
The rapidly increasing availability of online data 
and information has led to shifts in information 
asymmetry experienced by firms and consumers, 
who now can make more informed decisions than 
ever before. However, both firms and consumers 
also experience challenges related to leveraging 
the available data and information. For firms, these 
challenges mainly relate to developing analytical 
capabilities that allow working with data from 
different sources and using such data in decision 
making. For consumers, these challenges are 
primarily associated with navigation through large 
amounts of online information without experiencing 
information overload.

This dissertation engages in the ongoing discussion 
about the shifts in the firm-consumer information 
asymmetry driven by the increasing availability 
of online data and information. In addition to dis-
cussing the opportunities linked to the firm-consumer 
information asymmetry shifts, it attends to overcoming 
the associated challenges faced by both stake-
holder groups. In doing so, this dissertation relies on 
three essays.

Essay 1 addresses the importance of the devel-
opment and use of analytical capabilities that 
extend beyond the boundaries of individual firms. 
The implications of this essay shed light on how firms 
can better leverage the available online data in 

decreasing information asymmetry for themselves as 
well as partners within their business networks. Essay 
2 addresses how parasocial interaction fostered in 
consumer-to-consumer video reviews influence 
consumer purchase decisions. This essay provides 
insights into what kind of video reviews are most likely 
to help consumers make purchase decisions and 
how firms can help consumers access such reviews. 
Finally, Essay 3 examines how firms can leverage 
sharing brand communications through social media 
takeovers on their own social media accounts to 
strengthen relationships with consumers. This essay 
further elaborates on the importance of relationships 
formed on social media in helping firms gain unique 
consumer data and support consumers in accessing 
relevant and timely information.

This dissertation challenges the traditional way of 
viewing transactions between firms and consumers by 
considering the use of increasingly available online 
data and information by both stakeholder groups. 
The implications of this dissertation further point to the 
increasing importance for firms to take more active 
stands in fostering information symmetry in the market. 
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1 INTRODUCTION

1.1 Research Problem

Today, the amount of data created, captured, copied, and consumed 
online increases faster than ever before, with a prognosis of reaching 
97 zettabytes in 2022 and 181 zettabytes in 2025 (Statista, 2022). This 
includes structured data (SD), which comprises well-organized numeric 
data, and unstructured data (UD), which primarily exists in such formats 
as text, images, audio, and video (Erevelles et al., 2016). The rise in the 
availability of online data that potentially carries valuable information 
has led to shifts in information asymmetry between sellers (firms in this 
dissertation) and buyers (consumers in this dissertation) (Ahearne et al., 
2022). Information asymmetry typically exists because consumers have 
more information about their needs than firms, while firms have more 
complete information about the true quality and value of their own and 
competitors’ offerings (Chase & Murtha, 2019; Pavlou et al., 2007). Both 
firms and consumers can access and exchange information about each 
other through different online platforms, including social media  (Bullini 
Orlandi et al., 2020; Wang et al., 2012), review websites (Farhadloo et 
al., 2016; Mudambi & Schuff, 2010), and firms’ (e-commerce) websites 
(Hewett et al., 2016; Tang & Lin, 2019); and use it to support their 
decisions in ways that were not possible before (Erevelles et al., 2016; 
Liu, 2019). 

In particular, firms can now analyze online data to gain valuable insights 
about consumer responses to the past and current marketing actions 
across paid, owned, and earned media (Lovett & Staelin 2016), both 
retrospectively and in real-time (Germann et al. 2013). Firms can then 
use the gained information to guide and improve marketing decision 
making (Belleflamme et al., 2020). Research demonstrates that by 
leveraging the available, relevant data, especially with a help of marketing 
analytics (Wedel & Kannan, 2016; Xu et al., 2016), firms can improve 
marketing decisions related to, for example, marketing communications 
(Rust & Huang, 2014; Timoshenko & Hauser, 2019), (new) product and 
service development (Hofacker et al., 2016; Xu et al., 2016), and supply 
chain management (Bhattacharjya et al., 2018; Gunasekaran et al., 2017) 
in ways that better cater to the changing consumer needs, expectations, 
and behaviors.
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Meanwhile, consumers can use the available online information to 
learn about firms’ offerings shared by, for example, firms themselves, 
independent organizations (e.g., media and news agencies), and other 
consumers. By relying on the available relevant, information, consumers 
can decrease their uncertainties about purchases – the degree to which 
consumers feel unsure about whether particular products/services will 
satisfy their needs and expectations (Danny Weathers et al., 2007). 
Decreases in uncertainties, in turn, lead to improved decision making 
and higher satisfaction with purchases (Chua & Banerjee, 2015; Mudambi 
& Schuff, 2010). Notably, research suggests that among all the different 
sources of information, consumer-to-consumer (C2C) online reviews play 
particular importance in supporting consumer decision making (Manes & 
Tchetchik, 2018; Ullah et al., 2016). To illustrate, 97% of consumers say 
that they look for C2C reviews prior to their purchase decisions, and 93% 
claim that C2C reviews improve their decision making (Kaemingk, 2020). 

Information symmetry plays a central role in the development of 
relationships between firms and consumers because of improved trust 
between the parties (Atefi et al., 2020; Pavlou et al., 2007). In contrast, 
due to information asymmetry, firms can find it challenging to develop 
their marketing efforts in a direction that aligns with evolving behaviors 
and preferences of consumers (Chase & Murtha, 2019); whereas, 
for consumers, a lack of information about firms and firms’ offerings 
decreases the quality of purchase decisions. Subsequently, information 
asymmetry may result in increased costs associated with product 
returns, and lower consumer satisfaction with the purchased products 
and services (Hong and Pavlou 2014; Robertson, Hamilton, and Jap 
2020). However, even though online data (information) helps firms and 
consumers decrease information asymmetry, it also posits new challenges 
for both of them. 

For firms, taking advantage of the available online data requires the 
development of analytical capabilities – the skills and resources needed 
to define and extract valuable marketing insights from relevant data and 
connect these insights to firms’ marketing decision making (Krafft et 
al., 2021). However, when developing analytical capabilities, firms face 
several challenges that can prevent them from taking full advantage of 
the available data and analytics (Du et al., 2020; Mikalef et al., 2020). 
For example, recent developments in legislation, such as the General 
Data Protection Regulation in the European Union and the California 
Consumer Privacy Act in the United States, significantly restricts firms’ 
access to and use of potentially valuable data (Krafft et al., 2021; So et 
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al., 2020). Besides, firms often struggle to keep up with advancements 
in analytical tools, especially those dealing with UD (Markham et al., 
2015; Wedel & Kannan, 2016). Finally, relatively few firms employ 
professionals who have the skills to perform data analytics and connect 
data to decision making (Davenport et al., 2019; Royle & Laing, 2014). 
Hence, analytical capabilities developed by firms on their own may not 
be enough to sustain the competitive advantage provided by the available 
online data. Yet, previous research focuses primarily on the development 
of internal analytical capabilities, while overlooking the opportunities 
offered by the analytical capabilities that extend beyond the boundaries 
of individual firms.

For consumers, the increasing availability of data posits a danger of 
information overload – the difficulty in comprehending the information 
and making decisions effectively due to receiving more information 
that consumers can process at any given time (Lurie, 2004). When 
consumers perceive information as intense, uncertain, ambiguous, or 
complex, they tend to feel overwhelmed, confused, and frustrated (Baek 
et al., 2012; Lee & Lee, 2004). As a result, consumers are prone to make 
worse decisions or avert from making decisions at all  (Dimoka et al., 
2012; Liu et al., 2017). Extant research offers insights on what firms can 
do to help consumers avoid information overload online (e.g., Park & 
Lee, 2008; Srivastava & Kalro, 2019). However, it primarily focuses on 
information shared among consumers in textual formats, such as textual 
online reviews, while providing only limited insights about the impact 
of information in other formats (e.g., image, video, photo). Therefore, 
there remains to be a need for firms to gain a better understanding of how 
different forms and sources of information affect their consumers  (Hu 
et al., 2008; Racherla & Friske, 2012) as well as about what firms can do 
to help consumers access relevant high-quality information easier (Liu 
& Park, 2015; Swaminathan et al., 2020).

As decreasing information asymmetry has important consequences for 
decision making of both firms and consumers, the abovementioned 
challenges cannot be ignored. This dissertation aims to contribute to the 
ongoing discussion about the shifts in information asymmetry between 
firms and consumers, paying particular attention to the associated 
challenges (Ahearne et al., 2022). It does so by relying on three essays 
(see Figure 1). 
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Figure 1 Focus of individual essays

Among the essays included in this dissertation, Essay 1 and Essay 3 
undertake firms’ perspectives, and Essay 2 and Essay 3 undertake the 
perspective of consumers. Relying on the three essays, this dissertation 
extends the current understanding of how firms can decrease their own 
information asymmetry as well as what firms can do to help consumers 
access relevant, quality information more easily, without information 
overload. Notably, in his dissertation, the term “data” refers to the 
individual facts that firms can transform into valuable insights (e.g., 
through data analysis), while “information” concerns insights learned 
by firms and consumers from online sources. 

1.2 Dissertation Positioning 

With the increasing popularity of diverse online platforms, firms and 
consumers found themselves surrounded by large amounts of data and 
information. The growing availability of online data has led to significant 
shifts in information asymmetry (Ahearne et al., 2022). This dissertation 
builds on three essays that address the challenges related to the shifts in 
information asymmetry between firms and consumers. The essays rely 
on three different research themes, which define the positioning of this 
dissertation, as presented in Figure 2.
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Figure 2 Visualization of dissertation positioning

First, data-/information-driven decision making comprises studies 
addressing development of the dynamic (analytical) capabilities as well 
as studies discussing different data and information sources that firms 
and consumers rely on when making decisions. Second, the consumer-
to-consumer (C2C) communications theme builds on electronic word-of-
mouth (eWOM) research, which examines “the transfer of information 
from one customer (or a group of customers) to another customer 
(or a group of customers) in a way that has the potential to change 
their preferences, actual purchase behavior, or the way they further 
interact with others’’ (Libai et al., 2010, p. 269). This dissertation 
places particular focus on C2C video reviews from the perspective of 
consumers, while still acknowledging the importance of different forms 
of user-created communications (Ciuchita et al., 2022) in influencing the 
decisions of both firms and consumers. Third, the business-to-consumer 
communications theme enters research on online firm-generated 
communications (Kumar et al., 2016). This dissertation addresses 
social media brand communications on owned media and consumer 
responses to such communications. Importantly, both C2C reviews and 
social media brand communications contribute to creation of the data/
information. Finally, the two communications themes are united by 
research addressing parasocial interaction experienced by consumers in 
the online environment. 
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1.3 Overview of the Individual Essays

Although the essays deal with different research problems, they all 
contribute to developing a better understanding of how firms can 
decrease information asymmetry for themselves as well as what they 
can do to support consumers in dealing with information asymmetry 
and information overload. Accordingly, the essays help to develop a more 
comprehensive understanding about improving information symmetry 
between firms and consumers (Atefi et al., 2020). The overview of the 
three essays is presented in Table 1. The table provides descriptive 
information about each essay (e.g., title, methods, etc.), key objectives 
and implications, as well as reflections on how these essays tackle 
challenges associated with shifts in information asymmetry.

Essay 1 focuses on the development and use of analytical capabilities 
(Dekimpe 2020; Gupta and George 2016) that extend beyond boundaries 
of individual firms. The implications of this essay provide insights 
about what firms can do to better leverage the available online data 
in decreasing information asymmetry for themselves as well as their 
partners, and, therefore, improve decision making. Essay 2 addresses 
how C2C video reviews influence consumers through fostering parasocial 
interaction (Hartmann & Goldhoorn, 2011; Horton & Wohl, 1956). This 
essay provides insights on what kind of C2C video reviews are most likely 
to help consumers make purchase decisions and how firms can help 
consumers access such reviews.  Finally, Essay 3 looks into how firms 
can leverage different ways of sharing brand messages (Dolan et al., 2019; 
Eigenraam et al., 2021) on their owned media (social media accounts) to 
foster relationships with consumers. It further provides insights on how 
these efforts help firms in decreasing information asymmetry for both 
parties (i.e., firms and consumers).
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Table 1 Overview of the essays

6 

Table 1 Overview of the essays 

 Essay 1 Essay 2 Essay 3 

Title Analytical Capabilities in 
Business Networks 

YouTube It Before You Buy 
It: The Role of Parasocial 

Interaction in Consumer-to-
Consumer Video Reviews 

Hi, I’m Taking Over This 
Account! Leveraging Social 

Media Takeovers in 
Fostering Consumer-Brand 

Relationships  

Authors  
Valeria Penttinen 

Johanna Frösén 

Valeria Penttinen 
Robert Ciuchita 

Martina Čaić 
Valeria Penttinen 

Objectives 

To define (1) how firms can 
extend development of 
analytical capabilities 
beyond their own 
boundaries and (2) what a 
resources and routines 
firms need to support 
development of analytical 
capabilities.  

To establish the drivers and 
of parasocial interaction 
fostered in C2C video 
reviews as well as the role of 
parasocial interaction in 
influencing consumer 
perceptions and outcomes. 

To improve understanding 
about how brands can 
leverage different ways of 
sharing online 
communications initiatives 
in strengthening 
relationships with 
consumers in the context of 
brands’ owned media. 

Theory and 
streams of 
research 

• Resource-based view 
• Research on 

(analytical) capabilities 
• Research on inter-firm 

relationships 

• Parasocial interaction 
theory 

• Research on eWOM 
• Research on consumer 

decision making 

• Parasocial interaction 
theory 

• Research on social 
media brand 
communications 

Methods • Semi-structured 
interviews 

• Coding of typical C2C 
reviews 

• Between-subjects 
experiments 

• Between-subjects 
experiments 

Empirical 
context 

Firms representing 
consumer goods industry 
and retailers. 

C2C product reviews in video 
format. 

Brand communications on 
owned social media accounts 
(Instagram). 

Summary of 
implications 

This essay introduces 
shared analytical 
capabilities concept to the 
marketing literature. It 
identifies key groups of 
external resources that 
firms can leverage to take 
advantage such capabilities 
as well as introduces a 
typology data- and 
analytics-related inter-firm 
routines. 
It also maps the barriers 
that may challenge 
development of shared 
analytical capabilities 
within business networks.  

This essay proposes that in 
the context of C2C video 
reviews, interactivity and 
self-disclosure influence 
purchase decisions of 
consumers through 
improved parasocial 
interaction and strengthened 
source credibility. 
It also argues that parasocial 
interaction has particularly 
strong impact on motivating 
consumer make purchase 
decisions when they 
experience low (or high) 
decision confidence. 

This essay introduces social 
media takeover concept to 
the marketing literature. It 
argues that on owned media, 
brand content shared 
through social media 
takeovers (cf. traditional 
brand communications) has 
a stronger positive impact on 
parasocial interaction with 
brands and intentions to 
continue flowing brands on 
social media. 
It also suggests that such 
impact appears to be 
significantly stronger for 
relational (cf. transactional) 
communications initiatives. 

Information 
Asymmetry 

Development of shared 
analytical capabilities 
withing firms’ networks 
leads to better access to 
data and data insights, 
which firs can use to 
decrease information 
asymmetry for themselves 
as well as for business 
networks in general.  

Parasocial interaction 
fostered in C2C video 
reviews plays an important 
role in supporting consumer 
decision making. Firms can 
help consumers access 
quality video reviews by 
sharing links/reposing C2C 
video reviews that foster 
strong parasocial 
interaction.  

Owned media allows firms 
build strong relationships 
with consumers (followers). 
By strengthening such 
relationships, firms are more 
likely to have access to 
quality data about consumer 
behaviors and perceptions as 
well as help consumers 
easily access relevant and 
timely information. 
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1.4 Key Concepts

This section briefly introduces the key concepts of this dissertation in 
Table 2. The concepts are presented in groups, as per use in the individual 
essays. Additionally, Table 2 provides abbreviations of several concepts 
(indicated in brackets), which are used throughout this dissertation.

Table 2 Definitions of key concepts 
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1.4 Key Concepts 

This section briefly introduces the key concepts of this dissertation in Table 2. The 

concepts are presented in groups, as per use in the individual essays. Additionally, Table 

2 provides abbreviations of several concepts (indicated in brackets), which are used 

throughout this dissertation. 

Table 2 Definitions of key concepts  

Concept Definition 

Essay 1  

Marketing data 

Large amounts of information derived from different sources in structured 
(numeric, such as sales statistics) and unstructured (non-numeric, such as 
product reviews) forms and used to support and guide marketing decision 
making. 

Structured data (SD) 
Well-organized and accurately formatted (numeric) data that adheres to a 
pre-defined data model and, therefore, is straightforward to analyze (e.g., 
with a help of analytical tools). 

Unstructured data (UD) 
Information that often exists in non-numeric formats and usually does not 
have pre-defined models, meaning that requires organization before it can be 
analyzed. 

Internal analytical 
capabilities  

Data access, analytical skills, and marketing insights that firms develop and 
take advantage of internally. 

Shared analytical 
capabilities 

Data access, analytical skills, and marketing insights shared and used by 
partnering firms for their own benefit as well as for the benefit of their 
business networks. 

Essay 2  

Consumer-to-consumer 
(C2C) reviews 

Online reviews in a form of text and video shared by regular consumers with 
other (potential) consumers on different digital platforms.  

Parasocial interaction 
One-sided feeling of connection (resembling friendship) with media 
personalities (e.g., celebrities, social media influencers, brands) experienced 
by consumers in technology-mediated environment.  

Interactivity The extent to which communications are perceived as two-sided. 

Self-disclosure  Act to revealing personal information to others. 

Source credibility 
Positive characteristics of the information source that build on expertise 
(ability to provide accurate information) and trustworthiness (motivation to 
provide truthful information). 

Decision confidence  The degree to which consumers feel comfortable to make their decisions 
based on the available information. 

Essay 3  

Communications 
approach 

The way that firms communicate brand-related information to stakeholders 
on social media (e.g., through traditional brand communications or social 
media takeovers). 

Parasocial interaction 
One-sided feeling of connection (resembling friendship) with media 
personalities (e.g., celebrities, social media influencers, brands) experienced 
by consumers in technology-mediated environment. 

Social presence The degree to which consumers perceive the party standing behind brand 
communications as “real” and “present”. 

Transactional message Brand-related information focusing on attributes and benefits of the offering, 
such as promotions, pricing, and releases of new products. 

Relational message  Brand-related information aimed to appeal to consumer’s emotions, such as 
history and values of brands. 
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1.5 Dissertation Structure

The summary section (Kappa) of this dissertation consists of five 
chapters. The “Introduction” chapter is followed by the “Literature 
Review” chapter, which provides an overview of the existing research on 
information asymmetry. The literature review also discusses other key 
streams of literature used in this dissertation. Hereafter, the “Research 
Approach” chapter introduces the philosophical stance and an overview 
of methods used in this dissertation as well as provides information about 
reflectivity and ethical considerations. Next, the “Summary of Essays” 
chapter includes an overview of the purposes, empirical studies, findings, 
and contributions of the individual essays. Finally, the “Concluding 
Discussion” chapter reviews the theoretical and managerial implications 
of this dissertation as well as provides suggestions for future research. 
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2 LITERATURE REVIEW

This dissertation addresses the shifts in firm-consumer information 
asymmetry, driven by the rising availability of online data and 
information. Developing an understanding about how firms and 
consumers can deal with information asymmetry is highly important, as 
high information asymmetry, often due to limited information exchange, 
can lead to a lack of trust and inefficiencies in transactions between 
firms and consumers (Akerlof, 1970; Courtney et al., 2017). This chapter 
provides a review of the literature that served as the foundation of this 
dissertation. First, it introduces research on information asymmetry, 
paying particular attention to the ongoing shifts in information 
asymmetry. Then it continues with a discussion of the literature on data-
driven decision making in firms. Finally, it introduces research relevant 
to the information-driven decision making of consumers.

2.1 Shifts in Information Asymmetry

In this dissertation, information asymmetry is defined as a situation in 
which one party lacks information about the quality and credibility of 
another party or in which one party is uncertain about the behaviors of 
another party (Stiglitz, 2000). Research on information asymmetry (e.g., 
Akerlof, 1970; Mishra et al., 1998) traditionally concerns relationships 
between sellers (firms) and buyers (consumers). Such research 
suggests that in the transactions between the two parties, firms have 
more information about the true quality and worth of their own and 
competitors’ offerings, (Kirmani & Rao, 2000), whereas consumers 
have limited information on which they can rely when making purchase 
decisions (Wells et al., 2011). Such lack of information leads to consumers 
experiencing uncertainty – difficulty in evaluating the focal choice and 
available alternatives objectively – which can make it more difficult 
for them to make purchase decisions. Research further argues that 
information asymmetry generally has a negative impact on market 
transactions because it decreases trust between firms and consumers 
(Atefi et al., 2020). In turn, information asymmetry can result in lower 
consumer satisfaction, costly product returns, and even market failures 
(e.g., Liu et al., 2017; Pavlou et al., 2007). 

Previously, scholars approached decreasing information asymmetry 
through the lens of signaling theory (Spence, 1973), which proposes that 
firms and independent parties can provide buyers with different signals 
– cues that transfer information about unobservable attributes of firms’ 
offerings (Kirmani & Rao, 2000) – to reduce uncertainties related to 
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the desired products and services (Dimoka et al., 2012; Michael Spence, 
2002). Signals have a strong influence on consumer perceptions and 
purchase behaviors, particularly when they are sent by credible sources 
of information (Hussain et al., 2020; Javornik et al., 2020). These signals 
include firms’ signs and logos (Mishra, Heide, and Cort 1998), brand 
names (Erdem & Swait, 1998), pricing (Dawar & Parker, 1994), physical 
and digital distribution channels (Baker et al., 1994; Wells et al., 2011), 
warranties (Boulding & Kirmani, 1993), and advertising activities (Chase 
& Murtha, 2019). Furthermore, opinions shared by other individuals, 
such as employees and fellow consumers, can be seen as signals too 
(Groening et al., 2016; Spry et al., 2011). In the online environment, the 
signals sent by individuals primarily exist in the form of C2C reviews 
(Cheung et al., 2014), for which consumers can search when experiencing 
difficulties in making decisions.

Notably, some scholars argue that information asymmetry also refers to 
buyers having more complete information about their needs, willingness 
to pay for, and expectations related to products and services that firms 
offer (Chase & Murtha, 2019). In regard to this information asymmetry 
view, Ahearne et al. (2022) further suggest that the information 
asymmetry experienced by firms has been changing due to recent 
technological developments and increased availability of online data 
and information that can be accessed by and exchanged between firms 
and consumers (see also Hartmann et al., 2018; Mudambi & Schuff, 
2010). On the one hand, as consumers can now access information about 
firms (and their offerings) from a magnitude of sources, they are more 
informed about products and services (including competitors’ offerings) 
than ever. That is, by searching for online information, consumers can 
significantly decrease their information asymmetry and thereby improve 
decision-making ability and negotiation power (Mudambi & Schuff, 2010; 
Pavlou et al., 2007).

On the other hand, Ahearne et al. (2022) argue that firms can leverage 
advanced analytical tools to collect and analyze large volumes of 
data about current and prospective consumers and convert that data 
into insights for decision making. This includes data that sellers can 
collect about online consumer behaviors, such as responses to their 
own marketing efforts and the marketing efforts of their competitors 
(Erevelles et al., 2016; Hewett et al., 2016). However, despite the 
opportunities related to the availability of online data, many firms 
struggle to leverage large amounts of data from different sources in 
developing consumer understanding and in decision making (Gupta & 
George, 2016; Wedel & Kannan, 2016). For example, transforming the 
available online data into knowledge requires significant investments in 
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employee training, purchase of analytical tools, and cultivation of data-
driven culture, which is something many firms are not ready to commit 
to (Ahearne et al., 2022; Markham et al. 2015). 

Still, increases in information symmetry for consumers also provide 
new opportunities for sellers, as their responsibility for information 
provision shifts towards information management (Ahearne et al., 2022). 
As mentioned, consumers take an active part in reducing information 
asymmetry by searching for information that mitigates or eliminates 
their uncertainty (Hu et al., 2008; Pavlou et al., 2007), including 
actively looking for online information to help them decide whether 
they should buy particular products or services. However, because 
consumers are surrounded by large amounts of information, they often 
tend to experience information overload, which can lead to consumer 
frustrations and difficulties associated with making purchase decisions 
(Hoyer et al., 2010; Lurie, 2004). Accordingly, to help consumers deal 
with protentional information overload, scholars urge firms o develop 
new and improve existing practices targeted at making access to 
quality, relevant information easier for consumers (Cheung et al., 2014; 
Swaminathan et al., 2020). 

2.2 Firms’ Data-Driven Decision Making 

Scholars suggest that firms face fundamental information asymmetry 
concerning consumer needs, expectations, and willingness to pay for 
firms’ products and services (Chase & Murtha, 2019). However, with 
the increasing amount of rich data from the array of online sources, 
including, but not limited to, consumer behavior on websites, consumer 
engagement with content shared on firms’ owned and paid media, 
communications of competitors, articles shared by independent 
organizations, such as news agencies and research institutions, and 
content shared by consumers, firms can now capture abundant data 
about online and offline behaviors of consumers and evolving market 
trends (Du et al., 2020; Hewett et al., 2016). To succeed in this task, 
firms need to develop analytical capabilities that allow taking advantage 
of different types of data (Saldanha et al., 2017; Wedel & Kannan, 2016).

The available online data is commonly characterized by five “V’s”: 
volume, which describes the magnitude of generated data; velocity, 
which refers to the speed with which the data is generated; variety, 
which relates to the diverse richness of data; veracity, which reflects data 
quality; and value, that is, the benefits that data offers (Erevelles et al., 
2016; Gandomi & Haider, 2015). To leverage the available data, firms 
can rely on marketing analytics – a practice that “involves collection, 
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management, and analysis – descriptive, diagnostic, predictive, and 
prescriptive – of data to obtain insights into marketing performance, 
maximize the effectiveness of instruments of marketing control, and 
optimize firms’ return on investment” (Wedel & Kannan, 2016, p. 108). 
However, data availability and advanced technologies alone cannot 
provide value (Hitt et al., 2001); they must be leveraged by professionals 
who have the skills to both convert data into insights and use such 
insights in decision making (Akter et al., 2016; Kozlenkova et al., 2014). 
Only then can available online data deliver value to firms, also in a form 
of decreasing information asymmetry.

2.2.1 Structured and Unstructured Data 

Researchers distinguish between two main types of data that firms can 
rely on in their decision making: structured data (SD) and unstructured 
data (UD). SD can be defined as data that exists in a standardized format 
and has a pre-defined structure (Erevelles et al., 2016; Lee, 2017). This 
data typically consists of numeric or categorical data that adheres to a 
pre-defined data model and, therefore, is straightforward to analyze. 
SD usually conforms to a tabular format that has relationships between 
different columns and rows (Wedel & Kannan, 2016). Examples of 
SD include excel spreadsheets, scanner data, as well as such numeric 
data as the number of likes and clicks related to social media posts. 
UD typically refers to information that does not have pre-defined data 
models or schemas (Hewett et al., 2016; Phillips-Wren & Hoskisson, 
2015). Such data typically exists in a non-numeric format such as texts, 
audio recordings, images, and videos (Balducci & Marinova, 2018; 
Erevelles et al., 2016). Examples of UD include consumer reviews both 
in textual (with/or without images) and video formats, emails, and blog 
posts. Analyses of UD typically require more effort, especially in the 
data preparation stage, as well as more advanced analytical tools (Liu 
et al., 2016).

Generally, SD indicates numeric information about firms’ current and 
past performance (Peltier et al. 2013; Rust and Huang 2014), which can 
support predictions about the future operations (Germann et al. 2013; 
Lilien 2011), whereas UD provides insights on consumer preferences, 
behaviors, and responses to marketing activities (Balducci and Marinova 
2018; Sánchez-Franco et al. 2019). Accordingly, among other uses, UD 
can shed further light on the likely reasons for the trends in SD (Alharthi 
et al. 2017; Berger et al. 2020) and also reveal (yet) unexpressed changes 
in customer needs and behaviors (Bendle and Wang 2016; Hewett et al. 
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2016). Notably, although it is estimated that over 80% of the available 
data is unstructured (e.g. Rizkallah 2017), less than 1% of UD in firms is 
analyzed or used at all (Davenport & DalleMule, 2017), indicating that 
a considerable part of potentially valuable marketing insights remains 
neglected, as firms struggle to develop analytical capabilities. 

2.2.2 Development of Analytical Capabilities

Analytical capabilities enable firms to work with large amounts of data 
and to integrate insights from the data analysis into their decision 
making (Bendle & Wang, 2016; Davenport & DalleMule, 2017). Generally, 
analytical capabilities can be defined as a type of dynamic capabilities 
(Eisenhardt & Martin, 2000) related to collecting, analyzing, and 
deriving valuable insights from SD and UD well as linking analytics to 
practical decision making (Gupta & George, 2016). The development of 
analytical capabilities starts with acknowledging the importance of data 
and data-driven decision making in providing opportunities for business 
development. Addressing these opportunities requires integration and 
reconfiguration of both internal and the external competences and 
technologies in an adequate and timely manner (Day, 2011; Teece, 2007). 

The development of analytical capabilities builds on organizational 
routines (Amit & Schoemaker, 1993; Winter, 2003) that include data- 
and analytics-related practices (Phillips-Wren & Hoskisson, 2015). 
Furthermore, firms need a unique combination of resources to build 
an analytical capability that generates a strong competitive advantage 
(Barney, 2014; Eisenhardt & Martin, 2000). Research points out that 
the development of analytical capabilities requires a combination of such 
tangible, human, and intangible resources as technological tools and 
financial resources, the skills required to work with relevant structured 
and unstructured data and tools, and a supportive organizational culture 
that encourages the use of data and analytics, especially in decision 
making (e.g., Chae et al., 2014; Gupta & George, 2016; Lilien, 2011). 

If capabilities are to deliver a competitive advantage over time, they 
need to evolve in accordance with the market changes (Eisenhardt 
& Martin, 2000). Firms can achieve this by continuously sensing 
emergent market trends and developments as well as by redefining their 
established practices to fit the new conditions (Day, 1994; Zollo & Winter, 
2002). The development of capabilities also needs to be supported by 
broader organizational changes that allow for the implementation of 
new competencies and practices (Beckard & Harris, 1987; Gebhardt 
et al., 2006). In this process, firms need to acknowledge barriers that 
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may prevent the development of such capabilities, including path 
dependency, application of outdated practices, organizational silos, and 
lagging reactions to the market changes (Day 2011); as well as develop 
the measures for overcoming these barriers (Schilling & Kluge, 2009; 
Zollo & Winter, 2003).

