. For example, a policy maker trying to curb tax evasion while putting 

his/her own wealth in a tax haven may face legitimacy issues that will affect the effectiveness of the 

said policy. Overall, the implication of our findings should be of interest and practical value to anti-

corruption advocates and policy makers. 

 

This paper is organized as follows. Section 2 discusses the relevant literature including the existing 

experimental literature on the effects of deterrence on corruption. In Section 3, we describe the main 

features of experimental design and in Section 4, our empirical approach. Section 5 presents the results, 

which give rise to a theoretical treatment in the online appendix OA. We conclude in Section 6. 

 

2 LITERATURE REVIEW AND FURTHER MOTIVATION 

As mentioned above, the potential of monitoring and punishment as an anti-corruption tool has been 

well studied in the experimental literature. The ground-breaking contribution in this regard can be found 

in Abbink et al. (2002) who find that even a very small exogenously determined probability of being 

caught coupled with a severe punishment can significantly and meaningfully reduce bribery. The 

effectiveness of this type of anti-corruption policy is also evident in the complex experimental setting 

used in Azfar and Nelson (2007) and Barr et al. (2009). Evidence from the field is provided by Olken 

(2007) who finds that government audits are effective at reducing corruption in the context of 

Indonesian infrastructure projects. 

 

However, some studies have reached somewhat different conclusions. Schulze and Frank (2003) 

conclude that monitoring and punishment damages intrinsic motivation; as they find that monitoring 

reduces the number of subjects that choose the highest level of bribe but the average bribe actually 

increases. Serra (2012) finds that while low-level monitoring does not deter corruption alone, it is 

effective in a mixed top-down and bottom-up accountability system. Overall, these studies suggest that 

monitoring and punishment can be an important element of an effective anti-corruption strategy. We 

find that this effect holds in our experimental framework. 

 

We then show that the effectiveness of deterrence can be mitigated by the legitimacy (here being corrupt 

or honest) of the person enacting the policy. While long and widely studied outside economics (see e.g. 

Weber 1964; Tyler 1990; or Papachristos et al. 2012), legitimacy has received attention only more 

recently in economics with a few papers underscoring its relevance theoretically (see e.g. Tyran and 

Feld 2006; Schnellenbach 2007; Basu 2015; Akerlof 2016) and empirically (Chen 2013). Akerlof 

(2016) explores the constraints that the need for legitimacy imposes on organizational behaviour 

outcomes such as the rejection of overqualified workers or above-market-clearing wages. Tyran and 

Feld (2006) find that formal legal sanctions for non-contribution to a public good game are more 
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effective when they were first legitimated through voting rather than when they are externally imposed.  

Using a dataset on World War I deserters, Chen (2013) finds evidence that the higher execution rate of 

Irish soldiers compared to British soldiers by the British, regardless of the crime, stimulated absences; 

particularly Irish absences. We contribute to the literature on legitimacy by presenting evidence that an 

anti-corruption policy maker’s decision to act corruptly reduces the effectiveness of any given level of 

detection chosen by the policy maker. This finding could reflect a process in which he is delegitimized 

in the eyes of others who are subject to the provisions of his policy.  

 

Our paper also relates, to some extent, to experimental studies that show that others’ behaviour can 

influence an individual’s own attitudes and behaviour. For example, it has been found that most people 

contribute more to public goods if others do so (Brandts and Schram 2001; Fischbacher and Gächter 

2010) or that tax compliance depends on the behaviour of others in society (e.g. Fortin et al. 2007).7 In 

particular, d’Adda et al. (2017) run an experiment that allows for behaviour that is reminiscent of 

corruption and show that groups with (likely) dishonest leaders are more likely to cheat. Jones and 

Kavanagh (1996) conclude that the ethical behaviour of employees is influenced by the ethical 

behaviour of their peers and managers. Similarly, Pierce and Snyder (2008) demonstrate that a firm’s 

ethical norms can influence those of its workers. Specifically, they find that the pass rate of vehicle 

inspectors adjusts to conform to the norm prevailing at the facility in which they are working. Our 

experiment provides additional evidence by allowing for the first-moving policy maker to ‘set the tone’ 

of the organization that the subjects find themselves operating in. Indeed, Lambsdorff (2015) argues 

that the ‘tone at the top’ is ‘… [m]aybe the most important factor in fighting corruption…’ (Lambsdorff 

2015: 10).  

 

3 EXPERIMENTAL DESIGN 

The data used in this paper were generated from a framed laboratory experiment which was carried out 

at the Busara Center for Behavioral Economics, in Nairobi, Kenya. Our subjects are mostly university 

students from the University of Nairobi and they come from a variety of disciplines. In the remainder 

of this section, we outline our basic procedure and describe our experimental treatments in detail.8 

 

3.1 Procedure 

Busara staff members read aloud instructions (see OB) at the start of each session. After this, subjects 

were invited to ask clarification questions and their understanding of the task at hand was then tested 

with comprehension questions. The duration of each session was roughly one hour.  

