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Abstract:  

The purpose of this study is to predict Nordic M&A targets. The research aims further 

to identify whether the buyer is more likely to be a strategic or financial buyer. There 

has been a wide array of research within the field of identifying targets of mergers and 

acquisitions in the United States and Europe, but much less research has been devoted 

to smaller geographical areas like the Nordic countries. The study proposes that 

companies in the Nordic countries differ from the rest of Europe and should be 

researched separately from Europe. The study is conducted using a dataset of 522 

companies, consisting of an equal number of M&A targets and non-targets. This study 

employs both a binary and multinomial logistic regression, estimated using most of 

the companies in the sample, excluding 50 targets and 50 non-targets for model 

prediction. The results from the regressions indicate that profitability, leverage, “hot 

sector”, growth-resource imbalance and valuation increase the probability of 

becoming an M&A target. Size and the existence of multiple share classes decrease the 

likelihood of becoming a target. By using all predictors from the regressions on the 

prediction sample, the models make on average 56 % correct classifications. The thesis 

follows a two-part structure, starting with an introduction to the topic and its research 

methods and is followed by an article on the topic.   
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1 INTRODUCTION 

Mergers and acquisitions1 is an interesting research topic as M&A usually involve large 

investments by the acquiring firm in the hope of receiving an asset that could add value 

to the combined entity and its owners. The acquiring firm may pay a large premium for 

the target company2 that can result in heavy trading activity and large jumps in the 

target’s share price following an M&A announcement. For example, Powell (1997) finds 

that stock returns after an announcement average approximately 30 % for targets of 

friendly takeovers and 14 % for hostile takeover targets. It would undoubtedly be a good 

investment strategy to invest in M&A targets prior to official announcements, provided 

that these can accurately be identified. The idea of achieving abnormal returns by 

investing in M&A targets has sparked the authors’ and many researchers’ interest. For 

example, Brar et al. (2009) find that it is possible to generate significant abnormal 

returns in Europe by using their model to predict takeover targets. Moreover, there is 

healthy M&A activity in the Nordics, due to the Stockholm-based financial cluster 

involving many domestic and international private equity firms and M&A advisors. If 

one were able to predict M&A targets, it would certainly be of interest for both M&A 

advisors as well as private equity firms as a screening device to generate ideas for new 

prospects and projects. 

The purpose of the study is to predict Nordic M&A targets. Moreover, the research aims 

to identify whether the buyer is more likely to be a strategic buyer or a financial buyer.  

This thesis will add to the existing literature about predicting M&A targets in Europe 

with focus on Nordic countries. Furthermore, this thesis will aim to shed some light on 

corporate governance and ownership as determinants for a company being an 

acquisition target.  

While there has been a wide array of research within the field of predicting M&A in both 

the United States and Europe (mainly UK), much less research has been devoted to 

specific parts of Europe, including the Nordic countries. The Nordic countries are 

especially interesting in the sense that they differ from the rest of Europe. For example, 

many public companies in the Nordic region have controlling shareholders, compared to 

for example the UK where ownership is generally more dispersed. (Faccio and Lang, 

                                                        
1 The term “M&A” will be used hereafter. 
2 For the purpose of the thesis, “Target company” or “Target” will refer to the company that is being 

acquired by the acquiring firm. 
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2002; Lekvall 2014: 15, 23–24). The controlling shareholders are typical in the Nordic 

countries family owners or the state. These companies should be less likely M&A targets 

in comparison to companies with more dispersed ownership. Moreover, dual share 

classes are more common in the Nordic countries (mainly Finland and Sweden) in 

comparison to the rest of Europe (Faccio and Lang, 2002). Hence, the Nordic region may 

differ to some extent from the rest of Europe in their corporate governance practices.  

The Nordic countries have similar legal frameworks and differ from common-law 

countries such as the United States and United Kingdom. This is an important distinction 

to make, as the target country’s legislation might play a role in mergers and acquisitions. 

The laws implemented in European countries may vary a lot between the states. 

However, there are historical reasons to believe that the Nordic countries have legal 

frameworks that are closely related to each other and therefore it would make sense to 

investigate the Nordic countries as a separate part from the rest of Europe (Lekvall 2014: 

pg. 38–39). In summary, the Nordic corporate governance model has emerged from the 

countries’ regulatory framework and the distinct ownership structures of companies. 

1.1. Background to Mergers and Acquisitions 

Mergers and acquisitions are part of what is often referred to as the market for corporate 

control. Although there are many kinds of M&A transactions, these transactions all share 

at least one common trait, which is the change in control of a company. Just like any 

other transaction, it involves a buying party (referred to as the bidder or the acquirer) 

and a selling party (referred to as the seller or the target). In an M&A deal, the acquirer 

and the seller negotiate the terms, according to which the shares or the assets of the 

selling company is transferred to the acquirer. Global M&A activity has increased at a 

healthy rate, both in terms of absolute number of deals and in transaction value. In 2017, 

companies announced more than 50 600 M&A transactions with a total value of USD 3.5 

trillion globally, which is a hefty increase from the corresponding numbers in 1985, 

approximately 2 600 transactions with a total value of circa USD 347 billion (Institute 

for Mergers, Acquisitions and Alliances (IMAA), 2018). The increase in worldwide M&A 

activity is summarized in Figure 1. 
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Figure 1 Worldwide announced M&A deals (Institute for Mergers, Acquisitions and 
Alliances (IMAA), 2018) 

In recent M&A history, the market for corporate control has experienced interesting 

trends. For example, M&A activity has become a worldwide phenomenon compared to 

earlier days when M&A activity was more centered in the United States. Furthermore, 

recent years have witnessed a rising number of bidders from emerging markets. 

(Gaughan, 2015 pp. 41) This is usually explained by the emergence of more sophisticated 

financial markets outside the United States and United Kingdom. Generally, M&A 

activity tend to be cyclical, i.e. experience periods of high activity and periods of low 

activity, which is correlated with the general sentiment in the economy (Gaughan, 2015 

pp. 42). These M&A cycles can be identified from the development in deal value in Figure 

1. The chart in Figure 1 implies that total deal value corresponds closely to major 

economic shocks, such as the boom and bust of asset prices. For example, the decline in 

annual M&A value follows the same trend as the decline in asset prices following the bust 

of the IT bubble, whereas the increase and decrease of M&A value before and after the 

financial crisis in 2007–2008. 

Research around the cyclicality of mergers and acquisitions have found that M&A activity 

occurs in cycles, so-called called merger waves.  However, it is less well-known why these 

merger waves occur. According to Harford (2005), merger waves occur due to economic, 

regulatory, or technological shocks, together with sufficient capital liquidity to 

accommodate the transactions. Harford however stresses the point that the shocks 
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themselves may not be enough to cause merger waves and that the vital component is 

the existence of the liquidity. Consequently, merger waves are launched by a significant 

change to the economic environment (be they economic, regulatory, or for example a 

new technology), causing a need to reallocate assets in the economy, which requires 

adequate access to capital to facilitate the transactions. Economic shocks can come from 

economic expansion, motivating companies to grow to meet rapidly growing demand of 

the overall economy. Regulatory shocks can occur through new legislation, forming (or 

removing) entry barriers in specific industries. As a result, companies choose to merge 

so they can have the resources to remain competitive or compliant under the new 

regulation. Technological shocks can be innovations, which cause disruption in a specific 

industry or creates a new industry, which in turn might lead to added M&A activity 

because of bidders wanting to gain from the disruption. Following the previous example, 

less technically agile companies may look to merge with companies possessing better 

reporting technology in order to better serve their clients under the new regulation. 

1.2. Types of M&A Transactions 

Mergers and acquisitions commonly refers to transactions in general, without referring 

to any specific kind of transaction. However, M&A deals vary a lot based on the relation 

on the acquirer’s position compared to the target. For example, if the target is operating 

in the same industry as the buyer, it is commonly known as a horizontal merger.  A 

vertical merger on the other hand, involves a merger between two companies at different 

stages in the chain of production, where the primary aim is to increase the efficiency of 

exchanging goods and services between different suppliers and producers in the value 

chain. A third type of M&A transaction is a conglomerate merger, which is characterized 

by a diversified buyer acquiring targets which are unrelated to the buyers own holdings. 

