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Abstract 

 

This dissertation contains four essays all of which relate to the performance and 

‘mission drift’ issues in microfinance. 

 

The essay in the second chapter explores the impact of financial self-sustainability on 

outreach-quality in microfinance institutions, a trade-off between which is commonly 

known as ‘mission drift’, using a unique panel database that contains 4-9 years’ 

observations from 253 MFIs in 69 countries. The exercise provides empirical evidence 

that concern for ‘mission drift’ is valid although a few offsetting results also emerged. In 

terms of a composite depth of outreach variable this paper finds a positive significant 

association between self-sustainability and the ‘height of outreach’ (which is the 

opposite of depth of outreach) suggesting some extent of vulnerability of mission drift 

over time for the individual-based lenders. Also, a positive and quadratic relationship 

between size and depth of outreach increases concerns for mission drift. However, 

results show that no such signals of mission drift are evident in case of operationally 

self-sustainable village banks. Considering all types of MFIs together, we found a 

negative significant association between MFI-experience and depth of outreach 

suggesting no mission drift. In the second set of regressions, where the dependent 

variable was the logarithm of per borrower average loan size/GNI per capita, the 

findings were generally similar. Empirical results from the panel regressions even hold 

while performing numerous robustness checks. However, when we regionally 

disaggregate the dataset the observations are dissimilar suggesting that the mission 

drift phenomenon works differently in different developing regions in the world. For 

example, MFIs in the LAC region show some evidence of mission drift, but MFIs in the 

SA region do not show a similar trend. 

 

Microfinance Institutions (MFIs) are constrained by dual operational objectives—to 

serve the poor (social commitment) and to attain sustainability (financial 

performance). So, both financial sustainability and social performance of MFIs must be 

counted in concert while evaluating their performance. Welfarists argue that in effect 

these two objectives are mutually exclusive and causing a mission drift—that is, 

increased profit-motivation helps in attaining financial sustainability but at the cost of 

the exclusion of the poor. The second essay demonstrates how factor analysis, a 

multivariate statistical tool, can be utilised to examine the mission drift issue. First, 

factor analysis is used to construct two simulated performance indicators combining 
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original variables, each one representing a distinct dimension of performance. Then 

individual scores ascribed to MFIs on each factor are used as the dependent variables of 

two simultaneous-equations models that present new evidence on the determinants of 

MFIs' performance as well as on MFIs' mission drift. In our exercise we found scale of 

operation, average cost, loan delinquency (or default) and MFI-size variables to be the 

significant determinants of MFIs’ financial performance. For social performance these 

determinants are similar, with the only major exception being the significance of the 

cost-per-dollar variable. Regarding mission drift the study finds no significant 

relationship financial performance and depth of outreach. So, as per the results in this 

exercise, the concerns over mission drift seem unwarranted. However, 

counterbalancing results emerge in this exercise as well. In a situation of increasing 

average costs an MFI tries to replace small-sized loans with bigger ones in order to 

minimise average cost; and increased size of average loan raises the mission drift 

concern. Empirical findings from our exercise including panel regressions even hold 

while performing various robustness checks employing two additional large panel 

datasets. 

 

In order to explore why many microfinance institutions (MFIs) perform better than 

others the third essay looks at factors which have an impact on several performance 

indicators of MFIs—profitability or sustainability, repayment status and cost 

indicators—on the basis of quality-data on a cross-section of 353 MFIs in 77 countries. 

Here, estimates related with revenues suggest that increase in interest rates may raise 

the risk of loan delinquency after a certain range. Before that turning point, however, 

interest rates can be increased safely and this will not harm the existing sustainability 

situation. Therefore, MFIs must make choices between their long run mission to attain 

sustainability and ensuring the highest possible repayment rate. Results indicate that 

MFIs can still attain sustainability without necessarily increasing average loan size or 

interest earning. Scaling-up can happen by increasing the breadth of outreach, 

implementing a better interest rate policy and applying solidarity-based loan methods 

without abandoning focus on the poor so that concerns over mission drift can largely be 

avoided. 

 

The fourth essay examines the impact of capital and financing structure on the 

performance of microfinance institutions. Estimations with instruments have been 

performed using a large panel dataset of 782 MFIs in 92 countries covering a period of 

eight years—2000 to 2007. Major findings of this exercise are by and large consistent 
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with the agency costs hypothesis—higher leverage or a lower equity-capital ratio is 

associated with higher profit-efficiency, though at a low significance level. However, 

leverage negatively and significantly affects the measure for depth of outreach 

suggesting that a reduction in the capital-asset ratio or an increase in leverage increases 

depth of outreach. Again, the study finds that capital structure has negative but 

insignificant impact on breadth of outreach. Regarding women’s participation as loan 

clients, an increase in capital structure is observed to have negative, but again 

insignificant, impacts on their involvement in accordance with this exercise. 



 

 

vi 

CONTENTS 

1 INTRODUCTION....................................................................................... 1 

1.1. Global extreme poverty and the panorama of microfinance:  Problem 
statement ............................................................................................................. 1 

1.2. Financial sustainability versus poverty outreach in microfinance: Study 
context ................................................................................................................. 5 

1.3. Mission drift in microfinance ............................................................................ 11 

1.4. Measures of mission drift .................................................................................. 12 

1.5. Financial self-reliance and depth of outreach: Recent literature ..................... 15 

1.6. Significance of the research ............................................................................... 21 

1.7. Organisation of the study .................................................................................. 22 

REFERENCES ............................................................................................ 23 

2 HAS MISSION DRIFT OCCURRED? TRADE-OFF BETWEEN 
POVERTY OUTREACH AND FINANCIAL SELF-RELIANCE ............. 30 

2.1. Introduction and Issues ................................................................................... 30 

2.2. Related literature............................................................................................... 33 

2.3. Data and Empirical Approach .......................................................................... 38 

2.3.1. Data description ................................................................................... 38 

2.3.2. Regression Approach ........................................................................... 40 

2.3.3. Dependent Variable(s) ......................................................................... 46 

2.3.4. Independent Variables .......................................................................... 47 

2.4. Discussion and results ...................................................................................... 50 

2.4.1. Main findings ....................................................................................... 50 

2.4.2. Robustness checks ................................................................................62 

2.5. Conclusions ...................................................................................................... 64 

REFERENCES ............................................................................................ 67 

3 DOUBLE BOTTOM-LINES IN MICROFINANCE: ARE THEY 
MUTUALLY EXCLUSIVE? AN APPLICATION OF FACTOR ANALYSIS 
FOR MFI ‘MISSION DRIFT’................................................................... 86 

3.1. Introduction and Issues ................................................................................... 86 

3.2. Data and variables ............................................................................................ 89 

3.3. Factor analysis ................................................................................................... 93 

3.3.1. The application of factor analysis ......................................................... 93 



 

 

vii

3.3.2. Empirical findings ................................................................................ 96 

3.3.2.1. Findings based on correlations ............................................. 96 

3.3.2.2. Empirical findings.................................................................. 97 

3.4. Determinants of MFI performance ................................................................. 103 

3.5. Mission drift .................................................................................................... 110 

3.6. Robustness checks ............................................................................................ 115 

3.6.1. Results using the second global panel dataset ..................................... 115 

3.6.2. Results using the Bangladesh panel dataset ........................................ 117 

3.7. Conclusions ..................................................................................................... 120 

REFERENCES .......................................................................................... 122 

4 PERFORMANCE AND OUTREACH: HOW SUCCESSFUL ARE 
MICROFINANCE INSTITUTIONS? A FRESH LOOK AT CROSS-
COUNTRY EMPIRICS .............................................................................135 

4.1. Introduction and Issues .................................................................................. 135 

4.2. Typical credit market problems and microfinance: Agency theoretic view .... 137 

4.3. Microfinance from a theoretical standpoint: Related literature ..................... 140 

4.4. The global microfinance panorama ................................................................ 146 

4.5. Data and empirical issues ............................................................................... 150 

4.6. Discussion and results ..................................................................................... 154 

4.6.1. The role of interest rate revisited ........................................................ 154 

4.6.2. Financial sustainability ....................................................................... 158 

4.6.3. Loan officials ....................................................................................... 161 

4.6.4. Size of loans ......................................................................................... 162 

4.6.5. Loan delivery methods ........................................................................ 165 

4.6.6. Women as a target group .................................................................... 169 

4.6.7. Scaling-up and experience of the institution ...................................... 169 

4.6.8. Region-specific effects ........................................................................ 170 

4.7. Conclusions ..................................................................................................... 170 

REFERENCES ........................................................................................... 173 

5 DOES CAPITAL AND FINANCING STRUCTURE HAVE ANY 
RELEVANCE TO THE PERFORMANCE OF MICROFINANCE 
INSTITUTIONS? .................................................................................. 186 

5.1. Introduction and issues ................................................................................... 186 

5.2. Relevant literature ........................................................................................... 189 



 

 

viii 

5.2.1. Theoretical literature .......................................................................... 189 

5.2.2. Empirical literature ............................................................................. 191 

5.3. Data and empirical approach .......................................................................... 192 

5.3.1. Data…….. ............................................................................................. 192 

5.3.2. Measures of MFI performance: The outcome variables ..................... 193 

5.3.3. The explanatory variables ................................................................... 194 

5.3.4. Reverse causality: Firm performance to capital structure .................. 198 

5.3.5. The empirical model ........................................................................... 198 

5.3.6. Regression approach ........................................................................... 199 

5.4. Econometric evidence .................................................................................... 203 

5.4.1. Descriptive facts ................................................................................. 203 

5.4.2. Discussion of regression results ......................................................... 204 

5.4.2.1. Performance ........................................................................ 204 

5.4.2.2. Outreach.............................................................................. 208 

5.5. Conclusions ..................................................................................................... 213 

REFERENCES ...........................................................................................215 

6 SUMMARY AND FURTHER STUDIES ............................................... 237 

6.1. Summary of the results ................................................................................... 237 

6.2. Policy relevance ............................................................................................... 241 

6.3. Directions for further research ....................................................................... 246 

REFERENCES .......................................................................................... 248 

7 DEFINITIONS OF KEY TERMS .......................................................... 249 

 

TABLES 

Table 1 Variable descriptions ...................................................................................... 45 

Table 2 Summary statistics ........................................................................................ 46 

Table 3 Summary statistics by loan delivery methods ............................................... 49 

Table 4 Correlation coefficient of the exogenous macroeconomic variables and 
institutional variables serving as instruments of the endogenous time 
invariant variables ......................................................................................... 50 



 

 

ix 

Table 5 Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of 
Outreach (composite variable) ....................................................................... 53 

Table 6 Hausman-Taylor (HT) estimates for mission drift measured by depth of 
outreach (log of GNI adjusted average loan balance) .................................... 55 

Table 7 Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach 
(log of LBB-GNI)-Robustness ........................................................................... 57 

Table 8 Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of 
Outreach (composite variable) (MFIs in the LAC region) ............................ 60 

Table 9 Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of 
Outreach (composite variable) (South Asian MFIs) ...................................... 61 

Table 10 Appendix Tables ............................................................................................. 71 

Table 11 Description of variables used in the factor and regression analyses ..............92 

Table 12 Descriptive statistics of variables entering the analysis ................................. 93 

Table 13 Correlation matrix for 2003 .......................................................................... 96 

Table 14 Eigenvalues and proportion of variance explained ....................................... 98 

Table 15 Rotated factor loadings (oblique rotation) and unique variances ................ 99 

Table 16 Correlation between factors ......................................................................... 103 

Table 17 Determinants of MFI performance .............................................................. 108 

Table 18 Trade-off between social performance and financial performance 
Dependent variable: Social performance ..................................................... 113 

Table 19 Determinants of MFI performance (second global dataset) ........................ 116 

Table 20 Trade-off between social performance and financial performance  
Dependent variable: Social performance ...................................................... 117 

Table 21 Determinants of MFI performance (Bangladesh dataset) ........................... 119 

Table 22 Trade-off between social performance and financial performance      
Dependent variable: Social performance (Bangladesh dataset) .................. 120 



 

 

x 

Table 23 Sampled MFIs for the main study and robustness checks ........................... 124 

Table 24 Sampled Bangladesh MFIs used for robustness checks ............................... 133 

Table 25 Microfinance delivery models by region ...................................................... 147 

Table 26 Variable description and summary statistics ............................................... 148 

Table 27 Summary statistics by lending type .............................................................. 149 

Table 28 Portfolio quality estimation (robust regressions) ........................................ 155 

Table 29 Sustainability regressions (robust regressions) ........................................... 159 

Table 30 Average cost regressions .............................................................................. 168 

Table 31 Sampled MFIs used in the analysis .............................................................. 177 

Table 32 Definitions of independent variables and their hypothesised sign .............. 197 

Table 33 Descriptive statistics .................................................................................... 203 

Table 34 Overall financial performance regression (Dependent variable: Log of 
return on equity) ......................................................................................... 206 

Table 35 Cost efficiency regression (Dependent variable: Operating expenses per 
dollar lent) ................................................................................................... 207 

Table 36 Breadth of outreach regression (Dependent variable: Log of number of 
active borrowers) ......................................................................................... 209 

Table 37 Depth of outreach regression (Dependent variable: Log of average loan 
adjusted per capita GNI) .............................................................................. 210 

Table 38 Depth of outreach regression (Dependent variable: Log of (Percentage of) 
Women Borrowers) ...................................................................................... 212 

Table 39 Sampled MFIs used in the study .................................................................. 219 

 

FIGURES 

Figure 1 Scree plot of eigenvalues for 2003 ............................................................... 101 



 

 

xi 

Figure 2 Predicted Loan Delinquencies and Portfolio Yeld ....................................... 156 

Figure 3 Predicted Loan Delinquencies and Portfolio Yeld ....................................... 157 

Figure 4 Predicted OSS and Portfolio Yield ................................................................ 160 

Figure 5 Predicted ROA and Portfolio Yield ............................................................... 161 

Figure 6 Predicted OSS and Log Average Loan Size ................................................... 164 

Figure 7 Fitted Operating Cost per Dollar Lent and Log Loan Size ........................... 166 

Figure 8 Fitted Operating Cost per Borrower and Log Loan Size .............................. 167 

 



xii



 

 

1 

1 INTRODUCTION 

1.1. Global extreme poverty and the panorama of microfinance:  
Problem statement 

Poverty is a multifaceted predicament that causes human destitution on a massive scale. 

Nonetheless, the very meaning of this outwardly straightforward word implicates further 

complexities once its mitigation is targeted. This is obvious as after decades of intense 

focus on how to mitigate poverty, it is still the scariest and the most intimidating challenge 

among the development visionaries worldwide.  

 

Microfinance, considered ground-breaking and the most effective tool for combating 

poverty in many parts of the developing world, overwhelmingly influenced the 

development visionaries from its inception in the late 1970s. As a result, it has now 

become a ‘macro’ issue globally. Nowadays microfinance is such a phenomenon that it 

requires little introduction (Roodman and Morduch, 2009). Ideally, microfinance 

provides mostly-collateral-free capital and financial services to those excluded and 

deprived poor people, especially to women in rural areas of developing countries, who are 

economically active but did not previously have access to such services. Around the globe 

microfinance has captured the attention of development practitioners and policy makers 

mainly for its usefulness and simplicity. Consequently, many diverse forms of micro-

financial services (credit, savings, insurance, remittance, health care, awareness building, 

legal aid and so on) have now flourished in almost all over the world. All types of 

microfinance lending—individual-based, solidarity group or village banks—generally share 

one common dream. This common dream is to reach the poorest with a modest size of 

financing that may help themselves graduate out of the curse of utmost poverty through 

building small entrepreneurships, generating assets and strengthening skills. Globally, 

3,552 microcredit institutions reported that they were reaching 154,825,825 clients by the 

end of 2007. Out of them 106,584,679 were among the poorest when they took their first 

loan and 83.4 percent of the poorest clients were women (Daley-Harris, 2009). Regardless 

of this, donors, academics and policy makers push to scale up1 microfinance both in terms 

of number of institutions as well as number of clients served.   

 

                                                        
1 Scaling up in microfinance institutions is perceived mostly in terms of ‘growth’ or ‘expansion’ of microfinance 
operations. For details see ‘definitions of key terms’ in the end.  
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Signed in 2000 and developed out of the United Nations Millennium Declaration, 

Millennium Development Goals (MDGs) aim at halving the extreme global poverty by 

2015 and it is believed that microfinance can contribute significantly to the achievement of 

these development goals (UNCDF, 2005). Six out of seven MDGs are directly related to the 

wider objectives of microfinance. In October 2006, enthusiasm for microfinance and its 

role in reducing poverty was further increased when Mohammad Yunus and the Grameen 

Bank in Bangladesh received the Nobel Peace Prize. The Norwegian Nobel Committee in 

their press release stated that if large population groups fail to find ways to break out of 

poverty it is possible that peace may not endure for long. Certainly microcredit is a tool 

where development from below is attempted which in turn helps the advancement of 

human rights and democracy (Norwegian Nobel Committee, 2006).  

 

As such, an important question therefore arises: Is that the end of the story? No, 

unfortunately it is not. Although it is true that microfinance is a useful instrument, which 

under the right conditions caters the needs of a spectrum of poor population, especially 

the women, and there is evidence to support several other positive impacts of 

microfinance, including those on income and consumption smoothening as well as on 

unexpected shocks to the vulnerable, rural poor, there are also many criticisms to be found 

in the literature. Critics of microfinance argue that the poor are in no position to welcome 

the fantasy of risking entrepreneurship. They also argue that micro-loans are more 

beneficial to borrowers living above the poverty line than to borrowers living below the 

poverty line (Hulme and Mosley, 1996); that microfinance users often face shortage of 

food, sell their furniture, borrow from loan sharks, and take second jobs to pay off their 

loans; that husbands, sons and fathers-in-law often take control of women’s loans; and 

that, overall, microfinance fails to find its way to the world’s poorest people. Again, among 

others, evidences to support positive impacts of microfinance on health, nutritional status 

and primary school attendance of the clients’ children, which are the prerequisites for the 

MDGs, are also controversial in the literature. To be precise, disagreements are still 

plentiful and therefore, “…we must look even more seriously at the pivotal role that 

sustainable microfinance can play and is playing in reaching this Millennium 

Development Goal” (Kofi Annan, former UN Secretary General at the Global Microcredit 

Summit 2006; UNFPA, 2006).  
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However, mainly concerning MFIs’ operational perspectives, debates centre on other 

issues as well. The welfarist2 proponents of microfinance, as opposed to the 

institutionists3, are concerned that increasing commercial and profit motivation in 

microfinance operation, and their scaling up to that end, is crowding out the really poor 

clients from microfinance services. Apart from that, among others, debates also centre on 

issues including subsidy and philanthropy dependency and sustainability of microfinance 

institutions, depth and breadth of outreach4, the limits of MFIs’ ability to enforce 

repayment and microfinance’s intensity of empowerment effects. Among all these issues, 

again, the debate focusing on subsidy-dependency versus financial self-sufficiency of MFIs 

has started alerting all concerned for last few years. Although these concerns are nothing 

new as from the very beginning of microfinance operations they ignited debates. The 

concern relates to the following question: Is there any trade-off between making 

microfinance institutions financially self-reliant and being able to reach their clients, the 

ultra-poor? In the literature the term—mission drift—has been coined to explain this 

issue.  

 

Theoretical literature on microfinance distinctively features and emphasises ‘credit 

contracts’ (like ‘joint liability’ and ‘dynamic incentives’) and their implications for solving 

the adverse selection and moral hazard problems5. In this context, most models focus on 

explaining the so-called joint-liability group-lending programmes and their implications 

for reducing information asymmetries. The empirical literature, on the other hand, mostly 

focuses on evaluating the effects of microfinance on the welfare of borrowers, especially 

women6. Up until now, however, only a few empirical studies have investigated whether 

and how microfinance helps to reduce existing information asymmetries. Another 

important stream of literature deals with the abovementioned mission drift hypothesis as 

a trade-off between financial self-sustainability and outreach of microfinance 

programmes—both theoretically and empirically. However, there is a lack of systematic 

                                                        
2 Welfarists are those who believe that the major focus of microfinance operations in general should be on 
immediately improving the well-being of participants. Welfarists are less interested in profit-motives as such 
than in self-employment of the poorer of the economically active poor, especially women. 
3 Institutionists or the believers in the financial sustainability paradigm argue in favour of massive scaling-up 
of MFIs so that they are resilient to increased competition and are able to face several new challenges of recent 
times. The proponents of this paradigm stress the importance of self-sustainability and efficiency in MFIs.  
4 Breadth of outreach commonly means the absolute number of poor clients in a microfinance programme. 
But, generally speaking, depth of outreach means the socioeconomic and poverty level of the clients. It 
measures whether the MFI has moved up to serve better off clients.    
5 See, for example, Stiglitz (1990), Besley and Coate (1995), Ghatak (2000), Jain and Mansuri (2003), 
Armendariz de Aghion and Morduch (2000), Laffont and Rey (2003) and Rai and Sjostrom(2004).  Others 
have also worked these topics. A brief discussion on related literature is provided in Chapter 4. 
6 See, for instance, Pitt and Khandkar (1998), Khandker (2005), and Khandker (1998). 
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empirical analysis on the nature and determinants of this trade-off that causes 

phenomenal changes in microfinance impacts, although this issue has been the subject of 

an intense debate for a quite long time. This study basically attempts to shed some light on 

that aspect and objectives of this research are originated from the gap in the literature as 

stated above. 

 

Review of relevant literature reveals that earlier works on issues relating to the scaling up, 

financial self-sustainability and depth of outreach in microfinance dispatch rather 

conflicting and mixed messages. Besides, only a few studies have addressed the 

implications of MFIs’ sustainability-driven scaling up on their ability to stick to the 

original poverty alleviation mission (see, for example, Hishigsuren (2007). Some of the 

previous studies indicate mission drift, primarily in terms of an increase in average loan 

size; while others concern that the average loan size as an indicator of mission drift suffers 

from a number of limitations7. Given such ambiguity and conflicting claims in the 

literature concerning mission drift in microfinance, it is important to address the 

shortcomings of the previous studies and to examine systematically the implications of 

MFIs’ sustainability-driven scaling up process, as revealed in their increased profit 

motivation, on the social missions of MFIs. 

  

Sustainability-driven scaling up in microfinance clearly has implications for MFIs’ 

increased motivation towards attaining financial and operational self-sufficiency. Thus, 

examining whether MFIs have moved away from their original mission of serving poorer 

clients in the pursuit of attaining financial and operational self-sufficiency in particular, 

and commercial viability in general, is an extremely important and timely issue. 

Subsequently, this research focuses on issues related to MFIs’ self-sustainability 

(measured by financial and operational self-sufficiency) and its implications for their 

poverty alleviation mission as reflected through the quality of outreach. In particular, the 

study aims at determining whether the MFIs under survey have maintained their original 

poverty alleviation mission in the process of such scaling up and accordingly, addresses 

the following key question: Has mission drift in microfinance really occurred as revealed 

in a shift of MFIs’ poverty alleviation mission?  

 

In effect, however, the above debates and several other concerns linked with them are 

greatly associated with MFIs’ performance analysis. Therefore, we also need to focus on 

                                                        
7 Chapter 2 provides a detailed review of literature on these issues. 
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the performance evaluation aspects of MFIs in terms of their outreach as well as financial 

success objectives while trying to address the mission drift issue. In an attempt to do so 

this study basically explores the validity of three major and related present-day concerns. 

First, the mission drift phenomenon itself which is defined as a trade-off between MFIs’ 

social objective and their financial success outcomes. Second, as we find such mission drift 

conjecture to be true in general, we attempt to check if there is any way out so that MFIs 

may attain financial self-sustainability while maintaining their original social mission of 

reaching the very poor and we do that in a performance analysis framework as applicable 

to MFIs. Finally, in the third stage, effects of several others factors—or shocks—on the 

overall performance of MFIs have been considered and we do that by including the capital 

and financing structure of MFIs into the performance analysis framework. Thus, in the 

course of analysis we will see empirically how far the much-discussed concerns for mission 

drift are true, whether such drift can be avoided while having self-sustainability and what 

role capital and financing structure play for having better social and financial performance 

in microfinance institutions8. 

1.2. Financial sustainability versus poverty outreach in microfinance: Study 
context 

A critical look at the main guiding principles of MFIs nowadays reveals that generally two 

opposing paradigms—poverty lending (or, reduction) approach and financial 

sustainability (or, systems) approach—are central in running microfinance operations9. 

In policy circles there has been a growing debate on operating principles of MFIs based on 

these two competing tenets (Robinson, 2001). 

 

                                                        
8 The first two essays in this study basically attempt to examine whether mission drift in microfinance, as we 
have defined the phenomenon here, has really occurred. However, although the objectives of these two 
chapters are similar, there are gross differences in terms of methodologies we apply and we do that 
intentionally, mainly for the re-establishment of validity of the mission drift concern, if any. In the third essay, 
we sought to find a way out if such mission drift in microfinance really occurs. Finally, in the fourth essay we 
aimed at checking the role of capital structure in determining the financial and social success of MFIs that will 
essentially give us some idea on how diverse way of financing of MFIs may affect their performance. This is 
very important to know for the long-run sustainability of MFIs. Each essay employs separate datasets. In other 
words, the study does not rely on any single database and the sample size differs widely across datasets. This 
was due mainly to two reasons. First, gathering of enough data for the purpose of this study, especially the 
construction of panel data, took time and spanned from 2007-2008 for various reasons. Second, the MIX, the 
main source of data, earlier had smaller numbers of MFIs with available data while at a later stage they had 
more MFIs’ data available. As a result, earlier studies in this volume are based on data on a smaller number of 
MFIs. 
9 See, for instance, Woller et al. (1999) for an in-depth analysis on this debate. 
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Although both approaches agree on the ultimate goal of reducing sheer poverty, the 

question remains about which one serves poor people in a better and sustainable way. 

Accordingly, the means by which the poverty-reduction goal is reached differs 

fundamentally in these two paradigms. The financial systems approach, on the one hand, 

gives emphasis to financial sustainability of microfinance programmes. On the other hand, 

the poverty lending approach10 concentrates on using credit to help overcome poverty, 

primarily through providing credit with subsidised interest rates. Ultimately, the debate 

boils down to the question of whether or not subsidising interest rates are justified. The 

advocates of the poverty reduction approach would argue that the poor are not able to 

afford higher interest rates; hence that financial sustainability ultimately goes against the 

aim of serving large groups of poor borrowers. The financial services camp, on the other 

hand, claims that empirical evidence neither shows that the poor cannot afford higher 

interest rates nor that there is a negative correlation between the financial sustainability of 

the institution and the poverty level of the clients.  

 

Again, the proponents of the poverty lending approach claim that microfinance is meant 

for fighting poverty and for the most part MFIs should aim at poverty-reduction and 

empowerment of poor women in rural areas. The prime focus of such MFIs should be 

improving the well being of this cross-section of poor people so that they can eventually 

graduate out of poverty. In other words, the propagators of the poverty lending approach 

or the welfarists are in favour of the depth of outreach goal (Woller, 2002; Weiss and 

Montgomery, 2005; Hashemi and Rosenberg, 2006). As Woller et al. (1999) note, these 

MFIs’ objectives tend to be the self-employment of the poorer among the economically 

active poor, and especially the women. This is so because women’s control over a modest 

increase in income and savings leads to the empowerment of women, which, in turn, 

improves their own, as well as their children’s conditions and standard of living. There are 

also a few others who prefer to colour the whole process from a feminist viewpoint within 

this paradigm11 so as to emphasise women’s economic, social and political empowerment 

(Mayoux, 1998; Mayoux, 2006).  

 

In contrary to this, the proponents of the financial sustainability approach12 argue that 

poor households essentially demand access to credit and it really matters very little to 

                                                        
10 Also known as ‘welfarist’ approach. A number of other acronyms are used as well. 
11 Some authors including Mayoux (2006) prefer to view the feminist approach as a different paradigm. This is, 
however, another wide field of research and we tend not focus on this topic in the current study.    
12 This term is also referred to as the ‘profit’ or ‘financial systems’ or the ‘institutionist’ approach.  
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them whether that credit is cheap or not. Based on this view, much of the enthusiasm for 

microfinance rests on a new win-win proposition, or the double bottom line principle, 

that is, microfinance institutions that follow the principles of good banking (to meet the 

financial objective) will also be those that alleviate poverty (social commitment of MFIs). 

This vision is known as the best practices for banking13. Although in microfinance 

terminology best practice apparently implies ideal institutional practices, in reality this 

term is synonymous with practices that promote financial self-sufficiency in MFIs. Only 

rarely this means to refer to practices that promote achievement of social objectives. 

However, the very term best is not accepted by all unanimously and quite often challenged 

in favour of the term sound practices14.  

 

To support this view, for instance, Gulli (1998) notes that according to the financial self-

sustainability approach the overall goal of MFIs should be the provision of financial 

services to low-income people, but not to the poorest among them. That is, the hard-core15 

poor should not always be the target. But the target should be those low-income clients 

who are underserved in general. In accordance with Otero & Rhyne (1994), financial self-

sufficiency is a situation where capital is raised at commercial rates from formal financial 

institutions and when the programme is fully financed from the savings of clients. 

Additionally, for financially self-reliant MFIs, fees and interest income cover the real cost 

of funds, operations, loan loss reserves, profits and inflation. Again, Mayoux (2006) notes 

that expanding programs to increase outreach and economies of scale, setting of cost-

covering interest rates, separation of micro-finance activities from other interventions to 

ensure separate accounting and ways of using groups to decrease costs of delivery are the 

major policy instruments that describe the financial sustainability paradigm.  

 

Thus, according to this approach the eventual aim is to build fully self-supporting and 

profitable microfinance institutions, which are able to raise capital from international 

financial markets rather than relying on donor funds and capable of competing with other 

banking institutions in the private sector. Generally, commercial banks that deliver 

                                                        
13 Best practices are to adapt to the specific area in which the MFI operates in accordance with the nature of 
MFI clientele and the distinct environment under which the MFI is being operated. Banking best practices in 
terms of MFIs is another important stream of literature. Consultative Group to Assist the Poor (CGAP), for 
instance, has been a rich source of publications on banking best practices in MFIs.  
14 Dunford (2000) argues that the microfinance movement is still in a mode of intensive learning. Therefore, 
the "best" for all product-market pairs should not be presumed too early. Rather, we can expect to discover a 
somewhat different set of sound practices for each distinct product-market pair.  
15 Many synonyms are available in the literature including ‘ultra-poor’ or ‘extreme-poor’ or ‘the poorest of the 
poor’. 
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microfinance services as regulated financial institutions fall under this approach. Christen 

(2001) argues that financial self-reliance is seen as a necessary precondition for achieving 

exponential growth for MFIs. She further argues that without achieving financial 

sustainability, no amount of subsidy is justified to help preserve the long-term access of a 

large number of very poor clients to basic financial services (Christen, 2001). Thus the 

financial sustainability paradigm involves scaling-up of MFIs so that they are resilient to 

increased competition and are able to face several new challenges of recent times. In 

summary, the proponents of this paradigm—i.e., the institutionists—stress more on the 

importance of financial self-sustainability of MFIs (Isern and Porteous, 2006; Christen, 

2001; Rhyne, 1998) and no matter how strong the arguments favouring both of the camps 

are, one point is clear—there is a pressing need to incorporate microfinance institutions 

into a broader financial system as far as these banking best practices are concerned.  

 

Related with these issues, another important topic is the targeting of microfinance-clients 

and the existing literature on targeting, especially regarding the depth of outreach or the 

socio-economic level of the borrowers, provides mixed evidence on this account. Some 

studies indicate that it is the better-off poor rather than the ultra or the poorest of the 

poor who stand to benefit most through micro-financial services. Evidence for this is 

given, for instance, in Hulme and Mosley (1996) and Copestake et al. (2005). Other 

studies, for example, Khandker (2005) and EDA Rural Systems (2004), find that the 

extreme-poor benefit more from microfinance than the moderate-poor. However, most of 

the evidence on the depth of outreach of microfinance institutions suffers from being 

anecdotal and case study driven. Again, the existing literature does not systematically 

explain differences in depth of outreach of microfinance institutions, nor does it explicitly 

explore whether there is a trade-off between the depth of outreach and struggle for 

financial sustainability. However, overall microfinance is accepted as an important 

poverty alleviation tool, and as a result, there has been a great pressure to scale up 

microfinance in terms of increasing both the number of clients served and the number of 

institutions that provide microfinance services. But what is relatively less clear in this 

context is the wider implications of such sustainability-driven scaling up, especially in 

regards to the possibilities of MFIs’ shifting  away from their novel poverty alleviation 

mission while trying to address the challenges of such scaling up. 

 

In policy circles persistently there are concerns for decades around these conflicting 

paradigms. Issues related with a possible trade-off between financial self-sustainability 

and depth of outreach are still burning, implying that the shifting of focus towards 
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increasing self- sustainability of MFIs (or, commercial viability in general terms) reduces 

the scope for the original aim of many MFIs, which in a way means that they are 

increasingly failing to lend to the ultra-poor. The whole microfinance community 

nowadays, including policy makers, academics and donors, is divided between those who 

argue that poverty lending is the primary goal for MFIs and those who argue that the 

priority should centre on achieving financial self-sustainability.  

 

The debate between the two approaches is ongoing, although the most recent 

microfinance paradigm seems to favour the financial systems approach and as a result, 

scaling up in microfinance institutions, which is perceived mostly in terms of growth or 

expansion of microfinance operations, is now a reality. The main argument to support this 

view is that large-scale outreach to the poor on a long-term basis cannot be guaranteed if 

microfinance institutions are incapable of standing on their own feet. Scores of MFIs scale 

up by increasing the size of their clientele and branches (Churchill, 1997). Along with 

strategies to scale up in terms of clientele base and coverage, MFIs are diversifying the 

range of products and services they offer in order to remain competitive and meet the 

demand of the poor, which is also referred to as scaling up activities.  

 

Accordingly, as envisaged by the proponents of the ‘financial sustainability approach’, 

scaling up activities have taken place as demonstrated through a number of recent changes 

worldwide in the trade of microfinance. Firstly, seeing greater potential for profitability 

and success, commercial banks and investors—especially those from developed 

countries—are increasingly interested in providing microfinance. Large banks such as 

Citigroup, HSBC and Deutsche Bank, for instance, have been attracted by the booming 

prospects of financing and supporting microfinance institutions.  These investments have 

demonstrated their corporate social responsibility since MFIs are believed to be run with 

alleged double bottom lines. At the same time these investments provide attractive risk-

return profiles as well (Deutsche Bank Research, 2007)16. Secondly, commercial banks in 

developing countries are also coming forward. For example, among a large number of 

others, K-REP in Kenya is a commercial bank that has been involved in lending to the poor 

for several years. Thirdly, governments in developing countries are increasingly 

encouraging microfinance institutions due to their ability to reach the poor and in some 

                                                        
16 The first example of commercial capitalisation of MFIs was the creation of an investment fund called 
Profund in 1995, which raised $23 million to finance Latin American MFIs. In 2006 private investment funds, 
also known as microfinance investment vehicles (MIVs), held portfolios of MFIs’ shares with a total value of 
$2.3 billion (CGAP, 2007).   
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countries the government has actively stimulated commercial banks to become involved in 

microfinance. For instance, governments in Bangladesh, India, Malaysia, Nepal and 

Thailand, have initiated number of programmes to stimulate commercial banks to develop 

microfinance activities. In India the National Bank of Agriculture and Rural Development 

(NABARD) recently initiated a programme to involve private banks in microfinance. As a 

result, competition among MFIs has increased rapidly in several parts of the developing 

world and consequently new financial services, such as saving accounts, insurance services 

etc. have been introduced, interest rates and costs have been lowered and all together they 

have resulted in MFIs becoming more self-reliant. 

  

Recently, however, representatives from both camps seem to have moved towards the 

centre, concluding that, under certain conditions, sustainability and outreach can be 

similar in temperament and hence, compatible (Morduch, 2005). As a result, promoting a 

‘middle ground’ or a balance between these two competing goals (poverty alleviation and 

financial self-sustainability), a third paradigm has emerged lately. If institutions develop 

service delivery methods that meet client needs at an affordable rate, then financial 

viability as well as poverty outreach can be achieved [Christen, Rhyne, Vogel & McKean 

(1995) and Woller et al. (1999)].  

 

Nevertheless, the whole proposition is dependent on another controversial claim that the 

demand for microfinance is interest-rate-inelastic (or elastic at a low level) which means 

charging full interest rates does not reduce demand for credit. Somewhat surprisingly, 

however, the literature on mission drift leaves interest rate considerations out of the way 

(Armendariz and Szafarz, 2009). Rhyne (1998) used a mathematical framework of 

maximisation and constraints to determine if trade-offs occur. She concludes, outreach or 

scale is the ultimate objective and the financial sustainability, on the other hand, is but the 

means to achieve it. According to her, the debate is not “either-or”, rather about degrees of 

emphasis and about what happens when trade-offs occur. Notwithstanding this claim, 

however, there are now at least two studies that show that the claims for inelasticity of 

credit demand do not always necessarily hold17.  

                                                        
17 See, for example, Dehejia et al. (2005) and Karlan and Zinman (2008). 
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1.3. Mission drift in microfinance 

Generally speaking, the concerns for mission drift are based on the above debate. The 

proponents of the financial sustainability paradigm suggest that microfinance institutions 

(MFIs) need to scale up in order to develop into financially self-reliant entities. Such 

expansion basically leads to lower operating costs, increase in the breadth of outreach (i.e., 

the number of clients) and also brings financial sustainability (Gonzalez-Vega et al., 1996). 

This may be termed to be the process of sustainability driven scaling up in microfinance. 

The bottom-line rationale for such scaling up, however, is that the magnitude of unmet 

demand for microfinance services is enormous and to meet that demand MFIs must scale 

up or grow. However, this sustainability-driven scaling up in microfinance also has one 

very important challenge to meet—mission drift18.  

 

The term mission drift is equivalent to raising the question of whether microfinance 

institutions have moved away from serving their poorer clients in the pursuit of attaining 

commercial viability. Mission drift, as Cull et al. (2007) note, is basically a concern for the 

socially driven and poverty-focused microfinance institutions. From the point of view of 

MFIs, it is logical to increase average loan size as a cost-effective way of operation and also 

to pursue profit, but MFIs would then shift focus to wealthier borrowers who can absorb 

larger loans, even at the cost of sacrifice of outreach to the poorest segments in a 

community, and whose promise for repayment is much guaranteed. So, they argue that 

although it is expected that the MFIs’ mission and practice should shift as a result of the 

clients’ maturity and developed entrepreneurship over time, mission drift is a shift in the 

composition of new clients, or a re-orientation from poorer to wealthier clients among the 

existing clients instead. 

 

In applied research, again, mission drift is often articulated as a tendency of numerous 

MFIs to extend larger loans on average while they scale up and as a result, average loan 

size has been widely used to measure such drift in MFIs’ poverty-reduction missions 

(Mersland and Strom, 2010; Cull et al., 2007; Schreiner, 2002). A few studies have also 

used adjusted average loan size as another proxy for it. However, the very phenomenon of 

mission drift in microfinance institutions is rather indistinct (Armendaritz and Szafarz, 

2009). Average loan size, as commentators note quite convincingly, may increase over 

time due to other reasons too. Two already well-known propositions—progressive lending 

                                                        
18 Other challenges include portfolio quality and cost, human resource challenges, management information 
systems and accounting challenges and legal issues. 
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and cross-subsidisation—might be of help in explaining this trend. Progressive lending 

pertains to a situation where existing loan clients can reach out higher credit ceilings after 

observing a clean repayment record at the end of each credit cycle. Cross-subsidisation is 

the idea that consists of reaching out to the unreached wealthier clients in order to finance 

a larger number of poor clients whose average loan size is relatively small. However, 

mission drift is a phenomenal concern whereby an MFI increases its average loan size by 

reaching out to wealthier clients neither for progressive lending nor for cross-

subsidisation reasons (Armendaritz and Szafarz, 2009). Mission drift also implies shifting 

away from the original promise of focusing more on women clients, loan clients in rural 

areas and also from group-based lending methodology, which in general are the social 

commitments of MFIs (Mersland and Strom, 2010). However, one way or another, the 

mission drift issue finally boils down to the old concern that relates to a possible trade-off 

between or mutual exclusion of two of the common bottom-lines of MFIs—financial 

performance (being financially sustainable) and social performance (meeting the social 

commitments). 

1.4. Measures of mission drift 

Mosley (1996) for the first time recognised that average loan size can be used as a proxy 

for measuring poverty level. He notes that wealthier clients are being served with larger 

loans in order to attain self-sustainability in Bolivia’s Bancosol. However, this was being 

done to the detriment of deviating resources away from the poor who request smaller 

loans. Thus, as he claimed, it deviates from its customary mission of serving the very poor 

with smaller loans. Since then average loan size has become the most widely used proxy in 

quantitative studies showing that some MFIs might prioritise self-sustainability without 

regard for their poverty-reduction mission. Mission drift is usually seen in terms of change 

in the poverty level of MFIs’ clients. The literature defines the poverty level of clients as 

depth of outreach (Schreiner, 2002). Moreover, MFIs frequently claim that average loan 

size to be an important indicator for outreach, and as a supporting signal for their main 

mission (Armendariz and Szafarz, 2009).  

 

However, a disadvantage of using average loan size as an indicator of mission drift is that 

dissimilar approaches are followed to calculate this average. Even when they are measured 

in similar ways, it does not necessarily reflect the actual level of poverty of the loan clients. 

Evidence is abundant that shows that even larger businesses sometimes apply for small 

loans. On the contrary, following the justifications of progressive lending, it may so 
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happen that poor clients may have graduated enough to demand larger loans. Campion 

and White (1999) argued that while an MFI's average loan size may increase following 

formalisation, this might not imply mission drift. Increases in loan size can be due to 

entrance into new markets, including the targeting of small businesses and/or growth of 

active clients' loan size requirements (progressive lending argument). They argue that an 

increase in average loan size may take place due to continued expansion of outreach. 

Again, average loan size may decrease due to rapid growth in the first loans as during any 

expansion the number of new clients increases significantly and the MFIs disburse a larger 

number of first loans which are usually smaller in size. Rhyne (1998) emphasised that it is 

very difficult to confirm whether microfinance institutions have many small loans in their 

portfolio as only average loan sizes are reported. 

 

Apart from using average loan size as an indicator of poverty level numerous other 

attempts have been made by several donors and funding organisations to discover a 

substitute. For instance, the World Bank and the Consultative Group to Assist the Poor 

(CGAP) have introduced the Living Standards Measurement Studies (LSMS) and Poverty 

Assessment Tool (PAT) respectively. They have been widely in use as the standard 

methodology to measure poverty as well as to compare regions and nations. However both 

of these survey approaches involve expensive and time-consuming data collection and 

analysis process (CGAP, 2003). On the contrary, poverty-level-measures of Freedom from 

Hunger are based on a food security scale, which requires much less time and expertise for 

data collection and analysis (Melgar-Quinonez and Dunford, 2003). Again, although it is a 

little problematic to implement, the Foundation for International and Community 

Assistance (FINCA) uses indicators of education and working capital as a central part of its 

poverty outreach assessment (Imp-Act, 2003).  

 

In addition with these attempts the microfinance community has developed participatory 

methods to measure poverty. Participatory Wealth Ranking (PWR) is one of them19. There 

are different ways to rank wealth by different MFIs including Small Enterprise Foundation 

(SEF) in South Africa, BRAC in Bangladesh and PRADAN in India. Based on similar 

concepts these MFIs have developed their own unique procedures for PWR, which are 

applied then to all MFIs in their respective networks. In addition, many individual MFIs 

                                                        
19 The PWR process has several stages: First, the village is mapped and households are listed to get a clear idea 
of the context. Then, the wealth ranking process is carried out through card sorting, triangulation and scoring 
by three reference groups set up for that purpose. Finally, using the PWR system, an eligibility cut-off line is 
defined and the process of identifying the poorest is accomplished by the MFI staff (Simanowitz et al., 2000). 
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have set poverty outreach objectives based on an understanding of poverty in the local 

context. They have developed their own context specific measures of poverty outreach. 

Sinapi Aba Trust (SAT) in Ghana previously used average loan size as a percentage of 

Gross Domestic Product (GDP) to measure the poverty level of their clients, although, they 

discontinued with this measure after encountering several problems, along the lines 

mentioned above (Imp-Act, 2003).  

 

Use of poverty scorecards is also popular among the microfinance service providers. Chen 

and Schreiner (2009) propose a simple poverty scorecard for Bangladesh that estimates 

the likelihood that a household has expenditure below a given poverty line. The scorecard 

uses ten simple indicators that field workers can quickly collect and verify. Several other 

MFIs use types of indexing or scoring based on a series of indicators. Those include a 

scorecard used by PRIZMA in Bosnia-Herzegovina, a Participation Form used by LAPO in 

Nigeria, a Housing Index20 used by a number of Southeast Asian MFIs, such as CARD in 

the Philippines and CASHPOR and ASA in India. Each uses the same logic of assigning 

scores to individual indicators and adding the scores as an indicator of the level of poverty. 

However, depending on the context where the MFI operates the list of indicators differs. 

For example, the housing index used by CARD in the Philippines is a proxy measure of 

poverty based on a scorecard where points are allocated for each component of the 

house—i.e., size and materials of the roof, walls and floor (Simanowitz et al., 2000). Based 

on the sum of these scores, the household is classified as not eligible, moderately poor and 

very poor.  

 

However, as a matter of fact, the above indicators are not considered sufficient to measure 

whether a MFI truly adheres to the poverty alleviation mission. A more comprehensive 

framework that captures the various dimensions of the poverty alleviation mission was 

developed by Schreiner (2002) which is still trustworthy and very much in use. Using a 

social welfare theory, Schreiner (2002) suggests a framework for measuring the social 

benefits of microfinance in terms of six aspects: depth, breadth, length, scope, worth and 

cost. Depth is the weight of a client in the social welfare function according to welfare 

theory. Depth of outreach is the worth which society fixes to the net gain of any certain 

client. If there is a preference for the poor in the society, then poverty level is a good proxy 

                                                        
20 While in many Southeast Asian countries a housing index like the one used by CARD in the Philippines has 
proven to be an effective measure of poverty it has limited applicability in other countries, for instance in 
Bosnia-Herzegovina in Eastern Europe, where housing quality may not always indicate the poverty-level  
especially in the post-conflict environment (ImpAct, 2003). 
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for depth. Worth to clients is defined as their willingness to pay, whereas the cost of 

outreach to clients is the sum of price costs and transaction costs. Net gain to clients is 

defined as worth minus cost, the increase in welfare due to microfinance (Schreiner, 

2002). 

 

As it is difficult to measure the depth of outreach via income or wealth, Schreiner (2002) 

suggested that indirect measurement of depth should be preferred. Indirect proxies for 

depth of outreach include sex (women are preferred), location (rural is preferred), 

education (less is preferred), ethnicity (minorities are preferred), housing (small, flimsy 

houses are preferred), and access to public services (lack of access is preferred). Among 

other previously mentioned aspects, for instance, breadth of outreach is the number of 

clients, length of outreach is the timeframe of the supply of microfinance and scope of 

outreach is the number of types of financial contracts supplied. The framework for 

outreach has been utilised in this study for measuring the changes in the adherence to the 

poverty alleviation mission, as we consider this framework useful in capturing diverse 

features of the poverty-reduction mission of MFIs more comprehensively.  

1.5. Financial self-reliance and depth of outreach: Recent literature21 

Nowadays there exists a huge amount of literature covering the diversified aspects of the 

microfinance revolution. Among numerous others, Hossain et al. (2010) provide an 

account of the impact of microfinance on the clients’ livelihood. It attempts to detect the 

clear-cut impact of microfinance on poverty eradication, livelihood security and on the 

role of the Information and Communications Technology (ICT) system on microfinance 

operations. Sengupta and Aubuchon (2008) provide a non-technical overview on the 

growth and development of microcredit and microfinance. Armendariz de Aghion and 

Morduch’s (2005) study provides an excellent recent survey of the literature. Goldberg 

(2005) outlines an overall survey of recent literature on the outreach of microfinance 

programmes. Lafourcade et al. (2005) presents a very useful overview on microfinance 

institutions in Africa. Again, Weiss and Montgomery’s (2005) study gives an excellent 

account of the microfinance industry in Asia and Latin America. Brau and Woller (2004) 

introduce the finance academic community to the discipline of microfinance and 

                                                        
21 Literature reviews on the debates on financial self-reliance versus depth of outreach are presented here. 
Detailed literature reviews on a number of other topics are presented in respective chapters. These topics 
include: Asymmetric information related problems in microfinance, mission drift issues in MFIs and issues 
relating to capital and financing structure as they affect MFIs’ financial and social performance objectives.  
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microfinance institutions (MFIs) and provide a comprehensive review of over 350 articles 

to address the issues of MFI sustainability, products and services, management practices, 

clientele targeting, regulation and policy and impact assessment. Khawari (2004) also 

provides a survey of the vast literature that has developed in this field.   

 

The number of serious and rigorous empirical studies concerning the explicit relationship 

between depth of outreach and financial sustainability, or especially exploring any trade-

off between them to confirm mission drift, is surprisingly few in the academic literature. 

As stated above, not many studies have tried to address this issue. Even the ones that have 

seriously tried to do so indicate mixed and rather conflicting results.  

 

As it turns out, balancing sustainability (financial objective of MFIs) with poverty 

alleviation mission (social commitment of microfinance) is problematic. When MFIs really 

target the poor, it is even more difficult to become sustainable, even when focusing on 

high density areas and on high cash flow sectors where high repayment will be more likely 

(Sustainable Banking with the Poor, 2002). On the other hand, some microfinance 

proponents argue that with more experience and higher volumes (scaling up), MFIs will be 

able to eventually become sustainable and reach the poor at the same time (Sustainable 

Banking with the Poor, 2002).  

 

The mission of poverty alleviation and scaling up, institutional transformation and 

institutional sustainability of MFIs are interlinked. Which is the initial motive and which 

is the end goal varies from MFI to MFI. Some MFIs opt to scale up in order to achieve 

economies of scale and eventually, institutional sustainability. Others, however, decide to 

transform into a regulated financial institution in order to access larger financial resources 

that is expected to enable them to achieve financial sustainability and ultimately, a larger 

scale. This course of action is adopted by them only as a means of achieving the end goal of 

scaling up the impact of their work: reaching a larger constituency, providing a wider 

range of products and services, building a stronger institutional resource base and 

working with wider structural forces to influence them in a way to help them alleviate 

poverty. 

 

In order to address the mission drift issue a number of studies have focused on the effects 

of transformation of MFIs into a formalised financial institution although these types of 

transformations and ‘scaling up’ are not always the same. However, these studies on 

institutional transformation as a strategy for scaling up (occasionally referred to as 
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commercialisation) report mixed results in terms of mission drift. Gonzalez-Vega et al. 

(1997) looked at the sources of increase in loan size of BancoSol after the rapid expansion 

and transformation of it into a commercial bank. They used average loan size as an 

indicator for mission drift and concluded that mission drift had not occurred. However, 

using average loan size as an indicator for mission drift is itself questioned later in the 

literature. 

 

Reviewing the phases and driving forces of commercialisation of MFIs in Latin America, 

Christen (2001) concluded that there seems to be no compelling evidence that the push 

toward commercialisation leads MFIs to mission drift—the exclusion of poorer clients. 

However, this conclusion is rather contradictory, because although it claims that there is 

no mission drift due to commercialisation, the same study accepts the possibility that the 

MFIs tend to cut down the poorer clients once they transform into a commercial and 

regulated financial institution. Furthermore, the main indicator used for measuring the 

mission drift was average loan size. Besides these claims have to be taken with caution 

because they are based only on secondary data that were collected for other purposes. 

Furthermore, the main indicator used for measuring the mission drift was average loan 

size. The limitations of this indicator are discussed in several places in this study. 

 

Cull et al. (2007) comprehensively examine MFI financial performance (using measures of 

profitability) and outreach with a focus on lending methodology, controlling for capital 

and labour cost as well as institutional features. This is a comparative study based on a 

new and extensive data set of 124 MFIs in 49 countries. The study suggests that MFIs that 

focus on providing loans to individuals perform better in terms of profitability. Yet, the 

fraction of poor borrowers and female borrowers in the loan portfolio of these MFIs is 

lower than for MFIs that focus on lending to groups. It also suggests that individual-based 

MFIs, especially if they grow larger, focus increasingly on wealthier clients and as a result 

mission drift occurs. This mission drift does not occur as strongly for the group-based 

MFIs. Thus, Cull et al. (2007) find evidence for a trade-off between efficiency and 

outreach. Yet again, their study finds that as financial performance is improved, up to a 

point, with individual loans, pursuit of profit and outreach to the poor can go hand in 

hand. However, if MFI size and age are brought into the picture, the results are 

countervailing. They suggest that this is not mission drift in the strict sense, but as the 

MFIs mature and grow they focus increasingly on clients that can absorb larger loans22. 

                                                        
22 In other words, this is a situation representing ‘progressive lending’. 
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However, the study uses cross-sectional data and as they admitted, this dataset is not ideal 

for checking issues like mission drift which inherently involves adaptation over time.  

 

Olivares-Polanco (2005) investigates the determinants of outreach in terms of the loan 

size of MFIs, using data for 28 MFIs in Latin America for the years 1999-2001. The 

analysis includes only one observation for each MFI in the dataset. Using simple OLS, 

Olivares-Polanco’s study confirms the existence of a trade-off between sustainability and 

outreach. Makame and Murinde (2006) analyse the outreach versus sustainability trade-

off using a balanced panel dataset for 33 MFIs in five East African countries for the period 

2000-2005. Using different measures of the depth (loan size) and breadth (number of 

borrowers) of outreach, they find strong evidence for a trade-off between outreach and 

sustainability and efficiency. 

 

Navajas et al. (2003) do not directly analyse the existence of the trade-off, but their study 

may have implications for outreach versus sustainability. They discuss the Bolivian 

microfinance market developments since the mid-1990s and show that due to increased 

competition MFIs changed their lending technologies and the borrowers on which they 

focus their activities. In particular, their discussion suggests that the new competitor in 

the market (in Bolivia, this was Caja Los Andes) offered loan contracts that attracted less 

poor and more productive borrowers. Consequently, the first mover in the microfinance 

market (Bancosol) had to adjust its lending policies and, according to Navajas et al. 

(2003), it switched to loan contracts that prevented the less poor, more productive 

borrowers to move to Caja Los Andes. Implicitly, this suggests that competition leads to 

less access to credit for the poorest, i.e. less outreach. In a related paper, McIntosh et al. 

(2005) focus on the effects of increased competition in microfinance. In their study, they 

empirically show that wealthier borrowers are likely to benefit from increasing 

competition among microfinance institutions, but that it leads to lower levels of welfare 

for the poorer borrowers. This seems to support the view that outreach is hurt by the 

pressure of competition on the business of microfinance. 

 

The World Bank’s Sustainable Banking with the Poor (SBP) project highlighted the 

implications of increased motivation for financial sustainability of microfinance NGOs. 

They recognized several kinds of issues of trade-offs as worrying signals. These issues 

include: MFIs’ portfolio growth more in high-population-density-areas focusing less on 

rural areas; their emphasis on speedy initial loan in order to control costs leading to high 

turnover and low morale among the staff members which eventually causes dissatisfaction 
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among the loan clients; MFIs’ move towards the retail trade and service sectors with high 

cash flow to ensure high repayment rates and thus moving away from manufacturing and 

fixed asset lending;  and MFIs’ emphasis on short-term loans as a strategy for ensuring 

high repayment and loan size growth and consequently eliminating seasonal sectors like 

agriculture. 

 

Financial regulation is another related issue in the context of mission drift. It has been 

argued that regulation of microfinance is necessary, just like it is for commercial banks, 

due to the existence of information asymmetry (Hardy et al., 2003; Marulanda and Otero, 

2005). Yet, regulation may divert attention away from outreach, if regulatory 

requirements focus too much on financial goals such as capital adequacy, financial 

sustainability, etc. Hartarska and Nadolnyak (2007), using data for 114 MFIs from 62 

countries specifically investigated the impact of regulation on the performance of MFIs. In 

general terms, they did not find any evidence that regulated MFIs perform better in terms 

of either sustainability of outreach as compared to non-regulated MFIs, a finding that is 

consistent to what has been found for banks in general (Barth et al., 2004). Thus, changes 

in financial market regulation do not seem to have an impact on the compatibility or 

trade-off between the two goals of MFIs. Makame and Murinde (2006), however, do find 

any evidence for a negative relationship between regulation and outreach.  

 

Also there are some studies [for example Campion and White, 1999; Cherogony, 2001; 

Rhyne, 2001; Campion et al., 2001; Dehejia et al., 2005 and Karlan and Zinman, 2008], 

which reported that formalised organisations (MFIs) are already starting to avoid risky 

innovations and less attractive markets in favour of immediate profitability and a safer 

portfolio (the case for mission drift). More competitive, formalised microfinance lenders 

tend to move up market to larger, wealthier clients.  

 

Conducting case studies on three microfinance NGOs, Campion and White (1999) 

documented their transformation into regulated financial institutions. The studies focused 

on promoting financial sustainability as a strategy for reaching scale. Although the main 

focus was on documenting organisational level issues of the transformation process, such 

as ownership, governance and organisational development, Campion and White (1999) 

acknowledged the challenge for those transformed MFIs (K-Rep in Kenya is one of them) 

in developing mechanisms that will ensure a lasting commitment to their original target 

sector. In fact, in another case study of K-Rep Bank, Cherogony (2001) documented a 

mission drift as the loan size increased. The case study found that stricter loan 
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requirements led to exclusion of less able clients. For example, the housing loans required 

title deeds as collateral, which meant only those who could afford to provide title deeds as 

security could be served (Cherogony, 2001). 

 

On the same note Rhyne (2001) argues, in general, the transformed MFIs provide larger 

loans than the unregulated MFIs. She further argued that the loans were getting larger as 

the transformed institutions continued to serve their fastest-growing customers (Rhyne, 

2001). Whether this increase at the upper end implies abandonment of the lower end is 

not answered in this study. It may prove a challenge for the formalising MFIs to maintain 

a significant lasting commitment to the original target clientele. 

 

Yet another case study reported by Campion et al. (2001) describes the process of 

transformation of ACP (a microfinance-NGO) into MiBanco (a formal bank) in Peru. The 

authors acknowledged that although there is understanding of the organisational changes 

associated with institutional transformation there is very little information about what 

happens to clients during this process (Campion et al., 2001). The case study reported 

that, based on the analysis of data collected before and immediately after the 

transformation, there is some evidence of a shift in the client profile, or mission drift in 

other words, during the transition period toward poorer clients.  

 

Dehejia et al. (2005) uses data from SafeSave, a credit cooperative in the slums of Dhaka, 

Bangladesh, to examine how sensitive borrowers are to increases in the interest rate on 

loans. Using unanticipated between-branch variation in the interest rate they estimate 

interest elasticities of loan demand ranging from -0.73 to -1.04. They found that less 

wealthy accountholders are more sensitive to the interest rate than (relatively) wealthier 

borrowers (an elasticity of -0.86 compared to -0.26), and consequently the bank’s 

portfolio shifts away from its poorest borrowers when it increases the interest rate, a case 

for mission drift. 

 

Karlan and Zinman (2008) test the assumption of price inelastic demand using 

randomised trials conducted by a consumer lender in South Africa. They found that the 

demand curves are downward sloping, and steeper for price increases relative to the 

lender’s standard rates. They have also found that loan size is far more responsive to 

changes in loan maturity than to changes in interest rates, which is consistent with 

binding liquidity constraints, which again asserts the claims for mission drift. 
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To conclude, as the above review shows, in the existing literature there is a dearth of 

enough empirical evidence on the compatibility or trade-off between self-sustainability 

and depth of outreach of MFIs. The available studies suggest that there is indeed a trade-

off, but most of them are case-study driven or they have used small datasets, except the 

one conducted by Cull et al. (2007)23. This study aims at supplementing the extant 

literature on empirical analyses of microfinance mission drift primarily through improved 

methodology in at least two important ways. Firstly, we use a total of six substantially 

larger datasets, five of which are longitudinal, containing information for a larger number 

of MFIs over a longer period of time. Secondly, we use different measures of self-

sustainability. In particular, in Chapter 5, we look at the cost efficiency of microfinance 

institutions.

1.6. Significance of the research 

Microfinance’s escalating suitability as a helpful and effective tool to reduce poverty has 

unsurprisingly caused its demand to be increased significantly over the years. Besides, 

observers who propagate the importance of financial sustainability strongly suggest rapid 

scaling up of microfinance activities, known as sustainability-driven scaling up, to meet 

this unmet increased demand. As pointed out before, this study basically seeks to explore 

the implications of such sustainability-driven scaling up activities in microfinance 

especially focusing on the mission drift concerns. The experience of earlier scaling up 

efforts in microfinance, at least in a few cases, has shown that MFIs have a tendency to 

drift away from their poverty alleviation mission in the process of sustainability-driven 

scaling up. Therefore, this study is expected to contribute to the understanding of how 

such scaling up process affects the ability of MFIs in adhering to their customary poverty 

alleviation mission. More importantly, the study is also expected to shed some light on 

some of the challenges that lead to drift of mission in microfinance, whether such mission 

drift has really occurred and if so which strategies may enable MFIs to strengthen their 

poverty focus in the event of such mission drift. In that way the study will contribute by 

adding some knowledge to the existing literature. In a more competitive and transforming 

world of microfinance we consider this essential. This is essential both for individual MFIs 

as well as for the concerned policy makers as they are the ones who have to make informed 

                                                        
23 Cull et al. (2007) is so far the first study of its kind using a very rich global cross-sectional dataset, which has 
limitations in addressing issues like mission drift that involves inherent changes over time.  
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decisions on how to reduce poverty among the toiling masses in a more self-sustainable 

way.  

1.7. Organisation of the study 

The present study contains a total of six chapters. There is an introductory chapter and a 

concluding chapter, along with four chapters in the middle focusing on certain aspects of 

the central theme of this study—performance and mission drift issues in microfinance. 

The introductory chapter, the concluding chapter and Chapters 2-5, which comprise the 

main essays, are all self-contained. In a few instances cross-references are made though. 

 

Chapter 2 in this dissertation explores the impact of profitability on outreach-quality in 

microfinance institutions, commonly known as mission drift, using a unique panel 

database that contains 4-9 years’ observations from 253 MFIs in 69 countries. Chapter 3 

introduces a new multivariate tool, factor analysis, in the process of analysing MFI 

performance. In the event of mission drift MFIs’ objectives of financial sustainability 

should mutually exclude their social performance objective. The exercise in this chapter 

demonstrates how the statistical tool of factor analysis can be utilised to examine this 

conjecture. Chapter 4, in order to explore why some microfinance institutions (MFIs) 

perform better than others, looks at factors which have an impact on several performance 

indicators of MFIs—profitability or sustainability, repayment status and cost indicators—

based on quality-data on 353 institutions in 77 countries. In Chapter 5 we examine the 

impact of capital and financing structure on the performance of microfinance institutions 

(MFIs) where estimations with instruments have been performed using a panel dataset of 

782 MFIs in 92 countries for the period 2000-2007. Chapter 6 concludes the study by 

summarising the results from the previous chapters and suggesting some directions for 

future studies. 
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2 HAS MISSION DRIFT OCCURRED? TRADE-OFF BETWEEN 
POVERTY OUTREACH AND FINANCIAL SELF-RELIANCE 

Abstract 

The essay in this chapter explores the impact of financial self-sustainability on outreach-
quality in microfinance institutions, a trade-off between which is commonly known as 
‘mission drift’, using a unique panel database that contains 4-9 years’ observations from 
253 MFIs in 69 countries. The exercise provides empirical evidence that concern for 
‘mission drift’ is valid although a few offsetting results also emerged. In terms of a 
composite depth of outreach variable this paper finds a positive significant association 
between self-sustainability and the ‘height of outreach’ (which is the opposite of depth of 
outreach) suggesting some extent of vulnerability of mission drift over time for the 
individual-based lenders. Also, a positive and quadratic relationship between size and 
depth of outreach increases concerns for mission drift. However, results show that no such 
signals of mission drift are evident in case of operationally self-sustainable village banks. 
Considering all types of MFIs together, we found a negative significant association 
between MFI-experience and depth of outreach suggesting no mission drift. In the second 
set of regressions, where the dependent variable was the logarithm of per borrower 
average loan size/GNI per capita, the findings were by and large similar. Empirical results 
from the panel regressions even hold while performing numerous robustness checks. 
When we regionally disaggregate the dataset the observations are dissimilar suggesting 
that the mission drift phenomenon works differently in different developing regions in the 
world. For example, MFIs in the LAC region show some evidence of mission drift, but 
MFIs in the SA region do not show a similar trend. 