                                                           
7 These peer effects extend to various areas such as donations (Shang and Croson 2009; Smith et al. 2015), work 

effort supply (Falk and Ichino 2006; Bandiera et al. 2010), and legally deviant and norm-breaking behaviours 

(Bikhchandani et al. 1998; Keizer et al. 2008). 
8 The experimental design is identical to that of Boly and Gillanders (2018). 
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In our design, we model embezzlement which is a misuse (typically for private gains) of another party’s 

money or property, to which the embezzler has legal access but not legal ownership; in particular, when 

public or external aid funds are captured by officials or politicians. For example, Svensson and Renikka 

(2004) show that during 1991–1995, schools in Uganda received, on average, only 13 per cent of funds 

disbursed by the government; while the majority received zero. Most of the funds for school grants was 

siphoned by local officials (and politicians).  Francken, Minten and Swinnen (2009) also unveil 

evidence of public funds embezzlement in the education sector of Madagascar. Likewise, in Chad, 

Gauthier and Wane (2009) show that out of the funds allocated by the Ministry of Health to the regional 

administrations and primary health centres, amounting to 60 per cent of the Ministry's non-wage 

recurrent expenditures, only 18 per cent actually reached the regional administrations and only 1 per 

cent reached the health centres, which are the frontline health service providers. In Indonesia, 

Suryadarma and Yamauchi (2013) find that only 69 per cent of disbursements of an anti-poverty 

program actually reached the intended beneficiaries. In all cases above, embezzlers clearly undermine 

economic development by diverting public resources (including foreign aid) allocated to education, 

health or poverty-reduction programs.   

 

Our framed laboratory experiment mirrors therefore a situation in which public officials have the 

opportunity to embezzle public funds. We model this in the following way. Our participants take one 

of two roles, Public Official A or Public Official B, which they keep throughout the experiment and 

play a sequential move game. New pairs consisting of one of each type of public official are formed 

randomly at the start of each round. Payoffs are expressed in terms of Experimental Currency Units 

(ECU) during the sessions before being converted to Kenyan Shillings at the end of the experiment at 

a rate of 8ECU to 1Ksh.  

 

Public Official A and Public Official B are each paid a salary of 1,140ECU at the start of every round. 

They are then each allocated a fund amounting to 2,280ECU, which they are aware is intended to be 

spent on ‘social projects’. Public Official A moves first and has to choose whether to keep 0ECU or 

760ECU from the social fund.9 If Public Official A chooses to keep 760ECU, this amount is added to 

his payoff for the round. The balance (2,280−Amount Kept) is multiplied by 2 and, after conversion 

into Kenyan Shillings, is sent to a recipient, called Recipient 1. This recipient is randomly selected at 

the end of the experiment from a list of local non-governmental organizations (NGOs) and local charity 

                                                           
9 We restricted Official A’s choice in this way so that Official B received a simple binary signal which increased 

comparability across treatments and individuals. The extent of A’s possible embezzlement is similar to some 

evidence from the field which suggests that only 69% of intended anti-poverty funds in Indonesia reach the 

intended beneficiaries (Suryadarma and Yamauchi, 2013) 
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funds. Carrying out our experiment in Kenya and using real donations to local NGOs adds further 

ecological validity to our study.10 

 

After observing the choice of Public Official A, Public Official B makes his/her decisions. Whereas 

Public Official A faced a binary embezzlement choice, Public Official B can opt to embezzle any whole 

number between 0 and 2,280 from the social funds under his control. The amount that Public Official 

B chooses to keep is transferred to his/her private account. As was the case with the funds passed on by 

Public Official A, the remainder of the fund (2,280−Amount Kept) is doubled, converted into Kenyan 

Shillings, and sent to a recipient. However, this recipient, called Recipient 2, is different from Recipient 

1 and is also randomly selected from a list of local NGOs and local charity funds.11  

 

Each session lasted for 40 independent rounds. In each round, each A was randomly matched (with 

equal probability) with a new B (random strangers). Public Official A was not informed about the choice 

made by Public Official B for the first 20 rounds but for the final 20 rounds he or she observed how 

much Public Official B transferred to Recipient 2. Once all 40 rounds were complete, the subjects were 

asked to answer a survey that included questions on demographics, socio-economic status, attitudes to 

and experiences of corruption. Finally, one of the rounds was randomly drawn, and the payments to the 

participant and the recipient organization were carried out according to the outcome of that round.  

 

3.2 Treatments 

We implemented two main experimental treatments with detection and punishment. The first treatment, 

which we call Endogenous and Discretionary (ED), gives Public Official A the responsibility of 

choosing at no cost a probability of detection and punishment which must be selected from the values 

0 per cent, 5 per cent, 10 per cent, 15 per cent, 20 per cent, 25 per cent, or 30 per cent. Detection is 

discretionary in that this mechanism only applies to Public Official B. This setting captures a weak 

institutional environment in which Public Official A faces no risk when engaging in corruption while 

Public Official B does. In other words, the principle of equality before the law does not hold. Public 

Official B acts only after he or she has observed the choices made by Public Official A with respect to 

                                                           
10 As discussed by Abbink and Serra (2012), the use of NGOs or charities as recipients of non-embezzled funds 

is a useful way to model the negative impact of corruption on public well-being. There are, however, two potential 

issues. First, there may be some loss of control regarding a subject attitude towards a particular NGO or charity. 

To mitigate this effect, we simply informed the subject that the local NGO would be drawn randomly from a list. 

Second, subjects’ donation behaviour outside the experiment is unknown, if the subject had already given to a 

charity recently or if he/she decides to be corrupt in the experiment and give later. This may, however, be a non-

optimal choice given the multiplicative factor in our experiment.  
11 

We chose two different recipients, one for Public Official A and another for Public Official B, in order to make 

sure that A’s choice does not substitute for the choice made by B or influence its marginal effect (see e.g. Francois 

2000, 2003 for further theorizing as to why such issues may matter, though in a slightly different context). 
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the level of detection probability and embezzlement. Detection means that Public Official B loses all 

earnings for that round. 

 

Treatment two, Endogenous and Non-Discretionary (END), also gives Public Official A the power to 

select the likelihood of detection (at no cost and from among the same values as above) but this 

probability applies to both public officials. That is to say that the enforcement of the law is non-

discretionary. This is a stronger institutional setting in the sense that equality before the law is a feature 

but note that the framework is still manipulable. A public official who is detected embezzling loses 

his/her salary for the round and the amount embezzled in that round. Independent and separate draws 

are carried out for each public official meaning that in situations where both are corrupt one can be 

detected and punished while the other is not. Once again, Public Official B observes the choices of 

Public Official A before making his own decision. 