Extant research has been primarily focused on the development of 
internal analytical capabilities, that is, data access, analytical skills, and 
marketing insights that firms develop and take advantage of in-house 
(e.g., Gupta et al., 2019; Zhang et al., 2020). However, firms do not work 
in isolation from each other. Instead, they have networks of stakeholders 
that contribute to their performance, including, for example, suppliers, 
retailers, shareholders, consultancies, logistics firms, and consumers 
(O’Dwyer & Gilmore, 2018; von Briel et al., 2019). All these parties tend 
to have different resources and capabilities which may be potentially 
useful for the focal firm (Corsten & Kumar, 2005; Sarkar et al., 2001). 
Because the development of all the capabilities necessary for taking 
advantage of the available data might not be possible to reach in-house, 
firms can instead collaborate with their partners to establish shared 
analytical capabilities. These capabilities can then be used to benefit the 
focal firm as well as other firms in their entire business networks. 

Considering that firms often experience a lack of internal resources 
necessary for the development of internal analytical capabilities, such 
as the absence of analytical tools for different types of data (Markham 
et al., 2015; Wedel & Kannan, 2016), and a lack of professionals who 
have the skills to perform data analytics and connect the data to decision 
making (Davenport et al., 2019; Royle & Laing, 2014), development of 
shared analytical capabilities is increasingly important. To successfully 
develop shared capabilities in business networks, firms need to carefully 
consider three essential factors. First, they require to find an external 
partner (or partners) that either already acquired or has ability to develop 
the anticipated capability or capabilities (Combs and Ketchen 1999; 
Fehrer and Nenonen 2020). Second, these partnering firms need to be 
able to align their goals with the focal firm (Combs and Ketchen 1999; 
Holmström 1979). Third, it is necessary for all the firms involved in the 
partnership to establish clear roles and obligations of each party as well 
as discuss expectations regarding their future commitments (Bergen et 
al., 1992; Jensen & Meckling, 1976). 

Alinaghian et al. (2020) further propose that the development of shared 
capabilities is supported by three types of inter-firm routines focusing 
on the supplier-buyer dyad. First, unilateral routines assume cases in 
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which one party clearly takes a lead in developing relevant practices, and 
another party contributes informally (at times accidentally) to the process 
(e.g., by providing certain resources, such as data). Second, quasi-
unilateral routines refer to collaboration with more implicit agreements 
between suppliers and buyers but are still primarily carried out by one 
of the parties. Finally, bilateral routines assume formalized collaboration 
between suppliers and buyers.

In relation to the overall purpose of this dissertation, the development 
of shared analytical capabilities posits particular importance as they 
help overcome the limitations of individual firms related to decreasing 
information asymmetry. Above all, shared analytical capabilities can 
potentially allow firms to take advantage of the different types and 
sources of data related to consumer behavior, not only for their own 
benefit but also for the benefit of their entire business networks.

2.3 Consumers’ Information-Driven Decision Making

Consumers take an active part in reducing information asymmetry by 
searching for information that mitigates or eliminates their uncertainties 
related to the quality and performance of products and services (Hu et 
al., 2008; Pavlou et al., 2007). In the online environment, consumers can 
find information about firms as well as firms’ offerings from a variety of 
sources, shared by, for example, firms (e.g., on their websites and social 
media accounts), independent organizations (e.g., news and research 
agencies), and other consumers. However, the impact of individual 
messages about products and services on consumer behaviors differs 
depending on the content they carry as well as the source that shares 
them (Alinaghian et al., 2020; Mudambi & Schuff, 2010). Accordingly, 
attending to the information content and the source is essential in 
developing an understanding of whether consumers use it to support 
their purchase decisions.

Consumer-to-Consumer Communications

In the online environment, consumers are surrounded by information 
about products and services communicated by other consumers (Hu 
& Krishen, 2019; Libai et al., 2010). Researchers provide different 
conceptualizations of such communications, including user-generated 
content (UGC), which entails any online content created and shared 
by individuals rather than firms (Timoshenko & Hauser, 2019), and 
user-created communication (UCC), which refers to communication 
(verbal and non-verbal) between different stakeholders in online 
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environments (Ciuchita et al. 2022), and eWOM – “any positive or 
negative statement made by potential, actual or former consumers 
about a product or company, which is made available to a multitude of 
people and institutions via the Internet” (Hennig-Thurau et al., 2004, p. 
39). Research also generally classifies consumer communications about 
product and services that are not directly influenced by firms as earned 
media (Lovett & Staelin 2016).  

This dissertation focuses on eWOM communications in a form of 
C2C reviews, which consumers are most likely to turn to when trying 
to reduce uncertainties prior to making purchase decisions (Banerjee 
et al., 2017; Mudambi & Schuff, 2010). C2C reviews contain opinions 
related to products and services of regular consumers (Verma & Yadav, 
2021; Wu et al., 2020). In comparison to information provided on 
sellers’ websites, which is often rather product-oriented and focused on 
technical characteristics, C2C reviews are likely to be more relevant to 
consumers because they describe products from the perspective of actual 
usage situations and real experiences of consumers (Bickart & Schindler, 
2001; You et al., 2015). Besides, because C2C reviews originate from real 
consumers, and are not directly influenced by firms, individuals tend to 
trust them more than other sources of information (Floyd et al., 2014; 
Zhang et al., 2014).

C2C reviews are commonly shared on consumers’ personal social media 
accounts (e.g., Facebook, YouTube, Instagram), booking and review 
websites (e.g., TripAdvisor, Yelp, Skytrax), as well as e-commerce 
websites (e.g., Amazon.com, AliExpress). Such reviews can exist in 
different formats, the most popular being text (often supported with 
images), followed by video reviews. However, despite the increasing 
popularity of video reviews, previous studies primarily focus on textual 
reviews (see Diwanji & Cortese, 2020; Xu et al., 2015 for notable 
exceptions). These studies suggest that both review-related and reviewer-
related characteristics have significant impacts on product- and services- 
related perceptions and purchase decisions of consumers (Forman et al., 
2008; Park et al., 2007), as well as help consumers deal with (or even 
avoid) information overload (Bawden & Robinson, 2009; Hu & Krishen, 
2019). Review characteristics usually refer to helpfulness, or the degree 
to which it can support consumers’ decision making process (Chen & Xie, 
2008; Mudambi & Schuff, 2010); credibility, which indicates to what 
extent the receiver of information finds it to be believable, trustworthy, 
and factual (Brackett & Carr, 2001); and persuasiveness of online reviews 
(Xie et al., 2011). Reviewer-related characteristics, also known as source 
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credibility, include the perceived expertise, or knowledge and ability of 
reviewers to deliver accurate information, and trustworthiness, which 
reflects reviewers’ motivations to provide truthful information (Ohanian, 
1990; Sternthal et al., 1979; Xie et al., 2011). 

Generally, consumers can evaluate source credibility of C2C textual 
reviews based on such cues as helpfulness votes and likes that individual 
reviews receive from other consumers (Chua & Banerjee, 2015; Liu & 
Park, 2015) as well as personal information disclosed by reviewers, 
including name, location of residence, and personal preferences (Xie et 
al. 2011; Xu 2014). Source credibility plays an important role in defining 
the impact of individual reviews because it helps consumers define 
to which degree they can use these reviews to support their purchase 
decisions (Berger & Richard, 1974; Zhang et al., 2014). To illustrate, 
consumers are more likely to rely on C2C reviews that received at least 
one helpfulness vote and were shared by a person that has a profile photo 
than those reviews that received no feedback from peers and were shared 
by individuals without profile photos.

Taken together, C2C video reviews play an important role in decreasing 
consumers’ information asymmetry and, therefore, supporting purchase 
decisions. Because the number of C2C reviews continues to increase 
rapidly, and not all of them provide consumers with useful and credible 
information, it is important for firms to develop practices aimed at 
assisting consumers to avoid information overload. This dissertation 
provides insights on what firms can do to help consumers access C2C 
reviews that are more likely to support their decisions regarding products 
and services.

2.3.1 Firm-to-Consumer Communications

Firm-to-consumer communications refer to firm-initiated online 
marketing communications aimed to provide consumers with relevant 
and timely information as well as develop relationships with them 
(Kumar et al., 2016). In the online environment, firms can communicate 
with consumers through the means of paid media – digital channels 
through which firms share sponsored content, such as ads and 
endorsements made by online influencers; and owned media – digital 
channels that firms have almost complete control over, such as their 
websites and social media accounts (De Veirman et al., 2017; Lovett & 
Staelin 2016). 
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Sponsored content has shown to be effective in driving consumer-brand 
engagement, creating brand awareness, and increasing product trials 
among large groups of consumers (Hanssens & Pauwels, 2016; Hughes 
et al., 2019). However, such content is communicated for only a limited 
period of time, and it often reaches consumers that have no interest in 
the brand and/or products it offers (Rietveld et al., 2020). In addition, 
the trust of consumers toward sponsored content is continuously 
decreasing (Darke & Ritchie, 2007; Hollebeek & Macky, 2019), even 
when it is shared by celebrities and brand influencers that consumers 
have established strong relationships with (Hughes et al., 2019; Lou & 
Yuan, 2019).

On the contrary, communications through owned social media allow 
firms to engage with consumers (Malthouse et al., 2013; Stephen & Galak, 
2012) and develop strong consumer-brand relationships (Kumar et al., 
2016) on a regular basis. This is because communications on owned 
media are primarily targeted to those consumers that express interest in 
firms by visiting and following their official social media pages (Kumar 
et al., 2016). In this dissertation, the focus is made on firm-consumer 
communications on owned social media accounts of firms.

Owned social media accounts allow firms to share diverse content that 
includes transactional and relational messages, which firms often use 
in combination (Meire et al., 2019). Transactional messages provide 
consumers with timely and relevant information that persuades them 
to take action (Goh et al., 2013; Tellis et al., 2019). This information 
can include updates about new products and services, pricing, ongoing 
promotions as well as monetary incentives (Akpinar & Berger, 2017; 
Shahbaznezhad et al., 2021).  Relational messages contain information 
that appeals to consumers’ emotions (Lee et al., 2018; Rietveld et al., 
2020). Such messages do not necessarily focus on describing products 
and services, but instead on such aspects as firms’ values, employees, and 
community (Meire et al., 2019; Shahbaznezhad et al., 2021). 

Notably, research has shown that both transactional and relational 
messages are equally important in stimulating such positive consumer 
behaviors as consumer engagement behaviors (e.g., liking, sharing, 
commenting, and spreading positive eWOM), brand evaluations, and 
purchase behaviors (e.g., Akpinar & Berger, 2017; Rietveld et al., 2020). 
These findings suggest that communications on owned social media 
accounts of brands play an important role in decreasing information 
asymmetry for both firms and consumers. For consumers, owned media 
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provides access to relevant and timely information about firms and 
their offerings, which can be used in purchase decisions (Chang et al., 
2018; Srinivasan et al., 2016). For firms, owned media provides access 
to unique consumer data derived from different engagement behaviors, 
including liking and sharing firms’ messages (posts) as well as leaving 
comments and sending private messages to firms (Eigenraam et al., 2021; 
Labrecque, 2014). Considering these benefits, it is not surprising that 
gaining and retaining consumers that follow firms’ accounts on social 
media has become an important task (Colicev et al., 2018). 

This dissertation provides insights regarding the development of 
relationships between brands and consumers in the context of owned 
media, and especially with regard to what firms can do to strengthen 
relationships with consumers on their owned social media accounts. 
These insights have important implications for decreasing information 
asymmetry, as firms’ owned media is generally considered to be one of 
the key sources of information supporting the decisions of consumers.

2.4 Parasocial Interaction Theory and Online 
Communications

Parasocial interaction theory posits that consumers are prone to 
develop special, albite one-sided, feelings of connection towards media 
personalities (e.g., singers and actors) when being exposed to them in 
the mediated environment (e.g., radio and television) (Hartmann & 
Goldhoorn, 1956; Rubin & McHugh, 1987). Such feelings of connection 
can improve source credibility of individual media personalities, 
positively influencing their recommendations (e.g., in a form of 
product endorsements) (Gong & Li, 2017; Reinikainen et al., 2020). 
Scholars distinguish between two types of such one-sided connections 
– parasocial interaction and parasocial relationships – which, despite 
their similarities, carry important differences. In particular, parasocial 
relationship describes a long-term connection experienced by consumers 
towards media personalities that develops and evolves over time, while 
parasocial interaction usually refers to a temporary sense of connection 
in a particular communication encounter (Dibble et al., 2016). 

Research on parasocial interactions and parasocial relationships was 
originally applied to the concept of traditional media, such as radio and 
television (e.g., Auter, 1992; Rubin & Perse, 1987). However, more recent 
studies also applied parasocial interaction theory to the context of online 
communications, especially communications on social media (e.g. Lee 
& Watkins, 2016; Munnukka et al., 2019). These more recent studies 
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suggest that the development of parasocial interaction and parasocial 
relationship plays an important role in influencing consumers. To 
illustrate, scholars have demonstrated that parasocial interaction has 
positive impacts on, consumer engagement (Men & Tsai, 2013; Tsiotsou, 
2016), brand attitudes (Choi & Lee, 2019; Reinikainen et al., 2020), 
brand loyalty (Labrecque, 2014; Tsiotsou, 2016), and purchase intentions 
(Choi & Lee, 2019; Lee & Watkins, 2016). Moreover, research suggests 
that one-sided connections with media personalities play a crucial role 
in reducing information asymmetry, because of their positive impact on 
source credibility (Chung & Cho, 2017; De Jans et al., 2018). 

This dissertation focuses on parasocial interaction experienced by 
consumers toward parties sharing information about products and 
services online, including brands and peers. Online environment is 
perfectly suited for fostering parasocial interactions (Boerman, 2020), 
as it allows media personalities to apply different interactivity and 
self-disclosure communication techniques – important antecedents 
of parasocial interaction (Ferchaud et al., 2018; Kim et al., 2016). 
Particularly, interactivity refers to the perception of communications 
as two-sided conversations (Beege et al., 2019; Labrecque, 2014). 
Media personalities can increase interactivity of their communications 
by, for example, using conversational style and asking their audience 
questions. Meanwhile, self-disclosure can be described as an act of 
revealing personal or intimate information, which makes consumers 
feel like they know media personalities on a much more personal level 
(Chung & Cho, 2017; Filieri et al., 2019). Media personalities commonly 
improve self-disclosure of their communications by revealing personal 
and professional information, as well as by sharing personal experiences 
(e.g., positive and negative experiences associated with products and 
services). 

In addition, research suggests that parasocial interaction strengthens 
when consumers experience a sense of social presence – the “degree 
of salience of the other person in the interaction and the consequent 
salience of the interpersonal relationships” (Short et al., 1976, p. 65). 
Particularly, consumers are more likely to develop relationships with 
those media personalities that they feel as being present and committed 
to the communications in the mediated environment (e.g., Ashley & 
Tuten, 2015; Jin et al., 2019). This, however, does not mean that media 
personalities need to be actually engaged in two-way communications. 
Instead, research proposes that social presence can be fostered through 
anthropomorphic design features (e.g., humanizing of artificial agents; 
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Adam et al., 2021; Pitardi & Marriott, 2021), use of visual elements 
(e.g., photos and videos featuring people on websites; Bleier et al., 2019; 
Vilnai-Yavetz & Tifferet, 2015) as well as sharing of intimate information 
(e.g., self-disclosure by social media influencers; Jin et al., 2019; Kim & 
Song, 2016).

To summarize, parasocial interaction arguably plays an important 
role in helping develop an understanding of what kind of information 
(content) consumers are more likely to integrate into their decision 
making. This understanding, in turn, allows providing recommendations 
on what actions firms should take to decrease firm-consumer 
information asymmetry.
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3 RESEARCH APPROACH

The essays included in this dissertation adopt the gap-spotting research 
approach (Alvesson & Sandberg, 2011). This approach starts with 
reviewing relevant literature and defining gaps; and it may take such 
forms as confusion spotting (i.e., defining contradicting conclusions on 
a research topic), neglect spotting (i.e., distinguishing topics that have 
been previously under-researched or overlooked by researchers), and 
application spotting (i.e., identifying a shortage of particular perspective 
or theory in the topic). This dissertation applies the neglect gap-spotting 
approach. This chapter introduces underlining research assumptions, 
reflexivity measures, selection of methods (for individual essays) as well 
as ethical considerations that allowed to achieve the research goals in 
light of the chosen research approach.    

3.1 Philosophical Stance

The system of researchers’ beliefs and assumptions about the 
development of knowledge strongly influence their research (Burrell 
& Morgan, 2017). The assumptions related to research consist of 
ontological assumptions (i.e., assumptions about the nature of reality), 
epistemological assumptions (i.e., assumptions about what constitutes 
acceptable knowledge), and axiological assumptions (i.e., assumptions 
about the role of values and ethics). Researchers’ assumptions and 
beliefs form their philosophical stance as well as guide their choices of 
methods used to answer research questions (Saunders et al., 2016). The 
philosophical assumptions may guide not only individual studies but 
researchers’ work as a whole (Alvesson et al., 2008; Johnson & Duberley, 
2003). This dissertation is guided by the critical realism philosophy of 
science (Collier, 1994), which focuses on explaining different phenomena 
based on the underlining structures of the complex reality (Saunders et 
al., 2016). 

In terms of ontology, critical realists believe that the nature of reality is 
complex, but it is objective and independent. Critical realists acknowledge 
that although researchers can observe the existing practices and 
behaviors, they cannot fully take into consideration some aspects, such 
as the organizational cultures of firms and the personal characteristics 
of consumers. Thus, the true reality in critical realism cannot be defined 
solely based on a single observed experience (sensation). 



26

In relation to epistemology, critical realists view knowledge as a 
product of time, which can evolve continuously. They also believe that 
what researchers observe is only part of a “bigger picture” (Saunders et 
al., 2016). These beliefs guide their choice of theories used to answer 
research questions (Alvesson & Sandberg, 2011). Importantly, although 
critical realists strive for objectivism in research, they admit that the 
created knowledge still carries some level of subjectivity because there is 
no “perfect way” to create the knowledge (Al-Amoudi & Willmott, 2011). 
In addition, critical realists can find it difficult to see the relevance and 
importance of research without addressing practical problems. 

The epistemological assumptions of critical realists have a strong 
connection with their beliefs related to the role of values and reflections 
on the chosen approaches and theories (Elkjaer & Simpson, 2011). 
Critical realists believe that the claims about the truth can be evaluated 
in terms of different real-life evidence, which can be combined to 
better understand a phenomenon. In addition, in critical realism, both 
objectivist and subjectivist perspectives are acceptable and are viewed as 
complementing (Burrell & Morgan, 2017). These assumptions are in line 
with the research assumptions of this dissertation, as it addresses online 
data, which consists of more objective (e.g.., SD) and subjective (e.g., UD) 
data. Together such data are more likely to improve the quality of firms’ 
and consumers’ decisions (Erevelles et al., 2016; Malthouse et al., 2013). 

Finally, when it comes to data collection,  critical realists can rely on 
a variety of methods (instead of using only one method), the choice of 
which is usually driven by the research problems and research questions 
(Saunders et al., 2016). Accordingly, critical realists choose from a 
range of methods to collect qualitative (e.g., through interviews) and 
quantitative (e.g., through experiments) data. The application of these 
diverse research methods allows critical realists to address individual 
research problems from different perspectives (Johnson et al., 2007; 
Van Maanen et al., 2007). This dissertation is also driven by the idea 
that the use of different methods improves the quality of research by 
allowing to address information asymmetry from different perspectives, 
and, therefore, offer more interesting and complete findings. 

To conclude, the critical realism philosophy of science advocates for the 
importance of seeing the “bigger picture” of reality. In addition, it allows 
researchers to gain freedom in how they address the research questions, 
making the best out of the available theories and methods. As a result, 
research carried out under the assumptions of critical realism does not 
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only provide important theoretical contributions but also offers practical 
solutions to managerial problem (Elkjaer & Simpson, 2011; Kelemen & 
Rumens, 2008). 

3.2 Reflexivity

 “Reflexivity means that researchers reflect about how their biases, 
values, and personal background, such as gender, history, culture, 
and socioeconomic status, shape their interpretations formed during 
a study” Creswell (2014; p. 233). In more general terms, reflexivity 
means thinking critically about different actions and choices related to 
the research and continuously challenging own beliefs and assumptions 
(Johnson & Duberley, 2003). Alvesson et al. (2008) propose four 
categories of reflexive practices, which are also considered in this 
dissertation: multi-perspective practices, that concern the use of multiple 
paradigms, metaphors, and theories; multi-voicing practices, which 
refer to accepting the researcher as a participant and the influencer 
of the research project; positioning practices, that focus on evaluating 
how knowledge is produced; and destabilizing practices, which address 
opposing and deconstructing epistemological assumptions involved 
in research.

This dissertation undertakes the perspectives of both firms and 
consumers in dealing with shifts in information asymmetry driven by 
increasing amounts of online data. While doing so, it relies on several 
theories and research streams. Data collection in this research included 
multiple stakeholders in each of the studies, although it must be 
acknowledged that the involved authors definitely had an impact on the 
research outcomes of the individual essays. The impact is particularly 
strong in Essay 1, where the qualitative research method was employed. 
However, all the essays address new perspectives that received very 
limited attention in previous research. As a result, they provide insights 
that complement previous findings and at the same time challenge the 
existing ways of looking at data- and information-driven decision making.

3.3 Research Methods Choices

There is no single research method that can be applied to every type 
of research problem (Patton, 2002). The methods applied in this 
dissertation were chosen to best address the purpose of individual essays. 
Essay 1 employs semi-structured interviews with industry professionals 
as its empirical data collection method. Essay 2 relies on the coding of 
C2C video reviews and two experiments with consumers that typically 
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search for online reviews prior to making purchase decisions. Finally, 
in Essay 3, empirical data was collected with a help of two experiments 
with consumers that follow brands on social media. Importantly, pilot 
and pre-test studies were included in Essay 2 and Essay 3 to ensure 
good experiment quality (Croson, 2002). Figure 3 describes the research 
process and collection of the empirical data for each essay.

The choice of the diverse methods also suits the overall goal of this 
dissertation – to provide insights into how both firms and consumers 
deal with the ongoing shifts in information asymmetry. The use of 
interviews, coding, and experiments allowed seeing the bigger picture of 
how different stakeholders deal with the shifts in information asymmetry 
on their own, and how firms can help consumers overcome potential 
negative consequences related to information overload. Relying on a 
variety of methods aligns with the assumptions of critical realism – the 
philosophical stance of this dissertation. Next, the methods are discussed 
in more detail, with special attention being paid to the reasoning behind 
the methodological choices.
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Figure 3 Overview of data collection procedures in individual essays
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3.3.1 Semi-Structured Interviews

Interviews, which refer in this dissertation to a qualitative research 
method involving conversations with individuals to explore their 
perceptive on particular topic (Patton, 2002; Rubin & Rubin, 2005), 
were used to collect empirical data for Essay 1. Silverman (2015) 
distinguishes between structured interviews, which build on a set of 
pre-defined questions, all of which are asked in a specific order to assure 
consistency, and semi-structured interviews, which include several pre-
defined questions as well as questions that are not planned in advance 
to stimulate a conversation, and open-ended interviews, which primarily 
take a form of active listening and asking “spontaneous” questions.  

In this dissertation, semi-structured interviews were used to develop 
an understanding of the network resources and inter-organizational 
routines that firms need to develop shared analytical capabilities 
from the perceptive of partitioners (Silverman, 2015). The research 
method fits the purpose of providing novel insights into the established 
research on internal analytical capabilities (Patton, 2002). To select 
suitable informants in Essay 1, a purposeful sampling approach was 
employed (Lincoln & Guba, 1985; Patton, 2002). The interviews were 
conducted with a help of an interview guide (Patton, 2002), which 
included questions about data collection, analysis, and use in decision 
making, both within firms’ boundaries as well as in collaboration with 
partners within business networks. All interviews were recorded with 
the permission of each informant. Each interview was transcribed, and 
the transcripts were further complemented with field notes (Silverman, 
2015). The interviews with new informants continued until it became 
clear that additional distinct categories of data no longer emerged (Gioia 
et al., 2013).

3.3.2 Coding 

To develop an understanding of how reviewers foster interactivity and 
self-disclosure in C2C video reviews, coding was chosen as one of the 
research methods in Essay 2. Coding is a qualitative content analysis 
method that is used “for the subjective interpretation of the content of 
text data through the systematic classification process of coding and 
identifying themes or patterns” (Hsieh & Shannon, 2005, p. 1278). There 
are three major approaches to coding: conventional, where codes are 
defined during data analyses; directed, where theory or relevant research 
findings serve as a base for initial codes; and summative, in which codes 
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are developed based on counting and comparisons of keywords and 
content, followed by context interpretations (Hsieh & Shannon, 2005; 
Potter & Levine‐Donnerstein, 1999). 

In Essay 2 the directed (also known as deductive) approach of coding 
was employed because it allowed examining how interactivity and 
self-disclosure techniques defined in extant literature transfer to the 
context of C2C video reviews. In accordance with the selected approach, 
the process started with a review of relevant literature to define how 
parasocial interaction (relationship) in online communications is fostered 
through interactivity and self-disclosure (e.g., Chung & Cho, 2017; 
Hartmann & Goldhoorn, 2011). Based on the literature review, a coding 
scheme was developed; and this scheme was then used for the actual 
coding exercise. Coding of C2C video reviews allowed to define what kind 
of interactivity and self-disclosure techniques authors of video reviews 
commonly use to foster a stronger feeling of parasocial interaction.

3.3.3 Controlled Experiments

Experiments as a research method are used to identify causal 
relationships between independent (manipulated) and dependent 
variables. The experiment procedure is generally executed in three 
stages. First, the independent variable is manipulated to create a 
variation (stimuli) in the different treatment groups (Perdue & Summers, 
1986). Then, experiment participants are randomly exposed to different 
variations of the treatment (Croson, 2002). Finally, the dependent 
variables are measured (e.g., through observations or a survey) and the 
results between the different treatment groups are compared (Levitt & 
List, 2007; Söderlund, 2018). Based on these comparisons, conclusions 
about causalities are made. Generally, researchers distinguish between 
controlled experiments, which are designed to minimize the impact of 
other variables than independent variables; and field experiments, in 
which experiment participants are exposed to treatment in “real-world” 
settings (Söderlund, 2018).

In this dissertation, controlled experiments were used as the main 
research method in Essay 2 and Essay 3. Controlled experiments 
were chosen because they allow for more exact manipulation of the 
independent variables and evaluation of the outcomes as well as 
make it possible to control for other variables that may influence the 
outcomes (Perdue & Summers, 1986; Söderlund, 2018). This type of 
experiment also allows for higher internal validity, which reflects the 
degree of confidence that the causal relationship between independent 



32

and dependent variables are tested trustworthily and are not influenced 
by other variables (Levitt & List, 2007). In both essays, participants of 
the experiments were introduced to short scenarios instructing them to 
imagine a situation prior to being exposed to one of the conditions. This 
step was taken to put participants into a mindset that allowed them to 
better measure the outcome variables (Söderlund, 2018).

Prior to running the main experiments, pre-tests (pilot studies) were 
conducted, in order to confirm that the manipulations (stimuli) in 
conditions were strong and worked as intended (Perdue & Summers, 
1986; Söderlund, 2018). Pre-tests allowed to assure the quality of the 
data collection as well as provide an initial indication about responses 
in the main experiments. The findings from the pre-tests were also used 
to make improvements in the stimuli and measurements in the main 
experiments. The variables in both pre-tests and main experiments 
included in Essay 2 and Essay 3 were measured with a help of scales 
previously established in the academic literature (Söderlund, 2018).

The pretests and main experiments were conducted through Amazon 
Mechanical Turk (Mturk) (Essay 2 and Essay 3) and Prolific (Essay 3) 
crowdsourcing platforms that allow researchers get access to a pool of 
respondents for their studies for a compensation (Casler et al., 2013; Peer 
et al., 2017). To qualify for the studies, each participant was asked several 
questions regarding, for example, demographics and social media use. 
Only participants that satisfied the pre-defined criteria were allowed to 
proceed to the scenarios and provide answers to surveys. This procedure 
allowed to make sure that participants could actually imagine themselves 
being in the scenarios and behave similarly to “real consumers (Croson, 
2002; Söderlund, 2018).

While there is a lot of critique about the quality of the data collected 
through the use of crowdsourcing platforms, they are still highly popular 
among scholars. There are several ways to assure the quality of data when 
using such platforms. In addition to trusting the pre-defined classification 
performed by the platform (e.g., the approval rating of respondents), 
researchers can use various attention check questions, open-ended 
questions, and different numeric indicators (e.g., the time it takes to 
complete a survey or particular task), as per recommendations of scholars 
(Aguinis et al., 2021; Goodman & Paolacci, 2017). In both Essay 2 and 
Essay 3, strict measurements were taken to assure the quality of the data 
collected through crowdsourcing platforms.
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3.4 Ethical Considerations 

Ethical considerations are highly important in conducting research. 
In this dissertation, particular attention was paid to ethical issues 
related to informed consent, anonymity, and handling of the collected 
data (Robinson, 2014; Wiles et al., 2008). All the participants in 
both interviews and experiments were informed about the purpose 
of the studies, and handling of the data they provide, and they were 
also assured of staying anonymous. Before their participation in the 
studies, informants were asked to give formal consent, and they were 
also provided with an opportunity to ask questions regarding the 
handling of their data. All the participants of the studies also reserved 
a right to withdraw from the study at any time, for any reason, without 
any explanation.

All the informants who participated in the interviews in Essay 1 also 
provided consent to be recorded and cited in the research. To assure 
the anonymity of these informants, all identifiable information (e.g., 
firm names) was removed from the essay when presenting the data 
(e.g., citations). All the informants were also asked permission to use 
and store their personal information for the purpose of potential future 
contact, in accordance with the General Data Protection Regulation in the 
EU (Gdpr.eu, 2019). Participants that took part in experiments in Essay 
2 and Essay 3 remained anonymous (no personal data was collected). 
Moreover, the manipulations in the experiments did not contain any 
disturbing information that could negatively affect participants.