2.1. Introduction and Issues 

The swelling microfinance industry, the newest silver bullet to target poverty (Karnani, 

2007), has been triumphant in upholding its high standing as it matures. The double 

bottom lines that still attract the supporters and admirers of this global poverty reduction 

movement are the fact that it allows some financial gain while keeping the original social 

mission intact. However, often this win-win proposition is questioned. Is it the case that 

the profit motive overshadows the original social mission of microfinance to serve the 

poorest, resulting in a drift from their novel mission and earning higher takings by serving 

better-off clients with bigger loans? This is the already familiar concern for mission drift in 

the microfinance industry.  

 

To some critics, as MFIs become more and more motivated to make profits, outreach to 

poorer customers declines (Brett, 2006; Woller, 2002; Woler et al. 1999). They argue that 

higher motivation for profits leads to lower outreach to the poorest. However, others 
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disagree that a more profit-oriented microfinance industry is better able to serve the 

poorest. This is so because the profit motives of MFIs call for more efficiency and 

additional enthusiasm to seek out new markets for their loan products for making them 

financially self-reliant (Schreiner, 2002; Christen and Drake, 2002; Christen, 2001; 

Rhyne, 1998).  

 

This concern for mission drift24 is nothing new. From the very origination of microfinance 

it has been in place. Of late, however, this has again started alerting all—those who pursue 

a ‘financial systems approach’ aimed at building MFIs that are profitable and fully self-

supporting (the institutionists who prefer the self-sustainability approach) and those who 

believe in the poverty-reduction-first approach and claim that microfinance is meant for 

poverty reduction and empowerment (the welfarists25 who follow the poverty-financing 

approach). The commercialisation and transformation of PRODEM, an NGO, into 

shareholder-owned BancoSol in Bolivia in the early 1990s was the first major case in a 

class of its own. This provoked debates surrounding the possible trade-off between serving 

the poorest segments and being financially viable, popularly known as mission drift. Since 

then whenever any such transformation took place addressing the concerns for a likely 

mission drift remained high on the agenda of the microfinance industry26. In April 2007, 

Banco Compartamos in Mexico issued shares in a secondary offering IPO. This event, in 

effect, led to a handful of people making huge proceeds that has reignited the debate 

surrounding mission drift along with some ethical issues (Ashta and Bush, 2008).    

 

Empirical studies that have seriously tried to address this issue of concern indicate mixed 

and rather conflicting results. Some of the first round empirical evidence supports the 

position that a more profit-oriented microfinance industry is better able to serve out the 

poorest as pointed out above. In a study on BancoSol, Gonzalez-Vega et al. (1997) argue 

that sources of increase in average loan size do not indicate mission drift. In a study of 

commercialised and transformed MFIs in Latin America, Christen (2000) concludes that 

there seems to be no compelling evidence that the push toward commercialisation leads 

MFIs to mission drift. Nevertheless, MFIs could be cutting off the lower part of their target 

                                                        
24 Mission drift issue in microfinance is the old concern that relates to a possible trade-off between or mutual 
exclusion of two of the common bottom-lines of MFIs—financial performance (being financially sustainable) 
and social performance (meeting social commitments). For details see ‘definitions of key terms’ at the 
beginning.    
25 For a comprehensive discussion on the welfarists versus institutionists debates see for example, Woller et al. 
(1999). 
26 Another case study reported by Campion et al. (2001) describes the process of transformation of ACP, a 
microfinance-NGO, into MiBanco, a formal bank in Peru. 
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group. Littlefield et al. (2003) justify the optimism that innovative products and 

methodologies can enable microfinance institutions to lower their costs and reach the very 

poor profitably since programmes that target very poor clients perform better than others 

in terms of per-borrower- cost. Based on an analysis on 39 transformed MFIs, Fernando 

(2004) finds no sign for drifting away from the original mission. On the contrary, the 

financial situation of the MFIs concerned largely improved.  In a study on MiBanco in 

Peru, Campion et al. (2001) also failed to establish any mission drift as such although they 

found some evidence of shift in client profile to poorer ends, increased transaction cost 

and strains in customer relations. In an important qualitative case study, Hishigsuren 

(2007) thoroughly analysed the relationship between scaling up and mission drift based 

on ASA, a South Indian MFI. This study concludes that the MFI shows no statistically 

significant mission drift when measured by depth, quality, and scope of outreach to poor 

clients. Cull et al. (2007) is so far the first study in its kind using a rich global cross-

country cross-sectional dataset to address mission drift. Using a sample of 124 rated MFIs 

in 49 countries, they also found no mission drift in the strict sense of the word and their 

evidence shows the possibility of earning profits while serving the poor. However, in case 

of larger and older micro-banks they concluded that a trade-off emerges between 

profitability and serving the poorest.   

   

In contrast, Paxton et al. (2000) argue that there is indeed a trade-off between serving the 

poorest segments and being financially viable, since transaction costs associated with 

smaller loans are comparatively high. Several other studies have also reported that 

formalised organisations (MFIs) have already started avoiding risky innovations and less 

attractive markets in favour of immediate profitability and a safer portfolio [Campion and 

White (1999); Cherogony (2001); Rhyne (2001); Campion et al. (2001), Dehejia et al. 

(2005) and Karlan and Zinman (2008)27]. More competitive, formalised microfinance 

lenders tend to move up market to larger, wealthier clients. These are indeed the cases for 

mission drift as Woller et al. (1999) and Woller (2002) infer that as soon as an MFI leaves 

the poorer part of customers, mission drift occurs.  

 

Studies solely concerning mission drift, especially concerning the explicit relationship 

between depth of outreach and financial sustainability, are not abundant in the literature 

in spite of the interest that has been expressed in this topic. Only a handful of studies have 

tried to address this issue rigorously (see, for example, Mersland and Strom, 2010; Cull et 

                                                        
27 Although studies by Dehejia et al. (2005) and Karlan and Zinman (2008) basically focus on credit demand 
elasticities, results in these studies generally confirm the concerns for mission drift.  
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al., 2007). Again, merely a very small cross section of these studies has incorporated the 

time dimension into the scenario in order to handle the topic longitudinally and utilise the 

advantages of panel data. Consequently, there are scopes for improving the practice and in 

this paper we intend to do so. Also, the results of this exercise are expected to lessen some 

of the ambiguities. Thus, the ongoing debate and the lack of cross-country longitudinal 

studies involving a large number of MFIs justify the need for our study.   

 

The essay in this chapter proceeds as follows. Section 2.2 provides a brief review of recent 

literature on mission drift in microfinance. In Section 2.3, we describe our data on 

sampled MFIs and the selected empirical approach. Results and econometric evidences 

are discussed in Section 2.4. Finally, Section 2.5 concludes the essay with some directions 

for further research. 

2.2. Related literature  

Although a huge number of anecdotal and theoretical studies concerning diversified 

aspects of microfinance operation have been conducted, the number of studies which have 

rigorously attempted to address the concerns for mission drift in microfinance is 

surprisingly very low as mentioned above. Again only a very small number of studies 

among them have addressed this issue from a theoretical standpoint. Many empirical 

studies rely on a small-sized and country-specific database and occasionally they have 

come up with opposing and controversial outcomes. Yet again, concerning mission drift 

issues in particular, comprehensive cross-country empirical studies are indeed scanty in 

the literature. For these reasons, in addition to the concise review presented in the 

introduction section, recent literature on this topic—both theoretical an empirical—is 

discussed briefly in this section.  

 

Early study conducted by Gonzales-Vega et al. (1997) on BancoSol, Bolivia explores the 

sources of increase in average loan size and finds that mission drift has not occurred. 

Christen (2000) studies MFIs in Latin America in terms of average loan size and 

concludes that there seems to be no compelling evidence that the push toward 

commercialisation leads MFIs to ‘mission drift’. Nevertheless, MFIs could be cutting off 

the lower part of their target group. 

 

Conning (1999) studied the contract design problem of the MFIs that want to maximize 

the impact of their lending activities and outreach to a target poor borrowers while 
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remaining financially sustainable. In his study, a chain of agency relationships subject to 

moral hazard between borrowers, loan staff, MFI equity-owners and outside investors 

have been emphasized and tradeoffs between outreach, sustainability and financial 

leverage are shaped by the endogenous monitoring and delegation costs. The study finds 

that sustainable MFIs that target poorer borrowers are less leveraged and have higher staff 

costs per dollar lent, all else equal. Hence, they must charge higher interest rates. 

 

Campion and White (1999) use loan size data from CARD, K-Rep and MiBanco to explore 

the mission drift concerns and find that K-Rep's business plan actually indicated 25 per 

cent annual increase in individual loan size. Quite on a similar tone, studying client profile 

and transaction costs in MiBanco in Peru, Campion et al. (2001) find some evidence of 

shift in client profile to poorer ends, increased transaction cost and strains in customer 

relations; however, they suggested for further research need to establish whether there 

was ‘mission drift’ as such. 

 

Navajas et al. (2000) empirically explores various dimensions of outreach—depth, worth 

to users, cost to users, breadth, length and scope of output—based on data from five MFIs 

in Bolivia. They suggest that most households reached were near the poverty line, group 

lenders had more depth of outreach than individual lenders, urban poorest were more 

likely borrowers, but rural borrowers were among the poorest.  

 

Using average loan size observations from MFIs in Bolivia, Rhyne (2001) concludes that 

transformed MFIs provide larger loans than unregulated MFIs. However, the question not 

answered in this study is whether this increase implies abandonment at the lower end. 

Milgram (2001) examines the importance of sound MFI practices and contrasts self-

sustainability and targeting the poor (social improvement) by analyzing a new 

microfinance program in the northern Philippines. She argues that the MFI has tried to 

become self-sufficient too quickly, resulting in targeting not-so-poor with already 

operating businesses.  

 

Dichter (2002, cited in Hishigsuren, 2004) uses different client profiles as indicators 

including urban versus rural, agriculture versus trade, poorer versus better-off from 

multiple case studies of microfinance NGOs (SBP). He suggested that more concentration 

in urban areas, emphasizing short-term loans over seasonal agricultural loans, moving 

towards the retail and trade as opposed to manufacture and fixed asset financing and 

tending to move the poverty scale away from the poorest are the signals of mission drift.  
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SafeSave is an urban MFI working in slums in Dhaka, Bangladesh. Dehejia et al. (2006) 

explored the between-branch variation of interest rate sensitivity concerning credit 

demand among SafeSave borrowers. They find that less wealthy accountholders are more 

sensitive to the interest rate than (relatively) wealthier borrowers. Consequently, the 

bank’s portfolio shifts away from its poorest borrowers, a case for ‘mission drift’. 

 

Karlan and Zinman (2008) study is based on experimental data from one former for-profit 

consumer lender in South Africa. They studied the slope of demand curve with varying 

interest rates and loan maturity and conclude that demand curves are downward sloping, 

and steeper for increases in loan prices. Further, loan sizes are far more responsive to 

changes in loan maturity. 

 

Using high-quality cross-country data on 124 MFIs, Cull et al. (2007) find the possibility 

of earning profits while serving the poor, but a trade-off emerges between profitability and 

serving the poorest confirming the mission drift hypothesis. But there have been scopes 

for further illuminating the very concern for mission drift and Copestake (2007) clarifies 

what is meant by mission drift, reviews the extent to which poverty oriented MFIs are 

successfully able to avoid it through better social performance management and explores 

the scope for more systematic balancing of social and financial goals. The study finds that 

indeed there is scope for better social performance management more widely to avoid 

mission drift. 

 

Hishigsuren (2007) contributes to a better understanding of implications of scaling up on 

the social mission of microfinance programs. It proposes a methodology to measure the 

extent, if any, to which a microfinance program with a poverty alleviation mission drifts 

away from its mission during rapid scaling up and presents findings from a field research 

using the proposed methodology. The findings indicate that mission drift is not a result of 

deliberate decisions by the management or board but rather is a result of the challenges 

posed by the scaling-up process.  

 

Ghosh and Van Tassel (2008) develops a model for mission drift that claims that the entry 

of profit oriented donors have led to a phenomenon whereby MFIs previously catering to 

the poorest agents have drifted towards catering to the ‘better off’ poor. They suggest that 

the most accurate approach to deal with the mission drift issue is neither loan size nor 

gender, but the poverty gap ratio. Their model is most adequate for clarifying the notion of 

poverty reduction and mission drift, although the study delivers little guidance for 
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empirical researchers, because poverty is difficult to measure in practice and the poverty 

gap ratio is based on the controversial poverty line estimates (Armendariz and Szafarz, 

2009). However, their paper offers one explanation in respect of how the changing 

portfolios of certain MFIs can be linked to the phenomenon of increasing 

commercialization through the advent of the large profit oriented donors. They find that 

while this drift towards larger loans does lower the actual reduction in poverty per dollar 

spent, the MFI is actually not abandoning its original mission.  

 

Frank (2008) brings in the process of transformation or formalisation of microfinance 

into the picture. The paper examines the impact of the transformation process upon a 

control group of approximately 25 MFIs that Women’s World Banking has been tracking 

since 2002. Analysis focuses on both the financial and non-financial trends—including 

client and portfolio growth, average loan sizes, profitability, savings mobilization and 

shareholding structure—that emerged when a select set of transformed MFIs were 

compared against a similar set of non-transformed, NGO MFIs. The results of this exercise 

supports microfinance transformations as they reaffirm the customary belief that 

formalisation of MFIs help growing their outreach and product offerings. 

 

In Cull et al. (2008) both average loan size and gender are considered for empirical 

investigation on the commercialisation of microfinance, and its effects on poverty-

reduction. The authors conclude that recent commercialisation trends are “bad” news for 

the poor because commercialisation is being accompanied by larger loan sizes and less 

focus on women. 

 

Aubert et al. (2009) emphasized on the incentive required for the credit agents in 

microfinance institutions (MFIs). Such incentives help acquiring information on potential 

borrowers and select them in accordance with the MFI's objectives. They show that while 

giving incentives has no cost in for-profit MFIs, it is costly in pro-poor MFIs. A pro-poor 

MFI cannot obtain the selection of poor clients in the proportion it wishes with incentives 

based solely on repayment when repayment and wealth are positively correlated. It then 

becomes necessary to audit the share of very poor borrowers selected by an agent in order 

to provide the latter with adequate incentives. When audit costs are large, pro-poor MFIs 

may have to forego selection on wealth and use other targeting devices such as working in 

impoverished geographical locations. Driven by donor concerns with ‘mission drift’ away 

from the poor, audits on the wealth status of clients have been introduced at the level of 



 

 

37 

MFIs. They show that introducing pro-poor incentives requires extending such audits to 

the level of credit agents. 

 

Armendariz and Szafarz (2009) argue that extending larger average loan sizes in the 

process of scaling up, which is a method of defining mission drift, is not always driven by 

transaction cost minimization processes (‘progressive lending’ or ‘cross–subsidization’). 

Instead, mission drift may potentially take place through extending larger loan sizes 

because of the interplay between the MFI’s own mission, the cost differentials between 

poor and unbanked wealthier clients and several region-specific clientele-related 

heterogeneous characteristics. In a simple one-period framework they identify the 

conditions under which mission drift can emerge. The framework shows that there is a 

thin line between mission drift and cross-subsidization, which in turn makes it difficult for 

empirical researchers to establish whether a MFI has deviated from its poverty-reduction 

mission.   

 

The approach followed by Armendariz and Szafarz (2009) differs widely from others in at 

least three ways. First, and in contrast with Ghosh-Van Tassel (2008), their focus is in just 

one mission or objective to be maximized, and this maximizing objective function involves 

one and only one entity, namely, the MFI itself. Second, that particular mission or 

objective is well-defined, namely, a representative MFI is assumed to have a poverty-

reduction mission (to maximize outreach). Lastly, their model shows that mission drift is 

the result of an optimization process by outreach–maximizing MFIs facing diversified 

costs while serving a heterogeneous clientele of poor and wealthier borrowers.  

 

Finally, building upon a bank profit function framework suggested by Freixas and Rochet 

(2008), Mersland and Strom (2010) hypothesize that profit per credit client is correlated 

with average loan amount. They investigate mission drift using MFIs’ average loan size as 

the main proxy and the lending methodology, main market and gender bias as further 

mission drift measures. Employing a large high-quality panel data set of rated, multi-

country MFIs they performed estimations with instruments and find that the average loan 

size has not increased in the industry as a whole, nor is there a tendency toward more 

individual loans or a higher proportion of lending to urban costumers. Regressions show 

that an increase in average profit and average cost tends to increase average loan and the 

other drift measures. Therefore, as they suggest, cost efficiency in MFIs are important. 
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Thus, we see that indeed there has been a paucity of studies that rigorously address the 

growing concerns over issues like mission drift in microfinance. Against this backdrop, we 

may justify yet a new study on this topic. This study has most in common with Cull et al. 

(2007) which overcomes most of the limitations of previous studies. They actually 

pioneered the use of cross-country, cross-MFI data in statistical tests aimed at 

understanding the determinants of MFIs’ success. In terms of the concerns for mission 

drift, they directly ask whether there is enough evidence of a trade-off between the pursuit 

of profitability and the depth of outreach. However, they overlooked the reverse causation 

between profitability and depth of outreach. Again, their analysis is not based on 

longitudinal data and hence, ignores required dynamism related with mission drift issues 

that inherently involved adaptation over time. Also, there is further scope for improving 

the sample representativeness by increasing its size that we have tried to take care in this 

study. Another recent study by Mersland and Strom (2010) hypothesised that profit per 

credit client is correlated with average loan amount. This paper differs from Mersland and 

Strom (2010) mainly in that we do not incorporate the bank profit function framework 

into our research framework as suggested by Freixas and Rochet (2008), but we build on 

Cull et al. (2007).

2.3. Data and Empirical Approach 

2.3.1. Data description  

The empirical analysis for this study is focused on a unique panel database. Four different 

data sources have been utilized to combine and create this ingenious panel. These sources 

are: the Microfinance Information eXchange (MIX) Market, the MicroBanking Bulletin 

(MBB)—the publication of the MIX Market, World Development Indicators (WDI) of the 

World Bank and the Heritage Foundation. Individual MFI data come from the database 

maintained by the MIX Market information platform (www.mixmarket.org). For data on 

respective MFIs’ loan methodology, intermediation, scale, profit-status, target market etc. 

information from the MicroBanking Bulletin are used. For macroeconomic indicators, 

World Development Indicators (WDI) of the World Bank is the primary source while data 

on institutional indices come from the Heritage Foundation. In the dataset, MFIs have 

data for a minimum of 4 years to a maximum of 9 years—sometime between 1999 through 

2007—while most of the MFIs have data for 9 years. In other words, there are MFIs in the 

dataset for which we have only 4 (four) years of observations and then others with full 9 
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(nine) years of observations. Thus, a cross-country panel dataset for 253 MFIs in 69 

countries has been constructed. This provides us a unique opportunity to utilise the in-

built variations extant in the data-type, including variations in regards to, for example, 

institutional size and location, legal and profit status, target market, and country-level 

variations in terms of macroeconomic indicators as well as institutional indices. Details on 

the countries and MFIs involved in the database including data sources are given in 

appendix Table A2.1 and detailed descriptions on the data panels are given in appendix 

Table A2.2 and Table A2.3. Besides, Table A2.4, Table A2.5 and Table A2.6 present data 

on the basis of loan methods, legal statuses and locations of the MFIs.    

 

A longitudinal database has several advantages as described in the literature28. In order to 

draw on these advantages we opted for using a panel dataset in this study. Besides, apart 

from Mersland and Strom (2010), for instance, only a very limited number of studies have 

so far addressed the issue of mission drift in microfinance using panel data. Consequently, 

we were convinced that a high quality panel dataset would be appropriate for addressing 

such concerns for mission drift in microfinance as well as to complement previous studies. 

Moreover, issues like mission drift in MFIs intrinsically entail adaptation over time and a 

longitudinal database can be a solution to capture the dynamics by definition. 

 

The selection criteria for the microfinance institutions (MFIs) were largely based on the 

available amount and quality of the data. The MIX Market uses ‘diamonds’ to rank MFI-

data where a rank of the highest of 5-diamonds means the best quality29. In this study, we 

sampled mostly those MFIs which are ranked either with 4 or with 5-diamonds and only a 

very few with 3-diamonds. In addition, MFIs which have at least 5,000 active borrowers in 

2007 were chosen in the survey30. In an attempt to improve the representativeness of the 

database, we have tried and taken every effort to include relatively new, young and mature 

MFIs. Our sample contains all types of MFIs—non-profit NGOs, Non-Bank Financial 

                                                        
28 Mainly this relates to unobserved heterogeneity, which means that if an omitted variable does not change 
over time, then any changes in Y (outcome variable) over time cannot be caused by the omitted variable. Other 
benefits of panel data include: (1) they allow the studying of individual dynamics (e.g., separating age and 
cohort effects); (2) they give information on the time-ordering of events; (3) they allow controlling for 
individual unobserved heterogeneity; (4) they are more informative (more variability, less co-linearity, more 
degrees of freedom), estimates are more efficient. Since unobserved heterogeneity is the problem of non-
experimental research, the later benefit is especially important.  
29 The level of disclosure for each MFI is indicated through a "diamond" system: the higher the number of 
diamonds, the higher the level of disclosure. 
30 In a few instances, however, we found MFIs which are suitable otherwise, but have less than 5,000 active 
borrowers in 2007. Nonetheless, those MFIs were included into the database although they do not meet the 
criterion of having a specific number of active borrowers in 2007. As a result, the sample size as well as the 
total number of sampled countries could be increased significantly.  
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Institutions, Banks and Co-Operatives/Credit Unions31. So the dataset captures a good 

deal of diversity in itself and indeed collectively serve as a large fraction of micro-credit 

service providers worldwide which are able to produce and disclose relevant information 

on their internal operation. However, as there has been no acceptable estimate of the 

population characteristics of all MFIs according to age and other fundamental dimensions 

on hand, we cannot rule out the inevitable bias in sampling. In any case, at least the 

property of randomness in selecting MFIs is still present and thus, we proceed as if the 

MFIs in this study were chosen randomly. This should be kept in mind while the results 

are interpreted.

2.3.2. Regression Approach   

The objective of this exercise is to examine whether increased profit-motivation causes 

microfinance institutions to drift away from their original mission of serving the real poor 

in order to reduce poverty. Adherence of MFIs to the poverty alleviation mission can 

effectively be measured through examining the linkage between the depth dimension of 

outreach and overall financial self-sustainability in microfinance operation. Thus, the 

study primarily hypothesises that there is a trade-off, or inverse relation, between 

financial self-sustainability and depth of outreach in microfinance. Consequently, the 

benchmark regressions help us understand the relationship between depth of outreach 

and profitability, or financial self-sustainability, of MFIs in order to explore the validity of 

the concerns for mission drift. Previous empirical analysis on mission drift usually 

specified depth of outreach as a function of MFIs’ operational and financial performance 

(self-sustainability) and MFI-related institutional factors including size, experience, loan 

delivery method, legal status and geographical location (see, for example, Cull et al., 

2007). Following these studies, the empirical model used to test the hypothesis described 

above is of the following form:  

 

Yit = ���Xit + ��Zi + ui + �it                                       (2.1) 

 

Where Yit represents the measures of depth of outreach of MFI i at time t; Xit is a (1 × k) 

vector of observed variables that vary over individual MFIs and time; β is a (k × 1) vector 

of coefficients on X; Zi is a (1 × p) vector of time-invariant variables that vary only over 

                                                        
31 The administration of Co-Operatives/Credit Unions is a little different. But the number of these types of 
MFIs in the sample is very insignificant to affect whole observations and hence, we kept them.   
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individual MFIs; δ is a (p × 1) vector of coefficients on Z; ui  is the MFI-individual effect 

and is assumed to be an unobserved time-invariant random variable, distributed 

independently across MFIs with variance σ2
u; ��it is the usual (idiosyncratic) error term, 

which is assumed to be uncorrelated with the vector columns (X, Z, u) and has a zero 

mean and constant variance σ2
ε conditional on Xit and Zi. Together, vit = ui + �it is 

sometimes referred to as a composite error term where ui is the time-invariant 

unobservable individual-specific effect and �it is the remainder disturbance term.  

 

Depending on whether the individual-specific effects ui are correlated with the 

explanatory variables in Xit and Zi, two basic panel data models—fixed effects (FE) and 

random effects (RE)—are prescribed in the literature. When the ui constitute a part of vit 

as a component of the composite error term we have the RE or the Error-Components 

Model (ECM). In other words, if the ui are uncorrelated with the regressors, they are 

known as random effects (RE), but if the ui are correlated with the regressors, they are 

known as fixed effects (FE). At the outset we need to determine which empirical 

specification out of these two is appropriate in our case. The FE model has several 

advantages, but one of the major drawbacks of this model is that it cannot accommodate 

the time-invariant covariates, which are some of the essential building blocks of our 

model. In our model, several variables of interest, for example, the delivery model 

dummies, legal status of the MFI dummies, regulatory status of the MFI dummies, are all 

time-invariant32. Also the regional dummies are time-invariant. Therefore, as their 

estimation is sort of mandatory and since the FE model cannot do it, the RE model was 

the only alternative choice for us. Nevertheless, we cannot maintain this choice as 

described below.   

 

The RE model can accommodate the time-constant variables, but it is valid subject to 

several restrictive assumptions. The RE model assumes that the individual-specific effects 

ui are i.i.d.,Cov(Xit, ui) = 0 and Cov(Zi ,ui) = 0. This orthogonality assumption is 

indeed a very strong assumption but, fortunately, it can be tested33. One of the major 

implications of this orthogonality assumption is that the parameters can be estimated by 

the OLS or Between estimator, but neither of these estimators is efficient. But assuming 

                                                        
32 Although these variables can change from one delivery model to another, from regulated status to the non-
regulated one and also from one legal status to another one, they remain fixed for a certain span of time. We 
assume that their status and so on cannot change overnight. 
33Breusch and Pagan (1979) have developed a LM test for σ2u = 0 [the setting of λ = 1 (θ = 0)], that is, there is 
no RE which can be used to check the validity of RE. Empirically, a Hausman test is also used to determine 
whether this proposition is true.  
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Cov(Xit, ui) = 0, the RE becomes a more efficient estimator. However, if Cov(Xit, ui) ≠ 

0 and Cov(Zi,ui) ≠ 0 (that is, if the exogeneity assumption does not hold good), the RE 

estimator is biased. 

 

In effect, however, the MFI-individual effect may suffer from unobserved firm 

heterogeneity due to the diversified characteristics of the sampled MFIs. The unobserved 

firm heterogeneity ui includes unobserved firm characteristics such as managerial 

capabilities, MFI-specific dissimilar internal structures or MFI-managers’ attitudes 

towards different opposing approaches of MFI operation. For instance, ‘poverty lending’ 

and ‘financial systems’ are just two opposing approaches to govern MFI operation these 

days. Regulatory status, control rights and other explanatory variables, however, may also 

be correlated with managerial ability. Managers may choose to work for regulated or 

unregulated MFIs depending on their preferences for independence and their desire for 

and ability to implement microfinance innovations. For example, an independent-minded 

manager may choose not to work for a regulated institution as regulatory requirements 

may curb his/her ability to innovate. The significant heterogeneity of MFIs actually 

suggests that managerial quality is probably correlated with MFI characteristics including 

regulatory status.  

 

Against this backdrop, we cannot discount the possibility that the included MFI-specific 

observed variables may be correlated with the unobserved MFI-individual effect ui, thus 

violating the assumption of exogeneity of all regressors and the individual effect within the 

standard RE model. If the Hausman test indicates that the RE ui cannot be considered 

orthogonal to the individual-level error, which is indeed the case in our exercise, an 

instrumental variable (IV) estimator may be used to address this problem and generate 

consistent estimates of the coefficients on the time-invariant covariates. The Hausman-

Taylor estimator (Hausman and Taylor, 1981) proposed a solution to the above-mentioned 

problem where the RE ui cannot be considered orthogonal to the individual-level error. 

Thus, we apply the Hausman-Taylor instrumental variable estimator (henceforth HT-IV) 

which allows some of the regressors to be correlated with the individual effect. The 

approach begins by assuming the following: 

 

Yit = X1,itβ1 + X2,itβ2 + Z1,iδ1 + Z2,iδ2 + ui + ��it            (2.2) 

 

Where the X variables are time-varying, the Z variables are time-invariant, the variables 

subscripted with a “1” are exogenous, and the variables subscripted with a “2” are 
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endogenous, and hence, correlated with ui. Identifying the parameters requires that k1 

(the number of X1,it variables) be at least as large as l2, (the number of Z2,i variables)34. 

Hausman-Taylor estimator circumvents the problem that the X2,it and Z2,i variables are 

correlated with ui, but it requires that we find variables that are not correlated with the 

individual-level effect. X1 and Z1 are assumed exogenous in that they are not correlated 

with the ui, and the ��ij, while X2 and Z2 are endogenous because they are correlated with 

the ui, but not with the �it. In addition, in order to satisfy the order condition, there needs 

to be sufficient correlation between the endogenous time-invariant variables and the 

instruments obtained in the process (Wooldridge, 2002).   

 

The HT-IV is based upon an instrumental variable estimator for large panel data which 

group the regressors into exogenous time-varying and time-invariant (X1,it, Z1,i) and 

endogenous time-varying and time-invariant (X2,it, Z2,i) sets. The between and within 

variation of the individual means of the strictly exogenous time-varying regressors are 

then used as instruments for the endogenous time-invariant regressors that are assumed 

to be correlated with the unobserved individual effect (Baltagi, 2001). Provided that the 

number of exogenous time-varying variables is at least as large as the number of 

endogenous time-invariant variables, the HT-IV estimator allows for consistently 

estimating the model parameters with the GLS technique. 

 

We categorize exogenous and endogenous variables according to the Hausman-Taylor 

procedure. We assume that the MFI-specific variables (experience, size, operational self-

sufficiency level, legal status and profit status) are correlated with the unobservable MFI-

individual effect ui. Hence, these variables are considered to be endogenous variables 

while all others are assumed to be exogenous. The choice of the instrumental variables, 

however, is a testable hypothesis.  

 

The coefficient vector β summarises the effects of operational self-sufficiency and MFI-

history covariates on the depth of outreach for the omitted category. The coefficient matrix 

� performs the same for the time-invariant covariates. The interaction variables show how 

the effects of sustainability, MFI-experience and MFI-size vary across various types of 

delivery models of MFIs. Therefore, the coefficient-vectors � and δ summarise the effects 

of MFI-sustainability and MFI-history variables as well as the effects of different credit 

                                                        
34 If k1 > l2, then the equation is over-identified and the HT estimation obtained from the above transformed 
model is more efficient than the Within estimator. In our case, this condition holds good.  
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delivery models, legal-statuses of respective MFIs and diversities caused by different 

regional locations of the MFIs on the depth of outreach variables in comparison with their 

respective omitted categories. For example, the legal status variable, NP-NGO, enters the 

specification independently. As a result, MFIs whose legal statuses are other than NP-

NGO do not have their own coefficients as they are in the omitted category. 

 

In brief, we sought to use conventional definitions of mission drift and then to explore 

whether there is any evidence in favour of that. Both time-varying and time-invariant 

covariates are used in our model. The within effects model fails to estimate the time-

constant variables, so the random effects model was the second option. However, finding 

no random effects we sought a solution by using the Hausman-Taylor approach. The 

Hausman-Taylor method also enables estimations without endogeneity bias. The above 

discussion has the obvious implication that we need to focus on the MFI's outreach quality 

as well as its self-sustainability, or profitability, if we want to grasp the idea of mission 

drift. On the basis of the main hypothesis as stated at the beginning of this sub-section, we 

tried to address this by exploring two of the major sub-hypotheses for mission drift. First, 

that an MFI will increase the size of its average loan (smaller loans mean better 

outreach-quality) in order to improve financial results (profitability). The conjecture 

proceeds as follows: The MFI may limit risk through offering smaller loans, or it may drift 

away to customers who are comparatively better-off, which is obvious. The first tactic 

implies a smaller average loan size (better outreach) while the second one increases the 

average loan size (worse outreach). Second, an MFI will offer more products to its female 

borrowers in order to have the good impacts of microfinance on poor women.
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Table 1  Variable descriptions

Variable name Definition    Source 
Outreach  Log of [(Loan balance per borrower/GNI per capita)  MIX 

+ % of male borrowers] 
Outreach-2  Log of loan balance per borrower/GNI per capita  MIX 
Op. Self-sufficiency (OSS) Operating revenue / (Financial expense +  

Loan loss provision expense + Operating expense) MIX 
MFI-experience  Years of experience as a MFI  

(Number of years since inception)  MIX 
MFI-size  The natural logarithm of total assets  

(Total net asset accounts) in US $  MIX 
MFI-size squared Squared value of the natural logarithm of total assets MIX 
Non-profit NGO  A dummy that equals 1 if legal status of the MFI  

is a Non-profit NGO (NPNGO), 0 otherwise  MIX 
Solidarity lender A dummy that equals 1 if the MFI does some  

solidarity-style lending35   MBB 
Village bank lender A dummy that equals 1 if the MFI does  

village-bank-style lending   MBB 
Regulatory status A dummy variable that equals 1 if the MFI is  

regulated, 0 otherwise   MIX 
Log of OSS × Solidarity An interaction variable interacting between  

Log of OSS and solidarity lenders36                 MIX and MBB 
Log of OSS × Village bank An interaction variable interacting between  

Log of OSS and village bank lenders                 MIX and MBB 
MFI-exp. × Solidarity An interaction variable interacting between  

MFI-experience and solidarity lenders                 MIX and MBB 
MFI-exp. × Village bank  An interaction variable interacting between  

MFI-experience and village bank lenders                  MIX and MBB 
MFI-size × Solid.lenders An interaction variable interacting between  

MFI-size and solidarity lenders                                 MIX and MBB 
MFI-size × Village bank An interaction variable interacting between  

MFI-size and village bank lenders                 MIX and MBB 
EAP  A dummy that equals 1 if the MFI is in the  

East Asia and the Pacific (EAP) region,  
0 otherwise    MIX 

EECA  A dummy that equals 1 if the MFI is in the  
Eastern Europe and Central Asia (EECA) region,  
0 otherwise    MIX 

LAC  A dummy that equals 1 if the MFI is in the  
Latin America and the Carribean (LAC) region,  
0 otherwise    MIX 

MENA  A dummy that equals 1 if the MFI is in the  
Middle East and North Africa (MENA) region,  
0 otherwise    MIX 

SA  A dummy that equals 1 if the MFI is in the  
South Asia (SA) region, 0 otherwise  MIX 

SSA  A dummy that equals 1 if the MFI is in the  
Sub-Saharan Africa (SSA) region, 0 otherwise  MIX 

Inflation  The percentage change of the GDP deflator  WDI37 
GDP growth rate Annual growth rate of Gross Domestic Product  WDI 
GDP per capita  Gross Domestic Product per capita  WDI 
Protection of P. Rights Index of protection of property rights  HF38 
Economic freedom  Index of economic freedom   HF 
Government intervention Index of government intervention  HF
 

                                                        
35 As opposed to MFIs who do only village-banking, only individual lending or a combination of individual and 
solidarity lending. 
36 The MicroBanking Bulletin (MBB) is the premier benchmarking source for the microfinance industry 
published by the Microfinance Information eXchange (MIX). 
37 WDI: World Development indicators of the World Bank. 
38 HF: The Heritage Foundation. 
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Table 2 Summary statistics 

Variable      Mean           SD         Min        Max       Obs.   (Gr.) 

Outreach 4.06 1.06 0.94 7.19 1506 (252) 

Outreach-2 3.54 1.11 0.41 7.14 1648 (252) 

Av loan (GNI p.c. adj.) 64.44 96.34 1.51 1259.55 1648 (252) 

Women borrower 67.20 26.49 0 100 1649 (253) 

Male borrower 32.80 26.49 0 100 1649 (253) 

Log OSS 4.71 0.39 0.10 6.15 1781 (253) 

MFI experience 11.09 9.92 0 112 1803 (253) 

Size 15.90 1.73 8.86 22.59 1801 (253) 

Size-squared 255.87 55.77 78.53 510.19 1801 (253) 

Regulatory status 0.68 0.47 0 1 1700 (253) 

Individual 0.24 0.42 0 1 1804 (253) 

Individual-Solidarity 0.57 0.50 0 1 1804 (253) 

Solidarity 0.09 0.29 0 1 1804 (253) 

Village bank 0.11 0.31 0 1 1804 (253) 

NPNGO 0.38 0.49 0 1 1804 (253) 

NBFI 0.37 0.48 0 1 1804 (253) 

Bank 0.16 0.36 0 1 1804 (253) 

Coop./Credit U./Others 0.10 0.29 0 1 1804 (253) 

EAP 0.13 0.33 0 1 1804 (253) 

EECA 0.14 0.35 0 1 1804 (253) 

MENA 0.07 0.26 0 1 1804 (253) 

SA 0.13 0.34 0 1 1804 (253) 

SSA 0.23 0.42 0 1 1804 (253) 

LAC 0.30 0.46 0 1 1804 (253) 

Log GDP pc 6.67 0.90 4.80 9.14 1804 (253) 

Log GDP gr 1.62 0.56 0 3.53 1718 (253) 

Log inflation 1.72 0.72 0 4.48 1700 (253) 

Log pr. Of prop. rights 3.51 0.39 2.30 4.50 1794 (253) 

Log economic freedom 4.03 0.12 3.38 4.36 1794 (253) 

Log govt. intervention 4.35 0.32 1.17 4.59 1794 (253) 
Source: Author’s own calculations using data from the Microfinance Information eXchange (MIX), 
MicroBanking Bulletin (MBB), World Development Indicators (WDI) of the World Bank and the Heritage 
Foundation. Slight differences in the numbers of observations and groups for different variables are due to 
missing values for the respective variables. In order to calculate the means and standard deviations of 
variables the observations have been aggregated over all the available years. ‘Total assets’ and other 
macroeconomic variables (e.g., GDP per capita) are standardized as the respective data sources have used 
constant US dollars to be the common unit of measurements for these variables. 

2.3.3. Dependent Variable(s)  

The variables used in the analysis are defined in Table 1. In order to address the mission 

drift issue our regressions have focused on a relationship between depth of outreach and 
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financial self-sustainability, or profitability, using two measures of depth of outreach as 

dependent variables in the Yit vector. First, we use a composite variable which is the 

natural logarithm of the combination of per capita GNI adjusted average loan size and the 

percentage of male borrowers. Clearly, an increase in one of these variables represents a 

worsening of depth of outreach (we name worsening of depth of outreach as the height of 

outreach). In order to capture influences of, and more information on, both of them 

collectively and also to get the advantage of linearity, we add them first and then take its 

natural logarithm. Second, we utilise the per capita GNI adjusted average loan size 

variable alone. Smaller per borrower loan amount is considered as an indication of better 

outreach to the poor. If this is deflated by GNI, for example, we get first the normalisation 

benefit that guarantees that it is no longer in terms of domestic currency. Second, this 

adjustment eventually portrays the wealth of the nation (Cull et al. 2007). Again, the share 

of loans extended to women borrowers is another good indicator for ‘depth of outreach’ of 

an MFI since women in poor countries are considered the poorest of the poor in general. 

Armendariz de Aghion and Morduch (2005) note that there are basically three underlying 

principles for targeting women in a credit programme. Firstly, women are generally 

overrepresented among the hard-core poor. Secondly, women borrowers have high 

repayment rates on loans. Thirdly, women clients are likely to be more concerned over the 

health and education of their children. Therefore, if the number of women clients 

increases over time, the MFI concerned may not be floating away from its original 

mission. As a result, from the very beginning of the microfinance movement women 

borrowers constitute the main target groups for the MFIs. So, a higher percentage of 

women borrowers (or, alternatively a lower percentage of male borrowers) will signal a 

better outreach to the poorest.  

2.3.4. Independent Variables 

Both time variant and time-invariant explanatory variables have been included in the 

regression model in Xit and Zi vectors respectively. The Xit vector consists of two time-

variant MFI-history variables and one set of time-varying interaction variables. The 

observed MFI-history variables are: MFI-experience (years in microfinance operation) 

and MFI-size (natural logarithm of total assets of the MFI) while the matrix of interaction 

variables consists of observed variables representing interactions among various delivery 

models of MFIs and three major time-varying covariates in our model—OSS, MFI-

experience and MFI-size. The Zi vector comprises of the vector of time-invariant MFI-

orientation variables that contain three major types in this study. The first one is a set of 
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dummy variables indicating the MFIs’ legal statuses [equal to 1 if the legal status of the 

organisation is non-profit NGO (NP-NGO) while non-bank financial institutions (NBFI), 

banks and others are in the omitted category]. The second type is of another set of dummy 

variables indicating the MFI’s loan delivery methods (solidarity and village bank are the 

included dummies while individual and others are in the omitted category). The third type 

includes a set of regional dummy variables for each of the developing regions in the 

world—EAP, EECA, MENA, LAC, SA and SSA. Here LAC is in the control category. 

 

Commonly, three accounting-based indicators are widely used to measure the 

sustainability of MFIs—Return on Assets (ROA), Operational Self-Sufficiency (OSS) and 

Financial Self-Sufficiency (FSS). OSS, a time variant variable, is defined as the ratio of 

operating revenue divided by financial expense, loan loss provision expense and operating 

expense. It measures how well the MFI can cover its costs through operating revenues. In 

our study we have chosen (log of) OSS as the proxy for MFIs’ self-sustainability as we 

think that this is better than other measures including ROA. Besides, as Hartarska and 

Nadonyak (2007) note, since donors monitor MFIs’ OSS and can exercise long-term 

control due to increased competition for donations, OSS could serve as a reasonable 

approximation of financial performance of an MFI. On the contrary, ROA actually 

measure how well the MFI uses its total assets to generate returns. But since our financial 

data are mostly self-reported, ROA may not be adjusted for grants and donations and as a 

result may not represent the true asset-position of the MFIs concerned.  

 

Two MFI-history variables—MFI-size and MFI-experience—actually explain the scaling up 

dimensions for measuring mission drift and evidently they belong to the Xit vector. MFI-

experience in the model is the number of years the MFI has been in microfinance 

operation. MFI-size is defined as the natural logarithm of total assets of the MFI (total of 

all net asset accounts). Among other explanatory variables, non-profit NGO (NP-NGO) 

dummy is to capture the effects of various legal statuses of respective MFIs, as MFIs with 

any other legal status—non-bank financial institutions (NBFI), bank, co-operatives/credit 

unions and others are all included in the comparison category. Regulatory status dummy 

captures the existing regulatory framework in different countries the MFIs are in. Again, 

village Bank and solidarity dummies are included in the model for accommodating  
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different loan methodologies we need to take care of. Here other loan methodologies (like 

individual and individual plus solidarity) are in the omitted category. Several interaction-

variables are employed to see the effects of different loan methods in terms of Operational 

self-sufficiency, MFI-experience and MFI-size, the three major components of the Xit 

vector.  

Table 3 Summary statistics by loan delivery methods 

Variable   Individual        Indiv./Sol.             Solidarity           Village Bank 
  Mean     SD       Mean    SD             Mean     SD           Mean       SD 

Outreach   4.69       0.72       4.19      0.96            2.79       0.81         3.10       0.86 

Outreach2   3.99       0.96       3.68      1.07            2.53       0.66         2.64       0.89 

Average loan (GNI-Adj.) 87.47   118.00       70.51    97.15          15.61    11.48      20.29     18.65 

Women borrowers 48.97    19.90      66.21    25.59          91.62    19.47       88.89    13.83 

Male borrowers 51.03    19.90      33.80    25.59           8.38    19.47        11.11    13.83 

Log OSS   4.76      0.29       4.71      0.38             4.74      0.35          4.52      0.60 

MFI experience 13.32    15.93      10.08     6.77           13.02     8.37         9.88       6.23 

Size  16.71     1.82      15.83    1.60            15.48     1.78         14.86     1.37 

Size2                              282.59   61.38      253.09   50.46        242.71   57.74       222.58   40.42 

Regulatory status  0.74       0.44       0.74      0.44            0.46       0.50          0.33       0.47 

Individual      1           0         0            0                   0            0               0            0 

Individual/Solidarity     0           0         1            0                  0            0               0            0 

Solidarity      0           0         0            0                  1            0               0            0 

Village Bank      0           0         0            0                  0            0               1            0 

NP-NGO   0.22      0.42        0.33     0.47              0.75      0.44         0.72       0.45 

NBFI   0.44      0.50       0.39     0.49              0.15      0.36         0.28       0.45 

Bank   0.24      0.43       0.16     0.36              0.10      0.31             0            0 

Co-op./CU/Others  0.09      0.29       0.13     0.34                   0            0              0            0 

EAP   0.06      0.24       0.12     0.33              0.23      0.43         0.19       0.39 

EECA   0.18      0.38       0.17     0.37                   0            0          0.03       0.17 

LAC   0.60      0.49       0.20     0.40                   0            0           0.40       0.50 

MENA   0.02      0.13       0.11     0.32              0.06      0.24             0             0 

SA   0.03      0.18       0.09     0.29              0.60      0.49        0.13       0.34 

SSA   0.11      0.31       0.30     0.46              0.10      0.30        0.25       0.44 

Log inflation   1.79      0.68       1.71     0.79              1.60      0.52        1.75       0.60 

Log GDP per capita  7.18      0.74       6.49     0.91              6.43      0.66        6.73       0.88 

Log GDP growth rate  1.48      0.59       1.66     0.57              1.75      0.39        1.63       0.56 

Log property rights  3.45      0.44       3.52     0.37              3.48      0.35        3.62       0.40 

Log economic freedom  4.06      0.13       4.03     0.11              3.97      0.08        4.07       0.11 

Log govt. intervention  4.32      0.38      4.34    0.33             4.45     0.11       4.40      0.12 

Source: Author’s own calculations from the Microfinance Information eXchange (MIX) data, MicroBanking 
Bulletin (MBB) data, World Development Indicators (WDI) of the World Bank and the Heritage Foundation 
data. Slight differences in the numbers of observations and groups for different variables are due to missing 
values for the respective variables. In order to calculate the means and standard deviations of variables the 
observations have been aggregated over all the available years. ‘Total assets’ and other macroeconomic 
variables (e.g., GDP per capita) are standardized as the respective data sources have used constant US dollars 
to be the common unit of measurements for these variables. 
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We have also used five regional dummies in this study which are representing different 

geographical locations of the MFIs under survey: East Asia and the Pacific (EAP), East 

Europe and Central Asia (EECA), Middle East and North Africa (MENA), South Asia 

(SA), Sub-Saharan Africa (SSA). We have Latin America and the Caribbean (LAC) as the 

comparison group in the analysis.  Evidently, the time-constant dummy variables belong to 

the Zi vector whereas the time-varying interaction variables belong to the Xit vector. Table 

2 presents the combined summary statistics of variables used in the analysis and summary 

statistics disaggregated by lending methods are presented in Table 3. 

Table 4 Correlation coefficient of the exogenous macroeconomic variables and institutional 
variables serving as instruments of the endogenous time invariant variables  

   Regstatus    NPNGO    Solid        Villbank        Linf           LGDPpc       LGDPgr  
Panel A: Correlation coefficients of the exogenous macroeconomic variables 
Regstatus       1.000  
NPNGO    -0.584***        1.000  
Solidarity    -0.128***        0.236***    1.000  
Villbank    -0.259***        0.242***   -0.109***     1.000  
Linflation    -0.061*          -0.077**     -0.053*         0.013       1.000  
LGDPpc    -0.158***        0.106***   -0.087***     0.023     -0.097***    1.000  
LGDPgr       0.088***     -0.139***     0.070**       0.006       0.129***   -0.175***        1.000  
 
Panel B: Correlation coefficients of the exogenous institutional variables 

Regstatus     NPNGO    Solid         Villbank       LPPR         LEF           LGI 
Regstatus       1.000  
NPNGO    -0.584***       1.000  
Solidarity    -0.128***       0.236***     1.000  
Villbank    -0.259***       0.242***   -0.109***     1.000  
LPPR     0.030            0.061*       -0.021           0.092***         1.000  
LEF    -0.071**         0.025         -0.169***     0.103***          0.570***     1.000  
LGI    -0.076**         0.112***     0.097***     0.056*    0.414***     0.428***     1.000 
Source: Author’s own calculations from the MIX data. Regstatus: Regulatory status, NPNGO: Non-profit 
NGO, Solid: Solidarity loan delivery method, Villbank: Village bank loan delivery method, Linf: Log of 
inflation, LGDPpc: Log of GDP per capita, LGDPgr: Log of GDP growth rate, LinLPPR: Log of protection of 
property rights, LEF: Log of economic freedom, LGI: Log of government intervention. Coefficients are 
statistically significant at 10% (*p<0.05); significant at 5% (**p<0.01); significant at 1% (***p<0.001).

2.4. Discussion and results 

2.4.1. Main findings 

At the outset we need to check whether the selected time-varying exogenous variables and 

the time-invariant endogenous variables are linked and they have sufficient correlation 

before applying the Hausman-Taylor approach as suggested by Wooldridge (2002). The 

correlation coefficients for these variables are presented in Table 4 Panels A and B. As is 
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evident, these confirm that coefficients of the exogenous macroeconomic variables and 

institutional variables are sufficiently significantly correlated with the endogenous time-

invariant variables for serving as the instruments. The number of exogenous time-varying 

variables is larger than the number of endogenous time-invariant variables. Thus we 

proceed on estimating several specifications of the model.  

 
Table 5 exhibits results from the estimation of mission drift using the Hausman-Taylor 

approach as described in the Sub-section 2.3.2. Here the dependent variable is a 

composite measure for depth of outreach. The empirical specification uses enough 

exogenous time-variant variables so that we may not face the over-identification 

problem39. Following Cornwell and Rupert (1988), before using the HT estimator we used 

a formal Hausman specification test between the efficient HT estimator and the consistent 

Within (FE) estimator in each of the model specifications 40. This test checks for 

correlations between the included variables and the latent heterogeneity to see whether 

the HT method is appropriate. Before conducting that, again, we used a Hausman test 

between the Fixed Effects (FE) and Random Effects (RE) model to see which one was 

efficient. But in its preliminary round of testing we found no evidence of random effects. 

 
The relationship between self-sufficiency and depth of outreach becomes noticeable when 

we disaggregate the effects by lending type. Columns 1-4 in Table 5 show that the 

coefficient for operational self-sufficiency (OSS) (corresponding to individual-based 

lenders41) is positive and significant for the composite outreach variable. This suggests 

that operationally self-sufficient lenders whose lending methodology is either individual-

based, or a combination of individual-based and solidarity-based methodologies, tend to 

be less focused on the poor as an increase in OSS leads to an increase either in the average 

loan balance or in the percentage of male borrowers. This suggests some evidence of 

mission drift. However, one point relating to this may not be so easy to explain 

convincingly. That is, which part of this composite depth of outreach variable—‘male 

borrowers’ part or the ‘per borrower loan amount’ part—is more powerful in making the 

overall impact positive. Nevertheless, as the overall sign is positive, few possibilities are 

plausible. First, the relative strength of the ‘male borrowers’ variable may out-power the 
                                                        
39 In case of over-identification, however, the HT estimator is more efficient than the within estimator (see 
Baltagi (2008: P.135).  
40 HT stands for Hausman-Taylor Estimates. The Hausman Specification Test represents the acceptance 
probability (of the null hypothesis) of the Chi-square test. 
41 A small number of MFIs in our sample operate both on individual-based lending methodology and side by 
side, on solidarity-based lending methodology. We added them with our control-category, which are 
individual-based lenders.   
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per borrower loan amount variable to make the overall sign positive. Second, the 

comparative strength of the ‘per borrower loan amount’ variable may be bigger in 

magnitude to make the overall sign positive. Third, there can be any other combinations of 

the two as well to make the overall impact positive across all specifications. In any case, 

this indeed confirms the mission drift hypothesis of the trade-off between self-

sustainability and depth of outreach. However, in order to look into this matter quite 

extensively we used another set of models where the dependent variable is the per 

borrower loan amount (GNI adjusted) itself as discussed later. 

 
Demirguc-Kunt and Huizinga (1999) found a positive link between inflation and 

performance of banks. Reaching the poorer outreach is considered a better (social) 

performance in the microfinance literature. Keeping this in mind, we used inflation, 

among others, as a control variable in both of the outreach regressions. Following 

Hartarska and Nadolnyak (2007), we also used several macroeconomic factors as control 

variables in regressions. They include GDP per capita and GDP growth rate. Recent 

studies have found that institutional factors influence financial development (Mueller and 

Udhe, 2009). Taking microfinance as an important development and poverty finance tool, 

we are convinced that institutional factors including protection of property rights (PPR) 

index, economic freedom (EF) index and government intervention (GI) index are some of 

the most important institutional factors which are able to influence MFIs’ (social) 

performance42. However, among all the institutional variables which have been used as 

legitimate instruments, only the protection of property rights in estimation models HT7 

and HT8 are found negative and significant. Quite expectedly this phenomenon indicates 

that well protected property rights guarantee lower per borrower loan size and fewer loans 

to male borrowers. This makes sense as better property rights are meant for higher 

involvement of the poorer women borrowers in small enterprises. Certainly, it is an 

improvement in terms of the concerns for mission drift. But, somewhat on the contrary to 

what we have expected, no other macroeconomic variable has been found significant in 

any model estimation. 

 
The interaction between OSS and lending type is negative and significant for village bank 

lenders across all specifications. The same interaction is negative, but insignificant (not 

significantly different from zero) for (solidarity-based) group lenders. This again suggests 

that village banks with a relatively high level of operational self-sufficiency tend to lend a 

smaller amount of loan as a proportion of GNI per capita and extend fewer loans to male 

                                                        
42 For example see, Hartarska and Nadolnyak (2007: P. 1218). 
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borrowers, which suggests that they do really care for the depth of outreach. This 

significant coefficient on the interaction term again suggests that the relationship is 

different than that for the individual-based lenders (omitted category) in our regressions.

Table 5  Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of Outreach 
(composite variable) 

Variable   HT6 HT7 HT8 HT9    
Constant    5.647*** 5.291*** 5.525*** 5.110*** 
   (1.340) (1.101) (1.078) (1.096)  
Endogenous TI 
Regulatory status  -0.759 -1.046 -0.665 -0.912    
   (0.909) (0.760) (0.684) (0.754)    
Non-profit NGO   -0.638 -0.852 -0.720 -0.999    
   (0.803) (0.691) (0.664) (0.708) 
Endogenous TV 
Log of OSS   0.076* 0.103** 0.094** 0.106**  
   (0.035) (0.035) (0.035) (0.035)    
MFI-Experience   -0.034*** -0.014 -0.024** -0.006    
   (0.009) (0.008) (0.008) (0.008)    
Size   -0.158 -0.062 -0.135 -0.066    
   (0.094) (0.093) (0.096) (0.093)    
Size2   0.009** 0.005 0.007* 0.005    
   (0.003) (0.003) (0.003) (0.003) 
Exogenous TI 
Solidarity   -0.842 -0.667 -0.579 -0.486    
   (0.952) (0.980) (0.945) (0.990)    
Village Bank   -1.788* -1.761* -1.651* -1.762*   
   (0.712) (0.706) (0.694) (0.706)    
EAP   -0.195 -0.307 -0.289 -0.376    
   (0.336) (0.241) (0.237) (0.240)    
EECA   0.098 0.131 0.075 0.148    
   (0.340) (0.275) (0.269) (0.275)    
MENA   -0.156 -0.079 -0.126 -0.040    
   (0.508) (0.419) (0.405) (0.423)    
SA   -0.327 -0.301 -0.394 -0.408    
   (0.459) (0.329) (0.312) (0.326)    
SSA   0.631 0.653** 0.573* 0.580*   
   (0.373) (0.241) (0.229) (0.240) 

(Continued on next page) 
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Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of Outreach (composite 
variable) (contd. from previous page) 
Exogenous TV 
Log of inflation   -0.003  -0.001                 
   (0.017)  (0.016)                 
Log of GDP growth rate  -0.027                   
   (0.021)                   
Log of GDP per capita  -0.004                   
   (0.116)                   
Log of protection of property rights -0.101 -0.170** -0.162*                 
   (0.066) (0.062) (0.064)                 
Log of economic freedom  0.078 0.078 0.105 -0.044    
   (0.157) (0.159) (0.160) (0.150)    
Log of government intervention  -0.063 -0.066 -0.074 -0.060    
   (0.043) (0.044) (0.045) (0.044)    
Log OSS × Solidarity  -0.156 -0.194 -0.181 -0.196    
   (0.119) (0.125) (0.123) (0.125)    
Log OSS × Village Bank  -0.258** -0.288*** -0.306*** -0.295*** 
   (0.081) (0.080) (0.082) (0.080)    
MFI-Experience × Solidarity  -0.018 -0.032 -0.018 -0.033    
   (0.024) (0.024) (0.023) (0.024)    
MFI- Experience × Village Bank  0.064*** 0.033 0.046* 0.033    
   (0.019) (0.019) (0.019) (0.019)    
Size × Solidarity   0.054 0.064 0.048 0.062    
   (0.067) (0.069) (0.067) (0.069)    
Size × Village Bank  0.073 0.101 0.097 0.112*   
   (0.056) (0.057) (0.057) (0.057)    
Observations (Groups)  1241 (236) 1398 (236) 1308 (236) 1398 (236) 
Wald Chi2   205.57  270.78 258.40 265.63 
Hausman specification test  15.13 3.37 4.20 3.33 
P-values   0.5153 0.9934 0.9941 0.9927 
Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. All models 
are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) are given in χ2 values. 
Coefficients are statistically significant at 10% (*p<0.05), 5% (**p<0.01) and 1% (***p<0.001) levels.
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Table 6 Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach 
(log of GNI adjusted average loan balance) 

Variable   HT HT1 HT2 HT3    
Constant    8.376*** 5.849*** 4.836*** 6.533*** 
   (1.426) (1.211) (0.993) (1.325) 
Endogenous TI  
Regulatory status  -0.593 -1.361  -1.174   
   (0.896) (0.822)  (0.875)    
Non-profit NGO   0.210 -0.103 0.980 -0.459    
   (0.812) (0.800) (0.631) (0.801) 
Endogenous TV 
Log of OSS   0.138*** 0.125** 0.124** 0.138*** 
   (0.040) (0.039) (0.039) (0.041)    
MFI-Experience   -0.050*** -0.041*** -0.043*** -0.047*** 
   (0.010) (0.009) (0.009) (0.010)    
Size   -0.318** -0.127 -0.097 -0.327**  
   (0.109) (0.106) (0.105) (0.109)    
Size2   0.016*** 0.010** 0.008* 0.016*** 
   (0.004) (0.003) (0.003) (0.004) 
Exogenous TI 
Solidarity   -0.984 -1.121 -0.606 -1.077    
   (1.095) (1.153) (1.025) (1.130)    
Village Bank   -0.731 -0.839 -0.614 -0.868    
   (0.796) (0.805) (0.756) (0.804)    
EAP   -0.213 0.087 -0.078 0.007    
   (0.342) (0.271) (0.228) (0.348)    
EECA   0.278 0.472 0.613* 0.411    
   (0.342) (0.314) (0.276) (0.335)    
MENA   -0.879 -0.770 -1.300*** -0.530    
   (0.508) (0.478) (0.385) (0.496)    
SA   -0.393 0.313 -0.043 0.063    
   (0.467) (0.363) (0.230) (0.493)    
SSA   0.389 1.132*** 0.912*** 0.795    
   (0.382) (0.268) (0.197) (0.413) 
Exogenous TV 
Log of inflation   -0.003   -0.011    
   (0.018)   (0.018)    
Log of GDP growth rate   0.004   0.014    
   (0.023)   (0.023)    
Log of GDP per capita  -0.350**   -0.164    
   (0.122)   (0.147)    
Log of protection of property rights -0.139 -0.217** -0.219***                 
   (0.071) (0.067) (0.065)                 
Log of economic freedom  -0.085 -0.223 -0.348*                 
   (0.180) (0.178) (0.172)                 
Log of government intervention  -0.078 -0.074 -0.039                 
   (0.050) (0.051) (0.048)                 
Log of OSS × Solidarity  -0.107 -0.105 -0.058 -0.105    
   (0.141) (0.147) (0.138) (0.142)    
Lg of OSS × Village Bank  -0.018 -0.005 0.007 -0.015    
   (0.094) (0.092) (0.091) (0.091) 

(Continued on next page) 
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Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach (log of GNI 
adjusted average loan balance) (Contd. from previous page) 
 
MFI-Experience × Solidarity  -0.015 -0.036 -0.025 -0.021    
   (0.027) (0.028) (0.024) (0.027)    
MFI-Experience × Village Bank  0.047* 0.027 0.031 0.045*   
   (0.022) (0.021) (0.020) (0.022)    
Size × Solidarity   0.043 0.049 -0.006 0.052    
   (0.077) (0.081) (0.069) (0.079)    
Size × Village Bank  -0.065 -0.064 -0.073 -0.052    
   (0.064) (0.064) (0.062) (0.064)    
Observations (Groups)  1346 (236) 1525 (236) 1619 (251)           1350 (236) 
Wald Chi2   224.99                 280.69 295.48 205.82 
Hausman specification test (χ2)  9.32 1.67 7.40 1.33 
P-values   0.8996 0.9999 0.8806 1.000 
Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. All models 
are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) are given in χ2 values. 
Coefficients are significant at 10% (*p<0.05), 5% (**p<0.01) and 1% (***p<0.001) levels.

Somewhat counterbalancing trends come into view when we further explore the influence 

of MFI-size and MFI-experience which are mainly included to control for the scaling up 

effects43. The significant negative coefficient for experience in specifications HT6 and HT8 

do not provide any evidence of mission drift over time for individual-based lenders as the 

results indicate that for more experienced MFIs the average adjusted loan size is smaller 

and they provide a lesser amount of loans to the male borrowers. For village banks, 

however, MFI-experience appears to have more association with outreach (here the 

composite variable) which provides some evidence of mission drift. This is evident as the 

coefficient for the interaction between MFI-Experience and village banking is positive and 

significant in two specifications—HT3 and HT5. This confirms that village banks with 

relatively more experience affect the depth of outreach variable unfavourably—

experienced village banks care less about mission drift. This may so happen as 

experienced MFIs tend to have bigger endowments to make them so well-organised and 

efficient that they do not need to fine-tune their mission in order to draw additional funds. 

For group lenders, however, we do not find such significant association. Controlling for 

OSS, MFI-experience and MFI-size by type or methodology of lending, village banks have 

much better ‘depth of outreach’ (smaller average loan size and fewer male borrowers) in 

comparison with individual-based lenders based on the coefficient for the simple dummy 

variables for this lending type. Among two lending type variables, village banking has a 

significant negative relationship with the outreach variable, which is exactly what we 

expected. One plausible account for this, related to the very evolution process of the 

microfinance movement, is due to the fact that (village) banking methodology in the 

microfinance movement spread as a later phenomenon in order to attain financial self-

                                                        
43 MFI-age and MFI-experience variables represent MFI-history in general.   
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sufficiency of an MFI. But our results show that this has negatively and significantly 

affected the depth of outreach scenario. It means that village banking has resulted in a 

decrease in the percentage of male borrowers and per borrower loan amount, which is an 

improvement in terms of the concerns for mission drift. However, we encounter severe 

complications while trying to interpret the interactions between lending type and MFI-

size. 

Table 7 Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach 
(log of LBB-GNI)-Robustness 

Variable    HT2 HT4 HT5    
Constant     4.836*** 6.617*** 6.323*** 
    (0.993) (1.160) (1.271) 
Endogenous TI 
Regulatory status     -0.875    
      (0.701) 
Non-profit NGO    0.980 0.230                 
    (0.631) (0.506) 
Endogenous TV 
Log of OSS    0.124** 0.136*** 0.139*** 
    (0.039) (0.041) (0.040)    
MFI-Experience    -0.043*** -0.044*** -0.047*** 
    (0.009) (0.010) (0.010)    
Size    -0.097 -0.283** -0.328**  
    (0.105) (0.109) (0.109)    
Size2    0.008* 0.015*** 0.016*** 
    (0.003) (0.004) (0.004) 
Exogenous TI 
Solidarity    -0.606 -0.213 -1.230    
    (1.025) (0.926) (1.096)    
Village Bank    -0.614 -0.604 -0.914    
    (0.756) (0.720) (0.799)    
EAP    -0.078 -0.358 -0.012    
    (0.228) (0.253) (0.345)    
EECA    0.613* 0.399 0.483    
    (0.276) (0.246) (0.309)    
MENA    -1.300*** -0.848* -0.746*   
    (0.385) (0.343) (0.319)    
SA    -0.043 -0.533 -0.031    
    (0.230) (0.291) (0.464)    
SSA    0.912*** 0.250 0.744    
    (0.197) (0.275) (0.403) 

(Contd. on next page) 
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Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach (log of 
LBB-GNI)-Robustness (Contd. from previous page) 
Exogenous TV 
Log of inflation     -0.001 -0.010    
     (0.018) (0.018)    
Log of GDP growth rate     0.022 0.015    
     (0.023) (0.023) 
Log of GDP per capita     -0.355** -0.182    
     (0.124) (0.143)    
Log of Protection of Property Rights  -0.219***                  
    (0.065)                  
Log of Economic Freedom   -0.348*                  
    (0.172)                  
Log of Government Intervention   -0.039                  
    (0.048)                  
Log of OSS × Solidarity   -0.058 -0.055 -0.106    
    (0.138) (0.132) (0.142)    
Log of OSS × Village Bank   0.007 0.001 -0.020    
    (0.091) (0.091) (0.091)    
MFI-Experience × Solidarity   -0.025 -0.007 -0.022    
    (0.024) (0.022) (0.027)    
MFI-Experience × Village Bank   0.031 0.045* 0.046*   
    (0.020) (0.021) (0.022)    
Size × Solidarity    -0.006 -0.018 0.058    
    (0.069) (0.065) (0.078)    
Size × Village Bank   -0.073 -0.055 -0.054    
    (0.062) (0.061) (0.063) 
Observations (Groups)   1619 (251) 1441 (251)     1350 (236)   
Wald Chi2    295.48 249.79 206.22 
Hausman specification test   7.40 1.67 1.57 
P-values    0.8806 0.9999 0.9999 
Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. All models 
are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) are given in χ2 values. 
Coefficients are significant at 10% (*p<0.05), 5% (**p<0.01) and 1% (***p<0.001) levels.