 

An additional treatment, Exogenous and Non-Discretionary (XND), exogenously sets the probability 

of detection at 30 per cent and applies it to both public officials. As with END, independent and separate 

draws are carried out for each public official. This treatment is used to test the robustness of our results 

relative to legitimacy.  

 

The monitoring mechanism functions as follows. Once the public officials have made their decisions, 

the computer generates a random number between 1 and 100. In treatments where both public officials 

are subject to the mechanism, separate and independent draws are made for each public official. Say a 

public official opts to keep a positive amount of the social fund for himself and the probability of 

detection that has been chosen (or exogenously imposed) is W per cent (W equals 0, 5; 10; 15; 20; 25; 

or 30). If the randomly generated number for that public official falls between 1 and W (inclusive) then 

the public official’s decision to embezzle is detected and punished. For that specific round, the public 

official loses both his salary and the embezzled funds but this does not affect the payoffs in any other 

round. If the randomly generated number falls between (W+1) and 100 (inclusive) then the public 

official in question gets to keep both his salary and the amount kept. The detection and punishment 

mechanism operates identically in all treatments. The probability value is chosen by Public Official A 

in the ED and END treatments and is exogenously set at 30 per cent in the XND treatment.  

 

3.3 Participants and payoffs 

Across the three treatments, 198 subjects participated at the Busara Center for Behavioral Economics, 

in Nairobi, Kenya. Half took the role of Public Official A and the other half took the role of Public 

Official B. Sixty-four subjects served in the ED treatment 68 in the END, and 66 in XND treatment. 

Table 1 presents summary statistics for our sample of Public Officials B. They are roughly 21 years old 

on average and most of them are male. Economics majors make up large proportions of the sample in 
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all of our treatments. The average monthly expenses are around 9500Ksh which is equivalent to around 

€80.12 Thus the average earnings from the experiment as described below represent a significant sum 

to our participants. There are some differences across treatments in some of these characteristics. 

Though the subjects in ED and END, the treatments that are of particular interest for this paper, are 

rather similar, we include these factors in our regression analysis.  

 

While survey data on an individual’s relationship to corruption may be prone to certain biases, subjects’ 

responses summarized in Table 1 suggest that our subjects have an experience of corruption. In addition 

to asking about their experiences of corruption, our survey also probed our subjects’ attitudes to and 

understanding of corruption. In terms of perceptions of corruption, 5% of public official Bs think that a 

few government officials are involved in corruption, 78% think that some of them are, and the remainder 

think that all of them are. Most of our subjects (63%) most often hear about corruption in the context 

of scandals involving politicians and bureaucrats. 27% of our subjects most often hear about corruption 

in the context of harassment bribes levelled on ordinary people by government officials and 8% in the 

context of scandals involving companies and rich individuals. 89% agree that Kenyan law is such that 

both bribe takers and givers are acting illegally. 100% of public official Bs profess to agree with the 

statement “it is always wrong for a government official to take a bribe.” While survey data on an 

individual’s relationship to corruption may be prone to certain biases, these responses suggest that our 

subjects have an understanding of the practical and moral facets of corruption. 

 

[Table 1 about here] 

 

One period from the 40 was chosen at random to calculate the payoffs.13 With an exchange rate of 8ECU 

= 1KSh, the average total earnings (i.e. salary plus embezzlement) for those in the role of Public Official 

A was  208KSh in the ED treatment, 194KSh in the END treatment, and 145KSh in the XND treatment. 

Public Officials B earned 307KSh in the ED treatment, 306KSh in the END treatment, and 185KSh in 

the XND treatment. In addition, each subject received a fixed payment of 400Ksh for their participation. 

The NGOs Green Belt Movement and Impacting Youth Trust (Mathare) served as Recipient 1 and 

Recipient 2 respectively after being randomly drawn from a list of local NGOs. 48,285KSh were 

transferred to Recipient 1 and 58,900KSh to Recipient 2 after the experiment had ended. These amounts 

were calculated by taking the total amount sent to Recipient 1 (Recipient 2) by those in the role of 

                                                           
12 This information comes from a post experiment survey question and refers to the participant’s own expenses. 

We do not specify what the participant should include in the calculation. 
13 Even though we only use the first 20 rounds for this analysis, all 40 were used for the purposes of calculating 

payoffs so that participants had an incentive to treat all rounds equally seriously. 
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Public Official A (Public Official B) using one randomly determined period per subject and an exchange 

rate of 8ECU = 1KSh.14 

 

4 EMPIRICAL APPROACH 

In this paper, we are interested in explaining the corrupt behaviour of Public Official B.15 We also 

restrict our analysis to the first 20 rounds; given that in the final 20 rounds, Public Official A was 

informed about Public Official B’s embezzlement decision. We analyse the data using summary 

statistics and statistical tests (mainly Mann-Whitney tests with individual average choices as 

independent units of observations), followed by regression analyses. In our regression analyses, we 

estimate several equations: 

 

 𝑦𝑖𝑡 = 𝛼 + 𝛽𝐸𝑁𝐷 + 𝜌𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 + 𝛿𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 + 𝜇𝑖 + 휀𝑖𝑡  (1) 

 𝑦𝑖𝑡 = 𝛼 + 𝛽𝐸𝑁𝐷 + 𝜌𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 + 𝛿𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 + 𝛾(𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 × 𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡) + 𝜇𝑖 + 휀𝑖𝑡  

𝑦𝑖𝑡 = 𝛼 + 𝛽𝐸𝑁𝐷 + 𝜌𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 + 𝛿𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 + 𝛾(𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 × 𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡) +

φ(𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 × 𝐸𝑁𝐷) + ψ (𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡  x 𝐸𝑁𝐷) + 𝜔(𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 × 𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡  𝑥 𝐸𝑁𝐷) + 𝜇𝑖 + 휀𝑖𝑡  

(2) 

(3) 

 𝑦𝑖𝑡 = 𝛼 + 𝜌𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 + 𝛿𝐷𝑢𝑚𝑚𝑦_𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 + 𝜇𝑖 + 휀𝑖𝑡  (4) 

 𝑦𝑖𝑡 = 𝛼 + +𝜌𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 + 𝛿𝐷𝑢𝑚𝑚𝑦_𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 + 𝛾(𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 × 𝐷𝑢𝑚𝑚𝑦_𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡) + 𝜇𝑖 +

휀𝑖𝑡  

(5) 

 

𝑦𝑖𝑡 is the dependent variable. It is a dummy variable which equals 1 when Official B embezzles (0 

otherwise) though we also run the regressions to explain the amount, between 0 and 2,280ECU, 

embezzled by Official B. The variable 𝐸𝑁𝐷 is a dummy variable which equals 1 for the END treatment 

and 0 otherwise. 𝐻𝑜𝑛𝑒𝑠𝑡_𝐴𝑖𝑡 is a dummy variable which equals 1 when Official A is honest and 0 

otherwise. 𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛 is the level of detection chosen by Official A and is treated as a continuous 

variable; while for 𝐷𝑢𝑚𝑚𝑦_𝐷𝑒𝑡𝑒𝑐𝑡𝑖𝑜𝑛𝑖𝑡 a dummy is created for each level of detection. The constant 

term, individual effect term, and the error term are respectively 𝛼, 𝜇𝑖 and 휀𝑖𝑡. The subscript 𝑖 is for 

individual subjects and 𝑡 denotes the round. Equations 1 to 3 apply only to the pooled data regression. 

Equations 1 to 3 (without the END variable) and Equations 4 to 5 apply to the individual treatment 

regressions. 

 

As stated above, the main variable of interest is the likelihood that a Public Official B is corrupt; but 

we also briefly discuss results which examine the amount embezzled by a corrupt Public Official B. We 

                                                           
14 Each participant was notified once the funds were transferred. The participants also received a text message 

notifying them that there were receipts and formal letters of NGO payments available for viewing and collection 

at Busara’s offices if they so wished. 
15 The behavior of Public Official A is studied in a companion paper (see Boly and Gillanders, 2018). 
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use a random-effects Logit model to analyse Public Official B’s decision to embezzle or not. All 

standard errors are clustered at the session level.  

 

5 MAIN RESULTS 

We expect three distinct effects. Firstly, we expect to see a deterrence effect. Such an effect will be 

evident if we find a downward-sloping relationship between the level of detection probability and 

corrupt behaviour. Secondly, we expect to see a contagion effect whereby a Public Official B who 

witnesses corrupt behaviour on the part of a Public Official A will follow suit. A difference in the 

average level of corrupt outcomes by the type of Public Official A will be evidence of this contagion 

effect. Finally, and most importantly, we are interested in the possibility that policies originating from 

a corrupt official are less effective than those promulgated by an honest policy maker. Such a legitimacy 

effect could present itself in two ways. Firstly, if the slope of the deterrence effect differs by type of 

Public Official A we would have evidence of a legitimacy effect. The effect of changes in detection 

would be different depending on the behaviour of Public Official A. Secondly, and conceptually 

equivalently, differences in the overall marginal effects of Public Official A’s type (honest or corrupt) 

at each level of detection probability would be evidence of the same policy having different effects 

depending on the behaviour of the policy maker.  

 

 

5.1 Share of corrupt decisions by Officials B 

Summary statistics on the average share of corrupt decisions made by Public Official B are given in 

Table 2. Note that individual average choices are used as independent units of observations. The average 

shares of corrupt decisions in the ED, END, and XND treatments are respectively 88 per cent, 91 per 

cent, and 79 per cent. Compared to the XND treatment, we find that corruption is significantly greater 

in the END treatment (p-value = 0.04, two-sided Mann-Whitney) but not in the ED treatment. No 

significant difference is found between the ED and the END treatment (p-value = 0.31, Mann-Whitney). 

 

[Table 2 about here] 

 

Figure 1 plots, overall and for each treatment, the percentage of Public Officials B who made corrupt 

decisions at each point on our detection scale. It also includes reference points for the XND treatment 

where this probability was exogenously set. The share of corrupt decisions conditional on Public 

Official A being honest is indicated by solid line while the share of corrupt decisions conditional on A 

being corrupt is indicated by dashed line. Bubble size corresponds to the percentage of times a given 

level of detection was chosen. XND H and XND C show the honest and corrupt choices by Official A 

in the XND treatment. The pooled data suggest that deterrence is effective in that no matter the type of 
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Public Official A, we see a downward slope indicating that higher levels of detection lower the 

likelihood of a corrupt Public Official B. However, the type of Public Official A does seem to matter in 

that the line for honest Public Official As is always below the line for corrupt Public Officials A.  

 

[Figure 1 about here] 

 

In the ED treatment, a negative relationship between the probability of detection and the share of corrupt 

Public Officials B can be observed and the relationship appears similar for each type of Public Official 

A. This suggests that the decision by Public Official A to be corrupt or honest does not influence the 

effectiveness of the chosen level of detection in terms of deterring Public Official B from 

embezzlement. In contrast, in our END treatment, there is a clear difference depending on whether 

Public Official A is corrupt or honest. At each point on our detection scale, the share of corrupt Public 

Officials B is appreciably lower when the probability has been chosen by an honest Public Official A 

as opposed to a corrupt Public Official A. In addition, increasing the probability does not seem to 

dissuade Public Official B from being corrupt when that probability has been chosen by a corrupt Public 

Official A. When Public Official A is honest, we do see some evidence of a downward slope. These 

differences are indicative of a legitimacy effect. 