Finally, because this dissertation included co-authored essays (Essay 1 
and Essay 2), the consent to include the essay in this dissertation was 
asked from each co-author. All the co-authors kindly provided their 
consent. 
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4 SUMMARY OF ESSAYS

This chapter briefly introduces three essays included in this dissertation. 
The main purpose of this dissertation is to improve understanding of 
how firms and consumers deal with shifts in information asymmetry 
driven by the increasing availability of online data. Essay 1 focuses on 
the firms’ perspective on decreasing information asymmetry through 
the development of capabilities necessary to leverage the available 
data. Essay 2 zooms in on consumer-to-consumer communications, 
addressing the impact of C2C video reviews on consumer decision 
making through the lens of parasocial interaction theory. Finally, Essay 
3 addresses information asymmetry by focusing on the firm-to-consumer 
communications in the context of owned social media of brands, offering 
insights on how firms can leverage content shared on owned media to 
provide relevant and timely information to consumers.

4.1 Essay 1 – Analytical Capabilities in Business 
Networks 

4.1.1 Purpose

Essay 1 investigates how firms can develop shared analytical capabilities 
within their business networks to create and capture competitive market 
advantages (Dekker, Mooi, & Visser, 2020; O’Dwyer & Gilmore, 2018). 
In particular, Essay 1 proposes that instead of solely relying on often 
very limited internal analytical capabilities, firms can (and should) 
take advantage of resources and capabilities available in their business 
networks (Teece, 2007; Vesalainen & Hakala, 2014) by co-developing 
or sharing them with business partners (Dubey et al., 2018; McEvily & 
Marcus, 2005). Essay 1 argues that in addition to collaborating with their 
immediate buyer-seller dyads (Alinaghian & Razmdoost, 2018; Gligor et 
al., 2019), firms also collaborate with other partners, including research 
institutions, consultancies, and marketing agencies. Therefore, firms can 
potentially develop shared analytical capabilities with various partners 
from their business networks.

Essay 1 relied on a review of extant literature both on the development 
of internal analytical capabilities (Gupta & George, 2016; Mikalef et 
al., 2019) and on inter-firm relationships and collaboration (Combs 
& Ketchen, 1999; Forkmann et al., 2018). Consumer goods retailing 
was chosen as the research context in Essay 1 for four main reasons. 
First, both consumer goods producers and retailers are known for using 
different types and sources of data (both SD and UD) in their decision 
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making. Second, consumer goods producers and retailers work closely 
together to serve consumers (end-users), meaning that they are likely to 
develop shared capabilities. Third, they are considered to be frontrunners 
in using analytics in decision making. Finally, consumer goods producers 
and retailers both have large networks of diverse partners with whom 
they collaborate closely (Dupre & Gruen, 2004).

4.1.2 Empirical Study

The data in Essay 1 was collected with a help of semi-structured 
interviews with representatives of consumer goods producers and 
retailers. All informants represented firms operating in Northern 
Europe. Because the extant research has shown that larger firms are 
more likely to implement new processes related to the use of data and 
analytics in marketing (Hauser, 2007), only large firms were considered. 
The sampling process sought maximum variation in terms of what 
kind of firms the potential informants represent (e.g., producers of 
beverages, food, personal hygiene, etc.). The final sample consisted of 
21 respondents: 15 senior managers from consumer goods producers and 
six representatives of large Nordic retailers. All interviews were recorded 
with the permission of each informant and transcribed. The data was 
managed and analyzed with a help of NVivo software.

4.1.3 Findings 

The interviews revealed two groups of external resources that firms 
require to develop shared analytical capabilities: access to data and 
analytics through partners and structures supporting data and analytics 
sharing. These groups of resources build on several sub-grouped of 
resources. First, a network of partners interested in data and analytics 
sharing relates to gaining access to unique, valuable data through a 
network of diverse partners of the focal firm, which typically includes 
key partners (e.g., suppliers/buyers), strategic patterners (e.g., selected 
suppliers), and independent partners (e.g., partners representing related 
industries) as well as through data and analytics service providers, such 
as consultancies and media agencies. Second, structures supporting 
data and analytics sharing group comprises inter-firm and internal 
management of data sharing and use, which contributes to the decision 
making on both the individual-firm level as well as on the network level.

The data analysis further allowed us to distinguish five types of routines 
that support the development of shared analytical capabilities. In 
addition to three types of routines introduced by Alinaghian et al. (2020) 
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– unilateral routines, quasi-unilateral routines, and bilateral routines 
– two additional routines – multilateral routines and joint-multilateral 
routines. The two new types of routines extend beyond the supplier-
buyer dyad as they also consider other types of partners, such as research 
institutions, consultancies, marketing agencies, and independent 
partners (e.g., outside of the dyad’s focal industry). 

Taken together, the findings from the empirical study suggest that the 
development of shared analytical capabilities is a complex process 
supported by a variety of shared resources and routines. By leveraging 
such resources and routines firms can take advantage of available data 
and analytics within their business networks for their own benefit as 
well as for the benefit of their partnerships. Therefore, shared analytical 
routines extend the advantages offered by the internal capabilities of 
individual firms.

4.1.4 Contributions

Relying on the internal analytical capabilities (Cao et al., 2019; 
Erevelles et al., 2016) and inter-organizational relationships (Dubey 
et al., 2018; McEvily & Marcus, 2005) research as well as interviews 
with professionals representing consumer goods producers and 
retailers, Essay 1 offers five key contributions to marketing theory. 
First, it introduces the concept of shared analytical capabilities, which 
complements already established internal analytical capabilities 
that firms develop on their own. Second, it proposes a taxonomy of 
resources that contributes to the development of these shared analytical 
capabilities, consisting of two main groups of resources, as presented in 
the findings section. Third, this essay confirms the relevance of already 
established three types of supplier-buyer routines for the development 
of shared analytical capabilities as well as introduces two new types of 
such routines that also consider the involvement of third parties (e.g., 
research institutions and marketing agencies) and independent partners 
(e.g., firms outside of the focal industry). Forth, it systematically maps 
barriers that may prevent firms from developing shared analytical 
capabilities. Finally, Essay 1 offers an overview of the flow of data and 
insights in a business network on an example of the consumer goods 
retailing business network. 

Essay 1 further proposes three key managerial implications. First, 
it suggests that in addition to focusing on the deployment of internal 
analytical capabilities, managers should acknowledge the importance of 
shared analytical capabilities available within their business networks. 
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Second, it offers consumer goods producers and retailers a map of 
possible partners and sources of data (information) that they can leverage 
in developing shared analytical capabilities as well as points on what 
they should consider when engaging in this process. Finally, it advises 
managers to use the defined external resources and inter-firm routines 
to guide and support the development of shared analytical capabilities 
within firms’ business networks.

4.2 Essay 2 – YouTube It Before You Buy It: The Role of 
Parasocial Interaction in Consumer-to-Consumer Video 
Reviews 

4.2.1 Purpose

Essay 2 addresses the lack of understanding about how C2C video 
reviews influence the purchase decisions of consumers through the lens 
of parasocial interaction theory (Hartmann & Goldhoorn, 2011; Horton 
& Wohl, 1956). This theory proposes that consumers can experience 
an intimate, albite one-sided, connection with authors of C2C video 
reviews. Relying on two studies that include coding of typical C2C video 
reviews and experiments with consumers who typically search for online 
reviews prior to making their purchase decisions, Essay 2 examines 
how reviewers can leverage interactivity (Beege et al., 2019; Chung & 
Cho, 2017) and self-disclosure (Hartmann & Goldhoorn, 2011; Horton 
& Wohl, 1956) in their communications to drive parasocial interaction 
and, consequently, improve source credibility. In doing so, this essay 
also investigates the role of parasocial interaction and source credibility 
in influencing the purchase intentions of consumers. Finally, it evaluates 
the role of parasocial interaction in influencing the purchase intentions 
of consumers experiencing different levels of decision confidence (Keh 
& Sun, 2018). Figure 4 provides a visual representation of the research 
model and hypotheses addressed in the studies.

Figure 4 Research model in Essay 2
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4.2.2 Empirical Studies 

In achieving the defined research aims, Essay 2 relied on two studies that 
involved coding of C2C video reviews and experiments with consumers 
that typically search for reviews prior to making their purchase 
decisions. Study 1 included coding of C2C video reviews, a pretest, 
and an experiment. The main purpose of this study was to develop 
an understanding about the mechanism (i.e., parasocial interaction) 
through which interactivity and self-disclosure impact the perceived 
source credibility of reviewers and, consequently, purchase intentions 
of consumers. Study 2 included a pretest and an experiment, and it 
addressed how the development of parasocial interaction with reviewers 
influences the purchase behaviors of consumers experiencing different 
levels of decision confidence. Table 3 provides an overview of the pretests 
and the main experiments included in Essay 2.

Table 3 Overview of experiments in Essay 2
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understanding about the mechanism (i.e., parasocial interaction) through which 

interactivity and self-disclosure impact the perceived source credibility of reviewers and, 

consequently, purchase intentions of consumers. Study 2 included a pretest and an 

experiment, and it addressed how the development of parasocial interaction with 

reviewers influences the purchase behaviors of consumers experiencing different levels 

of decision confidence. Table 3 provides an overview of the pretests and the main 

experiments included in Essay 2. 

Table 3 Overview of experiments in Essay 2 

 Study 1 Study 2 

Design 2x2 2x2 

Purpose 

To define the impact of interactivity and 
self-disclosure on source credibility. 
To define parasocial interaction and 
source credibility as moderators in the 
relationship between self-disclosure/ 
interactivity purchase intentions. 

To define source credibility as mediator 
between parasocial interaction and 
purchase intentions. 
To define the role of parasocial interaction 
in influencing consumers experiencing 
different level of decision confidence. 

Pretest 
N = 132 

Successful manipulation. 

N = 89 
Established that parasocial interaction is 
high when interactivity and self-disclosure 
are present and low when absent. 
Successful manipulation. 

Manipulation 
Interactivity (PRESENT / ABSENT) 

Self-disclosure (PRESENT / ABSENT) 
Decision confidence (HIGH / LOW) 

Parasocial interaction (STRONG / WEAK) 

Participants N = 156 N = 206 

Predictors 
Self-disclosure  
Interactivity  

Parasocial interaction 
Decision Confidence 

Mediators  
Parasocial Interaction  
Source Credibility  

Source credibility  

Outcomes  Purchase intentions  Purchase intentions  

 

Study 1 started with the coding of video reviews. The coding was performed on 106 C2C 

video reviews about four different types of products. The reviews were accessed on 

YouTube –the largest online video sharing and social media platform. The outcomes of 

coding provided insights into the use of interactivity (e.g., addressing the audience 

directly) and self-disclosure (e.g., sharing personal experiences with products) in real 

C2C video reviews. Based on these insights, four scenarios for the experiments were 

developed. In the scenarios interactivity (present or absent) and self-disclosure (present 

or absent) in C2C reviews were manipulated. In the beginning of the experiments, 

participants were asked to imagine that they were looking for a product to purchase, then 

Study 1 started with the coding of video reviews. The coding was 
performed on 106 C2C video reviews about four different types of 
products. The reviews were accessed on YouTube –the largest online 
video sharing and social media platform. The outcomes of coding 
provided insights into the use of interactivity (e.g., addressing the 
audience directly) and self-disclosure (e.g., sharing personal experiences 
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with products) in real C2C video reviews. Based on these insights, 
four scenarios for the experiments were developed. In the scenarios 
interactivity (present or absent) and self-disclosure (present or absent) 
in C2C reviews were manipulated. In the beginning of the experiments, 
participants were asked to imagine that they were looking for a product 
to purchase, then they were exposed to one of the four reviews about 
this product. Next, they proceeded to a survey measuring, parasocial 
interaction, source credibility, and purchase intentions with a help of 
established scales. The scenarios were first pre-tested in a text format 
to confirm that manipulations worked. When the results of the pretest 
turned out positive, these scenarios were then converted into a video 
format for the main experiment.

The pretest and experiment in Study 2 followed similar procedures as 
in Study 1. Participants of Study 2 were introduced to the same scenario 
as in Study 1. However, they received an additional piece of information 
stating that they either found only positive (in high decision confidence 
condition) or very mixed (in low decision confidence condition) reviews 
about the product. In addition, only two versions of video reviews 
were used – reviews in which (1) interactivity and self-disclosure were 
both absent and (2) interactivity and self-disclosure were both present 
– to manipulate strong or weak parasocial interaction with reviewers 
(manipulation confirmed in the pre-test). Importantly, purchase 
intentions in Study 2 were measured prior to and after exposure 
to the treatment, which was done to define the change driven by 
parasocial interaction.

4.2.3 Findings

Table 4 provides an overview of the findings from the experiments. 
Structural equation modeling (SEM) analyses were performed with a 
help of Smart PLS to evaluate hypotheses. The analyses confirmed all 
six hypotheses.
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Table 4 Hypotheses and analyses in Essay 2

34 

they were exposed to one of the four reviews about this product. Next, they proceeded to 

a survey measuring, parasocial interaction, source credibility, and purchase intentions 

with a help of established scales. The scenarios were first pre-tested in a text format to 

confirm that manipulations worked. When the results of the pretest turned out positive, 

these scenarios were then converted into a video format for the main experiment. 

The pretest and experiment in Study 2 followed similar procedures as in Study 1. 

Participants of Study 2 were introduced to the same scenario as in Study 1. However, 

they received an additional piece of information stating that they either found only 

positive (in high decision confidence condition) or very mixed (in low decision 

confidence condition) reviews about the product. In addition, only two versions of video 

reviews were used – reviews in which (1) interactivity and self-disclosure were both 

absent and (2) interactivity and self-disclosure were both present – to manipulate strong 

or weak parasocial interaction with reviewers (manipulation confirmed in the pre-test). 

Importantly, purchase intentions in Study 2 were measured prior to and after exposure 

to the treatment, which was done to define the change driven by parasocial interaction. 

4.2.3 Findings 

Table 4 provides an overview of the findings from the experiments. Structural equation 

modeling (SEM) analyses were performed with a help of Smart PLS to evaluate 

hypotheses. The analyses confirmed all six hypotheses. 

Table 4 Hypotheses and analyses in Essay 2 

Hypothesis Confirmed Study 1*  Analysis** Study 2 Analysis 

H1. Parasocial interaction 
mediates the relationship 
between interactivity and 
source credibility. 

YES X PLS SEM   

H2. Parasocial interaction 
mediates the relationship 
between self-disclosure and 
source credibility. 

YES X PLS SEM   

H3.  Source credibility 
mediates the relationship 
between parasocial interaction 
and purchase intentions. 

YES X PLS SEM X PLS SEM 

H4. Reviews fostering strong 
(cf. weak) parasocial 
interaction increase (cf. 
decrease) purchase intentions 
of consumers with (cf. high) 
decision confidence. 

YES   X PLS SEM 

*X indicates studies addressing the hypotheses 
** H1, H2, H3 were also tasted for serial mediation (confirmed)  
 

4.2.4 Contributions

Essay 2 offers three key theoretical contributions. First, it defines how 
interactivity and self-disclosure appear in the context of C2C video 
reviews as well as examines these techniques as antecedents of source 
credibility. While doing so, Essay 2 also proposes that in the context of 
C2C video (cf. text) reviews, other forms of self-disclosure than basic 
self-disclosure (e.g., sharing product preferences and details about 
personal life) are likely to play a role in strengthening source credibility 
(cf. Baek et al., 2012; Banerjee et al., 2017). Second, it establishes 
parasocial interaction as a mechanism through which interactivity and 
self-disclosure influence reviewers’ source credibility, and consequently, 
purchase intentions of consumers. Third, it proposes that strong 
parasocial interaction has a particularly powerful impact on purchase 
intentions of consumers with low (cf. high) decision confidence, and weak 
parasocial interaction may have a negative impact on purchase intentions 
of consumers with high decision confidence.

For managers, Essay 2 points to the increasing importance of C2C video 
reviews in influencing consumer behaviors. Above all, it encourages 
firms to allow consumers to submit reviews in video format on firms’ 
retail websites to provide easy access to this powerful information to 
other consumers. Essay 2 also suggests that firms should encourage 
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consumers to create and share video reviews by, for example, offering 
different incentives and by showing their gratitude to those consumers 
that share video reviews.  In addition, it suggests that firms can use the 
examples of interactivity and self-disclosure techniques, defined in this 
essay through coding of C2C video reviews, when providing instruction 
(e.g., to influencers) on how to present information about their products 
and services. Finally, Essay 2 proposes that the defined interactivity and 
self-disclosure techniques can also be used by content creators who want 
to expand their viewership by making C2C video reviews.

4.3 Essay 3 – Hi, I’m Taking Over This Account! Leveraging 
Social Media Takeovers in Fostering Consumer-Brand 
Relationships

4.3.1 Purpose

Brands can leverage their owned social media accounts to reach out to 
and develop relationships with consumers that express interest in their 
products and services, especially by becoming brand followers (Ilhan 
et al., 2018; Srinivasan et al., 2016). While in achieving these goals 
most brands rely on sharing social media communications through a 
traditional “faceless” approach, some have adopted an initiative called 
social media takeover, during which selected brand representatives 
(usually one at a time) introduce themselves to brands’ audience and 
lead communications from their own, first-person perspectives. These 
representatives can be both brand employees and consumers (most 
often, social media influencers; De Veirman et al., 2017). Social media 
takeovers are particularly popular on Instagram, although brands use 
them on other social media platforms as well. 

The purpose of Essay 3 was to examine how brands can leverage different 
communications approaches (i.e., traditional brand communications and 
social media takeover) and types of brand messages (transactional and 
relational) to strengthen relationships with consumers (i.e., to improve 
parasocial interaction and, consequently, continue to follow intention). 
To achieve these goals, Essay 3 relies on parasocial interaction theory  
(Hartmann & Goldhoorn, 2011; Horton & Wohl, 1956) and research on 
social presence, which addresses warmth and human touch in online 
communications experienced by consumers (Ashley & Tuten, 2015; Gefen 
& Straub, 2004). In addition, it relies on the literature that focuses on 
brand communications in the context of social media (Goh, et al., 2013; 
Hollebeek & Macky, 2019). The research model with hypotheses for Essay 
3 is introduced in Figure 5.
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Figure 5 Research model in Essay 3

4.3.2 Empirical Studies

Essay 3 includes two studies that build on experiments with consumers 
that follow brands on social media. Both studies included a pretest 
and the main experiment. Study 1 aimed to examine the impact of 
the communications approach on brands’ social media accounts on 
parasocial interaction and continue to follow intention. The main purpose 
of Study 2 was to define the role of different types of brand messages 
in influencing the relationships established in Study 1. The overview of 
studies is provided in Table 6.

Both experiments included a scenario asking participants to imagine 
that they started following a brand on Instagram. After that, two 
alternative pathways were studied. In Study 1, participants were exposed 
to one of the two conditions where brand content (with transactional 
and relational cues) was communicated either through traditional 
brand communications or social media takeover. Notably, in the main 
experiment, the takeover was performed by an employee because the 
pre-test showed no difference between conditions featuring an employee 
and a consumer in the takeover variations and because employees are 
more commonly used by brands in this communications approach. 
Then, in Study 2 participants were exposed to one of four conditions 
with either transactional or relational content communicated either 
through traditional brand communications or social media takeover 
performed by an employee. Next, all the participants proceed to answer 
a survey measuring, among other variables, social presence, parasocial 
interaction, and continue to follow intention on a seven-point Likert scale 
adapted from established literature.
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Table 5 Overview of experiments in Essay 3
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Table 5 Overview of experiments in Essay 3 

 Study 1 Study 2 

Design 1x2 2x2 

Purpose 

To define the impact of 
communications approaches on 
parasocial interaction and continue 
to follow intention. 
To define the role of social presence 
as a mediator in the relationship 
between communications approach 
and parasocial interaction. 

To confirm all findings from Study 1. 
To define the role of brand message 
types in influencing development of 
parasocial interaction. 

Pretest 

N = 59 
Successful manipulation. 
Showed no significant different in 
employee/consumer social media 
takeover 

N = 70 
Successful manipulation. 

Manipulation 
Communications approach 

(TRADITIONAL/ SOCIAL MEDIA 
TAKEOVER) 

Communications approach 
(TRADITIONAL/ SOCIAL MEDIA 

TAKEOVER) 
Message type (TRANSACTIONAL/ 

RELATIONAL) 

Participants N = 114 N = 216 

Predictors  Communications approach Communications approach  

Mediators/Moderators  
Social presence  
Parasocial interaction 

Parasocial interaction  
Social presence 
Message type 

Outcomes  Continue to follow intention Continue to follow intention 

 

Both experiments included a scenario asking participants to imagine that they started 

following a brand on Instagram. After that, two alternative pathways were studied. In 

Study 1, participants were exposed to one of the two conditions where brand content 

(with transactional and relational cues) was communicated either through traditional 

brand communications or social media takeover. Notably, in the main experiment, the 

takeover was performed by an employee because the pre-test showed no difference 

between conditions featuring an employee and a consumer in the takeover variations and 

because employees are more commonly used by brands in this communications 

approach. Then, in Study 2 participants were exposed to one of four conditions with 

either transactional or relational content communicated either through traditional brand 

communications or social media takeover performed by an employee. Next, all the 

participants proceed to answer a survey measuring, among other variables, social 

presence, parasocial interaction, and continue to follow intention on a seven-point Likert 

scale adapted from established literature. 

Table 6 Hypotheses and analyses in Essay 3
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4.3.3 Findings 

Table 6 provides an overview of findings in Essay 3 for both Study 1 and Study 2. The 

data analyses included MANOVA and analyses performed with a help of SPSS PROCESS 

macro. As Table 6 presents, all four hypotheses were confirmed.  

Table 6 Hypotheses and analyses in Essay 3 

Hypothesis Confirmed Study 1  Analysis Study 2 Analysis 

H1. Social media takeovers 
have stronger positive impacts 
on social presence. 

YES X MANOVA X MANOVA 

H2. Social media takeovers 
have stronger positive impacts 
on parasocial interaction. 

YES X MANOVA X MANOVA 

H3. Social presence mediates 
the relationship between the 
communications approach and 
parasocial interaction. 

YES X 
SPSS 

PROCESS 
MODEL 4 

X 
SPSS 

PROCESS 
MODEL 4 

H4. There is serial mediation: 
communications approach 
impacts continue to follow 
intention through social 
presence and parasocial 
interaction. 

YES X 
SPSS 

PROCESS 
MODEL 6 

X 
SPSS 

PROCESS 
MODEL 6 

H5. The positive impact of the 
social media takeovers on 
social presence is stronger for 
transactional (cf. relational) 
messages. 

YES   X 
MANOVA 
PROCESS 

MODEL 83 

*X indicates studies addressing the hypotheses 
 
 
4.3.4 Contributions 

In addition to introducing social media takeover concept to the marketing 

communications literature, Essay 3 offers three main theoretical contributions. First, it 

proposes that in addition to taking advantage of interactivity or openness in 

communication to foster parasocial interaction (Kim et al., 2021; Labrecque, 2014), 

brands can also leverage different communications approaches. Second, this essay 

contributes to research addressing the development of consumer-brand relationships 

(Hollebeek & Macky, 2019; Kefi & Maar, 2020) by establishing social presence and 

parasocial interaction as mechanisms that serially mediate the impacts of the chosen 

communications approaches (i.e., traditional or social media takeover) on consumers’ 

continue to follow intention. Third, this essay provides novel insights into how different 

types of brand messages – transactional and relational (Eigenraam et al., 2021; 

Shahbaznezhad et al., 2021) – influence consumers when they are shared through 

different communications approaches. 
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4.3.3 Findings

Table 6 provides an overview of findings in Essay 3 for both Study 1 and 
Study 2. The data analyses included MANOVA and analyses performed 
with a help of SPSS PROCESS macro. As Table 6 presents, all four 
hypotheses were confirmed. 

4.3.4 Contributions

In addition to introducing social media takeover concept to the marketing 
communications literature, Essay 3 offers three main theoretical 
contributions. First, it proposes that in addition to taking advantage 
of interactivity or openness in communication to foster parasocial 
interaction (Kim et al., 2021; Labrecque, 2014), brands can also leverage 
different communications approaches. Second, this essay contributes to 
research addressing the development of consumer-brand relationships 
(Hollebeek & Macky, 2019; Kefi & Maar, 2020) by establishing social 
presence and parasocial interaction as mechanisms that serially mediate 
the impacts of the chosen communications approaches (i.e., traditional 
or social media takeover) on consumers’ continue to follow intention. 
Third, this essay provides novel insights into how different types of 
brand messages – transactional and relational (Eigenraam et al., 2021; 
Shahbaznezhad et al., 2021) – influence consumers when they are shared 
through different communications approaches.

Next to these theoretical contributions, Essay 3 offers several managerial 
implications as well. Most importantly, it encourages brands to adopt 
social media takeover practices in their social media communications 
strategies. In addition, it provides suggestions on what brands should 
consider when implementing social media takeover. These suggestions 
include both tips for choosing the right candidates as well as warnings 
about potential challenges that firms may face when inviting employees 
and consumers to temporary take care of brands’ social media accounts.
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5 CONCLUDING DISCUSSION

This dissertation contributes to the ongoing discussion about the shifts 
in the firm-consumer information asymmetry, driven by the rising 
availability of online data (e.g., Ahearne, et al., 2022; Courtney, et al., 
2017). In addition to discussing opportunities for improved decision 
making of both firms and consumers, this dissertation attends to 
overcoming the challenges associated with leveraging large amounts of 
available online data (information), much of which does not necessarily 
carry valuable insights for neither firms nor consumers. Relying on the 
outcomes of three essays, this dissertation provides a holistic picture of 
how firms and consumers deal with the ongoing shifts in information 
asymmetry. As a result, it offers several implications for marketing theory 
and practice.

Importantly, the theoretical implications introduced below directly 
support the overall purpose of this dissertation, and only partly reflect 
theoretical contributions offered by the individual essays. Similarly, 
managerial implications presented in this chapter also relate to the 
purpose of the dissertation and do not fully reflect the managerial 
implications of the essays. 

5.1 Theoretical Implications

This dissertation provides three key theoretical implications for the 
research addressing the shifts in the information asymmetry driven by 
the rising availability of online data and information (Ahearne et al., 
2022; Chase & Murtha, 2019). These implications span around leveraging 
the available online data and information in achieving higher information 
symmetry and, consequently, improving decision making. In addition, 
they reflect on how firms and consumers can gain access to the desired 
data and information more easily.

First, this dissertation suggests that in their efforts to address 
information asymmetry regarding expectations, preferences, and 
behaviors of consumers, firms can benefit not only from internal 
analytical capabilities (Day, 2011; Gupta & George, 2016) but also from 
shared analytical capabilities. The development of shared analytical 
capabilities is particularly important because internal resources, such 
as access to data and analytical tools, are much more limited than those 
available within firms’ business networks (Handfield, 2019; Kakatkar & 
Spann, 2019). Accordingly, this dissertation argues that shared analytical 
capabilities allow firms access often exclusive market insights that they 
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would not be able to obtain on their own (Handfield, 2019; Kakatkar & 
Spann, 2019). Besides, it also implies that shared analytical capabilities 
can allow firms further benefit from developing a joint understanding of 
the evolving behaviors and preferences of consumers, and, consequently, 
from collectively responding to the emerging market changes (e.g., 
see Dubey et al., 2019; Trkman et al., 2010). In turn, this dissertation 
proposes that by leveraging inter-firm routines and resources related 
to data and analytics, firms can more effectively decrease information 
asymmetry on the individual-firm level as well as on the network level. 

Second, this dissertation provides novel insights into the evolving role 
of firms in decreasing information asymmetry in the market (Ahearne 
et al., 2022; Atefi et al., 2020). The findings of the three essays suggest 
a clear connection between firms’ and consumers’ actions taken towards 
decreasing information asymmetry (Courtney et al., 2017; Manes & 
Tchetchik, 2018). Thus, this dissertation shows that by learning about 
consumers’ actions undertaken to decrease information asymmetry, firms 
can decrease their own information asymmetry about consumers as well 
as help consumers decrease theirs. In particular, by defining influential 
sources and types of information, firms can develop an understanding 
about the drivers of consumer behaviors because these sources of 
information are more likely to carry insights into why consumers buy 
or do not buy firms’ products or services. Furthermore, by providing 
easier access to the influential sources and types of information (e.g., 
by allowing submission of eWOM in different formats on their own 
websites), firms are more likely to help consumers decrease information 
asymmetry with a lesser danger of information overload. In turn, 
consumers should feel more confident about making purchases and be 
satisfied with their choices (Chua & Banerjee, 2015; Hong and Pavlou 
2014). 

Third, this dissertation proposes that parasocial interaction (Hartmann 
& Goldhoorn, 2011) plays an important role in decreasing consumers’ 
information asymmetry. In particular, it argues that consumers are more 
likely to use information about products and services that is shared by a 
source (media personality) with which they experience strong parasocial 
interaction. Several extant studies suggest that parasocial interaction has 
a significant impact on source credibility (Chung & Cho, 2017; De Jans 
et al., 2018). Similarly, the present dissertation suggests that parasocial 
interaction contributes to decreasing information asymmetry because 
it improves the degree to which consumers feel like they can trust the 
information provided by media personalities. As consumers can establish 
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parasocial interaction with different types of media personalities, 
including influencers, celebrities, brands, and peers (e.g., Chung & Cho, 
2017; Labrecque, 2014), this implication is relevant in the contexts of 
owned, paid, and earned media.  

Taken together, the theoretical implications of this dissertation challenge 
the traditional way of viewing transactions between firms and consumers, 
which does not consider increasingly available online data and 
information (e.g., see Akerlof, 1970; Mishra et al., 1998). The implications 
also point to the increasing importance for firms to take more active 
stands in fostering information symmetry not only for themselves but 
also for their consumers, as reflected in the following section. 

5.2 Managerial Implications

Decreasing information asymmetry plays an important role in improving 
the decision making of both firms and consumers. This dissertation 
offers several managerial implications related to dealing with the shifts 
in information asymmetry that can help firms in improving information 
symmetry for themselves as well as for their consumers. Above all, the 
present dissertation encourages firms to leverage both internal and 
shared analytical capabilities in their efforts to decrease information 
asymmetry about the preferences and behaviors of consumers. In 
particular, firms are advised to work closely with their diverse partners 
in sharing data and analytics responsibilities, exchanging data and 
insights, and developing a joint market understanding. By leveraging 
both internal and shared analytical capabilities, firms should be able to 
develop a more comprehensive market understanding, and, therefore, 
improve marketing decision making. Besides, by working closely with 
partners in the area of data and analytics, firms should be able to improve 
inter-firm decision making, gaining strong competitive advantages on 
the network level.