The significant and positive coefficient for the MFI-size-squared variable essentially 

indicates a non-linear association between size and outreach suggesting that larger 

individual-based lenders (that is, the control-category) do relatively poorly in terms of 

outreach. This again suggests some evidence of mission drift over time. However, we 

found no significance with regard to the size variable itself and also the interactions of size 

with solidarity and village banks have no significance either. The regional dummy 

variables do explain some variation in depth of outreach. Institutions from Sub-Saharan 

Africa (SSA) out-performed those from other regions in terms of depth of outreach—the 

composite dependent variable in this case.  

 

In sum, the results do confirm the mission drift hypothesis that there has been a trade-off 

or negative link between self-sustainability (for which OSS has been used as a proxy) and 

depth of outreach to the poor. However, controlling for other pertinent factors we do 

stumble upon a few countervailing trends. Some of them are somewhat similar to the 

results found by, for example, Cull et al. (2007). For instance, they found some evidence of 
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mission drift over time for individual-based lenders based on the coefficient for MFI-size 

(and to a lesser extent MFI-age) in average loan size specification.  In our study we found a 

non-linear association between MFI-size and depth of outreach to the poor suggesting the 

fact that larger individual-based lenders (that is, the control-category) do relatively poorly 

in terms of outreach and that happens with a significant quadratic effect. However, we 

found negative significant association between MFI-experience and outreach suggesting 

no mission drift owing to the scaling up effect. For village banks, however, MFI-experience 

appears to have more association with outreach (here the composite variable) which 

provides some evidence of mission drift. Again, they found negative significant association 

between sustainability (FSS) and two of the outreach variables—average loan amount and 

share of women borrowers. While in our case, we found a positive association between 

these suggesting the concern that individual-based lenders are more vulnerable to mission 

drift over time. 

 

Table 6 presents results from the estimates where depth of outreach is measured by the 

natural logarithm of per borrower loan amount adjusted by GNI per capita. As we see, 

self-sustainability of MFIs (measured by log of OSS) is positively and highly significantly 

related with depth of outreach while MFI-history entailing scaling up effects (measured by 

MFI-age and MFI-size) are all significantly negatively linked with depth of outreach in 

most of the specifications. The size-squared variable is also highly significant in these 

regressions to substantiate quadratic effect of size on depth of outreach. This quadratic 

effect of MFI-size indicates that scaling up of MFIs does matter in bringing self-

sustainability but at the cost of losing the poorest outreach. Other estimation results are 

more-or-less similar to what we have already explained earlier in case of the composite 

depth of outreach variable. However, a few additional results may be worth explaining. In 

the per borrower loan amount regression, the coefficient for the size variable is always 

negative and  significant in models HT and HT3, which indicates that corresponding to 

individual-based lenders scaling up of MFIs is negatively associated with depth of 

outreach suggesting an improvement in terms of mission drift. However, the interaction of 

size with other lending types—village banks and solidarity—is not significantly different 

from zero. The regional dummy variables do explain some variation in depth of outreach 

in these regressions also. The Middle East and North Africa (MENA) region performs 

worse in terms of depth of outreach. However, performance of the institutions from Sub-

Saharan Africa (SSA) is better than the institutions from other regions, which is similar to 

what we found previously. Additionally, the role of two of the institutional factors—

protection of property rights and economic freedom—have been found negative 
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significant. These results suggest that better protection of property rights and more 

economic freedom lead to a decrease in adjusted per borrower loan amount, which is quite 

logical and self-explanatory. As we expected this is considered as an improvement in 

terms of the concerns for mission drift. The per capita GDP variable has a negating effect 

on depth of outreach and this makes sense as the dependent variable is already deflated by 

GNI44.

Table 8 Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of Outreach 
(composite variable) (MFIs in the LAC region) 

Variable   HT6 HT7 HT8 HT9 
Constant    5.857* 1.724 0.885 1.842    
   (2.374) (1.529) (1.753) (1.578)    
Endogenous TI 
Regulatory status  0.241 -0.223 -0.169 -0.366    
   (0.583) (0.474) (0.464) (0.486)    
Non-profit NGO   0.058 0.227 0.349 -0.231    
   (0.670) (0.501) (0.490) (0.531)    
Endogenous TV 
Log of OSS   -0.008 0.162* 0.184* 0.205**  
   (0.102) (0.077) (0.079) (0.080)    
MFI experience   -0.072*** -0.072*** -0.082*** -0.054*** 
   (0.015) (0.013) (0.013) (0.012)    
Size    -0.008 0.039 0.082 0.147    
   (0.162) (0.136) (0.162) (0.139)    
Size2   0.007 0.005 0.004 0.001    
   (0.005) (0.004) (0.005) (0.004)    
Exogenous TI 
Individual-Solidarity  0.311 1.932* 2.684** 1.844*   
   (1.113) (0.848) (0.961) (0.877)    
Village Bank   -2.653* -2.050 -1.654 -1.467    
   (1.293) (1.103) (1.176) (1.146)    
Exogenous TV 
 
Log of inflation   -0.010  0.013                 
   (0.020)  (0.019)                 
Log of GDP growth rate  0.014                   
   (0.027)                   
Log of GDP per capita  -0.409*                   
   (0.189)                   
Log of protection of property rights -0.318*** -0.339*** -0.373***                 
   (0.069) (0.065) (0.069)                 
Log of economic freedom  0.558 0.846** 0.872** 0.354    
   (0.288) (0.264) (0.280) (0.253)    
Log of government intervention  -0.123 -0.300* -0.261 -0.346*   
   (0.162) (0.147) (0.154) (0.152)    

(Contd. on next page) 
 
 
 
 

                                                        
44 Gross National Income (GNI) comprises the total value produced within a country (i.e., its GDP), together 
with its income received from other countries (notably interest and dividends), but not including similar 
payments made to other countries. The GNI is similar to the Gross National Product (GNP), except that in 
measuring the GNP one does not deduct the indirect business taxes. For example, the profits of a US-owned 
company operating in the UK will count towards US GNI and UK GDP, but will not count towards UK GNI or 
US GDP.  
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(Contd. From previous age) 
Log of OSS × Individual-Solidarity -0.007 -0.252* -0.347** -0.289*   
   (0.149) (0.116) (0.127) (0.120)    
Log of OSS × Village Bank  -0.175 -0.318** -0.365*** -0.351*** 
   (0.120) (0.099) (0.101) (0.102)    
MFI experience × Individual-Solidarity 0.055** 0.075*** 0.083*** 0.064*** 
   (0.018) (0.016) (0.016) (0.016)    
MFI experience × Village Bank 0.072** 0.063** 0.077*** 0.063**  
   (0.022) (0.021) (0.022) (0.022)    
Size × Individual-Solidarity  -0.064 -0.109* -0.133** -0.085    
   (0.049) (0.043) (0.046) (0.044)    
Size × Village Bank  0.086 0.071 0.048 0.054    
   (0.083) (0.083) (0.086) (0.085)    
Observations (Groups)  385 (71) 435 (71) 420 (71) 435 (71)    
Wald Chi-square  177.71 202.76 210.45 164.67 
Hausman Chi-square  6.01 4.20 4.62 2.61 
P-values   0.9880 0.9889 0.9905 0.9977 
Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. All models are 
estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) are given in χ2 values. Coefficients 
are statistically significant at 10% (*p<0.05), 5% (**p<0.01) and 1% (***p<0.001) levels. 
 
 
 
 
Table 9 Hausman-Taylor (HT) Estimates for Mission Drift Measured by Depth of Outreach 

(composite variable) (South Asian MFIs) 

Variable   HT6 HT7 HT8 HT9  
Constant   14.030** 4.707 5.344 1.753    
   (4.659) (3.292) (3.298) (3.251)    
Endogenous TI 
Regulatory status  -0.051 0.014 -0.499 -0.776    
   (1.107) (0.923) (0.704) (1.244)    
Non-profit NGO   -0.385 0.001 -0.355 -0.291    
   (0.879) (0.761) (0.620) (0.936)   
Endogenous TV 
Log of OSS   -0.228** -0.241** -0.243** -0.235**  
   (0.083) (0.086) (0.086) (0.089)    
MFI experience   0.025 -0.015 -0.015 0.010    
   (0.023) (0.017) (0.018) (0.017)    
Size    -0.008 0.197 0.196 0.249    
   (0.217) (0.207) (0.207) (0.212)    
Size2   0.002 -0.005 -0.005 -0.008    
   (0.007) (0.007) (0.007) (0.007)    
Exogenous TI 
Solidarity    -3.975*** -3.397*** -3.509*** -3.859*** 
   (1.089) (0.960) (0.945) (1.042)    
Village Bank   -2.837* -3.348*** -3.153*** -3.421**  
   (1.207) (0.976) (0.942) (1.049)    

(Contd. on next page) 
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(Contd. From previous age) 
Exogenous TV 
Log of inflation   0.005  0.007                 
   (0.058)  (0.059)                 
Log of GDP growth rate  0.090                   
   (0.078)                   
Log of GDP per capita  -1.507**                   
   (0.542)                   
Log of protection of property rights -0.681* -0.927** -0.947**                 
   (0.313) (0.284) (0.293)                 
Log economic freedom  -0.018 -0.199 -0.201 -0.481    
   (0.481) (0.469) (0.481) (0.482)    
Log of government intervention 0.282 0.536 0.542 0.753    
   (0.450) (0.412) (0.437) (0.418)    
Log OSS × Solidarity  0.185 0.171 0.175 0.192    
   (0.146) (0.151) (0.151) (0.155)    
Log OSS × Village Bank  0.334 0.479 0.636 0.636    
   (0.665) (0.660) (0.638) (0.708)    
MFI-Experience × Solidarity   -0.070* -0.047 -0.050* -0.082**  
   (0.028) (0.026) (0.025) (0.028)    
MFI- Experience × Village Bank -0.197 -0.206 -0.156 -0.176    
   (0.181) (0.175) (0.166) (0.191)    
Size × Solidarity   0.243*** 0.186** 0.190** 0.233*** 
   (0.063) (0.062) (0.061) (0.066)    
Size × Village Bank  0.206 0.152 0.067 0.080    
   (0.312) (0.304) (0.290) (0.331)    
Observations (Groups)  170 (33) 173 (33) 173 (33) 173 (33)    
Wald Chi-square  70.82 60.59 61.45 46.93 
Hausman Chi-square  8.28 4.51 4.46 2.53 
P-values   0.9402 0.9845 99.20 99.80 
Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. All models 
are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) are given in χ2 values. 
Coefficients are statistically significant at 10% (*p<0.05), 5% (**p<0.01) and 1% (***p<0.001) levels.

2.4.2. Robustness checks 

We checked robustness of the results basically in two steps—first, through changing model 

specifications of Table 5 and Table 6 and second, conducting re-estimations of models 

employing regionally disaggregated databases.  To begin with, we skipped one out of the 

two endogenous time-invariant variables—regulatory status and non-profit NGO—in three 

regression specifications. Results are presented in Table 7 above and as we see, they 

remain mostly unperturbed. A positive significant link between the coefficients for 

operational self-sufficiency (OSS) and the measure for depth of outreach (log of per capita 

GNI adjusted average loan) is evident. So, the results confirm the main hypothesis of the 

study; there is indeed a trade-off between MFIs’ increased motivation for self-

sustainability and depth of outreach and that some extent of vulnerability of mission drift 

exists over time in sampled MFIs. We also see negative significant coefficients for the 

MFI-history variables: MFI-size and MFI-experience.  
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In the second step, we disaggregate the database on the basis of regional locations of the 

MFIs under survey and re-estimated all of the models in Table 5 – Table 7 for each of the 

six developing regions in the world—EAP, EECA, LAC, MENA SA and SSA. Main results of 

estimations using disaggregated datasets concerning four regions (EAP, LAC, SA and 

SSA)45 are provided in Table 8 and Table 9 above and in Table A2.7, Table A2.8, Table 

A2.9 and Table A2.10 in the appendix46. Results show that indeed there are regional 

variations in terms mission drift in microfinance as we hypothesise in this exercise. The 

LAC region shows evidence of a trade-off between self-sustainability and depth of 

outreach—the original mission drift hypothesis—as we see from Table 8. However, 

estimation results of the SA region concerning analogous mission drift hypothesis are 

quite opposite as Table 9 depicts. This indicates that while region like the LAC shows the 

vulnerability of mission drift over time, analogous mission drift hypothesis is hard to 

prove for other regions like the SA region. Results related to the MFI-size MFI-experience 

hypotheses are generally similar to what has been discussed before across various models.   

  

These results are partially in line with the explanations given by Armendariz and Szafarz 

(2009). They claim that banking sectors in the Eastern and Southern Asia regions are 

highly developed compared to the banks located in the Latin American region. On the 

basis of this argument Mueller and Udhe (2009) claim that micro-banks the Eastern and 

Southern Asia regions are more prone to mission drift. Our results are somewhat different 

and one plausible account for our dissimilar results may be due to the fact that South Asia, 

for example, continues to host the largest number of individuals living in poverty. This fact 

alone should, in principle, attract massive numbers of unbanked poor into the industry 

every year. Anecdotal evidence says that average loan size for the new entrants into 

microfinance always tend to be smaller. As a result, South Asian MFIs do not confirm our 

hypothesis for the mission drift concerns. On the contrary, since regions like Latin 

America are known to have underdeveloped financial systems. Therefore, MFIs in these 

regions are attractive sources of funding for bigger-sized loans for the unbanked wealthier 

clients in this area.  

 

Additionally, although not as a third step as such, we checked the legitimacy of our results 

through employing different estimation strategies: Random Effects (Swamy and Aurora) 

model, Fixed Effects model with robust standard errors, Random Effects model with 

AR(1) autocorrelation, heteroskedasticity-adjusted GLS estimation and Maximum 

                                                        
45 All of the six regions’ results are not presented in the interest of brevity. 
46 Basically in the interest of brevity, again, we skipped presenting all the regional results in the main text. 
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Likelihood Estimation methods as suggested by Baltagi (2008). In each case, however, we 

found similar results.

2.5. Conclusions 

A quarter of observers uphold the position that as microfinance is becoming more and 

more commercialised its primary mission—to provide financial services (mainly collateral-

free tiny loans) to the outreach entrepreneurial poor—is at stake. This is the already-

known concept of mission drift, a concern where the pursuit of improved financial 

performance reduces focus on the real poor. Those who believe in the ‘poverty finance 

approach’ are worried more about mission drift in microfinance. They argue that as the 

drive for profitability increases, only the so-called less poor (as opposed to the very poor) 

will qualify for loans. In contrast, proponents of the self-sustainability approach hold that 

the profit motive leads MFIs to run with more efficiency and to seek out new markets and 

loan products. This study attempts to contribute to this ongoing debate.   

 

In the composite variable regressions, we found a positive significant relationship between 

self-sustainability (measured by OSS) and outreach suggesting some extent of 

vulnerability of mission drift over time for the individual-based lenders. The econometric 

evidence supports the hypothesis that average loan size increases with an increase in 

average profits and average operational costs showing that the MFIs do not tend to 

maintain and even decrease the depth of outreach measured by average loan. These results 

confirm the findings of the few prior studies that have focused on mission drift (Cull et al., 

2007; Hishigsuren, 2007). We did not find evidence of mission drift over-time for 

individual-based lenders based on the coefficient for MFI-size. However, in our study we 

found a non-linear association between MFI-size and depth of outreach to the poor 

suggesting that larger individual-based lenders (that is, the control-category) do relatively 

poorly in terms of outreach and that is with a significant quadratic effect. For village 

banks, however, MFI-experience appears to have more association with outreach (here the 

composite variable) which provides some evidence of mission drift. However, we found 

negative significant association between MFI-experience and outreach suggesting no 

mission drift. The effects of MFI-experience and MFI-size were found insignificant when 

they were disaggregated by various lending methods. In the second set of regressions, 

where the dependent variable was the logarithm of per borrower average loan size/GNI 

per capita, the findings were similar.  
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Several concrete findings emerged in this exercise. Results show that indeed there is 

evidence for mission drift as long as the trade-off between operational self-sufficiency and 

depth of outreach is concerned. We also employ MFI-history perspectives (age and size) in 

our models basically to incorporate the scaling up effects. But, such concerns for mission 

drift in microfinance found somewhat unsubstantiated when these scaling up measures 

are included. These variables, however, have their own idiosyncrasies. The age variable in 

not truly dynamic in the strict sense of the word and the size variable do not give us any 

reliable account on the subsidized and unsubsidized components. Thus, we underline their 

effects to a lesser extent although age and size of the MFIs do matter. As there is a clear 

trade-off between MFIs’ increased motivations for financial self-sustainability and their 

ability to serve the poorest, on the whole empirical evidence in support of the mission drift 

hypothesis appears true. 

 

The data were unbalanced as several observations were missing for some of the years. 

However, for unbalanced panels, Baltagi (2008) suggests that as a check for 

misspecification one should perform at least one of the ANOVA methods (which is 

computationally simple, for example, RE model with Swamy and Aurora option) and 

Maximum Likelihood Estimation (MLE) methods (which is computationally demanding) 

to see if the estimates differ widely. For this reason, we estimated RE (Swamy and Aurora) 

model, RE with AR(1) autocorrelation, heteroskedasticity adjusted GLS estimation and 

MLE methods. Additionally, we also checked the legitimacy of our results through 

estimating the models using regionally disaggregated data for the six developing regions in 

the world. In each case, however, we found similar results. 

  

Findings in this study are diversified in the sense that in some cases clear-cut relationships 

can be extracted, whereas in other instances inferences were not very simple to draw. 

Therefore, these issues should be investigated further with rigorous techniques and a 

much more accurate database. Furthermore, careful studies on MFIs that have been 

transformed from being non-profit entities to becoming for-profit ones are required. Have 

they drifted away from their novel mission? With regard to the estimation technique, 

although the HT model estimations are efficient and a better technique to identify the 

time-invariant variables, still there are scopes for employing models which are 

econometrically more sound and improved. As conducted by Baltagi, Song and Jung 

(2001), unbalanced nested error component models (where the incomplete panel data 

exhibits a natural nested grouping) can be an addition in terms of a sophisticated 
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technique among others to estimate the effects. We hope to address these issues in future 

studies.
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Table 10 Appendix Tables 

Table A2.1: Number of observations and years of available data by countries and MFIs 

Country MFI  Years Missing     Obs.  
1. Albania  1. ASC Union (5) 2004-07  4 
 2. BESA (5)  2000-07  8 
 3. Opportunity Albania (5) 1999-07  9 

2. Argentina 1. FIE Gran Poder (5) 2003-07  5 

3. Armenia 1. ACBA (4)  2002-07  6 
 2. FINCA – ARM (4) 2002-07  6 
 3. KAMURJ (5) 1999-07  9 

4. Azerbaijan 1. Azeri Star (5) 2002-07  6 
 2. CredAgro NBCO (5) 2002-07  6 
 3. FINCA – AZE (4)  2002-07  6 
 4. Normicro (5) 2002-07  6 

5. Benin 1. CBDIBA/RENACA (3) 2001-07  7 
 2. FECECAM (4) 2001-07  7 
 3. PADME (3)  1999-07  9 
 4. PAPME (5)  2000-07  8 
 5. Vital Finance (5) 1999-2007  9 

6. Bangladesh 1. ASA (4)  1999-2007  9 
 2. BASTOB (4) 2002-06  5 
 3. BEES (4)  2003-07  5 
 4. BRAC (4)  1999-2007 2001 8 
 5. BURO Bangladesh (5) 1999-2007  9 
 6. Grameen Bank (4) 2002-07  6 
 7. HEED (4)  2002-07  6 
 8. IDF (5)  1999-2007  9 
 9. JCF (4)  2003-07  5 
 10. RDRS (4)  2002-07  6 
 11. TMSS (5)  2001-07  7 
 12. UDDIPAN (3) 2003-07  5 

7. Bolivia 1. AgroCapital (5) 1999-2007 2003 8 
 2. CRECER (5) 1999-2007  9 
 3. FIE (5)  1999-2007  9 
 4. ProCredit – BOL (5) 1999-2007  9 
 5. PRODEM FFP (5) 1999-2007  9 
 6. Pro Mujer – BOL (5) 1999-2007  9 
 7. FADES (5)  1999-2007 2003 8 
 8. BancoSol (5) 1999-2007  9 

8. Bos. & H.  1. EKI (5)  2000-07  8 
 2. LOK Micro. Found. (5) 2002-07  6 
 3. MI-BOSPO (5) 1999-2007  9 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(Continued) 

Country MFI  Years Missing Obs.  
 4. MIKROFIN (5) 1999-2007  9 
 5. MIKRA (4)  1999-2007  9 
 6. Partner (5)  1999-2007  9 
 7. PRIZMA (5) 1999-2007  9 
 8. Sunrise (5)  1999-2007  9 

9. Brazil 1. CEAPE MA (4) 2001-07 2003 6 
 2. CrediAmigo (4) 2001-06  6 

10. Burk. F. 1. RCPB (5)  2001-07  7 

11. Cambodia 1. ACLEDA (4) 1999-2007  9 
 2. AMK (5)  2003-07  5 
 3. AMRET (5)  1999-2007  9 
 4. CHC-Limited (5) 2003-07  5 
 5. CREDIT (5) 2001-07  7 
 6. HKL (5)  1999-2007  9 
 7. PRASAC (5) 2000-07  8 
 8. Sathapana Limited (5) 2001-07  7 
 9. TPC (5)  2002-07  6 
 10. VFC (5)  2001-07  7 

12. Cameroon  1. CCA (3)  2001-07  7 
 2. CDS (5)  2001-07  7 

13. Chad 1. UCEC/MK (4) 2002-07  6 

14. Chile 1. BanDesarrollo Micro. (5) 2004-07  4 

15. China 1. CFPA (3)  2004-07  4 
 2. CZWSDA (4) 2001-07  7 

16. Colombia 1. ACTUAR F.-Tolima (4) 1999-2007  9 
 2. FinAmerica (4) 1999-2007  9 
 3. FMM Popayan (5) 1999-2007  9 
 4. WWB Cali (5) 1999-2007  9 
 5. WWB Medellin (5) 1999-2007  9 

17. Dom. Rep. 1. ADOPEM (5) 1999-2007 2003 8 

18. Ecuador 1. Banco Solidario (5) 1999-2007  9 
 2. COAC Jardin Azuayo (5) 2001-07  7 
 3. COAC Mushuc Runa (4) 2000-07  8 
 4. COAC Sac Aiet (4) 2002-07  6 
 5. COAC San Jose (5) 2000-07  8 
 6. CODESARROLLO (5) 2000-07 2004 7 
 7. Credi Fe (4)  2000-07  8 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(continued) 

Country MFI  Years Missing     Observations  
 8. D-Miro (5)  1999-2007  9 
 9. FED (4)  2001-07  7 
 10. FODEMI (5) 2001-07  7 
 11. Funda. Espoir (5) 2002-07  6 
 12. ProCredit-ECU (5) 2001-07  7 

19. Egypt  1. ABA (5)  1999-2007  9 
 2. Al Tadamun (5) 2003-07  5 
 3. DBACD (5)  2000-07  8 
 4. ESED (3)  2000-07  8 
 5. SBACD (5)  2001-07  7 

20. El Salvad. 1. Apoyo Integral (5) 2002-07  6 
 2. ASEI (4)  1999-2007  9 
 3. ENLACE (4) 2001-07  7 

21. Ethiopia  1. ACSI (5)  1999-2007  9 
 2. AVFS (4)  2001-07  7 
 3. BG (5)  2001-06  6 
 4. DECSI (4)  2002-07  6 
 5. Eshet (4)  2001-07  7 
 6. Gasha (4)  2001-07  7 
 7. Metemamen (4) 2002-07 2004 5 
 8. OMO (4)  2003-07  5 
 9. PEACE (5)   2001-07  7 
 10. SFPI (5)  2001-07  7 
 11. Wasasa (5) 2001-07  7 
 12. Wisdom (5) 2001-07  7 

22. Georgia  1. JSC B Constanta (5) 1999-2007  9 
 2. Crystal (5)  2000-07  8 
 3. CREDO (5)  2002-07  6 
 4. FINCA – GEO (4) 2002-07  6 

23. Ghana 1. APED (5)  2004-07  4 
 2. SAT (5)  2002-07  6 

24. Guatemala 1. Friendship Bridge (5) 2003-07  5 
 2. Genesis Empres. (4) 1999-2007  2003 8 

25. Guinea 1. CRG (5)  2000-07  8 

26. Haiti 1. ACME (5)  2001-06  6 
 2. Fonkoze (4)  2000-07  8 
 3. SOGESOL (5) 2001-07  7 
27. Honduras  1. BanCovelo (5) 1999-2007 2003-04 7 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(continued) 

Country MFI  Years Missing Observations  
 2. FINSOL (4)  1999-2007 2003 8 
 3. ODEF OPDF (5) 1999-2007 2003 8  

28. India 1. Bandhan (5) 2004-07  4 
 2. BASIX (5)  1999-2007  9 
 3. BISWA (5)  2004-07  4 
 4. BSS (5)  2004-07  4 
 5. Grameen Koota (5) 2001-07  7 
 6. GV (5)  1999-2007  9 
 7. IASC (5)  2001-07  7 
 8. KBSLAB (4) 2004-07  4 
 9. Kotalipara (3) 2004-07  4 
 10. Maha. SMILE (4) 2004-07  4 
 11. Sanghamithra (3) 2004-07  4 
 12. Sarv. N. Finance (5) 2004-07  4 
 13. SHARE (5) 1999-2007  9 
 14. SKS (5)  1999-2007  9 
 15. Spandana (5) 1999-2007  9 

29. Indonesia 1. BRI (3)  1999-2007  9 
 2. Dian Mandiri (4) 2003-07  5 
 3. DINARI (3)  2003-07  5 
 4. LPD Kuta (3)  2003-07  5 
 5. MBK Ventura (5) 2003-07  5 
 6. TLM (3)  2003-07  5 

30. Jordan 1. DEF (4)   2002-07  6  
 2. MFW (5)  1999-2007  9  

31. Kenya 1. Equity Bank (5)  1999-2007  9 
 2. K-REP (5)    2000-07  8 
 3. KWFT (5)  2000-07  8 
 4. SMEP (4)  1999-2007  9 

32. Kyrgyzstan 1. Aiyl Bank (5) 1999-2007  9 
 2. BTFF (5)  2000-07  8 
 3. FMCC (5)  2002-07  6 

33. Lebanon 1. Al Majmoua (5) 1999-2007  9 
 2. Ameen (4)  2001-07  7 

34. Macedonia1. Moznosti (4) 2001-07  7 

35. Madagascar1. TIAVO (4) 2001-07  7 

36. Malawi 1. OIBM (4)  2003-07  5 
 2. PRIDE-MWI (4) 2002-06  5 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(continued) 

Country MFI  Years Missing Observations  
37. Mali 1. Kafo Jiginew (5) 2000-07  8 
 2. Kondo Jigima (5) 2001-07  7 

3. Nyesigiso (4) 2001-07  7 
 4. Soro Yiriwaso (5) 1999-2007  9 

38. Mexico 1. Caja P. Mexicana (4)  2004-07  4 
 2. CompartamosBa (5) 1999-2007  9 
 3. FINCA-MEX (5) 1999-2007 2001-03 6  
 4. FinComun (5) 2001-07 2003 6  
 5. Opportun. Micro. (4) 2003-07  5 

39. Moldova 1. PC Bank-MDA (3) 2001-06  6 

40. Mongolia 1. XacBank (5) 1999-2007  9 

41. Montenegro1. OBM (Er. Bank) (5) 2002-07  6 

42. Morocco 1. Al Amana (5) 1999-2007  9 
 2. Al Karama (5) 2003-07  5 
 3. AMSSF/MC (5) 2000-07  8 
 4. ARDI (4)  2003-07  5 
 5. FBPMC (5)  2002-07  6 
 6. FONDEP (5) 2001-07  7 
 7. Zakoura (5)  1999-2007  9 

43. Mozamb. 1. NovoBa-MOZ (4) 2000-07  8 

44. Nepal 1. CBB (4)  2002-07  6 
 2. DD Bank (4) 2002-07  6 
 3. MGBB (4)  2003-07  5 
 4. Nirdhan (5)  1999-2007  9 
 5. PGBB (5)  2003-07  5 
 6. SB Bank (5) 2003-07  5 

45. Nicaragua 1. ACODEP (5) 1999-2007  9 
 2. CEPRODEL (5) 2001-07 2004 6 
 3. Financiera Fama (5) 1999-2007  9 
 4. FDL (5)  2001-07  7 
 5. FINDESA (5) 1999-2007  9 
 6. FODEM (5)  2001-07  7 
 7. Fund. Leon 2000 (5) 1999-2007  9 
 8. FUNDESER (5) 2002-07  6 
 9. PRESTANIC (5) 2001-07  7 
 10. Pro Mujer-NIC (5)  2000-07  8 

46. Nigeria 1. DEC (3)  1999-2007  9 
 2. LAPO-NGR (4) 2000-07  8 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(continued) 

Country MFI  Years Missing Observations  
 3. SEAP (4)  1999-2007  9 

47. Pakistan 1. DAMEN (4) 2002-07  6 
 2. FMFB-Pakistan (5) 2003-07  5 
 3. Kashf  (5)  2002-07  6 
 4. Khushhali Bank (4) 2003-07  5 

48. Paraguay  1. Fund. Paraguaya 2001-07  7 
 2. Vision Banco (5) 1999-2007 2001-3 6  

49. Peru 1. BANTRA (5) 2001-07  7 
 2. CMAC Arequipa (5) 1999-2007  9 
 3. CMAC Maynas (5) 1999-2007 2002-3 7 
 4. CMAC Sullana (5) 1999-2007  9 
 5. EDPYME Cr. Areq. (5) 1999-2007 2001-3 6  
 6. EDPYME Confianza (5) 2000-07  8 
 7. EDPYME Crear Tacna (5) 1999-2007  9 
 8. EDPYME EDYFICAR (5) 1999-2007  9 
 9. EDPYME PROEMP. (5) 1999-2007  9 
 10. FINCA-PER (5) 1999-2007  9 
 11. MiBanco (5) 1999-2007  9 
 12. ProMujer-Peru (5) 2000-07  8 

50. Philippines1. ASKI (4)  2003-07  5 
 2. CARD Bank (4) 1999-2007  9 
 3. CARD NGO (4) 1999-2007 2002 8   
 4. FICO (4)  2003-07  5 
 5. 1st Valley Bank (4) 2000-06  7 
 6. KMBI (4)  2001-07  7 
 7. Life Bank (5) 2003-07  5 
 8. NWTF (5)  1999-2007  9 
 9. OMB (4)  2001-07  7 
 10. RB Talisayan (4) 2003-07  5 
 11. TSKI (4)  1999-2007  9 
 12. TSPI (5)  1999-2007  9 

51. Poland 1. Fundusz Mikro (4) 2003-07  5 

52. Romania 1. CAPA (4)  2003-07  5 

53. Russia 1. FORUS (5)  2000-07  8 

54. Samoa 1. SPBD (4)  2000-07  8 

55. Senegal 1. ACEP Senegal (5) 1999-2007  9 
 2. CMS (5)  2002-07  6 
 3. DJOMEC (3) 1999-2007  9 

Continued on next page 
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Table A2.1: Number of observations and years of available data by countries and MFIs 
(continued)  

Country MFI  Years Missing Observations 
 4. PAMECAS (5) 2000-07  8 
 5. U-IMCEC (4) 2002-07  6 

56. Serbia 1. AgroInvest (5) 2000-07 2004 7      

57. South Africa1. SEF-ZAF (5) 1999-2006  8 

58. Sri Lanka 1. SEEDS (3)  2003-07  5 

59. Swaziland 1. FINCORP (4) 2002-07  6 

60. Syria 1. MCF-Syr. (FMFI) (4) 2004-07  4 

61. Tajikistan 1. IMON (5)  2000-07  8 
 2. MLF MicroInvest (5) 2002-07  6 

62. Tanzania 1. Akiba (4)  2002-07  6 
 2. FINCA-TZA (5) 1999-2007  9 
 3. PRIDE-TZA (5) 1999-2007  9 
 4. SEDA (5)  2001-07  7  

63. Togo 1. FUCEC Togo (4) 2001-07  7 
 2. WAGES (5) 1999-2007  9 

64. Tunisia 1. Enda (5)  1999-2007  9 

65. Uganda 1. Faulu-UGA (5) 1999-2007  9 
 2. FINCA-UGA (5) 1999-2007  9 
 3. UML (4)  2000-07  8 
 4. U-Trust/UWFT (5) 1999-2006  8 

66. Venezuela 1. BanGente (5) 2002-07  6 

67. Vietnam 1. CEP (5)  1999-2007  9 
 2. TYM (5)  2001-07  7 

68. Yemen 1. NMF (4)  2004-07  4 

69. Zambia  1. FINCA-ZMB (4) 2002-07   6  
Source: Microfinance Information eXchange (MIX). Total number of countries = 69 and total number of 
MFIs = 253. Numbers in the parentheses indicate MIX diamond ranking for the quality of data, which ranges 
between 1 and 5. Here ‘5’ indicates the best quality data. That is, the higher this number, the better the data 
quality. 
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Year Observations
1999 91
2000 121
2001 166
2002 203
2003 225
2004 248
2005 253
2006 253
2007 244
Total 1804

Table A2.2: Description of panels 

 from the MIX data.
Source: Author’s own calculation

Table A2.3: Description af panels
Observations No. of MFIs Years of data available

4 15 2004 – 07a

5 33 2003 – 07a

6 45 2002 – 07a

7 47 2001 – 07a

8 37 2000 – 07a

9 76 1999 - 2007

Total 253 9

Source: Author’s own calculation from the MIX data.

 

a Most common patterns. 

 
 
Table A2.4: Number of observations by loan methodology and region 
Region Individual Individual/Solidarity Solidarity Village Bank Total 
EAP 4 (26) 18 (126)  6 (38) 5 (36) 33(226) 
EECA 11 (75) 23 (172)  0 (0) 1 (6) 35(253) 
LAC 34 (257) 27 (203)  0 (0) 10 (77) 71(537) 
MENA 1 (7) 16 (117)  2 (10) 0 (0) 19(134) 
SA  3 (14) 14 (96)  16 (98) 5 (26) 38(234) 
SSA 6 (47) 42 (308)  2 (16) 7 (49) 57(420) 
Total 59 (426) 140 (1022)  26 (162) 28 (194) 253(1804) 
Source: Author’s own calculation from the MIX data. Number of observations is given in the parentheses.  
  

Table A2.5:  Number of observations by legal status and region 
Region NPNGO NBFI Bank CUCoop & Others Total 
EAP 14 (95) 11 (75) 8 (56) 0 (0)  33 (226) 
EECA 3 (20) 24 (175) 6 (47) 2 (11)  35 (253) 
LAC 29 (222) 22 (171) 13 (96) 7 (48)  71 (537) 
MENA 16 (112) 2 (16) 0 (0) 1 (6)  19 (134) 
SA 19 (121) 11 (67) 8 (46) 0 (0)  38 (234) 
SSA 15 (120) 22 (156) 5 (36) 15 (108)  57 (420) 
Total  96 (690) 92 (660) 40 (281) 25 (173)                       253 (1804) 
Source: Author’s own calculation from the MIX data. Number of observations is given in the parentheses.  

 
Table A2.6: Number of observations by legal status and loan methodology 
Loan Method NPNGO NBFI Bank CUCoop & Others Total 
Individual 13 (94) 25 (188) 15 (104) 6 (40)  59 (426) 
Individ./Solid. 46 (335) 53 (394) 22 (160) 19 (133)  140 (1022) 
Solidarity 18 (121) 5 (24) 3 (17) 0 (0)  26 (162) 
Village Bank 19 (140) 9 (54) 0 (0) 0 (0)  28 (194) 
Total 96 (690) 92 (660) 40 (281) 25 (173)  253 (1804) 
Source: Author’s own calculation from the MIX data. Number of observations is given in the parentheses.  
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Variable EAP LAC SA SSA   

Constant -7 .01 8 5.857 * 1 4.030** 1 4.238*  

(8.853) (2.37 4) (4.659) (6.266)

Endogenous TI

Regulatory  status 0.7 52 0.241 -0.051 -3.224   

(3 .67 4) (0.583) (1 .1 07 ) (3.305)   

Non-profit NGO 0.807 0.058 -0.385 -1 .246   

(4.093) (0.67 0) (0.87 9) (1 .427 )   

Endogenous TV

Log of OSS 0.049 -0.008 -0.228** 0.354***

(0.1 26) (0.1 02) (0.083) (0.07 3)   

MFI Experience -0.086* -0.07 2*** 0.025 0.051    

(0.037 ) (0.01 5) (0.023) (0.029)   

Size -0.1 02 -0.008 -0.008 -0.284   

(0.47 7 ) (0.1 62) (0.21 7 ) (0.202)   

Size2
0.01 1 0.007 0.002 0.007    

(0.01 5) (0.005) (0.007 ) (0.007 )   

Exogenous TI

Indiv idual-Solidarity 0.31 1                

(1 .1 1 3)                

Solidarity  -1 .7 44 -3.97 5*** 0.965   

(3 .354) (1 .089) (7 .898)   

Village Bank -1 .826 -2.653* -2.837 * -4.688   

(3 .962) (1 .293) (1 .207 ) (3.046)

Hausman-Taylor (HT) Estimates for Mission Drift  Measured by Depth of  

Outreach (composite variable) (MFIs in different region—Model HT6)

(Continued on next page)   

Table A2.7



 

 

80 

Hausman-Taylor (HT) Estimates for Mission Drift  Measured by Depth of 
Outreach (composite variable) (MFIs in different region—Model HT6)

Exogenous TV

Log of inflation 0.026 -0.01 0 0.005 -0.097 *  
(0.060) (0.020) (0.058) (0.040)   

Log of GDP growth rate 0.031 0.01 4 0.090 -0.043   
(0.1 00) (0.027 ) (0.07 8) (0.047 )   

Log of GDP per capita 0.663 -0.409* -1 .507 ** -1 .051 *  
(0.67 7 ) (0.1 89) (0.542) (0.492)   

Log of Protection of Property  Rights 0.81 8*** -0.31 8*** -0.681 * -0.383*  
(0.21 1 ) (0.069) (0.31 3) (0.1 82)   

Log of Econom ic Freedom -0.694 0.558 -0.01 8 1 .1 47    
(0.901 ) (0.288) (0.481 ) (0.61 7 )   

Log of Gov ernm ent Interv ention 1 .338 -0.1 23 0.282 -0.665   
(1 .1 02) (0.1 62) (0.450) (0.405)   

Log OSS × indiv idual-Solidarity -0.007                
(0.1 49)                

Log OSS × Solidarity 0.384 0.1 85 -0.435   
(0.424) (0.1 46) (1 .482)   

Log OSS × Village Bank -0.1 7 5 -0.1 7 5 0.334 -1 .046*  
(0.340) (0.1 20) (0.665) (0.41 3)   

MFI Experience × Indiv idual-Solidarity                0.055**
(0.01 8)                

MFI Experience × Solidarity  0.049 -0.07 0* -0.029   
(0.064) (0.028) (0.1 29)   

MFI Experience × Village Bank 0.1 42 0.07 2** -0.1 97 -0.053   
(0.1 07 ) (0.022) (0.1 81 ) (0.066)   

Size × Indiv idual Solidarity  -0.064
(0.049)                

Size × Solidarity -0.1 96 0.243*** 0.1 20   
(0.21 1 ) (0.063) (0.895)   

Size × Village Bank -0.008 0.086 0.206 0.530*  
(0.267 ) (0.083) (0.31 2) (0.21 6)   

Observ ations (groups) 1 53  (30) 385 (7 1 ) 1 7 0 (33) 264 (55)
Wald Chi-square 86.20 1 7 7 .7 1 7 0.82 81 .90
Hausm an Chi-square 2.38 6.01 8.28 1 .45
P-v alues 1 .00 0.9880 0.9402 1 .00

Source:     Author’s calculations, based on data from  the Microfinance Inform ation eXchange, Inc. All m odels
are estim ated v ia Hausm an-Tay lor technique. Hausm an’s tests for (FE – HT) are giv en in χ2 
v alues. Coefficients are statistically  significant at 1 0% (*p<0.05), 5% (**p<0.01 ) 
and 1 % (***p<0.001 ) lev els.

Table A2.7

(Continued from previous page)
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Hausman-Taylor (HT) estimates for mission drift  measured by 

depth of outreach (log of GNI adjusted average loan balance) 

Variable EAP LAC SA SSA   

Constant -8.982 6.1 06* 1 8.31 0*** 1 8.442*  

(6.57 0) (2.543) (4.892) (7 .909)  

Endogenous TI

Regulatory  status -0.7 22 0.363 -0.058 -5.305   

(3 .7 54) (0.47 4) (1 .1 64) (4.032)   

Non-profit NGO -1 .7 05 -0.094 -0.41 3 -1 .900   

(4.47 5) (0.509) (0.91 9) (1 .690)   

Endogenous TV

Log of OSS 0.1 61 -0.1 26 -0.1 40 0.495***

(0.092) (0.1 1 2) (0.087 ) (0.097 )   

MFI Experence -0.1 03*** -0.068*** 0.01 8 0.031    

(0.029) (0.01 8) (0.024) (0.035)   

Size -0.37 2 0.501 * -0.1 56 -0.488   

(0.31 6) (0.203) (0.226) (0.27 2)   

Size2
0.01 9* -0.004 0.008 0.01 4   

(0.009) (0.006) (0.008) (0.009)   

Exogenous TI

Indiv idual-Solidarity 0.650             

(1 .236)                

Solidarity -2.596 -4.483*** 0.938   

(3 .1 01 ) (1 .1 39) (1 0.7 05)   

Village Bank 0.287 1 .01 5 -1 .7 7 1 -7 .1 87    

(3 .261 ) (1 .328) (1 .262) (4.005)   

Exogenous TV

Log of inflation -0.004 0.01 3 -0.01 2 -0.092   

(0.042) (0.027 ) (0.060) (0.049)   

Log of GDP growth rate -0.069 -0.023 0.092 0.01 5   

(0.07 2) (0.035) (0.081 ) (0.063)   

Log of GDP per capita 1 .7 1 2** -1 .1 03*** -2.1 66*** -0.950   

(0.520) (0.1 61 ) (0.568) (0.592)   

Log of Protection of Property  Rights 0.363* -0.344*** -0.692* -0.283   

(0.1 52) (0.090) (0.329) (0.227 )   

Log of Econom ic Freedom -0.1 39 0.7 1 3 -0.21 2 0.7 64   

(0.653) (0.37 0) (0.503) (0.7 98)   

Log of Gov ernm ent Interv ention 0.7 96 -0.422* 0.464 -0.908   

(0.7 53) (0.21 3) (0.47 3) (0.51 5) 

(Continued on next page)  

Table A2.8

(MFIs in different regions—Model HT)
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Hausman-Taylor (HT) estimates for mission drift  measured by depth of 

outreach (log of GNI adjusted average loan balance) (MFIs in different 

regions—Model HT) 

Log OSS × Indiv idual-Solidarity -0.1 60

(0.1 83)                

Log OSS × Solidarity 0.7 35* 0.21 3 0.67 1    

(0.31 4) (0.1 53) (2.056)   

Log OSS × Village Bank -0.1 38 0.223 0.1 01 -0.896   

(0.245) (0.1 35) (0.689) (0.536)   

MFI Experience × Indiv idual-Solidarity               0.035

(0.021 )                

MFI Experience × Solidarity -0.023 -0.055 -0.041    

(0.048) (0.029) (0.1 7 7 )   

MFI Experience × Village Bank -0.037 0.07 2* -0.053 -0.1 1 4   

(0.07 3) (0.028) (0.1 80) (0.088)   

Size × Indiv idual-Solidarity -0.025

(0.058)                

Size × Solidarity -0.1 7 3 0.257 *** -0.1 37    

(0.1 55) (0.066) (1 .241 )   

Size × Village Bank -0.022 -0.234* 0.1 54 0.641 *  

(0.1 92) (0.095) (0.323) (0.293)   

Observ ations (Groups) 1 67  (30) 437  (7 1 ) 1 7 3 (33) 291  (55)  

Wald Chi-square 205.96 343.42 82.96 48.7 7

Hausman Chi-square 4.55 8.66 1 0.06 0.85

P-v alues 0.997 6 0.9267  0.8636 1 .00

Source: Author’s calculations, based on data from the Microfinance Information eXchange, Inc. 

All models are estimated v ia Hausman-Tay lor technique. Hausman’s tests for (FE – HT)

are giv en in χ2 v alues. Coefficients are statistically  significant at 1 0% (*p<0.05), 5% (**p<0.01 )

and 1 % (***p<0.001 ) lev els.

Table A2.8

(Continued from previous page)
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Table A2.9: Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach 
(log of GNI adjusted average loan balance) (MFIs in the LAC region)

Variable HT HT1 HT2 HT3   
Constant 6.106* -5.567** -5.764** 5.923* 

(2.543) (1.945) (1.904) (2.451)   
Endogenous TI
Regulatory status 0.363 -0.293 -0.035   

(0.474) (0.593) (0.446)   
Non-profit NGO -0.094 0.896 1.108* -0.544   

(0.509) (0.620) (0.440) (0.424)   
Endogenous TV
Log of OSS -0.126 0.084 0.083 -0.084   

(0.112) (0.100) (0.100) (0.117)   
MFI experience -0.068*** -0.078*** -0.078*** -0.047** 

(0.018) (0.015) (0.015) (0.018)   
Size 0.501* 0.829*** 0.830*** 0.570** 

(0.203) (0.183) (0.183) (0.211)   
Size2 -0.004 -0.016** -0.016** -0.007   

(0.006) (0.006) (0.006) (0.006)   
Exogenous TI
Individual-Solidarity 0.650 1.362 1.402 0.576   

(1.236) (1.090) (1.085) (1.269)   
Village Bank 1.015 0.373 0.322 1.192

(1.328) (1.317) (1.311) (1.346)   
Exogenous TV
Log of inflation 0.013 0.000   

(0.027) (0.028)   
Log of GDP growth rate -0.023 0.011   

(0.035) (0.033)   
Log of GDP per capita -1.103*** -1.154***

(0.161) (0.200)   
Log of protection of property rights -0.344*** -0.407*** -0.414***

(0.090) (0.085) (0.084)                
Log of economic freedom 0.713 0.692* 0.680*

(0.370) (0.343) (0.342)                
Log of government intervention -0.422* -0.259 -0.253

(0.213) (0.196) (0.196)                
Log of OSS × Individual-Solidarity -0.160 -0.335* -0.340* -0.192   

(0.183) (0.157) (0.157) (0.192)   
Log of OSS × Village Bank 0.223 -0.028 -0.033 0.175

(0.135) (0.129) (0.129) (0.141)   
MFI experience × Individual-Solidarity 0.035 0.047* 0.047* 0.024   

(0.021) (0.020) (0.020) (0.021)   
MFI experience × Village Bank 0.072* 0.041 0.039 0.066*  

(0.028) (0.028) (0.028) (0.029)   
Size × Individual-Solidarity -0.025 -0.029 -0.029 -0.006   

(0.058) (0.056) (0.056) (0.057)   
Size × Village Bank -0.234* -0.168 -0.160 -0.224*  

(0.095) (0.099) (0.098) (0.098)  
Observations (Groups) 437 (71) 501 (71) 501 (71) 437 (71)
Wald Chi-square 343.42 322.57 323.99 298.82
Hausman Chi-square 8.66 10.62 10.71 11.84
P-values 0.9267 0.6430 0.6348 0.4583
Source:     Author’s calculations, based on data from the Microfinance Information eXchange, Inc.

All models are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT)

are given in χ2 values. Coefficients are statistically significant at 10% (*p<0.05),
5% (**p<0.01) and 1% (***p<0.001) levels.
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Table A2.10: Hausman-Taylor (HT) estimates for mission drift measured by depth of outreach 
(log of GNI adjusted average loan balance) (South Asian MFIs)

HT HT1 HT2 HT3   
Constant 18.310*** 5.038 3.795 28.349***

(4.892) (3.341) (3.203) (4.861)   
Endogenous TI
Regulatory status -0.058 -0.231 -0.820   

(1.164) (0.676) (2.131)   
Non-profit NGO -0.413 0.009 0.254 -0.609   

(0.919) (0.529) (0.361) (1.753)   
Endogenous TV
Log of OSS -0.140 -0.169 -0.185* -0.117   

(0.087) (0.092) (0.094) (0.087)   
MFI experience 0.018 -0.040* -0.040* 0.074** 

(0.024) (0.017) (0.016) (0.023)   
Size -0.156 0.176 0.239 -0.390   

(0.226) (0.216) (0.205) (0.222)   
Size2 0.008 -0.005 -0.007 0.017*  

(0.008) (0.007) (0.007) (0.008)   
Exogenous TI
Solidarity -4.483*** -3.799*** -3.417*** -4.986***

(1.139) (0.882) (0.810) (1.378)   
Village Bank -1.771 -2.535** -3.242*** -1.529   

(1.262) (0.897) (0.844) (1.598)   
Exogenous TV
Log of inflation -0.012 -0.031   

(0.060) (0.055)   
Log of GDP growth rate 0.092 0.180*  

(0.081) (0.081)   
Log of GDP per capita -2.166*** -3.811***

(0.568) (0.618)   
Log of protection of property rights -0.692* -1.089*** -1.072***

(0.329) (0.288) (0.285)                
Log of economic freedom -0.212 -0.426 -0.271

(0.503) (0.489) (0.471)                
Log of government intervention 0.464 0.792 0.769

(0.473) (0.432) (0.441)                
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Log OSS × Solidarity 0.213 0.226 0.258 0.180   
(0.153) (0.157) (0.155) (0.151)   

Log OSS × Village Bank 0.101 0.264 0.124 0.045   
(0.689) (0.619) (0.444) (0.707)   

MFI-Experience × Solidarity -0.055 -0.029 -0.020 -0.069*  
(0.029) (0.021) (0.020) (0.031)   

MFI- Experience × Village Bank -0.053 -0.092 -0.258** -0.010   
(0.180) (0.152) (0.087) (0.188)   

Size × Solidarity 0.257*** 0.176** 0.129* 0.298***
(0.066) (0.058) (0.054) (0.069)   

Size × Village Bank 0.154 0.109 0.304 0.161   
(0.323) (0.276) (0.184) (0.334)   

Observations (Groups) 173 (33) 176 (33) 203 (37) 173 (33)    
Wald Chi-square 82.96 74.19 87.53 85.08
Hausman Chi-square 10.06 2.78 2.85 4.21
P-values 0.8636 0.9986 0.9984 0.9887
Source:     Author’s calculations, based on data from the Microfinance Information eXchange, Inc. 

All models are estimated via Hausman-Taylor technique. Hausman’s tests for (FE – HT) 
are given in χ2 values. Coefficients are statistically significant at 10% (*p<0.05), 
5% (**p<0.01) and 1% (***p<0.001) levels.
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3 DOUBLE BOTTOM-LINES IN MICROFINANCE: ARE THEY 
MUTUALLY EXCLUSIVE? AN APPLICATION OF FACTOR 
ANALYSIS FOR MFI ‘MISSION DRIFT’ 

Abstract 
 
Microfinance Institutions (MFIs) are constrained by dual operational objectives—to serve 
the poor (social commitment) and to attain sustainability (financial performance). So, 
both financial sustainability and social performance of MFIs must be counted in concert 
while evaluating them. Welfarists argue that in effect these two objectives are mutually 
exclusive and causing a mission drift—that is increased profit-motivation helps attaining 
financial sustainability but at the cost of exclusion of the poor. The essay in this chapter 
demonstrates how factor analysis, a multivariate statistical tool, can be utilised to examine 
this conjecture. First, factor analysis is used to construct two simulated performance 
indicators combining original variables, each one representing a distinct dimension of 
performance. Then individual scores ascribed to MFIs on each factor are used as the 
dependent variables of two simultaneous-equations models that present new evidence on 
the determinants of MFIs’ performance and those on their mission drift. Empirical 
findings from our exercise including panel regressions even hold while performing various 
robustness checks.  

3.1. Introduction and Issues 

Observers believe that microfinance combats poverty effectively and decently among the 

entrepreneurial, but financially vulnerable, poor. Institutions that provide micro-financial 

services, commonly known as microfinance institutions (MFIs), now serve over 100 

million clients worldwide (Cull et al., 2009) and clearly this number is rising. Reaching 

the unreached or including the excluded is MFIs’ prime target. However, they are 

constrained by dual challenges: They have the socially binding objective of serving the 

poor and at the same time they need to make some profit to be sustainable in the trade of 

microfinance. Given these double orientations, assessment of MFIs’ performance is based 

on the so-called double bottom lines—social commitment (the first bottom line) and 

financial sustainability (the second bottom line). 

 

However, in effect these two bottom-lines can be mutually exclusive—that is better 

financial performance comes at the cost of compromising social commitments—and the 

already familiar welfarist versus institutionist schism is centred on this concern. 

Institutionists recommend that MFIs should be supported by subsidies only initially and 

get rid of subsidy dependency by making some profit to sustain as they grow (United 
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Nations, 2008). They also suggest that a profit-oriented microfinance industry calls for 

more efficiency and enthusiasm in seeking new markets and loan products and hence, is 

better able to serve the poor (Rhyne, 1998). The welfarists, on the contrary, are concerned 

that as MFIs become increasingly motivated on making profits, outreach to poorer 

customers declines. They cite evidence to show that subsidies up to a certain level can lead 

to efficiency and sustainability and also help to attract additional funding creating a 

crowding-in rather than crowding-out effect (United Nations, 2008). 

 

In applied works numerous indicators have been used as proxies for outreach to poor 

clients, or social commitment of MFIs, but no generally recognised single measure exists 

at present. Schreiner (2002) underscored using variables like the percentage of woman 

borrowers, rural loan clients or average loan size as a substitute for depth of outreach or 

social performance of MFIs. Although these variables apparently look similar, however, 

inherently there are noticeable dissimilarities in their connotations. Unlike other 

measures, share of women borrowers is a gender related dimension of performance. 

Again, rural-urban contradiction is relatively unclear as the logic behind classifying 

borrowers on the basis of their residence is rather vague. The client may borrow from a 

village-level MFI branch, but work in an urban set-up or vice versa. Similarly, average loan 

size is a very crude measure in itself. The amount of average loan may not be enough alone 

to reflect the true financial position of the client unless it is adjusted by any common 

national income measure. Yet again, a number of other factors are currently being used to 

determine MFIs’ financial performance too. Operational self-sufficiency, financial self-

sufficiency, return on assets and return on equity are considered as overall financial 

performance, especially in the MIX (Microfinance Information eXchange) database. To 

increase complications, several other studies have considered efficiency variables (cost per 

borrower, cost per loan, cost per dollar lent etc.), risk variables (portfolios-at-risk, write-

off ratio etc.) and productivity variables (borrower per staff member, borrower per loan 

officer etc.) as performance indicators. 

 

The aforementioned diversities in measurement indicators have resulted in noticeable 

differences in inference and there has been a need for common indicators for the social as 

well as financial dimensions of MFI-performance. Such common indicators should 

aggregate those numerous indicators into single measures to make them more functional 

and handy. It will then better demonstrate how both of the dimensions are related, 

whether they are mutually exclusive and how far the concerns for mission drift can be 

empirically tested. However, very few attempts have been made to combine these 
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indicators as yet. Zeller et al. (2003) provides an outline for building such a measure and 

suggested that giving weights, arbitrary or derived through multivariate techniques (e.g., 

principal components analysis), can be a solution to combine variables. So far, to the best 

of our information, the study of Ferro-Luzzi and Weber (2007) has been the first such 

attempt47. Generalising the second method of Zeller et al. (2003) and utilising data on 45 

MFIs worldwide, they applied factor analysis to a set of indicators not only related to the 

social dimension of MFI-performance but also to their financial scores. Nevertheless, the 

mission drift issue and country-specific challenges have never been addressed using this 

type of aggregated performance score in previous studies. This study essentially attempts 

to deal with these issues and aims at demonstrating how factor analysis, a multivariate 

statistical tool, can be utilised to examine the mission drift concerns. 

 

Accordingly the methodology pursued in this study has a few steps. Firstly, we create 

artificial indices for both dimensions of MFI-performance using confirmatory factor 

analysis (CFA). Using CFA is justified as we want to test the specific hypothesis on the 

number of dimensions underlying a set of variables in the dataset. Put differently, we 

conjecture that there are two dimensions of MFI-performance in the database and we seek 

to test them. In the second step, MFI scores for each of these indices are computed. Next, 

we use the values obtained as the dependent variables in two models—in a so-called 

seemingly unrelated regression (SUR) model to explore the determinants of MFI 

performance and in another simultaneous equations model48 to examine whether there is 

any trade-off between the social and financial performance scores to cause mission drift in 

MFIs.  

 

We employed a total of three panel datasets in this exercise. One longitudinal dataset 

containing 113 MFIs in 47 countries for 9 years (from 1999-2007) is used in the main 

exercise. Results from the other two datasets are used mainly for robustness checks. In 

order to explore the determinants of MFI-performance we employed three estimation 

techniques for the SUR model—SUR estimation on the pooled data, feasible generalised 

least squares (FGLS) estimation corrected for panel-specific AR-1 correlation and Prais-

Winsten models with panel-corrected standard errors. FGLS and Prais-Winsten 

specifications have been used basically for HPAC-SUR49 solution for contemporaneously 

                                                        
47 Flückiger and Vassiliev (2006) is another related study.  
48 This is done in order to account for possible simultaneity bias between outreach and sustainability 
49 HPAC-SUR stands for (panel) heteroskedasticity, panel autocorrelation and contemporaneous correlation 
corrected seemingly unrelated regression model. 
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correlated error terms that is prevalent in our case. To check the validity for mission drift 

concerns, we perform GMM estimations and use several panel data methods including 

fixed-effects, random-effects, maximum likelihood and first-difference. Apparent 

endogeneity bias of social and financial performance, for example, has been removed 

through two-stage least squares (2SLS) instrumental variable regressions using respective 

lagged explanatory variables as their instruments. The majority of the results obtained in 

this exercise are plausible. Most importantly, for example, we do not find any 

commendable basis for worrying about mission drift in this exercise. 

 

The remainder of the chapter is organized as follows. Section 3.2 describes the data. 

Section 3.3 discusses the theoretical foundation of factor analysis and the results obtained 

by applying this technique to our data. In Section 3.4, we look for the determinants of MFI 

performance. Section 3.5 presents results concerning mission drift issues followed by 

robustness analysis in Section 3.6. Finally, Section 3.7 concludes the paper.

 

3.2. Data and variables 

The study utilises relevant data on MFIs acquired from the Microfinance Information 

eXchange (MIX) database, a web-based and so far the largest global information platform 

for the microfinance industry. The sample contains 113 MFIs in 47 countries over a period 

of 9 years (1999-2007). After making necessary adjustments for missing data the main 

sample consists of 844 observations on most of the variables used in the analysis. 

However, we had to retain a few other observed variables whose number of observations is 

less than 844 since these variables were considered essential parts of the exercise50. As a 

result of this in a few instances our results have different observations for different model 

specifications. For checking the robustness of the results, two other panel databases have 

been employed. The first one of them is another global panel dataset of 412 MFIs in 73 

countries for six years—from 2003 to 2008. This dataset could have been used for the 

main analysis. However, for two reasons we did not opt for that basically. First, the dataset 

contains several MFIs’ which have only 3-diamonds ranking of the MIX. Whereas, 

included MFIs’ in our main dataset, although smaller than this one, have at least a 4-

                                                                                                                                                                        
 
50 For example, the variable write-off ratio had only 771 observations. 
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diamonds ranking meaning those data are of high quality51. Second, the original dataset 

had more (9) years’ of observations. For checking robustness to authenticate the main 

findings in terms of a specific country, we utilised a third panel dataset that includes 67 

MFIs in Bangladesh for 5 years—from 2003 to 2007. Details on these databases with 

names of sampled MFIs and countries are provided in Table 23 and Table 24 in the 

appendix.  

 

Six variables have been used to perform the confirmatory factor analysis. Three of them—

average loan size (LBB), average loan size adjusted by GNI per capita (LBBGNI) and 

percent of female loan clients (WOMBORR)—are mainly the indicators of depth of 

outreach. LBB is the most widely used proxy for measuring depth of outreach and as 

generally perceived, the smaller its size the better the depth of outreach (Cull et al., 2007; 

Schreiner, 2002). However, LBB per se may not represent the true economic position of 

the borrower unless it is either compared with or adjusted by any standard national 

income measure. Consequently, we used LBBGNI as a better measure for depth of 

outreach in our analysis. Alongside LBB—the GNI-unadjusted variable—has also been 

utilised. Again, as women are generally considered the poorest of the poor, outreach to 

women loan clients is considered as an alternative measure for the depth dimension of 

outreach—the larger the share of female borrowers the deeper the outreach-depth 

(Schreiner, 2002). Since Grameen Bank‘s beginning, for instance, targeting them has been 

a priority strategy (Dowla and Borua, 2006). So, the WOMBORR variable has also been 

included as a proxy for depth of outreach in the analysis. 

 

The remaining three variables relate to the overall financial performance or self-

sustainability of MFIs. These variables are: operational self-sufficiency (OSS), return on 

assets (ROA) and self-sufficiency index (SSI)52. The first one, OSS, is the ratio of total 

financial revenue divided by financial expense plus loan loss provision expense plus 

operating expense. Hence, a number greater than one (or equivalently greater than 100%) 

indicates that the MFI has sufficient revenue from lending to cover its costs, including the 

cost of capital, accounting or bad loans, and paying operating expenses. Thus, OSS 

measures how well the MFI can cover its costs through operating revenues. It is a better 

indicator for measuring MFI-performance because, for example, ROA—which is another 

                                                        
51 For details on the diamond ranking system of the MIX see section 2.2.1 in Chapter 2. More details are 
provided in the MIX website: www.themix.org.  
52 Following Ahlin and Lin (2006), we computed the self-sufficiency indices. The formula for the index in 
terms of operational self-sufficiency is:  
Sufficiency index = Operational self-sufficiency / (1+ Operational self-sufficiency). 
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measure for financial sustainability of MFIs— is basically self-reported and does not 

necessarily include the value of donations, in-kind subsidies and inflation that MFIs 

should be incorporating in this ratio. From the measure of OSS we have calculated SSI—

one additional index. OSS equals revenue/expense, whereas the SSI equals 

revenue/(revenue+expense). This transformation is used to reduce outlier problems 

(Ahlin and Lin, 2006). In addition to OSS and SSI, we have also utilised ROA, the classical 

measure for performance, to complete the search for a composite financial performance 

indicator. Variables have been described in detail in Table 11 and descriptive summary 

statistics of these variables are given in Table 12. In this exercise predicted factor scores 

have been used as dependent variables in regressions. These are standardized variables 

and therefore have means (approximately) equal to zero and standard deviations equal to 

1.
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Table 11 Description of variables used in the factor and regression analyses 

Variable                                           Description 

A. Variables used in the factor analysis 
Average loan size Total value of loans/Number of credit clients 
Average loan size (GNI-adjusted) The same but adjusted by GNI per capita 

Women borrowers Percentage of borrowers who are women 

Operational self-sufficiency Operating revenue / (Financial expense + loan loss    
 reserve provision + operating expense) 

Self-sufficiency index Operational self-sufficiency / (1 + Operational self-  
 sufficiency) 

Return on assets Net operating income after taxes/Average total   
 assets  

B. Variables used in the regression analysis 
Gross loan portfolio  All outstanding principals due for all outstanding client  
                                                                                                     loans. 
Number of active borrowers  The number of current borrowers who have an   
                                                                                                     outstanding loan  
Cost per borrower  Operating expense/ Number of active borrowers,   
                                                                                                    average 
Cost per dollar  Operating Expense / Loan Portfolio, gross, average 
Portfolio at risk (PAR30)  The fraction of loan portfolio that is overdue past 30  

days or more; that is, PAR30 = Portfolio at risk/Gross  
loan portfolio  

Write-off ratio The ratio of loans that has been written-off and 
accepted as a loss; that is WOR = (Value of loans   
written-off) / (Loan portfolio, gross, average)  

Size             Natural logarithm of total assets  
Age             Number of years in MFI operation 
East Asia and the Pacific (EAP) A dummy = 1 if the MFI is in the EAP region and 0 

otherwise 
East Europe and Central Asia (EECA) A dummy = 1 if the MFI is in the EECA region and 0 

otherwise 
Latin America and the Caribbean (LAC) A dummy = 1 if the MFI is in the LAC region and 0 

otherwise 
Middle East and North Africa (MENA) A dummy = 1 if the MFI is in the MENA region and 0 

otherwise 
South Asia (SA) A dummy = 1 if the MFI is in the SA region and 0 

otherwise 
Sub-Saharan Africa (SSA) A dummy = 1 if the MFI is in the SSA region and 0 

otherwise 
Non-profit NGO (NPNGO) A dummy = 1 if the MFI’s legal status is NPNGO and 0 

otherwise 
Regulated A dummy = 1 if the MFI is regulated by any public 

authority and 0 otherwise
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Table 12 Descriptive statistics of variables entering the analysis 

Variable  Obs Mean Std. Dev. Min Max 

Total assets  844 6.77e+07 3.48e+08 54954 5.50e+09 

Age   844 12.066 10.681 1 111 

No. active borrowers 844 167183.80 694130.80 130 6707000 

Gross loan portfolio 844 4.23e+07 1.73e+08 10794 3.04e+09 

Average loan  844 599.335 664.571 18 4561 

Av. loan (GNI p.c. adj.) 839 60.751 74.523 2.25 604.50 

Women borrower 844 69.513 24.62025 0 100 

Write-off ratio  771 1.549 2.587169 -0.84 35.61 

PAR30  816 3.627 5.451787 0 64.25 

Operational self-sufficiency 843 124.121 35.714 12.89 441.59 

Self-sufficiency index 843 0.991 0.004 0.928 0.998 

Return on assets 844 3.794 9.563 -64.54 97.04 

Cost per borrower 833 115.787 103.045 4.60 662.80 

Cost per dollar  843 29.098 26.951 0 443.02 

Regulatory status 816 0.667 0.472 0 1 

Non-profit NGO  844 0.403 0.491 0 1 

EAP  844 0.088 0.283 0 1 

EECA  844 0.172 0.378 0 1 

LAC  844 0.335 0.472 0 1 

MENA  844 0.079 0.270 0 1 

SA  844 0.103 0.304 0 1 

SSA  844 0.214 0.411 0 1 

Source: Author’s own calculations from the MIX data.