 

We now proceed to a regression analysis to test the statistical significance and magnitude of these 

apparent effects, using a random-effects Logit model to analyse Public Official B’s decision to embezzle 

or not. The results are in line with our graphical analysis for the most part. 

  

5.1.1 Pooled Data 

Figure 1 suggests that different relationships are at play in the ED and END treatments. To establish 

this formally, in Table 3 we pool the data from the ED and END treatments. Column 1 looks at the main 

effects of Public Official A’s behaviour and the level of detection probability on the likelihood that 

Public Official B acts corruptly. We find a significant and negative relationship between honest 

behaviour by Public Official A and the likelihood of embezzlement by Public Official B (at the 1 per 

cent level). We also find that deterrence has a negative and statistically significant effect on the 

likelihood that Public Official B acts corruptly (at the 10 per cent level). This deterrence effect is in line 

with much of the experimental literature outlined above. Our pooled data thus suggests the presence of 

a contagion effect and of a deterrence effect. 

 

[Table 3 about here] 

 

The regression framework allows us to go deeper and study the interaction of Public Official A’s 

behaviour and the level of detection that he chooses. Column 2 of Table 3 includes the main effects and 
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the interaction effect (Equation 2). The reference group is a Public Official B in the ED treatment who 

is paired with a corrupt Public Official A who has selected a zero probability of detection. The 

coefficient for ‘detection level’ is negative suggesting that detection is effective when chosen by an 

honest Public Official A but the effect is not significant at traditional levels. The coefficient for the 

dummy representing an honest Public Official A is negative (and significant at the 10 per cent level) 

indicating that the likelihood of embezzlement by Public Official B is higher when facing a corrupt 

Public Official A instead of an honest Public Official A. Graphically, this would mean that the line of 

predicted Logit values for corrupt Public Officials A will lie above the line for their honest counterparts.  

 

 

In Column 3, we run a three-way interaction between the END treatment, Public Official A’s type and 

detection levels. The main objective is to see if there are differences between the ED and the END 

treatments. The results suggest that while detection has a negative and significant effect on the 

likelihood of embezzlement (see “Detection Level” coefficient), its impact is lower in the END 

treatment compared to the ED treatment (see “END x Detection Level” coefficient). There is also a 

significant difference in the impact of detection when chosen by an honest official A (compared to a 

corrupt official A) in the END treatment (see “END x A's Behaviour=1 x Detection Level” coefficient); 

while such a difference in not found in the ED treatment (see “A's Behaviour=1 x Detection Level” 

coefficient). A test of the restriction that the coefficients on the treatment effect and interactions 

involving END are jointly equal to zero further supports the notion that the END and ED treatments 

generate different behaviours (p= 0.000). To explore further the differences between the ED and END 

treatments, we ran our analysis by individual treatments in the sections below. 

 

 

 

5.1.2 Individual Treatments Data 

We already noted above that Figure 1 as well as the results in Column 3 of Table 3 suggest that the 

effects of interest are heterogeneous across treatments. Table 4 therefore analyses the ED and END 

treatments individually. We begin again by looking at the main effects in columns 1 and 2. In the ED 

treatment, deterrence seems to be at work, as the coefficient on detection level is negative and 

significant at the 1 per cent level (column 1). However, we do not see evidence of Official A’s behaviour 

having an effect in this institutional setting. Things are different in the institutional setting represented 

by the END treatment where a contagion effect appears to be at work, with the coefficient for Public 

Official A’s behaviour being negative and significant at the 1 per cent level, while the coefficient for 

detection level is not significant (column 2).  

 

[Table 4 about here] 



14 
 

 

 

The full model presented in Column 3 of Table 4 shows that Official A’s behaviour has no significant 

effect on Official B’s likelihood to embezzle in the ED treatment but that there is a deterrence effect. 

Thus, we conclude that in the particular institutional framework captured by the ED treatment, 

monitoring and punishment are effective and the behaviour of the rule maker is largely irrelevant. These 

conclusions are in line with the graphical analysis in Figure 1 and the findings of the literature on 

exogenously given detection levels that began with Abbink et al. (2002). 

 

In the END treatment (Table 4, Column 4), we find no evidence of a direct effect of Official A’s 

behaviour on that of Official B and we can also see that detection levels chosen by a corrupt Public 

Official A have no significant effect on the likelihood of embezzlement by Public Official B. However, 

the negative and significant interaction term suggests that stronger detection choices made by an honest 

Public Officials A tend to decrease the likelihood of embezzlement by Public Official B. This is 

consistent with the idea of a legitimacy effect. Once again, these conclusions are fully consistent with 

the graphical analysis presented in Figure 1.  

 

The choices of probability can be sharply different between the ED and END treatments, as suggested 

by Figure 2. As is demonstrated in Boly and Gillanders (2018), there is a tendency to choose low levels 

of detection in the END treatment and higher levels in the ED treatment. 