In addition, this dissertation advises firms to take a more active role 
in helping consumers access timely and relevant information through 
different online channels more easily. Helping consumers navigate 
through online information appears to be an increasingly important 
task for firms, primarily because of the dangers posited by information 
overload as well as issues related to untruthful information. To be 
able to provide support to consumers, firms first need to develop an 
understanding about what kind of information (e.g., types, sources) 
their consumers actually use in supporting purchase decisions related 
to particular products and services. Then, offering consumers aid 
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in accessing such relevant, timely information can further open 
opportunities for strengthening relationships with both consumers 
that need the information to support their purchase decisions as well as 
consumers that are willing to create and share firm-related information in 
a form of eWOM (e.g., in instances when firms show signs of appreciation 
for consumer-created content by reposting it on their owned media). The 
strengthened relationships, in turn, should lead to increased availability 
of relevant, timely data and information from consumers, such as, for 
example, responses to firms’ marketing efforts on paid and owned media 
as well as earned media contributions.

5.3 Limitations and Future Research

This dissertation has several limitations that provide avenues for 
future research. First, it suggests that scholars should systematically 
map activities that both firms and consumers undertake to improve 
information symmetry, beyond those introduced in this dissertation. 
In doing so, researchers are advised to define the most important 
activities and provide suggestions on the instances when firms could 
help consumers access valuable and helpful information more easily. 
Second, while this dissertation argues that firms should take a more 
active role in helping consumers overcome information asymmetry, 
it does not look into how firms’ efforts actually impact consumers. 
Therefore, future research is encouraged to look into the effectiveness 
of different actions that firms undertake to help consumers navigate 
through online information, as well as examine whether firms’ actions 
have any unintended negative effects. Finally, this dissertation examines 
the role of parasocial interaction only in the contexts of C2C video 
reviews and brand communications on owned media. Future research 
could investigate whether parasocial interaction is (equally) important in 
helping consumers decrease information asymmetry in diverse contexts 
(e.g., different formats of information and platforms).
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A B S T R A C T   

This study addresses the development and use of analytical capabilities related to structured data (SD) and 
unstructured data (UD) in business networks that extend beyond the boundaries of individual firms. It focuses on 
business-to-business relationships in consumer goods retailing to identify two key groups of external resources 
firms can leverage to take advantage of shared analytical capabilities within their retail networks: (1) access to 
data and analytics through partners, and (2) structures supporting data and analytics sharing. The study's 
findings further extend the existing dyadic typology of data- and analytics-related inter-firm routines from (1) 
unilateral routines, (2) quasi-unilateral routines, and (3) bilateral routines to two complementary types of 
routines that involve a variety of partners: (4) multilateral routines and (5) joint multilateral routines. Finally, 
this study reveals potential barriers that may hinder the development and implementation of shared analytical 
capabilities.   

1. Introduction 

The increasing availability of market data and recent advancements 
in analytical tools have changed the ways managers make decisions in a 
wide range of industries (Grewal, Gauri, Roggeveen, & Sethuraman, 
2021; Sena & Ozdemir, 2020). To benefit from the available data and 
analytics, firms need analytical capabilities; that is, the skills and re-
sources required to continuously define and extract insights from rele-
vant data and link these insights to practical decision-making (Krafft 
et al., 2021). Analytical capabilities foster the use of market data (Sal-
danha, Mithas, & Krishnan, 2017; Verhoef & Lemon, 2013) to improve 
the quality of managerial decision-making (Janssen, van der Voort, & 
Wahyudi, 2017). For instance, several studies have demonstrated how 
analytics support improvements in decisions related to the targeting of 
marketing communications (Grover, Chiang, Liang and Zhang, 2018; 
Markham, Kowolenko, & Michaelis, 2015), pricing, sales optimization 
(Belleflamme, Lam, & Vergote, 2020; Hanssens & Pauwels, 2016), and 
customer relationship management (CRM) (Du, Netzer, Schweidel, & 
Mitra, 2020; Zhang, Wang, Cui, & Han, 2020). 

Analytical capabilities build on firms' access to two types of market 
data: structured data (SD), or sets of predefined numerical data, and 
unstructured data (UD), which typically take the form of text and other 
non-numerical data (Erevelles, Fukawa, & Swayne; L., 2016). Generally, 
SD provide numeric information about current and past performance 
(Peltier, Zahay, & Krishen, 2013; Rust & Huang, 2014) that support 

predictions about future operations (Germann, Lilien, & Rangaswamy, 
2013; Lilien, 2011), whereas UD provide deeper qualitative insights on 
consumer preferences, behaviors, and responses to marketing activities 
(Balducci & Marinova, 2018). Thus, UD can, among their other uses, 
shed further light on the likely reasons for underlying SD trends 
(Alharthi, Krotov, & Bowman, 2017; Berger et al., 2020), and help reveal 
hitherto unexpressed and/or unrealized changes in consumer needs and 
behaviors (Hewett, Rand, Rust, & van Heerde, 2016; Müller, Debortoli, 
Junglas, & vom Brocke, 2016). 

For consumer goods retailing, the use of both SD and UD analytics 
has become essential for understanding the constant changes in con-
sumers' behavior and for coordinating decisions that help firms 
accommodate those changes (Bradlow, Gangwar, Kopalle, & Voleti, 
2017; Mikalef, Krogstie, Pappas, & Pavlou, 2020). However, both re-
tailers and their suppliers experience challenges in leveraging SD and 
UD for their decision-making purposes (Gupta & George, 2016; Quinn, 
Dibb, Simkin, Canhoto, & Analogbei, 2016). Both parties often struggle 
to gain access to valuable data because of legal restrictions (Martin et al., 
2020), such as the General Data Protection Regulation in the European 
Union and the California Consumer Privacy Act in the United States 
(Krafft et al., 2021). Furthermore, firms constantly face opportunities to 
take advantage of new analytical tools (Markham et al., 2015; Wedel & 
Kannan, 2016). Finally, relatively few firms employ professionals 
specialized in performing data analytics and connecting the data to 
decision-making (Davenport, Guszcza, Smith, & Stiller, 2019; Royle & 
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Laing, 2014). 
In this continuously evolving analytical landscape, limited resources 

pose particular challenges for firms developing their analytical capa-
bilities (Kakatkar & Spann, 2019). The present study proposes that in 
addressing the current challenges related to the successful use of data 
and analytics (Grover et al., 2018; Kakatkar & Spann, 2019), firms 
would benefit from sharing their analytical capabilities (Alinaghian, 
Kim, & Srai, 2020; Gulati, Lavie, & Madhavan, 2011), instead of relying 
solely on internally developed ones. This is because collective efforts in 
data collection and analysis provide each participant firm broader access 
to data and insights than would otherwise be possible. 

In addition to collaborating within their immediate buyer-supplier 
dyads (Gligor, Gölgeci, Newman, & Bozkurt, 2021; Varman & Costa, 
2009), firms could share data and analytical insights with a broader set 
of business partners, such as research institutes, media agencies, and 
consultancies, which, reciprocally, could provide useful data and ana-
lytics to the sharing parties (Dhaundiyal & Coughlan, 2022; Zheng, Li, & 
Wu, 2013). Such collaborations would enable firms to create and cap-
ture competitive market advantages for their entire business networks 
(Alinaghian & Razmdoost, 2018; Dekker, Mooi, & Visser, 2020). For 
example, Clear Box Retail, a third-party service provider, offers retailers 
solutions for sharing SD from store-level scanners (e.g., inventory, pro-
motions, and shelf space allocation) complemented by UD insights with 
wholesalers and manufacturers, which makes it possible for all the 
involved partners to collectively address distribution gaps quickly and 
efficiently (Davenport, 2021). Without such real-time solutions it would 
be difficult for firms to react timeously to fluctuations in demand; 
furthermore, without these solutions, they may be left with a very 
limited understanding of the reasons underlying changes in their de-
mand (e.g., see Berger et al., 2020; Huang, Guan, & Chen, 2018). 

Most existing studies that address the development of analytical 
capabilities focus on firms' internal resources (Agarwal, Dugas, Gao, & 
Kannan, 2020; Oliveira & Handfield, 2019). In the present study, we 
investigate ways to develop, use, and share analytical capabilities across 
firm boundaries in broader business networks (Krafft et al., 2021; Zhang 
& Watson IV, 2020). In doing so, we examine the drivers of the suc-
cessful development of shared analytical capabilities as well as how 
analytical capabilities may be shared and used to benefit entire business 
networks (Ogundipe, Peters, & Tóth, 2022). In this examination we ask 
the following research questions: (1) How can the development of 
analytical capability extend beyond the boundaries of individual firms? 
(2) What (a) resources and (b) routines support the development of 
shared analytical capabilities within broader business networks? 

Our study makes five main contributions to the literature on shared 
market-based capabilities (Alinaghian et al., 2020; Forkmann, Henne-
berg, & Mitrega, 2018) and market analytics (Agarwal et al., 2020; Cao, 
Duan, & Banna, 2019). First, we introduce the concept of shared 
analytical capabilities that extend beyond the boundaries of individual 
firms—or even individual buyer-supplier dyads—to acknowledge the 
relevance of firms' business networks in developing analytical capabil-
ities (cf. Kumar & Venkatesan, 2021). Second, we define two key groups 
of resources that contribute to the development of shared analytical 
capabilities within business networks: access to external data and ana-
lytics through partners and structures supporting the sharing of data and 
analytics. Third, we define five types of analytical routines (Alinaghian 
& Razmdoost, 2018; Winter, 2003) that underlie the development of 
shared analytical capabilities. In addition to the three types of buyer- 
supplier routines suggested by recent literature (Alinaghian et al., 
2020)—unilateral routines, quasi-unilateral routines, and bilateral 
routines—we propose two novel types of routines that extend beyond 
the buyer-supplier dyad: multilateral routines and joint multilateral 
routines. Fourth, we systematically map potential barriers associated 
with the development of shared analytical capabilities, particularly in 
relation to the sharing of SD and UD insights within business networks. 
Finally, to exemplify the implementation of shared analytical capabil-
ities, we provide a detailed account of the diverse roles and 

responsibilities of individual actors involved in the development of 
shared analytical capabilities in the context of consumer goods retailing. 

For managers, our findings provide actionable guidelines for build-
ing shared analytical capabilities. In particular, our study maps re-
sources and inter-firm routines that support the development of shared 
analytical capabilities related to both SD and UD, in collaboration with 
broader business networks. 

2. Developing analytical capabilities 

Analytical capabilities are dynamic capabilities that allow firms to 
leverage existing data and analytical skills to better understand the 
market in which they are operating to improve their decision-making 
(Gupta, Drave, Dwivedi, Baabdullah, & Ismagilova, 2019; Zhang et al., 
2020). Existing research generally defines dynamic capabilities as 
organizational routines (Amit & Schoemaker, 1993; Winter, 2003) that 
allow firms to perform different tasks by using available resources 
(Forkmann et al., 2018). These routines not only represent “learned and 
stable patterns of collective activities” (Zollo & Winter, 2002, p. 340), but 
also guide future resource configuration (Day, 2011; Gittell & Weiss, 
2004). This makes analytical capabilities vital for a firm's “ability to 
integrate, build, and reconfigure internal and external competences to 
address rapidly changing environments” (Teece, 2007, p. 516). 

Previous research suggests that developing analytical capabilities 
requires three types of resources: data and technologies, skills and 
competencies, and organizational culture (Dekimpe, 2020; Gupta & 
George, 2016). That is, firms need access to high-quality internal and/or 
external SD and UD as well as technologies that can work with such data 
(Cao et al., 2019; Erevelles et al., 2016). Firms also need to acquire the 
technical ability required to collect and analyze data, as well as the 
managerial skills needed to develop insights from the data and use them 
effectively in decision-making (Markham et al., 2015; Wamba et al., 
2017). Finally, firms should develop an organizational culture that 
promotes the use of data and analytics to support their operations and 
strategies (Lin & Kunnathur, 2019; Zhang et al., 2020). 

Furthermore, the development of analytical capabilities is not a one- 
time exercise; to establish sustained competitive advantages, capabil-
ities must develop with markets (Day, 2011; Eisenhardt & Martin, 
2000). The selection of analytical tools available in the markets is 
evolving continuously (e.g., Dekimpe, 2020; Erevelles et al., 2016). 
When firms upgrade their analytical technologies, they also need novel 
training for their employees (Dekimpe, 2020; Gupta, Qian, Bhushan, & 
Luo, 2019). They may also need to update organizational routines to 
make the most of evolving sources of data and technology (cf. Gebhardt, 
Carpenter, & Sherry Jr, 2006). In line with these notions, Day (2011) 
defines four barriers to the development of organizational capabilities, 
which are also applicable to the development of analytical capabilities: 
(1) path dependency and lock-in, (2) inertia and complacency, (3) 
structural insularity or organizational silos, and (4) lagging reactions. 

First, path dependency and lock-in occur when over-commitment to 
extant organizational routines prevents firms from looking for new op-
portunities (Cavalcante, Kesting, & Ulhøi, 2011; Teece, Pisano, & Shuen, 
1997). Second, inertia and complacency refer to managers' inability to 
realize that the application of once-successful practices may no longer be 
useful or necessary in changed environments (Danneels, 2011; Day, 
2011). Third, structural insularity or organizational silos occur when 
firms fail to establish cross-functional information and resource-sharing 
arrangements (Aaker, 2008; Narver & Slater, 1990). Fourth, lagging 
reactions represent firms' unwillingness and/or inability to react time-
ously to market changes (Day, 2011). 

In summary, the successful development of analytical capabilities 
requires firms to invest in relevant data- and technology-related re-
sources and to develop suitable routines supporting the use of data and 
analytics in decision-making. When developing such capabilities, firms 
also need to overcome various barriers that prevent them from proac-
tively applying data to decision-making. Finally, the development of 
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analytical capabilities represents an ongoing, iterative process that is 
tied to the continuously changing market environment and requires 
continuous attention. 

3. Sharing analytical capabilities 

Recent studies have recognized that dynamic capabilities can 
sometimes be extended beyond the boundaries of individual firms 
(Alinaghian & Razmdoost, 2018; Ogundipe et al., 2022). That is, in 
addition to investing in internally developed capabilities, firms may also 
take advantage of broader resources and capabilities available in their 
networks (Gulati, 1999; Vesalainen & Hakala, 2014) by co-developing 
or sharing them with business partners (Dubey et al., 2018; McEvily & 
Marcus, 2005). In this study, we define shared capabilities as resources 
and routines that extend beyond the boundaries of single firms, allowing 
them to capture advantages within business networks (Eisenhardt & 
Martin, 2000; Forkmann et al., 2018). Accordingly, shared analytical 
capabilities entail, for instance, mutual data and information sharing, 
collaborative sense making, and/or the integration of knowledge. 

In particular, we propose that shared analytical capabilities build on 
network resources—data and analytics assets owned by firms' partners 
that can be accessed by the firms through the direct and indirect ties 
with those partners (Gulati et al., 2011). In line with previous research 
(Alinaghian & Razmdoost, 2018; Wassmer & Dussauge, 2011), we 
further suggest that to realize the potential of such network resources, 
firms need to leverage supporting inter-firm routines. Alinaghian et al. 
(2020) introduce a taxonomy consisting of three main types of such 
inter-firm routines in buyer-supplier dyads: unilateral routines, which 
include activities, processes, and practices of one party that are infor-
mally (and sometimes accidentally) supported by the resources 
possessed by the other party; quasi-unilateral routines, which consist of 
activities, processes, and practices originating within the boundaries of 
one party but are supported by the other party, based on implicit 
agreements between the two parties; and bilateral routines, which 
include more formalized activities, processes, and practices that require 
the mutually active commitment of both parties involved. 

In the context of analytical capabilities, unilateral routines relate to 
instances when buyers and suppliers strive to learn from data and in-
sights gathered and shared by their partners, often as part of annual 
meetings, to guide their product/offering development (Kumar & Ven-
katesan, 2021; von Briel, Schneider, & Lowry, 2019). An example of a 
quasi-unilateral routine is when one of the immediate partners starts a 
project, and invests in data and analytics to derive the necessary insights 
for decision-making, and another party, sensing potential personal 
benefits, more formally shares supporting insights (Grewal et al., 2021; 
Mu, Thomas, Peng, & Di Benedetto, 2017). Finally, bilateral routines are 
exemplified by cases in which buyers and suppliers work closely towards 
common goals, such as stimulating consumer demand and optimizing 
logistics, which require the active and continuous exchange of relevant 
data and insights and even the creation of cross-organizational analytics 
(Corsten & Kumar, 2005; Dekimpe, 2020). 

Shared analytical capabilities may relate to entire business networks 
that include not only buyers and suppliers, but also external collabora-
tors who have access to complementary data and analytical capabilities 
(Handfield, 2019; Trada & Goyal, 2020). For example, consumer goods 
manufacturers tend to follow consumer behavior trends and de-
velopments pertinent to their particular product categories; sharing such 
insights with retailers in their business networks might help partnering 
retailers refine their selections (Seevers, Skinner, & Dahlstrom, 2010; 
Shamsollahi, Chmielewski-Raimondo, Bell, & Kachouie, 2021). Re-
tailers often have well-established methods for gathering point-of-sales 
data their suppliers can use to anticipate changes in consumer prefer-
ences or temporal fluctuations in product demand (Ganesan, George, 
Jap, Palmatier, & Weitz, 2009; Huang, Guan, & Chen, 2018). It is also 
customary for consumer goods manufacturers and retailers to cooperate 
closely with third parties, such as consultants and data analytics 

providers, that have access to global and local consumer data, and 
possess more general insights into market trends (Wedel & Kannan, 
2016). Consumer goods manufacturers and retailers can also collaborate 
with independent partners outside of their industry, such as grocery 
delivery firms. Such collaboration can open access to data on unique 
consumer behavior (e.g., queries and engagement in mobile apps) that 
would otherwise be impossible to access. 

4. Barriers to analytical capability sharing 

Sharing analytics-related capabilities does not come without chal-
lenges. When firms decide to develop shared analytical capabilities, 
their motives for sharing versus withholding are likely to collide. For 
example, a supplier that shares insights with partnering retailers may 
benefit the partners, but those partners might leak such insights to other 
suppliers, which could undermine the initial supplier's competitive 
advantage (Varman & Costa, 2009). Because of the complexity of 
contemporary business networks (Bradford, Stringfellow, & Weitz, 
2004), the interests of individual firms within any network are likely to 
be partly aligned and partly in conflict (Jensen & Meckling, 1976; 
McLoughlin & Horan, 2002). The conflicting interests demand well- 
defined procedures for sharing analytical capabilities. 

In more theoretical terms, sharing any types of capabilities involves 
forming agency relationships in which some responsibility for capability 
development is delegated to partners external to the firm (Jensen & 
Meckling, 1976). Successful agency relationships require three main 
conditions (Bergen, Dutta, & Walker, 1992): (1) the external partner 
possesses or has the ability to develop the desired capability (Combs & 
Ketchen, 1999; Fehrer & Nenonen, 2020); (2) the partner's goals align 
with the focal firm's goals (Combs & Ketchen, 1999; Gligor et al., 2021); 
and (3) the roles, obligations, and expectations of each party are clearly 
established (Dyer & Singh, 1998; Keegan, Rowley, & Tonge, 2017). 
These requirements can be translated into four specific barriers that 
might limit firms' ability to take full advantage of their shared analytical 
capabilities: (1) the challenge of finding appropriate partners, (2) lack of 
sufficient resource allocation, (3) fears of opportunism, and (4) stag-
nation. We will now discuss each of these barriers in more detail. 

4.1. Finding appropriate partners 

A common barrier to capability sharing is identifying suitable part-
ners within firms' existing networks (Dyer & Singh, 1998; Parida, Patel, 
Wincent, & Kohtamäki, 2016). Even if most firms already work with 
various external partners, it may be difficult for them to find partners 
that possess the specific complementary resources they require (Richey, 
Tokman, & Dalela, 2010). In particular, firms may experience difficulty 
finding partners that possess the unique capabilities needed to establish 
and maintain competitive advantages within the business networks 
(Handfield, 2019; Rindfleisch & Moorman, 2003) and that have com-
mon or aligned goals and interests (Dubey et al., 2018; Pavlou, Liang, & 
Xue, 2007). Besides, in new partnerships it is often difficult to evaluate 
the partner's precise resources and capabilities (Dyer & Singh, 1998) and 
how they might benefit the overall network (Dhaundiyal & Coughlan, 
2022; Eriksson, Nummela, & Saarenketo, 2014). For example, retailers 
may struggle to select partners for collaboration from a wide range of 
consumer goods suppliers, all of which have unique in-house analytical 
capabilities and data cultures (Gupta & George, 2016; Vidgen, Shaw, & 
Grant, 2017). 

4.2. Lack of sufficient resource allocation 

In addition to differences in internal resources and capabilities, firms 
may also differ in the extent to which they would be committed to 
investing resources to support the development and comprehensive use 
of shared capabilities (Combs & Ketchen, 1999; Eriksson et al., 2014; 
Tong & Crosno, 2016). For example, sharing analytical capabilities often 
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demands establishing novel channels for sharing information and in-
sights (Spralls III, Hunt, & Wilcox, 2011), as well as further investment 
in human resources for managing mutual information flows to ensure 
their effective application to decision-making (Hanssens & Pauwels, 
2016; Wassmer & Dussauge, 2011). This requires firms to be prepared to 
make additional investments (e.g., tools, employee training) and intro-
duce novel practices to support such capability sharing (Day, 2011; Liu, 
Luo, & Liu, 2009). In turn, lack of resource allocation is likely to lead to 
inefficiencies in sharing data and analytics, or even damage relation-
ships in the partnerships (Dhaundiyal & Coughlan, 2022; Dyer & Singh, 
1998). 

4.3. Fear of opportunism 

Fear of opportunism refers to the suspicion that other parties 
involved in partnerships are acting out of self-interest and without re-
gard for the success of others (Williamson, 1996). Such suspicion dis-
courages information sharing (Pavlou et al., 2007), which is central to 
the sharing of analytical capabilities (McEvily & Marcus, 2005; Trada & 
Goyal, 2020). Thus, the fear of opportunistic behavior may be particu-
larly harmful in the context of sharing analytical capabilities, because 
such sharing demands the regular exchange of valuable information that 
may, at times, even contain trade secrets (Gunasekaran et al., 2017; 
Leonidou, Aykol, Fotiadis, & Christodoulides, 2018), such as consumer 
data (Krafft et al., 2021). For instance, manufacturers may resist sharing 
some of their data out of fear that retailers will use it to collaborate with 
competing firms (Bradford et al., 2004; Huang et al., 2018), and vice 
versa, a scenario that could lead to negative consequences in the per-
formance of the dyad (Musarra, Bowen, Robson, & Spyropoulou, 2021). 

4.4. Stagnation 

Finally, sharing analytical capabilities must be nurtured continu-
ously to maintain currency and relevance (Day, 2011; Teece, 2007). 
Partners also may fail to update their shared capabilities and instead 
treat them as static (Helfat & Peteraf, 2003; Teece et al., 1997). That is, 
in addition to allocating resources to initially establish capability 
sharing, the successful development of shared capabilities demands 
continuously updating the internal resources and capabilities of each 
party involved (Eisenhardt & Martin, 2000; Zollo & Winter, 2002), as 
well as updating the processes for their sharing (Keegan et al., 2017; 
Ogundipe et al., 2022). With regard to analytical capabilities, collabo-
rating firms must continuously evaluate the accuracy of their data and 
analytical tools to accommodate developments in related technologies 
(De Luca, Herhausen, Troilo, & Rossi, 2020; Xu, Frankwick, & Ramirez, 
2016). For example, the rapid advancement of UD analytics (Balducci & 
Marinova, 2018) requires firms to consider the mutual uses of additional 
types and sources of data (Sorescu, 2017). 

Taken together, the listed barriers/challenges related to the devel-
opment of shared analytical capabilities underline the need for firms to 
select partners carefully, to meticulously align their goals, explicitly 
agree on responsibilities related to capability sharing, and develop 
mutual trust. Finally, the shared capabilities must be regularly moni-
tored and continuously updated to ensure their worth and long-term 
relevance. 

5. Research setting 

Consumer goods retailing provides a particularly interesting context 
for studying analytical capability sharing for four main reasons. First, 
both retailers and consumer goods manufacturers are generally 
considered leaders in the use of both SD and UD analytics (Bradlow 
et al., 2017). Second, because retailers and consumer goods manufac-
turers work closely together (Dupre & Gruen, 2004), they are likely to 
share their capabilities (Shamsollahi et al., 2021; Vesalainen & Hakala, 
2014). Third, both parties represent forerunners in gathering, analyzing, 

and sharing diverse data (Krafft et al., 2021; The CMO Survey, 2022). 
Fourth, they often have large networks of external business partners 
with which they collaborate closely (Bradford et al., 2004; Seevers et al., 
2010). 

Fig. 1 depicts the flows of data and information across the diverse 
parties involved in a retail network. Because consumer goods manu-
facturers possess data about their own products and brands, they offer 
retailers important product- and brand-specific information (insights 
stemming from both SD and UD) related to their own performance, 
competitor intelligence, and market developments. Retailers collect 
category-level data, so they can, in turn, provide suppliers with 
aggregate-level or comparative insights drawn from sales data and their 
own market research. Both parties purchase data and insights from 
third-party firms, including research institutes, media agencies, and 
consultancies. They also publish firms' financial and other reports, 
which third parties use to produce aggregate reports about market 
shares, trends, and developments. In addition, retailers and consumer 
goods manufacturers increasingly collaborate with independent part-
ners outside of the dyad's industry (e.g., developers of food delivery 
platforms) by exchanging information relevant to specific projects, such 
as updating in-store product selections to better match consumer de-
mand in particular geographical areas. The flow of information among 
parties is supported by practices for the collection, analysis, and distri-
bution of data inside firms' boundaries and mutually developed 
practices. 

We conducted in-depth, semi-structured interviews with represen-
tatives of retailers and consumer goods manufacturers who use analytics 
in their daily work. To select suitable informants, we adopted purposeful 
sampling (Patton, 2002) and sought maximum variation in the product 
categories represented in consumer goods retailing. We focused our 
recruitment efforts on leading international firms likely to implement SD 
and UD analytics. Our final sample consisted of 21 informants: 15 senior 
managers from consumer goods manufacturers from diverse sectors and 
six representatives of large retailers operating in the Nordic countries 
(Denmark, Finland, Norway, Sweden, and Iceland) (see Table 1). 

The interviews lasted between 31 and 152 min. We continued 
interviewing new informants until we reached data saturation (Gioia, 
Corley, & Hamilton, 2013). We began the semi-structured interviews 
with general questions about data collection practices and sources of 
data, as well as the use of data in decision-making. Next, we posed more 
specific questions about working with different forms and sources of 
data and the challenges associated with these processes. We also asked 
about the skills and competencies managers would need to leverage 
available market data successfully. Finally, we inquired about sharing 
data and analytical insights with partners in business networks. During 
the interviews, we encouraged informants to provide concrete examples, 
which increased confidence in the trustworthiness of their claims and 
led to a better understanding of the practices they used to develop 
shared analytical capabilities. We recorded and transcribed each inter-
view and complemented the interviews with field notes. We used the 
qualitative data analysis tool NVivo to manage and code our data. 

6. Data analysis and findings 

We started our data analysis by defining the resources firms need to 
develop shared analytical capabilities. Following Miles and Huberman 
(1984), we first analyzed the interview transcripts in detail, coded them 
based on emerging themes (first-order concepts), then compared them 
with previous findings from relevant research. Next, we compared codes 
across transcripts in an iterative manner to detect emerging patterns and 
links among the first-order concepts (Glaser & Strauss, 1967) and to 
develop second-order themes. Finally, we aggregated the second-order 
themes into third-order dimensions (Gioia et al., 2013), denoting two 
key groups of external resources necessary for the development of 
shared analytical capabilities, as shown in Fig. 2. 

After defining the groups of resources firms use to develop shared 
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analytical capabilities, we carefully reviewed the data to distinguish 
routines that support sharing such capabilities. We started by coding 
inter-firm routines based on the taxonomy of buyer-supplier routines 
introduced by Alinaghian et al. (2020). While performing this exercise, 
we also coded those routines that fell outside of the buyer-supplier dyad, 
such as collaboration with third parties and independent partners, 
following the same procedure we employed to define resources for the 
development of shared analytical capabilities. We will next present the 
detailed outcomes of our data analyses. 

6.1. Resources required for developing shared analytical capabilities 

The interviews identified two key groups of network resources re-
tailers and consumer goods manufacturers use to build shared analytical 
capabilities: (1) access to data and analytics through partners, and (2) 
structures supporting data and analytics sharing. Each of these groups of 
resources builds on sub-groups of resources (Fig. 2), which we will now 
discuss in detail (see Table 2 for illustrative quotes from our informants). 

6.1.1. Access to data and analytics through partners 
The first group of resources needed for sharing analytical capabilities 

builds on the network of partners that provide access to unique data and 
analytics. These include (1) data and analytics shared by collaborating 
partners (most importantly buyers and suppliers; also, potential partners 
from neighboring industries), and (2) data and analytics provided by 
third parties. First, data and analytics shared by collaborating partners are 
accessed through partnering firms interested in exchanging data and 
insights to achieve mutual business objectives. Direct business partners, 
such as retailers and consumer goods manufacturers, work closely 
together to serve consumers, and are likely to exchange at least infor-
mation necessary for the alignment of common practices. In such part-
nerships, consumer goods manufacturers usually share basic 
information requested by retailers (e.g., product descriptions) as well as 
additional insights that can contribute to either getting new products to 
retailers' shelves or information that can help retailers increase sales of 
certain products (e.g., consumer trends) (see Table 2 for illustrative 
quotes). On the other hand, retailers tend to share basic numeric data, 
such as sales data, and offer consumer goods manufacturers more 
comprehensive reports for additional payment. 