3.3. Factor analysis 

3.3.1. The application of factor analysis 

Factor analysis basically aims at representing a variable Zj in terms of several underlying 

factors, or hypothetical constructs. In order to describe a variable in terms of several 

others, the simplest mathematical representation is a linear one and in this paper we 

assume linearity. Within this linear model we aim (a) to extract the maximum variance 

and (b) to maximally reproduce the observed correlation. The basic factor analysis model 

is:  

 

Zj = aj1F1 + aj2F2+ . . . . . . . + ajmFm + uj (j = 1, 2,..................,n; m < n)  (3.1) 
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Where, each of the n observed variables is described linearly in terms of m common 

factors and a unique factor. The common factors account for the correlations among the 

variables, while each unique factor accounts for the remaining variance (including error) 

of that variable. In the special vocabulary of factor analysis, the coefficients of the factors 

are frequently referred to as factor loadings.  

 

To be specific, for example, in this chapter we are doing factor analysis for six variables: 

log of loan balance per borrower (LBBL), log of loan balance per borrower adjusted by 

GNI per capita (LBBGNIL), log of women borrowers (LWOMBORR), log of operational 

self-sufficiency (LOSS), log of self-sufficiency index (LSSI) and log of return on assets 

(LTROA).  Therefore, Zj (j = 1, 2, ……, 6) in Model (3.1) consists of six observed variables: 

Z1 (LBBL), Z2 (LBBGNIL), Z3 (LWOMBORR), Z4 (LOSS), Z5 (LSSI) and Z6 (LTROA). As 

stated earlier, out of these six variables the first three (LBBL, LBBGNIL and 

LWOMBORR) are related with the depth dimension of outreach, or social performance, of 

MFIs, while the later three (LOSS, LSSI and LTROA) represent their financial 

performance. In order to apply factor analysis, it is assumed that each of these observed 

variables is linearly related to two other common factors: F1 and F2. Thus, (3.1) can be 

presented as follows: 

 

Z1 = a11F1 + a12F2 + u1 

Z2 = a21F1 + a22F2 +u2 

          .. .. .. .. .. .. .. .. .. .. .. ..  

    (3.2) 

.. .. .. .. .. .. .. .. .. .. .. .. 

Z6 = a61F1 + a62F2+u6 

 

Where, number of common factors (F) < number of observed variables (Z). The uj’s served 

to indicate that the relationships are hypothesized and not exact. The factor loading a12, for 

instance, is called the loading of variable Z1 on factor F2
53.    

 

Thus, in the matrix notation model (3.1) above can be expressed as:  

Z = A.f + s     (3.3) 

                                                        
53 Two basic assumptions and their implications are, however, noteworthy: Assumption 1: The error terms 
are independent of one another and such that E (ei) = 0 and Var (ei) = σi2. Assumption 2: The unobservable 
factors Fj are independent of one another and of the error terms, and are such that E (Fj) = 0 and Var (Fj) = 1. 
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Where all observed variables are included in the Z vector, A denotes the matrix of factor 

loadings, f represents the vector of common factors and s includes the variables’ unique 

factors. Thus, factor analysis can be utilised to analyse interrelationships among a large 

number of variables and to explain these variables in terms of their common underlying 

dimensions or factors. 

 

As stated earlier, MFI-performance is assessed mainly via two indicators—outreach and 

sustainability—and both of them are interpreted in terms of several other observable 

variables (Hartarska, 2005). This is the key idea for utilising factor analysis in the context 

of MFIs’ performance. Utilising interrelationships among observable variables, factor 

analysis generates corresponding simulated indicators for each dimension considered 

taking into account both social and financial aspects.  

 

In this context, two important points on the factor analysis exercise are worth further 

elaboration. First, in order to get an unbiased correlation matrix basically all variables 

involved in the factor analysis need to be continuous and are assumed to be normally 

distributed. This will help in identifying factors which underlie the variables. In our 

analysis all variables used are continuous and mostly normally distributed as required. 

Therefore, unless otherwise, Pearson‘s correlation matrix will not be biased and it can be 

used as the starting point of the factor analysis. 

 

Second, in a factor analysis generally the factor loadings matrix A is not determined 

uniquely and we need to impose constraints on the parameters in the original model to get 

a solution. However, a transformed model, obtained through the process of factor 

rotation, can offer a more interpretable solution. We assume that social commitment and 

financial performance of MFIs are not independent. Therefore, we will exploit the oblique 

rotation method that can better handle such correlation structure (Ferro-Luzzi and Weber, 

2007). Finally, after rotation of factors is done and representation of the data in this form 

is considered adequate, every MFI can be ascribed a score on each derived factor that will 

later be used for regression analysis. 
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3.3.2. Empirical findings  

3.3.2.1. Findings based on correlations 

There are four basic steps in any standard factor analysis. These include (a) data gathering 

and generating the correlation matrix, (b) extraction of initial factor solution, (c) rotation 

and interpretation and (d) construction of scales or factor scores to be used in further 

investigations and analyses. As the first step Table 13 presents correlations among the 

selected variables for 2003, which quite convincingly confirms that the first three 

variables—LBB, LBBGNI and WOMBORR—belong to a similar group, as correlations 

among these variables are quite high in absolute value. Similarly, correlations among the 

remaining three variables—OSS, SSI and ROA—are also very high in absolute values. 

However, quite the reverse, their correlations with the depth of outreach variables are very 

weak. Therefore, it is quite rational to expect that the former three ‘depth of outreach’ 

indicators will form a dimension that may represent the social commitments, or 

performance, of MFIs. Likewise, the latter three variables will constitute a different 

dimension that concerns the sustainability or financial performance aspects of MFIs. As 

mentioned above, this matrix of correlations is then used to extract the factors via both 

maximum likelihood factoring and principal-components factors.  

Table 13 Correlation matrix for 2003  

 Av. loan     LBBGNI  WomBor   OSS         SSI         ROA 
Av. loan 1.0000  
LBBGNI 0.6933*              1.0000  
WomBor         -0.5785*             -0.5484*    1.0000  
OSS    0.2501  0.2185   -0.1481            1.0000  
SSI 0.2805 0.2163   -0.1750            0.9749     1.0000  
ROA               0.1966 0.0983   -0.0264            0.8967*   0.9288*    1.0000 
Source: Author’s own calculation from MIX data. Correlation coefficients are significant at 1% level (P-value 
<= 0.001).

As mentioned previously, the main sample of this exercise contains 113 MFIs’ data for 9 

(nine) years ranging between 1999 and 2007. We explored factor analysis for each of the 

years separately and therefore, obviously the data were not handled longitudinally. 

Maximum likelihood factoring maximises the determinant of the partial correlation 

matrix, and unlike other factoring, provides formal hypothesis tests that help in 

determining the appropriate number of factors54. Hence this solution is also meaningful as 

                                                        
54 Two chi-square values (chi-square with (n+k) degree of freedom and chi-square with n degrees of freedom, 
where n stands for the number of observations and k stands for the number of parameters) for formal 
likelihood ratio tests are obtained and high p-value fails to reject the null that the model for any specific 
number of factors is not significantly worse than the full-fit model. 
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a descriptive method for non-normal data55. Thus, for the second step, we first determined 

the appropriate number of factors through maximum likelihood factoring and then 

employed the principal-components factor to conduct the analysis. We should note that 

while similar analyses have been conducted for each of the available years, results for only 

one year are displayed in several instances mainly for brevity‘s sake. For example, the 

presented correlation matrix in Table 13and the Scree-plot in Figure-1 both correspond to 

the year 2003. This is logical since results are mostly identical and comparable across 

years56. 

3.3.2.2. Empirical findings 

In Table 14 we present the eigenvalues and the associated proportion of variance 

explained by each underlying factor for the sampled years—1999 to 2007. Results confirm 

that a two factor choice is fairly logical. Indeed, applying the criteria for retaining 

necessary number of factors the two-factor solution seems the best for each year for the 

existing dataset. Firstly, for every year we get two eigenvalues larger than one. Secondly, 

retaining only two factors guarantees a cumulated variance of 70 per cent57. Finally, the 

Scree-plot in Figure 1 shows that the third and subsequent eigenvalues are situated on a 

straight-line, which again confirms that a two-factor solution [(factors up to the "elbow"=) 

3 – 1 = 2] is logical. 

 

However, the factor loadings obtained through the principal-components factoring are not 

unique. Therefore, rotation of factors has been applied subsequently to offer an easily 

interpretable and more significant solution loadings matrix. As mentioned above, it is 

quite logical to expect that different dimensions of performance are correlated. An oblique 

rotation of factors can handle this situation and we therefore apply this method to 

                                                        
55 We assumed normality in our data. As a check, however, maximum-likelihood factoring is used. 
56 Additional results and Scree-plots for other datasets used for robustness checks of the results are not 
provided in the interest of brevity. 
57 Some standard statistical and visual tools are frequently used, either individually or in concert, to help us 
selecting the appropriate number of factors to retain in a factor analysis. Kaiser’s (1960) eigenvalue-greater-
than-one rule suggests retaining only those factors that have eigenvalues greater than one. Cattell (1966) 
suggests another popular approach that entails visual examination of a plot, called the Scree-plot, where the 
eigenvalues are presented in a descending order and a line connects them. Subsequently, the graph is 
examined to determine where the line levels off. The highest number of factors to extract is the point at which 
the curve bends, or where the elbow is. We retain the number of factors up to the ["elbow" – 1]. Variance 
Explained Criteria suggests retaining only adequate factors so that the cumulated variance explained is no less 
than 70 per cent. Overall goodness-of-fit of the factor analysis model can be tested through maximum 
likelihood (ML) or generalised least-squares (GLS) factor extraction methods.  
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introduce correlations between factors. Table 15 presents the rotated factor loadings which 

are very similar across the years.

Table 14 Eigenvalues and proportion of variance explained 

Year   Factor      Eigenvalue    Proportion    Cumulative 
1999   Factor1         3.11207           0.5187        0.5187 

Factor2         1.75908           0.2932        0.8119 
Factor3         0.55147           0.0919        0.9038 
Factor4        0.37843           0.0631        0.9668 
Factor5         0.17388           0.0290        0.9958 

   Factor6         0.02507           0.0042        1.0000 
2000  Factor1         2.84446       0.4741        0.4741 

Factor2         2.10304       0.3505        0.8246 
Factor3         0.47650       0.0794        0.9040 
Factor4         0.32803       0.0547        0.9587 
Factor5         0.18213       0.0304        0.9890 

   Factor6         0.06583          0.0110        1.0000 
2001  Factor1         3.24915       0.5415        0.5415 

Factor2         1.81772       0.3030        0.8445 
Factor3         0.46363       0.0773        0.9218 
Factor4         0.32051       0.0534        0.9752 
Factor5         0.10769       0.0179        0.9931 

   Factor6         0.04129            0.0069        1.0000 
2002  Factor1         3.11518       0.5192        0.5192 

Factor2         1.89992       0.3167        0.8359 
Factor3         0.54393       0.0907        0.9265 
Factor4         0.31691       0.0528        0.9793 
Factor5         0.08773       0.0146        0.9939 

   Factor6         0.03631           0.0061        1.0000 
2003  Factor1         3.18145       0.5302        0.5302 

Factor2         1.92039       0.3201        0.8503 
Factor3         0.47693       0.0795        0.9298 
Factor4         0.30785       0.0513        0.9811 
Factor5         0.09445       0.0157        0.9968 

   Factor6         0.01894            0.0032        1.0000 
2004  Factor1         2.98287       0.4971        0.4971 

Factor2         2.05848       0.3431        0.8402 
Factor3         0.52451       0.0874        0.9276 
Factor4         0.30589       0.0510        0.9786 
Factor5         0.09562       0.0159        0.9946 

   Factor6         0.03263           0.0054        1.0000 
(Contd. on next page)  
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(Continued from previous page) 
2005  Factor1         2.84298       0.4738        0.4738 

Factor2         2.19376       0.3656        0.8395 
Factor3         0.50464       0.0841        0.9236 
Factor4         0.32524       0.0542        0.9778 
Factor5         0.08964       0.0149        0.9927 

   Factor6         0.04374           0.0073        1.0000 
2006  Factor1         2.83485       0.4725        0.4725 

Factor2         2.26674       0.3778        0.8503 
Factor3         0.40360       0.0673        0.9175 
Factor4         0.33329       0.0555        0.9731 
Factor5         0.14022       0.0234        0.9965 

   Factor6         0.02130           0.0035        1.0000 
2007  Factor1         2.86774       0.4780        0.4780 

Factor2         2.18550       0.3642        0.8422 
Factor3         0.53342       0.0889        0.9311 
Factor4         0.28510       0.0475        0.9786 
Factor5         0.11929       0.0199        0.9985 

   Factor6         0.00895           0.0015        1.0000 
Source: Author’s own calculation from MIX data.  
 

 
 

Table 15 Rotated factor loadings (oblique rotation) and unique variances 

  Year Variable    Factor1    Factor2     Uniqueness 
1999  lbbl   -0.0538     0.8660        0.2692   

lbbgnil     0.0138     0.8519       0.2686   
lwomborr    -0.0594    -0.7674        0.3859   
loss     0.9821     0.0315        0.0198   
lssi    0.9198     0.1313        0.0795   

   ltroa     0.9694    -0.1457        0.1059 
2000 lbbl     0.0022     0.8667       0.2485   

lbbgnil    -0.0278     0.8833        0.2242   
lwomborr    -0.0247    -0.8164        0.3285   
loss     0.9718     0.0127        0.0528   
lssi     0.9273     0.0650        0.1231   

   ltroa     0.9667    -0.0765        0.0754 
2001 lbbl     0.0735     0.8512        0.2388   

lbbgnil    -0.0604     0.8940        0.2241   
lwomborr     0.0012    -0.8253        0.3193   
loss     0.9583     0.0205        0.0714   
lssi     0.9769    -0.0047        0.0480   

   ltroa     0.9871    -0.0122        0.0316 
2002 lbbl     0.0188     0.8749        0.2278   

lbbgnil    -0.0490     0.8784        0.2429   
lwomborr    -0.0411    -0.7751        0.3850   
loss     0.9805     0.0123        0.0337   
lssi     0.9682     0.0653        0.0336   

   ltroa     0.9808    -0.0775        0.0618   
(Contd. on next page)  
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(Continued from previous page) 
2003 lbbl     0.0753     0.8659        0.2178   

lbbgnil     0.0004     0.8731        0.2376   
lwomborr     0.0678    -0.8359        0.3199   
loss     0.9697     0.0398        0.0422   
lssi     0.9770     0.0583        0.0187   

   ltroa 0.9822    -0.0834        0.0620 
2004 lbbl     0.1421     0.8569        0.2174   

lbbgnil    -0.0719     0.8841        0.2279   
lwomborr     0.0587    -0.8000        0.3674   
loss     0.9688     0.0569        0.0454   
lssi     0.9748     0.0629        0.0316   

   ltroa     0.9714    -0.1098        0.0690   
2005 lbbl     0.0551     0.8681        0.2419   

lbbgnil   -0.1214     0.8787        0.2165   
lwomborr   -0.0800    -0.7987        0.3536   
loss     0.9699     0.0585        0.0541   
lssi     0.9796     0.0738        0.0327   

   ltroa     0.9578    -0.1506        0.0645 
2006 lbbl     0.0458     0.8802        0.2231   

lbbgnil    -0.1541     0.8715        0.2166   
lwomborr    -0.1192    -0.8450        0.2719   
loss     0.9719     0.0489        0.0530   
lssi     0.9844     0.0540        0.0281   

   ltroa     0.9387    -0.1145        0.1057   
2007 lbbl     0.0909     0.8923        0.1908   

lbbgnil    -0.1518     0.8735        0.2217   
lwomborr    -0.0753   -0.7833        0.3772   
loss     0.9767     0.0671        0.0378   
lssi     0.9844     0.0421        0.0267   

   ltroa     0.9485    -0.1206        0.0926    
Source: Author’s own calculation from MIX data.
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Table 15 shows that across the years OSS, SSI and ROA load positively and quite 

significantly on the first factor, indicating that higher values of these variables lead to 

higher scores on factor-1. Since a higher level of financial sustainability is associated with 

higher values of OSS, SSI and ROA this factor is clearly related with financial performance 

of microfinance institutions. We, therefore, label this factor financial performance. Again, 

LBB and LBBGNI load quite strongly and positively on the second factor, indicating that 

higher values of these variables lead to higher scores on factor-2. On the contrary, 

WOMBORR variable load heavily and negatively on the second factor, meaning that MFIs 

which have a smaller value for this variable will have a higher score on factor-2, other 

things being equal. Since a deeper outreach is associated with higher female participation 

and also with a smaller value of LBB and LBBGNI variables, factor-2 clearly reflects the 

social dimension of performance and can be termed social performance, or social 

commitment. It should be noted here that depth of outreach increases as LBB and 

LBBGNI decreases and as WOMBORR increases. Therefore, the former two variables 

loaded positively and the later one loads negatively on factor 2, which quite convincingly 

seem rational.  

 

For significance of these factors we may analyse the ‘uniqueness’ column in the rotated 

factor loadings as presented in Table 3.5. ‘Uniqueness’ is the variance that is ‘unique’ to 

the variable and not shared with other variables. It is equal to 1 – communality58. Since the 

greater the ‘uniqueness’ the lower the relevance of the observed variable in the factor 

model, we need to see which variables have greater ‘uniqueness’ value. We see that none of 

the values in the uniqueness column is greater enough to consider it irrelevant. Therefore, 

the factors are relevant.

                                                        
58 ‘Communality’ is defined as variance that is shared with other variables. 
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Table 16 Correlation between factors 

  Year   Correlation: Factor 1 and Factor 2 
1999    0.2309 
2000    0.1058 
2001    0.2465 
2002    0.1963 
2003    0.2155 
2004    0.1252 
2005    0.0196 
2006   -0.0091 

  2007    0.0331 
Source: Author’s own calculation from MIX data.

As shown in Table 16, correlations between these two factors are quite on the low side and 

except for the year 2006 their signs are always positive. This consistent trend across the 

years confirms non-existence of any trade-off between the two-dimensions of MFI 

performance (social and financial). This result is very important and is in essence in 

conformity with the findings of Ferro-Luzzi and Weber (2007). In Section 3.5 on mission 

drift this point is discussed further. 

3.4. Determinants of MFI performance 

We came across some patterns of relationship between the two dimensions of MFI 

performance through their correlations. However, answers to several other relevant 

questions are still missing: What are the factors that determine the performance of MFIs 

and why are performances of MFIs not similar? While a large number of them are doing 

quite well why are others lagging behind? This section attempts to answer this question. In 

the final stage of factor analysis we now use two synthetic measures for MFI performance 

obtained earlier—financial performance and social performance—as the outcome variables 

in order to quantify MFI success. That is, the predicted factor scores have been used as 

dependent variables in regressions—both in this section and in the following section on 

mission drift. This is logical since these factor scores have several advantageous properties 

and there are many examples of doing so in the literature (see, for instance, Ferro-Luzzi 

and Weber, 2007). Factor scores, measured in units of standard deviations from their 

means, are standardized variables and therefore have means (approximately) equal to zero 

and standard deviations equal to 1. These scores are often used in social and behavioral 

science to combine many test or questionnaire items into composite variables or indexes 

(Hamilton, 2009). A factor score weights each item based on how related it is to the factor. 
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Occasionally, in particular in applied works, estimation of similar specifications for several 

different outcome variables can be the main job. However, if the equations use the same 

data, the errors may be correlated across the equations and the zero-conditional-mean 

assumption is unmet. In that case, we may want to estimate the equations jointly to allow 

cross-equation restrictions to be imposed or tested, and to gain efficiency, since we might 

expect the error terms across equations to be contemporaneously correlated. This is a 

situation where seemingly unrelated regressions (SURs) can be used, which is an 

extension of the linear regression model but allows correlated errors between equations. 

The model we used here draws on Ferro-Luzzi and Weber (2007). Performance of 

microfinance institutions is conjectured as follows: 

 

sji = xjiβj + zjiγj + εji    (3.4) 

 

Where, sji is the performance of MFI i (=1,2, ..., 113) on dimension j (=1, 2); xi is a row 

vector of MFI i’s performance as explained by social and financial dimensions; zji includes 

variables assumed to affect either one of them. We assume that E (εji, εji) = σ12 ≠ 0 as both 

of the performance measures are interconnected by a potential trade-off. So, estimation 

with the SUR model, or alternatively by three-stage-least-squares, is ideal here. Several 

factors affect these two dimensions of MFI-performance scores. Some of them have effects 

on both of the dimensions while others can only influence either one of the dimensions. 

Table 11 describes variables which may affect either or both performance scores.  

 

MFI’s scale of operation (measured by log of portfolio-size) is imperative for cost-

effectiveness and is not only correlated with breadth of outreach, but it certainly affects 

the financial profitability of the MFI. By using similar way of reasoning we can claim that 

the number of active borrowers also represents an MFI’s scale of operation that may, in 

turn, influence MFI-performance. Therefore, in order to capture the scaling up effect, both 

of these indicators are included in our model although the direction of their influence is 

not understandable a priori. 

 

MFIs’ performance, especially concerning their financial viability, is related to efficiency. 

Broadly defined, a firm is efficient for certain quantities (or prices) of inputs if it 

maximises the quantity (or price) of an output; then again, it is efficient if it operates with 

the least quantity or least costs of inputs for a given quantity (or price) of output 

(Balkenhol, 2007). In microfinance literature several indicators are currently in use as 

proxies for efficiency. Among them we included operational expense to gross loan 
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portfolio ratio and cost per borrower as two measures for efficiency. We conjecture that 

both measures of efficiency should affect MFIs’ financial performance negatively. The 

direction of influence in terms of social performance, however, is ambiguous and cannot 

be guessed beforehand.  

 

Two commonly used risk measures—portfolio-at-risk past 30 days due (PAR30) and 

write-off ratio—have been included in the model. Their hypothesised sign of relationship 

with the financial performance is obviously negative, while with the social performance 

variable direction of such association is ambiguous as previous researches have 

mentioned59. MFI experience (number of years in MFI operation) and size (defined as the 

natural log of total assets) have also been incorporated in the model. We hypothesise that 

the former is negatively associated with the social performance of MFIs. However, its 

conjectured relationship with financial performance and the relation between MFI size 

and both of the performance scores are, once again, uncertain. The inclusion of two other 

variables—NPNGO and regulated—is also important. As non-profit status of NGOs 

literally means that they are not-for-profit, financial performance of MFIs is negatively 

affected by the NPNGO status. On the contrary, how regulation affects financial and social 

performance cannot be conjectured earlier—this hypothesis is uncertain. 

 

Several problems are likely to plague our panel data models. Heteroskedasticity problems 

arise from group-wise differences, and often taking group means can remove 

heteroskedasticity. The use of a heteroskedasticity-consistent covariance estimator with 

ordinary least squares estimation in fixed-effects models can yield standard errors robust 

to unequal variance along the predicted line (Greene, 2003; Wooldridge, 2002). Existence 

of autocorrelation within the panels from one time period to another is also a reality. Some 

problems with dynamic panels that contain autocorrelation in the residuals are handled 

with a Prais-Winston transformation or a Cochrane-Orcutt transformation in order to 

remove the bias from the autocorrelation.  

 

Ours is an unbalanced panel dataset and the abovementioned problems have lead us to 

employing three estimation techniques for the SUR model—SUR estimation on the pooled 

data, feasible generalised least squares (FGLS) estimation corrected for panel-specific AR1 

correlation and Prais-Winsten models with panel-corrected standard errors. FGLS and 

Prais-Winsten models have been used for HPAC-SUR (panel heteroskedasticity, panel 

                                                        
59 See, for example, Mersland and Strom (2009).  
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autocorrelation, and contemporaneous correlation adjusted seemingly unrelated 

regression) solution for contemporaneously correlated error terms. Estimation results are 

presented in Table 17. Regarding the validity of choice of SUR specification it may be 

mentioned that the value of the chi-squared statistics are quite high; so, we reject the null 

hypothesis that the errors are not correlated across equations (σ12 = 0); that is, we reject 

the hypothesis of errors’ independence. Therefore, SUR modeling is applicable. 

 

We now turn to the regression results. The dependent variables represent financial as well 

as social performance (depth of outreach) of MFIs. As discussed earlier, the financial 

performance variable is synthesized by positive loadings of operational self-sufficiency, 

self-sufficiency index and return on assets variables. Therefore, clearly positive coefficients 

would imply increase in financial performance. The social performance variable, however, 

is synthesised by positive loadings of two average loan size variables (one is adjusted by 

per capita GNI, while the other is unadjusted) and by negative loadings of the percentage 

of female borrower variable. Since a decrease in average loan size or an increase in 

percentage of female borrowers would imply a rise in depth or quality of outreach, we 

need to analyse these results very carefully. Negative coefficients mean increase in depth 

of outreach and vice versa.  

 

As Table 17 shows, the scale-of-operation variable (GLP) has a positive significant 

influence on the financial performance of MFIs. Clearly, this implies that the financial 

performance of MFIs improve as they scale up, all else being equal. This may happen as 

larger loan portfolios reduce costs and hence scaling up positively affects performance. 

However, for another scale-of-operation variable—log of number of active borrowers 

(NAB)—this impact is negative. Since NAB is a direct measure of breadth of outreach, this 

is not quite in opposition to what we expected and in line with Ferro-Luzzi and Weber 

(2007). Since costs per client should rise with small loans, these higher costs are harmful 

quite understandably and make the impact of NAB on financial performance negative. 

However, for the social performance regressions, we see that coefficients for the scale-of-

operation variable (GLP) are equally positively signed in all three models but significant 

only in the SUR model. This confirms credibility of the results and signals that larger MFIs 

in terms of scale-of-operation are not necessarily the better performers with regards to 

social commitments meaning that the clients being targeted may not come from a 

comparatively poor class, since a positive link necessarily means either increase in average 

loan size or decrease in the number of female borrowers. On the other hand, coefficients 

for NAB are negative and significant in all models. These suggest that with an increased 
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level of clientele base the depth of outreach improves. One plausible explanation for this 

may be the fact that the higher the clientele base the higher the possibility of poor 

customers being included in credit programmes. 

 

The efficiency variable—cost per borrower (CPB)—is negatively and significantly related 

with financial success of MFIs as expected. Another efficiency variable—Cost per dollar 

lent (OELP)—has also got a negative sign although the relationship is insignificant. A 

negative relationship of financial performance with efficiency measures like CPB (or 

OELP) reflects the fact that higher costs are unfavourable in attaining financial 

sustainability, which is quite obvious. In social performance regressions, these efficiency 

variables have different signs suggesting that their impacts are non-monotonic and this 

warrants some explanation. Here a positive coefficient for the cost-per-borrower variable 

indicates that the higher the cost the lower the depth of outreach. Although this apparently 

seems unconvincing, this is justified because as average costs increase obviously an MFI 

tries to minimise that cost by increasing the clientele base. Again, negative OELP 

coefficients imply that with decreasing costs-per-dollar-lent, overall depth of outreach 

increases. This also makes sense because if increasing clientele base is of no use then the 

MFI should try other channels including reducing operating costs.
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Table 17 Determinants of MFI performance 

 
 Financial performance   Social performance 
 SUR FGLS OLS-PW SUR FGLS OLS-PW    
GLP 1.053*** 0.735*** 0.887*** 0.722***        0.074 0.141    
 (0.198) (0.148) (0.200) (0.134) (0.056) (0.101)    
NAB -0.621*** -0.373*** -0.360** -1.316***      -0.318***  -0.385*** 
 (0.187) (0.093) (0.126) (0.126) (0.044) (0.062)    
CPB -0.887*** -0.695*** -0.665*** -0.573***        0.479*** 0.376*** 
 (0.189) (0.104) (0.148) (0.127) (0.048) (0.064)    
OELP 0.315 -0.024 -0.014 0.156 -0.713*** -0.598*** 
 (0.174) (0.069) (0.098) (0.117) (0.033) (0.073)    
PAR30 -0.031 -0.058** -0.050** 0.067***          0.023*** 0.010    
 (0.023) (0.018) (0.019) (0.014) (0.007) (0.008)    
WOR -0.060** -0.031* -0.031*                  
 (0.021) (0.015) (0.015)                  
Size -0.341** -0.277* -0.449*** 0.569***          0.135** 0.121    
 (0.115) (0.120) (0.130) (0.079) (0.046) (0.080)    
EAP -0.262** -0.350** -0.339*** 0.383***          0.441*** 0.310*** 
 (0.099) (0.123) (0.102) (0.067) (0.065) (0.060)    
EECA 0.083 -0.120 -0.093 0.037 0.024 -0.078    
 (0.079) (0.077) (0.124) (0.055) (0.059) (0.061)    
MENA -0.007 -0.133 -0.162 -0.068 0.134* 0.163    
 (0.104) (0.117) (0.121) (0.068) (0.059) (0.086)    
SA -1.092*** -1.353*** -1.285*** 0.100  0.133 0.075    
 (0.143) (0.130) (0.205) (0.097) (0.079) (0.069)    
SSA -0.236** -0.252** -0.258*** 0.494*** 0.536*** 0.471*** 
 (0.075) (0.080) (0.075) (0.050) (0.036) (0.044)    
NPNGO -0.117 -0.213** -0.153 -0.182*** -0.353*** -0.520*** 
 (0.071) (0.076) (0.110) (0.041) (0.036) (0.071)    
Reg. 0.035 0.019 0.068                  
 (0.067) (0.063) (0.061)                  
Age    -0.157*** 0.001 0.026    
    (0.039) (0.032) (0.042)    
Const. -1.887*   -5.225*** 
 (0.854)   (0.578) 
χ2 314.82 387.97 279.08 2792.86   4259.44 3655.86 
P-value 0.000 0.000 0.000 0.000 0.000 0.000 
R2 0.338 -- 0.381 0.819 -- 0.840 
Obs. 616 609 616 616 768 769    
All variables are in natural logs. GLP = Gross loan portfolio (this means scale of operation), NAB = Number of 
active borrowers (Breadth of outreach) , CPB = Cost per borrower, OELP = Operating expense to gross loan 
portfolio ratio, PAR = Portfolio-at-risk past 30 days, WOR = Write-off ratio, Size = Natural logarithm of total 
assets, Age = Number of years in microfinance operation, EAP = East Asia and the Pacific, EECA = Eastern 
Europe and Central Asia, MENA = Middle East and North Africa, SA = South Asia, SSA = Sub-Saharan Africa, 
NGO = Non- profit non-governmental organization, Rated = Whether rated by any external authority. SUR = 
Seemingly unrelated regressions with pooled data, FGLS = Panel data feasible generalized least squares model 
with panel-specific AR1 correlation, OLS (P-W) = OLS for Prais-Winsten models with panel-corrected 
standard errors; FGLS and OLS (P-W) have been used for HPAC (panel heteroskedasticity, panel 
autocorrelation and contemporaneous correlation) SUR solution for contemporaneously correlated error 
terms. Significance level: * = p<0.05, ** = p<0.01, *** = p<0.001.

The risk variables—PAR30 and write-off ratio—are negatively and significantly connected 

with the financial performance scores. Although impacts of risk factors on financial 

performance are generally uncertain this was not absolutely beyond our expectations. It is 

quite straightforward to explain that more risky portfolios can harm profitability and as a 

result, cause a downward trend in overall financial performance of an MFI. The included 

risk variable (PAR30) has positive significant coefficients in social performance 
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regressions which immediately mean that with an increased level of portfolio risk, depth of 

outreach declines. This is quite understandable as with a higher level of loan repayment 

risk the MFI will switch to better-off clients because repayments are then to a large extent 

guaranteed. 

 

The size variable has negative and highly significant coefficients in financial performance 

models, but the coefficients are positive significant in social performance regressions. 

Understandably, size should have some influence on financial as well as social 

performance although we could not guess the direction of the association in advance. This 

confirms that neither all large firms are profitable nor all the small enterprises are 

unprofitable. Again, a positive links between size and social performance would imply that 

largeness of MFI in effect fails to guarantee better social commitment, all else equal. Size 

actually is immaterial in terms of attaining profitability and financial viability as well as 

better social performance.  

 

Negative significant regional dummy coefficients in financial performance regressions and 

positive significant coefficients for the same in social performance regressions confirm 

that indeed there are noticeable regional differences in terms of financial as well as social 

performance score depending on MFIs’ locations. In comparison with the control 

category, Latin America and the Caribbean (LAC), other regions are not doing quite well 

as far as financial soundness and social obligations of sampled MFIs are concerned. The 

regional dummies are more or less positively signed but insignificant in social 

performance regressions. These indicate that MFIs especially in the EAP and SSA regions 

are not doing so well in reaching the poor in comparison with the control category (LAC).  

 

We also incorporated the legal status variable NPNGO (non-profit NGO) to represent the 

non-profit status of MFIs as a determinant of financial and social performance in this 

exercise. The coefficient for this variable is always significant with an expected negative 

sign, which suggests that non-profit status is harmful for the financial health of an MFI, 

while they are doing well in terms of depth of outreach or social performance. However, 

regulatory status has no significant impact on financial performance although the sign is 

positive as expected. Again, the age variable has a negative significant coefficient in the 

social performance regression which suggests that more experienced institutions are doing 

well in terms of the depth dimension of outreach. This is actually what we expected, as 

without ensuring social performance or depth of outreach an MFI cannot be sustainable 

for a long time.
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3.5. Mission drift 

In the literature mission drift is frequently expressed as a tendency of many MFIs to 

extend larger loans on average while they scale up and accordingly, average loan size has 

been widely used to measure such drift in missions in MFIs (Mersland and Strom, 2009; 

Cull et al., 2007; Schreiner, 2002). A few studies have also used adjusted average loan size 

as another proxy for it. However, the very phenomenon of mission drift in microfinance 

institutions is rather indistinct (Armendaritz and Szafarz, 2009). Commentators argue 

that average loan size may increase over time due to other reasons too. Two already well-

known propositions—progressive lending and cross-subsidisation—might be of help in 

explaining this trend. Progressive lending pertains to a situation where existing loan 

clients can reach out higher credit ceilings after observing a clean repayment record at the 

end of each credit cycle. Cross-subsidisation is the idea that consists of reaching out to the 

unreached wealthier clients in order to finance a larger number of poor clients whose 

average loan size is relatively small. However, mission drift is a phenomenal concern 

whereby an MFI increases it average loan size by reaching out to wealthier clients neither 

for progressive lending nor for cross-subsidisation reasons. Mission drift also implies 

shifting away from the original promise of focusing more on women clients, loan clients in 

rural areas and also from group-based lending methodology, which in general are the 

social commitments of MFIs. However, one way or another the mission drift issue finally 

boils down to the old concern that relates to a possible trade-off between or mutual 

exclusion of two of the common bottom-lines of MFIs—financial performance (being 

financially sustainable) and social performance (meeting the social commitments). 

 

In order to examine whether the above-mentioned mutual exclusion of objectives are true, 

we implement estimation of coefficients in the following relation: 

 

SPit = β1FPit + β2CPBit + β3Riskit+β4Ageit + β5Sizeit + Constant + εi + uit (3.5) 

 

Where, SP (social performance) and FP (financial performance) are the two synthetic 

performance scores that replace several similar variables typically used to measure depth 

of outreach and profitability or financial sustainability of MFIs respectively; included as 

control variables, size stands for the natural log of total assets; age is the number of years 

the MFI has been in microfinance credit operations; CPB (means cost per borrower) and 

Risk (as reflected by portfolios-at-risk past 30 days) are two other factors that have been 

hypothesised to have some influence on the social performance scores of MFIs; the 



 

 

111 

subscript it indicates the ith MFI (i = 1, 2,.........., 113) in the year t (t = 2000,........, 2007), 

εi is the time invariant characteristic of MFI i, for instance, the country where the MFI is 

located, and uit is the idiosyncratic error term. 

 

At the outset, we checked whether panel data estimation is really essential, otherwise 

variations among MFIs are so small that pooled regressions would be sufficient. We did 

that through F-tests. The results of F-tests of individual, time and joint effects show that 

all effects are significant at the 1% level, thus rejecting the homogeneity assumption across 

MFIs and time. This suggests that a pooled OLS regression would be unsuitable and we 

require panel data estimation methods (Wooldridge, 2002). 

 

However, financial performance, average cost and loan delinquency measures (for 

instance, PAR30) are simultaneously determined with social performance. So, we should 

care for this endogeneity bias. Estimation through instrumental variables may remove this 

bias if we find a set of relevant instruments that are independent of the disturbance term. 

For over-identifying restrictions to estimate the coefficients βj (j=1,...,5), number of 

instruments (L) should be at least equal to the number of regressors (K). However, 

longitudinal data are advantageous regarding construction of instruments. It is possible to 

find instruments among the lagged explanatory variables in panel data and by assumption 

the lagged variables are not linked with the error terms. However, the lagged values have 

to be associated with respective regressors. Hansen’s (1982) J-test is used to test whether 

the instruments are independent of the error terms, where J ~ χ2 with (L-K) degrees of 

freedom. A high χ2 value or low p-value indicates that endogeneity is still present and 

anyhow some of the instruments are correlated with the error term. 

 

Wooldridge (2002) suggests that with the optimal weighting matrix generalised method of 

moments (GMM) estimators allow for arbitrary heteroskedasticity and serial-correlation 

for large N (number of cross-section units) and small T (number of time periods). This 

condition is fulfilled in our case as we have N=113 and T=8 (maximum). So, we perform 

GMM estimations. Several panel estimation methods—fixed-effects, random-effects, 

maximum likelihood estimator (MLE) and first-difference—have been utilised in this 

exercise. In fixed effects estimation individual MFI averages are deducted from yearly 

observations so that individual MFI heterogeneity as fixed-effects is assumed a constant-

term’s element. Then regression on these transformed variables is executed. Rather than 

assuming εi as part of the constant term, in random-effects estimation the εi is considered 

as a part of a composite error term. For a fixed dataset and underlying probability model, 
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MLE chooses those parameter values that make the data “more likely” than any other 

parameter-values would make them. In first-difference estimation the difference in social 

performance, the outcome variable, is regressed on similar differences in explanatory 

variables. The fixed effect εi is removed here too. Applying all these panel data methods 

enhances the credibility in estimation results.
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Table 18 Trade-off between social performance and financial performance  
Dependent variable: Social performance 

  GMM-FE FE2SLS EC2SLS LIML-FE G2SLS    
Financial performance -0.029 -0.033 0.015 -0.038 -0.017    
  (0.112) (0.083) (0.068) (0.115) (0.075)   
Size  0.178*** 0.187*** 0.203*** 0.188*** 0.207*** 
  (0.050) (0.033) (0.028) (0.051) (0.028)    
Log age  0.187 0.114 -0.007 0.112 -0.021    
  (0.226) (0.129) (0.097) (0.238) (0.098)    
Log cost per borrower 0.324** 0.349*** 0.372*** 0.347** 0.363*** 
  (0.125) (0.048) (0.043) (0.127) (0.044)    
Log PAR30  0.025 0.028* 0.035** 0.028 0.032*   
  (0.018) (0.013) (0.012) (0.019) (0.013)    
Regulated  0.126 0.137 0.143 0.141 0.166    
  (0.152) (0.244) (0.132) (0.155) (0.132)    
EAP    -0.245  -0.258    
    (0.218)  (0.217)    
EECA    0.367  0.373*   
    (0.189)  (0.189)    
MENA    -0.082  -0.081    
    (0.242)  (0.243)    
SA    -0.377  -0.451    
    (0.252)  (0.253)    
SSA    0.236  0.218    
    (0.164)  (0.164)    
NP-NGO    -0.326*  -0.328*   
    (0.153)  (0.152)    
Constant   -5.030*** -5.043***  -5.037*** 
   (0.624) (0.515)  (0.516)    
Hansen’s J Test  0.293 -- -- 0.294 -- 
R-squared  -- 0.333 -- -- 0.5734                
Hausman χ2  -- -- 9.94 -- -- 
P-value  -- -- 0.6213 -- -- 
N  517 519 519 517 519    
Note: All specifications were two-way error-component models containing time-effects.Coefficients for the 
year dummies, however, are not presented. R-squared G2SLS = R2-Overall, FE2SLS= R2-Within and EC2SLS 
= R2-Overall. Significance levels: *p<0.05, **p<0.01, ***p<0.001.

Econometric evidence 

The estimation strategy is first to estimate (3.5) with social performance as the dependent 

variable using the two panel data instrumental variables estimation methods: fixed-effects 

and random-effects60. The results of estimating the regression for social performance 

from (3.5) are shown in Table 18. 

 

As Table 18 shows coefficients for most of the included observed variables are equally 

signed and MFI-size, ‘cost per borrower’ and PAR30 variables have significant and equally 

signed coefficients in all panel data estimations. Thus, it is quite logical to expect that the 

results from diverse panel data estimation methods are largely steady and consistent. 

Additionally, the high values of Hansen’s J-statistic of over-identifying restrictions 

                                                        
60 Two versions of fixed effects and random effects IV estimation—GMM and non-GMM—are employed. First 
difference estimation results are not presented.  
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confirm that the instruments are not correlated with the error term. Hence, the 

instruments are relevant and the results we obtained are credible. 

 

Table 18 shows that the coefficients for the financial performance variable used to 

measure self-sustainability of MFIs are negative except in EC2SLS model specification. 

These indicate a trade-off between depth of outreach and measures of financial 

performance. However, the coefficients are not statistically significant. Thus, in this 

exercise we fail to prove the mission drift hypothesis that increased motivation for profit 

leads to MFIs’ drifting away from their original mission of attaining better outreach-

quality. Therefore, the concerns for mission drift seem incautious. 

 

Concerns for mission drift in microfinance, however, do not seem unwary while we 

consider the scaling up effects in terms of MFIs’ increased size as the coefficients for the 

size variable are always positive significant in all model specifications meaning large MFIs 

are not doing quite well in order to meet their social commitments. Similar results in 

social performance regressions in Table 17 confirm this finding. Regarding efficiency 

measures the results are somewhat counterbalancing in Table 18 where the cost-per-

borrower (CPB) variable has positive significant coefficients in social performance 

regressions. We note that social performance scores are synthesised through positive 

loadings of average loan size variables and negative loadings of the female participation 

variable. Thus a positive coefficient would mean that with increased average costs average 

loan size increases and female participation in credit programmes declines. So, in a 

situation of increasing average costs it is quite natural for an MFI to try to replace small-

sized loans with bigger ones in order to minimise average costs; although it raises the 

mission drift concern. This result is similar to those of Mersland and Strom (2009). They 

note that inefficient MFIs, vulnerable to mission drift, increase average loan size to 

balance the negative impacts of increased average costs, and suggested for cost-efficient 

MFIs to extend loans to poorer clients, which seem sensible in this respect. To supplement 

this, what we recommend is that efficient MFIs should focus more on female clients’ 

participation.  

      

Our exercise reveals a positive, but insignificant, relationship between risk and social 

performance across various models. The variable age measures MFIs’ propensity to 

change social performance over time. Its coefficients are both positive and negative. Given 

the definition of the social performance variable, this seems fitting in regards to the 

mission drift concern as the age hypothesis in terms of MFIs’ depth of outreach is non-
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monotonic, all else being equal. However, the coefficients are insignificant all through. We 

considered regional variations and legal standing of MFIs. Regional locations do not seem 

important in these models, although Non-profit NGOs do reveal significant and better 

social performance. Similar results in Table 17 confirm this finding.

3.6. Robustness checks 

We check robustness of the results mainly by re-estimating model (3.4) and model (3.5) 

employing different samples. As mentioned above, two separate panel datasets have been 

used for this purpose and database-wise main results of which are reported in next two 

sub-sections. The first one is a global panel dataset of six years (spanning from 2003 to 

2008) for 412 MFIs in 73 countries and the second one contains 67 Bangladeshi MFIs’ 

data for 5 years—from 2003 through 2007. Both of the databases have been constructed 

from individual MFI profiles and data as available in the microfinance information 

exchange (MIX) platform.  

3.6.1. Results using the second global panel dataset 

As the results presented in Table 19 and Table 20 show, both in terms of the determinants 

of MFI performance and mission drift in microfinance, most of the results are similar to 

what we have already obtained and discussed in section 3.4 and 3.5. The only major 

difference in results concerns to the financial performance variable in Table 20 where its 

coefficients, unlike those of Table 19, are positive but insignificant. This may be owing to 

the fact that with a comparatively bigger sample of MFIs in the later case we had to 

include several small-sized and new MFIs. This is clearly evident from the differences in 

their respective descriptive statistics. Thus, as we have already discussed earlier in detail, 

the mission drift hypothesis seems unwary in this case as well. 
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Table 19 Determinants of MFI performance (second global dataset) 

   Financial performance  Social performance 
   SUR FGLS SUR FGLS  
Gross loan portfolio  0.337 0.260 0.160 0.341***
   (0.283) (0.180) (0.114) (0.059)    
Number of active borrowers  -0.070 0.023 -0.622*** -0.758***
   (0.259) (0.158) (0.104) (0.051) 
Cost per borrower  -0.322 -0.269 0.157 -0.131*
   (0.261) (0.161) (0.105) (0.053)   
Cost per borrower  -0.086 -0.399* -0.407*** -0.158**
   (0.265) (0.164) (0.107) (0.055)    
PAR30   -0.129*** -0.104*** -0.008 0.042***
      (0.024) (0.016) (0.009) (0.006)    
Write-off ratio   -0.110*** -0.088***                
   (0.022) (0.014)                  
Size    -0.178 -0.279* 0.435*** 0.179***
   (0.155) (0.110) (0.063) (0.043)    
EAP   -0.364*** -0.479*** 0.245*** -0.286***
   (0.100) (0.056) (0.040) (0.034)    
EECA   0.381*** 0.332*** -0.069* -0.350***
    (0.083) (0.064) (0.034) (0.043)    
MENA   0.155 0.127 -0.047 -0.077
    (0.114) (0.115) (0.046) (0.053)   
SA   -0.987*** -1.085*** 0.182** -0.191***
   (0.146) (0.124) (0.059) (0.042)  
SSA   -0.059 -0.327** 0.690*** 0.358***
   (0.103) (0.107) (0.040) (0.033)  
Non-profit NGO   0.136 0.141* -0.071** -0.541***
   (0.081) (0.066) (0.026) (0.026)    
Regulatory status  -0.105 -0.113  
                  (0.084) (0.070)                 
Age     -0.101*** -0.080***
     (0.021) (0.017)  
Constant   -1.505***  -4.832*** 
   (0.363)  (0.144)  
χ2   344.23 1054.83 7462.88 9379.32 
P-value   0.000 0.000 0.000 0.000 
R-squared   0.234 --  0.869   -- 
N   1126 1069 1126 1383    
Note: Significance levels: *p<0.05, **p<0.01, ***p<0.001.
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Table 20 Trade-off between social performance and financial performance  
Dependent variable: Social performance 

  GMM-FE FE2SLS EC2SLS LIML-FE G2SLS    
Financial performance 0.071 0.069 0.127** 0.074 0.748    
  (0.228) (0.176) (0.045) (0.245) (1.550)    
Size   0.183* 0.185** 0.124*** 0.184* 0.091    
  (0.082) (0.061) (0.019) (0.087) (0.077)    
Log age  -0.253 -0.256 -0.051 -0.246 0.184    
  (0.481) (0.359) (0.072) (0.511) (0.521)    
Log cost per borrower 0.287** 0.281*** 0.404*** 0.282** 0.548    
  (0.091) (0.041) (0.034) (0.095) (0.356)    
Log PAR30  0.023 0.022 0.033* 0.023 0.172    
  (0.052) (0.040) (0.014) (0.056) (0.349)    
EAP    -0.291*  0.001    
    (0.138)  (0.683)    
EECA    0.104  0.026    
    (0.120)  (0.363)    
MENA    -0.252  -0.249    
    (0.163)  (0.364)    
SA    -0.342*  0.243    
    (0.162)  (1.398)    
SSA    0.319*  0.362    
    (0.140)  (0.366)    
Non-profit NGO    -0.229  -0.282    
    (0.119)  (0.276)    
Regulatory status   0.136  0.185    
    (0.122)  (0.304)    
Constant   -3.655*** -3.590***  -3.850*** 
   (0.337) (0.294)  (0.956)    
Hansen’s J Test  0.773 -- -- 0.775 -- 
Hausman χ2  -- 39.97 -- -- -- 
P-value  -- 0.000 -- -- -- 
R-squared  -- 0.280 -- -- 0.364                 
N  619 672 672 619 672    
Note: Significance levels: * p<0.05, ** p<0.01, *** p<0.001 

3.6.2. Results using the Bangladesh panel dataset 

Regarding the determinants of MFI performance for the Bangladesh data as presented in 

Table 21 most of the results are again similar to our earlier results and again the concerns 

for mission drift seem unsubstantiated. This is similar to the results obtained earlier in 

chapter 2 which is basically in terms of the MFIs in the South Asian region though. Two 

major differences, however, are noteworthy to explain. In Table 22 the coefficients for the 

age variable are positive and highly significant which confirm that in case of Bangladesh 

older MFIs are doing badly to meet their social performance mission (in terms of larger 

average loan size and women participation) as they scaled up. Anecdotal evidence would 

also support this view. While observers in most of the developing regions in the world are 

concerned for mission drift, in Bangladesh the scenario seems somewhat different. In 

Bangladesh, the mission remained almost stable over the years and possibly the problem 

here is related with stagnant-mission, not conventional mission drift. That is, MFIs are 
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targeting similar sort of clients and no such change emerged. Evidently, again mostly from 

various anecdotal sources though, average loan size (GNI adjusted) has increased in 

Bangladesh than previous years and older MFIs are increasingly focusing on male 

membership in credit programs in recent years. As a result, for older and larger MFIs in 

Bangladesh their social performance mission (as we have defined in this paper) has been 

negatively affected. Another noticeable result using the Bangladesh database is that the 

PAR30 variable has negative significant coefficients. This is not very hard to explain and 

quite in line with what we expected. Justifiably, worsening of portfolio quality clearly 

means improvement in the repayment rate. With better repayment rates borrowers may 

have larger amount of loans as the phenomenon of progressive lending suggests. 
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Table 21 Determinants of MFI performance (Bangladesh dataset) 

 SUR FGLS OLS/P-W SUR FGLS OLS/P-W    
GLP 0.308 -0.197 -0.252 3.243***        2.719*** 2.590*** 
 (0.609) (0.367) (0.532) (0.159) (0.366) (0.641)    
NAB -0.135 0.885** 0.116 -3.205***     -2.317*** -2.318*** 
 (0.594) (0.305) (0.550) (0.155) (0.326) (0.491)    
CPB 0.106 0.469 -0.298 0.007 -1.072** -1.167*   
 (0.562) (0.336) (0.494) (0.148)  (0.329) (0.492)    
OELP -1.241* -1.373*** -0.457 -0.090 1.033** 1.200*   
 (0.567) (0.320) (0.523) (0.149) (0.352) (0.558)    
PAR30 -0.174*** -0.135*** -0.135*** -0.011  0.122*** 0.116*** 
 (0.029) (0.016) (0.021) (0.008) (0.018) (0.023)    
WOR -7.176** -4.205* -5.724*                  
 (2.421) (1.939) (2.679)                  
Size  -0.125 -0.703** 0.112 -0.024 -0.452* -0.291    
 (0.269) (0.217) (0.263) (0.071)  (0.214) (0.288)    
Age    -0.054 -1.364*** -1.401*** 
    (0.036) (0.127) (0.276)    
Const. -4.461***   -13.739*** 
 (0.759)   (0.222) 
Wald χ2 166.52 999.22 233.69 5889.43 255.15 168.51 
P-value 0.000 0.000 0.000 0.000 0.000 0.000 
R2 0.479 -- 0.345 0.970 -- 0.496 
N 181 167 181 186 186 198    
Note: Except ‘write of ratio’ and ‘size’ all other variables are in natural logs. GLP: Gross loan portfolio, NAB: 
Number of active borrowers, CPB: Cost per borrower, PAR30: Portfolio at risk past 30 days. WOR: Write-off 
ratio, OELP: Ratio of operating expenses to gross loan portfolio.  Significance levels: *p<0.05, **p<0.01, 
***p<0.001.

For additional robustness checks, several model specifications with various combinations 

of control variables representing, for example, the scaling up situation, cost levels and risk 

scenarios of sampled MFIs have also been re-exercised. For instance, we tried write-off 

ratio as another risk measure. Using this measure instead of or in addition to PAR30 did 

not bring any material change to the regression results. Also, applying debt-equity ratio as 

another risk measure we find no significant change in the results as they remained largely 

unperturbed. This leads to further credibility for our results. Thus, our regression results 

are robust to different variables, specifications and data. 
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Table 22  Trade-off between social performance and financial performance  
 Dependent variable: Social performance (Bangladesh dataset) 

  GMM-FE  FE2SLS EC2SLS LIML-FE G2SLS  
Financial performance 0.609 0.528 0.601** 0.495 -0.093
  (0.356) (0.386) (0.206) (0.437) (0.533)  
Size   0.655* 0.678* -0.060 0.692* 0.117
   (0.288) (0.256) (0.083) (0.304) (0.126) 
Log age  5.586*** 5.364*** 0.407 5.294*** 0.315
   (1.055) (1.391) (0.412) (1.177) (0.607)  
Log Cost per borrower 2.011** 1.900* 1.485*** 1.843* 0.907
   (0.610) (0.729) (0.383) (0.728) (0.727)  
Log PAR30  -0.090* -0.095* -0.105* -0.096* -0.188*
   (0.042) (0.046) (0.049) (0.044) (0.073)  
Constant   -32.269*** -3.554  -5.257*
    (4.594) (1.914)  (2.349) 
Hansen’s J Test  0.427 -- -- 0.434 -- 
Hausman χ2  -- 91.70 -- -- -- 
P-value  -- 0.000 -- -- -- 
R-squared  -- 0.770 0.57 0.581 0.308  
N  80 100 100 80 100  
Note: All models were two-way error component models containing time effects. Coefficients for the year 
dummies, however, are not presented. Significance levels: *p<0.05, **p<0.01, ***p<0.001.

3.7. Conclusions 

Factor analysis has long been in use to explain the common underlying dimensions (or 

factors) in a group of similar variables. This study primarily attempts to explore the 

convenience of factor analysis especially to the extent that similar variables can be 

synthesised into common factors. The basic objective for doing so was to see whether any 

fresh empirical and methodological insights would arise while exercising this technique 

for a number of performance variables commonly used in measuring MFI-performance. At 

the beginning it is similar in spirit to Ferro-Luzzi and Weber (2007) who used factor 

analysis and cluster analysis to illustrate how these statistical tools can offer new insights 

in the context of MFIs’ performance evaluation. However, we used several datasets 

concerning mostly different time periods with diverse model objectives—ranging from 

determination of MFI performance to addressing the concerns for mission drift. 

 

To this end, the factor analysis method was used to construct two artificial indices—one 

for the social performance dimension or depth of outreach and another one for the 

financial performance dimension or self-sustainability of MFIs. Clearly, choice of variables 

for measuring these success scores is not unanimous and some ambiguity still may persist. 

However, by definition, in factor analyses we are not required to ascribe any arbitrary 

weight to each variable as these weights are calculated from the correlation matrix of the 
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variables. This is the obvious advantage of factor analysis. Besides, country-specific data 

are also utilised as suggested by earlier studies. 

 

Once relevant factors are determined, we utilised the factor scores reflecting diverse 

dimensions to construct new outcome variables for further estimation. At this stage, we 

look into possible determinants of MFIs performance with respect to both social as well as 

financial scores. Since we assumed that the errors are contemporaneously correlated we 

estimated SUR models for each year separately in order to identify the determinants of 

MFI performance. We finally addressed the concerns for the mission drift issue. This 

interesting topic finally boils down to a possible trade-off between or mutual exclusion of 

two of the common bottom-lines of MFIs—financial performance and social commitments 

of MFIs. We performed GMM estimations with several panel data methods—fixed effects, 

random effects, maximum likelihood estimator and first difference. The obtained results 

are mostly plausible. Among a number of variables that determine the MFI performance—

social and financial—we find scale of operation, costs and risk variables to be of significant 

influence among others. However, we do not find any convincing basis to worry about the 

possible trade-off between or mutual exclusion of double bottom-lines, called mission 

drift, based on this exercise. 

 

Self-reported data have been used in this exercise. The sample size could have been larger 

too. So, rigorous studies based on richer, study-focused, especially country-specific, data 

could provide a clearer picture of factors determining MFI-performance or the scenario of 

trade-off between social and financial dimensions of MFI-performance.



 

 

122

REFERENCES 

Ahlin, C. and Lin, J. (2006). ‘Luck or Skill? MFI performance in macroeconomic context’. 
Bureau for Research and Economic Analysis of Development (BREAD) Working 
Paper No. 132. Durham, NC: Duke University.  

Armendariz de Aghion, B. and J. Morduch (2005). The Economics of Microfinance. 
Cambridge, MA: MIT Press. 

Armendritz, B. and Szafarz, A. (2009). ‘On mission drift in microfinance institutions’. 
Centre Emile Bernheim (CEB) Working Paper No. 09/015. Brussels: Université 
Libre de Bruxelles.    

Balkenhol, B. (2007). ‘Efficiency and Sustainability in Microfinance’, in Bernd Balkenhol 
(ed) Microfinance and Public Policy: Outreach, Performance and Efficiency. 
London: Palgrave Macmillan.  

Baltagi, B. H. (2008). Econometric analysis of panel data. New York: John Wiley & Sons, 
Ltd. 

Cattell, R. B. (1966). The scree test for the number of factors, Multivariate Behavioral 
Research, 1, 245-276. 

Cull, R., Demirguc-Kunt, A. and Morduch, J. (2007). Financial Performance and 
Outreach: A Global Analysis of Leading Microbanks, Economic Journal, 117, 107-
133. 

Cull, R., Demirguc-Kunt, A. and Morduch, J. (2009). Microfinance Meets the Market, 
Journal of Economic Perspectives, 23(1), 167-92. 

Dowla, A. and Barua, D. (2006). The Poor Always Pay Back: The Grameen II Story. 
Bloomfield, USA: Kumarian Press, Inc. 

Ferro-Luzzi, G. and Weber, S. (2007). ‘Measuring the Performance of Microfinance 
Institutions: An Application of Factor Analysis’ in Bernd Balkenhol (ed) 
Microfinance and Public Policy: Outreach, Performance and Efficiency. London: 
Palgrave Macmillan. 

Flückiger, Y. and Vassiliev, A. (2007). ‘Evaluation of Microfinance Institutions in Peru: An 
Application of Data Envelopment Analysis’, in Bernd Balkenhol (ed) Microfinance 
and Public Policy: Outreach, Performance and Efficiency. London: Palgrave 
Macmillan.  

Greene, W. H. (2003). Econometric Analysis. New York: Prentice Hall. 

Hansen, L. P. (1982). Large Sample Properties of Generalized Method of Moments 
Estimators, Econometrica, 50, 1029 – 1054. 



 

 

123

Hartarska, V. (2005). Governance and Performance of Microfinance Institutions in 
Central and Eastern Europe and the Newly Independent States, World 
Development, 33(10), 1627–1643. 

Horn, J. L. (1965). A Rationale and Test for the Number of Factors in Factor Analysis, 
Psychometrika, 30(2), 179-185. 

Kaiser, H. F. (1960). The Application of Electronic Computers to Factor Analysis, 
Educational and Psychological Measurement, 20, 141-151. 

Ledesma, R. D. and Valero-Mora, P (2007). Determining the Number of Factors to Retain 
in EFA: an easy-to-use computer program for carrying out Parallel Analysis, 
Practical Assessment, Research and Evaluation, 12(2), 1-11. 

Mersland, R. and Strom, R. O. Microfinance mission drift? World Development 
(2009),doi:10.1016/j.worlddev.2009.05.006. 

Rhyne, E. (1998). The Yin and Yang of Microfinance: Reaching the Poor and 
Sustainability, Microbanking Bulletin, 2, 6-9. 

Schreiner, M. (2002). Aspects of Outreach: A Framework for Discussion of the Social 
Benefits of Microfinance, Journal of International Development, 14(5), 591–603. 

United Nations General Assembly―Role of Microcredit and Microfinance in the 
Eradication of Poverty, Report of the Secretary-General, 2008, The United Nations. 
http://www.iom.int/jahia/webdav/shared/shared/mainsite/policy_and_research/
un/63/A_63_159.pdf (Accessed: December 8, 2009) 

Velicer, W. F. (1976). Determining the Number of Components from the Matrix of Partial 
Correlations, Psychometrika, 41(3), 321-327. 

Wooldridge, J. M. (2002). Econometric Analysis of Cross Section and Panel Data. 
Cambrige, Massachusetts: The MIT Press. 