 

[Figure 2 about here] 

 

To account for these differences in probability choices by Public Official As, the last four columns of 

Table 4 include dummies for each level of detection. Columns 5 and 6 of Table 4 support the 

conclusions of the main effects models which treated detection as a continuous variable. As we have 

reason to believe that interactions may be important in the END treatment at least, more interesting are 

the final two columns of Table 4.  In Column 7, we do find a contagion effect in the ED treatment but 

only when the detection level is zero. That is to say that when participants are treated equally, as they 

always are in END, there is a simple contagion effect. At all positive detection levels, monitoring and 

punishment is an effective deterrent to corrupt behaviour but this effect is in general not contingent on 

Public Official A’s behaviour. The opposing sign and comparable magnitude of the interaction 

coefficients relative to the effect of Public Official A’s behaviour show this. As an example, consider 

the 5% detection level, if a corrupt Public Official A chooses that detection level, the deterrence effect 

is captured by the coefficient 2.774. If an honest Public Official A chooses that detection level, the 

deterrence effect is captured by the sum of main and the interaction effects, i.e. 2.774+1.483-1.750, 

which is approximately equal to the deterrence effect for a corrupt Public Official A.  A similar 
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reasoning holds for most detection levels.  Finally, Column 8 shows that there is legitimacy effect in 

the END in that the effectiveness of a given level of detection in terms of deterring corruption is 

conditional on the behaviour of Public Official A. On average, the anticorruption policy is only effective 

if the policymaker is herself honest.  

 

Our analysis of the amount embezzled by Public Official B is presented in the online appendix OC. 

These results are very similar to those for the likelihood of embezzlement.16 However, it should be 

noted that since for a given probability of detection embezzling 1ECU is as likely to result in punishment 

as embezzling 2,280ECU, it is not obvious that higher probabilities should lead to an individual 

embezzling a lower amount. The model presented in OA offers insights into this observed behaviour. 

 

5.1.3 Discussion 
 

Our results thus indicate that in the END treatment, a higher probability of detection and punishment 

can effectively deter corruption, but only when the policy is put in place by a policy maker who is 

himself ‘clean’. Thus, in institutional settings in which equality before the law is observed, it is vital 

that those at the top set the right ‘tone’, if endogenously chosen anti-corruption measures of this type 

are to be effective. The results on the effects of institutional settings on legitimacy can be related to the 

perceived procedural fairness of the system. Indeed, the procedural fairness literature suggests that 

legitimacy springs from a shared perception between all relevant parties and outsiders about the fairness 

of the procedures applied—though outcomes may be unequal, at least everyone acts under a common 

set of rules that equally apply to all (Lind 2001; Tyler 2004). Perceived procedural fairness promotes 

compliance with the verdicts of the authority. Since the seminal work of Thibaut and Walker (1975), 

various studies have come to establish and support these views (see e.g. Lind 2001; Falk et al. 2003; 

Tyler 2004; Bolton et al. 2005). There are several additional channels through which the legitimacy 

effect could manifest itself. The first is simply fairness (Fehr and Schmidt, 1999; Bolton and Ockenfels, 

2000). Since in END the same behaviour by B and A implies identical outcomes, an inequity averse B 

prefers to behave as A does. Conformism and norms could also play a role in that B simply prefers 

behaving like A when the social context and thus the related norms are identical (Bernheim, 1994; 

Bardsley and Sausgruber, 2005; Bicchieri, 2006; Kimbrough and Vostroknutov, 2016).17 In END where 

payoff implications are more similar, if B believes that A has superior information about the optimal 

behaviour then she may herd and choose the same action as A (Banerjee, 1992; Bikhchandani et al 

1992). The END treatment results could also be explained by a simple signalling story. If a policy maker 

                                                           
16 As the degree of embezzlement had to be chosen from a restricted range of values (between 0 and 2,280ECU), 

we employ a random-effects two-sided Tobit model for this analysis. 
17 See the online appendix OA for a theoretical model along these lines that isbased on Bicchieri (2006); Battigalli 

and Dufwenberg (2007), Lopez-Perez (2008) and Miettinen (2013).  
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(here, Public Official A) chooses an anti-corruption policy but still engages in corruption, this might 

signal to others (here, Public Official B) that the policy is toothless. In other words, the probability of 

detection is lower than what the policy maker has actually announced. While our experimental design 

rules out this signalling story (there is no private information about the detection probability), the 

possibility remains that heuristics that are valid in the real world continue to operate in lab settings 

where they are invalid. 18  

Recent self-image and social image models combine informational and normative explanations. These 

models can contribute to accounting for some puzzling features in our experiment, including the 

contagion effect and the fact that Public Official Bs who embezzle still transfer some of the funds to 

charitable organizations. These features cannot be explained by traditional models (Becker 1968). Yet, 

the observed patterns appear broadly consistent with a model where, in addition to the pecuniary 

incentives, Public Official B does not want to entertain an immoral social-image (Dufwenberg and 

Dufwenberg, 2018; Gneezy et al. 2018) and the incentive to do so may depend on what she thinks about 

the type of the audience (Ellingsen and Johanneson, 2008). These two features could explain a contagion 

effect (Public Official B cares less about a moral social image if the audience appears immoral) and the 

fact that not all funds are embezzled (see Dufwenberg and Dufwenberg, 2018; Gneezy et al. 2018). In 

addition, the observed legitimacy effect when rules apply to both officials and Official A is corrupt 

would appear if the signal value arising from an immoral audience is particularly strong, and thus the 

social image motivation is entirely absent. From this perspective, perhaps the explanation for our results 

lies in the fact that the ultimate authority that chooses the symmetric or asymmetric rules is not the first-

moving official but the experimenter. Given the importance of the institutional framework in our results, 

future research could usefully endogenize the choice of whether the fight against corruption applies to 

all or whether immunity is granted only to the top level which has an influence on the anti-corruption 

institutions. This would allow one to study the social signalling effect on social image motivation in an 

even richer framework.  

 

 

5.1.4 Robustness Check  

Given that we find a legitimacy effect only in the END treatment, we focus our robustness check on 

this treatment by comparing it with the XND treatment. We only consider END data points where 30% 

was chosen. As a result, the only difference between these two treatments is that the detection 

probability is chosen by Public Official A in the END treatment, while it is exogenously set at 30 per 

cent in the XND treatment. The idea is to check whether Public Official A’s behaviour has an impact 

on the effectiveness of her detection choices, focusing on the highest detection level available. 