Sometimes retailers and consumer goods manufacturers also form 
closer strategic partnerships to work on specific projects aimed at 
providing consumers with improved offerings and/or more competitive 
prices. In their otherwise large business networks, informants, particu-
larly representatives of retailers, often specified just a few such strategic 
partnerships built on common goals and a shared vision of competitive 
advantage. Strategic partnerships require sharing additional (exclusive) 
data, particularly from retailers that usually share only limited infor-
mation with their multiple suppliers. In addition, informants repre-
senting both retailers and consumer goods manufacturers revealed that 
increasingly they work together with independent partners, including, 
for instance, quick commerce firms, food service firms, and meal sub-
scription service providers. Such collaborations allow access to unique 
data and insights, providing a broader perspective on market trends and 
consumer behaviors. 

Second, in addition to accessing data and analytics through imme-
diate partners, retailers and consumer goods manufacturers can benefit 
from access to data and analytics provided by third parties, such as 
commercial research institutions, marketing agencies, and consul-
tancies. These service providers typically perform outsourced data- 
related functions focal firms are unable to perform on their own due 
to a lack of suitable capabilities and/or sufficient resources (Dekker 
et al., 2020). For instance, large measurement and data firms, such as 
Nielsen and Statista, provide broader reports incorporating general in-
formation about market trends and changes, and they can be acquired by 

Table 1 
Research sample.  

Informant Position Sector 

Informant 1 Nordic Marketing Manager Food 
Informant, 2 Market Insights Manager Food 
Informant 3 Nordic Integrated Marketing Lead Food 
Informant 4 Nordic Marketing Manager Food 

Informant 5 Marketing Manager, Nordics & Baltics 
Personal 

care 
Informant 6 Head of Insight & Foresight Food 

Informant 7 Nordic Brand Manager Personal 
care 

Informant 8 Nordic Brand Manager Personal 
care 

Informant 9 Head of Global Brands & Portfolio Beverages 
Informant 10 Marketing Director Alcohol 

Informant 11 Nordic Director Precision Advertising and Analytics 
Personal 

care 
Informant 12 Director of Brand Management Home care 
Informant 13 Consumer & Shopper Insight Manager Home care 

Informant 14 
Brand Marketing Manager, Central Europe and 

Nordics Food 

Informant 15 Senior Brand Manager Nordics Food 
Informant 16 Data Scientist Retail 
Informant 17 Category Manager Retail 
Informant 18 Category Manager Retail 
Informant 19 Head of Category Management Retail 
Informant 20 Buyer Retail 
Informant 21 Business Development Director Retail  

• Ready-available reports provided by third parties
• Custom data and services for routine decisions
provided by third parties

• Custom data and services for specific projects
provided by third parties.

• Data and analytics shared by direct business
partners

• Data and analytics shared by strategic partners
• Data and analytics shared by independent
partners

1st -ORDER CONCEPTS 2nd -ORDER THEMES

• Coordination of data and insights sharing
• Aligned understanding of shared data and
insights

• Clear division of responsibilities

• Ability to handle data and insights shared by
partners

• Ability to disseminate and reuse data and
insights shared by partners

Data and analytics shared by
collaborating partners

Data and analytics provided by
third parties

Internal management of shared
data and analytics

Inter-firm management of data
and analytics sharing

Access to data and analytics
through partners

Structures supporting data
and analytics sharing

Fig. 2. Data analysis: defining resources contributing to the development of shared analytical capabilities.  
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Table 2 
Illustration of resources contributing to shared analytical capability development.  

Group of resources Definition Illustrative quotes 

Access to data and analytics through partners 
Data and analytics 

shared by 
collaborating partners 

Data and analytics shared by 
direct business partners 

Data and analytics shared by firms' direct partners 
(suppliers/buyers) with which firms collaborate to 
achieve (basic) common goals (i.e., sell products to 
consumers) 

“Lets' say we create our own segmentation, but then we need 
to align it with our customers because we want to sell 

different brands of [products] at the right locations, right, and 
we do have many customers that sell our [products] in 

different markets, and with many of them we do business 
directly.” 

(Informant 9) 
“Because we have so many suppliers, it is always interesting 

to see what they have to offer and what their strong sides 
are… We work with big global companies, but we also have 
many small local producers, and we have to find a different 
approach to them. For instance, global companies have a lot 
of data, also from different markets, but smaller companies 

often have very limited data.” 
(Informant 17) 

Data and analytics shared by 
strategic partners 

Data and analytics shared by selected partners 
(suppliers/buyers), with which firms collaborate 
closely in solving common business problems 

“We also work with our strategic partners, like [Firm Name]. 
For example, we do our own segmentation, but [Firm Name] 
also have a very clear segmentation based on their internal 

data. What we do with [Firm Name], is check our 
segmentation versus theirs, which helps us in guiding our 

overall strategy. “ 
(Informant 4) 

“It really depends on the supplier and how important they are 
to us. For example, with some of the more important partners, 
we are sharing more detailed information, and they are also 
actively sharing unique information with us. As a result, we 

can, for example, continue to improve our marketing 
activities and pricing.” 

(Informant 20) 
Data and analytics shared by 
independent partners 

Data and analytics shared by partners representing 
related industries that have common interests with the 
focal firm and the firm's direct partners 

“We also look for new opportunities and new data, I mean, 
most companies do. If we get interesting suggestions for 

working together and we can get access to cool new data, we 
look into it.” 

(Informant 1)  
“We recently started working with [firm] and we got a lot of 
data about shopping behaviors of consumers online. I think 

we have a lot of work ahead of us to really understand how we 
can benefit from this partnership, but it looks promising.” 

(Informant 21) 
Data and analytics 

provided by third 
parties 

Ready-available reports 
provided by third parties 

General reports (e.g., market reports) third parties offer 
to all interested stakeholders 

“We are buying a lot of data on a regular basis, like point-of- 
sales data from retailers and [research institute] reports. We 

use this data in many big decisions, like strategy 
development, demand planning, pricing, and so on. We are 

such a big company that I feel we cannot operate without the 
data we get from them [third parties].” 

(Informant 6) 
“We buy scanner data, which is basically customer data. If 

you buy your product and it's getting scans at the cashier, this 
data is quite broad, so we need to make sense of it, but it is 

vital for us. We are also buying customer data. So, if you have 
a personal loyalty card from a certain supermarket chain or 

retail or chain, we buy those data as well. We buy a lot of data 
from different social media platforms, for example, from 

Facebook, Instagram, all of these digital platforms.” 
(Informant 15) 

Custom data and services for 
routine decisions provided by 
third parties 

Custom data and services (e.g., ad hoc local market 
reports) supporting firm's day-to-day decision-making, 
provided by third parties 

“We, like many FMCG companies, use research companies, 
basically all the time. For instance, to monitor brand 

awareness, brand preference, and so on. This data help us 
keep track of consumer behaviors and indicate whether we 

need to take any immediate action.” 
(Informant 9) 

“We do also use third parties for collecting data and analyzing 
data; for example, consumer demographics and consumer 

trends and such, which can be used to support our plans. So, 
this kind of data is actually collected more on a systematic 

basis, at least twice a year or so. We use this data to verify that 
we are still doing the right thing.” 

(Informant 14) 
Custom data and services for 
specific projects provided by 
third parties 

Custom data and services for specific projects (e.g., 
local consumer preference studies prior to launching 
new products to a market), provided by third parties 

“I think, in a way, we outsource most of the data collection. If 
we do market any kind of research, we usually do it in 

collaboration with research companies, or we buy already 
available reports. But especially for specific purposes we 

often use research companies who collect and analyze data 

(continued on next page) 
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Table 2 (continued ) 

Group of resources Definition Illustrative quotes 

for us.” 
(Informant 2) 

“There are a lot of the things we're doing for specific projects. 
So, we hire a team that works with a certain brand when we 
start to look into a project, which looks for some facts that can 
actually enrich our idea and our plans. These include market 
trends and social media, but it is very connected to a certain 
project and, therefore, it is not something that we just do as a 

routine on a daily basis, or once a week, but really truly 
connected to what we want to achieve with this specific 

project.” 
(Informant 14)  

Structures supporting data and analytics sharing 

Inter-firm management 
of data and analytics 
sharing 

Coordination of data and 
insights sharing 

Inter-firm coordination enabling inter-firm sharing of 
data and insights 

“For certain collaborations with retailers, we allocate some 
special resources and organize sharing of insights in a more 

systematic manner. For example, we work together on 
developing a joint understanding of consumer trends in our 
categories, based on which we make decisions on what we 

should do. Then, a lot of the doing is actually on us, but these 
efforts give us an advantage over our competition, for sure.” 

(Informant 4)  

“Usually, we increase frequency of communication with 
suppliers when we are developing something new or doing a 

project together. Then, we need to be in close contact 
discussing different issues… So, it is a different process… But 
usually when it is a normal process, we have discussions only 
a couple of times a year. But this also depends on … because 

suppliers are really active in their initiative to engage in 
discussions, and some are really passive. So, there is a lot of 

variety in them.” 
(Informant 17) 

Aligned understanding of 
shared data and insights 

Common understanding about the meaning (insights) 
behind the shared data 

“For us, it is important to both share information but also get 
feedback from retailers, so that we are on the same page. For 
instance, when we develop new packs, we want to know what 
kind of packs consumers buy, and the pack size varies across 
markets. So, we really need to work closely with our retailers 
and have clear communications about what we know about 

the markets.” 
(Informant 6) 

“In our tribe, for example, we have defined five different 
consumer target groups, and then we need to know 

what their interests are, what the demographics are, what the 
size of the tribe is, and so forth. And then we work together 
with, for example, a media agency in order to see how our 

campaign has performed and what changes we should make 
as a team.” 

(Informant 14) 

Clear division of 
responsibilities 

Agreement on specific responsibilities and expectations 
from each party regarding data collection, analysis, 
sharing, and use 

“I would say that in our partnerships it is clear who provides 
what information, Our supplier can buy a lot of information 
from us; it is available for everyone, but we also know what 

kind of individual feedback we need to provide to each 
supplier, and most suppliers know what kind of data we 

expect from them. This information we provide is a big part of 
our decision-making, and we, of course, both want to sell 

products to consumers.” 
(Informant 20) 

“When our suppliers come in, they have a lot of research 
about their products. We, of course, have our own data, but it 

is important for us that these suppliers do their homework, 
because we cannot know the business as well as they do, and 
we also have other suppliers, and I think that we do have an 
understanding with most of them about expectations in our 

meetings.” 
(Informant 21) 

Internal management of 
shared data and 
analytics 

Ability to handle data and 
insights shared by partners 

Firm's ability to use data and insights shared by 
different partners (e.g., with support of analytical tools) 

“We get a lot of data, and the main task for us is to make sense 
of all of the data in such a way that it would actually improve 
our decision-making. For instance, we get our research data, 

and then retailer data, and so on. We really should not just 
collect the data and not use it, right? So, it is important that 

we have systems in place to work with such data.” 
(Informant 1) 

“When we talk to our suppliers, we get a lot of information 
from them on consumer research that they do… It is like a 
jigsaw puzzle: you take some of the pieces from one of the 

(continued on next page) 
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any interested firm. However, in addition to such general reports, firms 
purchase custom data and market insights from third parties to support 
their routine decision-making. Such data include, for instance, brand 
health studies and consumer trends in specific product categories. 
Furthermore, firms purchase data and insights from third parties for 
specific needs, such as those related to launches of new products or 
product categories. These usually represent demanding projects for 
which firms lack sufficient internal resources (e.g., expertise or human 
resources) to cover the vast amount of analytical work required. 

Finally, several informants mentioned that although gaining access 
to unique SD through third parties remains a priority, they are 
increasingly interested in working with partners that specialize in more 
novel UD analytics: 

We have a media company looking into media that would also track 
what bloggers say.… Now, we are finally applying a new system to 
do that, so we can follow if people mention our brand name verbally 
when they talk in the media. We see a great potential in how we can 
use this. 

(Informant 5) 

Gaining access to data and analytics through partners forms the basis 
of developing shared analytical capabilities. In collaborations with 
partners interested in data and analytics sharing, firms can exchange 
unique data business insights that would not be possible to acquire on 
their own. In addition, by working with third parties providing data and 
analytics services, individual firms can acquire data and business in-
sights that require more resources than individual firms, or their direct 
partners, have at their disposal. 

6.1.2. Structures supporting data and analytics sharing 
The second group of resources needed for sharing analytical capa-

bilities refers to structures that support the sharing of data and insights 
within a business network, including (1) inter-firm management of data 
and analytics sharing and (2) internal management of shared data and 
analytics of firms forming the network. First, inter-firm management of 
data and analytics sharing ensures that collaborating firms exchange 
relevant data and analytics within business networks (see Table 2 for 
illustrative quotes). Our informants noted that successful collaborations 
often entail coordinating the sharing of data and insights related to, for 
example, forecasting, supply chain, and demand planning. Inter-firm 
coordination supports the achievement of common goals and helps in-
dividual firms improve their competitive advantages (see also Giudici, 
Reinmoeller, & Ravasi, 2018; Mu et al., 2017). In line with previous 
research (Gunasekaran et al., 2017; McEvily & Marcus, 2005), our 

informants also suggested that the development of an aligned under-
standing of shared data and insights improves the operation of their 
retail networks. For example, retailers and consumer goods manufac-
turers may align their reasoning about decreasing demand for certain 
products, which allows them to take corrective action collectively (e.g., 
delisting, adjusting pricing, adapting pack size, etc.). 

In relation to working with direct partners, our informants suggested 
that firms need a clear understanding of their responsibilities to their 
network and their partners' expectations (see also Combs & Ketchen, 
1999). For example, with regard to UD, the respondents largely agreed 
consumer goods manufacturers were responsible for understanding the 
needs and wants of their target consumers. Representatives of the 
retailer firms shared that their use of UD focuses on broader category 
levels, such as consumer trends (e.g., increased demand for vegan food). 
However, with regard to individual products (brands) and product cat-
egories, retailers maintained it is the responsibility of manufacturers to 
gain insights from relevant UD and to combine it with SD to convince 
retailers that their (new) products are worth selling: 

When we take new products into our assortment, we, of course, do 
not have the sales data. So, when making decisions we use our hunch, 
our knowledge and experience. Then, it is usually the suppliers who 
need to convince us that we should take the new product. So, it is 
more their responsibility to do all the market studies and make a nice 
presentation for us. 

(Informant 17) 

In addition, firms must clearly communicate their (evolving) ex-
pectations to the service providers as well (Keegan et al., 2017). How-
ever, we discovered that managers often fail to recognize the need to 
revisit established agreements (e.g., in light of UD), which might result 
in missed opportunities to take advantage of more complete data and 
derive insights from it: 

When we use other companies to make research, we often forget that 
they do not know the business as well as we do… So, when we get the 
reports, they often miss insights that we thought we would get, 
because it is obvious for us that we need them, but we did not tell the 
company that, at least not explicitly. For instance, I would get the 
numbers, but no answer to the question “why?” because we did not 
ask for it. 

(Informant 7) 

Second, internal management of shared data and analytics comprises 
firms' structures that allow for the integration of data and insights shared 
by partners and their dissemination across the whole organization for 

Table 2 (continued ) 

Group of resources Definition Illustrative quotes 

suppliers, some from the other, and some from the third. And 
then, you try to see what the real truth behind all this 

information is.” 
(Informant 19) 

Ability to disseminate and 
reuse data and insights shared 
by partners 

Firm's ability to define, share, and use data internally 
(across multiple divisions) and in collaboration with 
more than one partner 

“We have our main customers—for example, [firms]—and we 
can use a lot of the data we have for the same purposes as they 
do, like for the yearly negotiations, pitching new ideas, and so 

on. For instance, why did we make the design change and 
how is it based on consumer understanding? So, we sort of 

keep the same scope on the same insight alongside the whole 
approach throughout from the start of the development 

process to the materials to our customers as well.” 
(Informant 10) 

“So, our media agency and us we can access the same data, 
and our agencies also share reports through dashboards, so 

that they can be accessed by everyone. By doing so, we make 
sure that all the data we get is used by different divisions, 

especially because we have so many brands that can use those 
reports. We also want to make sure that people look at the 

most recent data…” 
(Informant 11)  
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improved data-driven decision-making. Most importantly, our in-
formants (see Table 2) suggested that their firms need to have the ability 
to handle different SD and UD as well as business insights shared by 
partners at different organizational levels. Here, they hinted at the 
challenges related to business partner reliability (see also Bradford et al., 
2004; Williamson, 1996). In particular, our informants stressed that 
rather than blindly relying on information provided by partnering firms, 
they need to be able to critically evaluate its objectivity of as well as 
merge it with internal knowledge. Furthermore, our informants pointed 
to the importance of dissemination and the reuse of external data into 
and within their business network. Notably, they felt the need to care-
fully evaluate how external data and insights could be used within the 
whole organization. In turn, the ability to disseminate and reuse data 
and insights at different organizational levels allows firms to make sure 
they take full advantage of the resources accessed through their business 
networks. 

To summarize, in addition to having access to data and analytics 
through partners, firms need to establish structures that support the 

sharing of data and analytics. While some of these structures need to be 
developed in collaboration with the partners, other firms need to create 
or adapt internally. These structures not only support the smooth ex-
change of data and insights, but also ensure that firms take full advan-
tage from the accessed network resources on both individual and 
network levels. 

6.2. Shared analytical routines 

The interviewees also pointed to five specific types of routines that 
underline the development of shared analytical capabilities. In addition 
to the three previously defined types of routines (Alinaghian et al., 
2020): (1) unilateral routines, (2) quasi-unilateral routines, and (3) 
bilateral routines, our analysis further identified two types of routines 
that extend beyond the buyer-supplier dyad: (4) multilateral routines 
and (5) joint multilateral routines. Fig. 3 presents an overview of shared 
analytical routines with visual representation and illustrative quotes 
supporting our findings. 

Fig. 3. Illustration of shared analytical routines. 
Notes: A = buyer (i.e., retailer); B = supplier (i.e., consumer goods manufacturer); C = third party (e.g., research institution, media agency, etc.); D = independent 
partners. 
Lines with arrows indicate the flow of data and insights (➔ low input; ➔ medium input; ➔ strong input). 
*Routines relevant to outsourcing (buyer/supplier-third party collaborations). 
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First, unilateral routines, which refer to “activities, processes, and 
practices that originate in one party's boundaries but are aimed at the other 
party… intended to tap the resources held by, or accessible via, the other 
firm” (Alinaghian et al., 2020, p. 117), appear to be common in the 
sharing of analytical capabilities between consumer goods manufac-
turers and retailers. Because retailers typically have several suppliers for 
most product categories, they often receive different insights from 
different manufacturers (see Fig. 3 for illustrative quotes). This infor-
mation may include only basic information about the product requested 
by retailers, such as statistics concerning relevant market shares; how-
ever, it may also contain many additional insights stemming from 
comprehensive global or local market research conducted (or pur-
chased) by the manufacturer. Sharing information is particularly com-
mon when manufacturers want to introduce novelties to the market. 
This is because although retailers may often be reluctant to change their 
offerings, they are still concerned about having up-to-date products in 
these offerings, and, therefore, are willing to add new products when 
manufacturers provide strong evidence of a demand for such products. 

Second, quasi-unilateral routines, defined as “activities, processes, and 
practices that originate within either party's boundaries but without formally 
binding the other party, while entailing its somewhat supportive and 
responsive engagement” (Alinaghian et al., 2020, p. 117), are also com-
mon in the development of shared analytical capabilities in consumer 
goods retailing, particularly in relation to the development of new 
products. The representatives of retailers shared that when they receive 
an interesting idea for a new product pitched by their suppliers, they 
tend to step in and participate in the process by sharing their in-house 
data and taking part in product experimentation (see Fig. 3 for illus-
trative quotes). Some of the representatives of consumer goods manu-
facturers also noted that they have received contributions for the 
development of new products for local markets from selected retailers 
(Informant 3, Informant 6). 

Third, bilateral routines, which Alinaghian et al. (2020, p. 117) 
define as “more formalized activities, processes, and practices that are 
enacted and shaped by both parties' mutually active involvements,” are 
particularly obvious in strategic partnerships between retailers and 
consumer goods manufacturers. Such strategic partnerships are 
commonly initiated by retailers, who invite selected suppliers (con-
sumer goods manufacturers) to work jointly on solving business prob-
lems with the aim of growing business and improving practices that 
strongly affect both parties (e.g., production and supply chain) (see 
Fig. 3 for illustrative quotes). In these collaborations, both retailers and 
manufacturers formally share valuable and unique business insights 
derived from SD and UD, such as insights related to consumer behaviors, 
shopper metrics, and consumer feedback. Our data suggest that while 
this type of collaboration generally requires the most resources, espe-
cially for manufacturers who often carry most of the costs (see common 
practices quote shared by Informant 4, Table 2), they result in important 
gains related to new product introductions, improved products, and 
shelf placements, and strengthen the relationship between the involved 
partners. 

In addition, we noted that retailers tend to engage in extensive 
sharing of analytical capabilities with selected suppliers, particularly 
when they observe unexpected changes in consumer behaviors that 
require quick and efficient responses from both parties. The beginning of 
the COVID-19 pandemic is a good example of such a scenario: 

And now, with the COVID-19, our sales [of Vitamin C] have 
exploded, and we started to run out… So, we quickly asked our 
suppliers if we could do something about this. Usually, it [demand] is 
very stable, and the rule of thumb is that in all my categories, there 
are two negotiations [with suppliers] a year, unless there is some-
thing interesting or important. In this case, we really needed to be 
flexible and act quick. 

(Informant 17) 

Notably, in addition to buyer-supplier dyadic exchange, our 

interviews suggest that firms can further leverage unilateral and quasi- 
unilateral routines when outsourcing data- or analytics-related tasks to 
third parties (e.g., research institutes, media agencies, and consul-
tancies) for a specific need or project. Unilateral routines are particu-
larly common when firms fully outsource data- and analytics-related 
functions to service providers; quasi-unilateral routines apply to in-
stances when firms take a rather active part in the collection, analyses, 
and interpretation of the desired data provided by third parties: 

We have only one market research manager in-house, and she cannot 
do this kind of work on her own.... So, of course we use different 
agencies to help us with the market research. But the reports they 
provide are usually quite general… we could probably ask them to 
provide us with some additional, qualitative, insights. 

(Informant 7) 

We do use quite a lot of external partners to help us collect data 
because we don't have the expertise on everything in-house and also 
because we do not have enough people to perform all these tasks. So, 
by buying hours from someone else we don't need to have all the 
experts in-house. So, we do use a lot of external expertise, especially 
in data collection and analysis. Then, my team looks through the 
reports and decides how and what we should do. 

(Informant 5) 

Fourth, we define multilateral routines as an additional group of 
routines – activities, processes, and practices that extend beyond the 
buyer-supplier dyad – by including at least one third party that provides 
data and insights benefiting the buyer-supplier dyad. Such routines are 
initiated by one party, who, for instance, requests data and insights from 
another party, who then obtains the requested resources from (or in 
collaboration with) a third party (or parties). In the consumer goods 
retailing context, such routines are usually initiated by retailers (i.e., 
buyers) asking consumer goods manufacturers (i.e., suppliers) for 
additional insights, such as market trends or consumer studies on their 
(new) products (see Fig. 3 for illustrative quotes). Our informants rep-
resenting consumer goods manufacturers noted that retailers are 
particularly interested in local market studies to support their intro-
duction of a new product to the market. In this case, when these man-
ufacturers do not have the necessary in-house resources and capabilities, 
they turn to external data and analytics service providers to gain the 
required insights, which they then share with retailers. Interestingly, 
data gathered by individual manufacturers and shared with retailers can 
also (indirectly) benefit competitors by supporting retailers' decisions 
related to entire product categories (Informant 18, Informant 19). 

Fifth, and finally, our interviews pointed to joint multilateral routines 
as an additional group of routines that involves several parties with 
more diversified (and sometimes shared) roles. These routines include 
activities, processes, and practices that involve multiple suppliers, 
buyers, and partners, often beyond the focal dyad's core industry. Joint 
multilateral routines are characterized by sharing data and insights 
among partnering firms to support the achievement of common goals. As 
an example, our interviews suggest that retailers and consumer goods 
manufacturers increasingly collaborate with independent partners rep-
resenting such industries as quick commerce and food service (see Fig. 3 
for illustrative quotes). In such collaborations, retailers and manufac-
turers gain access to unique data and insights on consumer behaviors in 
new contexts, which allows them to better direct their efforts in mar-
keting and distribution and improve their general understanding of their 
consumers. At the same time, actions taken by retailers and manufac-
turers directly benefit the independent partners by, for example, 
increasing sales through their own platforms and improving reach to 
consumers. 

Taken together, analytical resources within the firms' networks along 
with shared analytical routines allow firms to leverage the available data 
and analytics beyond the firm's (or dyad's) boundaries, thereby 
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developing shared analytical capabilities. Such capabilities, in turn, 
extend the advantages offered by the internal analytical capabilities of 
individual firms. 

7. Discussion and conclusions 

This study addresses the development of analytical capabilities that 
extend beyond the boundaries of individual firms in business-to- 
business networks, particularly in consumer goods retailing. We define 
two types of network-level resources and five types of inter-firm routines 
that support the development of what we call shared analytical capabil-
ities for the benefit of individual firms and their business networks. 

7.1. Theoretical contributions 

The theoretical contributions of the present study are fivefold. First, 
we introduce the concept of shared analytical capabilities to complement 
the internal analytical capabilities possessed by individual firms (Gupta 
& George, 2016; Saldanha et al., 2017). We define shared analytical 
capabilities as the resources and routines required to continuously 
define and extract insights from relevant data that extend beyond the 
boundaries of individual firms, and enable firms to take advantage of 
broader analytical resources within their entire business networks 
(McEvily & Marcus, 2005; Zhang & Watson IV, 2020). They are 
particularly helpful because the internal resources required for collect-
ing and analyzing SD and UD are often scarce (Mikalef et al., 2020). 
Shared analytical capabilities also allow firms to further exploit the 
analytical resources and capabilities they develop in-house by sharing 
them throughout their business networks. In addition to contributing to 
the success of entire business networks, such sharing may bolster the 
image and role of individual firms within these networks (Fehrer & 
Nenonen, 2020) and, in particular, strengthen their relationships with 
individual partners (McEvily & Marcus, 2005; Sena & Ozdemir, 2020). 

Second, we define two key groups of network resources that 
contribute to the development of shared analytical capabilities (cf. 
Gulati et al., 2011): (1) access to data and analytics through partners, 
and (2) structures supporting data and analytics sharing. First, we pro-
pose that firms need to have an established network of business partners 
which they can leverage to gain access to unique data and analytics 
either though collaborations (cf. Corsten & Kumar, 2005) or by buying 
specialized services (Dekker et al., 2020). Second, we argue that firms 
also need to establish inter-firm and internal management structures 
that support the exchange of data and analytics as well as the use of the 
shared data insights on both internal (Gupta, Drave, et al., 2019) and 
network (Tong & Crosno, 2016) levels. Accordingly, the proposed tax-
onomy of resources provides novel insights on the main drivers of 
analytical capabilities that extend beyond the boundaries of individual 
firms. 

Third, we identify five types of inter-firm routines that contribute to 
the development of shared analytical capabilities. Our interviews 
confirm the relevance of three types of already established buyer- 
supplier routines in the context of the development of shared analyt-
ical capability in consumer goods retailing: (1) unilateral routines, (2) 
quasi-unilateral routines, and (3) bilateral routines (see Alinaghian 
et al., 2020). Further, our data analysis reveals that unilateral and quasi- 
unilateral routines are relevant in dyadic collaborations between 
buyers/suppliers and third parties. Besides the dyadic routines, we also 
define two novel routines that extend to a broader set of partners: (4) 
multilateral routines and (5) joint multilateral routines. In addition to 
buyers and suppliers, multilateral routines include third parties that 
provide insights beneficial for the dyad. Joint multilateral routines 
involve independent partners that have common business interests and 
goals with the focal dyad. Taken together, collaborations with third 
parties and independent partners allow individual firms to gain access to 
wider network resources that span beyond the buyer-supplier dyad. 
Thus, this study sheds new light on how firms can share, co-create, and 

leverage analytical capabilities within their broader business networks. 
Fourth, we systematically map barriers that can prevent firms from 

taking advantage of analytical capabilities within their business net-
works. Previous literature has identified four groups of barriers related 
to internal capability development (Day, 2011; Teece, 2007). We com-
plement these insights with four additional groups of barriers related to 
the development of shared analytical capabilities (Dyer & Singh, 1998; 
Handfield, 2019): the challenge of finding appropriate business partners 
(Parida et al., 2016), lack of sufficient resource allocation (Combs & 
Ketchen, 1999), fear of opportunism (Williamson, 1996), and stagnation 
(Helfat & Peteraf, 2003). By identifying these barriers, we advance the 
understanding of the potential causes of firms' ineffective use of data and 
analytics, which often hinders the application of analytics to decision- 
making (Day, 2011; Huang et al., 2018). 

Finally, we present a systematic analysis of data uses and sharing by 
different actors in a retail network, including buyers (retailers), sup-
pliers (consumer goods manufacturers), third parties, independent 
partners, and consumers. The resulting framework maps the internal 
and external flows of data and insights across the consumer goods 
retailing network, exemplifying the diverse actors' roles and re-
sponsibilities in developing shared analytical capabilities. 

7.2. Managerial implications 

For managers seeking to take full advantage of available resources to 
develop and implement their analytical capabilities, we provide three 
key recommendations. First, we propose that in addition to developing 
analytical capabilities internally, firms should recognize the opportu-
nities linked to data, tools, and analytical capabilities accessible through 
their business networks. By taking advantage of shared analytical ca-
pabilities, firms can overcome the limitations of internal resources 
available for collecting and analyzing data and gain access to a broader 
range of unique data and insights. This benefit is particularly useful for 
making use of novel types of UD, the implementation of which is less 
established and often requires remarkable investments. However, 
managers who rely on shared analytical capabilities in their decision- 
making must also acknowledge the potential barriers related to 
finding appropriate partners, lack of sufficient resource allocation, fear 
of opportunism, and stagnation, all of which can hinder the develop-
ment and use of such capabilities. 

Second, we provide consumer goods retailers and their suppliers 
with a map of possible partners and sources of information that can serve 
as a basis for shared capability development (Fig. 1). Consumer goods 
manufacturers obtain valuable category-level insights from retailers, 
and retailers learn from the product- and brand-related insights offered 
by their suppliers. Both sides can gain further valuable information from 
third-party firms, such as research institutes, media agencies, and con-
sultancies. In addition, they may take advantage from collaboration 
with independent partners, who can share unique data and insights 
relevant to consumer goods retailing. To take full advantage of external 
resources within their business networks, we suggest that firms (1) 
develop routines for sharing data and leveraging data shared by other 
actors in the network, (2) communicate responsibilities and expecta-
tions with partners clearly, and (3) continuously update and nurture 
their partnerships (i.e., choice of partners) as well as data-related 
agreements and practices to accommodate rapidly changing needs and 
emerging opportunities. 