Zeller, M., Lapenu, C. and Greeley, M. (2003). ‘Measuring Social Performance of Micro-
Finance Institutions: A Proposal’. Technical Report submitted to Argidius 
Foundation and Consultative Group to Assist the Poorest (CGAP). 
http://www.cerise-microfinance.org/publication/pdf/impact/SPI-summary.pdf 
(Accessed 7 February 2010) 



 

 

124 

Appendix Tables

Table 23 Sampled MFIs for the main study and robustness checks 

Serial no. Name Country Year Est. Diamond Av. loan No. of borrowers
1 BRAC - AFG Afghanistan 2008 2002 4 192 140 191
2 Parwaz Afghanistan 2008 2003 3 182 7 403
3 FMFB - AFG Afghanistan 2008 2003 4 1 029 36 058
4 ARMP Afghanistan 2008 2002 4 698 21 905
5 ProCredit Bank - ALB Albania 2008 1996 4 4 952 40 122
6 Opportunity Albania Albania 2008 1998 5 2 679 15 834
7 BESA Albania 2008 1998 5 3 643 11 340
8 FIE Gran Poder Argentina 2008 2001 5 1 282 7 997
9 Grameen Mendoza Argentina 2008 2001 4 716 1 662

10 KAMURJ Armenia 2008 1998 5 817 13 361
11 ECLOF - ARM Armenia 2008 2003 4 687 2 606
12 ACBA Armenia 2008 1995 4 2 408 104 910
13 SEF-ARM Armenia 2008 1998 5 1 742 4 556
14 INECO Armenia 2008 1996 4 1 356 67 617
15 CredAgro NBCO Azerbaijan 2008 2000 5 3 658 13 773
16 FinDev Azerbaijan 2008 2002 5 1 051 6 086
17 Normicro Azerbaijan 2008 1998 5 963 14 638
18 Viator Azerbaijan 2008 1999 5 465 9 825
19 AccessBank Azerbaijan 2008 2002 5 2 983 69 448
20 Azercredit Azerbaijan 2008 1996 5 779 21 261
21 Azeri Star Azerbaijan 2008 2003 5 399 5 973
22 MikroMaliyye Credit Azerbaijan 2008 2004 5 137 4 150
23 IDF Bangladesh 2008 1993 5 91 67 619
24 JCF Bangladesh 2008 1976 4 84 296 843
25 TMSS Bangladesh 2008 1980 5 93 532 129
26 ASA Bangladesh 2008 1978 4 79 5 877 480
27 BURO Bangladesh Bangladesh 2008 1990 5 93 496 603
28 BRAC Bangladesh 2008 1972 4 102 6 327 250
29 Grameen Bank Bangladesh 2008 1983 4 103 6 210 000
30 Vital Finance Benin 2008 1998 5 885 8 746
31 PADME Benin 2008 1993 3 691 44 378
32 FECECAM Benin 2008 1977 4 966 31 858
33 BancoSol Bolivia 2008 1992 5 2 680 109 763
34 FIE FFP Bolivia 2008 1985 5 2 360 103 584
35 FADES Bolivia 2007 1986 5 1 045 21 782
36 PRODEM FFP Bolivia 2008 1986 5 2 434 98 207
37 Pro Mujer - BOL Bolivia 2008 1990 5 317 87 626
38 FONCRESOL Bolivia 2008 1997 4 408 6 427
39 CRECER Bolivia 2008 1990 5 370 100 387
40 EcoFuturo FFP Bolivia 2008 1999 5 1 675 42 535
41 AgroCapital Bolivia 2008 1992 5 1 256 20 602
42 ProCredit - BOL Bolivia 2008 1995 5 3 089 111 022



 

 

125

43 IMPRO Bolivia 2008 1955 5 623 1 632
44 Emprender Bolivia 2008 1999 5 274 7 502
45 FUNBODEM Bolivia 2008 1987 5 1 296 7 786
46 Fassil FFP Bolivia 2008 1996 5 2 988 10 600
47 Fortaleza FFP Bolivia 2008 1993 5 5 486 8 744
48 Coop Fatima Bolivia 2008 1962 5 6 587 4 649
49 LIDER Bosnia & H. 2008 2002 4 1 499 5 837
50 Sunrise Bosnia & H. 2008 1997 5 2 320 28 651
51 MI-BOSPO Bosnia & H. 2008 1996 5 1 696 30 920
52 Partner Bosnia & H. 2008 1997 5 2 020 63 593
53 Women for Women Bosnia & H. 2008 1997 4 1 132 10 720
54 EKI Bosnia & H. 2008 1996 5 2 724 53 054
55 MIKROFIN Bosnia & H. 2008 1999 5 2 902 55 681
56 MIKRA Bosnia & H. 2008 1998 4 1 249 12 863
57 SINERGIJA Bosnia & H. 2008 1997 5 3 503 10 200
58 LOK MF Bosnia & H. 2008 1997 5 2 111 44 452
59 Mikro ALDI Bosnia & H. 2008 1996 5 1 650 3 143
60 PRIZMA Bosnia & H. 2008 1997 5 928 55 820
61 ProCredit Bank - BIH Bosnia & H. 2008 1997 4 3 464 65 227
62 ICC BluSol Brazil 2008 1997 5 1 510 3 416
63 CEAPE MA Brazil 2008 1989 4 641 18 857
64 Banco da Familia Brazil 2008 1998 5 748 6 480
65 CrediAmigo Brazil 2008 1997 4 405 400 413
66 CEADe Brazil 2008 1984 5 1 892 794
67 Mikrofond Bulgaria 2008 1999 5 3 807 1 302
68 Nachala Bulgaria 2008 1993 5 2 951 2 234
69 ProCredit Bank - BGR Bulgaria 2008 2001 4 9 214 64 102
70 RCPB Burkina Faso 2008 1972 5 1 545 70 534
71 ACLEDA Cambodia 2008 1993 4 2 167 214 337
72 TPC Cambodia 2008 1994 5 191 97 239
73 PRASAC Cambodia 2008 1995 5 593 100 116
74 HKL Cambodia 2008 1994 5 653 44 467
75 AMRET Cambodia 2008 1991 5 243 226 262
76 CREDIT Cambodia 2008 2000 5 562 33 887
77 AMK Cambodia 2008 1999 5 124 188 696
78 VFC Cambodia 2008 2001 5 218 78 092
79 Sathapana Limited Cambodia 2008 1995 5 1 012 37 159
80 Maxima Cambodia 2008 2000 5 640 2 146
81 Seilanithih Cambodia 2008 1996 5 818 6 700
82 CBIRD Cambodia 2008 2000 4 500 2 037
83 CDS Cameroon 2008 1997 5 361 38 873
84 CamCCUL Cameroon 2008 1968 4 2 376 38 696
85 BancoEstado Chile 2008 1996 4 5 528 151 471
86 BanDesarrollo Chile 2007 1989 5 2 344 73 664
87 Credicoop Chile 2008 1986 5 1 010 6 809
88 CZWSDA China, PR 2008 2001 4 363 3 331
89 FMSD Colombia 2008 1960 4 1 382 12 787
90 CMM Medellin Colombia 2007 1985 5 1 027 66 377
91 Contactar Colombia 2008 1995 5 690 13 546
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92 FMM Popayan Colombia 2008 1989 5 618 242 563
93 OLC Colombia 2008 1993 4 181 5 569
94 Actuar Tolima Colombia 2008 1986 4 503 8 019
95 FinAmerica Colombia 2008 1993 4 1 625 43 246
96 FMM Bucaramanga Colombia 2008 1986 5 725 156 256
97 WWB Cali Colombia 2008 1982 5 1 113 192 258
98 CMM Bogota Colombia 2007 1989 5 815 72 275
99 FUNDECOCA Costa Rica 2008 1993 4 1 041 2 264
100 ADRI Costa Rica 2008 1986 4 14 120 865
101 Fundacion Mujer Costa Rica 2008 1988 4 415 2 075
102 ACORDE Costa Rica 2008 1987 4 49 077 556
103 FIDERPAC Costa Rica 2008 1993 4 896 3 474
104 DEMOS SLC Croatia 2007 2000 3 1 527 1 796
105 NOA Croatia 2007 3 7 128 552
106 Banco ADEMI Dominican R. 2008 1983 5 2 473 57 901
107 ADOPEM Dominican R. 2008 1982 5 440 89 071
108 Fundacion Espoir Ecuador 2008 1992 5 437 34 993
109 FED Ecuador 2008 1984 4 795 14 394
110 Banco Solidario Ecuador 2008 1995 5 1 606 147 007
111 COAC Jardin Azuayo Ecuador 2008 1996 5 3 135 30 251
112 D-Miro Ecuador 2008 1997 5 676 36 174
113 FODEMI Ecuador 2008 1995 5 450 20 145
114 INSOTEC Ecuador 2008 1980 5 790 5 111
115 FINCA - ECU Ecuador 2008 1994 5 578 57 541
116 COAC Sac Aiet Ecuador 2008 1998 4 2 245 3 347
117 COAC MCCH Ecuador 2008 1998 5 1 694 5 075
118 Credi Fe Ecuador 2008 1999 4 2 961 85 682
119 COAC Accion Rural Ecuador 2008 2000 5 1 477 4 712
120 ProCredit - ECU Ecuador 2008 2001 5 3 526 66 410
121 COAC San Jose Ecuador 2008 1964 5 2 669 7 663
122 CEPESIU Ecuador 2008 1983 5 446 2 058
123 COAC Mushuc Runa Ecuador 2008 1997 4 1 509 33 128
124 Fundacion Alternativa Ecuador 2008 2001 5 648 3 393
125 FUNDAMIC Ecuador 2008 1995 5 481 3 292
126 UCADE Ambato Ecuador 2008 1973 4 307 5 321
127 Al Tadamun Egypt 2008 1996 5 107 67 845
128 Lead Foundation Egypt 2008 2003 5 107 156 833
129 ABA Egypt 2008 1983 5 290 100 807
130 DBACD Egypt 2008 1997 5 212 93 533
131 SBACD Egypt 2008 1997 5 189 29 196
132 CEOSS Egypt 2008 1950 4 145 33 400
133 AMC de R.L. El Salvador 2008 2001 5 1 349 13 570
134 Fundacion CAMPO El Salvador 2008 1996 4 1 204 5 716
135 ProCredit - SLV El Salvador 2008 1995 5 2 298 80 644
136 ENLACE El Salvador 2008 1998 4 299 23 443
137 Apoyo Integral El Salvador 2008 1990 5 1 878 30 321
138 ACCOVI El Salvador 2008 1972 4 5 121 8 723
139 ASEI El Salvador 2008 1991 4 153 5 981
140 PADECOMSMCREDITO El Salvador 2008 1994 4 1 160 2 472
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141 AVFS Ethiopia 2007 1998 4 113 9 267
142 Metemamen Ethiopia 2007 2002 4 62 10 811
143 DECSI Ethiopia 2008 1997 4 314 464 622
144 Gasha Ethiopia 2008 1999 4 374 4 224
145 Eshet Ethiopia 2008 2000 4 136 27 268
146 ACSI Ethiopia 2008 1995 5 219 710 576
147 Wasasa Ethiopia 2008 2000 5 116 38 331
148 PEACE Ethiopia 2008 1999 5 197 19 921
149 Wisdom Ethiopia 2008 1999 5 149 56 735
150 SFPI Ethiopia 2008 1997 5 122 26 459
151 BG Ethiopia 2008 1999 5 81 38 921
152 Lazika Capital Georgia 2008 2000 5 738 6 394
153 JSC Bank Constanta Georgia 2008 1997 5 2 970 11 549
154 ProCredit Bank - GEO Georgia 2008 1998 4 4 739 66 083
155 Crystal Georgia 2008 1998 5 1 012 4 104
156 ProCredit - GHA Ghana 2008 2002 4 1 122 18 399
157 SAT Ghana 2008 1994 5 178 73 268
158 OISL Ghana 2008 2004 4 286 59 915
159 FASL Ghana 2008 1996 4 1 199 15 216
160 APED Ghana 2008 2000 5 78 17 313
161 Maata-N-Tudu Ghana 2008 1993 4 87 12 197
162 CRYSOL Guatemala 2008 2000 5 481 14 146
163 AYNLA Guatemala 2008 1989 4 590 11 440
164 CDRO Guatemala 2008 1986 5 2 374 2 220
165 Asociacion Raiz Guatemala 2008 1998 4 938 29 959
166 FAFIDESS Guatemala 2008 1986 4 540 13 666
167 ASDIR Guatemala 2008 1999 5 1 727 2 694
168 Friendship Bridge Guatemala 2007 1989 5 209 17 181
169 Fundacion MICROS Guatemala 2008 1987 5 328 2 854
170 FAPE Guatemala 2008 1986 5 212 2 740
171 FUNDEA Guatemala 2008 1997 4 1 214 13 248
172 FINCA - HTI Haiti 2008 1989 4 130 18 397
173 SOGESOL Haiti 2008 2000 5 958 12 588
174 MCN Haiti 2008 1999 4 1 188 9 039
175 Fonkoze Haiti 2008 1994 4 191 21 225
176 FAMA OPDF Honduras 2008 1990 4 856 12 108
177 World Relief - HND Honduras 2008 1981 4 452 14 085
178 ODEF Financiera Honduras 2008 1989 5 978 27 244
179 BanCovelo Honduras 2008 1991 5 2 887 17 197
180 FINCA - HND Honduras 2008 1990 5 265 19 626
181 FINSOL Honduras 2008 1997 4 1 392 19 537
182 FUNDAHMICRO Honduras 2008 2000 5 467 10 855
183 FUNED Honduras 2008 1993 5 430 16 265
184 HDH OPDF Honduras 2008 1977 5 881 9 743
185 RGVN India 2008 1996 3 109 65 052
186 KBSLAB India 2008 1999 4 227 55 148
187 SHARE India 2008 1992 5 127 1 502 418
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188 Sarvodaya NF India 2008 1996 5 106 173 842
189 Cashpor MC India 2008 1997 4 72 314 154
190 Spandana India 2008 1998 5 101 2 432 000
191 Sanghamithra India 2008 1995 3 88 128 576
192 GV India 2006 1993 5 102 181 328
193 VFS India 2008 1982 3 85 77 206
194 SKS India 2008 1997 5 79 3 520 826
195 KRUSHI India 2008 1997 3 148 33 158
196 Bandhan India 2008 2002 5 71 1 454 834
197 BASIX India 2008 1996 5 148 498 681
198 SMSS India 2008 1997 3 127 33 556
199 AMMACTS India 2008 1998 3 139 153 742
200 BISWA India 2008 1995 5 106 352 352
201 RASS India 2008 1989 3 249 40 755
202 ESAF India 2008 1992 5 62 145 701
203 SKDRDP India 2008 1982 5 121 801 527
204 BSS India 2008 1994 5 128 168 475
205 GU India 2008 1990 3 121 66 503
206 Saadhana India 2008 2002 5 125 84 908
207 AML India 2008 2002 3 117 890 832
208 SWAWS India 2008 1999 5 98 110 725
209 ABCRDM India 2008 2002 3 21 117 018
210 CReSA India 2008 1996 5 127 35 274
211 MFI India 2008 2003 3 124 169 700
212 BFL India 2008 1999 3 76 263 968
213 MBK Ventura Indonesia 2008 2003 5 49 103 734
214 BPR AK Indonesia 2008 1991 3 423 6 170
215 LPD Pecatu Indonesia 2007 1988 3 3 082 2 111
216 LPD Ubung Indonesia 2007 1992 3 2 448 586
217 LPD Bedha Indonesia 2007 1992 3 1 226 1 185
218 LPD Kukuh Indonesia 2007 1992 3 810 952
219 LPD Ketewel Indonesia 2007 1992 3 1 035 1 415
220 MEMCO Jordan 2008 1998 4 1 374 11 552
221 Tamweelcom Jordan 2008 1999 5 388 37 704
222 MFW Jordan 2008 1994 5 449 34 349
223 AMC Jordan 2008 1999 5 1 578 2 955
224 Bereke Kazakhstan 2008 2003 5 577 4 923
225 KMF Kazakhstan 2008 1997 5 1 700 26 711
226 KADET Kenya 2008 2000 5 339 15 135
227 Equity Bank Kenya 2008 1984 5 988 542 249
228 K-Rep Kenya 2008 1987 5 1 354 58 578
229 SMEP Kenya 2008 1999 4 308 36 649
230 KWFT Kenya 2008 1982 5 434 208 010
231 Kompanion Kyrgyzstan 2008 2004 4 394 70 812
232 Aiyl Bank Kyrgyzstan 2008 1996 5 1 597 36 821
233 Bai Tushum Kyrgyzstan 2008 2000 5 1 856 18 930
234 Ameen Lebanon 2008 1998 4 947 11 238
235 Al Majmoua Lebanon 2008 1997 5 792 12 017
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236 FULM Macedonia 2008 1999 4 1 145 4 845
237 ProCredit Bank - MKD Macedonia 2008 2003 4 5 439 33 984
238 Moznosti Macedonia 2008 1996 4 5 938 8 272
239 Horizonti Macedonia 2008 2003 4 1 167 2 976
240 FINCA - MWI Malawi 2008 1994 4 148 14 853
241 Kondo Jigima Mali 2008 1991 5 591 20 247
242 Kafo Jiginew Mali 2008 1987 5 451 71 162
243 Nyesigiso Mali 2008 1990 4 950 21 791
244 FINCA - MEX Mexico 2008 1989 5 216 112 858
245 FinComun Mexico 2008 1994 5 610 58 509
246 CompartamosBanco Mexico 2008 1990 5 359 1 155 850
247 Caja PMex Mexico 2008 1996 4 1 226 852 925
248 Pro Mujer - MEX Mexico 2008 2001 5 233 17 111
249 ASP Financiera Mexico 2008 2001 5 1 444 11 212
250 Microinvest Moldova 2008 2003 5 5 880 4 388
251 Khan Bank Mongolia 2008 1991 5 1 491 320 190
252 TFS Mongolia 2008 2001 4 698 2 941
253 XacBank Mongolia 2008 1998 5 1 891 62 788
254 Erste Bank Montenegro 2008 1999 5 3 910 39 712
255 INMAA Morocco 2008 1999 5 272 11 341
256 Al Karama Morocco 2008 1999 5 270 16 745
257 AMSSF/MC Morocco 2008 1995 5 283 19 250
258 FBPMC Morocco 2008 1991 5 738 177 869
259 FONDEP Morocco 2008 1996 5 524 138 514
260 Zakoura Morocco 2008 1995 5 390 326 766
261 Al Amana Morocco 2008 1997 5 706 472 339
262 FCC Mozambique 2007 1994 4 243 2 801
263 Tchuma Mozambique 2008 1998 4 457 10 969
264 NovoBanco - MOZ Mozambique 2008 2000 4 973 29 496
265 FDM Mozambique 2008 1996 4 286 2 116
266 PGBB Nepal 2008 1994 5 209 35 148
267 DD Bank Nepal 2008 2001 4 205 23 568
268 MGBB Nepal 2008 1996 4 147 36 648
269 Nirdhan Nepal 2008 1993 5 178 68 203
270 FUNDEPYME Nicaragua 2008 1998 4 889 1 160
271 PRESTANIC Nicaragua 2008 1999 5 1 232 17 970
272 FUNDESER Nicaragua 2008 2000 5 661 32 294
273 ACODEP Nicaragua 2007 1989 5 484 70 933
274 BANEX Nicaragua 2008 1993 5 3 891 35 423
275 Financiera Fama Nicaragua 2008 1991 5 1 089 37 296
276 Fundacion N. Nicaragua 2008 1993 5 1 131 17 518
277 PRODESA Nicaragua 2008 1992 5 1 032 17 770
278 CEPRODEL Nicaragua 2008 1990 5 828 13 866
279 Fundacion Leon 2000 Nicaragua 2008 1993 5 728 10 260
280 FUNDENUSE Nicaragua 2008 1993 5 665 16 215
281 FDL Nicaragua 2008 1992 5 838 82 337
282 ProCredit - NIC Nicaragua 2008 2000 5 1 655 80 100
283 ADIM Nicaragua 2008 1989 4 134 5 698
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284 FUDEMI Nicaragua 2008 1994 4 369 6 016
285 Pro Mujer - NIC Nicaragua 2008 1996 5 194 26 365
286 SEAP Nigeria 2008 1998 4 119 45 721
287 LAPO-NGR Nigeria 2008 1987 4 131 200 115
288 Asasah Pakistan 2008 2003 5 111 28 732
289 Kashf Foundation Pakistan 2008 1996 5 141 313 512
290 FMFB - Pakistan Pakistan 2008 2002 5 160 167 915
291 Khushhali Bank Pakistan 2008 2000 4 126 312 851
292 DAMEN Pakistan 2008 1992 4 112 36 897
293 FATEN Palestine 2008 1995 5 2 123 4 954
294 UNRWA Palestine 2008 1991 5 947 17 486
295 Microserfin Panama 2008 1998 4 1 099 6 943
296 ProCaja Panama 2008 1996 4 260 2 705
297 Interfisa Financiera Paraguay 2008 1979 4 928 51 483
298 Vision Banco Paraguay 2008 1992 5 2 589 53 766
299 FIELCO Paraguay 2008 1976 5 949 58 323
300 Fundacion Paraguaya Paraguay 2008 1985 5 334 34 222
301 Banco Familiar Paraguay 2008 1967 5 844 102 471
302 COOPAC San Martin Peru 2008 1963 4 1 753 13 445
303 FINCA - PER Peru 2008 1993 5 224 12 276
304 CMAC Tacna Peru 2008 1992 5 2 893 32 039
305 CMAC Maynas Peru 2008 1987 5 1 948 28 749
306 CMAC Arequipa Peru 2008 1986 5 2 129 151 114
307 MiBanco Peru 2008 1992 5 2 051 380 807
308 CMAC Ica Peru 2008 1987 5 1 700 51 995
309 ADRA - PER Peru 2008 1997 5 261 14 488
310 Manuela Ramos Peru 2008 1992 5 256 15 774
311 CMAC Sullana Peru 2008 1986 5 2 557 75 066
312 EDAPROSPO Peru 2008 1993 5 282 4 975
313 EDPYME Alternativa Peru 2008 2001 5 739 20 844
314 MIDE Peru 2008 1999 4 204 7 488
315 CMAC Paita Peru 2008 1989 5 1 941 30 008
316 COOPAC Santo Cristo Peru 2008 1963 4 2 326 10 505
317 IDESI Lambayeque Peru 2008 1987 4 339 745
318 FONDESURCO Peru 2008 1994 5 1 572 4 939
319 CMAC Trujillo Peru 2008 1982 5 2 577 123 199
320 PRISMA Peru 2008 1986 5 488 21 455
321 EDPYME Proempresa Peru 2008 1997 5 1 025 38 585
322 CMAC Huancayo Peru 2008 1988 5 1 935 76 205
323 Financiera Edyficar Peru 2008 1997 5 1 024 180 885
324 AMA Peru 2008 1993 4 475 5 461
325 Crediscotia Peru 2008 1994 5 733 508 563
326 Pro Mujer - PER Peru 2008 1999 5 263 49 308
327 CMAC Cusco Peru 2008 1988 5 2 835 52 655
328 CMAC Del Santa Peru 2008 1986 4 1 774 28 238
329 EDPYME Efectiva Peru 2008 2001 4 279 98 965
330 CRAC Los Andes Peru 2008 1997 5 806 12 413
331 Asociacion Arariwa Peru 2008 1994 5 399 16 881
332 TSPI Philippines 2008 1981 5 116 199 087
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333 Cantilan Bank Philippines 2008 1980 4 472 21 159
334 NWTF Philippines 2008 1984 5 110 84 958
335 Bangko Kabayan Philippines 2008 1957 4 2 099 8 135
336 1st Valley Bank Philippines 2008 1956 4 791 57 609
337 OMB Philippines 2008 2001 4 116 12 628
338 CARD Bank Philippines 2008 1986 4 98 205 097
339 FICO Philippines 2008 1980 4 660 19 804
340 RB Solano Philippines 2008 1970 4 478 5 113
341 RB Talisayan Philippines 2008 1966 4 226 17 992
342 Green Bank Philippines 2008 1975 4 445 76 161
343 TSKI Philippines 2008 1986 4 150 172 857
344 CMEDFI Philippines 2008 1998 4 158 7 219
345 RB Digos Philippines 2008 1955 4 831 8 873
346 MEDF Philippines 2008 1995 3 120 1 777
347 CBMO Philippines 2008 1979 4 1 453 6 163
348 Bangko Mabuhay Philippines 2008 1972 4 1 220 5 042
349 New RB of Victorias Philippines 2008 1961 4 519 3 845
350 KMBI Philippines 2008 1986 4 66 123 913
351 Banco S. de Libon Philippines 2008 1973 4 176 10 709
352 CARD NGO Philippines 2008 1986 4 100 364 483
353 Valiant RB Philippines 2008 1977 4 975 12 475
354 BCB Philippines 2008 1977 4 1 248 4 065
355 Kasagana-Ka Philippines 2008 2003 4 85 15 083
356 PALFSI Philippines 2008 1977 4 166 20 887
357 ECLOF - PHL Philippines 2008 2001 3 419 4 451
358 CEVI Philippines 2008 2000 4 93 20 899
359 FCBFI Philippines 2007 1991 3 86 16 583
360 RB Mabitac Philippines 2008 1974 4 374 12 500
361 ASHI Philippines 2008 1991 4 219 14 932
362 RB Lebak Philippines 2008 1980 4 625 4 985
363 Mallig Plains RB Philippines 2008 1969 4 292 25 079
364 RB Oroquieta Philippines 2008 1966 4 1 248 4 637
365 ABS-CBN Philippines 2008 1997 4 130 39 991
366 Kazama Grameen Philippines 2008 2001 3 116 21 757
367 ASA Philippines Philippines 2008 2004 4 82 97 409
368 Fundusz Mikro Poland 2008 1994 4 3 426 14 539
369 OMRO Romania 2008 2000 4 8 212 2 938
370 ProCredit Bank - ROM Romania 2008 2002 4 7 191 41 671
371 CAPA Romania 2008 1996 4 5 658 9 076
372 VRFSBS Russia 2007 2000 5 3 927 546
373 Rost Russia 2008 1999 4 5 463 950
374 Alternativa Russia 2008 1995 3 1 645 791
375 Sodeystviye Russia 2008 1997 3 5 068 676
376 FORUS Russia 2008 1993 5 3 960 13 428
377 FFECC Russia 2008 1995 5 1 530 4 903
378 KMB Russia 2008 1999 4 28 496 64 056
379 SBS Russia 2008 1998 4 2 895 1 520
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380 SPBD Samoa 2008 2000 4 216 4,162
381 CMS Senegal 2008 1988 5 1,84 73,354
382 ACEP Senegal Senegal 2008 1987 5 1,883 27,914
383 MDF Serbia 2008 2001 5 1,722 2,297
384 OBS Serbia 2008 2002 4 7,356 5,297
385 ProCredit Bank Serbia Serbia 2008 2001 4 5,152 113,854
386 Capitec Bank South Africa 2008 2001 5 499 638,616
387 SEF-ZAF South Africa 2008 1991 5 209 56,165
388 SEEDS Sri Lanka 2008 1986 3 188 178,509
389 FINCORP Swaziland 2008 1996 4 6,382 5,772
390 FMFB - TJK Tajikistan 2008 2003 4 2,475 13,153
391 MLF MicroInvest Tajikistan 2008 2002 5 625 13,098
392 IMON Tajikistan 2008 1999 5 1,146 26,661
393 Agroinvestbank Tajikistan 2008 2002 4 7,293 19,924
394 Bank Eskhata Tajikistan 2008 1993 4 3,99 10,988
395 FINCA - TZA Tanzania 2008 1998 5 144 37,006
396 SEDA Tanzania 2008 1996 5 171 16,38
397 Akiba Tanzania 2008 1997 4 2,158 14,473
398 PRIDE - TZA Tanzania 2008 1994 5 263 106,082
399 SED Thailand 2008 1988 4 286 3,546
400 FUCEC Togo Togo 2008 1993 4 915 70,646
401 WAGES Togo 2008 1994 5 1,013 14,431
402 Enda Tunisia 2008 1990 5 358 94,959
403 FINCA - UGA Uganda 2008 1992 5 220 45,134
404 MED-Net Uganda 2008 1996 5 338 5,009
405 Centenary Bank Uganda 2008 1983 4 1,633 92,675
406 Faulu - UGA Uganda 2008 1999 5 322 18,795
407 HOPE Ukraine 2008 1998 4 900 3,515
408 ProCredit Bank - UKR Ukraine 2008 2001 4 8,082 45,858
409 BanGente Venezuela 2008 1997 5 2,289 44,358
410 CEP Vietnam 2008 1991 5 207 107,866
411 NMF Yemen 2008 2003 4 133 11,094
412 Azal Yemen 2008 2002 4 138 2,275

54, 55, 56, 60, 71, 73, 74, 75, 90, 92, 94, 95, 97, 107, 110, 112, 129,130, 139, 146, 153, 155, 157, 175, 179, 
181, 187, 190, 192, 194, 197, 221, 222, 225, 227, 229, 230, 232, 233, 235, 242, 244, 245, 246, 253, 260, 
261, 264, 269, 273, 275, 279, 286, 287, 298, 303, 305, 306, 307, 311, 321, 326, 332, 338, 343, 376, 382, 
387, 392, 395, 398, 401, 402, 403, 405, 406, 410 are contained in the database of the main exercise. 
In addition with these we have (1) Genesis Empresarial (Guatemala), (2) BRI (Indonesia), 
(3) Faulu-KEN (Kenya), (4) ADEFI (Madagascar), (5) FINDESA (Nicaragua), (6) DEC (Nigeria), 
(7) EDPYME Crear Arequipa, (8) EDPYME Confianza, (9) EDPYME Crear Tacna and (10) EDPYME 
EDYFICAR (Peru), (11) DJOMEC and (12) PAMECAS (Senegal), (13) AgroInvest (Serbia) and 
(14) U-Trust/UWFT (Uganda) are in the main sample. In all there are 113 MFIs in 47 countries in the 
main dataset.  

Note: MFIs in serial num bers 6, 7 , 1 0, 23, 26, 27 , 28, 29, 30, 31 , 33 , 34, 35, 36, 37 , 39, 41 , 50, 51 , 52, 
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Serial no. Name Year Diamond Est. Average loan No. Of borrowers
1 ADESH 2006 4 1988 63 5 124
2 AF 2005 3 1989 64 25 839
3 AFAUS 2005 3 1989 70 10 867
4 ASA 2007 4 1978 67 5 422 787
5 ASKS 2005 3 1983 78 25 996
6 ASOD 2007 5 1985 53 58 631
7 Annesa 2004 3 1999 48 248
8 Aspada 2005 4 1993 82 16 348
9 BASTOB 2007 4 1997 106 6 277
10 BDS 2005 3 1978 67 17 442
11 BEDO 2006 3 1993 86 8 934
12 BEES 2007 4 1975 66 103 535
13 BRAC 2007 4 1972 83 6 397 635
14 BURO Ban 2007 5 1990 80 354 020
15 CCDA 2005 3 1990 83 37 240
16 CDIP 2007 3 1995 118 48 821
17 COAST Tru 2007 3 1998 65 55 112
18 CODEC 2004 3 1985 45 80 682
19 CSS 2007 4 1972 79 44 070
20 DBS 2006 4 1992 81 11 626
21 DDJ 2005 3 1982 68 18 327
22 DESHA 2004 4 1989 61 33 650
23 DSK 2007 3 1989 107 81 625
24 ESDO 2007 3 1993 69 93 174
25 EWF 2005 3 1978 47 13 267
26 GJUS 2006 3 1998 77 9 752
27 GRAMAUS 2005 3 1984 62 7 149
28 GUK 2005 3 1989 63 23 880
29 GUP 2005 3 1973 120 6 159
30 Grameen 2007 4 1983 86 6 160 000
31 HEED 2007 4 1974 86 64 126
32 ICDA 2005 3 1990 76 4 773
33 IDF 2007 5 1993 90 67 287
34 JAKAS 2005 3 1993 72 17 060
35 JCF 2007 4 1976 79 265 535
36 JRDM 2005 3 1995 75 9 916
37 NGF 2003 3 1987 114 12 569
38 NUSA 2005 3 1979 81 8 691
39 PBK 2006 3 1990 71 39 535
40 PCD 2005 3 1986 93 6 125
41 PDIM 2005 4 1992 81 20 058

Table 24 Sampled Bangladesh MFIs used for robustness checks 
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42 PMK 2003 3 1988 107 36 470
43 PMUK 2007 3 1986 84 197 701
44 POPI 2005 3 1986 51 105 689
45 PPSS 2005 3 1981 74 38 375
46 PROSHIKA 2007 3 1976 33 1 761 638
47 RDRS 2007 4 1972 44 257 292
48 RIC 2007 3 1981 123 62 630
49 RRF 2007 4 1982 85 134 708
50 SBD 2003 3 1975 38 12 088
51 SDC 2005 3 1988 72 31 027
52 SDS 2005 3 1991 83 19 494
53 SHARP 2006 3 1993 110 6 538
54 SKS BGD 2007 3 1987 57 111 647
55 SSS 2007 3 1986 109 255 009
56 ST 2005 3 1984 88 15 523
57 SUS 2005 3 1986 71 8 913
58 Sajida 2007 3 1993 114 69 878
59 Shakti 2007 5 1992 114 145 888
60 TMSS 2007 5 1980 79 543 467
61 UDDIPAN 2007 3 1984 99 151 792
62 UDPS 2003 3 1986 53 24 636
63 VARD 2005 3 1988 55 19 475
64 VERC 2006 3 1977 109 25 763
65 Wave 2006 3 1990 70 71 848
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4 PERFORMANCE AND OUTREACH: HOW SUCCESSFUL ARE 
MICROFINANCE INSTITUTIONS? A FRESH LOOK AT CROSS-
COUNTRY EMPIRICS

Abstract 
 
In order to explore why some microfinance institutions (MFIs) perform better than others 
this paper looked at factors which have impacts on several performance indicators of 
MFIs—profitability or sustainability, repayment status and cost indicators—based on 
quality-data on 353 institutions in 77 countries. Results indicate that MFIs can still attain 
sustainability without necessarily increasing average loan size or interest earning. Scaling 
up by increasing the breadth of outreach, a better interest rate policy and solidarity-based 
loan methods can make it happen without abandoning focus on the poor so that concerns 
for mission drift can largely be avoided.

4.1. Introduction and Issues 

The challenges that microfinance institutions (MFIs) confront these days are very much 

idiosyncratic in nature61. Generically, MFIs are constrained to achieve double bottom 

lines—reaching the unreached poor with financial services (outreach) and covering 

relevant costs so that reliance on subsidy or philanthropy can be overcome 

(sustainability). MFIs’ performance indicators are centred on these bottom-lines. In order 

to better understand how far an MFI is able to meet these challenges along with other 

problems in the microfinance revolution, there is no other alternative but to assess the 

performance of MFIs.  

 

Understanding the outreach and financial performance scenario of MFIs, especially in a 

global landscape, is still demanding as there has been a demonstrated inadequacy of 

empirical investigations. The evaluation literature on microfinance is rich, but largely 

tended to be crammed with case studies limited to a relatively small number of MFIs. 

Among others, for instance, two empirical studies that have examined the determinants of 

financial performance and outreach of a sample of MFIs are Crombrugghe et al. (2008) 

and Cull et al. (2007). The first one is based on a sample of 45 MFIs in India while the 

second one utilised a global dataset of 114 MFIs. With better availability of cross-country 

data, however, the sample size can now be greatly increased. Besides, necessity for more 

evidence on the precise mechanisms describing numerous performance indicators of 

various microfinance delivery models is well established (Hernes and Lensink 2007). 

                                                        
61 For more detailed analysis of these challenges see, for example, Robinson (2001) or Armendariz de Aghion 
and Morduch (2005). 
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This paper’s contribution supplements the literature with an analysis on MFI performance 

on a global perspective. The sample is much bigger, captures diversity in itself and 

concerns the present day situation. In this article, we focus on the operational aspects of 

MFI performance. Thus the marginal contribution of this exercise relates mainly to 

assessing the ability of a set of MFIs in accomplishing sustainability without 

compromising outreach to the poor. Two objectives have motivated this work—to add to 

the empirical underpinnings of the microfinance movement and to the development of 

proper management yardsticks and recommendations.  

 

Broadly defined, sustainability or financial performance of MFIs means the ability to cover 

costs and to continue operations without resorting to philanthropic aid or subsidies 

existing in different forms. Sustainability can be divided into three broad aspects—

obtaining loan repayments on time, earning enough interest revenue and controlling costs 

to ensure efficient use of resources (Crombrugghe et al., 2008). Standard indicators of 

these three components of operational performance are portfolios-at-risk (PAR), 

operational self-sufficiency (OSS) and cost per borrower (Armendariz de Aghion and 

Morduch, 2005). 

 

In this paper, we look at factors which may have an impact on self-sufficiency of MFIs and 

we proceed to explore the probable trade-offs or conflicts that may take place if MFIs try 

to serve the poor—with small loan size and (or) low interest rates—and attain self-

sufficiency at the same time. Moreover, in order to examine whether there is any 

contradiction between high repayment rates and profitability or between high repayment 

rates and cost control, we study the determinants of loan repayment, profitability and 

costs simultaneously. 

 

We use a unique cross-country data set of 353 MFIs in 77 countries. Most of the 

observations pertain to the year 2007 and only a handful of the observations relate to 

2005 and 2006 where 2007 data were unavailable. As a check on robustness to outliers 

and other unfulfilled assumptions of regression analysis, we used iteratively weighted 

least squares—one type of robust regression method—in all estimations. The results we 

obtained in this exercise are plausible and largely on par with findings of related other 

studies. Concerning the revenue front, for instance, our estimates suggest that raising the 

interest rate is associated with an increased level of risk of loan delinquency after a certain 

range. Before that turning point interest rates can be increased safely and this will not 

harm the existing sustainability situation. Results in this exercise also indicate that the 
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challenge of covering costs on small and partly unsecured loans can indeed be met and 

MFIs can ensure sustainability through financial performance while keeping their focus on 

the poor. 

 

The rest of this chapter proceeds as follows. Section 4.2 analyses typical credit market 

problems and shows how microfinance evolves as a solution to these problems. Relevant 

literature has been reviewed in Section 4.3. Then in Section 4.4, we present numerous 

delivery models used by the MFIs in our data set. Section 4.5 presents the data set and 

summary statistics of the main variables. Section 4.6 then discusses the estimation results 

detailing how the major covariates impact on the selected three sets of performance 

indicators. Finally, concluding remarks are given in Section 4.7.

4.2. Typical credit market problems and microfinance: Agency theoretic 
view 

For an economy to develop efficiency in the financial sector is vital as development in this 

sector greatly helps the poor. Access to credit is an essential precondition for attaining 

efficiency in this sector, especially in poor countries, since increased access to credit 

promotes income equality (Beck et al., 2007). However, credit markets in developing 

countries are prevalently confronted with inefficiency and imperfections where credit 

rationing, as a result of access problems and information asymmetries, are very common. 

This is obvious since banks are equally concerned about their portfolio-yields and the 

credit risks (Stiglitz and Weiss, 1981). Such information asymmetry problems cause sub-

optimal allocation of financial resources to bring inefficiency in the financial sector that 

frequently affect even potentially sound borrowers. Main information asymmetry 

problems include: adverse selection, moral hazard and strategic default.  

 

Adverse selection—a typical problem in money lending—occurs before the enforcement of 

the contractual arrangements. Stiglitz and Weiss (1981) originated a number of adverse 

selection models in which banks require enough information on the potential risks of the 

borrower’s projects (Armendariz de Aghion and Morduch, 2005). Quite rationally, risky 

borrowers should be charged with higher interests. However, not knowing who is who, 

banks are unable to discriminate against risky borrowers and imposes exceedingly high 

interest rates for all (Armendariz de Aghion and Morduch, 2005; Visconti, 2008). Such 

rates in turn drive worthy borrowers out of the credit market creating the market 
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‘imperfect’. The degree of the imperfection, however, is magnified by the extent of limited 

liability (Armendariz de Aghion and Morduch, 2005).  

 

Situations where lenders fail to observe either the borrower’s effort to build good project 

or the realization of project returns are referred to as moral hazard. Moral hazard is a 

classical ‘take the money and run’ problem (Armendariz de Aghion and Morduch, 2005), 

since borrowers might try to abscond with the bank’s money; or they try not to fully 

engage themselves in the project for which they have been financed (Visconti, 2008). 

Moral hazard can be of two types: Ex ante moral hazard and ex post moral hazard62. 

Again, strategic default concerns to false information that the borrower provides about 

the outcome of his/her financed investment in order to avoid repayment. As the poor 

borrowers generally do not have any collateral, strategic default is very much reasonable 

for them to carry out. 

 

The standard principal–agent problem (also known as agency dilemma or agency 

problem) concerns to conflict of interests between a potential lender (the principal) and a 

potential borrower (the agent) and treats the difficulties that arise under conditions of 

incomplete and asymmetric information when the principal hires an agent. Such problems 

include potential moral hazard and adverse selection as long as the principal hires the 

agent to pursue the principal's interests. The principal, may be a shareholder, has the 

money but is not the entrepreneur himself/herself. On the contrary, the agent is a 

manager with business thoughts but needs essential monetary resources for financing 

them. Accordingly, the principal shares risk and rewards with the agent. The lender 

(principal), however, is the residual claimant of the firm’s wealth (Jensen and Meckling, 

1976 cited in Hartarska, 2005). As the principal and the agent are complementary to each 

other incentives for reaching a compromise are tough in general. Agency theory plays a 

vital role here and explains the mismatch of resources and abilities that can affect both the 

principal and the agent. Again, corporate governance mechanisms aim at minimizing 

agency costs by bringing the objectives of the owner (principal) in line with those of the 

manager (agent). In the microfinance literature modelling of MFIs’ objective function for 

the most part adopts a principal–agent approach, focusing on adverse selection, moral 

hazard and strategic default issues which can be potentially avoided by means of contract 

design. Such loan contracts ideally mitigate the pervasive problems of enforcement, 

screening and incentive associated with moral hazard and adverse selection.  

                                                        
62 For details on these, see Armendariz de Aghion and Morduch (2005). 
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In microfinance, or in any corporate governance entity, the principal ensure 

herself/himself that her/his funds will be used in accordance with the intended purposes. 

However, the manager (i.e., the agent—who does not own resources) and the provider of 

funds (i.e., the principal—who owns resources and bears the residual risk) may have 

diverging preferences and objectives. For instance, unlike the principal, the MFI-manager 

may prefer to have non-financial incentives while fulfilling the MFI’s missions. This is the 

agency problem in microfinance and MFIs attempt to overcome this agency problem and 

the information asymmetry predicament in general with an unusual form of lending 

(Visconti 2008). Here the agency problem refers to the lender’s inability to 

comprehensively observe some of the characteristics of the borrower. For instance, 

riskiness of the borrower’s project, how the borrower exerts efforts for the project and the 

eventual returns or profits coming out of the project. As a result, as Hartarska (2005) 

notes, agency costs—i.e., the costs associated with this agency problem which the principal 

(residual claimant) bear in order to benefit from the professional services of manager (the 

agent), incur. These information asymmetry problems create inefficiencies, and 

microfinance can be seen as one attempt to overcome them.  

 

Studies that developed the subsidy-dependence index (SDI) (Yaron 1992a and 1992b) 

assume that a rise in lending rates (interest rates) automatically leads to higher profits. 

However, as Cull et al. (2007) notes, it is not necessarily the case in microfinance since 

higher lending rates could lead to lower profits to MFIs where information asymmetry 

problems like adverse selection and moral hazard are prevalent. Thus, as the above 

discussion reveals, the field of microfinance is perfect for analyzing the agency dilemma as 

information asymmetry problems of adverse selection and moral hazard which are 

prevalent in this industry. When poor clients work in the informal sector, determining the 

riskiness of potential borrowers and monitoring the actions taken by such borrowers is 

particularly difficult (Morduch, 2000). In particular, their characteristics are difficult to 

observe. It is almost impossible for the lender to freely access local information as an 

outsider especially in poor areas (Stiglitz, 1990). Additionally, absence of suitable 

collateral increases the default risk as there is no screening and incentive device and as a 

result, borrowers enjoy the advantages of limited liability that can encourage them to 

undertake risky projects. In this type of situation, charging interest above a certain 

threshold could aggravate problems of adverse selection and moral hazard and it is hard to 

determine an appropriate rate of interest from the lender’s point of view. If the rate is too 

high, borrowers who do not expect to be able to repay may be available to borrow. If the 
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rate is too low, borrowers may confuse it with donations. If this conjecture is true, MFIs 

charging relatively higher interest rates should expect to face lower repayment rates, and 

hence less  profitability (Cull et al., 2007). In other words, clearly, agency problems may 

lead to lower repayment rates and less profitability. Therefore, first logical question to rise 

is: does increasing the interest rates deteriorate agency problems further? If so, in that 

case MFIs face lower repayment rates and therefore less profitability. In this chapter, we 

extend the results of our exercise to explore the implications of agency theory and seek for 

answers to these questions.

4.3. Microfinance from a theoretical standpoint: Related literature 

As discussed above, therefore, the information asymmetry problems are very much 

commonplace in the microfinance industry and in this essay basically we focus on how 

increasing lending rates would lead agency problems as detected by higher loan 

delinquency rate and thus less profitability. Therefore, theoretical works which focused on 

these issues are important to note.  Here we review how the principal-agent approach has 

been modeled in MFIs’ objective function, focusing on adverse selection, moral hazard and 

strategic default issues which can be potentially avoided by means of contract design. 

 

Early works by Stiglitz (1990) and Varian (1990) explore how “joint liability” (also called 

“group lending”) may bring borrowers in a group to monitor each other, thereby 

alleviating moral hazard problems. Besley and Coate (1995) address the question how 

joint-liability contracts affect the willingness to repay. They show how such contracts may 

induce borrowers to put peer pressure on delinquent group members, which may lead to 

an improvement in repayment rates. However, none of these papers looked at another 

crucial feature of these schemes: group members self-select each other. Varian (1990), as 

an exception, proposes a model where the bank directly screens loan applicants. One 

member is interviewed first and if the member turns out to be a bad risk on the basis of 

that interview all group members are denied loans. This induces safe borrowers to 

undertake the task of screening out bad risks on behalf of the bank.  

 

Through self-selection of group members in the group formation stage borrowers have 

local information about each other’s projects. Ghatak (1999) analyzes how group lending 

programs use joint liability to utilize this local information and shows that joint liability 

lending can improve efficiency even if there is no direct screening.  Hence risky borrowers 

can form a group and apply for a loan as well. For the reason that borrowers end up with 
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partners of the same type and the same joint liability contract is offered to all borrowers 

safer borrowers face lower expected borrowing costs conditional on success.  

 

Again a number of other papers have studied various roles group lending can play in 

alleviating adverse selection problems in rural credit markets. Among them, Van Tassel 

(1999) allows for variable loan sizes and has analyzed group lending in a similar 

informational environment. The study has obtained some similar results on its effect on 

the formation of groups and repayment rates.  

 

Looking at a similar environment, Armendariz de Aghion and Gollier (2000) shows that 

joint liability can improve the pool of borrowers if borrowers have perfect knowledge of 

their partners. However, their paper does not formalize the group formation game and 

assumes full joint liability. Hence it does not explore the optimal degree of joint liability or 

the welfare implications of group lending. On the other hand, their paper addresses the 

question of whether group lending can improve efficiency in environments with adverse 

selection where borrowers do not necessarily have better information about each other. 

 

Focusing on adverse selection as a foundation of group lending, Laffont and N’Guessan 

(2000) show in a simple static model show that there is no collateral effect if borrowers do 

not know each other. If they do, however, group lending implements efficient lending. But 

this result is not robust to collusive behavior when transfers are allowed between colluding 

partners. Finally, they characterize the optimal collusion-proof group contract. 

 

As a distraction from the model provided by Stiglitz (1990), Ghatak and Guinnane (1999) 

propose a modification on the assumptions of costless monitoring by showing that peer 

monitoring is costly indeed. Further, they show the condition under which optimal 

contracts can still be achieved taking into account the cost of monitoring. They also add 

that a borrower’s willingness to repay the loan will depend on how they value the access to 

further loans from the same institution.  

 

Ghatak (2000) analyses a contractual mechanism through which lenders can utilise the 

information borrowers may have about each other, thereby overcoming problems of 

adverse selection in credit markets. The paper shows that by lending to self-selected 

groups of borrowers and making them jointly liable for each other’s loan repayment, a 

lender can achieve huge repayment rates even when borrowers cannot offer any collateral.  
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In an environment with correlated returns, Laffont (2003) characterizes optimal lending 

contracts when the bank faces adverse selection and borrowers have limited liability. 

Revelation mechanisms—which do not use the ex post visibility of the partners’ 

performances—dominate group lending contracts. However, when collusion between 

borrowers under complete information is allowed, group lending contracts are optimal in 

the class of simple revelation mechanisms (which elicit only the borrower’s own private 

information) and remain useful with extended revelation mechanisms. 

 

Laffont and Rey (2003) explore the impact of collusion on the performance of group 

lending contracts in moral hazard environments. Using a simple model, with risk-neutral 

agents and limited liability, they distinguish entrepreneurs’ information sharing from 

collusion. Lending efficiency is enhanced when entrepreneurs mutually observe their 

efforts but reduced when they can collude: lenders thus do not benefit from collusion; 

rather, information-sharing among the entrepreneurs improves lending even if the 

entrepreneurs collude. But lenders can do even better and actually achieve the first best if 

the entrepreneurs observe each other’s efforts and do not collude. 

 

Jain and Mansuri (2003) examine the widespread use of the regularly scheduled 

installment plan for loan repayment which might be understood as a response—

meaningful only in an environment where the informal credit markets are well developed 

and so microcredit programmes are in operation—to the information asymmetries that 

persist between borrowers and microcredit institutions. They suggest that microcredit 

programs’ use of instalment repayments is a way through which informal lenders 

incorporate their superior knowledge about borrowers and their superior ability to 

monitor actions taken by borrowers. Thus, as they argue, an understanding of this 

institutional innovation should be entangled with an understanding of the functioning of 

the informal credit market. 

 

Many believe that the major innovation by the Grameen Bank in Bangladesh is to 

encourage borrowers for helping each other in hard times. To analyse this, Rai and 

Sjörström (2004) study a mechanism design problem where borrowers share information 

about each other, but their limited side contracting ability prevents them from writing 

complete insurance contracts. They derive a lending mechanism that efficiently induces 

mutual insurance and highlights the necessity for borrowers to submit reports about each 

other to achieve efficiency. Such cross-reporting increases the bargaining power of 

unsuccessful borrowers, and is robust to collusion against the bank. 
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McIntosh and Wydick (2005) highlight recent dramatic increase in competition among 

MFIs in developing countries and model the behavior of non-profit lenders. They show 

that MFIs’ non-standard, client-maximizing objectives cause them to cross-subsidize 

within their pool of borrowers. Thus when competition eliminates rents on profitable 

borrowers, it is likely to yield a new equilibrium in which poor borrowers are worse off. As 

competition exacerbates asymmetric information problems over borrower indebtedness, 

the most impatient borrowers begin to obtain multiple loans, creating a negative 

externality that leads to less favorable equilibrium loan contracts for all borrowers. 

 

Giné et al. (2006) note that the group-based mechanisms often employed are vulnerable 

to free-riding and collusion problem, although they can reduce moral hazard and improve 

selection. So, they tried to answer a few puzzling elements that make the explanations for 

the success of microfinance contracts complicated. Creating an experimental economics 

laboratory and conducting different games they find that risk-taking broadly conforms to 

predicted patterns, but that behaviour is safer than optimal. The results help to explain 

why pioneering microfinance institutions have been moving away from group-based 

contracts. 

 

In an attempt to discourage borrowers from strategic default (i.e., the unwillingness to 

repay a loan once a positive outcome is realized), Tedeschi (2006) presents a model of 

microfinance lending to individuals that uses dynamic incentives, in the form of access to 

additional loans. He proposes an improvement on currently-used-contracts by 

endogenizing the default penalty, while constraining the MFI to maintain sustainable 

lending operations.  

 

Aniket (2007) emphasizes that saving opportunities can only be offered in group-lending 

by restricting the number of borrowers in a group, thus creating intra-group competition 

for loans. His model predicts that this would lead to negative assortative matching along 

wealth lines (the wealthy would group with poorer individuals) and finds that in a two 

member group, the borrower’s wealth threshold for joining the group would be greater 

than the non-borrower’s wealth threshold. The non-borrower’s wealth threshold increases 

and the borrower’s wealth threshold decreases with the cost of capital, thus widening the 

gap between the two thresholds. Thus, Aniket (2007) highlights the two countervailing 

effects of subsidising the cost of capital, i.e., the trade-off between raising the wealth 
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threshold for joining the group as a non-borrower and decreasing the expected time it 

would take to loosen the wealth deprived non-borrower’s credit constraints. 

 

Emran et al. (2007) depart from the existing literature and draw attention to the role of 

missing or imperfect labour market. Their analysis shows that a focus on the labour 

market helps explain a number puzzling aspects of microfinance including (i) credit-

worthiness of poor women borrowers facing very high interest rates, (ii) the micro-

entrepreneurs unwillingness or inability to scale up their economic activity, (iii) 

conflicting views about interest rate elasticity of demand for microcredit (i.e., a zero 

elasticity according to practitioners, but a significant negative elasticity according to 

econometric estimate). 

 

In addition with these papers on microfinance theory that explain how microfinance 

functions, several others have checked the validity of theories empirically. Armendariz de 

Aghion and Morduch (2005) provide a critical guide to the economic literature on 

microfinance. Ahlin and Townsend (2007) test lending models empirically using Thai 

data. Among others, for example, Hartarska (2005) examines the influence of external 

mechanisms of control such as rating, auditing, and supervision by regulatory authorities, 

and internal mechanisms of control such as board independence and diversity, and 

management remuneration. Microfinance institutions (MFIs) operate in diverse economic 

and institutional environment and vary by organizational type (NGO, banks etc.), size and 

age. The role of these factors is incorporated in their analysis.    

 

Cull et al. (2007) explore the cross-country patterns of profitability, loan repayment and 

cost reduction in MFIs and substantiate possibility of earning profits while serving the 

poor, but a trade-of emerges between profitability and serving the poorest. While 

Hartarska and Nadolnyak (2007) explore the impact of regulation on MFI performance in 

an empirical model where performance is specified as a function of MFI-specific, 

regulatory, macroeconomic and institutional variables. Consistent with recent cross-

country evidence on the impact of banking regulations on bank performance, their article 

finds that regulatory involvement does not directly affect performance either in terms of 

operational self-sustainability or outreach. The article also finds that less leveraged MFIs 

have better sustainability. 

 

Mersland and Strom (2007) investigate whether the paradigm of superiority of 

shareholder owned MFIs is empirically supported. Their findings indicate that the 
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difference between shareholder owned MFIs and non-government MFIs is minimal. 

Contradicting with established paradigms and policy guidelines in the industry, however, 

their results are not necessarily surprising since ownership theories do not predict a clear 

preference for one type of ownership in the microfinance market.  

 

Crombrugghe et al. (2008) investigate particularly three aspects of sustainability: cost 

coverage by revenue, repayment of loans and cost-control. Results in this study suggest 

that the challenge of covering costs on small and partly unsecured loans can indeed be 

met, without necessarily increasing the size of the loans or raising the monitoring cost.  

 

 

Mersland and Strom (2009) examine the relationship between firm performance and 

corporate governance in microfinance institutions (MFI). They find that financial 

performance improves with local rather than international directors, an internal board 

auditor, and a female CEO. The number of credit clients increases with CEO/chairman 

duality. Outreach is lower in the case of lending to individuals than in the case of group 

lending. They also find no difference between non-profit organisations and shareholder 

firms in financial performance and outreach, and that bank regulation has no effect. 

 

Thus we see that, by now, there has been a significant amount of literature evaluating MFI 

success and failure much of which is conducted with a view to achieve self-sustainability. 

In addition with the ones we have discussed above there are others too. For example, the 

study of Kaboski and Townsend (2005) also covered performance aspects using Thai data. 

However, this paper has most in common with Cull et al. (2007) and Crombrugghe et al. 

(2008). However, there are several differences as well. In addition with those mentioned 

in the introduction, the most important difference in this paper is to check whether the 

challenge of covering costs on small and partly unsecured loans can indeed be met, 

without necessarily increasing the size of the loans or raising the monitoring cost. In that 

respect, again, this exercise is related with Crombrugghe et al. (2008). However, their 

results apply only to the Indian MFIs. This study makes a point related to that but differs 

in at least one aspect—the methodology is more quantitative as results are based on much 

bigger cross-country sample of MFIs.
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4.4. The global microfinance panorama  

Diverse methods to provide microfinance services globally have divided micro-lenders 

broadly into four categories—individual-based lenders, individual and solidarity-group-

based lenders, solidarity-group lenders and village banks. Cull et al. (2007) note that 

individual-based lenders use standard bilateral lending contracts between a lender and a 

single borrower. Liability for loan repayment rests with the individual borrower solely, 

with only a few minor exceptions. Here, requirements, such as collateral, are less stringent 

than in standard banking contracts. Solidarity group lenders employ contracts based on 

joint liability implemented with ‘solidarity groups’. Loans are given to individuals, but if 

any group- member fails to repay, the group as a whole shoulders responsibility. For 

example, the Grameen model, initiated by the Grameen Bank in Bangladesh, is the 

pioneering solidarity group lending method. According to Crombrugghe et al., (2008) it 

corresponds to a lending method where the institution lends to standardised and fellow-

feeling groups of 5 individuals. They organise weekly meetings and saving is mandatory 

for members. Credit is not given to all members concurrently, but all hope to have their 

turn and stand for each other’s obligations. The groups are created under supervision of 

the MFI, according to a well-defined structure to facilitate access to microfinance services 

(Schreiner 2003). Again, some MFIs are run using both individual and solidarity based 

methods. Finally, village bank type lending was mainly pioneered by the Foundation for 

International Community Assistance (FINCA), another microfinance giant. Each branch of 

village bank lenders has a single and large clientele group of borrowers and this type of 

lender exercises some extent of autonomy (Cull et al., 2007).  

 

Table 25 describes the distribution of our sample across aforesaid four diverse delivery 

models in six developing regions in the world—EAP, EECA, LAC, MENA, SA and SSA—

around the globe63. Loan delivery methods differ across different developing regions. For 

instance, in our data, no MFI in the EECA region operates on solidarity-group-based 

methodology and there is no village bank in the MENA region. Individual-based lending 

and village banking predominate in the LAC region. In this dataset, SA region has the 

highest number of MFIs operating on solidarity group based lending mechanism 

compared to other regions.    

                                                        
63 EAP: East Asia as the Pacific; EECA: East Europe and Central Asia; LAC: Latin America and the Caribbean; 
MENA Middle East and North Africa; SA: South Asia; and SSA: Sub-Saharan Africa. These developing regions 
are according to the classifications made by the World Bank.  
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Table 25 Microfinance delivery models by region 

 Developing region  

Delivery model EAP EECA LAC MENA SA SSA Total 
Individual 4 16 59 2 6 4 91 

Indiv.-Solidarity 17 37 50 20 19 45 188 
Solidarity 9 0 2 1 17 3 32 

Village Bank 4 1 19 0 7 11 42 
Total 34 54 130 23 49 63 353 

Source: Author’s calculations, based on data collected from the Microfinance Information eXchange (MIX),  
                  Inc.

Table 25 and Table 26 reveal that the regional distribution of MFIs in our sample is 

reasonably balanced. Summary statistics in Table 26 show that out of a total of 353 MFIs, 

about 10 percent of microfinance institutions come from the East Asia and the Pacific 

(EAP) region while 15 percent of them are from the East Europe and Central Asia (EECA) 

region. South Asia (SA) and Sub-Saharan Africa (SSA) regions comprise about 14 percent 

and 18 percent of the sampled MFIs respectively, while comparatively a small and new 

microfinance industry—the Middle East and North Africa (MENA) region—contributes 

only 6.5%. The highest number of microfinance institutions, about 37 percent, is coming 

from the Latin America and the Caribbean (LAC) region.    

 

As we notice in the summary statistics by lending type presented in Table 27, the patterns 

of average revenue and costs vary systematically across various loan delivery methods. In 

the sampled MFIs, borrowers from the village banks face the highest (47%) average 

interest rates and individual-based lenders charge about 28%, the lowest. However, village 

banks bear the highest rate of operating expenses per dollar lent and also, labour costs to 

assets in village banks are the highest among all lending mechanisms. MFIs frequently 

claim that higher operating cost in village banking is primarily due to remote and 

inaccessible locations of village banks as well as the MFIs’ distinctive social missions 

combined with unique administrative tactics. Again, the average loan balance (per capita 

GNI-adjusted) of these lenders is on the lower side and next to the solidarity-group 

lenders. Thus extending smaller-sized loans to a comparatively poorer segment of the 

clients is another reason to make costs much higher for village banks. In our sample, 

revenues outweigh costs in village banks and as a result, a positive, though very low, 

return on assets (1%) is ensured. The average interest rates charged by either individual-

based lenders, or lenders who follow both individual-based and solidarity-group-based 

methods, are the lowest in the survey. Lenders who completely depend on solidarity-

group-based methods charge slightly higher interest rates (35%). In all the cases, however, 
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revenue outweighs expenses and in the present survey, all types of lenders have managed 

to get a positive rate of return on assets on average.

Table 26  Variable description and summary statistics 

Variable  Obs. Mean SD Min. Max. 

Panel 1: Performance indicators 

OSS: Op. self-sufficiency 353 1.207 0.307 0.241 3.357 
ROA: Return on assets 353 0.029 0.062 -0.245 0.308 
PAR 30: PF-at-risk past 30 days 353 0.046 0.055 0.0001 0.445 
PAR 90: PF-at-risk past 30 days 353 0.030 0.040 0.0001 0.300 
OELP: Op. expense per dollar 353 23.621 17.585 2.43 116.43 
CPB: Cost per borrower 353 142.992 192.293 3 2292 
TCD: Total cost per dollar lent 353 0.232 0.232 0.005 2.876 

Panel 2: Explanatory variables 

Yield (nominal)  353 0.328 0.162 0.014 1.065 
Average loan per borrower 353 971.201 1946.153 31 31596 
Av. loan, GNI p.c. adj. 353 64.653 113.166 2.1000 1430.28 
Borrowers per loan officer 353 282.887 181.321 24 2183 
MFI age  353 13.909 7.607 2 48 
Size   353 16.730 1.451 13.484 21.233 
Number of active borrowers 353 105702.1 469083.7 2307 6397635 
Personnel   353 615.173 2370.961 7 34841 
Cost per borrower 353 142.992 192.293 3 2292 
Gross loan portfolio 353 4.51e+07 1.17e+08 391429 1.34e+09 
Op. expense per dollar lent 353 23.621 17.585 2.43 116.43 
For profit status  353 0.334 0.472 0 1 
Offers savings services  352 0.496 0.501 0 1 
Individual loan method 353 0.258 0.438 0 1 
Individual-solidarity method 353 0.533 0.500 0 1 
Solidarity loan method 353 0.091 0.288 0 1 
Village bank loan method 353 0.119 0.324 0 1 
Labour costs to assets 353 0.096 0.065 0.012 0.511 
Loans to assets ratio 353 0.774 0.153 0.079 1.012 
Women borrowers 353 0.657 0.246 0.032 1 
EAP  353 0.096 0.295 0 1 
EECA  353 0.153 0.360 0 1 
LAC  353 0.368 0.483 0 1 
MENA  353 0.065 0.247 0 1 
SA  353 0.139 0.346 0 1 
SSA  353 0.178 0.383 0 1 

Source: Author’s calculations, based on data collected from the Microfinance Information eXchange (MIX), 
Inc.
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Table 27 Summary statistics by lending type 

  Individual     Individual-Sol.        Solidarity            Village Bank 

Variable  Mean      SD     Mean           SD           Mean      SD         Mean        SD 

OSS: Op. Self-sufficiency 1.23        0.28     1.22            0.29          1.17        0.24        1.13         0.45 

ROA: Return on assets 0.03        0.05     0.03            0.05          0.04        0.06        0.01         0.11 

PAR30: PF at risk past 30  0.05        0.04     0.05            0.06          0.04        0.07        0.05         0.06 

PAR90: PF at risk past 90  0.03        0.03     0.03            0.04          0.03        0.05        0.03         0.03 

OELP: Op. exp per $ lent           17.78     12.75   22.31          13.68        26.70     19.29      39.81      28.35 

CPB: Cost per borrower         263.13    312.96  118.29      105.67        34.53     27.24    75.90      48.48 

TCD: Total cost per $ lent          0.20         0.31     0.21          0.14           0.25         0.20       0.40          0.31 

Yield (nominal)                             0.28        0.14     0.32          0.13           0.35         0.18       0.47          0.23 

Average loan (in thousand)      2.10        3.41     0.73          0.79           0.15         0.08       0.23          0.13 

Av. loan (GNI p. c. adj.)            104.75   188.31   62.62       72.87        16.68      13.17     23.43        25.21 

BPLO: Borr. / loan off.            253.47   178.16  284.21    148.64     269.63     85.86    350.81       15.36 

MFI age                            15.76        9.35    13.12         6.63        14.13        8.64      13.29         6.09 

Size                             17.57        1.38   16.61         1.37        16.31        1.34       15.77        1.10 

No. of borrowers (in 000)      54.29    105.36  110.11    497.88    290.03     955.17    56.93       97.04 

Personnel                          431.49   607.85 623.28   2639.09  1442.31  4397.75  346.64     15.40 

Log gross loan portfolio         17.28        1.44    16.35         1.38        15.87      1.40       15.50        1.18 

For profit status                          0.48         0.50      0.32         0.47          0.22       0.42         0.17         0.38 

Offers savings                             0.59         0.49      0.44         0.50          0.72       0.46         0.38         0.49 

Labour costs to assets ratio    0.07         0.05      0.09         0.05          0.11       0.07         0.15         0.10 

Loans to assets ratio                 0.78          0.16      0.79         0.14          0.70       0.21         0.78         0.14 

Women borrowers                   0.51          0.19      0.65         0.24          0.88       0.23         0.83         0.17 

EAP                            0.04          0.21      0.09         0.29          0.28       0.46         0.10         0.30 

EECA                            0.18          0.38      0.20         0.40             0 0            0.02         0.15 

MENA                            0.02          0.15      0.11         0.31          0.03        0.18           0      0 

LAC                            0.65          0.48      0.27         0.44          0.06        0.25         0.45        0.50 

SA                            0.07          0.25      0.10         0.30          0.53        0.51         0.17        0.38 

SSA                            0.04          0.21      0.24         0.43          0.09        0.30         0.26        0.45 

Source: Author’s calculations, based on data collected from the Microfinance Information eXchange (MIX), 
Inc. 