The 1960s are characterized as a time of many conglomerate mergers. At that time, many 

bidders acquired unrelated businesses and build up diversified companies by adding 

capital and know-how to the target companies. In the 1980s many of these 

conglomerates were split up by corporate raiders. (Brealey et al. 2014: 807; Shleifer & 

Vishny 2003)  

The types of M&A deals typically involve two types of buyers, strategic buyers or financial 

buyers. Strategic buyers, which are also known as trade buyers or industrial buyers, are 

typically companies operating in similar industries with the primary aim of gaining 

operational advantages through their acquisitions. Financial buyers on the other hand 
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tend to pursue M&A for different reasons than industrial buyers, as this buyer type is 

neither after growth nor operational advantages as the primary source of value creation. 

Financial buyers create value primarily through operational improvements and by using 

(oftentimes) a high degree of leverage as well as managing the target company better. 

Financial buyers are typically private equity companies organized as funds or 

partnerships, which may own several unrelated businesses and should be seen as an 

actively managed portfolio of assets (Kaplan and Strömberg, 2008). Although private 

equity firms may to some extent strive to operational advantages via M&A, for example 

by completing add-on acquisitions to the businesses they already own, this is not the 

primary motive for financial buyers. Hence, the M&A deals involving financial buyers are 

driven by other value creation motives than synergies.  Therefore, financial buyers and 

their motives should be considered separately from strategic buyers, as their value 

creation will stem from other sources. 

1.3. Motives for M&A and why Companies Become Targets 

M&A is an efficient way to reallocate assets efficiently by a shift in ownership and control. 

For example, acquisitions which reduce excess capacity or put companies in the hands of 

better owners can create substantial value for investors and the economy (Koller et al. 

2010: 445). The sources of where this value is created can differ depending on the type 

of transaction, the buyer type as well as the industry in which the target is operating. Not 

all M&A activity however, is economically justified, as managers of the bidding firms may 

have personal reasons as to why they might pursue M&A. These reasons refer to agency 

cost theories such as empire building and manager overconfidence. For example, CEOs 

may boost their own compensation by managing larger firms or overestimate their 

abilities by pursuing mergers with a low likelihood of value creation3 (Jensen 1986; Roll 

1986). This subchapter will try to shed some light on the most typical motives to create 

value via M&A transactions. The value creation is illustrated in Figure 2, where the Entity 

A sees added value potential in Entity B and by M&A creates the combined entity AB 

valued higher than the stand-alone values of Entity A and Entity B. 

                                                        
3 Of course, M&A can also be a way of mitigating the agency costs of free cash flow, as is pointed out by 

Jensen (1986). 
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Figure 2 Illustration of how value is created using M&A 

The added value in M&A typically stem from two different sources, the first source being 

synergies and other operational advantages realized between the bidder and the target, 

and the second source is value created by managing the target more efficiently or 

improving the target. Broadly speaking, these two types of M&A can be referred to as 

synergistic takeovers and disciplinary takeovers.  

For the former class of M&A transactions, the primary source of value creation is synergy 

gains and increased market power, which stems from eliminating overlapping functions 

common to the buyer and the seller. In this case, the gain is that the combined entity 

would not need two management teams, two boards, and pay for the public company 

costs for two entities. Synergy gains can also be achieved by combining R&D labs or 

marketing networks, which again reduce the combined entity’s overhead costs. Other 

synergies arise from tax gains from offsetting profits of one firm with the tax loss carry-

forwards of the other firm. Synergy gains stemming from increased market power can be 

for example a broader customer base, improved competitive position in the market and 

better control of the combined company value chain. (Morck et al. 1988) 

Synergies are usually the core of creating value through M&A. These synergies are 

sometimes defined as economies of scale and scope, as well as economies of vertical 

integration. Economies of scale refers to cost saving achieved by producing goods in a 

larger scale than would be possible if the two merging companies operated as standalone 

entities. Economies of scope refers to combining marketing and distribution for related 

products and gaining a wider service offering or product portfolio. Other examples of 

economies of scope is to use M&A as measure to acquire talent or interesting technology 

that adds value to the combined entity. For example, mature companies might acquire 
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startups to gain control of a disrupting technology, the talent or the existing clients 

adjacent to that technology. Many well-established companies have investment vehicles 

with similar purposes. Economies of vertical integration refers to efficiencies achieved 

by acquiring a key supplier or distributor and hence eliminate the middle man from the 

value chain. This allows better control of the value chain and efficient allocations of 

resources between the two merging companies. Furthermore, it ensures a better 

alignment of interest across the value chain as both entities share the common goal of 

maximizing the value of the combined entity.  

M&A can be an efficient way for firms to grow inorganically by acquiring their 

competitors and increase their financial performance due to less competition. There are 

however judicial frameworks, such as antitrust laws, to ensure that no single competitor 

can achieve a too dominant a market position which will hurt the competitive 

environment. Following this logic, opportunities for companies to act as a consolidator 

will present themselves in highly fragmented industries where the competitive landscape 

consists of many smaller companies with low shares of the aggregate market. Taking this 

logic a step further, companies with higher market shares in fragmented industries 

should be less likely targets due to potential merger limitations set by antitrust laws.   

As stated earlier, the motive behind disciplinary M&A is to improve the targets by 

managing the firm better and/or improving the target’s operations. Morck et al (1988) 

imply that disciplinary practices include replacing managers pursuing excessive growth, 

diversification, lavish consumption of perquisites, or over-payment to employees and 

suppliers. Hence, disciplinary takeovers aim to address the problem which is commonly 

referred to as agency costs4. Morck et al. suggest that the primary motive of disciplinary 

takeovers is to change the policies of non-value maximizing managers rather than 

pursuing the potential of integrating two standalone entities. As such, the synergies 

between the buyer and the target is not really essential, as the main source of value in 

this case stems from improvements added by the buyer in terms of better management. 

In this case a takeover is just an effective means of changing the control of the company 

as well as its operating strategy. 

Many private equity firms pursue M&A with the motive of finding a target which they 

can improve upon and sell it later for a better price. This improvement may stem from 

e.g. drastic cost reductions. Acharya et al. (2010) suggest that large private equity firms 

                                                        
4 See Jensen (1986) for further discussion about the agency costs of free cash flow. 
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are successful in generating positive abnormal performance on average, after controlling 

for leverage and the overall returns of comparable sectors. This is an important finding 

as it underscores that the source of added value comes from their active ownership rather 

than mere leverage and financial engineering. One should keep in mind, however, that it 

is easier to improve the performance of a company with low profit margins compared to 

a company with already high operating margins. Morck et al. (1988) provide some 

evidence congruent with this theory, suggesting that targets for disciplinary takeovers 

more likely experience poor operating performance prior to becoming targets.  

According to Jensen (1986), companies generating high free cash flow with limited 

growth opportunities, will more likely be M&A targets. If a company has reached a stage 

where it generates significant amounts of cash but operates in an industry with few 

growth opportunities, the company should pay out its cash to its shareholders. However, 

the managers might instead choose to redeploy the excess cash by acquiring other 

companies. Cash heavy firms with limited growth opportunities may find themselves 

targeted by other firms with the aim of distributing the excess cash. Mergers and 

acquisitions is in this case a mechanism for mitigating the waste of excess cash on 

projects that may destroy value. Jensen (1986) also points out that firms with low growth 

prospects but substantial free cash flow are likely targets for leveraged buyouts (i.e 

financial targets). The benefit of debt in these transactions stem from the effect it has on 

the management of the company. When the leverage of a company is high, the company’s 

managers should be reluctant on spending surplus cash on projects with questionable 

value add, due to fear of landing the company in bankruptcy resulting from the failure of 

making debt service payments. In other words, the free cash flow hypothesis, suggests 

that companies with limited growth opportunities and high cash flows should be targeted 

by financial firms, financed to a large extent by debt as an incentive for the management 

to operate the company more efficiently. 

Mergers and acquisitions can also be viewed as a means of addressing corporate 

governance issues in companies. Manne (1965) argues that mergers and acquisitions are 

of considerable importance for the protection of non-controlling shareholders and 

beneficial for overall welfare. Research by Jensen (1988) and Scharfstein (1988) also find 

evidence in support of the theory that takeovers address corporate governance issues. 

M&A is thus a means of mitigating agency issues between ownership and control, where 

the acquirer effectively becomes a large shareholder of the target company with the 

possibility to exercise control. This logic would imply that poorly managed companies 
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more likely become targets for M&A transactions compared to well-run companies. 