Third, we advise managers to pay particular attention to two types of 
resources (Fig. 2)—(1) access to data and analytics through partners and 
(2) structures supporting data and analytics sharing. Our five-divisional 
typology of analytical routines (Fig. 3) involving collaborations in dyads 
(e.g., with suppliers/buyers or third parties) as well as with multiple 
partners further helps firms to define their roles, responsibilities, and 
relationships in developing shared analytical capabilities. In leveraging 
insights offered in this study, we urge managers to consider the devel-
opment of shared analytical capabilities related not only to SD, but also 
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those specific to UD, as many firms currently appear to overlook them. 

7.3. Limitations and further research 

This study builds on in-depth interviews with a set of 21 respondents 
which, although relatively extensive, limits the generalizability of our 
findings. We encourage more quantitative studies to confirm our con-
ceptual findings. Such studies could also further investigate the drivers 
of, and barriers to, the development of shared analytical capabilities, to 
specify their relative roles, and to identify potentially relevant boundary 
conditions. Additional studies could also address the ultimate impact of 
analytical capabilities, both internal and shared, on the performance of 
individual firms and their business networks. 

Our focus on consumer goods retailing reflects the role of this in-
dustry as a forerunner in analytics (Balkhi, 2019; Hauser, 2007). 
Nevertheless, other industries, such as professional services or phar-
maceuticals, may exhibit different patterns in their use of analytics, and 
face distinct challenges. Accordingly, we encourage research in various 
industries to detail how industry-specific characteristics might affect the 
development of shared analytical capabilities in diverse types of busi-
ness networks. Such studies could further enrich our insights and pro-
vide industry-specific revelations for managers looking to advance their 
analytical capabilities. 

Finally, the scope of our study is limited to the Nordic countries. 
Firms and business networks operating in these northern European 
countries have relatively good access to, and experience of, developing 
capabilities in analytics (Thoretz & Baptiste, 2021). The highly devel-
oped Nordic economies (Ventura, 2020), often referred to as “engi-
neering countries” (e.g., Asheim & Coenen, 2005; Jaakkola, Möller, 
Parvinen, Evanschitzky, & Mühlbacher, 2010), are likely to offer firms 
the skills and resources needed to develop and implement analytical 
capabilities. Nordic countries are among the global leaders in the 
number of successful tech start-ups (Danske Bank, 2021), many of which 
focus on analytical techniques in particular (Tieto, 2018). Therefore, 
compared with firms in other geographical markets, Nordic firms are 
likely to have greater opportunities to access novel tools designed for 
working with diverse data and analytics. Studies conducted in less 
analytically oriented markets or emerging markets may produce 
different conclusions. The role of market characteristics in the devel-
opment of analytical capabilities thus warrants further research. 

7.4. Conclusion 

In this study, we introduce the concept of shared analytical capa-
bilities that allow firms to take advantage of data and analytics that are 
beyond firms' boundaries but accessible within their business networks. 
Furthermore, we define resources and routines that contribute to the 
development of such capabilities and point to opportunities for the 
development of competitive advantages through collaboration with 
diverse business partners. Taken together, this study provides important 
insights firms and business networks can use to become more data- 
driven in their decision-making to further develop their analytical ca-
pabilities, leveraging the resources of their entire business networks. 
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YouTube It Before You Buy It: The Role of
Parasocial Interaction in Consumer-to-
Consumer Video Reviews

Valeria Penttinen, Robert Ciuchita, and Martina Čaić

Abstract
Consumer-to-consumer (C2C) online reviews are important sources of information that help consumers decide which products
and services to buy. Although C2C reviews in video format (e.g., on YouTube) have become increasingly popular, research
remains focused primarily on textual reviews. This article emphasizes the importance of C2C video reviews in influencing con-
sumer outcomes through parasocial interaction, a special—albeit one-sided—connection with reviewers. Interactivity and self-
disclosure are suggested as online communication techniques reviewers can use to foster parasocial interaction with their viewers
in a single encounter. Parasocial interaction is further established as a psychological mechanism that underlines the impacts of
interactivity and self-disclosure on source credibility, leading to improved consumer purchase intentions. The authors also pro-
pose that strong parasocial interaction with reviewers exerts a particularly powerful influence on the purchase decisions of con-
sumers who experience low levels of decision confidence, while arguing for the importance of C2C video reviews in guiding the
decisions of various consumer groups. Research recommendations reveal how managers can encourage consumers to create and
share video reviews on different platforms and offer guidance on the ways companies can foster parasocial interaction through
firm-related marketing communications.

Keywords
C2C reviews, video reviews, parasocial interaction, interactivity, self-disclosure

When consumers seek advice about products and services, they
are likely to turn to electronic word of mouth (eWOM) in the
form of consumer-to-consumer (C2C) reviews (Pan and
Chiou 2011; Verma and Yadav 2021) as sources of information
that are not directly influenced by firms (Floyd et al. 2014; Wu,
Jin, and Xu 2020). To illustrate, 93% of consumers search for
C2C reviews prior to making purchase decisions (Kaemingk
2020) and 79% trust such reviews as much as they trust personal
recommendations (Pitman 2022). Increasingly, consumers use
video content to support their purchase decisions: 90% of con-
sumers claim that watching videos helps them make purchase
decisions (Collins and Conley 2019), 87% say they can make
purchase decisions faster when watching videos (Lanzi 2021),
and 72% prefer to learn about firms’ offerings by watching
videos rather than by reading textual descriptions (Hayes
2021). The popularity of video content has also influenced con-
sumers’ choices of search engines; online video sharing and
social media platform YouTube has become the second most
popular search engine after Google (Davies 2021).

Therefore, it is not surprising that video reviews shared on
social media platforms (e.g., YouTube, Instagram) and retailer
websites (e.g., Amazon, Nike) have become increasingly
popular (Kumar 2019; Wise 2022). Yet, previous studies pri-
marily focus on textual rather than video reviews (for notable
exceptions, see Diwanji and Cortese [2020] and Xu, Chen,
and Santhanam [2015]). Although video and textual C2C
reviews share some similarities, they differ in two important
ways. First, compared with textual reviews that may include
some visual information (e.g., product photos), video reviews
provide consumers with dynamic audio and visual cues, such
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as how products sound and look in use (Jiang and Benbasat 2007).
Second, consumers usually receive limited, if any, information
about reviewers from textual reviews (Siering, Muntermann, and
Rajagopalan 2018; Xu 2014), whereas authors of video reviews
generally reveal some information about themselves, such as
their physical appearance and/or voice.

We argue that it is particularly important to attend to personal
information that reviewers disclose in video reviews, because
consumers consider not only review characteristics, such as
helpfulness (Chen and Xie 2008; Siering, Muntermann, and
Rajagopalan 2018), argument quality (Srivastava and Kalro
2019; Xie et al. 2011), length, and valence (Maslowska,
Malthouse, and Viswanathan 2017; Racherla and Friske
2012), but also reviewer characteristics, such as expertise and
trustworthiness (Gottschalk and Mafael 2017; Ordabayeva,
Cavanaugh, and Dahl 2022), when they search for C2C reviews.
Together, expertise and trustworthiness inform consumers’ percep-
tions of “source credibility,” which is defined as “a communica-
tor’s positive characteristics that affect the receiver’s acceptance
of a message” (Ohanian 1990, p. 41). Generally, consumers are
inclined to rely on reviews with greater perceived source credibility
(Berger and Calabrese 1975; Zhang et al. 2014). Because C2C
video reviews are more likely to contain reviewer-related cues
that can establish source credibility, consumers may rely on
video reviews more than textual reviews.

When consumers search for C2C video reviews, they tend to
experience different levels of decision confidence in their pur-
chases (Keh and Sun 2018). That is, some consumers look for
such reviews to confirm established decisions, but others seek
quality recommendations from credible sources of information to
increase decision confidence (Mudambi and Schuff 2010;
Pavlou, Liang, and Xue 2007). Despite evidence that the influence
of C2C reviews on decision confidence is relevant to both consum-
ers and firms (Andrews 2013), previous studies have not investi-
gated how or why C2C reviews influence consumers according
to their levels of decision confidence. For example, confident con-
sumers are more likely to purchase (Dimoka, Hong, and Pavlou
2012) and tend to be more satisfied with their choices (Hong
and Pavlou 2014; Robertson, Hamilton, and Jap 2020).

To extend current knowledge on the role of C2C video
reviews in influencing consumer decision making, we turn to
parasocial interaction theory (Hartmann and Goldhoorn 2011;
Horton and Wohl 1956), which suggests that consumers who
are searching for reviews are prone to developing special—
albeit one-sided—connections with reviewers. Although previ-
ous studies highlight the positive impact of such connections on
source credibility and the acceptance of recommendations pro-
vided (Munnukka et al. 2019; Reinikainen et al. 2020) they have
focused on building parasocial relationships over time (Choi
and Lee 2019; Hwang and Zhang 2018) rather than on fostering
parasocial interactions through single encounters. Moreover, most
studies on parasocial interaction focus on communications with
celebrities and online influencers (Lee and Watkins 2016; Tsai
and Men 2017) rather than complete strangers. Nevertheless, con-
sumers who need additional information to support their purchase
decisions likely search for C2C reviews shared by strangers

(Banerjee, Bhattacharyya, and Bose 2017; Mudambi and Schuff
2010). Therefore, it is important to understand how reviewers
can foster parasocial interactions in their communications and
influence consumers’ perceptions and behaviors.

To address the lack of knowledge about parasocial interac-
tion in the context of C2C video reviews, we conduct two
studies. In Study 1, we examine how reviewers communicate
information to their audiences and employ interactivity and self-
disclosure techniques that establish strong parasocial interac-
tion. We develop our own video review manipulations to
examine how the absence or presence of interactivity and self-
disclosure influence consumer purchase intentions through the
formation of parasocial interactions and source credibility.
Building on the outcomes of Study 1, Study 2 focuses on
how parasocial interaction influences the behaviors of consum-
ers who experience low (vs. high) levels of decision confidence
prior to watching C2C video reviews.

Our research thus offers three main theoretical contributions
to interactive marketing research. First, it enriches the literature
on eWOM (Jiménez and Mendoza 2013; Verma and Yadav
2021) by examining the positive impact of interactivity and self-
disclosure on the source credibility of C2C video reviews
(Banerjee, Bhattacharyya, and Bose 2017; Zhang et al. 2014)
through parasocial interaction. Second, it contributes to the
research on parasocial interaction (Labrecque 2014; Sokolova
and Kefi 2020) by defining parasocial interaction and source
credibility (Chung and Cho 2017; De Jans, Cauberghe, and
Hudders 2018) as the mechanisms through which interactivity
and self-disclosure influence the purchase intentions of consumers
(Hu, Liu, and Zhang 2008; Kim and Krishnan 2015) after a single
encounter with reviewers. Third, it complements the extant litera-
ture on consumer decision making (Desender, Boldt, and Yeung
2018; Wang, Yu, and Wei 2012) by showing that parasocial inter-
action with reviewers has a particularly strong impact on the pur-
chase decisions of consumers with low (vs. high) levels of decision
confidence (Langan, Besharat, and Varki 2017). Altogether, the
outcomes of this research suggest that C2C video reviews that
foster parasocial interaction through interactivity and self-
disclosure are more likely to help consumers make purchase deci-
sions and, consequently, benefit firms.

For managers, our results stress the importance of C2C video
reviews in influencing consumer purchase decisions and
suggest how firms can gain the most benefits from such
reviews. To extend our findings beyond the eWOM context,
we provide examples of interactivity and self-disclosure tech-
niques that can be leveraged to enhance the effectiveness of
firm-related communications, such as messages shared by a
firm’s representatives (e.g., employees) and third parties (e.g.,
social media influencers).

Conceptual Background
Parasocial Interaction in the Online Environment
Parasocial interactions (Horton and Wohl 1956) or parasocial
relationships (Rubin and McHugh 1987) are one-sided,
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imaginary connections that consumers experience with media
personalities such as artists, online influencers, or even fictional
characters (Hartmann and Goldhoorn 2011; Rubin and McHugh
1987). Extant research often uses the two terms interchange-
ably, although they have important differences (Dibble,
Hartmann, and Rosaen 2016). Parasocial interactions imply a
temporary sense of connection related to an encounter or com-
munication with a media personality, whereas parasocial rela-
tionships involve similar feelings that develop over time
through multiple encounters (Boerman and Van Reijmersdal
2020; Dibble, Hartmann, and Rosaen 2016). Some researchers,
however, use the term “parasocial interaction” to address para-
social relationships (Gong and Li 2017; Lee and Lee 2017).

Although parasocial interaction theory was originally
employed in the context of traditional media (e.g., television
and radio), recent studies have also applied it to online media.
Table 1 presents an overview of relevant studies that offer
insights on both drivers and outcomes of such one-sided con-
nections in the online environment. In particular, the research
in Table 1 establishes the importance of parasocial interactions
and relationships with different media personalities. One-sided
connections formed in an online environment positively influ-
ence the perceived source credibility of media personalities
(Reinikainen et al. 2020; Yuan, Kim, and Kim 2016) and the
effectiveness of their endorsements (Chung and Cho 2017;
Gong and Li 2017), leading to more favorable brand attitudes
(Labrecque 2014; Lee and Watkins 2016) and consumption-
related behaviors (Chung and Cho 2017; Hwang and Zhang
2018). However, previous research focuses primarily on rela-
tionships consumers experience with online media personalities
such as traditional celebrities (e.g., actors, musicians), online
influencers (e.g., bloggers, vloggers), or brands (e.g., hotel
chains, consumer goods brands). These parasocial relationships
are one-sided, imaginary relationships with well-known media
personalities, not with other consumers who share their
product experiences online.

In this article, we concentrate on parasocial interactions
because we consider situations in which consumers get to
know reviewers through single encounters (i.e., single online
reviews). That is, we examine the development and outcomes
of personal connections with strangers that are based on specific
instances, as opposed to connections developed over time with
familiar media personalities. Nevertheless, we use extant
research that addresses both parasocial interaction and paraso-
cial relationship as a foundation to derive predictions about
how parasocial interaction may be fostered in C2C video
reviews and how it can impact consumers.

Interactivity and Self-Disclosure in Communications
Prior literature suggests that the development of parasocial
interaction in both traditional and online media settings
depends on three attributes: (1) the personal characteristics of
consumers, such as feelings of loneliness or motivations to
use media (Chiu and Huang 2015; Hwang and Zhang 2018),
(2) the personal characteristics of media personalities, such as

physical attractiveness or likability (Lee and Watkins 2016;
Sokolova and Kefi 2020), and (3) communication styles
adopted by media personalities (Chung and Cho 2017;
Ferchaud et al. 2018), such as the presence or absence of inter-
activity and self-disclosure. In this article, we focus on review-
ers’ use of different communication cues.

“Interactivity” suggests that consumers perceive communi-
cations as two-sided. It can be fostered by using a conversa-
tional style (e.g., using the pronoun “you,” as in “you can
share your suggestions in the comments section”; Beege et al.
2019; Chung and Cho 2017), creating a sense of responsiveness
and active listening (e.g., responding to consumers’ questions;
Beukeboom, Kerkhof, and De Vries 2015; Munnukka et al.
2019), referring to previous communication with social media
followers (Song and Zinkhan 2008), and addressing the audi-
ence directly (e.g., by looking straight at the camera; Beege
et al. 2019; Hartmann and Goldhoorn 2011). Interactivity in
online communications that makes consumers believe they are
having real conversations with social media personalities posi-
tively affects the formation of parasocial interaction
(Labrecque 2014; Song and Zinkhan 2008).

“Self-disclosure” involves revealing personal information,
including providing basic personal information (e.g., real
names, geographical locations Filieri, Raguseo, and Vitari
2019; Forman, Ghose, and Wiesenfeld 2008), revealing inti-
mate personal information (e.g., family details, personal prefer-
ences Chen 2016; Ferchaud et al. 2018), sharing professional
(work-related) information (e.g., current occupation; Kim and
Song 2016; Kim, Zhang, and Zhang 2016), expressing emotions
(e.g., crying, laughing; Chung and Cho 2017), sharing (nega-
tive) experiences (e.g., issues with using new products;
Ferchaud et al. 2018; Reich and Maglio 2020), or demonstrating
products (e.g., unboxing them on camera; Berger and Calabrese
1975). These forms of self-disclosure enable consumers to get
to know social media personalities on a more intimate level,
thereby strengthening parasocial interactions (Chung and Cho
2017; Filieri, Raguseo, and Vitari 2019).

Researchers (see Table 1) have recognized that the presence
(vs. absence) of interactivity (Bond 2016; Munnukka et al.
2019) or self-disclosure (Chen 2016; Ferchaud et al. 2018)
can foster strong (vs. weak) parasocial interactions. Some
studies have considered both interactivity and self-disclosure
in fostering parasocial interactions in brand (Labrecque 2014)
or celebrity (Kim, Zhang, and Zhang 2016) communications.
However, research has not yet established whether and how
C2C reviewers (i.e., complete strangers) can use these tech-
niques to foster strong parasocial interactions.

Source Credibility in C2C Reviews
Whereas consumers strive to obtain high-quality information
when searching for C2C reviews, they are also interested in
receiving product- and service-related insights from sources
they can trust (Liu and Park 2015; Racherla and Friske 2012).
That is, in addition to the content of online reviews, consumers
consider source credibility, which they gauge using the
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characteristics of the reviewers (Banerjee, Bhattacharyya, and
Bose 2017; Xu 2014). Consumers are more likely to support
their decisions with C2C reviews that have higher levels of per-
ceived source credibility (Banerjee, Bhattacharyya, and Bose
2017; Srivastava and Kalro 2019). This positive influence of
source credibility occurs because it helps consumers develop a
better understanding of the degree to which they can rely on infor-
mation shared by reviewers (Cheung and Lee 2012). Accordingly,
source credibility has a strong impact on whether recommenda-
tions provided in C2C reviews influence consumer purchase
behaviors (Jiménez and Mendoza 2013; Zhang et al. 2014).

Generally, evaluations of source credibility build on per-
ceived expertise (i.e., a source’s knowledge and ability to
provide accurate information) and trustworthiness (i.e., a
source’s motivations to provide truthful information)
(Ohanian 1990; Xie et al. 2011). To determine source credibility
in online reviews, consumers may rely on heuristics (e.g.,
review “likes” or helpfulness votes; Chua and Banerjee 2015;
Liu and Park 2015), prior contributions (Wu, Jin, and Xu 2020),
and reviewers’ personal information (e.g., names, locations, per-
sonal preferences; Filieri, Raguseo, and Vitari 2019; Forman,
Ghose, and Wiesenfeld 2008; Xie et al. 2011; Xu 2014).
Availability of reviewers’ personal information helps consumers
decide whether and to what degree they can rely on reviews,
and it may also lead to more personal connections with the review-
ers (Kim and Song 2016; Lee and Watkins 2016).

Hypothesis Development
Impact of Interactivity and Self-Disclosure on Source
Credibility
When media personalities share information through video
content, they can strengthen parasocial interactions with
viewers (Kim, Zhang, and Zhang 2016; Labrecque 2014) by
improving interactivity and self-disclosure in various ways
(Munnukka et al. 2019; Tsai and Men 2017). As previously
stated, interactivity in online communications creates the illu-
sion that consumers are engaged in two-sided (personal) com-
munications with media personalities (Song and Zinkhan
2008). In particular, if media personalities use interactivity in
their communications, they likely indicate interest in receiving
feedback from their audience (Kim, Zhang, and Zhang 2016).
Consumers then believe they can communicate directly with
these media personalities by writing comments and potentially
receiving personal responses (Bond 2016). The willingness of
information providers to engage in further conversation about
products (e.g., by answering product-related questions) should
signal their competence on the topic. Moreover, the presence
of interactivity in communications suggests to consumers that
social media personalities care about their audiences
(Reinikainen et al. 2020) and do not want to damage relation-
ships with these audiences, which might happen if they share
false information (Lee and Watkins 2016; Tsai and Men 2017).

Interpersonal relationship development research (Altman and
Taylor 1973; Perse and Rubin 1989) further suggests that the

development of parasocial interaction is linked to getting to know
media personas on a more intimate level, which, in turn, decreases
feelings of uncertainty toward them. Similarly, we propose that the
presence of interactive cues will also reduce uncertainties experi-
enced by consumers toward media personalities because they indi-
cate commitment to the relationship (Reinikainen et al. 2020).
Considering that interactivity plays an important role in informing
parasocial interaction and that parasocial interaction has a strong pos-
itive impact on source credibility, we hypothesize:

H1: Parasocial interaction in C2C video reviews mediates the
positive relationship between interactivity and source
credibility.

Self-disclosure reflects the availability of personal information
that can help consumers evaluate the overall credibility of
C2C reviews (Chen 2016; Ferchaud et al. 2018). Research indi-
cates that personal information about the authors of C2C textual
reviews is generally scarce and is usually limited to basic per-
sonal information such as names or places of residence
(Srivastava and Kalro 2019; Xu 2014). By contrast, authors of
C2C video reviews generally provide consumers with addi-
tional personal information such as their appearance or voice.
This suggests that basic personal information may not be sufficient
to improve source credibility in C2C video reviews (cf. Banerjee,
Bhattacharyya, and Bose 2017; Xie et al. 2011). Accordingly, in
line with parasocial interaction research (Chung and Cho 2017;
Ferchaud et al. 2018), we suggest that the presence of more
private, rather than basic, information about reviewers—such as
their experiences with products, personal preferences, and habits
in C2C video reviews—increases consumers’ ability to evaluate
the source credibility of these reviews.

Building on the proposition of interpersonal relationship
development research (Altman and Taylor 1973; Perse and
Rubin 1989), we suggest that the availability of additional per-
sonal information enables consumers to better evaluate the
degree to which they can rely on recommendations shared by
media personalities (Ferchaud et al. 2018). Considering that
self-disclosure is one of the key drivers of parasocial interaction
(Gong and Li 2017; Munnukka et al. 2019) and source credibil-
ity improves as consumers get to know media personalities
through their communications (Bhattacharjya et al. 2018; Tsai
and Men 2017), we hypothesize:

H2: Parasocial interaction in C2C video reviews mediates the
positive relationship between self-disclosure and source
credibility.

C2C Video Reviews and Consumer Outcomes
Parasocial interaction positively influences consumer purchase
decisions (Choi and Lee 2019; Lee and Watkins 2016) by
increasing consumers’ trust in sources of information, such as
C2C reviews (Reinikainen et al. 2020; Tsiotsou 2015). In addi-
tion, source credibility positively affects consumer outcomes
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because consumers are more likely to use credible reviews to
support their decisions (Banerjee, Bhattacharyya, and Bose
2017; Liu and Park 2015). Such a positive influence arises
from a better understanding of the degree to which consumers
can rely on information shared by reviewers (Cheung and Lee
2012; Pan and Chiou 2011). Considering that source credibility
largely defines whether consumers follow the recommendations
provided in C2C reviews (Jiménez and Mendoza 2013; Zhang
et al. 2014), we hypothesize:

H3: In C2C video reviews, source credibility mediates the
positive relationship between parasocial interaction and pur-
chase intentions.

Parasocial Interaction and Decision Confidence
When searching for C2C video reviews, consumers are likely to
encounter at least some information about products and services
from, for example, firms’ websites and textual reviews (Ifie
2020; Mudambi and Schuff 2010). Such information tends to
affect consumers’ decision confidence (i.e., the degree to which
they are certain about purchase decisions) (Andrews 2013;
Heitmann, Lehmann, and Herrmann 2007). Depending on the
information they receive from such sources, consumers can be
more or less confident about their decisions; therefore, they view
C2C video reviews with the main goal of confirming their
choices or decreasing the uncertainties that stand in the way of
their purchase decisions (Langan, Besharat, and Varki 2017).
The need for consumers who have low levels of decision confi-
dence to get additional information from reliable sources tends
to be greater than the need of consumers with high levels of deci-
sion confidence (Desender, Boldt, and Yeung 2018). Because con-
sumers with low levels of decision confidence require more
persuasion to make purchase decisions (Keh and Sun 2018), and
because parasocial interaction helps convince consumers to
follow recommendations (Chung and Cho 2017), we hypothesize:

H4: C2C video reviews that foster strong (vs. weak) paraso-
cial interaction increase (vs. decrease) the purchase inten-
tions of consumers who have low (vs. high) levels of
decision confidence.

Research Model and Empirical Studies
We conducted two studies to test our hypotheses (see Figure 1).
In Study 1, we started by collecting and coding typical C2C
video reviews to determine the interactivity and self-disclosure
communication techniques used by reviewers. Then, we devel-
oped experimental conditions that reflect the absence or pres-
ence of interactivity and self-disclosure techniques to examine
their impacts on source credibility, through parasocial interac-
tion, and, consequently, consumers’ purchase intention (H1–
H3). Building on the outcomes of Study 1, we conducted
Study 2, which focused on the role of parasocial interaction in
driving the purchase decisions of consumers with either high
or low levels of decision confidence (H3 and H4).

Study 1: Fostering Parasocial Interaction in C2C Video
Reviews
To determine how parasocial interaction can be fostered in C2C
reviews, we conducted a 2× 2 between-subjects experiment in
which we manipulated interactivity (present vs. absent) and
self-disclosure (present vs. absent). Prior research on parasocial
interactions and relationships offers some insights on interactiv-
ity and self-disclosure techniques, but the findings are mixed
and relate to communications by media personalities rather
than regular consumers. Thus, before developing and filming
our experimental conditions, we aimed to determine how the
authors of C2C video reviews employ interactivity and self-
disclosure in their communications.

Accordingly, we collected and coded typical C2C video
reviews to determine what attributes indicate the absence or
presence of interactivity and self-disclosure in practice. From
these findings, we developed textual scripts for the four

Figure 1. Research model.
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experimental conditions that we pretested. Because the manip-
ulation checks for the absence or presence of interactivity and
self-disclosure were successful, we recorded video reviews
based on the scripts. We employed these recordings as the
manipulations in Study 1 and part of the manipulations in
Study 2.

Coding C2C video reviews. First, we collected typical C2C video
reviews to develop the manipulations for Study 1. To ensure
maximum variation and generalizability, we focused on four
product categories reflecting high- or low-involvement products
(Floyd et al. 2014) that provide hedonic or utilitarian benefits
(Hirschman and Holbrook 1982). To determine what categories
are particularly meaningful to consumers, we visited
Reviewed.com and selected “tech” as hedonic high-
involvement, “beauty” as hedonic low-involvement, “kitchen
and cooking” as utilitarian high-involvement, and “laundry
and cleaning” as utilitarian low-involvement product categories.
Next, we searched Amazon for the most purchased products in
each category, and we found that Razer Blade 15 gaming laptop
(tech), Maybelline SuperStay lipstick (beauty), Keurig K-Mini
Single Serve coffee maker (kitchen and cooking), and Tide
liquid detergent (laundry and cleaning) were the most popular
in their categories. Then, we used an incognito
browser window to search for video reviews for each product
on YouTube, limiting the results to videos published within a
year of search date. The search returned 165 reviews. We did
not adjust the order of the search results because consumers
tend to watch or read reviews that are easily accessible and do
not require much effort (Baek, Ahn, and Choi 2012).

For coding, we included only reviews in English that were
shared by regular consumers (and not by professional organiza-
tions or experts). After excluding reviews that did not fulfill
these criteria, we proceeded to code 106 C2C video reviews.
To develop the coding scheme, we defined four interactivity
and six self-disclosure approaches on the basis of prior paraso-
cial interaction literature. The identified interactivity approaches
pertain to fostering one-sided connection through communica-
tions with celebrities, influencers, and brands (Beege et al.
2019; Munnukka et al. 2019), and these approaches include
having a conversational style in communications, creating an
illusion of responsiveness and listening, referring to previous
communications, and addressing the audience directly. The self-
disclosure approaches that studies of parasocial relationships
with celebrities and influencers (Chung and Cho 2017; Kim,
Zhang, and Zhang 2016) discuss include providing basic per-
sonal information, revealing more personal information,
sharing professional information, expressing emotions,
sharing personal (negative) experiences, and performing
product- or service-related tasks.

We used the defined interactivity and self-disclosure
approaches as the basis for our coding scheme. Table 2 intro-
duces the disparate interactivity and self-disclosure techniques
identified in extant literature and provides illustrative examples
derived from our coding of typical C2C video reviews. With
this coding, we could identify how reviewers foster interactivity

and self-disclosure in video reviews, which guided the develop-
ment of the scripts employed in our experimental studies.

Interactivity and self-disclosure manipulation pretest. For Study 1,
we developed reviews for a backpack, which is a product most
consumers can easily imagine buying. Because participants in
our study were based in the United States, we chose a
Scandinavian brand, Sandqvist, to avoid any preexisting
biases about the brand. According to our coding findings, we
developed scripts for four reviews that each reflect interactivity
(absent or present) and self-disclosure (absent or present). We
then pretested these manipulations in text format before
filming video reviews.

In total, 132 respondents (75% aged 25–44 years, 53% men,
and 85% had at least a bachelor’s degree) participated in this
pretest via Amazon Mechanical Turk (MTurk). First, we
instructed participants to imagine they needed a new backpack
and were considering whether to purchase the Sandqvist Zack
backpack. Next, participants viewed images of the backpack
from Sandqvist.com. We then randomly exposed participants
to one of the four textual review conditions, after which they
completed a brief survey. Appendix A introduces the scenario
and examples of reviews used in the experiment.

For manipulation checks, we used interactivity (e.g., “The
reviewer encourages me to communicate directly with him,”
“The reviewer would listen to what I have to say”) and self-
disclosure (e.g., “The reviewer reveals personal information,”
“The reviewer shows his emotions”) items on seven-point
Likert scales (1= “strongly disagree,” and 7= “strongly
agree”) adapted from Labrecque (2014) and Chung and Cho
(2017). Participants in the interactivity conditions experienced
a stronger sense that they were engaged in a two-sided commu-
nication (Mno interactivity= 3.96, Minteractivity= 5.16; F(1, 131)=
32.25, p < .01, η2= .20), and participants in the self-disclosure
conditions believed the reviewer shared personal information
(Mno self-disclosure= 4.08, Mself-disclosure= 5.17; F(1, 131)=
33.38, p < .01, η2= .20). The pretest showed that the manipula-
tions of interactivity and self-disclosure worked as expected, so
we proceeded with the production of video reviews for each of
the four conditions.