 

                                                           
18 We are indebted to the editor for this point.  



17 
 

When the detection probability is 30 per cent, the average shares of corrupt decisions are 89 per cent 

and 79 per cent in the END and XND treatments respectively. The results in Table 5 suggest a 

significantly higher likelihood of embezzlement by corrupt Officials B in the END treatment, compared 

to the XND treatment. In the XND treatment where detection is set exogenously, we find no significant 

difference in the likelihood of embezzlement by Public Official B, when facing a corrupt or an honest 

Public Official A (see coefficient for “A's Behaviour (Honest=1)”). In contrast, in the END treatment, 

we find that facing an honest Public Official A significantly decreases the likelihood of embezzlement 

by Public Official B at the 1 per cent level (see coefficient for “END x A's Behaviour=1” in Table 5). 

In other words, choosing the highest level of detection available in our setting increases (decreases) the 

likelihood of embezzlement when the decision-maker is corrupt (honest), compared to a situation where 

this level of detection is set exogenously. Such a result shows an interaction between Public Official 

A’s behaviour and his/her detection choices further confirming the existence of a legitimacy effect. 

 

 [Table 5 about here] 

 

 

6 CONCLUDING REMARKS 

This paper draws on data obtained from a framed laboratory experiment carried out in Kenya to examine 

the roles of contagion effects, deterrence effects, and legitimacy effects in the fight against corruption. 

In our regression analysis, we labelled the main effect of Public Official A’s behaviour as a contagion 

effect, and that of the detection level as a deterrence effect. The legitimacy effect refers to the interaction 

between A’s behaviour and detection levels. This captured the idea that deterrence can be less effective 

when chosen by a corrupt Public Official A.  

 

Crucially, we found that the importance of these effects depended on the institutional framework in 

which our ‘public officials’ are operating. When policy makers are exempt from their own laws we find 

evidence of a strong deterrence effect in that a greater chance of being detected and punished reduces 

the likelihood and the extent of corruption. This effect does not depend on the behaviour of the policy 

maker. In settings in which equality before the law is observed and policy makers are liable to be caught 

in their own net, we find that detection policies are only an effective deterrent when promulgated by 

honest policy makers. We also found that externally imposed rules may be superior to equally stringent 

rules originating from a corrupt internal policy maker. Once again, this existence of this effect was 

dependent on the internal policy maker being subject to the provisions of the policy. 

 

Our findings offer several important implications in fighting corruption for policy makers and other 

interested parties—subject to the usual external validity caveats of experimental economics which we 

will address briefly below. Firstly, our results add further evidence as to the potential for detection and 
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punishment mechanisms to play a role in curbing corruption. Our findings of a contagion effect suggest 

that creating a culture of honesty among the top-rank officials in systems such as the one in our 

experiment can have knock-on, or perhaps trickle-down, effects on others within the organization or 

society (Moxnes and Van det Heijden 2003; Güth et al. 2007; Levati et al. 2007; Cappelen et al. 2015). 

Our finding of a strong legitimacy effect adds more weight to this argument in that fostering such an 

honest ethic may result in the same policy being more effective. Moreover, internally generated anti-

corruption detection mechanisms will only be effective in institutional settings with equality before the 

law when the policy maker is honest. If this condition is not met, exogenously imposed rules are 

preferable.  

 

 

As for the applicability of our lab results to the ‘real world’, a few arguments can be noted. Firstly, 

while the magnitude of any given effect may not carry over from the lab to the field, for an experiment 

to be useful we need only qualitative external validity (Camerer 2014; Kessler and Vesterlund 2014). 

Secondly, external validity problems are not unique to experimental results (Falk and Heckman 2009; 

Kessler and Vesterlund 2014). Finally, the very nature of corruption makes data difficult to collect and 

means that there are practical and ethical challenges to evaluating anti-corruption policies and 

institutions in a field setting (Armantier and Boly 2012). Laboratory studies allow us to get a handle on 

what might work in a low-cost and ethically feasible setting (Dusek et al. 2005; Abbink 2006). 
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Tables 

Table 1: Summary Statistics - Public Official B Characteristics 

 ED END XND Mean Differences 

 Mean (SD) Mean (SD) Mean (SD) ED-END ED-XND END-XND 

       

Age 21.06 21.76 21.45 -0.702 -0.392 0.310 

 (2.44) (2.15) (2.28)    

Gender (1 if Male) 0.63 0.65 0.85 -0.022 -0.223* -0.201+ 

 (0.50) (0.49) (0.36)    

Monthly Expenses (Log) 8.80 8.66 8.67 0.131 0.129 -0.002 

 (0.94) (1.31) (1.73)    

Economics Major 0.56 0.47 0.76 0.092 -0.195+ -0.287* 

 (0.50) (0.51) (0.44)    

       

       

Observations 32 34 33    
+ p < 0.10, * p < 0.05, ** p < 0.01. 