Shleifer and Vishny (1997) find that a large shareholder can take an active role in 

corporate governance and mitigate agency problems in organizations, as large 

shareholders are associated with a higher turnover of managers. Despite compelling 

arguments for large shareholders, Shleifer and Vishny recognize that having a large 

owner can also create new agency problems, especially in situations where large 

shareholders have the power to take the company in a direction which is not in the 

interest of other investors or stakeholders. One example of this could be family 

companies, where the controlling family is more concerned about preserving the value 

of the company rather than working to maximize it (McVey & Draho 2005). Shleifer and 

Vishny (1997) claim that having concentrated ownership seems to be a general rule 

around the world, except in the USA and the UK where concentrated ownership is quite 

uncommon. 

Shivdasani (1993) finds evidence in the US that ownership by blockholders unaffiliated 

with management increases the probability of firms being targeted by hostile takeovers, 

whereas blockholders affiliated with the management decreases the probability of hostile 

takeover bids. This evidence suggests that unaffiliated blockholders play an important 

third-party role in facilitating takeovers. Furthermore, blocks held by family trusts, 

relatives, employee stock ownership plan, or other shareholders affiliated with the 

management significantly lower the likelihood of hostile takeover. Shivdasani further 

finds that companies with CEOs having high equity ownership are less likely to become 

takeover targets. This evidence generally supports the arguments put forth by Shleifer 

and Vishny (1997). Nevertheless, the Nordic countries differ from the US in their 

corporate governance practices mostly due to having a governance model tailored for 

concentrated ownership (Lekvall 2014: 3–50). For this reason, large owners in the 

Nordic may not be comparable to large owners in the United States or the UK where 

ownership tends to be more dispersed. The large owners in the Nordic companies tend 

to take an active part in the governance of the company, e.g. by taking board seats or 

maintaining continuous discussions with the board (Lekvall 2014: 18). Regardless of 

whether the owners represent the state or a family, they should be more affiliated with 

the management of the company. In this case, Shivdasani (1993) finds supporting 

evidence that blockholders decrease the probability of a firm becoming an M&A target, 

but for different reasons than those argued by Shleifer and Vishny (1997). The main 

argument from Shleifer and Vishny is that a large owner taking an active role of corporate 

governance reduces the need for takeovers as a means of replacing managers, whereas 
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the argument of Shivdasani (1993) would be that blockholders affiliated with the 

management will use their control to block takeover attempts. 

Based on the aforementioned empirical evidence, strategic buyers commonly fit better 

the description of buyers in synergistic M&A, whereas financial buyers are driven by 

other motives than synergies. For the purposes of this research, the financial buyers are 

assumed to pursue more disciplinary motives rather than synergies, although it is strictly 

speaking not always the case.  

1.4. Hypotheses about M&A Targets 

The previous subchapter aimed to define why the two types of buyers pursue M&A 

activity and why specific companies become targets. Next, a brief discussion will follow 

around the main hypotheses of M&A target selection. 

Companies with inefficient management tend to fare worse, due to a lack of management 

involvement in the company’s operations. If the performance of managers is observable 

using profitability measures such as return on equity or return on capital employed as 

proxies, companies with comparably low ROE or ROCE should be more likely M&A 

targets. When identifying a buyer, it is possible that financial buyers are more likely to 

pursue companies with inefficient management, as their primary value creation will 

come from managing the target better and improving its performance, rather than 

chasing synergies. Palepu (1986) finds that companies, which underperform in terms of 

ROE and average excess return (AER), tend to be more likely takeover targets.  

The free cash flow hypothesis suggested by Jensen (1986) implies that companies with 

low growth but a surplus of distributable funds, or companies with high growth but 

lacking funds, should be more likely takeover targets. This hypothesis is known as the 

growth-resource imbalance. The hypothesis has its foundation in agency theory, 

suggesting that cash heavy companies are more prone to be led by managers spending 

the cash flow on investments, which does not add value to the company. The rationale is 

that capital markets work to transfer excess funds into investments where the funds will 

be used more efficiently.  According to the hypothesis, companies can be grouped into 

growth companies (lack of funds) and mature companies (surplus funds). Companies 

with existing growth opportunities but lacking funds are likely targets for synergistic 

M&A and cash heavy companies without obvious growth opportunities are more likely 

targeted by disciplinary M&A. Typical measures to proxy growth and free cash flow is the 
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compound annual growth in revenue over a fixed time period. Operational cash flow can 

also be used as a measure to proxy the free cash flow hypothesis, as it will have a high 

correlation with distributable funds. Broadly speaking, strategic buyers should prefer to 

acquire growth companies due to some promising technology owned by the target, 

whereas financial buyers should pursue low growth and cash heavy companies with 

disciplinary motives to reallocate the funds of the company more efficiently. 

The size of the company is hypothesized to influence the likelihood of being acquired. 

The size hypothesis is featured in several studies, for example Palepu (1986) and Powell 

(1997, 2004) found that the size of the company can explain the likelihood of becoming 

targeted for M&A. All else equal, it should be easier to acquire a small company than a 

large company because the transaction costs and funds required to facilitate the 

acquisition are lower for smaller companies. Moreover, the larger the company, the more 

likely it is that the transaction will require permission from antitrust authorities making 

the transaction more uncertain. Previous research has proposed the book assets as well 

as the natural logarithm of total assets as proxies for firm size. 

Based on theory about merger waves, industry disturbances such as deregulation or 

disruptive technologies might cause a wave of mergers in one or many industries. It is 

therefore logical that companies operating in a “hot” industry are more likely to be 

acquired. For the purposes of this research, a dummy variable is proposed, which will 

take the value of 1 if the primary industry of the target has already experienced at least 

one M&A transaction during the fiscal year. There are a few benefits to this disturbance 

classification. First, this classification is agnostic towards the cause of increased merger 

activity. Second, it will indirectly also account for variability in M&A activity in different 

industries. For example, if there are industries with constantly more M&A activity 

compared to other sectors, the dummy variable accounts for this by being more likely 1 

than zero in active industries. Third, it is easily observed how many M&A transactions 

have taken place in a specific industry during one specific year. 

Based on theory about the role of corporate governance in mergers and acquisitions, 

ownership plays a role in determining the likelihood of companies becoming M&A 

targets. Empirical evidence also suggests that concentrated ownership is more common 

among Nordic companies than in e.g. USA and the UK. As such, ownership in companies 

must be given attention as a large owner will have a greater influence over whether an 

M&A deal will take place or not. Many Nordic companies have protected the ownership 
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of larger owners by having a different share class with superior votes5. One way to proxy 

for companies with protected ownership is to define a dummy variable for companies 

with dual-class share structures. Dual-class shares give the holder more votes in the 

company with relatively less claim to the company’s cash flows. They can be used to 

ensure voting power of one or more key shareholders, without having to assume the risk 

of owning most of the company’s share capital. These share structures can be observed 

for example in family companies where key family members hold shares with superior 

voting power. Having an entrenched owner with superior voting rights could be 

compared with having a large owner affiliated with the management as defined by 

Shivdasani (1993). Dual-class share structures can make it difficult and costly to acquire 

a company, as the owners of the superior voting shares will control a large part of the 

required votes in the shareholder approval process. In turn, this will require an outside 

investor to acquire comparatively more ordinary shares to gain control of the company. 

1.5. Modeling Categorical Outcomes 

When studying relationships in economics and finance (for example how x influences y), 

one usually employs some kind of regression. Normally, these regressions have 

continuous dependent variables, meaning that the variables takes all values in some 

interval. E.g. a uniformly distributed random variable on [0,1] is continuous, i.e. it takes 

all values on the unit interval, but is restricted to the specific range [0,1]. When 

investigating whether a company will be targeted for M&A or not, the statistical model 

should be a limited dependent variable model, as the numerical values are limited to e.g. 

zero and one (i.e. non-target and target). In this field of research, a logit model is 

commonly used. Unlike many traditional regressions, the logit model is not linear, nor 

can it be made linear by transformation. The logit is estimated using maximum 

likelihood rather than ordinary least squares. A graphical illustration of the logit model 

and its underlying distribution is illustrated in Figure 3. (Brooks 2008: 511–514; Field 

2005: 266–267)  

Another statistical approach for modeling categorical outcomes is to use a probit model. 