Experimental design and procedure. We selected a young man to
portray the reviewer in the four C2C video reviews for our
experiment. He dressed neutrally and spoke fluent English.
The script in each condition was the same as in the pretest,
with minor adjustments to reflect the review format (e.g.,
“thanks for watching” instead of “thanks for reading”). The
reviews were recorded against a white background without
any identifying objects that could signal additional information
about the reviewer. To keep the conditions as consistent as pos-
sible, we recorded each stand-alone part separately (i.e., no
interactivity, interactivity, no self-disclosure, self-disclosure),
then edited the relevant parts to create the four conditions
(i.e., no interactivity–no self-disclosure, no interactivity–self-
disclosure, interactivity–no self-disclosure, and interactivity–
self-disclosure). The review of the backpack was identical in
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Table 2. Examples of Interactivity and Self-Disclosure Communication Techniques

Approachesa Extant Literature
Illustrative Examples from Coding of

Typical C2C Video Reviews

Interactivity Having a conversational
style in communications

Beege et al. (2019); Dibble, Hartmann, and
Rosaen (2016); Kim, Zhang, and Zhang (2016)

Welcoming viewers back to the channel
Addressing the audience by using the pronoun
“you”

Inviting to engage in discussion in the
comments section

Creating an illusion of
responsiveness and
listening

Beukeboom, Kerkhof, and De Vries (2015); Bond
(2016); Labrecque (2014); Munnukka et al.
(2019);Tsai and Men (2017)

Inviting viewers to give “thumbs up” for the
video, subscribe to the channel, and leave
comments such as:

• Sharing personal experiences with the
reviewed products

• Feedback and questions to the reviewer
• Suggestions for future video (reviews)

Addressing some of the comments in the
following video(s)

Referring to previous
communications

Song and Zinkhan (2008) Making connections with previous videos that
have something in common with the
current video

Answering question(s) raised by viewers in
the comments section of previous videos
Inviting to watch previous reviews

Addressing the audience
directly

Beege et al. (2019); Hartmann and Goldhoorn
(2011)

Sitting in front of and talking directly to the
camera

Using the product during the review and
occasionally looking directly into the camera

Self-disclosure Providing basic personal
information

Filieri, Raguseo, and Vitari (2019); Forman,
Ghose, and Wiesenfeld (2008); Liu and Park
(2015)

Introducing themselves (usually in the
beginning of the review)

Showing face (or whole self) in the video
Sharing basic personal facts, including place of
residence and/or origin, age

Revealing personal
information

Chen 2016; Chung and Cho (2017); Ferchaud
et al. (2018); Kim and Song (2016)

Sharing personal negative and positive
information related to, for example:

• Health issues (skin type, diseases)
• Personal preferences (color, taste)
• Family and life events

Showing parts of reviewer’s day (vlog-style
reviews)

Sharing professional
information

Kim and Song (2016); Kim, Zhang, and Zhang
(2016)

Sharing information about education,
occupation, and professional experiences

Filming reviews at home or the place of work
(not in front of a white screen)

Expressing emotions Chung and Cho (2017) Showing emotions on camera through:
• Facial expressions
• Tone of voice

Choice of words (e.g., “I am super excited!”)
Sharing personal (negative)
experiences

Ferchaud et al. (2018); Reich and Maglio (2020) Sharing personal experiences with the
reviewed products or similar products
(positive and negative)

Performing product- (or
service-) related tasks.

Berger and Calabrese (1975) Unpacking product in front of camera
Using products to perform tasks they are
meant (or not meant) for

Filming usage of the product in real life

aApproaches for interactivity and self-disclosure communication techniques defined in the extant literature were used to develop the coding scheme.
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all four reviews, but the interactivity and self-disclosure footage
differed according to the presence or absence in each
manipulation.1

Participants. We recruited MTurk workers who had at least 95%
approval ratings and were based in the United States. From the
196 MTurk workers who completed the survey, we excluded
participants who spent less than four minutes to finalize the
survey, as well as those who did not pass all the screening ques-
tions (e.g., “Do you typically search for online reviews of prod-
ucts?”) and attention checks (e.g., “What was the review
about?”). To ensure participants watched the videos with the
sound on, we exposed them to animal sounds (i.e., a cat
meowing) prior to the manipulation and excluded any partici-
pants who could not correctly identify the animal sound. As a
result, we proceeded with 156 usable responses (84% aged
25–44 years, 60% men, and 85% had at least a bachelor’s
degree) for our data analysis.

Measures. We adapted the measures for parasocial interaction
from Labrecque (2014) and Rubin and McHugh (1987). For
the interactivity and self-disclosure manipulation checks, we
used the same scales as in the pretest. We employed an eight-
item scale from Ohanian (1990) to measure source credibility,
and we used three items adapted from Lee and Watkins
(2016) to measure consumer purchase intentions. Because the
reviewer was visible in the video reviews we created, we used
physical attractiveness as a control, which was measured with
four items from McCroskey, McCroskey, and Richmond
(2006). All scales are presented in Appendix B.

Manipulation checks. As expected, participants in the interactiv-
ity conditions experienced a stronger feeling of a two-sided
communication (Mno interactivity= 4.75, Minteractivity= 5.76; F(1,
155)= 41.00, p < .01, η2= .22). Participants in the self-
disclosure conditions thought the reviewer shared more per-
sonal information (Mno self-disclosure= 4.56, Mself-disclosure=

5.64; F(1, 155)= 42,73, p < .01, η2= .22). Thus, the manipula-
tions in the video format were successful. We also asked partic-
ipants whether they think the reviewer is a regular consumer (1
= “strongly disagree,” and 7= “strongly agree”), and on
average (M= 5.63, SD= 1.11), the participants believed the
reviewer was a regular consumer.

Partial least squares structural equation modeling results. We esti-
mated the Study 1 part of our model (see Figure 1) in SmartPLS
3 using the partial least squares algorithm with 10,000 boot-
straps (complete bootstrapping with the percentile method to
construct confidence intervals; Hair et al. 2021). From the
manipulations, we created dummy variables for interactivity
(INT; 0= absent, 1= present) and self-disclosure (SD; 0=
absent, 1= present). Parasocial interaction (PSI), source credi-
bility (SC), and purchase intention (PINT) were measured
with scales adapted from extant studies (see Appendix B). We
controlled for the impact of age (0= under age 35, 1= age 35
and over), gender (0= female, 1=male), frequency of search-
ing for video reviews when shopping online (0= half of the
time or less, 1=most of the time or always), and the reviewer’s
physical attractiveness (PA; scale adapted from extant studies;
see Appendix B) on the PINT outcome.

Measurement model. Convergent validity is established because
the outer loadings for each construct are above the threshold of
.70, and the average variance extracted (AVE) is above the
threshold of .50 (see Table 3; Hair et al. 2021). Internal consis-
tency reliability is also established because the reliability coef-
ficient (ρA), composite reliability (ρC), and Cronbach’s Alpha
(α) values for each construct are above the threshold of .70
(Hair et al. 2021). Finally, discriminant validity is established
on the basis of the Fornell–Larcker criterion (Table 3, left trian-
gle) in which the square root of AVE for each construct is higher
than that construct’s highest correlation with any other construct
in the model. Discriminant validity is also established on the
basis of the heterotrait–monotrait (HTMT) criterion because
all HTMT ratios (Table 3, right triangle) are lower than the
.85 threshold, whereas percentile bootstrapped (10,000
samples) HTMT confidence intervals do not include the

Table 3. Study 1: Reliability and Validity Criteria

Correlations and the
Square Root of AVE HTMT Ratios

Latent
Variable AVE

Cronbach’s Alpha
(α)

Reliability
(ρA)

Composite
Reliability (ρC) PSI SC PINT PA PSI SC PINT PA

PSI .66 .83 .83 .88 .81
SC .64 .92 .92 .93 .52 .80 .58
PINT .84 .90 .91 .94 .50 .49 .91 .57 .54
PA .78 .91 .91 .94 .46 .29 .51 .88 .53 .31 .56

Notes:N= 156. Convergent validity: All AVE values are above the .50 threshold. Internal consistency reliability: All α, ρA, and ρC values are above the .60 threshold.
Discriminant validity: Fornell–Larcker criterion: In the left triangle, for each construct, the numbers in bold indicate the square root of AVE, and they are higher than
that construct’s highest correlation with any other construct in the model. HTMT criterion: In the right triangle, the HTMT values for all pairs of constructs are
lower than the threshold value of .85; bootstrapped (10,000 samples) bias-corrected HTMT confidence intervals do not include the threshold value of .85.

1 Video recordings used in the experiments are available on request.
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threshold value of .85 (Hair et al. 2021). Because reliability and
validity criteria have been met, we can proceed to assess the
structural model results.

Structural model. The inner variance inflation factor (VIF)
values for all combinations of constructs are below the threshold
of 3, whereas the outer VIF values of all indicators are under the
threshold of 5. Therefore, collinearity among the predictor con-
structs is not a critical issue in the structural model (Hair et al.
2021). The R2 values of the latent variables are .25 for PSI,
.28 for SC, and .42 for PINT. In Table 4, we present the stan-
dardized path coefficients (i.e., the direct effect of one construct
on another) and total effects (i.e., the sum of direct and indirect
effects of one construct on another). The significance of each
effect is assessed with the bootstrapped confidence intervals;
if 0 is not included in the confidence interval, the path coeffi-
cient is significant at the .05 significance level. To ease interpre-
tation, we also present the p-values. For significant direct effects
we present the f2 effect size with values of .02, .15, and .35,
indicating small, medium, and large effects (Hair et al. 2021).

Hypothesis testing. The path coefficients in Table 4 show signif-
icant, positive direct effects of INT on PSI (.33, p< .01, f2= .15)
and SD on PSI (.40, p< .01, f2= .21).2 PSI, in turn, has a signif-
icant, positive direct effect on SC (.46, p < .01, f2= .22). The
direct effects of INT and SD on SC are positive but not signifi-
cant. Both SC (.31, p < .01, f2= .12) and PSI (.22, p= .04, f2=
.04) have significant, positive direct effects on PINT. In terms of

covariates, we see a significant, positive direct effect of PA on
PINT (.33, p= .01, f2= .13).

In Table 5 we present the specific indirect effects and their
significance. The indirect effects of INT on SC through PSI
(.16, p < .01) and SD on SC through PSI (.18, p < .01) are signif-
icant. The results therefore indicate indirect-only (i.e., full)
mediation (Hair et al. 2021). These results provide support to
H1 and H2. As illustrated in Table 5, the indirect effect of PSI
on PINT through SC (.14, p= .01) is significant, thus indicating
partial mediation. Because all coefficients are positive, the
partial mediation is complementary (Hair et al. 2021). These
results provide support to H3. Finally, we also find evidence
for serial mediation with significant indirect effects INT →
PSI → SC → PINT (.05, p= .01) and SD →PSI →SC
→PINT (.06, p= .01).

Study 2: Decision Confidence and Parasocial Interaction
in C2C Video Reviews
To examine the extent to which parasocial interaction influences
the purchase intentions of consumers experiencing differing
levels of decision confidence, we designed a 2 (decision confi-
dence low vs. high)× 2 (parasocial interaction weak vs. strong)
between-subjects experiment with repeated measurement of
purchase intentions. In addition to testing H4, the data collected
in the experiment enabled us to also address H3.

Decision confidence manipulation pretest. University students
taking part in two courses (49 in one course and 40 in the
other) volunteered to participate in the pretest. Participants
received the same instructions as in Study 1, about wanting to
purchase a new backpack, and viewed images of the same

Table 4. Study 1: Direct Effects (Path Coefficients) and Total Effects

Path
Coefficient

(Direct Effect)
p-

Value
Lower Bound

95% CI
Upper Bound

95% CI
Total
Effect

p-
Value

Lower Bound
95% CI

Upper Bound
95% CI

INT → PSI .33* .00 .21 .45
SD → PSI .40* .00 .27 .52
PSI → SC .46* .00 .32 .61
INT → SC .05 .51 −.09 .18 .20* .01 .05 .34
SD → SC .10 .19 −.05 .26 .29* .00* .14 .44
SC → PINT .31* .00 .13 .49
PSI → PINT .22* .04 .01 .42 .36* .00 .16 .57
INT → PINT −.07 .34 −.20 .07 .07 .37 −.08 .22
SD → PINT −.03 .70 −.16 .10 .15* .04 .01 .30
AGE → PINT .00 1.00 −.13 .12
GENDER →
PINT

.07 .28 −.06 .20

FREQ →
PINT

−.04 .62 −.18 .12

PA → PINT .33* .01 .09 .55

*p < .05.
Notes: N= 156. R2: PSI= .25, SC= .28, PINT= .42. FREQ= frequency of searching for video reviews. CI= confidence interval. CIs obtained through a complete,
percentile bootstrapping procedure with 10,000 samples. An empty cell means that total effect values are the same as direct effect values (i.e., no indirect effects).

2 In a separate model, we tested for an interaction effect of INT and SD on PSI
by adding an interaction term with the two-stage procedure recommended in
SmartPLS (Hair et al. 2021). The coefficient of the interaction term was not sig-
nificant (−.11; f2 = .02; p = .12; [−.24, .03]).
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backpack. However, this time our instructions included one of
two additional pieces of information:

During your search, you find a mix of positive and negative
reviews across different websites. In particular, you learn that
while some people are very satisfied with the backpack, others
are quite disappointed with it. (Low level of decision confidence
condition)

During your search, you find a lot of positive reviews across differ-
ent websites. In particular, you learn that most people are very sat-
isfied with the backpack. (High level of decision confidence
condition)

For the manipulation check, we used a seven-point Likert
decision confidence scale (e.g., “I am confident that this back-
pack is the best choice for me,” “I am sure that I should
choose this backpack”) adapted from Langan, Besharat, and

Figure 2. Changes in consumer purchase intentions (Study 2).
**p < .01.
Notes: δ purchase intentions= difference in purchase intentions (after watching − prior to watching a C2C video review).

Table 5. Study 1: Indirect Effects

Path Indirect Effect p-Value Lower Bound 95% CI Upper Bound 95% CI

INT → PSI → SC .16* .00 .09 .23
SD → PSI → SC .18* .00 .11 .27
INT → PSI → PINT .07 .05 .01 .15
SD → PSI → PINT .09 .05 .01 .18
INT → SC → PINT .01 .54 −.03 .07
SD → SC → PINT .03 .19 −.02 .08
PSI → SC → PINT .14* .01 .06 .26
INT → PSI → SC → PINT .05* .01 .02 .09
SD → PSI → SC → PINT .06* .01 .02 .11

*p < .05.
Notes: N= 156. CI= confidence interval; CIs obtained through a complete, percentile bootstrapping procedure with 10,000 samples.
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Varki (2017) (1= “strongly disagree,” and 7= “strongly
agree”). The manipulation check for decision confidence (DC)
was successful for participants in the first course (Mlow DC=
3.28, Mhigh DC= 5.49; F(1, 48)= 99.51, p < .01, η2= .69) and
second course (Mlow DC= 3.80, Mhigh DC= 5.25; F(1, 39)=
22.15, p < .01, η2= .37). Similar to Study 1, we asked partici-
pants whether they think the reviewer is a regular consumer
(1= “strongly disagree,” and 7= “strongly agree”), and, again,
on average (M= 5.47; SD= 1.11), the participants believed
the reviewer was a regular consumer.

Experimental design and procedure. We randomly assigned par-
ticipants to one of the four conditions in our 2 (decision confi-
dence low vs. high)× 2 (parasocial interaction weak vs. strong)
experimental design. Like the pretest, participants were exposed
to low or high decision confidence situations, after which we
measured their backpack purchase intentions. Next, they each
viewed a video review that fostered either weak or strong para-
social interaction, then provided answers to a brief survey that
included purchase intention questions for the second time. We
employed the video review without interactivity and without
self-disclosure from Study 1 to operationalize the weak paraso-
cial interaction condition and the video review with interactivity
and with self-disclosure from Study 1 to operationalize the
strong parasocial interaction condition. We operationalized par-
asocial interaction as weak versus strong (rather than present vs.
absent) because Study 1 revealed that even when interactivity
and self-disclosure are absent, consumers still experience some-
what neutral interaction with reviewers (M= 4.55), which is
likely a result of the dynamic and vivid nature of the video
review format.

Participants. We recruited MTurk workers who had at least 95%
approval ratings and were based in the United States. From the
219 completed surveys, we excluded 13 responses, following
the same procedure as in Study 1. Next, we analyzed the
responses of 206 participants (76% aged 25–44 years, 52%
men, and 81% had at least a bachelor’s degree).

Measures. We used the same measures as in Study 1 for source
credibility and consumer purchase intentions. We measured pur-
chase intentions twice: First, after participants were introduced to
the scenario with either low or high decision confidence levels,
then after participants watched the video review with either
weak or strong parasocial interaction. Thus, we could determine
the change in consumer outcomes caused by parasocial interac-
tion fostered in video reviews. For manipulation checks, we used
the scales for parasocial interaction (Labrecque 2014; Rubin and
McHugh 1987) and decision confidence (Langan, Besharat, and
Varki 2017). Last, we used the physical attractiveness measures
from Study 1 as controls (see Appendix B).

Manipulation checks. Participants in the strong parasocial inter-
action (PSI) condition experienced a higher level of parasocial
interaction: (Mweak PSI= 4.63, Mstrong PSI= 5.59; F(1, 205)=
37.57, p< .01, η2= .16). Furthermore, participants in the high

DC condition were more certain about making their decisions
prior to exposure to the video reviews (Mlow DC= 4.03, Mhigh

DC= 5.71; F(1, 205)= 99.19, p < .01, η2= .33). Thus, the
manipulations were successful.

Repeated measures results. For the analysis, we created dummy
variables for PSI (0=weak, 1= strong) and DC (0= low, 1=
high). Because we measured purchase intention (PINT) before
and after the PSI treatment, we were able to perform repeated
measures analysis to test H4. The results show a significant
increase in PINT in the low DC condition after exposure to
C2C video reviews with strong PSI (Mpre= 4.33, Mpost=
5.62; F(1, 53)= 62.12, p< .01, η2= .54). But we find only a
slight, nonsignificant increase after C2C reviews with weak
PSI (Mpre= 4.25, Mpost= 4.43; F(1, 56)= 1.89, p= .18, η2=
.03). Furthermore, the PINT of consumers with high levels of
DC significantly decreased after exposure to C2C video
reviews that fostered weak PSI (Mpre= 5.72, Mpost= 5.20;
F(1, 45)= 1,955.07, p < .03, η2= .98) and only slightly, but
nonsignificantly, increased after exposure to reviews that fos-
tered strong PSI (Mpre= 5.95, Mpost= 6.06; F(1, 48)= 1.28, p
= .26, η2= .03). Figure 2 depicts the changes in consumer
PINT in each condition. These outcomes confirm H4.

Partial least squares structural equation modeling results. To
compare our H3 findings, we estimated the Study 2 part of
our model (see Figure 1) in SmartPLS 3 using the same settings
and procedure as in Study 1. PSI and DC were computed as
dummy variables based on the manipulations as previously
described. Source credibility (SC) and PINT were measured
with the same scales as in Study 1. For this analysis we
employed PINT after exposure to the C2C videos as the
outcome variable (see Appendix B). We had to remove one
SC indicator because of poor outer loadings. We included the
same covariates as in Study 1: the dummy variables for age,
gender, frequency of looking for reviews prior to purchase,
and reviewer’s physical attractiveness (PA).

In terms of the measurement model, the reliability and valid-
ity criteria are met (see Table 6). In the structural model, the
inner VIF values for all combinations of constructs are below
the threshold of 3. However, the outer VIF value of one of
the PA indicators was above the threshold of 5, so that indicator
was removed. The R2 values of the latent variables are .20 for
SC and .38 for PINT. In Table 7, we present the standardized
path coefficients and total effects.

The path coefficients in Table 7 show significant, positive
direct effects of PSI on SC (.45, p< .01, f2= .26). SC, in turn,
has a significant, positive direct effect on PINT (.21, p= .01,
f2= .05). PSI has a significant, positive direct effect on PINT
(.28, p < .01, f2= .10), whereas DC has a significant, positive
direct effect on PINT (.22, p < .01, f2= .08). In terms of the
covariates, we see a significant, positive direct effect of PA on
PINT (.30, p < .01, f2= .13). The only indirect effect in the
model PSI→ SC→ PINT (.10, p= .01, [.02, .17]) is significant.
Thus, we find evidence for complementary partial mediation
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(Hair et al. 2021) of PSI on PINT through SC and replicate the
H3 results of Study 1.

Discussion and Conclusions
In this article, we examine the role of C2C video reviews in influ-
encing consumer purchase decisions. According to a review of
prior literature and our coding of C2C video reviews, we identify
interactivity and self-disclosure as key communication tech-
niques reviewers use to foster parasocial interactions with con-
sumers. Both interactivity and self-disclosure exert strong
influences on source credibility, with parasocial interaction as a
mediator, such that consumers appear more likely to trust review-
ers they establish personal connections with. Furthermore, Study
1 and Study 2 consistently show that source credibility mediates
the positive relationship between parasocial interaction and con-
sumer purchase intentions. That is, when consumers establish
strong parasocial interactions with reviewers, they are more
likely to rely on the information those reviewers share, which
subsequently reflects on their purchase behaviors.

The outcomes of Study 2 further emphasize the importance
of parasocial interaction in influencing consumer outcomes.

Consumers are likely to be convinced by reviews that involve
strong parasocial interaction, especially when consumers have
low levels of decision confidence. By contrast, reviews that
involve weak parasocial interaction may decrease consumers’
willingness to make purchases when they are confident about
their decisions. From these results, we suggest that this decrease
in purchase intentions occurs because of the significantly
lowered perceptions of source credibility.

Theoretical Implications
Despite the increasing prevalence and importance of video
reviews in facilitating consumer purchase decisions, previous
research (Ifie 2020; Ordabayeva, Cavanaugh, and Dahl 2022)
has primarily focused on C2C textual reviews. To address the
lack of understanding about the role of C2C video reviews in
influencing consumer purchase behaviors, we turn to parasocial
interaction theory (Horton and Wohl 1956), which has previ-
ously not been applied in the context of C2C reviews. By
doing so, we demonstrate that beyond developing relationships
with media personalities over time (Chung and Cho 2017; Yuan
et al. 2021), consumers can establish parasocial interaction

Table 7. Study 2: Direct Effects (Path Coefficients) and Total Effects

Path
Coefficient

(Direct Effect)
p-

Value

Lower
Bound 95%

CI

Upper
Bound 95%

CI
Total
Effect

p-
Value

Lower
Bound 95%

CI

Upper
Bound 95%

CI

PSI → SC .45* .00 .34 .56
PSI → PINT .28* .00 .16 .40 .38* .00 .28 .47
SC → PINT .21* .03 .05 .37
DC → PINT .22* .00 .11 .32
AGE → PINT −.03 .53 −.14 .07
GENDER→ PINT −.05 .36 −.16 .06
FREQ → PINT −.04 .51 −.14 .07
PA → PINT .30* .00 .16 .44

*p < .05
Notes: N= 206. R2: SC= .20 PINT= .38. FREQ= frequency of searching for video reviews. CI= confidence interval; CIs obtained through a complete, percentile
bootstrapping procedure with 10,000 samples. An empty cell means that total effect values are the same as direct effect values (i.e., no indirect effects).

Table 6. Study 2: Reliability and Validity Criteria

Correlations
and the Square
Root of AVE HTMT Ratios

Latent Variable AVE
Cronbach’s Alpha

(α)
Reliability

(ρA)
Composite Reliability

(ρC) SC PINT PA SC PINT PA

SC .75 .94 .95 .95 .87
PINT after exposure
to C2C video

.89 .94 .94 .96 .45 .94 .48

PA .89 .94 .94 .96 .29 .39 .95 .31 .41

Notes: N= 206. Convergent validity: All AVE values are above the .50 threshold. Internal consistency reliability: All α, ρA and ρC values are above the .60 threshold.
Discriminant validity: Fornell–Larcker criterion: In the left triangle, for each construct, the numbers in bold indicate the square root of AVE, and they are higher than
that construct’s highest correlation with any other construct in the model. HTMT criterion: In the right triangle, the HTMT values for all pairs of constructs are
lower than the threshold value of .85; bootstrapped (10,000 samples) bias-corrected HTMT confidence intervals do not include the threshold value of .85.
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during a single exposure to content shared by strangers. As a
result, we offer three main theoretical contributions to interac-
tive marketing research.

First, we contribute to the research on eWOM (Jiménez and
Mendoza 2013; Pan and Chiou 2011) by examining how inter-
activity and self-disclosure influence source credibility in C2C
video reviews. This research shows that an illusion of two-sided
communication (Beege et al. 2019; Labrecque 2014) and avail-
ability of reviewers’ personal information (Chung and Cho
2017; Kim and Song 2016) in C2C video reviews strongly influ-
ence the degree to which consumers feel comfortable relying on
information shared in these reviews because of strengthened
parasocial interaction (Munnukka et al. 2019; Tsai and Men
2017). Furthermore, we suggest that forms of self-disclosure
other than sharing of basic information (see Table 2) are
likely to play a more central role in influencing the source cred-
ibility of C2C video reviews (cf. Baek, Ahn, and Choi 2012;
Banerjee, Bhattacharyya, and Bose 2017) because C2C video
reviews generally enable consumers to gain at least some
basic information about reviewers (e.g., their appearance and
voice). That is, source credibility is more likely to be informed
by additional self-disclosure that is relevant to the subject of
individual reviews. These findings provide novel insights into
what can make C2C reviews more credible and, therefore,
convincing.

Second, we expand the current understanding of how paraso-
cial interactions with strangers (not celebrities and influencers;
Chung and Cho 2017; De Jans, Cauberghe, and Hudders
2018) influence consumer behaviors in online environments
(Camilleri 2017, 2020). In particular, we suggest that parasocial
interaction (Hartmann and Goldhoorn 2011; Dibble, Hartmann,
and Rosaen 2016) and source credibility (Filieri, Raguseo, and
Vitari 2019; Racherla and Friske 2012) function together as
mechanisms through which interactivity (Tsai and Men 2017)
and self-disclosure (Ferchaud et al. 2018) influence consumers’
purchase intentions. That is, unlike other researchers (see
Table 1), we focus on the development of parasocial interaction
through a single encounter, which is highly common in the
context of C2C video reviews. By doing so, we suggest that
reviewers can foster parasocial interaction through interactivity
and self-disclosure of their communications, which leads to
improved source credibility and, consequently, greater purchase
intentions.

Third, we contribute to the literature on consumer online
decision making (Desender, Boldt, and Yeung 2018; Keh and
Sun 2018) by evaluating the impacts of parasocial interaction
on consumer outcomes in light of consumer decision confidence
(Camilleri 2020; Ifie 2020). If consumers experience low levels
of decision confidence, viewing C2C video reviews that foster
strong parasocial interactions can lead to positive changes in
their purchase intentions (Desender, Boldt, and Yeung 2018;
Langan, Besharat, and Varki 2017). That is, we suggest that par-
asocial interaction from C2C video reviews explains consum-
ers’ reasoning for following the advice received from
complete strangers, particularly when consumers have reserva-
tions about their purchase decisions (Andrews 2013; Hong and

Pavlou 2014). Surprisingly, although C2C video reviews with
weak parasocial interaction have limited impact on the purchase
intentions of consumers with low levels of decision confidence,
they can decrease the purchase intentions of consumers with
high levels of decision confidence. These findings point to the
importance of parasocial interactions in C2C video reviews
for guiding the decisions of various consumer groups.

Managerial Implications
Because video reviews have become increasingly popular,
firms cannot ignore their effects on consumer purchasing
behaviors. We offer some suggestions for how firms can
use video reviews strategically to encourage consumer pur-
chasing by leveraging parasocial interaction in situations in
which firms have an opportunity to affect product-related
messages and achieve better overall management of con-
sumer purchase experiences (Grewal and Roggeveen 2020).
In particular, firms should allow consumers to provide
video reviews on their websites. Surprisingly, there are
only a few retailers (e.g., Amazon, Nike) that permit consum-
ers to attach videos to their reviews. By enabling this practice,
firms can provide other consumers with easy access to addi-
tional information sources and help increase their purchase
decision confidence (Keh and Sun 2018; Langan, Besharat,
and Varki 2017).

Because recording video reviews requires more consumer
effort than writing textual reviews, text remains a common
format for C2C reviews. To motivate consumers to create
video reviews, firms could remind them of opportunities to
share product reviews in various formats when they return to
retailers’ websites after purchasing. Firms could also consider
sharing (e.g., reposting) selected C2C video reviews on their
social media pages (and/or other owned media) to express
appreciation for reviewers and motivate other consumers to
make such reviews. For example, Fenty Beauty, a cosmetics
company, actively reposts C2C reviews shared by consumers
on its official Instagram page (@fentybeauty), especially
when introducing new products. This practice of sharing C2C
reviews also promotes positive eWOM and provides easy
access to information for consumers seeking additional
support for their purchase decisions.

Further, our findings may apply to firm-related communi-
cations other than eWOM that function like C2C reviews,
such as employee advocacy or collaborations with third
parties (e.g., influencers, professional review organizations).
We provide guidelines for how to foster parasocial interac-
tion and improve the credibility of messages on social
media through interactivity and self-disclosure communica-
tion techniques (for practical examples, see Table 2). In
turn, firms should share such information when providing
briefings on how to communicate product-/service-related
information. For example, they could suggest that media per-
sonalities include examples of personal experiences with
products or ask audiences to share product-related opinions
and experiences.
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Finally, we propose that our findings can also benefit
reviewers, particularly when they are looking to increase
their followers/views on social media. C2C reviews provide
information that consumers are willing to receive from
media personalities with whom they have no existing rela-
tionship. Thus, reviewers can leverage C2C video reviews
to establish strong parasocial interaction with new viewers
(e.g., by using different interactivity and-self-disclosure com-
munication cues), sparking further interest in other content
they create.