 
Village banks make smaller-sized loans (on average $230). But the lowest loan size 

concerns the solidarity-based lenders in the survey ($150). Loans made by others, for 

example by individual-based lenders, are extremely large ($2100). In the microfinance 

literature, average size of loan is considered as a crude measure of depth of outreach. So, 
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in that sense, the solidarity-based lenders do far better at reaching the poor, earning an 

average of 35 per cent of interest. However, in terms of another measure of depth of 

outreach, percentage of women borrowers, village banks perform well, which is evident 

from the fact that 83 per cent of the borrowers of village banks are women. Solidarity-

based lenders reach the women even better, with 88 per cent. On the contrary, the depth 

of outreach scenario (based on women participation) of the individual-based lenders is not 

that favourable and only 51 percent of their borrowers are women. 

4.5. Data and empirical issues 

We analysed managerial, financial and portfolio data for 353 microfinance institutions in 

77 countries mostly for the year 2007 in this exercise. Details on the sampled MFIs whose 

data have been utilized in this exercise are given in Table 31 in the appendix.The database 

was constructed from the Microfinance Information eXchange Inc. (MIX), the largest 

global, web-based microfinance information platform promoting transparent data 

dissemination in the industry. Data were also gathered from the MicroBanking Bulletin 

(MBB), in which data are standardised and aggregated in ratio format broken down by 

selected peer groups. As submission to the MBB is voluntary and carries with it an 

impression of prestige, it is assumed that MFIs submitting data tend to be among the 

higher performers in their respective peer groups. In order to construct the data set for the 

present study, the objective was to obtain a cross-section of data of as many MFIs (from all 

delivery models and legal statuses) as possible.  Construction of the data set, however, was 

contingent on several factors. They include, for example, the diamond rating of MIX 

Market data, number of active borrowers as of 2007, availability of data for that year and 

assets size of the MFI.   

 

The objective of the benchmark regressions is to investigate the determinants of several 

performance indicators of microfinance institutions—profitability or sustainability, 

repayment status or portfolio quality and cost indicators—in order to explore why some 

MFIs perform better than others. The empirical model used to obtain the answer is as 

follows:  

 

Yi = α + β´Xi + γ´Zi + μ´CVi + ui   (4.1) 
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The dependent variable Y is either a measure of portfolio quality or operational self-

sufficiency64 or cost; X is a set of two baseline variables that are always included in the 

regression; Z is the variable of interest and CV is a set of two control variables drawn from 

a pool of possible variables theoretically or empirically linked in the microfinance 

literature to financial self-sufficiency.  Both Z and CV are drawn from the same pool of 

variables. β´, γ´ and μ´ are the vectors of parameters and u is the usual error term. The 

index i represents a single observation. 

 

Summary statistics in Table 26 show that although the means are within the expected 

range in most of the cases, there are still wide gaps between the minimum and maximum 

values for some of the variables. Besides, we suspect that some of the fundamental 

assumptions of regression analysis65 are not adequately fulfilled in our analysis after 

taking care of almost all available measures including transformation of variables and so 

on. These are very common in any empirical exercise and there are ways by which we can 

strengthen the model against unruly data. Robust regression technique is one such way 

which provides an alternative to the least square regression model when fundamental 

assumptions are unfulfilled—fully or partially. Therefore, as a check on robustness to 

outliers and other unfulfilled assumptions we used the iteratively weighted least 

squares—one type of robust regression—method in all estimations66.       

 

Using MBB data, Christen (2001) found that administrative expense ratio (total 

expenses/total number of personnel) and real portfolio yield are the two significant 

determinants of financial self-sufficiency.  Accordingly, the variable yield is always 

included in Xi in equation (4.1). However, in this survey use of real portfolio yield data 

gives confusing results, which cannot be explained properly. So, we opted for another 

variable which is similar in nature—the nominal (unadjusted for inflation) portfolio 

yield67. The nominal portfolio yield is a proxy for the interest rate charged on loans and is 

another widely used indicator of portfolio yield. However, this variable is a better proxy 

because the MFI can make a decision on what nominal interest rate to charge—but not on 
                                                        
64 According to the definition given by Micro Banking Bulletin, operational self-sufficiency or financial 
sustainability in general is the ratio of unadjusted operating income to unadjusted operating expense. 
65 These include, for instance, independence of observations, linearity in functional form, absence of 
influential outliers, sufficiently large sample size, normality and homoskedasticity of the residual distribution. 
66 Ordinary least squares with Huber-White standard errors and Median regressions—one type of quantile 
regression—are also run, but all of them came up with roughly similar results. These results are available from 
the author through personal requests 
67 The real portfolio yield is the inflation-adjusted return on the portfolio.  It is a proxy for the real interest rate 
charged on loans.  An increase in the real portfolio yield is hypothesised to be associated with an increase in 
financial self-sufficiency and vice versa. 
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the real interest rate—which becomes clear only ex post.  Several other variables were 

identified as meeting the criteria for inclusion in Z and CV. These independent variables 

can be grouped into the following broad categories. 

 

Sustainability Indicators 

1. Operational self-sufficiency (OSS) ratio. OSS is defined as the ratio of operating 

revenue to financial expense, loan loss reserve expense and operating expense. OSS 

measures how well the MFI can cover its costs through operating revenues. We used OSS 

as a proxy for MFIs’ self-sustainability, and not FSS, mainly due to the following two 

reasons: First, Crombrugghe et al. (2008) note that simply by applying the inflation rate 

to own funds, FSS includes a cost for own funds of the MFI. But it is difficult to estimate 

the equity for own funds of an MFI and the opportunity cost of such funds. Second, as 

Hartarska and Nadolnyak (2007) note, since donors monitor MFIs’ OSS and can exercise 

long-term control due to increased competition for donations, OSS is likely to be a more 

reliable approximation of financial sustainability of an MFI than FSS.    

 

2. Return on assets (ROA). ROA is the ratio of net operating income after taxes over 

average total assets. It measures how well the MFI uses its total assets to generate returns. 

For robustness checks mainly we also used ROA as a proxy for MFI sustainability, the 

dependent variable.  

 

Loan Portfolio Indicators 

3. The portfolio-at-risk past 90 days (PAR90): PAR90 captures the accounting 

convention that loans exceeding 90 days overdue pose an unacceptably high risk of non-

payment.  This measure of portfolio-at-risk is hypothesised to be inversely associated with 

financial self-sufficiency.  

 

4. The portfolio-at-risk past 30 days (PAR30): This quality of portfolio measure is similar 

to PAR90 above, but it is only 30 days past due. PAR30 is also hypothesised to be 

inversely associated with financial self-sufficiency.  

 

Cost Variables 

5. The cost per borrower (CPB): The CPB ratio measures the value of total monetary and 

in-kind inputs required to produce a given level of output, as measured by borrowers.  A 

higher ratio indicates that more money and in-kind contributions are required to produce 
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a given number of borrowers.  The cost per borrower ratio is hypothesised to be inversely 

associated with financial self-sufficiency.   

 

6. Operating expense per dollar lent (OED): The OED is defined as ratio of operating cost 

over gross loan portfolio. It is important to differentiate this cost from operating cost per 

borrower because CPB is expressed in terms of borrowers, whereas OED is expressed in 

dollar terms. This ratio is also hypothesised to be inversely associated with financial self-

sufficiency.  

 

Outreach indicators and other explanatory variables   

7. Number of active borrowers (NAB): The NAB is an indicator of both breadth of 

outreach and scale.  Conventionally, scale is inversely related to costs and positively 

related to profitability, because the fixed costs of production are amortised across a larger 

number and value of outputs.  The number of borrowers is thus hypothesised to be 

positively associated with financial self-sufficiency.   

 

8. Loan balance per borrower (LBB): The LBB (defined as the average gross loan 

portfolio divided by the number of active borrowers) or average loan size is a proxy for 

depth of outreach. Smaller loans are generally taken to indicate greater depth of outreach. 

It is hypothesised to be inversely associated with financial self-sufficiency.    

 

9. Loan balance per borrower to GNI per capita (LBBGNI): The LBBGNI normalises the 

variable for different price and income levels found in different countries, thereby making 

cross-country comparisons more valid.  This variable is also hypothesised to be inversely 

associated with financial self-sufficiency. 

 

10. Borrowers per staff members (BPSM): BPSM, the staff productivity ratio, measures 

the total number of staff required to produce a given level of output, as measured by 

borrowers.  A higher ratio means that fewer employees are required to produce a given 

number of borrowers.  It is hypothesised to be positively associated with financial self-

sufficiency. 

 

11. Borrowers per loan officer (BPLO): BPLO, the loan officer productivity ratio, 

measures the number of loan officers required to produce a given level of output—the 

number of borrowers.  A higher ratio means that fewer loan officers are required to 
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produce a given number of borrowers. The loan officer productivity ratio is hypothesised 

to be positively associated with financial self-sufficiency.   

4.6. Discussion and results  

4.6.1. The role of interest rate revisited 

As discussed in section 4.2, interest rates charged by microfinance institutions have 

important implications for the agency dilemma (theory). Generally, interest rates charged 

to the borrowers affect the financial performance of microfinance institutions in the 

following two ways. First, interest rates affect loan repayment or loan delinquency level of 

the MFI and second, they have impacts on its overall financial sustainability level. This 

relationship between interest rates and profitability, or sustainability in general, could also 

be affected by demand forces: overly high (loan) prices may reduce (credit) demand and 

hence profits. To support this view, recently Karlan and Zinman (2008) and Dehejia et al., 

(2005) refute the common claim that the poor borrowers are interest rate inelastic, which 

suggests that the demand forces are truly in action. 

 

The negative significant effect of interest rates on loan repayment (portfolio quality) and 

their positive significant impact on the overall sustainability of the MFIs as shown in Table 

28 and Table 29 respectively suggest that, all else equal, the quality of the loan portfolio 

deteriorates at relatively low interest rates. This result is similar to one aspect of those 

obtained by Ahlin and Townsend (2007).  

 

These crude signs of regression coefficients, however, cannot explain all underlying 

intricacies and the undercurrents warrant some elaboration. Figure 2 and Figure 3 portray 

the relationship between yield against the predicted values of PAR30 and PAR90. If we 

carefully look into the non-linear shape of the estimated relationship between PAR30 and 

yield, for instance, we find that there is a turning point at around an interest rate of 30 

percent in our sample. Most regression specifications give a U-shaped form—with PAR30 

declining first as interest rates increase and then increasing as interest rates go further 

beyond the turning point68. A U-shaped association may be explained by either selection 

effects or by repayment effects. They match with the standard adverse selection effects of 

high interest rates as described in the literature.  

  

                                                        
68 We estimated other models too, but all of them give a similar shape.  
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Table 28  Portfolio quality estimation (robust regressions) 

Variable   PAR30  PAR90    
Yield     -0.128**  -0.068*   
   (0.040)  (0.027)    
Yield-squared   0.148***  0.058*   
   (0.040)  (0.027)    
Log loan balance (GNI adjusted)  0.000  -0.001    
   (0.002)  (0.001)    
Log borrowers per loan officers  -0.005  -0.006**  
   (0.003)  (0.002)    
EAP   -0.018***  -0.011**  
   (0.005)  (0.004)    
EECA   -0.022***  -0.015*** 
   (0.005)  (0.003)    
MENA   -0.016*  -0.012**  
   (0.006)  (0.004)    
SA   -0.001  -0.005    
   (0.005)  (0.004)    
SSA   0.004  -0.002    
   (0.005)  (0.003)    
Village bank   -0.011*  -0.006    
   (0.005)  (0.003)    
Solidarity    -0.012*  -0.006    
   (0.006)  (0.004)    
Offers savings   0.005  0.005    
   (0.003)  (0.002)    
Loans to assets ratio  -0.020  -0.014    
   (0.012)  (0.008)    
Labour costs to assets ratio  -0.020  -0.027    
   (0.049)  (0.034)    
For profit status   -0.008*  -0.006**  
   (0.003)  (0.002)    
Women borrowers  -0.011  -0.008    
   (0.007)  (0.005)    
MFI age   0.005  0.005*   
   (0.003)  (0.002)    
Log operating expense per $ lent  0.009  0.008*   
   (0.005)  (0.003)    
Constant   0.074*  0.060**  
   (0.032)  (0.022)    
Adjusted R-squared  0.256  0.243    
Observations   353  353    
Source: Author’s calculations, based on data collected from the Microfinance Information eXchange (MIX), 
Inc. All models are estimated via robust regression (Weighted Least Squares) method, with heteroskedasticity 
consistent robust standard errors. Standard errors are given in the parentheses. *Significant at 10% (p<0.05); 
**significant at 5% (p<0.01); ***significant at 1% (p<0.001).
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Figure 2 Predicted Loan Delinquencies and Portfolio Yeld 
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Figure 3 Predicted Loan Delinquencies and Portfolio Yeld

Arguments for the selection effects proceed as follows. As a result of imposing a low 

interest rate an MFI’s screening efforts are firstly destabilised and this may again weaken 

the application of self-selection norms of the borrowers. Consequently, owing to a lack of 

critical foresight of repayment cost and ability, the concerned MFI may lend to borrowers 

who are less-creditworthy or not creditworthy at all69.  

 

Repayment effects are justified through the following analyses. Anecdotal evidences 

support the view that MFIs which fancy targeting the poor, or the extremely poor, are 

generally flexible on selection criteria which affect the repayment ability of their clients. 

Besides, low interest rates may also affect the borrowers’ willingness to repay. This 

explanation should make sense especially in the microfinance industry as MFIs are 

supposed to target the poorer section of the community for whom very low or reasonably 

low interest rates may sound similar to a donation. Low interest rates seldom motivate the 

borrower to make a first-rate credit trail also. At ‘just-right’ or the optimised interest rates 
                                                        
69 Such problems seem to have plagued many state development banks in the past (Armendariz de Aghion and 
Morduch 2005; Chapter 1). 
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(the rate where again the curve is bending upward in Figure 2) clients should want to 

repay most. On the contrary, however, at a high or unfair interest rate, lenders’ probability 

of facing default increases. This phenomenon though is not very easy to explain. Is it the 

case that as a result of imposing a high enough interest rate, borrowers default? Or it is the 

other way round—as borrowers default, lenders are motivated to fix an unfair rate of 

interest that may raise ethical concerns as well70.

4.6.2. Financial sustainability 

Table 29 presents the estimated results from equation (4.1). Across all models, portfolio 

yield is found to be positively and significantly related with both measures of financial self-

sufficiency—operational self-sufficiency (OSS) and return on assets (ROA). This suggests 

that increasing rate of interest is clearly associated with an improved level of financial 

performance. The coefficient on the yield-squared variable is negative and generally 

significant, which confirms a non-linear responsiveness of interest rates that impacts on 

MFI-sustainability.    

  

                                                        
70 For details on this topic see, for example, Ashta and Bush (2008). 



 

 

159

Table 29 Sustainability regressions (robust regressions) 

 OSS OSS OSS ROA ROA ROA    
Yield   0.469 2.418*** 0.499 0.273***          0.515*** 0.236*** 
 (0.290) (0.261) (0.318) (0.046)             (0.050) (0.051)    
Yield2 -0.315 -1.398*** -0.493 -0.211***      -0.355*** -0.203*** 
 (0.311) (0.262) (0.333) (0.049)             (0.050) (0.053)    
Log LBBGNI 0.067*** 0.006  0.010***          0.005              
 (0.016) (0.015)  (0.002)             (0.003)                 
Log BPLO 0.144*** 0.047*  0.017***         0.010*                 
 (0.024) (0.020)  (0.004)             (0.004)                 
EAP -0.004 -0.012 0.022 -0.001 -0.003 -0.003    

(0.044) (0.037) (0.050) (0.007) (0.007) (0.008)    
EECA 0.068 0.065* 0.102** 0.009  0.008 0.016*   
 (0.037) (0.030) (0.038) (0.006)  (0.006) (0.006)    
MENA 0.180*** 0.065 0.131* 0.030***           0.014 0.019*   
 (0.051) (0.041) (0.054) (0.008) (0.008) (0.009)    
SA -0.086* -0.156*** -0.108 -0.007              -0.018* -0.021*   
 (0.043) (0.043) (0.059) (0.007) (0.008) (0.009)    
SSA -0.172*** -0.043 -0.074 -0.014* -0.007 -0.006    
 (0.038) (0.037) (0.041) (0.006) (0.007) (0.006)    
Village bank -0.067 -0.051 -0.059 0.008   0.001 0.006    
 (0.040) (0.031) (0.043) (0.006)  (0.006) (0.007)    
Solidarity  0.082 0.023 0.053 0.009   0.008 0.006    
 (0.047) (0.036) (0.049) (0.007)  (0.007) (0.008)    
Loans to asset  0.289*** -0.096 0.238* 0.089***            0.031* 0.085*** 
 (0.086) (0.078) (0.092) (0.014)  (0.015) (0.015)    
PEA  0.123    0.050                 
  (0.318)     (0.061)                 
For profit status  0.003 0.011    -0.006 -0.001    
  (0.021) (0.028)    (0.004) (0.004)    
Women borrowers -0.009  -0.011                 
  (0.049)  (0.009)                 
MFI age  -0.005  -0.000                 
  (0.018)  (0.004)                 
Log OELP  -0.439***  -0.046***                 
  (0.035)  (0.007)                 
Log CPB  -0.035*  -0.005                 
  (0.016)  (0.003)                 
Log GLP   0.037*    -0.000    
   (0.019)    (0.003)    
Log NAB   0.082***    0.009*   
   (0.024)    (0.004)    
Log personnel   -0.088**    -0.004    
   (0.027)    (0.004)    
Constant -0.167 1.853*** -0.088 -0.224***  -0.019  -0.149*** 
 (0.195) (0.210) (0.253) (0.031)  (0.040)  (0.040)    
Adjusted R2 0.250 0.594 0.201 0.306 0.447   0.265    
N 353 353 353 353 353    353    
Note: All models are estimated via robust regression (Weighted Least Squares) method, with 
heteroskedasticity consistent robust standard errors. Standard Errors are given in the parentheses. 
*Significant at 10% (p<0.05); **significant at 5% (p<0.01); ***significant at 1% (p<0.001).

Figure 4 and Figure 5 depict that the projected connection between portfolio yield and 

financial performance (OSS or ROA) is clearly hump-shaped. A hump-shaped or an 

inverted-U shaped relationship explains that operational self-sufficiency, or sustainability 

of MFIs in general, first increases with rising interest rates as charged by MFIs and then it 
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decreases with a higher level of rate of interest. A careful analysis of the relationship also 

indicates that the financial betterment could reach a maximum of around a yield of 35 per 

cent in OSS regressions and around 60 per cent in ROA regressions. However, turning to 

another side of the story, we see that a hump-shaped relationship between financial 

performance and interest charge is quite justified with a U-shaped relationship between 

yield and the loan default rates. Indeed the U-shaped association between loan 

delinquency and interest earning leads to first lower and then higher loan disbursements 

as the interest charged swells. As a result, profits first rise with these declining and then 

rising provision costs. But it works well up to a certain limit and after that stage, profits 

must decline and the sustainability level of MFIs then start declining once again. 

Figure 4 Predicted OSS and Portfolio Yield
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Figure 5 Predicted ROA and Portfolio Yield

4.6.3.  Loan officials 

Microfinance institutions indeed require high-quality dedicated personnel with proper 

social motivation. Therefore, the number of borrowers served per loan official is an 

important indicator for evaluating an MFI’s efficiency and productivity. A low ratio of 

borrowers-per-loan-officer (BPLO) is very important in terms of repayment performance 

as it ensures effective and better client-selection and supervision of borrowers because 

they have now enough time to get to know the borrowers and to follow them up properly. 

On the contrary, a higher BPLO ratio is just harmful as it negatively affects the overall 

performance of an MFI. The summary statistics in Table 26 show that the number of 

borrowers per loan officer is only about 283 in our sample, which is quite on the low side. 

For example, Crombrugghe et al. (2008) refer that the acceptable range should be 250-

350 in the Indian context. 

 

As we see in our loan delinquency regressions (Table 28) the coefficients for the average 

borrowers per loan officer variable are significantly negative in both specifications. It 
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suggests that there is scope for loan repayment rates to improve by increasing the number 

of borrowers in terms of loan officers. We also tested the effect of BPLO variable on the 

cost measures (operating expense per dollar lent, total costs per dollar lent and operating 

cost per borrower) and we obtained significantly negative coefficients all through (Table 

4.6). A review of the BPLO coefficients of Table 29 and Table 30 side by side would 

suggest that the number of borrowers could be increased or the number of staff members 

could be decreased without harming the loan repayment performance. These findings are 

quite similar to Crombrugghe et al. (2008).  

 

The ratio of active borrowers to loan officials also clearly affects the sustainability scenario 

of the sampled MFIs. The positive significant coefficients for this variable in models (1) 

and (2) in the sustainability regressions in Table 29 recommend that increasing the 

number of active borrowers for a given amount of loan officers would contribute to profits, 

and sustainability in general, while doing the opposite would harm profitability. In a few 

of our model specifications in sustainability regressions (column 3 and 6 in Table 29) we 

included the number of active borrowers and the number of staff members separately 

instead of using their ratio. This confirmed the results. We found a positive significant 

effect of the number of borrowers and a negative significant effect of the number of 

personnel on profitability (OSS and ROA). The significant contributions of the ratio of 

active borrowers to loan officers to portfolio quality, profitability and reduction of costs 

indicate that microfinance institutions in our sample could gain from either staff reduction 

or from an increase in the number of borrowers. This is consistent with the fact that most 

MFIs in our sample have room to raise the BPLO ratio within an acceptable range as 

mentioned above (250-350) and due to the fact that most of the MFIs in our sample use 

group mechanisms (solidarity or some form of solidarity—individual and solidarity 

mixed). An alternative to downsizing staff members is to increase the number of active 

borrowers keeping the volume of staff members fixed. This also will end up with a similar 

outcome. However, this calls for further investigation including their implications for 

economies of scale as the higher number of borrowers per MFI could not only contribute 

to the scale economies on the staff involved but also on other fixed costs.      

4.6.4.  Size of loans 

It is extremely important to examine the effect of loan size on the loan delinquency rate in 

our analysis. As we see in the loan delinquency regressions in Table 28, there is no 

significant association of average loan amount (GNI adjusted) on portfolio-at-risk due 30 
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days past (PAR30) and portfolio-at-risk due 90 days past (PAR90)71. These insignificant 

relationships suggest that repayment pattern is by and large unaffected by loan balance 

and irrespective of their loan size clients are repaying their loan as per appropriate time 

schedule.  

 

We found the relationship between average loan balance GNI-adjusted and financial self-

sufficiency to be positive and significant in at least two models (Model 1 and 4 in Table 

29). Plotting predicted values of operational self-sufficiency measures against the average 

loan amount (GNI-adjusted) variable produces a hump-shaped relationship between them 

which can be seen in Figure 6. Clearly this hump-shape has the implication that MFIs may 

increase the average loan balances but only up to the point where it starts bending 

downwards. After that point profitability is negatively affected by loan size. In order to 

reach the optimal level of financial or operational self-sufficiency, therefore, the loan 

amounts that the MFIs lend to their clients should not be too big or very small, but of the 

optimal size.      

                                                        
71 However, we observe positive significant links between loan size and two other delinquency measures—
write-off ratio (WOR) and loan loss reserve ratio (LLRR)—using a slightly different dataset, which indicates 
that bigger amounts of loans lead to higher risks in repayment. 
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Figure 6 Predicted OSS and Log Average Loan Size

The coefficients for the average loan balance (per capita GNI-adjusted) variable in average 

cost regressions in Table 30 are all highly significant in all the specifications. The elasticity 

of operating expenses per dollar lent (OED) to the average loan balance (per capita GNI-

adjusted) variable or the elasticity of total cost per dollar lent (TCD) to the same variable 

are on the high side (0.37 and 0.39 respectively). The village bank delivery model dummy 

has a positively significant coefficient in both OED and TCD regressions indicating that 

this delivery model affects the cost scenario positively, and quite meaningfully, in 

comparison with the individual loan delivery method. In cost per borrower (CPB) 

regressions a positive, but less than unity, elasticity of the operating cost per borrower 

(CPB) to the loan size variable suggests that larger loans, which go basically to individual 

borrowers, lead to higher costs. Predicted relationships between per capita GNI adjusted 

average loan and operating costs per dollar and operationg costs per borrower are 

presented in Figure 7 and Figure 8.  
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4.6.5. Loan delivery methods  

Solidarity groups 

Banerjee et al. (1994) suggests that information flows are more important in bigger groups 

and consequently information flows reduce various costs (including monitoring costs). 

This is so because solidarity groups are formed by bigger number of clients (10-20 or 10-

25 people), while other delivery models consist of a smaller number of people. This 

theoretical claim is substantiated in our empirical results. However, as Table 30 shows, 

the coefficient for the solidarity group dummy is negative and insignificant in all the 

regression specifications. This suggests that in comparison with the control group (MFIs 

that operate on individual methods or both individual and solidarity methods), MFIs 

spend relatively less (i.e., average costs for these MFIs are less) for each borrower when 

they lend to a solidarity group.  

 

We find that the coefficient for the solidarity dummy variable is positive and insignificant 

in the profitability, or self-sustainability, regressions (OSS and ROA). This clearly mean 

the for solidarity group based loan method affect MFIs’ financial performance favourably. 

Again, the negative significant coefficient for the solidarity group dummy variable both in 

PAR30 regression model can be explained quite comfortably—for solidarity groups the 

loan repayment performance is far stronger and better. However, it is unclear whether 

MFIs get better sustainability through this as the coefficient for solidarity dummy lost 

significance in profitability regressions.    
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Figure 7 Fitted Operating Cost per Dollar Lent and Log Loan Size
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Figure 8 Fitted Operating Cost per Borrower and Log Loan Size
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Table 30 Average cost regressionsa 

   Log OELP log TCD log CPB    
Log av. loan balance (p. c. GNI-adj.) -0.372*** -0.387*** 0.213*** 
   (0.025) (0.025) (0.033)    
Log borrowers per loan officer   -0.532*** -0.533*** -0.573*** 
   (0.041) (0.042) (0.054)    
Village bank   0.294*** 0.329*** -0.109    
   (0.072) (0.073) (0.094)    
Solidarity    -0.057 -0.088 -0.218    
   (0.087) (0.088) (0.113)    
MFI age   -0.190*** -0.184*** -0.073    
   (0.043) (0.043) (0.055)    
EAP   0.222** 0.201* -0.895*** 
   (0.081) (0.082) (0.105)    
EECA   -0.053 -0.091 0.054    
   (0.070) (0.071) (0.091)    
MENA   -0.340*** -0.354*** -0.742*** 
   (0.094) (0.095) (0.122)    
SA   -0.337*** -0.332*** -1.955*** 
   (0.074) (0.074) (0.096)    
SSA   0.711*** 0.678*** -0.551*** 
   (0.067) (0.068) (0.087)    
Constant   7.561*** 2.940*** 7.576*** 
   (0.283) (0.286) (0.366)    
Adjusted R-squared  0.600 0.604 0.751    
Observations   353 353 353    
Source: Author’s calculations, based on data from the MIX (Microfinance Information eXchange). Robust 
standard errors are in the parentheses. Significance: *p<0.05; **p<0.01; ***p<0.001 
a Log operating expenses per dollar lent (Log OED), Log total cost per dollar lent (Log TCD) and Log operating 
cost per borrower (Log CPB). Log/Log regressions have been used to measure elasticities.

Village banks 

Both in the OED and TCD specifications of average cost regressions in Table 30 the village 

bank delivery model has positive significant coefficients. This indicates that per dollar 

costs are higher for village banks in comparison with MFIs following individual loan 

methodology (control category). This supports the popular claim particularly by the village 

banks that microfinance operation indeed involves higher costs and for that reason they 

need to charge higher interests.    

 

Positive significant coefficients for the village bank dummy in the OED and TCD models 

also suggest that compared to other delivery models MFIs spend relatively more per dollar 

when they apply the village bank style loan method. When we try to explain loan 

repayment performance, the coefficient for the village bank dummy is always negative and 

generally significant as we expected. A negative significant coefficient, like the solidarity 

groups, indicates that for village banks the repayment performance is very strong. This is 

true for both measures of loan delinquency—PAR30 and PAR90. Again, when we control 

for other variables including costs, gender of the borrower and MFI-age, the coefficient 
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still retains significance with a negative sign. This confirms that village banks’ repayment 

performance is also strong. 

4.6.6. Women as a target group 

The share of loans extended to women borrowers is a reliable indicator for measuring 

‘depth of outreach’ of an MFI. Generally, by extending loans to women MFIs generally 

meet their poverty-fighting and empowerment objective as women in developing countries 

are usually perceived poorer than their male partners and less autonomous at any given 

level of wealth or income. Moreover, women borrowers have a better reputation and 

reliability in terms of loan repayment. So, women borrowers participation should affect 

MFIs’ financial and loan repayment performance.   

 

Both in PAR30 and PAR90 regressions, the coefficients for women borrowers are negative 

but not significant at any conventional level. This suggests that the gender of the 

participants is important indeed and women borrowers’ repayment performance is better. 

When we included this variable in the self-sustainability regressions it displayed no 

significant pattern although the negative sign was retained. It is thus not certain that 

targeting women adds much per se to the financial performance of an MFI. However, 

empowerment of women is a different issue with various other dimensions and is beyond 

the scope of this paper. Nonetheless, in general it can safely be said that increased female 

participation generally has very little to do in improving the financial sustainability of 

MFIs.  Separate future studies should focus on addressing this relevant issue of concern.       

4.6.7. Scaling-up and experience of the institution 

Although the MFI-age variable has been included in loan delinquency, self-sustainability 

and average cost regressions, only in a few specifications could it maintain significance. In 

PAR30 and PAR90 models, we found the age variable to be positive and significant 

suggesting that as MFIs grow older the risk of loan delinquency rises. Apparently this may 

sound a bit strange because with the growing of age an MFI should have attained the 

necessary level of efficiency that might reduce its loan delinquency. However, defaults may 

not be uncommon for old, and as a result bigger, MFIs. One plausible explanation for that 

is that through the scaling up effect old MFIs are more prone to loan defaults due to 

inability to repay (selection effects) and the unwillingness to repay (repayment effects) of 

the borrowers as a consequence of a flawed screening mechanism.  
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In sustainability regressions we did not find any significant impact of MFI experience on 

overall financial performance.  One reason behind this is that the age variable may not 

have enough dynamism in itself to influence the profitability scenario of an MFI. We 

found age to be negative significant both in OED and TCD specifications in average cost 

regressions. This makes clear sense, as it is quite logical to expect that operating expense 

should decrease overtime. Effects related with set-up costs should affect cost structure 

more favourably over time. Besides, economies of scale on the size of loans and also on the 

size of the portfolio could increase with age and as a result one might expect that the OED 

has a declining trend as MFIs age. 

4.6.8. Region-specific effects 

The regional dummy variables do explain some variation in loan delinquency as well as in 

financial performance. In loan delinquency regressions in Table 28, negative and highly 

significant association between dummies for the East Asia and the Pacific (EAP), Eastern 

Europe and Central Asia (EECA) and Middle East and North Africa (MENA) regions and 

both measures of loan defaults—PAR30 and PAR90—are observed. A negative relation 

indicates the fact that MFIs in these three regions are performing well in terms of loan 

delinquency in comparison with the control category, Latin America and the Caribbean 

(LAC). In sustainability regressions, institutions from the regions of Eastern Europe and 

Central Asia (EECA) and Middle East and North Africa (MENA) outperformed those from 

other regions both in terms of operational self-sufficiency and return on assets. 

Institutions from the SA and SSA regions do not perform very well to obtain operational 

self-sufficiency and some return on assets. In average cost regressions, institutions from 

MENA and South Asia (SA) regions have negative and significant coefficients indicating 

better performance of MFIs in these regions than those of other regions as ‘operating 

expenses per dollar lent’ is significantly lower in these regions compared with the LAC 

region. Institutions from the EAP region have negative significant relation with OED, but 

positive significant relation with CPB.     

4.7. Conclusions 

In this paper, we look at factors which may have impacts on several performance 

indicators of microfinance institutions—profitability or sustainability, repayment status or 

portfolio quality indicators and cost indicators—in order to explore why some MFIs 
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perform better than others. In the course of this exercise we were able to see, for instance, 

whether there is any contradiction between high repayment rates and profitability or 

between high repayment rates and cost control. We used a cross-sectional database of 353 

microfinance institutions in 77 countries. The observations mostly pertain to the year 

2007. The sample of microfinance institutions covered in this paper is functioning 

worldwide, covers a huge number of borrowers, provides comparable data and is quite 

informative. 

 

The results we obtained are reliable and largely on par with findings of related other 

studies. Concerning the revenue front, our estimates suggest that raising the interest rate 

is associated with an increased level of risk of loan delinquency after a certain range. 

Before that turning point interest rates can be increased safely and this will not harm the 

existing sustainability situation. Therefore, MFIs must make choices between their long 

run mission to attain sustainability and ensuring the highest possible repayment rate. A 

very high rate of interest is as bad as a very low one. Both of them are prone to activating 

adverse selection or moral hazard effects. The policy implications for these findings finally 

depend on the quest of what the respective MFIs actually fancy. If they give priority to 

high repayment rates, the existing rate of interest seem to do well. However, if they think 

of being operationally fully self-reliant and cover all the costs, they may try higher interest 

rates but with the risk of default after a turning point as specified above. Therefore, in the 

first instance, MFIs must decide on the course to follow.   

 

The significant contributions of the ratio of active borrowers to loan officers in terms of 

portfolio quality, profitability and reduction of costs indicate that microfinance 

institutions in our sample could gain from either staff reduction or from an increase in the 

number of borrowers. This is consistent with the fact that most MFIs in our sample have 

room to raise the number of borrowers per loan officer (BPLO) ratio within acceptable 

standards and also with the fact that most of them use the solidarity-based loan delivery 

method. Results show that unlike small loans of the solidarity-group-based method, large 

loans require more individual attention and supervision. Again, increasing loan-size works 

only up to a certain point in reducing cost. Therefore, MFIs have to be very careful while 

deciding on the optimal loan size in order to have a good impact on their expenditure 

front. Small loans are indicative of better depth of outreach and our data suggest that 

small loan size can be retained. Increasing the number of borrowers per field officer seems 

to be the most promising way to reduce costs, especially in group-based delivery models. 

This way of scaling up will leave the repayment performance unhurt despite a likely ease of 
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monitoring in group-lending. Further, if economies of scale are obtained through this, it 

will be primarily through extending the breadth of outreach, not by abandoning the 

quality or depth of outreach, that is, not by de-emphasising focus on the poor.  

 

Anecdotal evidences suggest that overall financial self-sufficiency or sustainability of MFIs 

is ensured either by increasing average loan amount or through raising the loan price (rate 

of interest) or both. However, as we find in this article there are other options too. Our 

results indicate that the challenge of covering costs on small and partly unsecured loans 

can indeed be met and MFIs can ensure sustainability through financial performance 

while keeping their focus on the poor. The variety of performance and operating 

parameters of our sampled MFIs makes it possible to suggest ways of increasing the ability 

of covering costs. Our results thus confirm the intuition that small loans can indeed be 

delivered at a cost affordable to the interest-rate-elastic borrowers, especially if selection 

and monitoring can be largely delegated to group mechanism. Needless to say, this will 

improve the images of microfinance institutions for sure; as such a human touch in 

looking after the very poor is extremely important at a time when these institutions are 

increasingly blamed for caring too much for profit to be sustainable.  
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Sl. no. Country MFI Year No. of borrowers Av. loan 
1 Afghanistan ARMP 2007 30 719 674
2 Afghanistan BRAC-AFG 2007 140 032 188
3 Afghanistan FINCA-AFG 2007 63 571 186
4 Afghanistan FMFB-AFG 2007 23 616 1 150
5 Angola NovoBanco-ANG 2006 2 307 3 295
6 Albania ASC Union 2007 13 460 1 789
7 Albania BESA 2007 9 162 4 065
8 Albania Oppor-Albania 2007 13 311 2 743
9 Argentina FIE Gran Poder 2007 6 473 1 354
10 Armenia ACBA 2007 85 259 2 138
11 Armenia AREGAK 2007 20 775 697
12 Armenia FINCA-ARM 2007 18 315 883
13 Armenia INECO Bank 2005 29 779 713
14 Armenia KAMURJ 2007 10 862 747
15 Azerbaijan Azercredit 2007 12 401 650
16 Azerbaijan Azeri Star 2007 4 541 290
17 Azerbaijan CredAgro NBCO 2007 8 596 3 612
18 Azerbaijan FINCA-AZE 2005 23 467 313
19 Azerbaijan FinDev 2007 4 725 861
20 Azerbaijan Normicro 2007 8 964 766
21 Azerbaijan Viator 2007 10 247 364
22 Benin Alide´ 2007 5 070 228
23 Benin FECECAM 2007 31 080 882
24 Benin PADME 2007 29 732 1 105
25 Benin PAPME 2005 12 819 2 953
26 Benin Vital Finanance 2007 8 447 848
27 Bangladesh ASA 2007 5 422 787 67
28 Bangladesh BASTOB 2007 6 277 106
29 Bangladesh BEES 2007 103 535 66
30 Bangladesh BRAC 2007 6 397 635 83
31 Bangladesh BURO-Bangladesh 2007 354 020 80
32 Bangladesh HEED 2007 64 126 86
33 Bangladesh IDF 2006 63 127 85
34 Bangladesh JCF 2006 274 899 83
35 Bangladesh RDRS 2007 257 292 44
36 Bangladesh Shakti 2007 145 888 114
37 Bangladesh TMSS 2006 513 055 75
38 Bangladesh UDDIPAN 2007 151 792 99
39 Bolivia AgroCapital 2007 13 661 1 501

Appendix Tables

Table 31 Sampled MFIs used in the analysis 
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40 Bolivia BancoSol 2007 121 207 1 724
41 Bolivia CRECER 2007 101 616 270
42 Bolivia Diaconia 2007 35 589 535
43 Bolivia EcoFuturo FFP 2007 21 463 1 549
44 Bolivia Emprender 2007 7 078 215
45 Bolivia FADES 2007 21 782 1 045
46 Bolivia Fassil FFP 2007 8 537 2 645
47 Bolivia FIE FFP 2007 79 553 2 027
48 Bolivia FONCRESOL 2007 5 910 381
49 Bolivia Fortaleza FFP 2007 5 986 6 235
50 Bolivia FUNBODEM 2007 6 518 1 184
51 Bolivia ProCredit-BOL 2006 77 991 2 424
52 Bolivia PRODEM FFP 2007 85 578 1 947
53 Bolivia ProMujer-BOL 2007 90 510 31
54 Bosnia &H. EKI 2007 44 459 2 639
55 Bosnia &H. LIDER 2007 4 849 1 409
56 Bosnia &H. LOK MF 2007 26 986 2 479
57 Bosnia &H. MI-BOSPO 2007 30 565 1 392
58 Bosnia &H. MIKRA 2007 12 403 1 795
59 Bosnia &H. MIKROFIN 2007 51 508 2 766
60 Bosnia &H. Partner 2007 51 982 2 258
61 Bosnia &H. PRIZMA 2007 29 308 1 263
62 Bosnia &H. SINERGIJA 2007 9 778 2 784
63 Bosnia &H. Sunrise 2007 23 175 2 085
64 Bosnia &H. Women for W 2007 9 235 940
65 Brazil Banco da F. 2007 6 386 816
66 Brazil CEAPE-MA 2007 18 189 673
67 Brazil CrediAmigo 2007 299 975 459
68 Burkina Faso RCPB 2007 102 143 853
69 Cambodia AMK 2007 120 111 86
70 Cambodia AMRET 2007 187 477 164
71 Cambodia CREDIT 2007 18 126 568
72 Cambodia HKL 2007 23 253 609
73 Cambodia PRASAC 2007 94 555 359
74 Cambodia Sath. Ltd 2007 24 024 935
75 Cambodia Seilanithih 2007 4 227 843
76 Cambodia TPC 2007 73 748 166
77 Cambodia VFC 2007 53 885 199
78 Cameroon CCA 2006 36 420 363
79 Cameroon CDS 2007 29 638 490
80 Chad UCEC/MK 2007 15 348 378
81 Chile Credicoop 2007 6 201 1 250
82 China CFPA 2007 24 735 388
83 China CZWSDA 2007 3 128 334
84 Colombia Interactuar 2007 30 282 1 252
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85 Colombia Actuar T. 2007 6 813 622
86 Colombia CMM Bogota 2007 72 275 815
87 Colombia CMM Med. 2007 66 377 1 027
88 Colombia Contactar 2007 9 455 839
89 Colombia Micro. de Ant. 2007 16 497 954
90 Colombia OLC 2007 7 286 315
91 Congo, DR FINCA-DRC 2007 28 802 209
92 Congo, DR PAIDEK 2007 11 298 140
93 Costa Rica FIDERPAC 2007 3 203 880
94 Dominican R. ADOPEM 2007 66 286 430
95 Dominican R. Banco ADEMI 2007 47 598 2 579
96 Dominican R. Fund. S-M 2007 12 123 166
97 East Timor Moris Rasik 2007 10 189 220
98 Ecuador Banco Sol. 2007 136 782 1 638
99 Ecuador COAC JA 2007 25 491 2 893

100 Ecuador COAC KW 2007 5 692 793
101 Ecuador COAC L del V 2007 5 492 1 177
102 Ecuador COAC MR 2007 30 674 1 364
103 Ecuador COAC SA 2007 5 491 1 493
104 Ecuador COAC SJ 2007 6 357 2 501
105 Ecuador CODESAR. 2007 13 057 1 913
106 Ecuador COOPROG. 2007 16 881 3 461
107 Ecuador Credi Fe 2007 80 339 2 295
108 Ecuador D-miro 2007 23 364 598
109 Ecuador FED 2007 15 238 662
110 Ecuador FINCA-ECU 2007 58 584 469
111 Ecuador FODEMI 2007 13 969 429
112 Ecuador Fundacio´n E. 2007 20 674 436
113 Ecuador ProCredit-ECU 2007 49 864 3 760
114 Egypt ABA 2007 68 716 307
115 Egypt ABWA 2007 16 337 144
116 Egypt DBACD 2007 80 960 193
117 Egypt ESED 2007 93 871 195
118 Egypt FMF 2007 14 552 227
119 Egypt Lead Found. 2007 106 321 95
120 Egypt SBACD 2007 26 071 181
121 El Salvador ACCOVI 2007 8 890 4 341
122 El Salvador AMC de R.L. 2007 13 515 1 129
123 El Salvador Apoyo Integral 2007 32 779 1 302
124 El Salvador ASEI 2007 6 167 152
125 El Salvador ENLACE 2007 22 483 289
126 Ethiopia ACSI 2007 597 723 185
127 Ethiopia AVFS 2007 9 267 113
128 Ethiopia BG 2006 18 217 64
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129 Ethiopia DECSI 2007 423 830 280
130 Ethiopia Eshet 2007 27 742 136
131 Ethiopia Gasha 2007 13 034 119
132 Ethiopia Metemamen 2007 10 811 62
133 Ethiopia OMO 2007 156 975 130
134 Ethiopia PEACE 2007 19 471 179
135 Ethiopia SFPI 2007 25 294 120
136 Ethiopia Wasasa 2007 30 749 99
137 Ethiopia Wisdom 2007 44 940 118
138 Georgia Crystal 2007 6 365 738
139 Georgia JSC Bank C. 2007 14 653 1 797
140 Georgia CREDO 2007 12 177 1 151
141 Georgia FINCA-GEO 2007 20 866 431
142 Ghana APED 2007 15 569 125
143 Ghana SAT 2007 56 879 244
144 Guatemala Asociacio´n R. 2007 24 231 1 072
145 Guatemala AYNLA 2007 10 903 575
146 Guatemala CRYSOL 2007 13 128 429
147 Guatemala FAFIDESS 2007 12 701 544
148 Guatemala FINCA-GTM 2007 41 100 206
149 Guatemala FONDESOL 2007 11 495 305
150 Guatemala Friendship B. 2007 17 181 209
151 Guatemala FUNDEA 2007 13 750 878
152 Guatemala Genesis Emp. 2007 77 941 583
153 Guinea CRG 2007 78 326 102
154 Haiti ACME 2007 20 112 469
155 Haiti FINCA-HTI 2007 19 094 117
156 Haiti MCN 2007 12 045 999
157 Haiti SOGESOL 2007 11 946 1 129
158 Honduras BanCovelo 2007 23 844 2 155
159 Honduras FINCA-HND 2007 22 194 295
160 Honduras FINSOL 2007 24 942 1 175
161 Honduras FUNDAHMICRO 2007 11 849 455
162 Honduras FUNED 2007 15 786 400
163 Honduras ODEF Fin. 2007 22 401 984
164 Honduras World R. HND 2007 14 939 522
165 India AML 2007 565 806 148
166 India Bandhan 2007 896 714 92
167 India BASIX 2007 305 438 162
168 India BISWA 2007 246 430 119
169 India ESAF 2007 145 712 136
170 India GV 2005 73 368 78
171 India IASC 2006 14 813 292
172 India KBSLAB 2006 32 498 205
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173 India Kotalipara 2006 84 458 65
174 India Maha. SMILE 2007 192 738 128
175 India Sangham 2007 120 080 101
176 India Sarvodaya NF 2007 174 911 126
177 India SHARE 2007 989 641 153
178 India SKDRDP 2007 574 968 148
179 India SKS 2007 1 629 474 161
180 India SMS 2006 39 577 95
181 India Spandana 2007 1 188 861 153
182 India SWAWS 2006 81 818 107
183 India Ujjivan 2007 58 646 155
184 Indonesia Dian Man 2007 23 109 38
185 Indonesia DINARI 2007 9 267 64
186 Indonesia KOMIDA (Y.) 2007 6 442 61
187 Jordan DEF 2007 16 262 2 743
188 Jordan MEMCO 2007 5 261 2 076
189 Jordan MFW 2007 31 165 424
190 Kazakh Bereke 2007 5 142 703
191 Kenya BIMAS 2007 10 963 247
192 Kenya Equity Bank 2007 392 822 888
193 Kenya KADET 2007 19 421 318
194 Kenya K-Rep 2007 153 961 529
195 Kenya KWFT 2007 164 568 365
196 Kenya SMEP 2007 23 787 402
197 Kosovo FINCA-KOS 2007 11 123 1 147
198 Kosovo KEP 2007 12 817 3 137
199 Kosovo KRK Ltd 2007 5 423 2 207
200 Kyrgyzstan Aiyl Bank 2007 46 172 1 346
201 Kyrgyzstan Bai Tushum 2007 10 540 2 125
202 Kyrgyzstan FMCC 2007 63 996 527
203 Kyrgyzstan Kompanion 2007 40 326 527
204 Lebanon Al Majmoua 2007 9 069 858
205 Lebanon Ameen 2007 7 227 867
206 Macedonia Moznosti 2006 5 326 4 080
207 Madagascar TIAVO 2007 8 109 155
208 Malawi FINCA-MWI 2007 21 170 104
209 Malawi OIBM 2007 17 313 629
210 Malawi PRIDE-MWI 2006 7 802 161
211 Mali CVECA K/B 2007 6 466 173
212 Mali Kafo Jiginew 2007 74 955 385
213 Mali Kondo Jigima 2007 23 323 494
214 Mali Miselini 2007 24 583 165
215 Mali Nyesigiso 2007 13 801 1 167
216 Mali Soro Yiriwaso 2007 37 069 101
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217 Mexico ALSOL 2007 16 047 197
218 Mexico ASP Financiera 2007 8 996 1 339
219 Mexico Caja Libertad 2007 338 659 1 719
220 Mexico Caja P. Mex 2007 778 808 1 485
221 Mexico CompBanco 2007 838 754 450
222 Mexico FINCA-MEX 2007 87 428 253
223 Mexico FinComun 2007 44 272 976
224 Mexico Forjad de N. 2007 13 261 285
225 Mexico FRAC 2007 11 092 419
226 Mexico Opor MF 2007 8 448 210
227 Mexico SemiSol 2007 5 078 314
228 Mongolia Xac Bank 2007 59 793 1 425
229 Monteneg OBM 2007 42 288 3 476
230 Morocco Al Amana 2007 472 961 645
231 Morocco AMOS 2007 5 854 201
232 Morocco ARDI 2007 74 052 253
233 Morocco FBPMC 2007 176 738 760
234 Morocco FONDEP 2007 111 495 462
235 Morocco INMAA 2007 10 236 295
236 Morocco Zakoura 2007 443 016 448
237 Mozambique BOM 2007 7 297 270
238 Nepal CBB 2006 23 153 115
239 Nepal DD Bank 2007 17 540 186
240 Nepal GBNB 2007 54 279 207
241 Nepal MGBB 2007 42 856 126
242 Nepal Nirdhan 2007 58 354 162
243 Nepal PGBB 2007 34 952 196
244 Nepal SB Bank 2007 56 921 116
245 Nicaragua ACODEP 2007 70 933 484
246 Nicaragua CEPRODEL 2007 14 594 705
247 Nicaragua C. 20 de Abril 2007 7 462 1 457
248 Nicaragua Finan FAMA 2007 42 918 731
249 Nicaragua FDL 2007 71 992 740
250 Nicaragua FINCA-NIC 2007 26 994 188
251 Nicaragua BANEX 2007 39 329 3 189
252 Nicaragua FODEM 2007 8 498 632
253 Nicaragua FUDEMI 2007 5 899 395
254 Nicaragua FUNDENUSE 2007 15 757 714
255 Nicaragua Fund. L. 2000 2007 9 287 682
256 Nicaragua FUNDESER 2007 19 963 695
257 Nicaragua PRESTANIC 2007 12 921 1 255
258 Nicaragua PRODESA 2007 19 003 927
259 Nicaragua ProMujer-NIC 2007 23 614 167
260 Nigeria DEC 2006 21 168 71
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261 Nigeria LAPO 2007 129 269 127
262 Nigeria SEAP 2007 24 276 55
263 Pakistan DAMEN 2007 32 623 125
264 Pakistan FMFB-Pakistan 2007 101 394 196
265 Pakistan Khushhali Bank 2007 283 965 152
266 Pakistan POMFB 2007 14 397 105
267 Pakistan TMFB 2007 31 011 214
268 Palestine UNRWA 2007 12 666 835
269 Panama Microserfin 2007 6 541 889
270 Paraguay FIELCO 2007 46 297 775
271 Paraguay Fundacion P. 2007 24 896 377
272 Peru ADRA Pe 2007 12 771 238
273 Peru Asoc. A. 2007 12 726 305
274 Peru Caritas 2007 24 330 608
275 Peru CMAC Arequipa 2007 126 515 1 978
276 Peru CMAC Cusco 2007 44 055 2 555
277 Peru CMAC Del Santa 2007 25 841 1 673
278 Peru CMAC Huancayo 2007 66 113 1 659
279 Peru CMAC Ica 2007 42 468 1 609
280 Peru CMAC Maynas 2007 26 989 1 610
281 Peru CMAC Paita 2007 25 580 1 837
282 Peru CMAC Sullana 2007 70 457 1 942
283 Peru CMAC Tacna 2007 28 809 2 725
284 Peru CMAC Trujillo 2007 124 919 1 984
285 Peru COOPAC SC 2007 9 367 1 958
286 Peru COOP SMn 2007 10 334 1 678
287 Peru CRAC LA 2007 9 250 774
288 Peru EDAPROSPO 2007 5 669 236
289 Peru EDPYME Alt. 2007 17 290 611
290 Peru EDPYME CA 2007 36 022 1 290
291 Peru EDPYME Con. 2007 47 558 1 312
292 Peru Finan. Edy. 2007 137 018 933
293 Peru EDPYME NV 2007 9 776 1 125
294 Peru EDPYME P. 2007 30 360 972
295 Peru FINCA-PER 2007 10 988 187
296 Peru MiBanco 2007 286 246 1 749
297 Peru MIDE 2007 5 837 172
298 Peru PRISMA 2007 19 470 377
299 Peru ProMujer-PER 2007 39 728 214
300 Philippines ASHI 2007 13 438 225
301 Philippines ASKI 2007 50 737 124
302 Philippines BCB 2007 10 935 401
303 Philippines CARD Bank 2007 117 195 113
304 Philippines CARD NGO 2007 320 299 106
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305 Philippines CEVI 2007 18 661 91
306 Philippines CMEDFI 2007 6 931 154
307 Philippines KMBI 2007 117 721 77
308 Philippines Life Bank 2007 130 667 88
309 Philippines OMB 2007 15 566 126
310 Philippines PALFSI 2007 22 113 181
311 Philippines RB Talisayan 2007 15 029 262
312 Philippines Serviamus 2007 8 868 103
313 Philippines TSKI 2007 168 661 124
314 Philippines TSPI 2007 162 639 117
315 Philippines Valiant RB 2007 7 000 1 259
316 Poland Fundusz Mikro 2007 14 782 2 154
317 Romania CAPA 2007 7 292 4 825
318 Russia EKPA 2007 9 400 6 150
319 Russia FORUS 2007 13 887 4 695
320 Russia FINCA-Russia 2007 10 813 3 463
321 Russia KMB 2007 42 286 31 596
322 Samoa SPBD 2007 3 654 227
323 Senegal ACEP Senegal 2007 23 999 2 246
324 Senegal CMS 2007 58 599 1 881
325 Senegal PAMECA 2007 89 307 463
326 Senegal U-IMCEC 2007 20 572 318
327 Serbia AgroInvest 2007 33 194 2 257
328 South Africa SEF-ZAF 2007 50 319 177
329 Sri Lanka SDBL 2007 93 797 632
330 Sri Lanka SEEDS 2007 179 366 206
331 Swaziland FINCORP 2007 14 340 2 002
332 Syria FMFI-Syria 2007 14 054 820
333 Tajikistan Agroinvestbank 2007 17 849 6 579
334 Tajikistan Bank Eskhata 2007 5 174 4 423
335 Tajikistan FINCA-TJK 2007 11 056 427
336 Tajikistan IMON 2007 19 696 754
337 Tajikistan MLF MicroInv 2007 10 435 500
338 Tajikistan OXUS-TJK 2007 6 805 581
339 Tanzania Akiba 2007 19 603 1 104
340 Tanzania FINCA TZA 2007 36 550 135
341 Tanzania PRIDE-TZA 2007 82 596 307
342 Tanzania SEDA 2007 14 677 186
343 Togo WAGES 2007 12 170 892
344 Tunisia Enda 2007 63 794 350
345 Uganda Faulu-UGA 2007 16 885 327
346 Uganda FINCA-UGA 2007 45 313 219
347 Uganda Equity Uganda 2007 29 604 820
348 Uganda U-Trust 2006 15 629 496
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349 Venezuela BanGente 2007 34 526 1 932
350 Vietnam CEP 2007 74 360 175
351 Vietnam TYM 2007 25 482 171
352 Yemen NMF 2007 8 522 100
353 Zambia FINCA-ZMB 2007 11 942 156
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5 DOES CAPITAL AND FINANCING STRUCTURE HAVE ANY 
RELEVANCE TO THE PERFORMANCE OF MICROFINANCE 
INSTITUTIONS? 

Abstract 
 
This paper aims at exploring the impact of capital and financing structure on the 
performance of microfinance institutions (MFIs) from an agency theoretic standpoint. 
GMM and IV estimations with instruments have been performed using a panel dataset of 
782 MFIs in 92 countries for the period 2000-2007. Results confirm the agency theoretic 
claim that an increase in leverage raises profit-efficiency in MFIs. The study also finds that 
cost efficiency deteriorates with decreasing leverage. Likewise, the negative significant 
impact of leverage on depth of outreach can also be explained. However, capital structure 
does not have any noticeable impact on breadth of outreach. Also, the study finds a 
positive, but insignificant, association between capital structure and women’s 
participation as loan clients.

5.1. Introduction and issues 

What should be the optimal capital structure of a firm? Has the proportion of debt usage 

any relevance to the individual firm’s value? A debate has been ongoing centring on these 

capital- and financing-structure issues for decades among the commentators. The capital 

structure of a firm primarily concerns the mix of long-term debt and equity the firm uses 

in its operation. Financing structure, in contrast, is the way in which a firm’s assets—such 

as short-term borrowings, long-term debt and owner’s equity—are financed72. However, 

these issues in terms of specialized lending organisations like microfinance institutions 

(MFIs) have started attracting intense scholarly attention only in the recent past. More 

than ever, the banking crisis in 2008, recent global recession and its consequent recovery 

packages have increased special significance of this subject.  

 

Microfinance fights poverty effectively. It provides easy-to-get credit and financial services 

to the entrepreneurial poor and has expanded the frontiers of institutional finance to bring 

them, mostly women, into the formal financial system. Nowadays this growing industry, as 

Cull et al. (2009) note, reaches well over 100 million clients and is achieving impressive 

repayment rates on loans. Many other impressive figures are abundant in the literature 

that may supplement the accomplishments of microfinance. In addition, with the 2006 

                                                        
72 Microfinance institutions (MFIs) are specialised financial institutions with dual missions—social and 
financial. However, similar definitions of financing and capital structure should be used for them. 
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Nobel Peace Prize going to Professor Yunus and the Grameen Bank microfinance has 

gained a great deal of public recognition as a poverty-reduction tool. 

 

Nevertheless, despite the success of many MFIs and in the face of increasing 

commercialisation of this sector a large fraction of poor people in developing countries 

remains unreached (Christen et al., 2004). It proves that there is indeed a challenge to 

meet from the supply-side (Helms, 2006). High operating costs and capital constraints 

within the MFI industry, among others, are the main causes that have prevented MFIs 

from meeting microfinance’s enormous demand.  

 

Believers in the win-win proposition, i.e., the institutionists, promote competition and 

financial sustainability to be the ways of maximising the coverage or breadth of outreach 

(Armendaritz de Aghion and Morduch, 2005). Consequently, and seeing the great 

potential of microcredit as well, numerous traditional NGOs have transformed themselves 

into formalised banks and non-bank financial intermediaries with a diverse combination 

of products. During their development, link of such organisations with capital markets has 

expanded and mutual funds as part of the shareholder structure have been set up. Since 

the presence of debt exerts pressure on management to ensure efficiency and profitability, 

these developments have several implications for the capital structure, operations and 

performance of MFIs.  

  

In a standard principal-agent set-up, the agent (i.e., the manager) is working on behalf of 

the principal (i.e., the shareholders), who does not observe the actions of the agent. This 

ensuing information asymmetry causes the agency problems of moral hazard and adverse 

selection. Agency costs mainly arise due to divergence of control, separation of ownership 

and control and due to differences in managers’ objectives. Corporate governance theory 

predicts that leverage affects agency costs and thereby influences firm-performance. 

Under the agency costs hypothesis, high leverage or low equity-asset ratio reduces agency 

cost of outside equity and thus increases firm value by constraining, encouraging or 

compelling managers to act more in the interest of shareholders (Berger and Bonaccorsi di 

Patti, 2006). Therefore, theoretically capital structure has an impact on a firm’s 

performance against the position held by Modigliani and Miller (1958) in their capital 

structure irrelevance theory73.  

                                                        
73 Modigliani and Miller’s (1958) theory, more popularly known as the M-M theory, states that capital-
structure has no impact on firm performance. It is based on strict assumptions like existence of perfect capital 
market, homogeneous expectations, absence of taxes and zero transaction cost. This position is supported by 
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Thus, agency costs and the structure of capital flows to firms raise particularly important 

research questions. However, empirical evidence on this issue is mixed as a whole in the 

existing literature, where only banks, SMEs or large and listed corporate firms in the 

developed economies are sampled74. In microfinance literature this type of research is 

particularly scanty indeed. To the best of our information, no study so far has addressed 

this issue using panel data on a comprehensive scale. Therefore, it would be highly 

significant and motivating to examine how the capital and financing structure of 

microfinance institutions influence their performance.   

 

Unlike definitions given in corporate finance, performance of MFIs bears a slightly 

different connotation due to their double bottom-line. Here performance frequently 

encompasses two broad aspects—sustainability and outreach. Again, both outreach and 

sustainability have further extended dimensions. For instance, outreach can be measured 

through breadth and depth; while, financial sustainability includes financial and 

operational self-sufficiency ratios as well as returns on assets or equity (Hartarska, 2005). 

Besides, performance is also measured through exploring profit-efficiency, cost-efficiency 

and among others, by assessing personnel productivity of an MFI.  

 

Focused mainly on agency theoretic views, this paper tests several hypotheses to assess the 

impacts of capital and financing structure on these performance indicators. Concerning 

sustainability, the most important of these is to check, for instance, how far the prediction 

of agency costs hypothesis of an inverse relationship between capital-assets ratio (i.e., 

inverse of leverage) and profit-efficiency is true.  Regarding outreach, again, we opted for 

checking whether leverage is related positively with breadth of outreach and negatively 

with depth of outreach as hypothesized and discussed in section 5.3.3. The paper performs 

GMM, instrumental variables and limited information maximum likelihood (LIML) 

estimations for panel data and uses several panel data methods including fixed effects, 

random effects and first difference75. Endogeneity bias of profit efficiency and capital 

structure, for example, has been removed through 2SLS instrumental variable regressions 

using respective lagged explanatory variables as the instruments.  

                                                                                                                                                                        
Hamada (1969) and Stiglitz (1974). The position, however, is challenged by Jensen and Meckling (1976), 
Myers (1977), Williams (1987), Harris and Raviv (1990) Grossman and Hart (1982) and Jensen (1986). 
74 For brevity’s sake, basically, we skipped detailed discussions on relevant literature. Among others, for 
example, Berger and Bonaccorsi di Patti (2006), Kyereboah-Coleman (2007) and Cassar and Homes (2003) 
provide elaborate details on previous works. 
75 All results are not reported here. 
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The paper proceeds as follows. Section 5.2 provides a brief review of relevant literature. 

Section 5.3 describes the data and justifies selection of explanatory and outcome variables, 

empirical set-up and regression approach. Then the model used in this paper is estimated 

and the results are discussed in detail in Section 5.4. Finally, Section 5.5 offers some 

concluding remarks.   

5.2. Relevant literature  

5.2.1. Theoretical literature 

The capital structure of a firm primarily concerns the mix of debt and equity a firm uses in 

its operation. In contrast, financing structure, as the name suggests, is about the structure 

of finance of an institution. Financing structure is the way in which a company’s assets are 

financed, such as short-term borrowings, long-term debt and owner’s equity. Financial-

structure differs from capital structure in that capital structure accounts for long-term 

debt and equity only.  

 

Although there exists a considerable amount of literature regarding the optimal capital 

structure of corporate firms, banks, SMEs etc., research investigations concentrating on 

financing and capital structure of microfinance institutions (MFIs) and their plausible 

links with performance indicators are scanty. This aspect of microfinance research is 

rather unexplored. The existing literature is mainly centered on a debate on whether there 

is an optimal capital structure for an individual firm or whether the proportion of debt 

usage is irrelevant to the individual firm’s value.  

 

The seminal paper by Modigliani and Miller (1958), which came up with what is later 

known as the Modigliani-Miller (or M-M) theorem, forms the basis for modern thoughts 

on capital structure literature.  It set several propositions to develop, and accordingly 

boosted theoretical foundations of the crucial “capital structure irrelevance” theory. The 

basics of this theorem states that in a world without taxes, transaction costs, bankruptcy 

costs, or other forms of market imperfections including asymmetric information, and in 

an efficient market, the value of a firm is unaffected by how that firm is financed. It does 

not matter whether the firm’s capital is raised by issuing stock or selling debt. It does not 

matter either what the firm’s dividend policy is. Consequently, the Modigliani-Miller 

theorem is also often called the capital structure irrelevance principle. However, 
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Modigliani and Miller (1963) later revised their position by incorporating tax benefits as 

determinants of capital structure.  

 

The use of debt in capital structure of the firm also leads to agency costs. Agency costs 

arise owing to the relationships between shareholders and managers and the likewise link 

between debt-holders and shareholders. Jensen and Meckling (1976) and Williams (1987) 

mentioned that higher leverage may reduce conflicts—regarding the amount of risk to 

undertake—between them. Harris and Raviv (1990) put emphasis on the effectiveness of 

higher leverage to ease such disagreement between the shareholders and managers on the 

conditions under which the firm is liquidated. Stulz (1990) highlighted such conflicts in 

relation to even decisions regarding dividend policy and suggested that higher leverage is 

effective. Following the above two seminal works by Modigliani and Miller, and especially 

after the paper by Jensen and Meckling (1976), several other studies have looked at the 

linkage between capital structure and firm value. 