The main difference between the logit and the probit is the underlying distribution. The 

logit model uses the cumulative logistic function, whereas the probit model uses the 

cumulative normal distribution instead. In most applications, the logit and the probit 

                                                        
5 Example of companies like this include (but not limited to) HK Scan, Atria,  Wärtsilä, and Fiskars. 
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model will yield very similar results, due to similarities between the densities of both 

functions. (Brooks 2008: 517–518) 

For similar type of research, the logit or probit models are preferred to that of for example 

the linear probability model, mostly because the cumulative function forces the 

estimated probabilities to be within the boundaries of zero and one, contrary to linear 

probability models. Most of previous research have used the logit model instead of the 

probit model. This could be due to a clearer interpretation of the logit model. 

Additionally, for less recent research, the logit model might also have been preferred due 

to it requiring less computational power. Using a logit framework is the de facto standard 

framework used in this field of research. In his influential paper, Palepu (1986) proposed 

the use of a logit framework, which has been common practice since, while highlighting 

many statistical flaws with other statistical methods used previously in addressing these 

topics.  

Figure 3 Logit model graphically illustrated (Brooks 2008: 513, 515) 

 

Modeling likelihood in its simplest form is to model a binary result, in this case, whether 

a company becomes an M&A target or not. A logistic regression is used to predict 

categorical outcomes of the dependent variable given a set of independent variables. In 

this example, the dependent variable is defined as  

𝑦𝑖 =  {
 1 if acquired,
0 otherwise.

 

The conditional probability of 𝑦𝑖 = 1 is conditional on the observed values for 

𝑥1𝑖, 𝑥2𝑖, … , 𝑥𝑘𝑖 and is defined as follows: 𝑝𝑖 =  𝑃(𝑦𝑖 = 1|𝑥1𝑖, 𝑥2𝑖 , … , 𝑥𝑘𝑖  ). 
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The logistic regression model with one predictor variable 𝑥1𝑖 and the model is then as in 

equation 1: 

(1)  ln (
𝑝𝑖

1−𝑝𝑖
) = β0 + β1𝑥1𝑖 + 𝜀. 

The odds of 𝑦𝑖 = 1 is defined as 𝑂𝑑𝑑𝑠 =  
𝑃(𝑦𝑖=1 )

𝑃(𝑦𝑖=0 )
=  

 𝑝𝑖

1−  𝑝𝑖
. 

Solving for  𝑝𝑖 in equation 1 gives: 

(2)  𝑝𝑖 =  𝑃(𝑦𝑖 = 1|𝑥1𝑖) =  
1

1+ 𝑒−(β0+β1𝑥1𝑖+𝜀). 

For a binary logit regression with k independent variables, the equation is: 

(3)  𝑝𝑖 =  𝑃(𝑦𝑖 = 1|𝑥1𝑖, 𝑥2𝑖, … , 𝑥𝑘𝑖) =  
1

1+ 𝑒−(β0+β1𝑥1𝑖+ 𝛽2𝑥2𝑖+⋯+ 𝛽𝑘𝑥𝑘𝑖+𝜀).  

(Field 2005: 265–313) 

The model will predict 𝑦𝑖 = 1 when 𝑝𝑖  > 0.5 and 𝑦𝑖 = 0 when 𝑝𝑖  < 0.5. This is referred 

to as the cut-off value. The cut-off value may be changed to something else than strictly 

0.5. In fact, Palepu (1986) argues that it is incorrect to use an arbitrary cut-off value like 

0.5 as threshold for classification of targets vis-à-vis non-targets, or to assume that the 

costs of misclassification is constant. The costs of misclassification refer to studies where 

portfolios of classified targets are constructed to test for the ability to deliver abnormal 

returns. This is a sensible argument to present, as investors probably will invest more in 

outcomes they perceive as more certain. Hence, their costs of being incorrect should 

increase with the probability of the company being either a target or non-target. 

Although the binary logit can provide an indication on the probability of a company 

becoming an M&A target, it may be subject to systematic estimation error if the 

underlying determinants of the model vary with the nature of the transaction. For 

example, Powell (1997) recognized that there may be different underlying determinants 

of hostile takeovers and friendly takeovers, and hence employed a multinomial logit to 

distinguish between takeover targets for hostile takeovers and friendly takeovers. 

To predict membership of more than two categorical outcomes, one should refer to the 

multinomial logit framework. The multinomial logit is essentially very much the same as 

the binary logit, with the main difference being a breakdown of the outcome variable into 
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several comparisons between two categories (Field 2005: 300). For example, in the case 

of three categorical outcomes: zero (non-target), one (strategic target), two (financial 

target), the outcome zero can be chosen as a baseline and then outcomes one and two are 

compared to the base outcome.  
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2 ARTICLE: PREDICTING NORDIC M&A TARGETS 

2.1. Introduction 

Mergers and acquisitions is a topic which has been widely researched for several decades. 

It is not surprising that the phenomenon of corporate takeovers and the market for 

corporate control has sparked so much interest for so many years. Corporate takeovers 

can be seen as a last option corporate governance tool to replace the management of a 

poorly performing company. Alternatively, takeovers can be a way of re-allocating or 

combining assets so that they can be used more productively. The research around 

predicting takeover targets has focused primarily on large geographical areas or the most 

active markets, in the United States, United Kingdom, or EU. This article will focus on 

M&A transactions in Finland, Sweden, Norway, and Denmark. The prediction of 

takeovers has been investigated by many studies since the 1970s and 1980s. Much of the 

research done in this field has been devoted to either purely find new determinants 

effecting corporate takeovers or to build a portfolio of likely takeover targets trying to 

generate abnormal returns.  

Palepu (1986) uses a binary logit regression to describe the relationship between firm 

characteristics and the targets’ acquisition likelihood. Palepu uses a sample of 163 firms, 

which were acquired during the period 1971-1979 as well as a random control sample of 

256 firms not acquired as of 1979. Palepu found that management inefficiency, size, 

growth-resource and industry dummy were significant in explaining takeovers. 

Management inefficiency was found to increase the probability of a takeover together 

with smaller size, whereas growth-resource dummy increased the likelihood of 

takeovers. Contrary to hypothesis, Palepu finds that valuation plays an insignificant role 

in takeover likelihood. Moreover, contrary to the industry disturbance hypothesis, 

Palepu found that companies belonging to specific industries are less likely to be 

targeted. Palepu tested the data on a group of 1117 firms, 24 of 30 (80%) actual targets 

were correctly identified and 486 of the remaining 1087 (45%) non-targets were correctly 

identified. Palepu further investigates whether it is possible to earn excess returns by 

investing in the potential targets identified by the model. However, the strategy does not 

produce statistically significant excess returns. Therefore, the results imply that model’s 

ability to predict takeover targets are not superior to that of the stock market.  

Powell (1997) utilizes both a binomial and multinomial logit model for estimating 

takeover likelihood on a UK dataset. This article also tries to identify whether the target 
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is more likely to be a friendly- or hostile takeover target.  Powell compiled a sample of 

targets and non-targets drawn from the period 1984 to 1991. The total sample size 

comprised of 943 firms. The results of Powell’s study suggest that the characteristics of 

hostile and friendly takeovers targets differ significantly. Both findings are coherent with 

existing research hypotheses. Powell finds that the likelihood of a friendly takeover 

increases when the target’s leverage is above that of the industry average and when the 

firm is smaller than the industry average. For hostile takeovers, Powell finds that the 

takeover likelihood increases for firms with low liquidity, larger size of target, and higher 

market-to-book ratio. The two latter results are not coherent with the size and 

undervaluation hypotheses of takeovers. Additionally, Powell suggest that the use of a 

binomial logit model is likely incorrect, and conclusions based on this type of framework 

may result in incorrect inferences regarding characteristics of firms which are subject to 

takeovers. Powell points out that the results provide little support for the possibility of 

identifying takeover targets prior to announcement. 

Powell (2004) estimates both binary and multinomial logit models for takeover target 

prediction to investigate the possibility of generating abnormal returns. Powell uses a 

pooled UK dataset consisting of targets and non-targets between the years of 1986 and 

1995. Powell finds that it is essential to distinguish between hostile and friendly 

takeovers, by showing that it has significant effect on the explanatory power of the model 

as well as its predicting power. In a binary logit setting, Powell finds that small firms with 

lower liquidity are most likely to be taken over. The binary setting also suggests 

significant positive sign for the growth-resource dummy, consistent with Palepu (1986) 

and Powell (1997). The multinomial models suggest that the characteristics of hostile and 

friendly targets are different, particularly in terms of firm size. Hostile takeovers tend to 

be directed towards larger companies with lower liquidity and friendly takeovers are 

more generally directed towards smaller companies with a growth-resource imbalance. 