Limitations and Further Research
Several limitations of our study point to opportunities for
further research. Although we find that C2C video reviews
can support consumer decision making, our subject was a
backpack, a product consumers tend to be familiar with and
can imagine purchasing. Nevertheless, while coding C2C
video reviews, we noticed that products in high-involvement

categories (e.g., gaming laptops) attracted considerably more
reviews. Thus, continued research could examine diverse
types of products (e.g., hedonic vs. utilitarian, high-
involvement vs. low-involvement). Moreover, we focused
on C2C reviews about products rather than services.
Experiential services (e.g., airline travel, hotel stays) are
becoming popular subjects of online reviews, so related
video formats might be differentiators. Accordingly,
researchers should also investigate whether C2C video
reviews exert different influences on consumer purchase
decisions in different service contexts. Finally, we aimed to
clarify how parasocial interaction in C2C reviews affects
consumers after they have been exposed to reviews by strang-
ers. However, consumers may watch several video reviews
before making their purchase decisions and each may
feature negative or positive opinions. Additional research
should examine how consumers experience parasocial inter-
action with multiple reviewers and determine any effects of
the valence of individual reviews.

Appendix A: Experiment Scenario and Examples of Reviews in Pretest (Study 1).

Description of Experiment Scenario

Imagine the following situation:
Your old backpack unfortunately has to be retired, so you are searching for a new backpack to replace it. You need a backpack for day-to-day
use, and for occasional weekend getaways. After looking at different options online, you decide that the Sandqvist Zack backpack might be the
one for you. Good news, the backpack is available in a color you like, and it also seem to fit your budget!
However, before making your final decision you would like to see some online reviews from other consumers.

No Interactivity and No Self-Disclosure Review Interactivity and Self-Disclosure Reviewa

I find the Sandqvist Zack to be a very functional messenger-style
backpack. It is made out of durable recycled polyester and can hold a
volume of 26 L, which makes it big enough for a weekend trip but
small enough to take on board carry-on luggage on most airlines.
Sandqvist Zack backpack has three quick access pockets. Two large
pockets are here on the back, which is a nice security feature. There is
also a small quick access pocket here on the side. Unfortunately,
there is no front pocket, and one of the side pockets doesn’t really
hold a water bottle properly.
The backpack has a laptop compartment that fits a 15-inch device.
The main compartment is spacious and fits pretty much anything you
can imagine bringing on a weekend getaway. Inside, there are
additional pockets for extra organization. The backpack also has
compression straps, which come in handy when you pack a lot of
stuff.

Hey, my name is Charlie and this time I am reviewing the Sandqvist Zack
backpack. I have had the Sandqvist Zack for around six months now
and I took it with me on two weekend getaways to D.C. and to
New York. So, I thought now is a good time to finally share my review with
all of you, especially since I have promised I would do it a long time ago!
I find the Sandqvist Zack to be a very functional messenger-style
backpack. Overall, I think it looks great! It is made out of durable
recycled polyester, which I find very important, as I have been trying
to buy more sustainable products lately. It can hold a volume of 26 L,
which makes it big enough for a weekend trip but small enough to take
on board carry-on luggage on most airlines.
Sandqvist Zack backpack has three quick access pockets. Two large
pockets are here on the back, which is a nice security feature. This is
where I keep my wallet and passport. There is a small quick access
pocket here on the side; and I like to keep my coins there.
Unfortunately, there is no front pocket, and one of the side pockets
doesn’t really hold a water bottle properly.
The backpack has a laptop compartment that fits a 15-inch device. The
main compartment is spacious and fits pretty much anything you can
imagine bringing on a weekend getaway. Inside, there are additional
pockets for extra organization. The backpack also has compression
straps, which come in handy when you pack a lot of stuff, like I do.
So, thank you for reading this review! I hope you found it useful! Please, let
me know if you want to know something else about this backpack in the
comment section.

aThe italicized text indicates the use of interactivity techniques and underlined text indicates the use of self-disclosure techniques.
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Appendix B: Latent Variables, Indicators, and Their Sources.

Latent
Variables Sources Indicators

Study 1 Study 2

Outer
Loadings

Indicator
Reliability

Outer
Loadings

Indicator
Reliability

PSI Adapted from
Labrecque (2014);
Rubin and McHugh
(1987)

To what degree do you agree
with the following statements
(1= “strongly disagree,” and
7= “strongly agree”):

PSI1 Reviewer makes me feel
comfortable, as if I am with a friend.

.82 .67 N.A. N.A.

PSI2 I can relate to reviewer. .79 .62 N.A. N.A.
PSI3 I care about what happens to

reviewer.
.82 .66 N.A. N.A.

PSI4 I would like to meet reviewer in
person.

.82 .67 N.A. N.A.

SC Adapted from
Ohanian (1990)

In your opinion, the reviewer is:
SC1 1 = “untrustworthy,” and 7 =

“trustworthy”
.78 .60 .89 .80

SC2 1 = “dishonest,” and 7 = “honest” .76 .58 .87 .76
SC3 1 = “unreliable,” and 7 = “reliable” .82 .67 .89 .79
SC4 1 = “not credible,” and 7 =

“credible”
.77 .60 .89 .78

SC5 1 = “not expert in the topic,” and 7
= “expert in the topic”

.79 .62 .80 .64

SC6 1 = “not experienced in the topic,”
and 7 = “experienced in the topic”

.83 .68 .85 .72

SC7 1 = “not knowledgeable about the
topic,”and 7 = “knowledgeable
about the topic”

.86 .73 .33a .11a

SC8 1 = “not qualified to make the
review,” and 7 = “qualified to make
the review”

.80 .64 .87 .75

PINT Adapted from Lee
and Watkins
(2016)

To what degree do you agree with
the following statements:

PINT1 My willingness to buy the reviewed
product would be high if I were
shopping for a backpack.

.92 .85 .95 .90

PINT2 If I were to buy a backpack, I would
consider buying the reviewed
product.

.90 .80 .94 .87

PINT3 If I were shopping for a backpack, the
likelihood I would purchase the
reviewed product is high.

.92 .85 .94 .89

PA Adapted from
McCroskey,
McCroskey, and
Richmond (2006)

Thinking about the reviewer, to what
degree do you agree with the
following statements:

PA1 I find the reviewer attractive
physically.

.87 .76 .94 .88

PA2 I think the reviewer is good-looking. .89 .80 .93 .87
PA3 I think the reviewer is quite

handsome.
.90 .81 .95 .90

PA4 The reviewer has an attractive face. .87 .76 .95 .90

Notes: Study 1: N= 156. Study 2: N= 206. PSI = parasocial interaction; SC = source credibility; PINT = purchase intentions; PS = physical attractiveness; N.A.= not
applicable. All outer loadings are above the .71 threshold except for SC7, which was removed from Study 2 (see a). All indicators are reliable as the squared outer
loadings are above the .50 threshold except for SC7, which was removed from Study 2 (see a).

578 Journal of Interactive Marketing 57(4)



Acknowledgments
The authors would like to thank Hannu Tikkanen for his help with data
collection.

Authors’ Note
In loving memory of Veronica Liljander (1960–2022) who brought our
team together and supported this research.

Editor
Sonja Gensler

Declaration of Conflicting Interests
The author(s) declared no potential conflicts of interest with respect to
the research, authorship, and/or publication of this article.

Funding
The author(s) disclosed receipt of the following financial support for
the research, authorship, and/or publication of this article: This research
was supported by the Vuorineuvos Tekn. ja Kauppat.tri h.c. Marcus
Wallenbergin Liiketaloudellinen Tutkimussäätiö (received by the cor-
responding author).

References

Altman, Irwin and Dalmas A. Taylor (1973), Social Penetration: The
Development of Interpersonal Relationships. New York: Holt,
Rinehart & Winston.

Andrews, Demetra (2013), “The Interplay of Information Diagnosticity
and Need for Cognitive Closure in Determining Choice
Confidence,” Psychology & Marketing, 30 (9), 749–764.

Aw, Eugene Cheng-Xi and Stephanie Hui-Wen Chuah (2021), “‘Stop
the Unattainable Ideal for an Ordinary Me!’ Fostering Parasocial
Relationships with Social Media Influencers: The Role of
Self-Discrepancy,” Journal of Business Research, 132 (August),
146–157.

Baek, Hyunmi, JoongHo Ahn, and Youngseok Choi (2012),
“Helpfulness of Online Consumer Reviews: Readers’ Objectives
and Review Cues,” International Journal of Electronic
Commerce, 17 (2), 99–126.

Banerjee, Shankhadeep, Samadrita Bhattacharyya, and Indranil Bose
(2017), “Whose Online Reviews to Trust? Understanding
Reviewer Trustworthiness and Its Impact on Business,” Decision
Support Systems, 96 (April), 17–26.

Beege, Maik, Steve Nebel, Sascha Schneider, and Günter Daniel Rey
(2019), “Social Entities in Educational Videos: Combining the
Effects of Addressing and Professionalism,” Computers in
Human Behavior, 93 (April), 40–52.

Berger, Charles R. and Richard J. Calabrese (1975), “Some
Explorations in Initial Interaction and Beyond: Toward a
Developmental Theory of Interpersonal Communication,” Human
Communication Research, 1 (2), 99–112.

Beukeboom, Camiel J., Peter Kerkhof, and Metten de Vries (2015), “Does
a Virtual Like Cause Actual Liking? How Following a Brand’s
Facebook Updates Enhances Brand Evaluations and Purchase
Intention,” Journal of Interactive Marketing, 32 (1), 26–36.

Bhattacharjya, Jyotirmoyee, Adrian Bachman Ellison, Vincent Pang,
and Arda Gezdur (2018), “Creation of Unstructured Big Data
from Customer Service: The Case of Parcel Shipping Companies
on Twitter,” International Journal of Logistics Management, 29
(2), 723–38.

Boerman, Sophie C. and Eva A. van Reijmersdal (2020), “Disclosing
Influencer Marketing on YouTube to Children: The Moderating
Role of Para-Social Relationship,” Frontiers in Psychology,
10, 3042.

Bond, Bradley J. (2016), “Following Your ‘Friend’: Social Media and
the Strength of Adolescents’ Parasocial Relationships with Media
Personae,” Cyberpsychology, Behavior, and Social Networking,
19 (11), 656–60.

Camilleri, Adrian R. (2017), “The Presentation Format of Review
Score Information Influences Consumer Preferences Through the
Attribution of Outlier Reviews,” Journal of Interactive
Marketing, 39 (1), 1–14.

Camilleri, Adrian R. (2020), “The Importance of Online Reviews
Depends on When They Are Presented,” Decision Support
Systems, 133 (June), 113307.

Chen, Chih-Ping (2016), “Forming Digital Self and Parasocial
Relationships on YouTube,” Journal of Consumer Culture, 16
(1), 232–54.

Chen, Yubo and Jinhong Xie (2008), “Online Consumer Review:
Word-of-Mouth as a New Element of Marketing Communication
Mix,” Management Science, 54 (3), 477–91.

Cheung, Christy M.K. and Matthew K.O. Lee (2012), “What Drives
Consumers to Spread Electronic Word of Mouth in Online
Consumer-Opinion Platforms,” Decision Support Systems, 53 (1),
218–25.

Chiu, Chao-Min and Hsin-Yi Huang (2015), “Examining the
Antecedents of User Gratification and Its Effects on Individuals’
Social Network Services Usage: The Moderating Role of Habit,”
European Journal of Information Systems, 24 (4), 411–30.

Choi, Woojin and Yuri Lee (2019), “Effects of Fashion Vlogger
Attributes on Product Attitude and Content Sharing,” Fashion
and Textiles, 6, 6.

Chua, Alton Y.K. and Snehasish Banerjee (2015), “Understanding
Review Helpfulness as a Function of Reviewer Reputation,
Review Rating, and Review Depth,” Journal of the Association
for Information Science and Technology, 66 (2), 354–62.

Chung, Siyoung and Hichang Cho (2017), “Fostering Parasocial
Relationships with Celebrities on Social Media: Implications
for Celebrity Endorsement,” Psychology & Marketing, 34 (4),
481–95.

Collins, Alicia and Megan Conley (2019), “The Ultimate Guide to
Video Marketing,” HubSpot (accessed June 6, 2021), https://blog.
hubspot.com/marketing/video-marketing.

Davies, Dave (2021), “Meet the 7 Most Popular Search Engines in the
World,” Search Engine Journal (March 3), https://www.
searchenginejournal.com/seo-guide/meet-search-engines/.

De Jans, Steffi, Veroline Cauberghe, and Liselot Hudders (2018),
“How an Advertising Disclosure Alerts Young Adolescents to
Sponsored Vlogs: The Moderating Role of a Peer-Based
Advertising Literacy Intervention Through an Informational
Vlog,” Journal of Advertising, 47 (4), 309–25.

Penttinen et.al. 579



Desender, Kobe, Annika Boldt, and Nick Yeung (2018), “Subjective
Confidence Predicts Information Seeking in Decision Making,”
Psychological Science, 29 (5), 761–78.

Dibble, Jayson L., Tilo Hartmann, and Sarah F. Rosaen (2016),
“Parasocial Interaction and Parasocial Relationship: Conceptual
Clarification and a Critical Assessment of Measures,” Human
Communication Research, 42 (1), 21–44.

Dimoka, Angelika, Yili Hong, and Paul A. Pavlou (2012), “On Product
Uncertainty in Online Markets: Theory and Evidence,” MIS
Quarterly, 36 (2), 395–426.

Diwanji, Vaibhav S. and Juliann Cortese (2020), “Contrasting User
Generated Videos Versus Brand Generated Videos in
E-Commerce,” Journal of Retailing and Consumer Services, 54
(May), 102024.

Ferchaud, Arienne, Jenna Grzeslo, Stephanie Orme, and
Jared LaGroue (2018), “Parasocial Attributes and YouTube
Personalities: Exploring Content Trends Across the Most
Subscribed YouTube Channels,” Computers in Human
Behavior, 80 (March), 88–96.

Filieri, Raffaele, Elisabetta Raguseo, and Claudio Vitari (2019), “What
Moderates the Influence of Extremely Negative Ratings? The Role
of Review and Reviewer Characteristics,” International Journal of
Hospitality Management, 77 (January), 333–41.

Floyd, Kristopher, Ryan Freling, Saad Alhoqail, Hyun Young Cho,
and Traci Freling (2014), “How Online Product Reviews Affect
Retail Sales: A Meta-Analysis,” Journal of Retailing, 90 (2),
217–32.

Forman, Chris, Anindya Ghose, and Batia Wiesenfeld (2008),
“Examining the Relationship Between Reviews and Sales: The
Role of Reviewer Identity Disclosure in Electronic Markets,”
Information Systems Research, 19 (3), 291–313.

Gong, Wanqi and Xigen Li (2017), “Engaging Fans on Microblog: The
Synthetic Influence of Parasocial Interaction and Source
Characteristics on Celebrity Endorsement,” Psychology &
Marketing, 34 (7), 720–32.

Gottschalk, Sabrina A. and Alexander Mafael (2017), “Cutting
Through the Online Review Jungle—Investigating Selective
eWOM Processing,” Journal of Interactive Marketing, 37 (1),
89–104.

Grewal, Dhruv and Anne L. Roggeveen (2020), “Understanding Retail
Experiences and Customer Journey Management,” Journal of
Retailing, 96 (1), 3–8.

Hair, Joseph F. Jr., G. Tomas M. Hult, Christian M. Ringle, and
Marko Sarstedt (2021), A Primer on Partial Least Squares
Structural Equation Modeling (PLS-SEM), 3rd ed. Thousand
Oaks, CA: SAGE Publications.

Hartmann, Tilo and Charlotte Goldhoorn (2011), “Horton and Wohl
Revisited: Exploring Viewers’ Experience of Parasocial
Interaction,” Journal of Communication, 61 (6), 1104–21.

Hayes, Adam (2021), “The State of Video Marketing in 2021,”
HubSpot (accessed June 6, 2021), https://blog.hubspot.com/
marketing/state-of-video-marketing-new-data.

Heitmann, Mark, Donald R. Lehmann, and Andreas Herrmann
(2007), “Choice Goal Attainment and Decision and
Consumption Satisfaction,” Journal of Marketing Research, 44
(2), 234–50.

Hirschman, Elizabeth C. and Morris B. Holbrook (1982), “Hedonic
Consumption: Emerging Concepts, Methods and Propositions,”
Journal of Marketing, 46 (3), 92–101.

Hong, Yili (Kevin) and Paul A. Pavlou (2014), “Product Fit
Uncertainty in Online Markets: Nature, Effects, and
Antecedents,” Information Systems Research, 25 (2), 328–44.

Horton, Donald and R. Richard Wohl (1956), “Mass Communication
and Para-Social Interaction,” Psychiatry, 19 (3), 215–29.

Hu, Nan, Ling Liu, and Jie Jennifer Zhang (2008), “Do Online Reviews
Affect Product Sales? The Role of Reviewer Characteristics and
Temporal Effects,” Information Technology and Management, 9
(3), 201–14.

Hwang, Kumju and Qi Zhang (2018), “Influence of Parasocial
Relationship Between Digital Celebrities and Their Followers on
Followers’ Purchase and Electronic Word-of-Mouth Intentions,
and Persuasion Knowledge,” Computers in Human Behavior, 87
(October), 155–73.

Ifie, Kemefasu (2020), “Excellent Product … But Too Early to Say:
Consumer Reactions to Tentative Product Reviews,” Journal of
Interactive Marketing, 52 (1), 35–51.

Jiang, Zhenhui and Izak Benbasat (2007), “Research Note—
Investigating the Influence of the Functional Mechanisms of
Online Product Presentations,” Information Systems Research, 18
(4), 454–70.

Jiménez, Fernando R. and Norma A. Mendoza (2013), “Too Popular to
Ignore: The Influence of Online Reviews on Purchase Intentions of
Search and Experience Products,” Journal of Interactive Marketing,
27 (3), 226–35.

Kaemingk, Diana (2020), “Online Reviews Statistics to Know in
2022,” Qualtrics (October 30), https://www.qualtrics.com/blog/
online-review-stats/.

Keh, Hean Tat and Jin Sun (2018), “The Differential Effects of Online
Peer Review and Expert Review on Service Evaluations,” Journal
of Service Research, 21 (4), 474–89.

Kim, Eun-Ho, Dongho Yoo, and Sun-Jae Doh (2021), “Self-Construal
on Brand Fan Pages: The Mediating Effect of Para-Social
Interaction and Consumer Engagement on Brand Loyalty,”
Journal of Brand Management, 28 (3), 254–71.

Kim, Jihyun and Hayeon Song (2016), “Celebrity’s Self-Disclosure on
Twitter and Parasocial Relationships: A Mediating Role of Social
Presence,” Computers in Human Behavior, 62 (September), 570–77.

Kim, Sora, Xiaochen Angela Zhang, and Borui Warren Zhang (2016),
“Self-Mocking Crisis Strategy on Social Media: Focusing on
Alibaba Chairman Jack Ma in China,” Public Relations Review,
42 (5), 903–12.

Kim, Youngsoo and Ramayya Krishnan (2015), “On Product-Level
Uncertainty and Online Purchase Behavior: An Empirical
Analysis,” Management Science, 61 (10), 2449–67.

Kumar, Stephanie (2019), “3 Unexpected Ways Shoppers Turn to
Video in the Store Aisle,” Think with Google (August), https://
www.thinkwithgoogle.com/marketing-strategies/video/in-store-
video-shopping-behavior/.

Labrecque, Lauren I. (2014), “Fostering Consumer–Brand
Relationships in Social Media Environments: The Role of
Parasocial Interaction,” Journal of Interactive Marketing, 28 (2),
134–48.

580 Journal of Interactive Marketing 57(4)



Langan, Ryan, Ali Besharat, and Sajeev Varki (2017), “The Effect of
Review Valence and Variance on Product Evaluations: An
Examination of Intrinsic and Extrinsic Cues,” International
Journal of Research in Marketing, 34 (2), 414–29.

Lanzi, Amy (2021), “3 Ways YouTube Is Redefining the Shopping
Experience,” Think with Google (October), https://www.
thinkwithgoogle.com/intl/en-gb/consumer-insights/consumer-
journey/youtube-shopping-platform.

Lee, Jung Eun and Brandi Watkins (2016), “YouTube Vloggers’
Influence on Consumer Luxury Brand Perceptions and
Intentions,” Journal of Business Research, 69 (12), 5753–60.

Lee, Seonjeon Ally and Minwoo Lee (2017), “Effects of Relationship
Types on Customers’ Parasocial Interactions: Promoting
Relationship Marketing in Social Media,” Journal of Hospitality
and Tourism Technology, 8 (1), 133–47.

Liu, Zhiwei and Sangwon Park (2015), “What Makes a Useful Online
Review? Implication for Travel Product Websites,” Tourism
Management, 47 (April), 140–51.

Maslowska, Ewa, Edward C. Malthouse, and Vijay Viswanathan
(2017), “Do Customer Reviews Drive Purchase Decisions? The
Moderating Roles of Review Exposure and Price,” Decision
Support Systems, 98 (June), 1–9.

McCroskey, Linda L., James C. McCroskey, and Virginia P. Richmond
(2006), “Analysis and Improvement of the Measurement of
Interpersonal Attraction and Homophily,” Communication
Quarterly, 54 (1), 1–31.

Men, Linjuan Rita and Wan-Hsiu Sunny Tsai (2013), “Beyond Liking
or Following: Understanding Public Engagement on Social
Networking Sites in China,” Public Relations Review, 39 (1),
13–22.

Mudambi, Susan M. and David Schuff (2010), “Research Note: What
Makes a Helpful Online Review? A Study of Customer Reviews on
Amazon.com,” MIS Quarterly, 34 (1), 185–200.

Munnukka, Juha, Devdeep Maity, Hanna Reinikainen, and
Vilma Luoma-aho (2019), “‘Thanks for Watching.’ The
Effectiveness of YouTube Vlogendorsements,” Computers in
Human Behavior, 93 (April), 226–34.

Ohanian, Roobina (1990), “Construction and Validation of a Scale to
Measure Celebrity Endorsers’ Perceived Expertise, Trustworthiness,
and Attractiveness,” Journal of Advertising, 19 (3), 39–52.

Ordabayeva, Nailya, Lisa A. Cavanaugh, and Darren W. Dahl
(2022), “The Upside of Negative: Social Distance in Online
Reviews of Identity-Relevant Brands,” Journal of Marketing
(published online March 21), https://doi.org/10.1177/
00222429221074704.

Pan, Lee-Yun and Jyh-Shen Chiou (2011), “HowMuch Can You Trust
Online Information? Cues for Perceived Trustworthiness of
Consumer-Generated Online Information,” Journal of Interactive
Marketing, 25 (2), 67–74.

Pavlou, Paul A., Huigang Liang, and Yajiong Xue (2007),
“Understanding and Mitigating Uncertainty in Online
Environments: A Principal-Agent Perspective,” MIS Quarterly,
31 (1), 105–36.

Perse, Elizabeth M. and Rebecca B. Rubin (1989), “Attribution in
Social and Parasocial Relationships,” Communication Research,
16 (1), 59–77.

Pitman, Jamie (2022), “Local Consumer Review Survey 2022,”
Brightlocal (January 26), https://www.brightlocal.com/research/
local-consumer-review-survey/.

Racherla, Pradeep and Wesley Friske (2012), “Perceived ‘Usefulness’
of Online Consumer Reviews: An Exploratory Investigation Across
Three Services Categories,” Electronic Commerce Research and
Applications, 11 (6), 548–59.

Reich, Taly and Sam J. Maglio (2020), “Featuring Mistakes: The
Persuasive Impact of Purchase Mistakes in Online Reviews,”
Journal of Marketing, 84 (1), 52–65.

Reinikainen, Hanna, Juha Munnukka, Devdeep Maity, and
Vilma Luoma-aho (2020), “‘You Really Are a Great Big
Sister’—Parasocial Relationships, Credibility, and the Moderating
Role of Audience Comments in Influencer Marketing,” Journal of
Marketing Management, 36 (3/4), 279–98.

Robertson, Thomas S., Ryan Hamilton, and Sandy D. Jap (2020),
“Many (Un)Happy Returns? The Changing Nature of Retail
Product Returns and Future Research Directions,” Journal of
Retailing, 96 (2), 172–77.

Rubin, Rebecca B. and Michael P. McHugh (1987), “Development of
Parasocial Interaction Relationships,” Journal of Broadcasting &
Electronic Media, 31 (3), 279–92.

Sakib, M.D. Nazmus, Mohammadali Zolfagharian, and
Atefeh Yazdanparast (2020), “Does Parasocial Interaction with
Weight Loss Vloggers Affect Compliance? The Role of Vlogger
Characteristics, Consumer Readiness, and Health Consciousness,”
Journal of Retailing and Consumer Services, 52 (January), 101733.

Siering, Michael, Jan Muntermann, and Balaji Rajagopalan (2018),
“Explaining and Predicting Online Review Helpfulness: The Role
of Content and Reviewer-Related Signals,” Decision Support
Systems, 108 (April), 1–12.

Sokolova, Karina and Hajer Kefi (2020), “Instagram and YouTube
Bloggers Promote It, Why Should I Buy? How Credibility and
Parasocial Interaction Influence Purchase Intentions,” Journal of
Retailing and Consumer Services, 53 (March), 101742.

Song, Ji Hee andGeorgeM. Zinkhan (2008), “Determinants of Perceived
Web Site Interactivity,” Journal of Marketing, 72 (2), 99–113.

Srivastava, Vartika and Arti D. Kalro (2019), “Enhancing the
Helpfulness of Online Consumer Reviews: The Role of Latent
(Content) Factors,” Journal of Interactive Marketing, 48 (1), 33–50.

Tsai, Wan-Hsiu Sunny and Linjuan RitaMen (2017), “Social CEOs: The
Effects of CEOs’Communication Styles and Parasocial Interaction on
Social Networking Sites,”NewMedia and Society, 19 (11), 1848–67.

Tsiotsou, Rodoula H. (2015), “The Role of Social and Parasocial
Relationships on Social Networking Sites Loyalty,” Computers in
Human Behavior, 48 (July), 401–14.

Verma, Sanjeev and Neha Yadav (2021), “Past, Present, and Future of
Electronic Word of Mouth (eWOM),” Journal of Interactive
Marketing, 53 (1), 111–28.

Wang, Xia, Chungling Yu, and Yujie Wei (2012), “Social Media Peer
Communication and Impacts on Purchase Intentions: A Consumer
Socialization Framework,” Journal of Interactive Marketing, 26
(4), 198–208.

Wise, Jason (2022), “The 14 Most Popular Types of YouTube
Videos in 2022,” Earthweb (July 19), https://earthweb.com/
most-popular-types-of-youtube-videos/.

Penttinen et.al. 581



Wu, Xiaoyue, Liyin Jin, and Qian Xu (2020), “Expertise Makes
Perfect: How the Variance of a Reviewer’s Historical Ratings
Influences the Persuasiveness of Online Reviews,” Journal of
Retailing, 97 (2), 238–50.

Xie, Hui (Jimmy), Li Miao, Pei-Jou Kuo, and Bo-Youn Lee (2011),
“Consumers’ Responses to Ambivalent Online Hotel Reviews:
The Role of Perceived Source Credibility and Pre-Decisional
Disposition,” International Journal of Hospitality Management,
30 (1), 178–83.

Xu, Pei, Liang Chen, and Radhika Santhanam (2015), “Will Video
Be the Next Generation of E-Commerce Product Reviews?
Presentation Format and the Role of Product Type,” Decision
Support Systems, 73 (May), 85–96.

Xu, Qian (2014), “Should I Trust Him? The Effects of Reviewer Profile
Characteristics on eWOM Credibility,” Computers in Human
Behavior, 33 (April), 136–44.

Yuan, Chun Lin, Juran Kim, and Sang Jin Kim (2016), “Parasocial
Relationship Effects on Customer Equity in the Social Media
Context,” Journal of Business Research, 69 (9), 3795–3803.

Yuan, Chun Lin, Hakil Moon, Kyung Hoon Kim, and Shuman Wang
(2021), “The Influence of Parasocial Relationship in Fashion Web on
Customer Equity,” Journal of Business Research, 130 (June), 610–17.

Zhang, Kern Z.K., Sesia J. Zhao, Christy M.K. Cheung, and Matthew
K.O. Lee (2014), “Examining the Influence of Online Reviews on
Consumers’ Decision-Making: A Heuristic–Systematic Model,”
Decision Support Systems, 67 (November), 78–89.

582 Journal of Interactive Marketing 57(4)



117

APPENDIX 3 ESSAY 3

Hi, I’m Taking Over This Account! Leveraging Social Media 
Takeovers in Fostering Consumer-Brand Relationships  

 
(under revision at Journal of Business Research).

Penttinen, V. (2022)

Essay available upon request from the author.





The rapidly increasing availability of online data 
and information has led to shifts in information 
asymmetry experienced by firms and consumers, 
who now can make more informed decisions than 
ever before. However, both firms and consumers 
also experience challenges related to leveraging 
the available data and information. For firms, these 
challenges mainly relate to developing analytical 
capabilities that allow working with data from 
different sources and using such data in decision 
making. For consumers, these challenges are 
primarily associated with navigation through large 
amounts of online information without experiencing 
information overload.

This dissertation engages in the ongoing discussion 
about the shifts in the firm-consumer information 
asymmetry driven by the increasing availability 
of online data and information. In addition to dis-
cussing the opportunities linked to the firm-consumer 
information asymmetry shifts, it attends to overcoming 
the associated challenges faced by both stake-
holder groups. In doing so, this dissertation relies on 
three essays.

Essay 1 addresses the importance of the devel-
opment and use of analytical capabilities that 
extend beyond the boundaries of individual firms. 
The implications of this essay shed light on how firms 
can better leverage the available online data in 

decreasing information asymmetry for themselves as 
well as partners within their business networks. Essay 
2 addresses how parasocial interaction fostered in 
consumer-to-consumer video reviews influence 
consumer purchase decisions. This essay provides 
insights into what kind of video reviews are most likely 
to help consumers make purchase decisions and 
how firms can help consumers access such reviews. 
Finally, Essay 3 examines how firms can leverage 
sharing brand communications through social media 
takeovers on their own social media accounts to 
strengthen relationships with consumers. This essay 
further elaborates on the importance of relationships 
formed on social media in helping firms gain unique 
consumer data and support consumers in accessing 
relevant and timely information.

This dissertation challenges the traditional way of 
viewing transactions between firms and consumers by 
considering the use of increasingly available online 
data and information by both stakeholder groups. 
The implications of this dissertation further point to the 
increasing importance for firms to take more active 
stands in fostering information symmetry in the market. 
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