 

Numerous studies have concluded that there is an inverse relationship between leverage 

and firm’s performance. Based on the agency theoretic arguments basically, Grossman 

and Hart (1982) and Williams (1987), among others, argued that greater financial leverage 

has the possibility of affecting managers and reducing agency cost through the threat of 

bankruptcy which causes personal losses to managers’ salaries, reputation, perquisites and 

the like. Again, Jensen (1986) argued that greater financial leverage may reduce agency 

cost also through pressure to generate cash flows to pay interest expenses. Others viewed 

the above phenomenon from a slightly different viewpoint. According to Myers (1977), to 

ease conflicts between shareholders and managers concerning the type of investment to 

undertake higher leverage is considered an appropriate method to employ.  

 

In contrast to this, however, there may be positive links between leverage and agency costs 

in certain instances.  Berger and Bonaccorsi di Patti (2006) state that increased leverage 

may increase the agency costs of outside equity once agency costs of outside debt arise 

from conflict between debt holders and shareholders. In the event where leverage is 

already relatively high, its further increase may generate noteworthy agency costs of 

outside debt from risk shifting or reduced effort to control risk that results in higher 

expected costs of financial distress, bankruptcy, or liquidation. Such agency costs leads to 

higher interest expenses for firms to be able to compensate debt holders for their expected 

losses. Thus, capital structure which is defined as the ratio of total debt to total assets at 

book value, impacts on both the profitability and riskiness of a firm (Bos and Fetherston, 
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1993), and when a firm exhibits greater gearing or leverage, it has a higher possibility for 

failure in the event that cash flows fall short of the required volume to honour debt 

obligations. Jensen and Meckling (1976) note that the influence of leverage on total agency 

cost is expected to be non-monotonic. Therefore, at low levels of leverage, increases will 

produce positive incentives for managers and reduce total agency costs by reducing agency 

costs of outside equity. Berger and Bonaccorsi di Patti (2006) show that at some point 

where bankruptcy and distress become more likely, the agency costs of outside debt 

overpower the agency cost of outside equity, and therefore further increases in leverage 

lead to higher total agency cost. In all this debate, one important conclusion that has 

emerged is the fact that the structure of a firm’s capital has implications for its operations 

and capital structure does impact on a firm’s performance.

5.2.2. Empirical literature 

In the corporate finance literature, a number of studies investigated into the determinants 

of capital structure of firms engaged in different businesses such as, international joint 

ventures (Boateng, 2004), manufacturing sector (Long and Malitz, 1985; Titman and 

Wessels, 1988), electricity and utility companies (Miller and Modigliani, 1966), the non-

profit hospitals, (Wedig et al., 1988) and agricultural firms (Jensen and Langemeier, 

1996). In these studies, one of the main findings is that industrial classification is an 

important determinant of capital structure. Thus, firms in different sectors employ 

different mixes of debt and equity for their operations.  

 

However, studies giving emphasis on the relationship between capital structure and 

performance are not abundant. Berger and Bonaccorsi di Patti (2006) explored the 

relationship of capital structure with US commercial banks’ performance and concluded 

that higher leverage or lower equity capital ratio is related to higher profit efficiency. The 

study of Abor (2005) concentrates on the effect of capital structure on profitability of 

SMEs in Ghana and shows that short-term debt ratio is positively correlated with return 

on equity. In a similar study on capital structure and profitability of the property and 

construction sectors in Hong Kong, Chiang Yat Hung et al. (2002) conclude that while 

high gearing is positively related to asset, it is negatively related to profit margins. The 

separation of ownership and management of any corporate entity leading usually to 

divergent objectives raises questions on how much debt and equity should be employed. 

There is a clear case of agency costs which could be viewed from different perspectives by 

management and owners.  
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Thus it is evident from the foregoing analysis that agency costs and capital structure issues 

raise an important research agenda. This issue is of pertinent importance for the banking 

industry (Berger and Bonaccorsi di Patti, 2006). Microfinance institutions are a unique 

type of lending institution with risk and return characteristics different from standard 

lending operations and these special characteristics of MFIs have made them different 

from other corporate firms, their management, capital structure and performance and the 

like. Besides, to add more complexity, MFIs have a social mission of reducing poverty, not 

just maximising firm value as it has been the case for corporate firms. Besides, many MFIs 

have the legal status of NGOs that are very similar to non-profit organisations, whereas 

other MFIs are just like banks and constrained by strict regulatory bindings. Therefore, 

when issues like agency costs in micro-banks or in MFI-like lending institutions are raised 

concerns as discussed in this article are found to be much more valid. Further, as 

information asymmetry is rampant in the microfinance sector, the problem is 

compounded.  

 

Since in this study MFI performance is estimated from both outreach and sustainability 

viewpoints, the challenges mentioned above have been met to a large extent. Therefore, an 

investigation into the linkage between capital structure and performance of MFIs 

measured by both outreach and sustainability is appropriate in order to aid effective policy 

formulation. This was the basic motivation for the fourth essay in this study. Apart from 

that another main motivation for this exercise is the shift of most MFIs from typical 

dependence on donor funds to accessing competitive capital markets. Hence, this is a new 

study contributing to the ongoing debate on the role of capital structure on microfinance 

institutions’ performance.

5.3. Data and empirical approach 

5.3.1. Data  

The study utilises a comprehensive panel dataset on 782 MFIs in 92 countries for 8 

years—from 2000 through 2007. MFIs from all six developing regions in the world have 

been sampled in the database76. Each MFI has data for a minimum of 4 years to a 

                                                        
76 The developing regions, according to the World Bank classification, are: East Asia and the Pacific (EAP), 
Eastern Europe and Central Asia (EECA), Latin America and the Caribbean (LAC), Middle East and North 
Africa (MENA), South Asia (SA) and Sub-Saharan Africa (SSA). 
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maximum of 8 years—anytime between 2000 through 2007—with most of the MFIs 

having data for 8 years. Hence, the data are unbalanced.  

 

The MFI data are collected from individual MFI profiles as reported to the Microfinance 

Information Exchange (or the MIX), a not-for-profit private organisation that aims to 

promote exchange of information in the microfinance industry77. So far, this is the most 

detailed publicly available data on financial, portfolio and outreach performance of 

microfinance institutions. During the time of data collection in July 2009, it had listed the 

profiles of more than 1300 MFIs from over 112 countries. However, not all of them were 

found suitable as they did not meet the requirements of this study. The selection criteria 

required all MFIs to have at least a level-3 diamond disclosure rating on the MIX 

Market78. Additionally, following Cassar and Holmes (2003), all MFIs with over 100 per 

cent leverage were eliminated in order to avoid problems associated with negative values 

and negative-equity firms, which may appear as a consequence of using book values rather 

than market values. Again, firms without all available data were excluded79. Finally a 

sample of 782 MFIs in 92 countries was available for analysis once the selection criteria 

were employed. All types of MFIs—non-profit NGOs, non-bank financial institutions, 

banks, co-operatives/credit unions and others—at various stages of their life cycle with 

diversified loan methodologies are in the database. Details on the sampled MFIs whose 

data have been utilized in this exercise are given in Table 39 in the appendix.

5.3.2. Measures of MFI performance: The outcome variables 

Especially in the banking and finance literature, diversified measures of firm performance 

have been used to test the predictions of different agency cost hypotheses. These 

measures include (a) financial ratios (b) stock market return and their volatility and (c) 

Tobin’s q that mixes market values with accounting values (Berger and Bonaccorsi di Patti, 

2006).  

 

                                                        
77 The available MFI profiles and data are available in the public domain: www.mixmarket.org.  
78 The Mix Market classifies MFIs in accordance with the level of information disclosure (within 1-5) provided. 
The higher the level provided the better the quality of data. 
79 In our sample several observations have been excluded because of their negative or zero values. MFIs with 
negative debt-equity ratios were also eliminated to avoid bad leverage. Some of the variables including DER, 
ROE and PAR30, for example, have been transformed through adding or multiplying a positive constant to 
every MFI’s observation so that the natural log is taken on a positive number. Natural logarithms have been 
taken so that normally distributed residuals are obtained and that the t-tests are valid. 
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However, performance of an MFI is usually measured by two accounting-based 

indicators—sustainability and outreach to the poor. Assessed mainly in terms of 

profitability, an MFI’s sustainability is measured by financial self-sufficiency (FSS), 

operational self-sufficiency (OSS), return on assets (ROA) and return on equity (ROE). 

Both FSS and OSS basically measure how well the MFI can cover its costs through 

financial and operating revenues. ROA measures how well the MFI uses its total assets to 

generate returns. By the same token, ROE measures the quantity of returns coming 

through using an MFI’s equity capital. All of these can be used as proxies for profit-

efficiency. Cost efficiency, however, can be measured by using the operating expenses per 

dollar lent (OELP) as a proxy. This is defined as the ratio of operating cost over gross loan 

portfolio. Since loans are small and there may be other fixed costs per borrower, it is 

important to differentiate this cost from operating cost per borrower (CPB) as described 

in Table 1. Outreach to the poor, in turn, is measured in two further extended 

dimensions—breadth and depth (Navajas et al., 2000; Schreiner, 2002; Hartarska, 2005). 

Breadth of outreach means the size of clientele base, that is, the number of clients to 

whom microfinance services are provided and normally expressed in terms of (natural) 

logarithm of active borrowers. A higher breadth indicates a better coverage or outreach to 

the poor. Depth of outreach means the quality of outreach to the poor and is generally 

measured by three variables—average loan amount, average loan amount adjusted by GDP 

or GNI per capita and percent of female loan clients.   

 

This study employs ROE as a proxy for overall-financial-sustainability or the profit 

performance of MFIs and OELP to measure the cost-efficiency. Three outreach variables 

have been used as the study’s dependent variables in order to assess the social 

performance of MFIs. Out of them two relate to the depth of outreach (average loan 

balance per borrower adjusted by GNI per capita (LBBGNI) and percent of women 

borrowers) and one relates to the breadth of outreach (number of credit clients).

5.3.3. The explanatory variables 

Leverage 

Leverage, also known as financial leverage ratio or gearing ratio, is a measure of a firm's 

power or mechanism that demonstrates its capacity for debt repayment. Being the ratio of 

total debt to total assets of the MFI, leverage indicates proportion of a firm's total capital 

contributed by trade creditors and lenders. The capital-assets ratio (CAR), i.e., the ratio of 
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equity capital to gross total assets, is used as a standard inverse measure of leverage, 

especially in banking research because regulatory attentions are paid to capital-assets 

ratios (Berger and Bonaccorsi di Patti, 2006). Regarding financial performance, the 

agency costs hypothesis states that increasing leverage or decreasing capital-assets ratio 

(CAR) is associated with a reduction in the agency costs of outside equity and an 

improvement in firm performance. Concerning outreach, leverage is hypothesised to be 

positively related with breadth of outreach (number of active borrowers) and negatively 

with depth of outreach (average loan adjusted by GNI per capita). When depth of outreach 

is measured by the share of female clients, however, the hypothesis remains uncertain. It 

can be both positive and negative.   

 

Debt to equity ratio (DER) indicates the extent to which the business relies on debt 

financing. This ratio is a standard measure for the long-term health of an organisation. A 

high financial leverage or DER indicates possible difficulty in paying interest and principal 

while obtaining more funding. An unlevered firm can be seen as an all-equity firm, 

whereas a levered firm is made up of ownership equity and debt. A firm's debt to equity 

ratio is therefore an indication of its leverage. This debt to equity ratio's influence on the 

value of a firm is described in the Modigliani-Miller theorem. Debt to equity ratio has also 

been employed in this study and the hypothesised relationship of DER with MFIs’ profit-

efficiency and outreach are similar to as they are for CAR. 

 

Financing structure  

Debt, the financing structure variable, in this paper has been defined as the ratio of 

borrowings to total assets. This consists of all borrowing and the hypothesised relationship 

between profit-performance and debt are similar to that of profit-performance and CAR.   

 

Focus on lending 

Unlike commercial banks, an MFI also has some social responsibilities other than making 

profits. So, for MFIs the ratio of gross loan portfolio to total assets (Loans) is an 

indication of their focus on lending as otherwise these funds could have been utilized for 

some other income generating purposes including new constructions, for instance. For 

MFIs, this ratio is more than just a measure of risk exposure. In order to control for MFIs’ 

focus on social mission this variable is included in our models. However, the hypothesised 

relationship between outreach and loans are uncertain. 
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Risk  

We also control for MFIs’ overall risk. We hypothesise that profit-efficient micro-banks 

should be good at risk management. Alternatively, MFIs that are poor at operations might 

also be poor at risk management. This yields a negative relationship between profit 

efficiency and risk. In this study we have defined risk mainly in three ways. First, risk is 

defined as the deviation from mean profitability, where mean profitability is the mean 

return on assets. Second, we used the Z-risk measure (Hannan and Hanweck, 1988; 

Berger et al., 2008) given by (ROAi + Ei /Ai)/σROAi, where subscript i denotes MFI number, 

ROA is the return on assets, σROAi is its standard deviation, E is equity and A is the MFI’s 

total assets. The lower is Z the higher is its probability of default. Third, we also utilised 

the standard portfolio-at-risk past 30 days (PAR30) as another measure for risk of an 

MFI. PAR30 captures the accounting convention that loans exceeding 30 days overdue 

pose an unacceptably high risk of non-repayment. Z-risk and PAR30 are hypothesised to 

be inversely associated with profit-efficiency or firm performance in general. However, in 

terms of outreach measures the risk hypothesis is generally uncertain—it can be both 

positive and negative. 

 

Cost per borrower (CPB) 

Cost per borrower is basically an efficiency indicator which is defined as the ratio of 

adjusted operating expenses to adjusted average number of active borrowers. CPB is 

hypothesised to be inversely associated with the financial self-sufficiency measures. 

However, it is positively related with depth of outreach and negatively linked with breadth 

of outreach hypothetically. 

 

Operating expenses ratio (OER) 

This is an indicator used for measuring the expenditure performance of an MFI. Operating 

expense ratio is the ratio of adjusted operating expense to adjusted average total assets. 

However, in terms of both financial sustainability and outreach measures the OER 

hypothesis is generally uncertain—it can be both positive and negative. 

 

Size 

To control for the effects of differences in technology, investment opportunities and 

diversification and differences associated with MFIs’ varying scales of operation we 

include size—defined as the natural logarithm of total assets—as one of the main 

explanatory variables in all regressions. Size hypothesis is indecisive too—it can be 
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positively as well as negatively related with MFI-performance as measured by outreach 

and sustainability.  

 

Age 

Age of the microfinance institution is an accepted instrument to assess its performance 

and in numerous studies this variable has been used. Like the size variable, it also captures 

the scaling-up effect of an organisation and it can be both positively as well as negatively 

related with sustainability. However, it is hypothesised to be negatively associated with the 

depth of outreach measures, but positively with the breadth dimension.   

Table 32 Definitions of independent variables and their hypothesised sign  

Variable   Explanation   Hypothesis 

     FP            Outreach 

Capital-Assets-Ratio (CAR)  Adjusted total equity/Adjusted total assets P/N P/N 
Debt-Equity-Ratio (DER) Adjusted total liabilities/Adj. total equity P/N  P/N 
Loans  Gross loan portfolio/Adj. total assets P/N P/N 
Debt  Borrowings/Adjusted total asset  P/N P/N 
Risk  Deviations from mean profitability (ROA) N P/N 
Z-Risk*  (ROAi + Ei/Ai)/σROAi    N P/N 
PAR30  Portfolios overdue past 30 days +   

Renegotiated portfolio/Adjusted  
Gross Loan Portfolio  N P/N 

Cost per borrower (CPB) Adj. op. expense /Adj. av. no. of borrowers N P 
Operating exp. ratio (OER) Adj. op. expense/Adj. average total assets P/N P/N 
Size  Natural log of total assets  P/N P/N 
MFI-age  Years of experience as an MFI  P/N P/N 
Regulated  A dummy with 1 if the MFI is regulated P/N P 
E. Asia & the Pacific (EAP) A dummy with 1 if the MFI is in EAP region  
E. Europe & C. Asia (EECA)  A dummy with 1 if the MFI is in EECA region 
M. East & N. Africa (MENA)  A dummy with 1 if the MFI is in MENA region 
L. Am. & Caribbean (LAC)  A dummy with 1 if the MFI is in LAC region 
South Asia (SA)  A dummy with 1 if the MFI is in SA region 
Sub-Saharan Africa (SSA) A dummy with 1 if the MFI is in SSA region 

Note: Column 3 and Column 4 above concerns to the hypothesized relationship of respective explanatory 
variables with the outcome variables—financial performance (FP) and outreach. ‘P’ stands for a hypothesised 
‘positive’ link and ‘N’ stands for a hypothesized ‘negative’ relationship between them. ‘P/N’ means that the 
hypothesized association is uncertain and can be both positive and negative.  
*Subscript ‘i' denotes MFI number, ROA is the return on assets, σROAi is its standard deviation, E is equity 
and A is the MFI’s total assets (Hannan and Hanweck 1988).
 
 
In addition, we also utilised the dummy variable regulated basically to capture the 

differences in the regulatory environment. As regulatory regime may not change overnight 

it is assumed to be constant over the entire period (2000-2007), resulting in a time-

invariant dummy variable. Regulatory regime is also hypothesised to be positively related 

with outreach performance and both positively and negatively associated with financial 

performance variables. Five regional dummy variables have been included—EAP, EECA, 
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MENA, SA and SSA—to control for regional differences in MFI-performance and 

operation, if any. LAC region is used as the control category80. Explanatory variables along 

with their hypothesised signs are described in Table 32. 

5.3.4. Reverse causality: Firm performance to capital structure 

As described before agency costs hypothesis states that capital structure affects firm 

performance. Conversely, literature also suggests that firm performance and capital 

structure can be jointly determined by some unobserved variable, so we need to break this 

simultaneity. The possible reverse causation from performance to capital structure may 

produce biased coefficients in OLS and other estimations of performance on capital 

structure. There are several reasons why firm performance may affect equilibrium capital 

structure, especially when some of the Modigliani-Miller market perfection assumptions 

are violated. Two hypotheses explain why differences in firm performance, particularly in 

specialised banking operations including microfinance, may move the optimal equity-

capital-ratio marginally up or down. These hypotheses are efficiency-risk hypothesis and 

franchise-value hypothesis. Berger and Bonaccorsi di Patti (2006) provide a detailed 

agency theoretic analysis of this reverse causation.  

5.3.5. The empirical model 

The regression equation in implicit form is: 

 

PERFit = f (LEVit, Zit) + uit,         i = 1,..............., N; t = 1, .................,T. (5.1) 

 

Subscript i stands for individual MFIs and t denotes time, respectively the cross-section 

and time-series dimensions of a variable. PERF is a vector of performance indicators for 

MFI i in time t and LEV is a vector of measurements for leverage ratios. The use of LEV 

in this form, as an inverse measure of leverage, is standard in banking research in part 

because of the regulatory attention paid to capital ratios. Since MFIs are considered quasi-

banks we made use of this specific relationship. The vector Zit (=Z1it + Z2i) contains other 

characteristics that are likely to influence their respective outcome variables. Z1it include 

measures of time-varying characteristics, for instance, risk, MFI size, MFI age etc.; 

whereas, Z2i include the time-invariant variables like the regulatory environment and 

                                                        
80 Result of these time-constant dummies could not be reported since we have finally chosen the FE models. 
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regional variations. Finally, uit is the mean-zero idiosyncratic disturbance term that varies 

over both time and individual. In addition, the estimation model includes an individual or 

cross-section level (fixed effects) error term independent of time. This time-invariant, 

error term contains unobserved effects, such as the MFIs’ distinctive way of performing 

actions. In other words, this means the unobserved heterogeneity of an individual MFI. 

 

The agency costs hypothesis predicts that an increase in leverage—i.e., a reduction in the 

ratio of (equity) capital to total assets—raises efficiency. So, δPERF/δLEV < 0 as higher 

capital-assets ratios or lower leverage reduce pressure on managers to maximise value, 

aggravating agency problems between these parties and owners and reducing profit-

efficiency. However, as discussed above, when leverage becomes sufficiently great or the 

capital-assets ratio becomes sufficiently small, the sign of the relationship may switch, as 

the agency costs of outside debt overwhelm the reduction in agency costs of outside equity, 

so further increases in leverage result in higher total agency costs.

5.3.6. Regression approach 

The model empirically tested for each of the dependent variables yit is as follows: 

  

yit = Xit´β + (α + ui) + εit    (5.2) 

 

Here, α is the mean of unobserved heterogeneity, ui is heterogeneity specific to MFI i, εit 

is the remaining firm-year heterogeneity, yit is the outcome variable, and Xit´ and β are 

the matrix of explanatory variables and the vector of coefficients respectively. 

  

At the very outset checking whether panel data estimation is truly required is of utmost 

importance. Otherwise, it may be the case that variations for each MFI are so small that 

pooled OLS regressions would be enough. However, to apply OLS properly the errors have 

to be independent and homoskedastic and these conditions are so rare that it is often 

unrealistic to expect that OLS will suffice for the panel data models (Davidson and 

MacKinnon, 1993). On the basis of F-values, poolability tests confirm whether pooled 

estimation would have been inconsistent and inefficient and whether we require better 

panel data estimation techniques. A joint F-test (Baltagi, 2008) reveals that both 

individual and time effects are statistically significant at 1% level in our panel data, thus 

rejecting the homogeneity assumption across MFIs and time. The test indicates that a 
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pooled OLS regression is inappropriate, and that we should use either one-way or two-way 

error-component panel data estimation methods (Wooldridge, 2002). 

 

As discussed above, a difficulty in estimating the above model is that profit-efficiency and 

financial leverage ratio are simultaneously determined and the relationship suffers from 

an endogeneity bias. Thus, estimations are plagued with inconsistency and inefficiency. In 

an econometric sense this endogeneity bias can be overcome if we can find a set of 

relevant instruments that are independent of the error term. In order to identify the 

coefficients βj, we need at least as many instruments (L) as regressors (K). Deaton (1995) 

suggests constructing instruments among the lagged explanatory variables and in that 

sense, compared with the simple cross-sectional analysis, finding instruments in 

longitudinal data is easier. Literature suggests that this makes sense because the 

independent variables are all simultaneous, and therefore, the lagged variables are not 

related to dependent variables. However, the lagged variables should be related to the 

explanatory variable. Since we have a case where L (the number of instruments) > K (the 

number of regressors), we have a set of over-identifying restrictions. The instruments’ 

independence of the error term is then tested with Hansen’s (1982) J-test which is 

distributed as χ2 with (L – K) degrees of freedom. A high value of χ2 (and very low p-value) 

indicates that some of the instruments are still correlated with the error term, and 

therefore, the endogeneity problem persists. 

 

A number of other problems may also plague panel data models. Outliers can bias 

regression slopes, particularly if they have bad leverage. These outliers can be down-

weighted with the use of M-estimators in the model. Two k-class estimators—limited 

information maximum likelihood (LIML) and instrumental variables (IV)—perform well 

in the presence of weak instruments (Hahn et al., 2004). Again, for unbalanced panels 

Baltagi (2008) suggests that the computationally demanding maximum likelihood 

estimators should be used and compared with other ANOVA models that are 

computationally simple. Our data are unbalanced and the potential problems of outliers 

and weak instruments cannot be ruled out completely; so, justifiably we used the k-class 

(for instance, LIML and IV) estimators in our case.  

 

Besides, as heteroskedasticity is almost an omnipresent problem in any applied work and 

is very important particularly for panel data as it may arise from group-wise differences, 

we took measures so that the estimations are not biased and inefficient in the presence of 

heteroskedasticity. Sometimes autocorrelation inheres within the panels from one time 
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period to another. One and two step generalised methods of moments (GMM) estimators 

for panel data analysis are usually robust to deviations of the underlying data generation 

process to violations of homoskedasticity and normality, insofar as they are asymptotically 

normal. So, we perform the two-step GMM estimations with heteroskedasticity- and 

autocorrelation-consistent (HAC) standard errors. In large N and small T panels, the 

GMM estimator allows for arbitrary heteroskedasticity and serial dependence using the 

optimal weighting matrix (Wooldridge, 2002, pp. 193–194). This condition is met in our 

case, since we have N = 782 (number of MFIs) and T = 8 (years, maximum). 

 

We employ several panel data methods, fixed effects, random effects, fixed effects 2SLS 

(FE2SLS), error components 2SLS (EC2SLS of Baltagi, 1981), maximum likelihood 

estimations (M-estimator), limited information maximum likelihood (LIML) and first 

difference. In fixed-effects estimations, individual MFI averages are subtracted from the 

annual observations and regressions on these transformed variables are performed. Thus 

we get rid of individual MFI heterogeneities as fixed effects are assumed constant 

throughout the observation period. Unlike fixed-effects models, unobserved heterogeneity 

is assumed as a part of the error term in random-effects estimations. Random effects 

models give better P-values as they are more efficient estimators, so one should always run 

random effects if it is statistically justifiable to do so. The LIML is another way of 

estimating the parameters of a single structural equation in a simultaneous equations 

model where the estimator can be derived analytically involving the solution to an 

eigenvalue problem. The likelihood is based on normality for the reduced form errors with 

covariance matrix, although consistency and asymptotic normality of the estimator do not 

rely on this assumption.  

 

The generally accepted way of choosing between fixed and random effects is running a 

Hausman test that tests the null hypothesis that the coefficients estimated by the efficient 

random effects estimator are the same as the ones estimated by the consistent fixed effects 

estimator basically through testing whether the unique errors (ui) are correlated with the 

regressors. If they are then it is safe to use random effects. If one gets a significant p-value, 

however, one should use the fixed effects. Breusch-Pagan Lagrange-multiplier tests can 

also be employed to check for random effects. As the tests were significant we emphasised 

using the FE estimates. However, the FE estimator is inconsistent when the explanatory 

variables encounter the problem of possible endogeneity. To deal with this problem, we 

run the error components 2SLS (EC2SLS) estimator which is a matrix weighted average of 

between effects 2SLS and fixed effects 2SLS (FE2SLS). Following Baltagi (2006), 
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Hausman tests based on the difference between FE2SLS and EC2SLS were applied and 

significant χ2 values were obtained. This rejects the null hypothesis that EC2SLS yields a 

consistent estimator and consequently, we choose to stick on and report the FE estimates 

only. Thus, the FE estimates are presented basically in three flavours—FE2SLS, GMM 

fixed effects and LIML fixed effects. As significant and similarly-signed regression 

coefficients enhance the credibility of the results when the above panel estimation models 

are applied in concert, we reported all of them.
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Table 33 Descriptive statistics 

Variable  N Mean Std. Dev. Min Max 

Dependent variables 

Outreach indicators 

No. of active borrowers 3375 60484.18 361622.2 16 6707000 
Average loan (GNI-adj.) 3374 0.917 2.977 0.01 94.71 
Female borrowers 3032 0.652 0.270 0 1 

Performance indicators 

Return on assets (ROA) 3375 0.023 0.084 -0.5 0.44 
Return on equity (ROE) 3375 0.075 1.335 -44.11 34.23 
Op. exp. per $ lent (OELP) 3375 0.262 0.212 0 2.33 

Explanatory variables 

Capital-assets ratio (CAR) 3375 0.375 0.274 0 1 
Debt-equity ratio (DER) 3373 6.836 27.434 0 647.29 
Loans-assets ratio (Loans)  3375 0.745 0.168 0.029 1.280 
Debt  2000 0.357 0.269 0 1.00 
Risk  3375 -0.012 0.084 -0.429 0.511 
Z-risk  3297 16.764 18.820 -3.123 198.431 
PAR30  3116 0.058 0.087 0 1.05 
Cost per borrower (CPB)  3335 169.729 373.578 0 9084 
Op. expense ratio 3375 0.180 0.126 0 1.04 
Total assets  3375 2.74e+07 9.63e+07 21831 2.25e+09 
Size  3375 15.410 1.801 9.991 21.535 
MFI age  3297 11.527 8.404 0 57 
Regulated  3324 0.586 0.493 0 1 
EAP  3375 0.118 0.323 0 1 
EECA  3375 0.203 0.402 0 1 
LAC  3375 0.267 0.442 0 1 
MENA  3375 0.057 0.232 0 1 
SA  3375 0.151 0.358 0 1 
SSA  3375 0.203 0.402 0 1 

Note: Observations with negative ROE and Z-risk scores were removed from the exercise so that the natural 
log is taken of a positive number.

5.4. Econometric evidence 

5.4.1. Descriptive facts 

Table 33 presents the descriptive statistics regarding both outcome variables and the 

explanatory variables. Mean values of many of the variables can be interpreted as the 

percentage of firms in the category. Most of the MFIs around the globe are moderately 

leveraged as shown by the mean of 0.38 of capital-assets ratio (CAR). The standard 

deviations alongside the minimum and maximum values of the major explanatory 

variables other than the regulated dummy and the regional dummies indicate that the 

microfinance industry is indeed highly disproportionately distributed. Again, the size 

variable shows that nearly 15% of all MFI assets are fixed in nature. Therefore, the 
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majority of the MFIs own sizable amounts of current as well as intangible assets of other 

types.  

 
 

The mean values of only 0.023 and 0.075 for return on assets and return on equity 

respectively point to the inadequate financial performance of the sampled MFIs globally. 

Again, the standard deviation score of 1.34 and the spread of minimum and maximum 

values of ROE spanning from -44.11 to 34.23 suggest that only a very few MFIs, and not 

the majority, are performing well. Therefore, arguably MFI-performance is rather widely 

dispersed and the overall mean performance has been driven only by a handful of well-

performing MFIs. Similar explanations also apply for ROA. Relevant authorities regulate 

59% of microfinance institutions. With clearly dissimilar sizes, most of the sampled MFIs 

are matured since their average age of operation is about 11.5 years.  

 

Other performance variables such as outreach (both breadth and depth), risk and default 

rates are relatively encouraging suggesting that the institutions under survey are evenly 

matched. In particular, the average default rate in terms of portfolios-at-risk past 30 days 

(PAR30) is about 6 per cent, which is quite similar to those found by Mersland and Strom 

(2009). In an anecdotic sense, the measure of Z-risk is also on the higher side (nearly 17%) 

indicating a lower default likelihood as a lower Z-risk implies higher probability of default. 

In regards to the regional distribution of MFI samples, highest—about 27% of MFIs—are 

sampled from the LAC region, while the MENA region represents 5.7%, the lowest. 

Similarly, about 12% of sampled MFIs are from EAP, 20% from EECA, 15.1% from SA and 

20.3% from SSA regions. These samples sufficiently represent the respective number of 

MFIs in operation in these developing regions. 

5.4.2. Discussion of regression results 

5.4.2.1. Performance  

Overall financial performance: Return on equity  

Table 34 offers the main results for equation (5.2) that tests the predictions of the agency 

costs hypothesis for the effects of capital-assets ratio (CAR) on profit-efficiency or overall 

financial performance. In order to explore possible non-linear association between profit 

efficiency and leverage, estimates using both with and without the CAR2 variable are 

presented. Although not many coefficients are significant, interesting results appear in 
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both significant and non-significant findings. Excepting in models 3 and 6, coefficients for 

both of the leverage indicators—CAR and Debt—and their quadratic terms are 

insignificant. Debt is negative significant in model 3 and model 6 and both CAR and Debt 

are negative and statistically significant only in model 6. The negative coefficients for CAR 

along with positive coefficients for CAR2 suggest the fact that the effect of CAR on profit-

performance is clearly non-linear. However, the coefficients for CAR2 and Debt2 are always 

statistically insignificant. The equal (negative) signs of the CAR and debt coefficients in all 

models confirm the credibility of the results, while their significant coefficients validate 

the predictions of the agency cost hypothesis. In other words, for this efficiency measure, 

the data are consistent with the predictions of the agency costs hypothesis that an 

increase in leverage—i.e., a reduction in the capital-assets ratio—may raise efficiency. 

Although managements of MFIs are different from other corporate practices, this result is 

generally in line with Berger and Bonaccorsi di Patti (2006) and Bos and Fetherston 

(1993).  

 

The debt leverage has an insignificant, but negative and offsetting, impact on profit-

performance. In order to differentiate which effect is larger we disentangled the effects of 

CAR on profitability from the effects of debt (and debt2) on the same. However, CAR and 

debt have always similar negative signs across the models and their coefficients are mostly 

insignificant except in models 3 and 6. The negative significant coefficients for the debt 

variable have the implication that an increase in the debt or liability position is associated 

with a decrease in profitability. This is explained by the fact that long-term debts are 

relatively more expensive, and therefore employing high proportions of them could lead to 

low profitability. Thus, it appears that borrowings or debt generally cannot effectively 

exert pressure on MFI-management on the whole to lead to more returns on equity 

capital, all else equal. These results generally support earlier findings of Fama and French 

(1998), Graham (2000) and Booth et al. (2001). 

 

We employ two measures for risk assessment. The coefficients for PAR30 have the 

expected negative signs in all models, but they are insignificant. So are the coefficients for 

the Z-risk variable. The common control variables size and MFI-age have negative and 

rarely significant coefficients, which suggest that larger and older MFIs may not always 

perform very well in terms of profitability. However, this phenomenon should be 

interpreted with caution, since the effects of size and age are conditional on CAR and other 

explanatory variables. Large-scale and older micro-banks may be more efficient than they 

appear because they tend to have lower values of CAR, which improves their efficiency.
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Table 34 Overall financial performance regression (Dependent variable: Log of return on 
equity)# 

 GMM-FE   FE2SLS 
 (1) (2) (3) (4) (5)         (6) 
CAR -33.847 -25.307 -11.684 -44.422 -27.445   -13.254*   
 (30.371) (21.603) (7.745) (25.493) (16.314)           (5.775)    
CAR2 19.190 18.200  25.857 19.834                
 (21.244) (13.981)  (18.022) (10.585)                  
Debt -1.145  -6.928* -0.478       -7.867*** 
 (6.881)  (3.389) (5.254)      (2.273)    
Debt2 -5.660   -7.710                   
 (8.105)   (6.380)                   
Log Z-risk 1.459 -0.249 -0.317 2.399 -0.060    -0.298    
 (4.026) (3.305) (2.458) (3.143) (2.526)    (1.852)    
Log age -1.021 0.009 -1.768 -0.858 0.074     -1.902*   
 (1.397) (0.830) (1.106) (1.049) (0.714)     (0.743)    
PAR30 -1.855 -1.515 -1.947 -1.664 -1.339     -2.057    
 (2.237) (2.125) (2.281) (1.542) (1.449)     (1.495)    
Size  -0.312 -0.678 -0.078 -0.448 -0.705*     -0.124    
 (0.421) (0.349) (0.326) (0.367) (0.288)     (0.260)    
Constant    12.042 13.211**       10.698    
    (6.203) (4.776)          (6.277)  
Hansen  0.88 0.98 0.85 -- --      --                 
Hausman χ2 -- -- -- 21.18 15.87     21.38 
P-values -- -- -- 0.0067 0.0145     0.0016 
N 995 1235 995 1140 1426     1140    
Note: Number of observations for a few variables is less than 3375 (for instance, the variable debt has only 
2000 observations). As a result, number of observations has been reduced in estimation models 1, 3 and 6 
which have used this variable. In other specifications, however, we have increased number of observations. 
Coefficients for the ‘regulated’ and regional dummies are not presented. HAC standard errors are in the 
parentheses. Statistically significant at the *10%, **5% and ***1% levels. Hausman’s tests for (FE2SLS – 
ES2SLS) are given in χ2 values.  
#ROE is first squared and then transformed in natural logs. Such transformation gives better distribution and 
increased number of observations.   
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Table 35 Cost efficiency regression (Dependent variable: Operating expenses per dollar lent) 

     GMM-FE      LIML-FE     FE2SLS     
     (1)  (2)    (3)    (4)    (5)   (6)    
CAR    0.116  0.493   0.112  0.402  0.113  0.370    
   (0.084) (0.554)  (0.086) (0.625) (0.060) (0.419)    
CAR2  -0.219  -0.150  -0.128    
  (0.416)  (0.466)  (0.307)    
DER   -0.025 1.159 -0.027 0.932 -0.027 0.852    
   (0.178) (1.138)  (0.182) (1.318) (0.105) (0.852)    
DER2  -1.533  -1.197  -1.085    
  (1.336)  (1.605)  (1.008)    
PAR30   -0.796 -0.825 -0.809 -0.840 -0.803* -0.744*   
   (0.946) (0.878)  (0.987) (1.125) (0.312) (0.305)    
Size   -0.031 -0.023 -0.031 -0.024 -0.031*** -0.023*   
   (0.020) (0.020)  (0.020) (0.022) (0.009) (0.010)    
Log age     -0.018 -0.023 -0.018 -0.023 -0.018 -0.026    
   (0.047) (0.047)  (0.047) (0.055) (0.021) (0.022)    
Constant     1.008*** 0.776**  

     (0.149) (0.253)    
Hansen     0.97 0.82  0.97 0.84                  --   -- 
Hausman χ2      --  --   --   -- 14.83 17.50 
P-values      --   --   --   -- 0.011 0.015 
N     1811 1811 1811 1811 1941 1941    
Note: Coefficients for the ‘regulated’ and regional dummies are not presented. HAC standard errors are in the 
parentheses. Statistically significant at the *10%, **5% and ***1% levels. Hausman’s tests for (FE2SLS – 
ES2SLS) are given in χ2 values. 

Cost efficiency: Operating cost per dollar lent81 

Operating cost per dollar lent (OELP) is a vital instrument to assess the financial health of 

an MFI in general and efficiency and productivity of the MFI in particular. Table 35 

presents the main results for equation (2) that tests the predictions of the agency costs 

hypothesis for the effects of leverage ratios on cost-efficiency as measured by OELP. We 

see that the inverse leverage variable CAR is positively signed throughout, but is never 

significant at any conventional level. Indeed, this can again be explained by the agency 

cost hypothesis that higher leverage is associated with improved performance as measured 

by OELP in this case. That is, a high capital-assets ratio that ensures low leverage is 

associated with a rise in operating expenses, which is exactly what we do not expect to see 

for better performance of an MFI82. Debt-equity-ratio, another measure for leverage, 

confirms this phenomenon by asserting a negatively signed coefficient; this is, however, 

insignificant. Adding the quadratic terms CAR2 and DER2 yield negative insignificant 

coefficients and alter the respective signs of the coefficients. The loan default variable, 

PAR30, is negatively signed throughout and observed significant in models 5 and 6. These 

imply that the impacts of loan defaults on cost performance are negative, which is sensible 

                                                        
81 We also use average cost per borrower as another measure for cost-efficiency. However, as the results are 
mostly similar they are not reported in this article. 
82 A decrease in OELP means an improvement in performance. 
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as by definition PAR30 involves some renegotiating of loan portfolios and thus PAR30 

should directly affect CPB, but not OELP in a similar fashion.  

 

Both size and age variables are equally and negatively signed in all model specifications. 

The negative significant size variable in models 5 and 6 implies that while MFIs rely on 

donor funds they still operate efficiently and are currently realising efficiencies in terms of 

reducing operating costs because of economies of scale. A negative coefficient for the age 

variable was quite expected and is supported by theory as well as prior research. This has 

the clear meaning that as an MFI ages, owing to economies of scale and other effects, its 

operating costs should decline. 

5.4.2.2. Outreach 

Breadth of Outreach: The clientele base 
Breadth of outreach regression estimates, where the number of active borrowers is the 

dependent outreach variable, are presented in Table 36. As is evident in our results, 

inverse leverage is negatively related with MFI breadth of outreach, but they are not 

significant. Additionally, as expected, another measure of leverage—debt-equity ratio—

impacts positively on breadth of outreach. So is the case for the loans-to-assets ratio 

(loans) variable, which is highly significant across all the models. These suggest that in 

case of microfinance institutions, the higher the focus on lending, the better the outreach 

level and this increased focus helps in extracting premiums from the loans previously 

disbursed. This premium then contributes to the firm’s income flow and profitability that 

could later be used for debt-servicing. Again, higher level of outreach enables MFIs to 

enjoy economies of scale essentially as a result of reduction in average cost of operation. 

Furthermore, an increase in outreach could also lead to product diversification for diverse 

clientele groups and this enables an MFI to cushion itself against risk (Kyereboah-

Coleman, 2007).  

 

Table 36 also shows that the breadth of outreach (or, the clientele base) significantly 

decreases with an increased level of average cost, which is justified because increasing the 

clientele base with unfavourable costs cannot be advantageous. Thus one can easily infer 

right away that inefficient MFIs that fight for reducing per borrower costs should try to 

avoid improving the breadth dimension of outreach. However, this needs utmost care so 

that possible concerns for mission drift are not compromised.   
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Table 36 Breadth of outreach regression (Dependent variable: Log of number of active 
borrowers)  

   FE2SLS GMM-FE LIML-FE   

CAR   -0.128 -0.112 -0.140           
   (0.182) (0.223) (0.232)                  
DER   0.210 0.100 0.214               
   (0.379) (0.497) (0.515)              
Log CPB   -0.656*** -0.678*** -0.653***                
   (0.040) (0.064) (0.067)               
Size   1.020*** 1.026*** 1.021***               
   (0.026) (0.033) (0.034)                  
Loans   0.633*** 0.600*** 0.635***               
   (0.062) (0.101) (0.105)                  
Log Z-risk   0.050 0.043 0.053                 
   (0.044) (0.053) (0.056)                 
Log OER   0.787*** 0.798*** 0.787***                 
   (0.042) (0.061) (0.064)                 
Log age   0.031 0.037 0.030              
   (0.054) (0.073) (0.074) 
Constant   -2.894***   
   (0.394) 

Hansen’s J-Statistics  -- 0.33 0.34  
Hausman χ2   143.14 -- --   
P-values   0.000 -- -- 
N   1727 1513 1513 

Note: Coefficients for the ‘regulated’ and regional dummies are not presented. HAC standard errors are in the 
parentheses. Statistically significant at the *10%, **5% and ***1% levels. Hausman’s tests for (FE2SLS – 
ES2SLS) are given in χ2 values.

The positive, but insignificant, coefficients for the MFI age variable in Table 36 indicate 

that when other variables are taken into consideration, the individual MFI tends to 

increase the clientele base over time, which is reasonable. The positive and highly 

significant coefficients for the size variable confirm reliability of the results and support 

the idea that reliance on donor funds motivates the MFIs effectively to widen their 

clientele base. Again, the positive and highly significant coefficients for the OER variable 

reliably confirm that increased outreach level goes at par with high operating expenses as 

both old and numerous new clients are engaged in the loan programmes. 

 

 

Depth of outreach: Adjusted average loan size 

Table 37 presents the depth of outreach regression results where depth of outreach is 

measured by average loan size adjusted by GNI per capita. We observe that the slope 

coefficients for capital-asset ratio, debt-equity ratio, loans-to-assets ratio, risk, size and 

MFI age variables are all mostly highly significant and equally signed in all model 

specifications. Thus, different panel data estimations are largely consistent and 
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trustworthy. Hansen’s J-statistic of over-identifying restrictions shows that instruments 

are not correlated with the error term confirming their relevance.  

Table 37 Depth of outreach regression (Dependent variable: Log of average loan adjusted per 
capita GNI)  

                  GMM-FE          FE2SLS   

                  (1)             (2)            (3)             (4)                   (5)                 (6) 

CAR -0.249*       -0.153                 -0.265***      -0.162**                  
                   (0.109)      (0.090)                          (0.069)          (0.051)                    
DER -0.493*                          -0.190         -0.500**                               -0.168    
                  (0.226)                          (0.251)          (0.190)                                  (0.174)    
Loans         0.634***    0.582***         0.628***         0.634***       0.582***        0.626*** 
                  (0.131)       (0.127)          (0.129)          (0.078)          (0.076)          (0.078)    
Risk           -0.418*        -0.321          -0.398*          -0.411***      -0.317***       -0.386*** 
                  (0.172)        (0.175)          (0.187)         (0.099)          (0.090)          (0.099)    
PAR30       0.108           0.063            0.100            0.088             0.047             0.071    
                   (0.176)       (0.164)          (0.177)          (0.106)           (0.101)           (0.106)    
Size            0.147**      0.138**          0.165**          0.143***        0.136***        0.161*** 
                  (0.052)       (0.049)          (0.051)          (0.030)          (0.029)           (0.029)    
Log age     -0.228*      -0.226*          -0.216*          -0.225***     -0.223***      -0.209*** 
                  (0.107)        (0.106)          (0.106)          (0.062)          (0.061)           (0.062)    
Constant                                                                -3.058***     -2.986***      -3.480*** 
                                                                    (0.482)          (0.447)           (0.444)    

Hansen       0.35 0.46 0.22                  --                    --                     -- 
Hausman χ2 -- -- -- 125.53          234.24             72.61 
P-values -- -- -- 0.000           0.000             0.000 
N 2217                2261             2217             2295              2332               2295    

Note: Number of observations for a few variables is less than 3375. This has caused the number of 
observations to be different in different estimation models. Coefficients for the ‘regulated’ and regional 
dummies are not presented. HAC standard errors are in the parentheses. Statistically significant at the *10%, 
**5% and ***1% levels. Hausman’s tests for (FE2SLS – ES2SLS) are given in χ2 values.

The coefficients for the inverse measure of leverage, i.e., the capital-assets ratio, are 

negative and significant suggesting that a reduction in the capital-assets ratio or an 

increase in leverage increases the depth of outreach. However, firm-value or performance 

of any corporate entity and that of an MFI can never be similar. So, this point should be 

explained with utmost care, especially when one relates the results with the predictions of 

the agency costs hypothesis. As mentioned earlier, unlike corporate entities, an MFI’s 

success is assessed mainly through its social and financial performance. So, the 

applicability of the agency costs hypothesis in crude sense may not have great significance 

here. However, as far as MFIs’ success is also measured through the poverty level of the 

poor clients, this result may help in explaining the point that an increased level of leverage 

leads to better performance and hence, having better-quality outreach.  
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However, there is a counterbalancing negative significant impact of the debt-equity ratio 

variable. Although the sign is as expected, it is important to measure the overall impact of 

both of these measures of leverage on depth of outreach. In models 2, 3, 5 and 6, CAR and 

DER are controlled separately. However, when they are separated, unlike CAR, DER loses 

its significance although always they have negative signs. This means that higher debt 

scenario improves the social performance of an MFI since a decrease in adjusted loan 

balance is considered to be an improvement in depth of outreach. The loans-to-assets 

variable has highly significant and positive coefficients all through, which indicates that 

increased focus on lending of an MFI leads to higher average adjusted loan amount. This 

confirms that reaching the very poor, or alternatively maintaining better-quality outreach, 

cannot always be ensured through such increased emphasis on lending. This is again a 

case for possible concerns for mission drift and this phenomenon fails to support the 

conjecture that reliance on donor and other competitive sources of funds motivates MFIs 

to operate efficiently in such a fashion that the poor can always be reached.  

 

Table 37 shows that the coefficients for PAR30 variable are always insignificant. This 

reaffirms that loan default or portfolio quality factors are irrelevant as long as depth of 

outreach is concerned. Other factors may have impacts on this. The coefficients for size 

variable are positive and significant. This again, like the loans-to-assets variable, raises the 

already-familiar concerns for mission drift that larger MFIs tend to provide bigger average 

loans adjusted by GNI per capita. This may so happen as increasing size and increased 

focus on lending finally may have similar consequences. Again, as we expected and as 

supported in relevant literature, the MFI age variable has negative and significant 

coefficients all through. These in effect mean that as MFIs mature they tend to focus more 

on the quality of outreach when other factors are in place. This result, once more, supports 

the views of those who are unworried about the well-familiar mission drift concern.   
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Table 38 Depth of outreach regression (Dependent variable: Log of (Percentage of) Women 
Borrowers)  

   FE2SLS GMM-FE LIML-FE 

CAR   -0.070 -0.123 -0.077 
    (0.146) (0.179) (0.212)   
DER   0.264 0.245 0.287 
   (0.738) (0.891) (1.063)   
Loans   -0.233* -0.276 -0.232 
    (0.100) (0.158) (0.192)   
Log Z-risk   0.067 0.087 0.069 
    (0.054) (0.071) (0.083)   
PAR30   0.921 1.459 0.986 
     (0.941) (1.173) (1.560)   
Size   -0.064* -0.067 -0.065 
     (0.031) (0.043) (0.044)   
Log age   0.266*** 0.271 0.266 
    (0.081) (0.139) (0.145) 
Constant    4.454***   
   (0.364) 

Hansen      -- 0.89 0.89 
Hausman χ2   26.87   --   --    
P-values   0.0004   --   -- 
N   1675 1553 1553 

Note: Coefficients for the ‘regulated’ and regional dummies are not presented. HAC standard errors are in the 
parentheses. Statistically significant at the *10%, **5% and ***1% levels. Hausman’s tests for (FE2SLS – 
ES2SLS) are given in χ2 values. 

Depth of outreach: Goodbye to female credit clients? 

The share of loans extended to women clients is another reliable indicator that measures 

the depth of outreach of an MFI. Generally, women in developing countries are considered 

the poorest of the poor. Accordingly, from the very beginning of the microfinance 

movement women borrowers constituted MFIs’ main target group. Besides, by extending 

loans to women clients MFIs generally meet their poverty-fighting and empowerment 

objectives as women are usually perceived poorer than their male partners and less 

autonomous at any given level of wealth or income. Moreover, women borrowers have a 

better reputation and reliability in terms of loan repayment. So, a higher percentage of 

women borrowers (or, alternatively a lower percentage of male borrowers) will signal a 

better-quality outreach to the poor from the MFI perspective. In that sense, it is quite 

logical to expect that MFIs are to place more weight on women credit clients to avoid the 

concerns for mission drift.  

 

Table 38 authenticates the findings already obtained in Table 36 and Table 37. The 

coefficients for the capital structure variable CAR are all equally negatively signed, but 

none of them are significant. DER has the assuring positive signs, but its coefficients are 

insignificant. Loans-to-assets ratio variable has been negatively signed and its coefficient 
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is significant in model 1. This confirms that with higher focus on lending female 

participation, i.e., depth of outreach, increases significantly. Coefficients for both of the 

risk variables—Z-risk and PAR30—are now positively signed but they are insignificant. 

These suggest that the preference of MFIs to female customers when repayment risk is 

higher has no statistical basis and this is against the female clients’ established loan-

repayment reputation. Similar explanations also apply to the Z-risk variable and its 

significance as a lower Z-risk implies higher probability of default. Size of the MFI is found 

to be negatively related with this female dimension of depth of outreach variable and is 

dissimilar to other outreach regressions’ results. This negative significant relationship 

confirms that larger MFIs are found to focus less on female customers—a case for mission 

drift. The age variable’s coefficient is found to be positive all the way through and highly 

significant in model 1. This substantiates the fact that as MFIs grow older they prefer to 

stick with female loan clients.   

5.5. Conclusions 

Unlike the owner (principal), the mission of the MFI is important to an MFI-manager 

(agent) who may prefer to get non-financial returns as well. Corporate governance 

literature highlights this phenomenon as an agency problem. The residual claimants 

(principal) bear its associated costs, called agency costs, to benefit from the qualified 

services of managers. The agency costs hypothesis, an empirical portrayal of a well-known 

theory in corporate finance, states that increasing leverage or decreasing the capital-assets 

ratio is associated with a reduction in the agency costs of outside equity and an 

improvement in firm performance by constraining or encouraging managers to act more 

in the interests of shareholders. However, when leverage becomes relatively high, 

elevating the expected costs of financial distress, bankruptcy, or liquidation, the agency 

costs of outside debt may overpower the agency costs of outside equity, so further 

increases in leverage result in higher total agency costs (Berger and Bonaccorsi di Patti, 

2006).  

 

In this study, we test the aforesaid agency costs hypothesis in terms of microfinance 

institutions’ performance. We use profit efficiency (measured by return on equity) and 

cost-efficiency (measured by operating cost per dollar lent) as indicators of MFIs’ financial 

performance. In order to measure outreach performance of MFIs we utilized both depth 

and breadth dimensions that again validate the appropriateness and sufficiency of MFIs’ 

targeting criteria. Testing of agency costs hypothesis has been accomplished by regressing 
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both dimensions of MFI performance—outreach and sustainability—on several measures 

for leverage and MFI financing instruments including the capital-assets ratio, debt-equity 

ratio, borrowings-assets ratio, loans-assets ratio and several other control variables. 

Estimations take into account reverse causality from firm performance to capital 

structure. Results obtained in this exercise confirm the agency theoretic claim that an 

increase in leverage—i.e., a reduction in capital-assets ratio—raises profit-efficiency as 

measured by return on equity. Also, cost efficiency deteriorates with increasing capital-

assets ratio (i.e., with decreasing leverage). Other results obtained in this exercise are also 

commendable.  

 

We run several robustness checks. For instance, we calculated the Z-risk measure. The 

lower is Z the higher the probability of default to be faced by the MFI. Also, we defined and 

incorporated another measure for the risk dimension—deviations from mean profitability. 

Using these measures instead of or in addition to the standard loan default measure 

PAR30 did not bring any material changes to the regression results. We also employed 

several econometric estimation techniques and tests including least squares fixed and 

random effects, M-estimators, k-class estimators and GMM fixed and first-difference 

models, not all of which are reported here. Furthermore, we utilised another sample to re-

run all regressions. The results remain largely untroubled. Thus, our regression results are 

robust to applying various model specifications along with different variables and 

datasets.  

 

The study is based on a large number of MFIs which operate, unlike other business 

entities, on double-bottom-line principles. They have a social mission to reach the poor 

and they are to accomplish a number of financial targets as well. So, the premise we 

started working on was different and our results in a number of instances are dissimilar to 

the already-exiting mixed empirical evidences, although mostly the results are consistent 

with the agency costs hypothesis. Apart from the uniqueness of MFIs, another likely 

reason for this is possibly the specification of profit-efficiency as an inverse measure of 

agency costs. Besides, issues like economies of scale and interest rate sensitivity in 

microfinance still remain largely unexplored and the subject should be studied more 

rigorously. We hope to be able to address these issues in future works. 
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Appendix Tables
Table 39 Sampled MFIs used in the study 

Serial no. MFI Country Year No. of borrowers Av. loan 
1 AFS Afghanistan 2007 9 292 244
2 FINCA - AFG Afghanistan 2007 63 571 186
3 AMFI Afghanistan 2007 4 811 229
4 BRAC - AFG Afghanistan 2007 140 032 188
5 Parwaz Afghanistan 2007 14 708 110
6 FMFB - AFG Afghanistan 2007 23 616 1150
7 ARMP Afghanistan 2007 30 719 674
8 ProCredit Bank - ALB Albania 2007 32 581 4956
9 FAF-DC Albania 2007 4 752 3486
10 Opportunity Albania Albania 2007 13 311 2743
11 BESA Albania 2007 9 162 4065
12 ASC Union Albania 2007 13 460 1789
13 NovoBanco - ANG Angola 2007 2 273 3260
14 FIS Argentina 2007 3 888 549
15 FIE Gran Poder Argentina 2007 6 473 1354
16 Grameen Mendoza Argentina 2007 1 731 515
17 BMM Cordoba Argentina 2006 1 027 227
18 FINCA - ARM Armenia 2007 18 315 883
19 Horizon Armenia 2007 1 997 1031
20 KAMURJ Armenia 2007 10 862 747
21 AREGAK Armenia 2007 20 775 697
22 ECLOF - ARM Armenia 2007 2 738 721
23 ACBA Armenia 2007 85 259 2138
24 SEF-ARM Armenia 2007 2 977 1708
25 INECO Armenia 2007 46 268 1460
26 CredAgro NBCO Azerbaijan 2007 8 596 3612
27 FINCA - AZE Azerbaijan 2007 74 262 596
28 FinDev Azerbaijan 2007 4 725 861
29 Normicro Azerbaijan 2007 8 964 766
30 Viator Azerbaijan 2007 10 247 364
31 Azercredit Azerbaijan 2007 12 401 650
32 Azeri Star Azerbaijan 2007 4 541 290
33 Agrarcredit Azerbaijan 2007 2 825 6518
34 MikroMaliyye Credit Azerbaijan 2007 9 399 85
35 DAYAQ-Credit Azerbaijan 2007 876 221
36 Aqroinvest Azerbaijan 2007 601 2473
37 Azerdemiryolbank Azerbaijan 2007 23 189 2744
38 CCDA Bangladesh 2005 37 240 83
39 HEED Bangladesh 2007 64 126 86
40 ASOD Bangladesh 2007 58 631 53
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41 IDF Bangladesh 2007 67 287 90
42 SDC Bangladesh 2005 31 027 72
43 ICDA Bangladesh 2005 4 773 76
44 CDIP Bangladesh 2007 48 821 118
45 SDS Bangladesh 2005 19 494 83
46 PMUK Bangladesh 2007 197 701 84
47 Aspada Bangladesh 2005 16 348 82
48 NUSA Bangladesh 2005 8 691 81
49 VARD Bangladesh 2005 19 475 55
50 BDS Bangladesh 2005 17 442 67
51 RIC Bangladesh 2007 62 630 123
52 JCF Bangladesh 2007 265 535 79
53 UDDIPAN Bangladesh 2007 151 792 99
54 AF Bangladesh 2005 25 839 64
55 TMSS Bangladesh 2006 513 055 75
56 Wave Bangladesh 2006 71 848 70
57 ST Bangladesh 2005 15 523 88
58 PPSS Bangladesh 2005 38 375 74
59 PDIM Bangladesh 2005 20 058 81
60 GJUS Bangladesh 2006 9 752 77
61 RRF Bangladesh 2007 134 708 85
62 SSS Bangladesh 2007 255 009 109
63 DDJ Bangladesh 2005 18 327 68
64 BEES Bangladesh 2007 103 535 66
65 PBK Bangladesh 2006 39 535 71
66 EWF Bangladesh 2005 13 267 47
67 POPI Bangladesh 2005 105 689 51
68 BASTOB Bangladesh 2007 6 277 106
69 CSS Bangladesh 2007 44 070 79
70 ASA Bangladesh 2007 5 422 787 67
71 BURO Bangladesh Bangladesh 2007 354 020 80
72 PROSHIKA Bangladesh 2007 1 761 638 33
73 BRAC Bangladesh 2007 6 397 635 83
74 RDRS Bangladesh 2007 257 292 44
75 COAST Trust Bangladesh 2007 55 112 65
76 Grameen Bank Bangladesh 2007 6 707 000 79
77 GUP Bangladesh 2005 6 159 120
78 Shakti Bangladesh 2007 145 888 114
79 SKS Bangladesh Bangladesh 2007 111 647 57
80 ESDO Bangladesh 2007 93 174 69
81 Sajida Bangladesh 2007 69 878 114
82 DSK Bangladesh 2007 81 625 107
83 ADESH Bangladesh 2006 5 124 63
84 DBS Bangladesh 2006 11 626 81
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85 CMMB Benin 2005 771 183
86 CODES Benin 2006 16 22252
87 Vital Finance Benin 2007 8 447 848
88 PADME Benin 2007 29 732 1105
89 PAPME Benin 2007 12 213 1793
90 FECECAM Benin 2007 31 080 882
91 MDB Benin 2007 1 255 655
92 CBDIBA/RENACA Benin 2007 9 106 311
93 Alide Benin 2007 5 070 228
94 ACFB Benin 2007 11 139 125
95 BancoSol Bolivia 2007 121 207 1724
96 FIE FFP Bolivia 2007 79 553 2027
97 FADES Bolivia 2007 21 782 1045
98 PRODEM FFP Bolivia 2007 85 578 1947
99 ProMujer - BOL Bolivia 2007 90 510 236