Using the multinomial approach, Powell manages to generate abnormal returns by 

predicting only hostile takeovers. 

Brar, Giamouridis, and Liodakis (2009) extend the methodological framework utilized 

by Palepu (1986) on a European dataset by adding measures of more technical nature, 

such as trading volume, short-term momentum and market sentiment. Brar et al. 

investigate the appropriateness of their model using a database covering more than 900 

European and cross-border M&A transactions over a period ranging from 1992 to 2003. 

Brar et al. evaluate the proportion of firms that are correctly classified as targets and non-
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targets both in- and out-of-sample. Moreover, Brar et al. investigate the model’s ability 

to formulate the basis of successful investment strategies. Brar et al.’ main findings are 

that the new included technical variables (in addition to those proposed by Palepu (1986) 

and other researchers) influence the probability of a takeover. Furthermore, Brar et al. 

find that the probability of a takeover increases with strong price momentum, trading 

activity, smaller company size, lower valuations, less liquidity, and low sales growth. 

Moreover, Brar et al. find that their model can serve as a basis for an investment strategy 

that can earn significant returns not explained by conventional risk factors, which would 

suggest high risk-adjusted returns. 

Danbolt, Siganos and Tunyi (2016) employ a multivariate logit as well as a binomial logit 

framework on a large UK sample consisting of 1635 M&A announcements over a period 

ranging from 1989 to 2011. The article finds support for the inefficient management, 

undervaluation, tangible assets, and the free cash flow hypotheses. Furthermore, they 

find that in their sample, target firms tend to be larger on average compared to the non-

target firms. Danbolt et al. also test the growth-resource mismatch hypothesis and 

industry disturbance hypothesis but finds no support in favor of these hypotheses. In 

addition to predicting takeover targets, Danbolt et al. constructs portfolios of the 

predicted targets and test whether this portfolio can deliver abnormal returns. The main 

findings of the articles are that their portfolio of predicted targets cannot earn abnormal 

returns despite the prediction model being more successful in predicting targets than 

picking randomly. 

A Master’s thesis written by Froese (2013) from the University of St. Gallen focused on 

investigating European takeover targets provides similar evidence to those of previous 

journal articles. Froese finds supportive evidence for the hypothesis of inefficient 

management, financial stability, and undervaluation. Froese also finds evidence for the 

industry disturbance hypothesis. The results indicate that firms are less likely to be 

acquired if they operate in a hot sector, contrary to theoretical and empirical 

expectations. Sällström (2013) is a Master’s thesis written at the Hanken School of 

Economics. Sällström’s research aims are to identify the determinants of takeovers and 

the type of buyer using a small Nordic dataset of M&A transactions. The results indicate 

that leverage and free cash flow increases the likelihood of becoming strategic M&A 

targets (in accordance with previous studies), while a high ratio of tangible fixed assets 

decreases the probability of financial takeovers. 
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Table 1 Overview of previous research

Hypotheses Tested Palepu (1986) Powell (1997) Powell (2004) Brar et al. (2009) 
Danbolt et al. 

(2016) 
Froese (2013) Sällström (2013) 

Inefficient 
Management 

Average Excess 
Return (AER) 

ROE 
ROCE ROCE 

Profit margin 
ROE 

Tobin’s Q 
ROS 
ROC 

Asset turnover 

AER 
ROCE 

Sales growth 
EBITDA-margin 

ROE 
Asset turnover 

- 

Firm Undervaluation 
P/B 
P/E 

P/B P/B 
Dividend yield 

P/E 
P/B 

Tobin’s Q 
P/E 
P/B 

P/B 

Free Cash Flow - 
Operating cash 

flow/Total assets 
Operating cash 

flow/Total assets 
- 

Operating cash 
flow/Total assets 

- Free cash flow/sales 

Firm Size Net book assets Ln(total assets) Ln(total assets) 

Market cap 
Sales 

No. of employees 
Capital stock 

Ln(total assets) 
Sales 

Market cap 
Total assets 

Ln(total assets) 

Real Property - 
Tangible fixed 

assets/total assets 
Tangible fixed 

assets/total assets 
- PPE/total assets  PPE/total assets 

Growth-Resource 
Imbalance 

Dummy (High 
growth, low liquidity, 

high leverage) 

Dummy (high growth, 
low liquidity, high 

leverage) 

Dummy (high growth, 
low liquidity, high 

leverage) 
- 

Dummy (High 
growth, low liquidity, 

high leverage) 

Dummy (High 
growth, low liquidity, 

high leverage) 
Cash/total assets 

Current ratio 

Sales growth 
ST assets/total assets 

Industry Disturbance Industry dummy - - 
Dummy 

No. of takeover 
speculation articles 

Dummy (deal in same 
industry one year 

prior to bid) 

Dummy (deal in same 
industry one year 

prior to bid) 
- 

Leverage - 
Debt/total share 

capital and reserves 
Debt/total share 

capital and reserves 

Debt/assets 
Debt/equity 

Debt/capital stock 
Debt/total share 

capital and reserve 

- Debt/equity Debt/total assets 

Age - -  Age since listing 
Years since 

incorporation 
- - 

Barriers to Entry - -  

Minimum efficient 
scale 

Market share 
Herfindahl’s index 

-   

Investments      Capex/sales Capex/EBITDA 

Profitability - -  - -  ROE 
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2.2. Research Hypotheses 

This research will build upon existing hypotheses about M&A as well as empirical 

precedent on takeover likelihood, while adding a dual-class share hypothesis related to 

typical Nordic ownership and corporate governance practices. Most hypotheses tested in 

this research stem from what is deemed empirical precedent by previous research. This 

section presents the main hypotheses included in this article. 

The takeover motive of inefficient management suggests that companies with bad 

management will be more likely targets of M&A. This would imply that M&A is a 

disciplinary action of replacing poorly performing managers with better management. In 

this research, the return on assets (ROA) is proposed as a proxy for managerial 

performance. A low ROA suggests that the company is not utilizing its assets efficiently. 

Previous studies have suggested similar measures such as to use the return on equity 

(ROE) or return on capital employed (ROCE) as proxies for managerial performance. In 

this research, ROA is used due to its simplicity and its ability to reflect the utilization of 

all assets in the company. ROE was also considered as a variable for the study.  

Undervalued companies (trading at low market-to-book-values) may signal low 

utilization of assets. Hence firms which possess low market-to-book-values could be 

more likely targets for M&A. In other words, the acquiring party will more likely buy the 

company the cheaper it gets. It is expected that the undervaluation hypothesis will not 

be favored by strategic buyers or financial buyers. Alternative measures for this 

hypothesis is the price-to-earnings ratio (P/E). This article considers the P/E as the 

primary benchmark for undervaluation. Other valuation multiples tested were EV/EBIT 

and EV/EBITDA. The P/E multiple was chosen based on maximizing explanatory value 

and due to its frequent appearance as a proxy for undervaluation in previous research. 

According to Jensen’s Free Cash Flow hypothesis (1986) companies with large free cash 

flows that are not returned to investors are more likely M&A targets. This predicts that 

M&A is a disciplinary attempt to replace the management and pay out the excess cash to 

the shareholders instead of having the management investing it in projects with 

questionable or negligible net present value. To proxy the level of free cash flow 

generated, the free cash flow per share and free cash flow to total assets will be utilized. 

Palepu (1986) finds evidence in support of this theory. 
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The firm size hypothesis predicts that companies will be harder to acquire or merge with 

when the size of the targets increase. This theory rests on the assumption that the 

financial costs of completing such an action will be higher. This hypothesis should be 

true especially for strategic acquirers, as there will be antitrust laws and governmental 

agencies interfering with M&A activity when the combined entity becomes too dominant. 

For this research, a few measures for firm size were tested, namely, the natural logarithm 

(ln) of total assets and enterprise value. The natural logarithm of enterprise value was 

chosen as proxy for company size, as it captures the market value of the company’s assets 

to all claimants to the company’s assets. 

Companies with higher degree of tangible fixed assets are more likely to have a better 

debt capacity and could hence be more likely targets of M&A (Ambrose & Megginson 

1992). An acquirer could lower the acquiring cost by using the target’s assets for debt 

financing. Moreover, raiders more likely target asset heavy companies, wanting to buy 

and sell the company in parts. This exercise however was more common in the 1980’s 

than it is nowadays. This research considers the ratio of property, plant and equipment 

assets relative to total assets as a proxy for the degree of fixed assets.  