 

Table 2: Average Choices of Public Official B by Treatment 

 (1) (2) (3) 

 ED END XND 

 Mean (SD) Mean (SD) Mean (SD) 

B’s Behaviour (Corrupt=1) 0.88 0.91 0.79 

 (0.19) (0.16) (0.30) 

Amount Kept by B 1487.65 1493.75 1198.49 

 (512.89) (590.52) (689.88) 

Subjects 32 34 33 
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Table 3: Likelihood of Embezzlement by Public Official B – Pooled Data (Logit) 

 
 (1) (2) (3) 

 Main Continuous Full Continuous 3 Way 

Interaction 

    

A's Behaviour (honest=1) -1.146** -0.750 + -0.354 

 [0.423] [0.428] [0.895] 

Detection Level -0.029 + -0.020 -0.045** 

 [0.016] [0.024] [0.016] 

END 0.788 0.801 0.287 

 [0.680] [0.689] [1.255] 

A's Behaviour (honest=1) x END   -0.106 

   [1.162] 

END x Detection Level   0.094 + 

   [0.055] 

A's Behaviour (honest=1) x Detection Level  -0.026 -0.006 

  [0.031] [0.034] 

A's Behaviour (honest=1) x END x Detection Level   -0.114 + 

   [0.063] 

Age -0.196 + -0.201 + -0.208 + 

 [0.118] [0.117] [0.112] 

Gender 0.286 0.297 0.303 

 [0.693] [0.703] [0.761] 

Log Monthly Expenses 0.155 0.154 0.154 

 [0.327] [0.330] [0.329] 

Economics Major 0.524 0.540 0.560 

 [0.741] [0.754] [0.783] 

Constant 7.251* 7.213* 7.775* 

 [3.529] [3.581] [3.296] 

Controls YES YES YES 

Observations 1320 1320 1320 

Subjects 66 66 66 

Standard errors are clustered at the session level and reported in brackets + p < 0.10, * p < 0.05, ** p < 0.01. All models include controls for age, gender, monthly expenses, 

and having economics as a major. 
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Table 4: Likelihood of Embezzlement by Public Official B - By Treatment (Logit) 

 
 Main Continuous Full Continuous Main Dummy Full Dummy 

 (1) (2) (3) (4) (5) (6) (7) (8) 

 ED END ED  END ED  END  ED  END  

A's Behaviour (honest=1) -0.338 -1.823** -0.172 -0.264 -0.441 -1.816** -1.750** 0.240 

 [0.300] [0.499] [0.940] [0.773] [0.409] [0.502] [0.442] [0.750] 

Detection Level -0.043** -0.019 -0.040* 0.040     

 [0.012] [0.034] [0.016] [0.053]     

A's Behaviour (honest=1) x 

Detection Level 

  -0.009 -0.131**     

   [0.038] [0.049]     

Detection Level=5     -1.963** 0.579** -2.774** 1.377+ 

     [0.599] [0.141] [0.533] [0.792] 

Detection Level=10     -0.787+ -0.410 -1.895** -0.277 

     [0.437] [0.249] [0.541] [0.401] 

Detection Level=15     -1.452 -0.476 -2.583* 0.973** 

     [1.115] [0.337] [1.076] [0.345] 

Detection Level=20     -1.832** -0.585 -2.522** 0.743 

     [0.517] [0.768] [0.543] [1.432] 

Detection Level=25     -1.589** 0.727 -2.564** 2.565+ 

     [0.562] [1.250] [0.583] [1.471] 

Detection Level=30     -1.996** -0.749 -2.550** 0.730 

     [0.683] [0.773] [0.586] [1.238] 

A's Behaviour (honest=1)x 

Detection Level=5 

      1.483** -2.323** 

       [0.173] [0.734] 

A's Behaviour (honest=1)x 

Detection Level=10 

       -0.799 

        [0.713] 

A's Behaviour (honest=1) x 

Detection Level=15 

      2.859** -2.933** 

       [0.851] [0.659] 

A's Behaviour (honest=1) x 

Detection Level=20 

      1.001* -3.060+ 

       [0.435] [1.574] 

A's Behaviour (honest=1)x       1.857** -4.388** 
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Detection Level=25 

       [0.324] [1.268] 

A's Behaviour (honest=1)x 

Detection Level=30 

      0.385 -3.909** 

       [1.035] [1.252] 

Age -0.243 -0.011 -0.244 -0.028 -0.260+ 0.005 -0.285* -0.022 

 [0.153] [0.058] [0.151] [0.058] [0.143] [0.048] [0.138] [0.069] 

Gender 0.795 -0.302 0.796 -0.248 0.706 -0.330 0.710 -0.263 

 [0.887] [1.042] [0.889] [1.311] [0.898] [1.092] [0.908] [1.324] 

Log Monthly Expenses 0.428 0.040 0.428 0.020 0.440 0.049 0.449 0.065 

 [0.761] [0.243] [0.761] [0.260] [0.794] [0.248] [0.795] [0.277] 

Economics Major -0.450 1.488 -0.454 1.763 -0.418 1.470 -0.434 1.761 

 [0.734] [1.242] [0.749] [1.302] [0.739] [1.257] [0.815] [1.380] 

Constant 5.294 4.192 5.286 4.224 6.264 3.770 7.545 3.497 

 [7.833] [3.232] [7.846] [3.108] [8.132] [3.307] [8.154] [3.306] 

Controls YES YES YES YES YES YES YES YES 

Observations 608 680 608 680 608 680 600 680 

Subjects 32 34 32 34 32 34 32 34 

Standard errors are clustered at the session level and reported in brackets. + p < 0.10, * p < 0.05, ** p < 0.01. All models include controls for age, gender, monthly expenses, 

and having economics as a major. 
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Table 5: Likelihood of Embezzlement by Public Official B (Logit) 

 

Detection Level 30 

Baseline Group: Corrupt Official B in XND 

  

END 2.402** 

 [0.658] 

A's Behaviour (Honest=1) 0.063 

 [0.470] 

END x A's Behaviour (Honest=1) -4.856** 

 [0.738] 

Constant 7.667 

 [5.052] 

Controls YES 

Observations 724 

Subjects 62 
Standard errors are clustered at the session level and reported in brackets. + p < 0.10, * p < 0.05, ** p < 0.01.The model includes controls for age, gender, monthly expenses, 

and having economics as a major. 
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Figures 

 

Figure 1: Share of Corrupt Public Official B’s - by Detection Level and Public Official A’s Type 

   

   

Pooled Data ED Treatment END Treatment 
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Figure 2: Probability choices by Public Official A 
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