100 FONCRESOL Bolivia 2007 5 910 381
101 CRECER Bolivia 2007 101 616 270
102 EcoFuturo FFP Bolivia 2007 21 463 1549
103 AgroCapital Bolivia 2007 13 661 1501
104 ProCredit - BOL Bolivia 2007 94 326
105 IMPRO Bolivia 2007 1 432 573
106 Emprender Bolivia 2007 7 078 215
107 FUNBODEM Bolivia 2007 6 518 1184
108 Fassil FFP Bolivia 2007 8 537 2645
109 Fortaleza FFP Bolivia 2007 5 986 6235
110 Coop Fatima Bolivia 2007 2 890 9143
111 Sartawi Bolivia 2007 1 832 1104
112 PDAI Bolivia 2007 80 460
113 LIDER Bosnia & H. 2007 4 849 1409
114 Sunrise Bosnia & H. 2007 23 175 2085
115 MI-BOSPO Bosnia & H. 2007 30 565 1392
116 Partner Bosnia & H. 2007 51 982 2258
117 Women for Women Bosnia & H. 2007 9 235 940
118 BENEFIT Bosnia & H. 2006 8 959 1588
119 EKI Bosnia & H. 2007 44 459 2639
120 MIKROFIN Bosnia & H. 2007 51 508 2766
121 MIKRA Bosnia & H. 2007 12 403 1795
122 SINERGIJA Bosnia & H. 2007 9 778 2784
123 LOK Microcredit F Bosnia & H. 2007 26 986 2479
124 Mikro ALDI Bosnia & H. 2007 3 100 1393
125 PRIZMA Bosnia & H. 2007 29 308 1263
126 ProCredit Bank - BIH Bosnia & H. 2007 68 752 3467
127 CEAPE-MA Brazil 2007 18 189 673
128 Banco da Familia Brazil 2007 6 386 816
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129 CrediAmigo Brazil 2007 299 975 459
130 Central Cresol Baser Brazil 2007 50 885 4016
131 CEADe Brazil 2007 681 2664
132 USTOI Bulgaria 2007 1 454 1385
133 Mikrofond Bulgaria 2007 1 137 3343
134 KSK RPK Bulgaria 2007 254 10292
135 Kredo Bulgaria 2007 390 10241
136 Nachala Bulgaria 2007 2 171 2885
137 ProCredit Bank - BGR Bulgaria 2007 61 771 7776
138 RCPB Burkina Faso 2007 102 143 853
139 GRAINE sarl Burkina Faso 2007 27 209 72
140 Turame CF Burundi 2007 9 614 47
141 COSPEC Burundi 2007 192 295
142 ACLEDA Cambodia 2007 185 492 1699
143 TPC Cambodia 2007 73 748 166
144 PRASAC Cambodia 2007 94 555 359
145 HKL Cambodia 2007 23 253 609
146 AMRET Cambodia 2007 187 477 164
147 CREDIT Cambodia 2007 18 126 568
148 AMK Cambodia 2007 120 111 86
149 VFC Cambodia 2007 53 885 199
150 Sathapana Ltd Cambodia 2007 24 024 935
151 Maxima Cambodia 2007 1 567 514
152 Seilanithih Cambodia 2007 4 227 843
153 CHC-Limited Cambodia 2007 6 294 282
154 CCA Cameroon 2007 44 460
155 MCÂ² Cameroon 2007 9 542 1361
156 CDS Cameroon 2007 29 638 490
157 ACEP Cameroon Cameroon 2004 3 005 1380
158 CamCCUL Cameroon 2007 38 127 2035
159 RENAPROV F. SA Cameroon 2007 845 783
160 SAILD Cameroon 2007 2 800 193
161 SOFINA Cameroon 2007 9 608 76
162 ACODE Chad 2006 2 720 145
163 UCEC/MK Chad 2007 15 348 378
164 BancoEstado Chile 2007 206 686 3967
165 BanDesarrollo M. Chile 2006 66 599 1508
166 Credicoop Chile 2007 6 201 1250
167 CZWSDA China, PR 2007 3 128 334
168 CFPA China, PR 2007 24 735 388
169 PATRA Hunchun China, PR 2007 961 389
170 PATRA Yanbian China, PR 2007 912 281
171 CMM Medellin Colombia 2007 66 377 1027
172 AGAPE Colombia 2007 14 060 164
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173 Contactar Colombia 2007 9 455 839
174 FMM Popayan Colombia 2007 223 839 640
175 OLC Colombia 2007 7 286 315
176 Actuar Tolima Colombia 2007 6 813 622
177 FinAmerica Colombia 2007 39 842 1696
178 FMM Bucaramanga Colombia 2007 148 153 831
179 WWB Cali Colombia 2007 218 191 1008
180 CMM Bogota Colombia 2007 72 275 815
181 FINCA - DRC Congo, DR 2007 28 802 209
182 MEC Bosangani Congo, DR 2006 258 182
183 COOPEC CAMEC MN Congo, DR 2006 281 282
184 PAIDEK Congo, DR 2007 11 298 140
185 COOPEC Nyawera Congo, DR 2007 1 429 3644
186 IMF HOPE RDC Congo, DR 2007 11 160 97
187 CAPPED Congo, R. 2007 2 719 466
188 Pharma-credit Congo, R. 2006 2 009 42
189 FAM Congo, R. 2006 144 1410
190 FUNDECOCA Costa Rica 2007 2 070 1014
191 ADRI Costa Rica 2007 925 11031
192 FOMIC Costa Rica 2007 562 2890
193 Fundacion Mujer Costa Rica 2007 1 654 538
194 CREDIMUJER Costa Rica 2007 733 666
195 ACORDE Costa Rica 2007 621 46543
196 FIDERPAC Costa Rica 2007 3 203 880
197 AE&I Cote d'Ivoire 2007 2 197 124
198 DEMOS SLC Croatia 2007 1 796 1527
199 NOA Croatia 2007 552 7128
200 ASPIRE Dominican R. 2007 9 425 382
201 Banco ADEMI Dominican R. 2007 47 598 2579
202 ADOPEM Dominican R. 2007 66 286 430
203 Fundacion Esperanza Dominican R. 2007 12 993 108
204 Moris Rasik East Timor 2007 10 189 220
205 Fundacion Espoir Ecuador 2007 20 674 436
206 FED Ecuador 2007 15 238 662
207 Banco Solidario Ecuador 2007 136 782 1638
208 COAC Jardin Azuayo Ecuador 2007 25 491 2893
209 D-Miro Ecuador 2007 23 364 598
210 COAC La Merced Ecuador 2005 1 594 3013
211 FODEMI Ecuador 2007 13 969 429
212 INSOTEC Ecuador 2007 3 184 721
213 FINCA - ECU Ecuador 2007 58 584 469
214 COAC Sac Aiet Ecuador 2007 5 491 1493
215 COAC MCCH Ecuador 2007 4 981 1451
216 Credi Fe Ecuador 2007 80 339 2295
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217 COAC Accion Rural Ecuador 2007 3 993 1300
218 CCC Ecuador 2007 1 063 1311
219 ProCredit - ECU Ecuador 2007 49 864 3760
220 COAC San Jose Ecuador 2007 6 357 2501
221 CEPESIU Ecuador 2007 2 437 396
222 COAC Mushuc Runa Ecuador 2007 30 674 1364
223 Fundacion Alternativa Ecuador 2007 2 862 654
224 FUNDAMIC Ecuador 2007 2 029 599
225 UCADE Latacunga Ecuador 2007 3 625 331
226 UCADE Guaranda Ecuador 2007 2 332 247
227 UCADE Ambato Ecuador 2007 4 851 285
228 UCADE SD Ecuador 2007 2 478 309
229 Al Tadamun Egypt 2007 41 027
230 Lead Foundation Egypt 2007 106 321 95
231 ABA Egypt 2007 68 716 307
232 DBACD Egypt 2007 80 960 193
233 ESED Egypt 2007 93 871 195
234 SBACD Egypt 2007 26 071 181
235 CEOSS Egypt 2007 26 280 100
236 NSBA Egypt 2007 5 392 114
237 FMF Egypt 2007 14 552 227
238 AMC de R.L. El Salvador 2007 13 515 1129
239 Fundacion CAMPO El Salvador 2007 4 066 1117
240 FUNSALDE El Salvador 2007 3 162 497
241 ProCredit - SLV El Salvador 2007 70 666 2342
242 ENLACE El Salvador 2007 22 483 289
243 Apoyo Integral El Salvador 2007 32 779 1302
244 ACCOVI El Salvador 2007 8 890 4341
245 ASEI El Salvador 2007 6 167 152
246 Genesiss El Salvador 2007 480 914
247 FADEMYPE El Salvador 2007 1 283 597
248 Soc. Coop.PADEC. El Salvador 2007 2 151 1001
249 Meklit Ethiopia 2006 11 471 137
250 OCSSC Ethiopia 2006 263 971 180
251 ADCSI Ethiopia 2005 83 000 167
252 Sidama Ethiopia 2006 32 867 70
253 AVFS Ethiopia 2007 9 267 113
254 Metemamen Ethiopia 2007 10 811 62
255 DECSI Ethiopia 2007 423 830 280
256 Gasha Ethiopia 2007 13 034 119
257 Eshet Ethiopia 2007 27 742 136
258 ACSI Ethiopia 2007 597 723 185
259 Wasasa Ethiopia 2007 30 749 99
260 PEACE Ethiopia 2007 19 471 179
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261 OMO Ethiopia 2007 156 975 130
262 Wisdom Ethiopia 2007 44 940 118
263 SFPI Ethiopia 2007 25 294 120
264 BG Ethiopia 2007 26 247 76
265 FINCA-GEO Georgia 2007 20 866 685
266 CREDO Georgia 2007 12 177 1151
267 Lazika Capital Georgia 2007 4 488 715
268 JSC Bank Constanta Georgia 2007 14 653 1797
269 ProCredit-GEO Georgia 2007 64 283 3742
270 ImerCredit Georgia 2007 354 1148
271 Crystal Georgia 2007 6 365 738
272 ProCredit - GHA Ghana 2007 11 957 1338
273 SAT Ghana 2007 56 879 244
274 KSF Ghana 2007 8 045 107
275 OISL Ghana 2007 60 586 331
276 CRAN Ghana 2007 5 358 302
277 FASL Ghana 2007 11 878 1406
278 APED Ghana 2007 15 569 125
279 Maata-N-Tudu Ghana 2007 9 800 126
280 CRYSOL Guatemala 2007 13 128 429
281 AGUDESA Guatemala 2005 3 273 276
282 AYNLA Guatemala 2007 10 903 575
283 CDRO Guatemala 2007 1 927 1944
284 Asociacion Raiz Guatemala 2007 24 231 1072
285 FAFIDESS Guatemala 2007 12 701 544
286 ASDIR Guatemala 2007 1 720 2259
287 Friendship Bridge Guatemala 2007 17 181 209
288 Fundacion MICROS Guatemala 2007 3 502 276
289 FAPE Guatemala 2007 2 881 186
290 Genesis Emp. Guatemala 2007 77 941 583
291 FUNDEA Guatemala 2007 13 750 878
292 FINCA - GTM Guatemala 2007 41 100 206
293 CRG Guinea 2007 78 326 102
294 ACME Haiti 2007 20 112 469
295 FINCA - HTI Haiti 2007 14 094 117
296 Fondespoir Haiti 2007 4 921 298
297 SOGESOL Haiti 2007 11 946 1129
298 MCN Haiti 2007 12 045 999
299 Fonkoze Haiti 2007 20 916 163
300 FAMA OPDF Honduras 2007 15 015 575
301 World Relief - HND Honduras 2007 14 939 522
302 ODEF Financiera Honduras 2007 22 401 984
303 IDH Honduras 2007 11 161 241
304 FINCA - HND Honduras 2007 22 194 295
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305 FINSOL Honduras 2007 24 942 1175
306 FUNDAHMICRO Honduras 2007 11 849 455
307 Fundacion Adelante Honduras 2006 4 921 92
308 FUNED Honduras 2007 15 786 400
309 H. de H. OPDF Honduras 2007 9 140 645
310 PILARH OPDF Honduras 2007 3 365 442
311 Mikrohitel Rt. Hungary 2007 60 21248
312 Mahasemam-SMILE India 2007 192 738 128
313 RGVN India 2007 44 722 143
314 KBSLAB India 2007 45 207 276
315 SHARE India 2007 989 641 153
316 SCNL India 2007 20 671 478
317 Sarvodaya NF India 2007 174 911 126
318 BWDA India 2006 21 286 40
319 Kotalipara India 2006 84 458 65
320 Cashpor MC India 2007 303 245 121
321 Spandana India 2007 1 188 861 153
322 Sanghamithra India 2007 120 080 101
323 GV India 2007 222 148 129
324 VFS India 2007 47 717 90
325 LEAD India 2006 8 425 45
326 GK India 2007 117 647 175
327 SKS India 2007 1 629 474 161
328 KRUSHI India 2007 41 483 143
329 Bandhan India 2007 896 714 92
330 PWMACS India 2005 3 608 201
331 Janodaya India 2005 3 100 196
332 IASC India 2006 14 813 292
333 SMSS India 2007 22 065 154
334 AMMACTS India 2007 136 717 154
335 BISWA India 2007 246 430 119
336 RASS India 2007 38 675 219
337 ESAF India 2007 145 712 136
338 SKDRDP India 2007 574 968 148
339 BSS India 2007 134 765 150
340 NDFS India 2007 13 012 179
341 GU India 2007 57 317 162
342 Saadhana India 2007 62 729 124
343 AML India 2007 565 806 148
344 SWAWS India 2007 72 248 147
345 ABCRDM India 2007 102 655 41
346 Nidan India 2007 10 802 36
347 CReSA India 2007 24 120 143
348 TBF India 2007 16 779 65



 

 

227 

 

349 MFI India 2007 187 473 121
350 Janalakshmi India 2006 25 821 139
351 BFL India 2007 210 721 101
352 KAS India 2007 396 861 53
353 NBJK India 2007 11 190 110
354 AWS India 2007 33 196 209
355 ADARSHA India 2006 1 860 149
356 SU India 2007 41 762 82
357 Bazaari GF India 2007 1 805 613
358 DINARI Indonesia 2007 9 267 64
359 WKP Indonesia 2007 1 885 70
360 TLM Indonesia 2007 15 945 111
361 MBK Ventura Indonesia 2007 64 548 42
362 BPR PKT Indonesia 2006 1 117 1820
363 BPR Eka Ayu Indonesia 2006 621 2056
364 Dian Mandiri Indonesia 2007 23 109 38
365 BPR AK Indonesia 2007 5 942 443
366 BPR NSI Indonesia 2007 6 127 339
367 LPD Pecatu Indonesia 2007 2 111 3082
368 LPD Panjer Indonesia 2006 1 518 599
369 BPR  AN Indonesia 2007 3 013 395
370 LPD Ubung Indonesia 2007 586 2448
371 LPD Buahan Indonesia 2007 289 800
372 LPD Bedha Indonesia 2007 1 185 1226
373 LPD Celuk Indonesia 2007 469 2669
374 LPD Kuta Indonesia 2007 2 292 3710
375 LPD Kukuh Indonesia 2007 952 810
376 LPD Ketewel Indonesia 2007 1 415 1035
377 BMT Pringsewu Indonesia 2007 589 291
378 BPR Citama Indonesia 2007 759 1140
379 CU Sawiran Indonesia 2007 2 320 1531
380 LPD Sibetan Indonesia 2007 1 403 564
381 Al-Thiqa Iraq 2007 5 268 1583
382 MEMCO Jordan 2007 5 261 2076
383 Tamweelcom Jordan 2007 31 407 368
384 DEF Jordan 2007 16 262 2743
385 MFW Jordan 2007 31 165 424
386 AMC Jordan 2007 3 164 1186
387 ACF Kazakhstan 2007 617
388 Baspana Kazakhstan 2006 524 1815
389 A-invest Kazakhstan 2007 647 2994
390 MCO OZAT Kazakhstan 2006 203 1080
391 Bereke Kazakhstan 2007 5 142 703
392 MCO Sator Kazakhstan 2007 287 5076
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393 KMF Kazakhstan 2007 27 153 1978
394 KFOND Kazakhstan 2007 163 5457
395 FCF Shymkent Kazakhstan 2007 256 2250
396 PF Damu Kazakhstan 2006 121 2404
397 Atyrau Valyut Kazakhstan 2007 38 9419
398 ORTA Nesie Kazakhstan 2007 328 5500
399 ORDA Credit Kazakhstan 2007 120 171473
400 MCO Orlan Kazakhstan 2006 30 2876
401 PF Aktobe Kazakhstan 2007 24 3267
402 Altyn Orda Kazakhstan 2007 72 23362
403 Arbat Kazakhstan 2007 37 11057
404 KADET Kenya 2007 19 421 318
405 Faulu - KEN Kenya 2007 90 339 303
406 Equity Bank Kenya 2007 392 822 888
407 K-Rep Kenya 2007 153 961 529
408 SMEP Kenya 2007 23 787 402
409 KWFT Kenya 2007 164 568 365
410 BIMAS Kenya 2007 10 963 247
411 Yehu Kenya 2007 6 147 73
412 FINCA - KOS Kosovo 2007 11 123
413 BZMF Kosovo 2007 1 605 2912
414 ProCredit-KOS Kosovo 2007 75 134 6685
415 KEP Kosovo 2007 12 817 3137
416 AFK Kosovo 2007 2 080 3264
417 KRK Ltd Kosovo 2007 5 423 2207
418 KosInvest Kosovo 2007 1 708 1515
419 FMCC Kyrgyzstan 2007 63 996 527
420 Aiyl Bank Kyrgyzstan 2007 46 172 1346
421 CU Timur TSD Kyrgyzstan 2006 49 1462
422 CU ABN Kyrgyzstan 2007 432 2445
423 Bai Tushum Kyrgyzstan 2007 10 540 2125
424 CU Manzini Kyrgyzstan 2006 80 1718
425 FRP Kyrgyzstan 2006 1 134 3527
426 CU Zakowat Kyrgyzstan 2007 386 1963
427 CU Kairat-Bol Kyrgyzstan 2007 216 3003
428 KB Kyrgyzstan Kyrgyzstan 2006 10 681 2555
429 CU Pakhta-Trust Kyrgyzstan 2007 125 1162
430 CU Arstan-UKD Kyrgyzstan 2007 55 1156
431 CU Tokmok Trust Kyrgyzstan 2007 319 1625
432 BTA Bank Kyrgyzstan 2007 13 475 6228
433 Ameen Lebanon 2007 7 227 867
434 Al Majmoua Lebanon 2007 9 069 858
435 FULM Macedonia 2007 4 524 1172
436 ProCredit -MKD Macedonia 2007 28 639 5384
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437 Moznosti Macedonia 2007 6 664 5528
438 Horizonti Macedonia 2007 2 853 976
439 Otiv Diana Madagascar 2007 2 871 391
440 Otiv Toamasina Madagascar 2005 1 335 601
441 TIAVO Madagascar 2007 8 109 155
442 ADEFI Madagascar 2005 5 785 715
443 Otiv Alaotra Madagascar 2003 4 388 299
444 SIPEM Madagascar 2007 1 803 1406
445 Otiv Tana Madagascar 2007 6 389 683
446 UNICECAM Madagascar 2006 25 500 289
447 Otiv Sambava Madagascar 2007 2 200 251
448 FINCA - MWI Malawi 2007 21 170 104
449 MRFC Malawi 2006 159 741 67
450 PRIDE - MWI Malawi 2006 7 802 161
451 OIBM Malawi 2007 17 313 629
452 PASECA - Kayes Mali 2007 8 135 191
453 Piyeli Mali 2007 6 781 653
454 Kondo Jigima Mali 2007 23 323 494
455 Soro Yiriwaso Mali 2007 37 069 101
456 Miselini Mali 2007 24 583 165
457 Kafo Jiginew Mali 2007 74 955 385
458 Nyesigiso Mali 2007 13 801 1167
459 CVECA Kita/Bafoulabe Mali 2007 6 466 173
460 CACOEC Sududiawdi Mali 2007 212 6656
461 Jemeni Mali 2007 9 012 2191
462 Reseau KARABARA Mali 2006 1 870 182
463 FINCA - MEX Mexico 2007 87 428 253
464 FinComun Mexico 2007 44 272 976
465 CompartamosBanco Mexico 2007 838 754 450
466 Oportunidad Micro. Mexico 2007 8 448 210
467 Caja Popular Mex. Mexico 2007 778 808 1485
468 ProMujer - MEX Mexico 2007 21 011 241
469 ASP Financiera Mexico 2007 8 996 1339
470 FIPS Mexico 2007 5 350 303
471 ProCredit - MDA Moldova 2007 15 267 2389
472 Microinvest Moldova 2007 2 691 3936
473 Khan Bank Mongolia 2007 282 681 1463
474 TFS Mongolia 2007 2 253 543
475 XacBank Mongolia 2007 59 793 1425
476 Credit Mongol Mongolia 2007 1 445 2448
477 OBM Montenegro 2007 42 288 3476
478 AMOS Morocco 2007 5 854 201
479 ARDI Morocco 2007 74 052 253
480 INMAA Morocco 2007 10 236 295



 

 

230 

 

481 Al Karama Morocco 2007 11 972 276
482 AMSSF/MC Morocco 2007 19 095 303
483 FBPMC Morocco 2007 176 738 760
484 FONDEP Morocco 2007 111 495 462
485 Zakoura Morocco 2007 443 016 448
486 Al Amana Morocco 2007 472 961 645
487 ATIL Morocco 2007 2 509 269
488 FCC Mozambique 2007 2 801 243
489 Tchuma Mozambique 2007 10 174 423
490 SOCREMO Mozambique 2006 10 209 972
491 NovoBanco - MOZ Mozambique 2007 26 738 914
492 Hluvuku Mozambique 2007 2 530 494
493 FDM Mozambique 2007 2 069 360
494 NERUDO Nepal 2007 2 073 155
495 CBB Nepal 2007 29 118 149
496 PGBB Nepal 2007 34 952 196
497 DD Bank Nepal 2005 12 873 134
498 GBNB Nepal 2007 54 279 207
499 NRDSC Nepal 2006 18 473 68
500 MGBB Nepal 2007 42 856 126
501 JSCCS Nepal 2007 1 516 587
502 VYCCU Nepal 2007 1 273 795
503 BISCOL Nepal 2007 2 152 742
504 SB Bank Nepal 2007 56 921 116
505 Nirdhan Nepal 2007 58 354 162
506 NSSC Nepal 2007 16 361 126
507 CSD Nepal 2007 20 534 119
508 BMSCCSL Nepal 2007 891 130
509 CYC Nepal 2007 3 427 42
510 Chandeshwori Nepal 2007 1 325 1515
511 ASODENIC Nicaragua 2006 32 179 178
512 PRESTANIC Nicaragua 2007 12 921 1255
513 FUNDESER Nicaragua 2007 19 963 695
514 ACODEP Nicaragua 2007 70 933 484
515 BANEX (ex FINDESA) Nicaragua 2007 39 329 3189
516 Financiera Fama Nicaragua 2007 42 918 731
517 FODEM Nicaragua 2007 8 498 632
518 Fundacion N. Nicaragua 2007 19 315 944
519 PRODESA Nicaragua 2007 19 003 927
520 CEPRODEL Nicaragua 2007 14 594 705
521 Fundacion L. 2000 Nicaragua 2007 9 287 682
522 FUNDENUSE Nicaragua 2007 15 757 714
523 FDL Nicaragua 2007 71 992 740
524 ProCredit - NIC Nicaragua 2007 75 443 1638
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525 ADIM Nicaragua 2007 3 319 131
526 FUDEMI Nicaragua 2007 5 899 395
527 ProMujer - NIC Nicaragua 2007 23 614 167
528 AFODENIC Nicaragua 2007 4 196 1241
529 Coop 20 de Abril Nicaragua 2007 7 462 1457
530 MECREF Niger 2007 1 849 1126
531 MCPEC Niger 2007 9 125 173
532 KOKARI Niger 2007 12 975 226
533 Mutual A. S&L Nigeria 2004 2 500 70
534 SEAP Nigeria 2007 24 276 55
535 DEC Nigeria 2007 31 705 86
536 Asasah Pakistan 2006 27 711 133
537 Taraqee Pakistan 2005 12 203 133
538 PRSP Pakistan 2006 67 285 105
539 Orangi Pakistan 2007 23 896 119
540 NRSP Pakistan 2006 292 456 183
541 SRSP Pakistan 2004 6 703 69
542 TRDP Pakistan 2007 30 751 151
543 Orix Leasing Pakistan 2007 15 177 151
544 Bank of Khyber Pakistan 2005 7 852 521
545 Kashf Pakistan 2007 295 396 175
546 FMFB - Pakistan Pakistan 2007 101 394 196
547 Khushhali Bank Pakistan 2007 283 965 152
548 DAMEN Pakistan 2007 32 623 125
549 SAFWCO Pakistan 2006 17 529 106
550 FATEN Palestine 2007 3 771 1575
551 ACAD Palestine 2007 1 512 1571
552 UNRWA Palestine 2007 12 666 835
553 ASALA Palestine 2007 2 018 870
554 Ryada Palestine 2007 3 126 2112
555 Microserfin Panama 2007 6 541 889
556 Coop Juan XXIII Panama 2007 1 902 3145
557 ProCaja Panama 2007 3 200 223
558 Interfisa Paraguay 2007 38 790 987
559 Vision Banco Paraguay 2007 45 488 2147
560 FIELCO Paraguay 2007 46 297 775
561 Fundacion P. Paraguay 2007 24 896 377
562 Banco Familiar Paraguay 2007 89 418 748
563 Coop Univ. Paraguay 2007 82 694 1788
564 ASIDME Peru 2007 8 403 137
565 COOPAC SM Peru 2007 10 334 1678
566 EDPYME AC Peru 2004 3 110 709
567 FINCA - PER Peru 2007 10 988 187
568 CMAC Tacna Peru 2007 28 809 2725
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569 EDPYME CA Peru 2007 36 022 1290
570 CMAC A Peru 2007 126 515 1978
571 MiBanco Peru 2007 286 246 1749
572 ADRA - PER Peru 2007 12 771 238
573 Manuela Ramos Peru 2007 13 373 229
574 CMAC Sullana Peru 2007 70 457 1942
575 EDAPROSPO Peru 2007 5 669 236
576 EDPYME Alt. Peru 2007 17 290 611
577 MIDE Peru 2007 5 837 172
578 IDESI La Lib. Peru 2006 2 085 422
579 CMAC Paita Peru 2007 25 580 1837
580 COOPAC SC Peru 2007 9 367 1958
581 IDESI Lamb. Peru 2007 738 327
582 FONDESURCO Peru 2007 2 815 1323
583 CMAC Trujillo Peru 2007 124 919 1984
584 PRISMA Peru 2007 19 470 377
585 EDPYME Proemp. Peru 2007 30 360 972
586 Caritas Peru 2007 24 330 608
587 CMAC Huancayo Peru 2007 66 113 1659
588 Financiera Edyficar Peru 2007 137 018 933
589 AMA Peru 2007 4 939 500
590 Crediscotia Peru 2007 768 239 449
591 EDPYME Confianza Peru 2007 47 558 1312
592 ProMujer - PER Peru 2007 39 728 214
593 CMAC Cusco Peru 2007 44 055 2555
594 CMAC Del Santa Peru 2007 25 841 1673
595 EDPYME Efectiva Peru 2007 56 828 365
596 ASPA Peru 2006 284 2302
597 CRAC Los Andes Peru 2007 9 250 774
598 CRAC Credinka Peru 2007 12 417 2518
599 CRAC Senor de Luren Peru 2007 37 357 1558
600 CMAC Piura Peru 2007 100 049 2126
601 EDPYME Raiz Peru 2007 30 374 1870
602 Asociacion Arariwa Peru 2007 12 726 305
603 FOVIDA Peru 2007 708 1359
604 CRAC Profinanzas Peru 2007 14 352 1598
605 COOPAC SD Peru 2007 4 627 2758
606 ASKI Philippines 2007 50 737 124
607 TSPI Philippines 2007 162 639 117
608 Cantilan Bank Philippines 2007 22 344 452
609 NWTF Philippines 2007 76 203 140
610 RB Sto. Tomas Philippines 2007 3 963 590
611 Bangko Kabayan Philippines 2007 11 149 1313
612 1st Valley Bank Philippines 2007 42 064 856
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613 OMB Philippines 2007 15 566 126
614 CARD Bank Philippines 2007 117 195 113
615 RB Tangub City Philippines 2004 2 543 673
616 DSPI Philippines 2007 53 799 60
617 FICO Philippines 2007 13 253 933
618 RB Solano Philippines 2007 4 982 513
619 RB Talisayan Philippines 2007 15 029 262
620 Green Bank Philippines 2007 72 742 420
621 JVOFI Philippines 2007 1 421 115
622 TSKI Philippines 2007 168 661 124
623 CMEDFI Philippines 2007 6 931 154
624 RB Digos Philippines 2007 7 099 909
625 MEDF Philippines 2007 2 262 114
626 CBMO Philippines 2007 20 846 369
627 Bangko Mabuhay Philippines 2007 4 193 1494
628 New RB of Victorias Philippines 2007 4 119 463
629 KMBI Philippines 2007 117 721 77
630 PMDF Philippines 2006 7 983 54
631 RB San Enrique Philippines 2006 1 065 1341
632 Banco S. de L. Philippines 2007 9 455 192
633 CARD NGO Philippines 2007 320 299 106
634 Valiant RB Philippines 2007 7 000 1259
635 BCB Philippines 2007 10 935 401
636 Kasagana-Ka Philippines 2007 11 099 96
637 PALFSI Philippines 2007 22 113 181
638 ECLOF - PHL Philippines 2007 5 418 372
639 CEVI Philippines 2007 18 661 91
640 FCBFI Philippines 2007 16 583 86
641 VEF Philippines 2007 3 524 53
642 RB Mabitac Philippines 2007 5 723 788
643 HSPFI Philippines 2007 12 914 78
644 RSPI Philippines 2007 18 293 87
645 ASHI Philippines 2007 13 438 225
646 RB Lebak Philippines 2007 3 854 680
647 Mallig Plains RB Philippines 2007 25 016 319
648 RB Oroquieta Philippines 2007 3 733 1544
649 Kazama Grameen Philippines 2007 21 761 127
650 Partner RB C. Philippines 2006 1 788 890
651 Life Bank Philippines 2007 130 667 88
652 First Macro Bank Philippines 2006 6 120 1149
653 Serviamus Philippines 2007 8 868 103
654 ASA Philippines Philippines 2007 65 505 102
655 FAIR Bank Philippines 2007 35 149 286
656 RB Montevista Philippines 2006 12 461 292
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657 Fundusz Mikro Poland 2007 14 782 2154
658 Inicjatywa Mikro Poland 2007 1 019 5874
659 OMRO Romania 2007 3 118 7328
660 Integra - ROM Romania 2007 133 4483
661 ProCredit-ROM Romania 2007 39 269 8008
662 Express Finance Romania 2007 2 456 6071
663 CAPA Romania 2007 7 292 4825
664 LAM Romania 2007 859 5242
665 FINCA - Russia Russia 2007 10 813 3463
666 VRFSBS Russia 2007 546 3927
667 Rost Russia 2007 2 245 3358
668 Alternativa Russia 2007 852 1956
669 Sodeystviye Russia 2007 1 568 3649
670 CEF Russia 2007 326 8553
671 Aurora Russia 2007 260 6500
672 FORUS Russia 2007 13 887 4695
673 Intellekt Russia 2007 163 10982
674 FFECC Russia 2007 4 442 2470
675 Soyuz Russia 2007 136 7320
676 KVK Russia 2005 1 888 511
677 Sodeistviye Russia 2007 2 265 3282
678 SBS Russia 2007 1 328 3240
679 Alteya Russia 2007 1 731 1129
680 Sodruzhestvo Russia 2007 173 9850
681 Doveriye Russia 2007 2 860 2195
682 CMFinance Russia 2007 27 102 1730
683 Garant Russia 2007 423 2287
684 Edinstvo Yurga Russia 2007 6 993 866
685 USFSBS Russia 2007 355 36955
686 Edinstvo-V. Russia 2007 263 5835
687 BFSBS Russia 2007 1 560 5284
688 UOB Rwanda 2007 29 143 72
689 COOPEDU-Kigali Rwanda 2007 2 167 957
690 SPBD Samoa 2007 3 654 227
691 CMS Senegal 2007 58 599 1881
692 ACEP Senegal Senegal 2007 23 999 2246
693 MECBAS Senegal 2007 621 195
694 U-IMCEC Senegal 2007 20 572 318
695 PAMECAS Senegal 2007 89 307 463
696 MEC FEPRODES Senegal 2007 1 913 337
697 DJOMEC Senegal 2007 7 236
698 RECEC/FD Senegal 2005 4 990 154
699 MDF Serbia 2007 2 194 1770
700 OBS Serbia 2007 3 826 6855
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701 ProCredit Serbia Serbia 2007 101 999 5499
702 AgroInvest Serbia 2007 33 194 2257
703 Finance Salone Sierra Leone 2007 22 926 107
704 Hope Micro Sierra Leone 2007 20 007 45
705 CEDA SL Sierra Leone 2007 1 640 88
706 YCB Sierra Leone 2007 1 154 52
707 Capitec Bank South Africa 2007 579 802 490
708 SEF-ZAF South Africa 2007 50 319 177
709 Kuyasa South Africa 2006 1 372 1019
710 Arthacharya Sri Lanka 2005 8 478 73
711 Lak Jaya Sri Lanka 2004 2 375 140
712 SEEDS Sri Lanka 2007 179 366 206
713 Sabaragamuwa Sri Lanka 2006 221 472 176
714 Ruhuna Sri Lanka 2004 103 761 245
715 ACCDC Sri Lanka 2007 7 957 46
716 Agro Micro Sri Lanka 2007 5 886 245
717 FINCORP Swaziland 2007 14 340 2002
718 FMFI Syria Syria 2007 14 054 820
719 MLF ZAR Tajikistan 2007 172 649
720 FINCA - TJK Tajikistan 2007 11 056 427
721 MLO Mehnatobod Tajikistan 2006 153 352
722 Imkoniyat Tajikistan 2007 2 439 318
723 MLF MicroInvest Tajikistan 2007 10 435 500
724 IMON Tajikistan 2007 19 696 754
725 SAS Tajikistan 2006 216 4884
726 ASTI Tajikistan 2007 714 350
727 OXUS - TJK Tajikistan 2007 6 805 581
728 Agroinvestbank Tajikistan 2007 17 849 6579
729 JOVID Tajikistan 2007 660 582
730 Bank Eskhata Tajikistan 2007 5 174 4423
731 Furuz Tajikistan 2007 806 662
732 Tojsodirotbonk Tajikistan 2006 2 859 9319
733 PTF Tanzania 2005 10 064 188
734 FINCA - TZA Tanzania 2007 36 550 135
735 SEDA Tanzania 2007 14 667 186
736 Akiba Tanzania 2007 19 603 1104
737 SEF-TZA Tanzania 2005 1 198 220
738 PRIDE - TZA Tanzania 2007 82 596 307
739 IDYDC Tanzania 2007 12 765 29
740 SED Thailand 2007 4 198 276
741 FUCEC Togo Togo 2007 60 531 871
742 MICROFUND Togo 2007 2 260 658
743 WAGES Togo 2007 12 170 892
744 APGA Togo 2007 1 180 266
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745 CECA Togo 2007 855 3006
746 Enda Tunisia 2007 63 794 350
747 MAYA Turkey 2007 1 905 386
748 FINCA - UGA Uganda 2007 45 313 219
749 MED-Net Uganda 2007 3 771 244
750 MMDCT Uganda 2005 1 347 315
751 Centenary Bank Uganda 2007 81 346 1400
752 Faulu - UGA Uganda 2007 16 885 327
753 UML Uganda 2007 29 604 820
754 CML Uganda 2006 11 241 1010
755 U-Trust Uganda 2006 15 629 496
756 UGAFODE Uganda 2005 12 817 121
757 KYAPS Uganda 2006 1 232 307
758 Hofokam Uganda 2006 14 079 115
759 ProCredit Bank - UKR Ukraine 2007 52 894 7358
760 Khosen Ukraine 2006 1 172 985
761 FINCA - UZB Uzbekistan 2006 4 226 134
762 Barakot Uzbekistan 2006 9 542 113
763 KKBWA Uzbekistan 2006 3 750 60
764 SABR Uzbekistan 2007 139 181
765 Capital Plus Uzbekistan 2006 531 410
766 Daulet Uzbekistan 2007 227 29
767 FVRM Uzbekistan 2006 2 594 298
768 BWA Kashkadarya Uzbekistan 2006 1 803 177
769 BanGente Venezuela 2007 34 526
770 CEP Vietnam 2007 74 360 175
771 TYM Vietnam 2007 25 482 171
772 VBSP Vietnam 2007 5 648 140 386
773 TCVM Thanh Hoa Vietnam 2007 4 691 90
774 Binhminh CDC Vietnam 2007 4 068 119
775 NMF Yemen 2007 8 522 100
776 Azal Yemen 2007 2 520 111
777 Al Awael Yemen 2007 3 147 90
778 CETZAM Zambia 2007 2 410 872
779 FINCA - ZMB Zambia 2007 11 942 156
780 PRIDE - ZMB Zambia 2006 3 687 410
781 MBT Zambia 2006 7 038 124
782 PFSL Zambia 2006 2 851 210
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6 SUMMARY AND FURTHER STUDIES 

6.1. Summary of the results  

The concluding chapter discusses the most important findings and new contributions of 

the current study. It also provides a summary of the main results and policy relevance of 

the study as well as a number of directions for further research.  

 

As stated previously, mission drift in microfinance in a performance analysis framework is 

the core theme of this research. Usually such performance or success of MFIs is measured 

using a double bottom-lines approach—meeting social obligations (the first bottom-line) 

and obtaining financial self-sufficiency (the second bottom-line). However, observers who 

believe in the poverty lending approach, as opposed to the self-sustainability approach, 

frequently suspect that there is a trade-off between these two bottom-lines—i.e., getting 

hold of financial self-sufficiency may result in a failure to meet the social objective of 

reaching the very poor, which has been the original mission of microfinance. This 

phenomenon is popularly known as mission drift in the literature. In support of these 

concerns for mission drift it has been argued that as the drive for profitability increases, 

only the so-called less poor (as opposed to the very poor) will qualify for loans. Obviously, 

as it turns out, this is a concern related with the social performance, or the first bottom-

line, of microfinance institutions and continues to be a very controversial issue among 

researchers, policy-makers and practitioners of microfinance operations around the globe. 

Chapters 2-4 of the thesis concentrate basically on this issue. The empirical analyses in 

these chapters led to a series of results regarding mission drift in microfinance 

institutions. Finally, performance analysis in Chapter-5 examines the impact of capital and 

financing structure on the success, or performance, of microfinance institutions in an 

agency theoretic framework.  

 

In order to substantiate the issue of concerns for mission drift as stated above, the first 

essay in Chapter 2 explores the impact of financial self-sustainability, or profitability in 

general, on outreach-quality in microfinance institutions, a negative relation of which is 

commonly known as mission drift, using a unique panel database that contains 4-9 years’ 

observations for 253 MFIs in 69 countries.  Our findings include several concrete 

observations on the hypotheses we were interested in. We generate one composite 

dependent variable in order to measure depth of outreach in Chapter 2 and regressions 

using it demonstrate a positive significant relationship between self-sustainability and 
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depth of outreach suggesting some exposure of mission drift over time for the individual-

based lenders. Econometric evidence in our exercise supports the hypothesis that average 

loan size increases with an increase in average profits and average operational costs 

showing that MFIs tend not to maintain, and even decrease, the depth of outreach with 

increased average profitability. These results partially confirm the findings of a few other 

prior studies that have focused on mission drift issues (for example, Cull et al., 2007; 

Hishigsuren, 2007). We did not find evidence of mission drift over time for individual-

based lenders based on the coefficient for MFI-size. However, in our study we found a 

non-linear association between MFI-size and depth of outreach to the poor suggesting that 

larger individual-based lenders (the control-category in this study) do relatively poorly in 

terms of outreach and that is with a significant quadratic effect. However, results show 

that no such signals of mission drift are evident in case of operationally self-sustainable 

village banks. But for them, MFI-experience appears to have more significant association 

with outreach (here the composite variable) hence providing some evidence of mission 

drift. However, considering all types of MFIs together, we found negative significant 

association between MFI-experience and depth of outreach suggesting no mission drift.  

 

In the second set of regressions, where the dependent variable was the logarithm of per 

borrower average loan size/GNI per capita, the findings were similar. However, here we 

found evidence of mission drift over time for individual-based lenders considering the 

scaling up effects based on the coefficient for MFI-size. When we regionally disaggregate 

the dataset the observations are dissimilar suggesting that the mission drift phenomenon 

works differently in different developing regions in the world. For example, MFIs in the 

LAC region show some evidence of mission drift, but MFIs in the SA region do not show a 

similar trend.  

 

Generally, empirical analysis on MFI performance and mission drift considers some 

common issues and statistical tools. In this study, we tried to introduce the factor analysis 

approach to explore the so-called mission drift. We attempted to address the topic of 

mission drift by using this method in the second essay in Chapter 3 that demonstrates how 

factor analysis, a multivariate statistical tool, can be utilised to examine this conjecture. To 

this end, the factor analysis method was used to construct two artificial indices—one for 

the social performance dimension or depth of outreach and another one for the financial 

performance dimension or sustainability of MFIs. Once relevant factors were determined, 

we utilised the factor scores reflecting diverse dimensions to construct new outcome 

variables for further estimation. At this stage, we look into possible determinants of MFIs’ 
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performance with respect to both social as well as financial scores. Among a number of 

variables that determine the MFI performance—social and financial—we find scale of 

operation, costs and risk variables to have significant influence among others. However, 

we do not find any convincing basis to worry about the possible trade-off between, or 

mutual exclusion of, double bottom-lines called mission drift, based on this exercise. 

Empirical results from our panel regressions even hold while performing various 

robustness checks. 

 

The study in Chapter 4 uses a quality-database on 353 microfinance institutions in 77 

countries. It is also based on performance analysis of MFIs, but in the course of discussion 

we ascertain that the results also relate to the mission drift concerns. The results we 

obtained are reliable and largely on par with findings of related other studies. Here, 

estimates related with revenues suggest that increase in interest rates may raise the risk of 

loan delinquency after a certain range. Before that turning point, however, interest rates 

can be increased safely and this will not harm the existing sustainability situation. 

Therefore, MFIs must make choices between their long run mission to attain sustainability 

and ensuring the highest possible repayment rate.   

 

Results in this study also show that microfinance institutions in our sample could gain 

from either staff reduction or from an increase in the number of borrowers as most of 

them have room to raise the number of borrowers per loan officer (BPLO) ratio within 

acceptable standards. Again, we see that increasing loan-size works only up to a certain 

point in reducing cost. Therefore, MFIs have to be very careful when deciding on the 

optimal loan size by making sure it will have a good impact on the expenditure front. As 

we discussed earlier, small loans indicate better depth of outreach and results in this 

exercise based on the sampled MFIs reveal that small loan size can be retained. Increasing 

the number of borrowers per field officer seems to be the most promising way to reduce 

costs, especially in group-based delivery models. This way of scaling-up will leave the 

repayment performance unhurt despite a likely ease of monitoring in group-lending. 

Further, if economies of scale are obtained through this, it will be primarily by extending 

the breadth of outreach, not by abandoning the quality or depth of outreach, that is, not by 

de-emphasising focus on the poor.  

 

Importantly, our results indicate that the challenge of covering costs on small and fairly 

risky loans can indeed be met and MFIs can ensure financial self-reliance while keeping 

their focus on the poor. This study deals with a variety of performance and operating 
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parameters and suggests possible other ways to increase the ability of covering costs. Our 

results thus confirm the intuition that small loans can definitely be delivered at a cost 

affordable for the interest-rate-elastic poor borrowers, especially if selection and 

monitoring can be largely delegated to the group mechanism. Needless to say, this will 

improve the images of microfinance institutions trying to obtain increased profitability as 

they are increasingly blamed for caring too much to be self-sustainable.  

 

Another set of noteworthy results of this research are presented in Chapter 5, which 

examines the impact of capital and financing structure on the performance of 

microfinance institutions. In this chapter, we test the agency costs hypothesis, which 

states that increasing leverage or decreasing the equity-asset ratio is associated with a 

reduction in the agency costs of outside equity and an improvement in firm performance 

by constraining or encouraging managers to act more in the interests of shareholders, in 

terms of microfinance institutions’ performance. We use return on equity and cost-

efficiency as indicators of MFIs’ sustainability performance to measure agency costs and 

female participation and depth and breadth dimensions of outreach to check the 

appropriateness and sufficiency of MFIs’ targeting criteria. The testing of agency costs 

hypothesis was accomplished by regressing both dimensions of MFI performance—

outreach and sustainability—on several measures for leverage and MFI financing 

instruments including the equity-capital ratio, debt-equity ratio, debt-assets ratio, loans-

assets ratio and several other control variables. Estimations take into account reverse 

causality from firm performance to capital structure. Major findings of this exercise are in 

general consistent with the agency costs hypothesis—higher leverage or a lower equity-

capital ratio is associated with higher profit-efficiency, though at a low significance level. 

However, leverage negatively and significantly affects the measure for depth of outreach 

suggesting that a reduction in the capital-asset ratio or an increase in leverage increases 

depth of outreach. 

 

In general the contributions made by the research can be summarised as follows: 

 

1. The concerns for mission drift were found valid although a few offsetting results 

also emerge when the scaling up measures are taken into consideration.  

2. In terms of a composite depth of outreach variable results suggest some exposure 

of mission drift over time for the individual-based lenders. These results are 

applicable for experienced village banks as well. For operationally self-sufficient 

village banks, however, we find no such mission drift. Also, a positive and 
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quadratic relationship between size and outreach increases concerns for such 

mission drift.  

3. The study finds a negative significant association between MFI-experience and 

outreach when scaling up effects are controlled suggesting no such mission drift in 

the strict sense of the word. For village banks, however, MFI-experience appears to 

have more association with depth of outreach.  

4. The results are robust for alternative dependent variables as we obtained similar 

findings using them. However, here we found evidence of mission drift over time 

for individual-based lenders based on the coefficient for MFI-size.  

5. For regionally disaggregated data, results are similar for a few developing regions 

while they are dissimilar for others suggesting the fact that regional factors are 

important in regards to the mission drift phenomenon.  

6. Based on the exercise introducing factor analysis to sufficiently utilise the 

underlying dimensions of the variables, we find scale of operation, cost and risk 

variables to be of significant influence among a number of variables that determine 

the MFIs’ social and financial performance. However, we do not find any 

convincing basis to worry about the possible trade-off between, or mutual 

exclusion of, double bottom-lines popularly known as mission drift based on the 

results in this exercise.  

7. Results indicate that MFIs can still attain financial sustainability without 

necessarily increasing average loan size or interest earning. Scaling-up by 

increasing the breadth of outreach, a better interest rate policy  and solidarity-

based loan methods can make it happen without abandoning focus on the poor so 

that concerns for mission drift can largely be avoided. 

8. Our results by and large confirm the agency theoretic claim that an increase in 

leverage raises profit-efficiency. By the same token, the negative significant impact 

of leverage on depth of outreach can also be explained. 

9. However, we find that capital structure does not have a noticeable impact on 

breadth of outreach. 

10. Again, it is observed that capital structure affects women’s participation as loan 

clients negatively and insignificantly.

6.2. Policy relevance 

By now there is near undisputed consensus among development practitioners, academics, 

policy makers and NGO leaders all over the world that as an effective tool for poverty 
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reduction, microfinance has substantially created a great deal of hope and opportunity. 

Financial sustainability is a crucial measure of the success of microfinance institutions. 

However, recent trend in increased profit motivation for making MFIs financially self-

sustainable and often achieving formalised and a larger scale raises concerns that 

microfinance’s original promise of keeping the social mission may be lost in these efforts. 

This phenomenon is generally known as mission drift in the microfinance literature and 

the present study has sought to explore empirically how far this concern is true and, more 

importantly, to give an account of those mechanisms that help retaining microfinance’s 

social mission while attaining financial self-sufficiency. The study also attempts to find out 

the exact role that MFIs’ capital and financing structure plays for ensuring better financial 

and social outcomes. For all microfinance institutions, in particular those who gives more 

importance on retaining their social commitments, these are the primary concerns. Thus, 

the study does bring some messages for the policy makers in the microfinance community 

in this regard. 

 

As mentioned before, two basic operating principles or approaches help guide the 

microfinance industry these days. These approaches or paradigms are poverty lending 

approach and financial sustainability approach. Welfarists, or the believers in the former 

approach, argue that poverty alleviation is the primary goal for MFIs while institutionists, 

or the propagators of the latter approach, maintain that their first priority is to achieve 

financial self-sustainability. For them, as Christen (2000) suggests, financial self-

sufficiency is a necessary precondition for achieving exponential growth in microfinance 

operation. Welfarists, on the contrary, tend to emphasise the sustainability of only 

poverty-targeting MFIs. This view basically dominates among the non-profit NGOs. 

Whereas the latter view generally plays a dominant role in formalised or transformed 

MFIs.   

 

The results obtained in this exercise are neither in favour of the welfarists nor do they 

support the views of the institutionists exclusively. Rather, the results are in favour of a 

third paradigm or ‘middle ground’ that suggests the balancing of the goals of poverty 

alleviation and financial self-sufficiency. This paradigm has recently emerged in 

microfinance community. Although arguably there are interest rate implications 

associated with this tenet, the proponents of this paradigm claim that if institutions can 

develop proper service delivery methods to meet clientele needs at an affordable rate, then 

financial sustainability as well as poverty outreach could be achieved simultaneously 

(Woller et al., 1999; Morduch, 2005).  
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Results in this study suggest that poverty alleviation and financial sustainability objectives 

of MFIs can be achieved by improving their productivity and efficiency of service delivery 

methods through strategies including increasing the number of borrowers per loan 

officials as the results in chapter 4 confirm. This finding has significant implications for 

what Rhyne (1998) suggested earlier. She maintains that financial sustainability is the 

means of achieving a significant scale, while poverty alleviation mission on a large scale is 

the true objective. The debate is not “either-or”, rather about degrees of emphasis and 

about the strategy of resolving trade-offs.  

 

Accomplishment of the social mission of microfinance is of utmost importance, especially 

for those who patronise microfinance, who provide funds for its smooth running or who 

are deeply involved in day to day activities of MFIs. For all of them, regular assessment of 

the fulfilment of MFIs’ social mission is equally important. For the practitioners, improved 

understanding of the target market, nature and quality of poverty-outreach and loan-

clients’ satisfaction in regards to the quality of services delivered are very important. 

Through these they will be able to know how far the types and quality of microfinance 

products and services are able to bring any positive impact so that they can successfully 

design financial services as per the requirements of their clients. Again, fund providers 

and those who patronise microfinance programmes would like to make sure that the 

scarce resources are put to the best effective use. From their point of view, combating 

poverty is vital. So, deciding on resource allocation should be conditional on assessment 

and monitoring of MFI’s devotion to the social mission. 

 

As the results of the exercises incorporated in this study show, especially for MFIs 

following individual-based lending, there is clear evidence of mission drift since increased 

profit motivation for gaining financial self-sustainability results in a drift of MFIs’ original 

promise of social commitment. This result has important policy implications since social 

mission is of utmost importance as stated above and MFIs can indeed scale up and attain 

financial self-sufficiency without drifting from their poverty alleviation mission. To 

confirm this, our further investigation to check if there is any way out so that MFIs attain 

self-sufficiency while keeping their social mission intact reveals that emphasising more on 

productivity and efficiency may ensure portfolio quality and operational self-sufficiency. 

Therefore, MFIs should adjust their resources to that end accordingly in order to achieve 

both social and financial objectives. But for that MFIs need to get used to with appropriate 

strategies so that the upcoming challenges in the process can be faced. The findings of the 

study suggest that forming a team of dedicated and loyal staff MFIs can maintain their 
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social mission while trying to attain self-sustainability. Therefore, attainment of efficiency 

in this way is very important.  

 

Regarding the importance of capital and financing structure to ensure MFIs’ better 

financial and social success, our results confirm the agency theoretic claim that an 

increase in leverage raises profit-efficiency. The study also finds that impact of leverage on 

depth of outreach is significantly negative and that capital structure does not have a 

noticeable impact on breadth of outreach. Regarding gender bias, the study observes that 

capital structure insignificantly affects women’s participation as loan clients. Leverage 

indicates proportion of a firm’s total capital contributed by trade creditors and lenders. 

Therefore, these results are important for policy formulation too as all groups of actors in 

microfinance as mentioned above have again their distinctive roles to play in this 

connection so that the contribution by trade creditors and lenders to total capital is kept at 

an optimum level. Because higher motivation for profit-efficiency involves the risk of 

mission drift as discussed in this study. Especially, MFIs should take special care to 

observe this.      

 

All groups of actors and stakeholders in the microfinance community have their own 

distinctive role to play so that microfinance can be fruitfully used as an important tool for 

poverty reduction. In this regard, the importance of favourable regulatory framework and 

proper policy setting can hardly be overemphasised. Results indicate that MFIs can still 

attain financial sustainability without necessarily increasing average loan size or interest 

earning. Scaling-up by increasing the breadth of outreach, a better interest rate policy  and 

solidarity-based loan methods can make it happen without abandoning focus on the poor 

so that concerns for mission drift can largely be avoided. Therefore, creating a constructive 

regulatory and policy environment to support microfinance initiatives and encouraging 

MFIs to scale up in a self-sustainable way by increasing breadth of outreach, 

implementing a better interest rate policy and adopting group-based loan methods would 

be a good contribution from the regulatory authorities and policy makers. Giving 

incentives to domestic commercial banks to lend to the MFIs at a lower cost would be 

another good policy intervention. Again, fund providers and donors have a crucial role to 

play in promoting the middle ground paradigm that balances the social and financial 

objectives. MFIs’ success should not be measured only by their financial self-reliance, size 

and outreach but also by measuring their contribution to poverty alleviation. Evaluation of 

programme impact and how far the poorest clients are getting loans are very important as 

measured by the percentage of the poorest borrowers in total loan portfolio.    
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Measuring social performance of an MFI is a very crucial and controversial issue in itself. 

In attempt to measure the social return of microfinance services many new techniques are 

being developed by practitioners and academicians, in addition to financial return and 

simple outreach numbers. Hashemi (2007) elucidates a few examples and some of them 

are discussed below.  

 

CERISE Social Performance Indicators Initiative tool assesses the social performance of 

institutions by evaluating their intentions and actions (Zeller 2003). In order to do that an 

analysis of internal systems and organizational processes as to whether institutions have 

the means in place to attain their social objectives is used. The Social Performance 

Assessment (SPA) tool, developed by Gary Woller, includes a scorecard with a set of 

indicators. Originally proposed by Schreiner (2002), these indicators are related to six 

dimensions of outreach: breadth, depth, length, scope, cost, and worth of outreach to 

clients and the community. ACCION SOCIAL Tool seeks to incorporate six elements of 

social performance: social mission, outreach, client service, information transparency, 

association with the community, and labour climate. ACCION SOCIAL Tool assesses the 

success of an MFI in satisfying its social mission and how it contributes towards the 

broadly accepted social goals. It offers a comprehensive social assessment of MFIs to 

complement the financial assessment provided by CAMEL (CGAP, 2007). Among others 

CGAP–Grameen–Ford Progress out of Poverty Index (PPI) sought to capture globally 

comparable client-level indicators. This initiative has created, using techniques similar to 

those employed in credit scoring, a method to construct country-level ‘poverty scorecards’. 

FINCA’s Client Assessment Tool (FCAT) is another comprehensive tool that includes 

demographic information, loan information, household expenditures, asset accumulation, 

social metrics (health, housing, and education), business metrics, and client satisfaction 

and exit interview questions. Again, social rating is another complementary product to 

credit rating that the specialist rating agencies are introducing. Yet again, in order to 

bridge the gap in microfinance reporting between institutional and client-level 

information, the Social Performance Taskforce is developing a common reporting format 

for social performance reporting that includes both organizational and client-level 

indicators. In terms of policy relevance we must acknowledge that all of these techniques 

contribute towards better understanding of social return of microfinance efforts. Donors 

and fund provides should help encouraging such efforts. 

 

Microfinance institutions’ missions can be different in general since the role of 

microfinance differs from one context to another. In one instance an MFI may intensively 
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focus on serving their extreme poor clients choosing from a clearly defined target group, 

while another MFI may not have such a well-defined target group at all and this type of 

MFIs may want to engage them in addressing other social and economic issues. Thus, the 

very definitions of microfinance missions are not sufficiently clear and MFIs need to do 

that first so that appropriate measures for social performance as elucidated in the previous 

paragraph can be developed. Because these debates are all about aiming at reaching a 

concensus so that the microfinance industry can sustain in the long run and for that to 

happen all have to plan and work in concert on the basis of such missions. 

 

Clearly, the eventual intention of making MFIs financially self-reliant is to reduce poverty 

on a greater scale and for that reason, how far the microfinance institutions are able to 

stick to their social commitment or poverty-reduction mission is crucially important. 

Therefore, one needs to make a concerted and well judged effort to identify and 

understand the implications of MFIs’ aforementioned sustainability-driven scaling up 

process so that the concerns for mission drift can be avoided. To this end, an essential first 

step should be to develop and implement a cost-effective system to measure and monitor 

the achievement of social performance of MFIs. This study, in essence, provides a 

framework that may be used to measure if the social commitments of MFIs are fulfilled 

with the aid of a set of indicators. In this regard, the study will not only contribute to the 

policy making process in microfinance, but also in achieving sustainability-driven scaling-

up of pro-poor microfinance services whose ultimate goal is to accomplish the social 

missions with the wider objective of reducing poverty.

6.3. Directions for further research 

The present study utilises several important factors for exploring whether microfinance 

institutions have drifted away from their customary poverty alleviation mission. Many 

observers have underscored microfinance to be an effective development tool. However, 

according to numerous others microfinance is first and foremost a poverty alleviation tool. 

Whatever the case may be, when MFIs scale up to attain financial sustainability, they 

should continue to reduce poverty. As demonstrated in this study, whether or not MFIs 

are adhering to their poverty alleviation mission can be measured through using six 

dimensions of outreach as proposed by Schreiner (2002). These dimensions are breadth, 

depth, scope, quality, cost and impact of outreach. As mentioned before, commonly 

‘breadth of outreach’ means the absolute number of poor clients. Depth of outreach means 
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the socioeconomic and poverty level of the clients and measures whether the MFI has 

moved up to serve better off clients. The scope of outreach measures whether the number 

and type of services and products has changed and the quality of outreach measures 

whether there has been any compromise in the quality of services and satisfaction of 

members. The cost of outreach refers to the cost to clients. The impact of outreach refers 

to any change in the nature and extent of impact on clients’ lives and businesses that 

enable them to move out of poverty. These six dimensions of outreach together are 

recommended as the framework for measuring the level of adherence to the poverty 

alleviation mission. In an attempt to explore whether mission drift has really occurred, the 

current study focuses on the depth of outreach dimension. Therefore, the remaining 

dimensions of outreach are recommended to be used as the framework for measuring 

MFIs’ level of adherence to their poverty alleviation mission in future studies. 
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7 DEFINITIONS OF KEY TERMS 

Agency cost hypothesis: In a standard principal-agent set-up, the agent (i.e., the 

manager) is working on behalf of the principal (i.e., the shareholders), who does not 

observe the actions of the agent. This ensuing information asymmetry causes the agency 

problems of moral hazard and adverse selection. Agency costs mainly arise due to 

divergence of control, separation of ownership and control and due to differences in 

managers’ objectives. Corporate governance theory predicts that leverage affects agency 

costs and thereby influences firm-performance. Under the agency costs hypothesis, high 

leverage or low equity-asset ratio reduces agency cost of outside equity and thus increases 

firm value by constraining, encouraging or compelling managers to act more in the 

interest of shareholders. 

 

Breadth of outreach: ‘Breadth of outreach’ commonly means the absolute number of 

poor clients in a microfinance programme. 

 

Capital and financing structure: The capital structure of a firm primarily concerns 

the mix of debt and equity a firm uses in its operation. In contrast, financing structure, as 

the name suggests, is about the structure of finance of an institution. Financing structure 

is the way in which a company’s assets are financed, such as short-term borrowings, long-

term debt and owner’s equity. Financial-structure differs from capital structure in that 

capital structure accounts for long-term debt and equity only.  

 

Classifications of scaling-up: The process of scaling-up in microfinance can be 

categorised in at least the following four ways:  

� Sustainability-driven scaling up: Scaling up in this form increases the resource 

base of the organisation (MFI). Main indicators among others include operational 

self-sufficiency (OSS), financial self-sufficiency (FSS) and fraction of funding from 

commercial sources.  

� Scaling up in terms of outreach or coverage: This type of scaling up means 

expansion of the MFI in terms of its membership, constituency and geographic 

area of working and alike. This can be determined mainly by the following 

indicators: number of active clients, percent of female clients, number of branches, 

value of the gross loan portfolio, value of savings balance, number of deposit 

accounts, number of field officers, and number of loan offices. 
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� Activity-motivated scaling up: This suggests expansion of the organisation in terms 

of the number and type of its activities. The following three indicators can 

determine this: number of new financial services (e.g., pensions, insurance, and 

remittance), new financial products (e.g., education loan, housing loans) and new 

non-financial services (e.g., legal aid, health care, information communications 

technology).  

� Strategy-focused scaling up: Scaling up of this type implies implementation of both 

direct and indirect activities targeted to enhancing MFIs’ impact on the socio-

political sources of poverty rather than merely supporting enterprise activities. The 

following four indicators determine this: information mobilisation, networking, 

aggregationand direct entry into politics.  

 

Cost of outreach: The cost of outreach to clients is the sum of price costs and 

transaction costs. Net gain to clients is defined as worth minus cost, the increase in welfare 

due to microfinance. The cost of outreach refers to the cost to clients. 

 

Depth of outreach: Generally speaking, depth of outreach means the socioeconomic 

and poverty level of the clients. It measures whether the MFI has moved up to serve better 

off clients. Depth is the weight of a client in the social welfare function according to 

welfare theory. Alternatively, depth of outreach is the worth that society fixes to the net 

gain of any certain client. If there is a preference for the poor in the society, then poverty 

level is a good proxy for depth (Schreiner, 2002).  

 

Destitute: Those households or individuals in the bottom 10 percent below the poverty 

line. 

 

Double bottom lines: Reaching the unreached or including the excluded is 

microfinance institutions’ prime target. However, they are constrained by dual challenges: 

They have the socially binding objective of serving the poor and at the same time they 

need to make some profit in order to be sustainable in the trade of microfinance. Given 

these double orientations, assessment of MFIs’ performance is based on the so-called 

double bottom lines—social commitment (the first bottom line) and financial 

sustainability (the second bottom line). 

 

Extreme poor: The bottom 10 to 50 percent of households below the poverty line. 
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Financial sustainability approach: This term is also referred to as the ‘profit’ or 

‘financial systems’ or the ‘institutionist’ approach. The financial sustainability paradigm 

involves scaling-up of MFIs so that they are resilient to increased competition and are able 

to face several new challenges of recent times. The proponents of this paradigm stress the 

importance of sustainability and efficiency.  

 

Impact of outreach: The impact of outreach refers to any change in the nature and 

extent of impact on clients’ lives and businesses that enable them to move out of poverty. 

 

Leverage: Leverage, also known as financial leverage ratio or gearing ratio, is a 

measure of a firm's power or mechanism and its capacity for debt repayment. Being the 

ratio of total debt to total assets of the MFI, leverage indicates the proportion of a firm's 

total capital contributed by trade creditors and lenders. The ratio of equity capital to gross 

total assets, or the capital-assets ratio, is used as a standard inverse measure of leverage, 

especially in banking research. 

 

Microfinance: Microfinance is generally referred to as mostly-collateral-free capital and 

financial services to the low-income clients. Often the clients are the excluded and 

deprived poor women in rural areas of developing countries. They are economically active 

but did not previously have access to such capital and financial services. Microfinance is 

considered ground-breaking and the most effective tool for combating poverty in many 

parts of the developing world. Microfinance is very popular primarily for its usefulness 

and simplicity. As a result, many diverse forms of microfinance programmes and financial 

services have developed. These include, but not limited to, microcredit, savings, insurance, 

remittance, health care, awareness building and legal aid.  

 

Providers of micro-financial services have innovated new methods developed over the last 

three decades or so to deliver small-sized loans with little or no collateral. Innovations in 

microfinance include ‘solidarity group lending’ and ‘joint liability’, pre-loan savings 

requirements, progressive lending and for good borrowers, an implicit guarantee of future 

loans. Microcredit was first developed as a way to fight poverty in the 1970s by two 

organizations, working independently in different parts of the world: ACCION 

International in Latin America and Grameen Bank in Bangladesh. Microcredit, mainly 

through the pioneering work of Muhammad Yunus and Grameen Bank of Bangladesh, has 

developed into an effective poverty-alleviation tool that is replicated around the globe, 

although at first it was tried on a small-scale and experimental level.  
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Ideally, microcredit operations allow the low-income borrowers to borrow capital and 

start their businesses, and then use the profits to pay back their loans. Later, they can take 

out larger loans, and continue to expand. While commercial banks rarely loan money to 

the poor as there is a high risk of loan default, microfinance institutions (MFIs) are happy 

to do so. The repayment rates in microfinance are very high, often claimed to be around 

95%. Although small-sized loans have higher transaction costs, many MFIs run profitably. 

Microfinance institutions (MFIs) have much lower interest rates, though they are often 

higher than interest rates at commercial banks. The loans have very short repayment 

periods—every week for several months, for example. MFIs embrace loaning primarily to 

women. Besides, as Professor Yunus puts it: “The clients should not go to the bank; it is 

the bank which should go to the people.” MFIs are generally set up in rural areas where 

poverty is most acute.  

 

There are evidences to support the positive impact of microfinance on poverty reduction 

as it relates to fully six out of seven of the Millennium Development Goals (MDGs). In 

particular, there is overwhelming evidence substantiating a beneficial effect on income 

smoothing and increases to income. There is less evidence to support a positive impact on 

health, nutritional status and increases to primary schooling attendance. Nevertheless, the 

evidence that does exist is for the most part on the positive side. However, microfinance is 

not without imperfections. Critics of microfinance often say that it is not that effective as it 

claims. Rigorous cost-benefit studies are required to that end. 

 

Mission drift: ‘Mission drift’ is equivalent to raising the question about whether 

microfinance institutions have moved away from their more customary mission of serving 

poorer clients in the pursuit of attaining financial self-reliance. This phenomenal 

apprehension entails the hypothesis that an MFI increases its average loan size by 

reaching out to wealthier clients neither for progressive lending nor for cross-

subsidisation reasons. Progressive lending and cross-subsidisation are two other 

phenomena responsible for increased average loan size. Mission drift also implies a 

shifting away from the original promise of focusing more on women clients, loan clients in 

rural areas and also on group-based lending methodology, which in general are the social 

commitments of MFIs. However, in one way or another the mission drift issue boils down 

to the age-old concern that relates to a possible trade-off between or mutual exclusion of 

two of the common bottom-lines of MFIs—financial performance (being financially 

sustainable) and social performance (meeting social commitments). As transformation as 
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well as increased commercialisation and profit-motivation of MFIs reduce their focus on 

poverty-reduction, it is believed that the massive injection of private capital into the 

industry may also cause mission drift. 

 

Moderately poor: These are the top 50 percent of households below the poverty line. 

 

Performance of microfinance institutions: Unlike the way performance of an 

organisation is defined in corporate finance, performance of MFIs has a slightly different 

meaning due to their double bottom-lines. Here performance frequently encompasses two 

broad aspects—sustainability and outreach. Again, both outreach and sustainability have 

further extended dimensions. Outreach can be measured through breadth and depth; 

while, financial sustainability includes financial and operational self-sufficiency ratios as 

well as returns on assets or equity. Besides, for instance, performance is also measured 

through exploring profit-efficiency, cost-efficiency and by assessing personnel productivity 

of an MFI. 

 

Poorest of the poor: Many synonyms are available in the literature including ‘ultra-

poor’ or ‘extreme-poor’ to explain this phrase and as yet no widely accepted definition of 

these phrases available in the literature. To a large extent, applicability of definitions may 

vary from country to country. Although looks very wide in nature and not accepted by all, 

Helms (2006) defined ‘Poorest of the poor’ as those people who either live on less than $1 

a day or are among the bottom half of those below a country’s poverty line.     

 

Poverty alleviation mission: A comprehensive framework that captures the various 

dimensions of the poverty alleviation mission of microfinance institutions was developed 

by Schreiner (2002) and is still trustworthy and very much in use today. Using a social 

welfare theory, Schreiner (2002) suggests a framework for outreach for measuring the 

social benefits of microfinance in terms of the following six aspects: worth, cost, breadth, 

depth, length and scope of outreach. Together these six dimensions of outreach can be 

recommended as the framework for measuring the level of adherence to the poverty 

alleviation mission.  

 

Poverty lending approach: Also known as the ‘welfarist’ approach. In accordance with 

this approach the major focus of microfinance operations in general should be on 

immediately improving the well-being of participants. Welfarists are less interested in 

profit-motives as such than in self-employment of the poorer of the economically active 
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poor, especially women. Welfarists seem to believe that women’s control of modest 

increases of income and savings empowers them to improve the standards of life for 

themselves as well as their children (Woller et al. 1999).  

 

Scaling up in microfinance: Scaling up in microfinance institutions is perceived 

mostly in terms of ‘growth’ or ‘expansion’ of microfinance operations. Major models of 

scaling up include the following: self-help groups, replications, franchise model, spin-offs 

and mergers. 

Scope and quality of outreach: Scope of outreach measures whether the number and 

type of services and products has changed and the quality of outreach measures whether 

there has been any compromise in the quality of services and satisfaction of members. 

 

Sustainability: Broadly defined, sustainability or financial performance of MFIs means 

the ability to cover costs and to continue operations without resorting to philanthropic aid 

or subsidies existing in different forms. Accomplishing sustainability entails three broad 

aspects among others—obtaining loan repayments on time, earning enough interest 

revenue and controlling costs to ensure efficient use of resources. According to the 

definition given by Micro Banking Bulletin, in general operational self-sufficiency or 

financial sustainability—two indicators used to measure sustainability—is the ratio of 

unadjusted operating income to unadjusted operating expense. 

 

Win-win proposition: Based on this view, microfinance institutions that follow the 

principles of good banking (to meet the financial objective) will also be those that alleviate 

poverty (social commitment of MFIs). This vision is known as the ‘best practices’ for 

banking as well. 

 

Worth of outreach: Worth to clients is defined as the poor clients’ willingness to pay.  
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