The growth-resource imbalance hypothesis suggests that likely targets are companies 

with excess resources and limited growth opportunities or limited resources but plenty 

of growth opportunities. This hypothesis can be interpreted in two different ways: first, 

it can be seen as a manifestation of the free cash flow hypothesis, where companies with 

excess cash but limited growth opportunities gets acquired in order to put the excess cash 

to better use. Second, companies with high growth possibilities can be seen as attractive 

targets for low growth, cash heavy companies in need of new projects. In other words, 

the growth-resource imbalance hypothesis can apply both for the target and for the 

acquirer. This growth-resource imbalance will be classified with a dummy variable, 

defined by sales growth and high leverage. The company will be categorized as having a 

growth-resource imbalance if it has experienced a three-year compound annual sales 

growth in the top 20 % of the sample with a leverage ratio (measured as total interest-

bearing debt to total assets) in the top 20 % of the sample. This dummy should capture 

companies which have experienced high growth and are highly levered and potentially 

constrained to make further investments due to limitations like debt covenants adjacent 

to most company debt. 

Companies with dispersed ownership is more likely to be taken over as opposed to 

companies with very concentrated ownership. More specifically, previous research 
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suggest that large shareholders affiliated with the management decreases the likelihood 

of a takeover, whereas large “outside” shareholders increase the likelihood of a takeover. 

As a proxy for affiliated shareholders, a dummy variable will be used for firms which have 

more than one class of shares outstanding. The rationale behind this proxy is that 

multiple share classes exist to protect the voting interest of e.g. founding family 

members, so they can exercise control of the company without having to own a majority 

of the market capitalization. Multiple share classes can be seen as a form of takeover 

defense, which makes it very expensive for an outside bidder to gain control of the target 

company and should therefore decrease the likelihood of the firm receiving a takeover 

bid. Such a corporate governance practice may pose a misalignment between the 

interests of ordinary shareholders and the holders of the preferred voting shares.  

Table 2 Hypotheses and preliminary independent variables 

The choice of independent variables relied partly on choices made in previous studies, 

but also included some new propositions regarding independent variables. For example, 

P/E and free cash flow to total assets and a dummy for previous sector related M&A 

activity have been frequently used in prior studies. For the size hypothesis, previous 

studies have proposed variables such as the natural logarithm of total assets. Instead of 

defining the size of the company by the asset base, the author proposes the use of 

enterprise value to better capture the market value of the company, which may in practice 

be substantially higher than the value of the assets on the company’s balance sheet. Other 

choices of predictors, which differs from previous research is the inclusion of ROA as a 

                                                        
6 The dummy takes the value of 1 if both the condition of a high compound annual growth rate and a high 

leverage is satisfied. High growth and high leverage is indicated by belonging to the higher percentile 

groups in respective measures 

 Overview of Hypotheses and Predictors  

Hn Hypotheses – Independent variables 
Expected 

sign 

H1 Size – Ln(Enterprise value) – 

H2 Valuation – P/E –/+ 

H3 Financial distress – Total debt/Total assets  + 

H4 Inefficient management – ROA + 

H5 Free Cash Flow – FCF/total assets + 

H6 Growth-resource – Dummy6 (high sales CAGR, high leverage) + 

H7 
Hot sector – Dummy for more than one M&A transactions in one year in 
the company’s primary sector 

+ 

H8 Dual Class Shares – Dummy if the company has more than one share class – 
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proxy for management efficiency, the variable was chosen because of superior 

explanatory power of the cross sections in the data compared to ROE.  

2.3. Data 

M&A transaction data were obtained from the Factset database. The time frame for the 

transactions ranges from the end of March 2002 until the end of year 2017. All values of 

the dataset were converted to USD to ensure comparability between currencies. All 

transactions must have a deal value above € 50 million, and the acquirer must seek a 

controlling stake (50 % equity ownership or more). To keep the data reliable, only 

mergers and acquisitions of public companies are included in the research. Whether the 

acquirer is public or not is deemed irrelevant for the scope of this research. Further 

screen criteria include that the transaction must be completed. Moreover, the screen only 

includes transactions in which the target company has been listed in Finland, Sweden, 

Norway, or Denmark. Iceland is thus excluded, although it’s commonly viewed as a 

Nordic country. All financial companies were excluded. Moreover, any transaction where 

the acquirer owned more than 50 % of the target prior to transaction is excluded from 

the dataset. The screen yielded 261 M&A transactions. Table 3 below illustrates the 

criteria used for the screening of preliminary data. 

 Screening criteria used for transaction screening 

P1 Announcement Date: 31/03/2002 to 12/31/2017 

P2 Transaction Value (MM): >= 50.00 

P3 Target Location: Included: Finland; Sweden; Norway; Denmark 

P4 

Target Sector/Industry (Primary): Excluded: [679] Miscellaneous Investing; [60] 
Depository Institutions; [61] Non-depository Credit Institutions; [62] Security And 
Commodity Brokers, Dealers, Exchanges, And Services; [63] Insurance Carriers; [64] 
Insurance Agents, Brokers, And Service; [672] Investment Offices; [673] Trusts; [678] 
Special Purpose Vehicles; [671] Holding Offices 

P5 Transaction Status: Included: Complete 

P6 
Deal Type: Included: Acquisition / Merger; Majority Stake | Excluded: Minority Stake; 
Spinoff 

P7 Target Ownership Type (Target): Included: Public Company 

Table 3 Transaction screening criteria 

Furthermore, a screen was conducted to determine a dataset of companies that have 

existed over the same period but were not acquired by another entity. The criteria for this 

screen was that the company must be listed and operating in one of the listed countries 

in P3, Table 3. Furthermore, the company must have total return data from the start date 

until the end date listed in Table 3. All financial companies were excluded from the screen 
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results. The screen resulted in 461 non-target companies. This is a control sample of non-

targets from which 261 companies were randomly chosen to match the target sample. As 

such, the final sample consists of 522 targets and non-targets. In this sample, many 

companies (targets and non-targets) still lacked observations for many data points, as is 

shown in total observations in Table 4 and Table 5. Several outliers were found in the 

sample. In order not to delete any outlying observations, the data will be winsorized so 

that every observation above the 99th percentile will be set to that value. Similarly, all 

values below the 1st percentile will be assigned to a bottom value corresponding to the 

value of the 1st percentile. A similar method to deal with outliers was utilized by Powell 

(2004) with three standard deviations from the mean as top and bottom values.  

Judging from the tables, it appears that the observations from the prediction sample and 

the estimation sample do not differ much from each other. This suggests that the 

subsamples are comparable with each other. From the descriptive statistics of targets 

and non-targets, not many prima facie observations can be extracted. However, by 

eyeballing the data, targets appear to have on average higher leverage, higher ROA, 

higher valuations, and higher enterprise values as well as higher sales growth. 

Descriptive statistics are presented in Table 4 through 7.
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Descriptive Statistics 

Pooled Ln(EV) EV/Sales EV/EBITDA EV/EBIT P/E P/B ROE ROA Debt/assets Debt/EBITDA 
PPE/total 

assets 
FCF/total 

assets 
Sales 
CAGR 

Hot 
sector 

DCS 
Growth- 
resource 

Max 10.73 46.31 305.47 228.68 439.98 17.93 0.80 0.33 0.79 60.15 0.95 0.27 7.23 1.00 1.00 1.00 

Min 1.83 0.19 –75.26 –157.22 –116.56 0.11 –0.85 –0.40 0.00 –19.68 0.00 –0.59 –0.49 0.00 0.00 0.00 

Average 5.75 2.83 13.17 11.26 19.13 2.57 0.07 0.05 0.27 3.32 0.29 0.01 0.36 0.09 0.26 0.09 

Median 5.72 1.10 8.62 12.52 13.07 1.76 0.10 0.06 0.24 2.02 0.22 0.04 0.15 0.00 0.00 0.00 

Std.dev 1.77 5.90 43.24 41.65 56.18 2.72 0.23 0.10 0.18 8.80 0.26 0.13 0.96 0.29 0.44 0.29 

Excess kurtosis 0.10 31.71 36.18 11.39 25.75 15.86 4.44 4.65 –0.36 20.29 –0.28 5.87 33.93 6.44 –0.81 5.74 

25th percentile 4.59 0.64 5.61 7.05 5.86 1.18 0.02 0.02 0.13 0.52 0.07 –0.02 0.02 0.00 0.00 0.00 

75th percentile 6.93 2.20 12.75 19.19 21.69 2.83 0.18 0.10 0.39 3.75 0.45 0.08 0.33 1.00 1.00 0.00 

Total observations 331 329 325 327 330 330 337 333 304 299 335 315 318 337 337 337 

Table 4 Descriptive statistics of estimation sample 

 
Descriptive Statistics 

Pooled Ln(EV) EV/Sales EV/EBITDA EV/EBIT P/E P/B ROE ROA Debt/assets Debt/EBITDA 
PPE/total 

assets 
FCF/total 

assets 
Sales 
CAGR 

Hot 
sector 

DCS 
Growth- 
resource 

Max 10.73 46.31 87.33 130.29 439.98 17.16 0.80 0.33 0.79 25.05 0.95 0.27 6.13 1.00 1.00 1.00 

Min 2.43 0.19 –39.05 –148.82 –69.40 0.11 –0.85 –0.40 0.00 –17.60 0.00 –0.59 –0.49 0.00 0.00 0.00 

Average 5.91 3.71 12.11 13.52 18.65 2.99 0.07 0.06 0.28 3.44 0.25 0.03 0.13 0.08 0.30 0.05 

Median 5.73 1.34 9.11 13.21 13.31 1.87 0.09 0.07 0.25 2.54 0.13 0.04 0.00 0.00 0.00 0.00 

Std.dev 1.83 8.27 15.91 34.52 52.38 3.28 0.28 0.11 0.19 5.67 0.28 0.13 0.80 0.27 0.46 0.22 

Excess kurtosis –0.38 19.59 7.32 7.04 43.56 7.81 3.34 6.01 0.22 6.73 0.37 6.37 37.15 8.04 –1.24 15.90 

25th percentile 4.54 0.59 6.87 7.74 –1.60 0.95 –0.03 0.02 0.13 0.63 0.03 –0.02 –0.09 0.00 0.00 0.00 

75th percentile 7.11 2.81 14.71 19.44 23.37 3.64 0.19 0.11 0.39 4.98 0.42 0.10 0.10 0.00 1.00 0.00 

Total observations 98 99 98 99 99 99 100 100 88 87 99 99 97 100 100 100 

Table 5 Descriptive statistics of prediction sample 
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Descriptive Statistics 

Targets Ln(EV) EV/Sales EV/EBITDA EV/EBIT P/E P/B ROE ROA Debt/assets Debt/EBITDA 
PPE/total 

assets 
FCF/total 

assets 
Sales 
CAGR 

Hot 
sector 

DCS 
Growth- 
resource 

Max 9.95 46.31 305.47 228.68 439.98 17.93 0.80 0.33 0.79 60.15 0.95 0.27 7.23 1.00 1.00 1.00 

Min 2.93 0.19 –75.26 –157.22 –116.56 0.11 –0.85 –0.40 0.00 –19.68 0.00 –0.59 –0.49 0.00 0.00 0.00 

Average 5.82 2.75 11.75 10.32 22.90 2.51 0.09 0.06 0.29 3.48 0.29 0.02 0.34 0.15 0.11 0.24 

Median 5.77 1.32 8.60 12.31 13.20 1.79 0.10 0.06 0.26 2.19 0.19 0.04 0.11 0.00 0.00 0.00 

Std.dev 1.27 5.40 32.78 44.62 59.85 2.46 0.24 0.10 0.19 8.05 0.27 0.14 1.03 0.36 0.31 0.43 

Excess kurtosis –0.16 41.63 61.20 9.61 25.32 14.40 4.36 6.39 –0.07 25.05 –0.17 5.23 29.42 1.76 4.55 –0.46 

25th percentile 4.80 0.67 6.35 8.12 5.08 1.19 0.02 0.03 0.14 0.57 0.06 –0.03 –0.02 0.00 0.00 0.00 

75th percentile 6.61 2.62 13.43 19.15 24.59 2.73 0.19 0.11 0.40 4.19 0.44 0.10 0.30 0.00 0.00 0.00 

Total observations 214 213 211 213 214 214 220 219 201 198 220 204 203 261 261 261 

Table 6 Descriptive statistics of targets 

Descriptive Statistics 

Non-targets Ln(EV) EV/Sales EV/EBITDA EV/EBIT P/E P/B ROE ROA Debt/assets Debt/EBITDA 
PPE/total 

assets 
FCF/total 

assets 
Sales 
CAGR 

Hot 
sector 

DCS 
Growth- 
resource 

Max 10.73 46.31 305.47 228.68 439.98 17.93 0.80 0.33 0.79 60.15 0.95 0.27 7.23 1.00 1.00 1.00 

Min 1.83 0.19 –75.26 –157.22 –116.56 0.11 –0.85 –0.40 0.00 –19.68 0.00 –0.59 –0.49 0.00 0.00 0.00 

Average 5.76 3.30 14.88 16.58 19.45 2.83 0.06 0.05 0.26 3.85 0.28 0.01 0.29 0.07 0.40 0.09 

Median 5.66 1.08 8.87 13.03 13.14 1.76 0.10 0.05 0.23 2.07 0.20 0.03 0.12 0.00 0.00 0.00 

Std.dev 2.10 7.05 41.94 40.96 62.97 3.19 0.24 0.11 0.19 9.57 0.26 0.13 0.88 0.25 0.49 0.28 

Excess kurtosis –0.54 22.81 34.92 13.15 26.47 11.20 4.51 4.40 –0.50 18.32 –0.03 6.88 40.74 9.78 –1.84 6.59 

25th percentile 4.08 0.61 5.72 6.98 4.51 1.13 0.01 0.02 0.11 0.57 0.07 –0.02 –0.02 0.00 0.00 0.00 

75th percentile 7.14 2.37 13.80 20.95 20.57 3.29 0.18 0.10 0.39 4.09 0.44 0.08 0.31 0.00 1.00 0.00 

Total observations 252 252 249 250 252 252 255 252 225 222 252 247 250 261 261 261 

Table 7 Descriptive statistics of non-targets 
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2.4. Empirical Approach 

Binary and multinomial logit models were estimated on the dataset, excluding 100 

observations, 50 targets and 50 non-targets, left for estimation. The data is thus divided 

into two separate subsamples, a prediction sample and an estimation sample. As such, 

the goal is to fit a model to the estimation subsample and subsequently test the model’s 

predictive abilities on the remaining subsample. With this approach, there is no reason 

for experimenting with cut-off values other than the default, 0.5, as it will match with the 

distribution of targets and non-targets. Furthermore, out-of-sample predictions provides 

a more realistic view of how well the model works, whereas in-sample predictions may 

result in overfitting and data mining biases.  

For the purposes of the research in the article, the logit framework is utilized to estimate 

the probability of a company becoming an M&A target. In addition, to identify a potential 

buyer for the target (i.e. financial or strategic) this research employs a multinomial logit 

regression in the similar fashion as Powell (1997). As such, the binary logit will serve as 

a prima facie indicator of M&A target likelihood, whereas the multinomial logit will 

consider potential differences in determinants effecting the probabilities of becoming 

either a strategic M&A target or a financial M&A target. The estimations and testing of 

logit models were executed in Stata. 

A total of four logit regressions were estimated, two binary logits (B1 and B2) as well as 

two multinomial logits (M1 and M2). The binary and multinomial logits utilize the same 

predictors. The B1 and M1 are estimated using less predictors and some additional 

variables were added to the B2 and M2. 

The binary and multinomial logit models are estimated according to the following 

equation, as presented in the first chapter as equation (3)  

𝑃(𝑦𝑖 = 1|𝑥1𝑖, 𝑥2𝑖 , … , 𝑥𝑘𝑖) =  
1

1+ 𝑒−(β0+β1𝑥1𝑖+ 𝛽2𝑥2𝑖+⋯+ 𝛽𝑘𝑥𝑘𝑖+𝜀). 

The variable, 𝑦𝑖, is the target or non-target classifier and β0 + β1𝑥1𝑖 + 𝛽2𝑥2𝑖 + ⋯ +

 𝛽𝑘𝑥𝑘𝑖 is a linear predictor. The error term is noted 𝜀.  
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The remaining subsample is used for prediction. The models which were fitted on 

the estimation sample are used to predict the classification �̂�𝑖 according to 

equation (4)  

(4)  𝑃(�̂�𝑖 = 1|𝑥1𝑖, 𝑥2𝑖 , … , 𝑥𝑘𝑖) =  
1

1+ 𝑒−(β̂0+β̂1𝑥1𝑖+ �̂�2𝑥2𝑖+⋯+ �̂�𝑘𝑥𝑘𝑖)
. 

The term, �̂�𝑖, is again the classifier and  β̂0 + β̂1𝑥1𝑖 +  �̂�2𝑥2𝑖 + ⋯ +  �̂�𝑘𝑥𝑘𝑖 is a linear 

predictor, consisting of the coefficients from the estimation subsample and observations 

of independent variables from the prediction sample. The term �̂�𝑖 is deemed to belong to 

a specific category if 𝑃(�̂�𝑖 = 1|𝑥1𝑖, 𝑥2𝑖, … , 𝑥𝑘𝑖) > 0.5. The predictions include all the 

variables used in the model estimation phase, even if some of the predictors were 

insignificant. 

2.5. Results and Discussion 

2.5.1. Results from model estimations 

The estimated regressions and their predictions yielded very interesting results. The 

results in Table 8 and 9 imply that the multinomial and the binary models differ. 

However, contrary to Powell (1997; 2004), it is not evident that the multinomial model 

is better at explaining M&A target likelihood, based on the explanatory power7 of the 

models, actually the explanatory power is better for the binary models rather than for the 

multinomial models. The results also suggest that there is a difference between the 

acquisition preferences between the buyers. This conclusion is implied from the 

difference in the significance of different predictors between strategic and financial 

targets. Separation of ownership and control play a key role in the likelihood of 

companies becoming acquired, as the results suggest that companies with multiple share 

classes are much less likely to become M&A targets.  

Valuation plays a surprising small role in general for takeover likelihood. The coefficients 

suggest a weak positive and statistically significant positive effect on the likelihood of 

becoming an M&A target. The coefficients are 0.005 (p-value 0.057) for strategic buyers 

and 0.007 (p-value 0.065) for financial buyers in M1 as well as 0.006 (p-value 0.074) 

and 0.008 (p-value 0.037) in M2. Based on the coefficients of valuation, the likelihood 

                                                        
7 Explanatory power was measured by MacFadden’s pseudo R2. 
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of being acquired increases with valuation of the company, although the impact of 

valuation is negligible and deemed economically insignificant. One explanation to this 

could be that there are still some outliers in the data that is skewing the results, despite 

winsorization of the data. Another interpretation may be that it is justified to pay a higher 

valuation for acquiring companies of good quality. Similar results were found by Palepu 

(1986), who found that valuation plays a negligible role in determining takeover targets. 

This research has not found any evidence in support of the undervaluation hypothesis. 

Size appear to have a negative effect on M&A target likelihood. According to the binary 

models the coefficients are -0.088 and -0.079 for models B1 and B2 respectively. This 

interpretation is quite intuitive, as the negative coefficient implies that the likelihood of 

becoming a target decreases when the size of the company increases. This is in line with 

the hypothesis that the costs of facilitating a transaction will increase with the size of the 

transaction. The size variable is, however, statistically insignificant (p-values vary 

between 0.277 and 0.523) across all models. Powell (1997) and Danboldt et al (2016) 

found similar relationships between size and target likelihood.  

Contrary to previous research, this article finds that better management efficiency 

(measured by ROA) increases the likelihood of becoming an M&A target. The coefficients 

for B1 and B2 are 3.167 (p-value 0.031) and 6.087 (p-value 0.003) respectively. In the 

multinomial setting, the relationship appears stronger for financial buyers suggested by 

a stronger coefficient in both models (5.123 – 2.761 in B1 and 6.913 – 5.864 in B2), 

significant at the 5 % and 10 % levels. A possible interpretation is that well-managed and 

profitable companies are more expensive and especially financial buyers look to acquire 

well-managed companies into their portfolios. This interpretation also provides some 

support for the valuation relationship, that Nordic M&A targets tend to have a slightly 

higher valuation compared to their non-target counterparts. 

Higher leverage, measured by the total interest-bearing debt compared to total assets, 

has a positive effect on the probability of becoming a target. The coefficients are 0.532 

and 1.296 in B1 and B2. The leverage variable is however insignificant, with p-values of 

0.518 and 0.183 respectively. A similar relationship between leverage and takeover 

likelihood was found by Powell (1997). The coefficients suggest that this relationship is 

stronger in the financial buyer category (1.067 – 0.402 in B1 and 2.388 – 1.036). This 

relationship might imply that financially constrained companies are more likely to find 

a financial buyer to assume and restructure their liabilities rather than filing for 

bankruptcy. It is also possible that strategic companies are not as interested to buy 
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financially constrained companies as the synergies between the two entities may not be 

as attractive after assuming the financial liabilities of the acquired entity. Another 

possibility for this insignificant relationship might be that all transactions included in 

the data must be for majority stakes, which might exclude deals for specific assets or 

smaller parts of companies, which could be sold off as a means of raising capital rather 

than filing for bankruptcy. Although the data imply that there is a positive relationship 

between leverage and becoming a target of M&A, the research does not find significant 

evidence in support of the financial distress hypothesis. 

The existence of dual class shares greatly decreases the probability of becoming a target. 

The dummy variable is significant at the 1 % level for models B1 and B2 with the 

coefficient estimates –1.995 and –1.840 respectively. This is a very non-trivial conclusion 

as having one or more share classes with special voting rights effectively makes it 

expensive for an outside buyer to acquire the entire share capital and the constituent 

votes to exercise corporate control. The effect of dual-class shares is stronger for strategic 

targets than for financial targets with estimated coefficients of -2.217 (p-value 0.000) in 

M1 and –2.057 (p-value 0.000) in M2. These results indicate that strategic buyers are 

less likely to acquire targets with dual-class share structures, compared to financial 

buyers. As such, this research found evidence in support of the notion that corporate 

governance influences the takeover likelihood of the company.  

The hot sector dummy variable is significant at the 5 % level in B1 and B2 (coefficients 

1.072 and 1.196 respectively). In the multinomial models, the effect appears stronger for 

financial targets, with coefficients of 1.753 and 1.861 in M1 and M2 significant at the 1 % 

level. One interpretation of this could be that financial buyers are more active buyers of 

targets that operate sectors with a lot of M&A activity. This research’s results suggest 

some evidence in support of the hot sector hypothesis. These results are congruent with 

findings by Palepu (1986) and Froese (2013). 

The growth-resource imbalance variable implies a positive coefficient for M&A target 

likelihood. This variable is however, only significant for model B1 (p-value 0.048) and 

M1 (p-values 0.073 and 0.080). Similar findings were reported by Powell (2004) and 

Palepu (1986).  
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2.5.2. Results from model predictions 

The results from the predictions highlight some very interesting findings. First, the 

predictions provide some support for the predictability of M&A targets.  By using a cut-

off value of 50 %, the prediction models yield on average of 56.25 % correct predictions 

across models B1, B2, M1, and M2. However, the results of the article do not consider 

timing as an aspect at all. Second, the multinomial models are not more successful at 

predicting targets and non-targets compared to the binary models. Third, the 

multinomial models are very unsuccessful at categorizing the buyer type, i.e. strategic or 

financial targets. The most reasonable explanation for inaccurate categorization of 

buyers is the distribution between strategic targets and financial targets were strongly in 

favor for strategic targets, with a total of 205 strategic targets and 56 financial targets. 

Hence, it is likely that the unequal distribution of the buyers might have an impact on 

the outcome of the buyer classification. The results indeed suggest that the prediction 

model classifies virtually every identified target to the strategic target category, which 

statistically speaking is the likely category based on the data. Furthermore, it is not 

evident that the performance measures deviate enough between the two target types for 

the models to produce reasonable results. Results similar to the latter of the two 

explanations, were found by Morck et al (1988), who suggest that synergistic takeover 

targets cannot accurately be classified based on basic performance measures. 

Although it was highlighted earlier that the use of 0.50 as a cut-off value was justified 

when the targets and non-targets were equally 50/50 distributed, a simplified sensitivity 

analysis to the cut-off value was conducted nevertheless. The results of the analysis 

suggest a surprisingly small variation in the classification accuracy variating the cut-off 

value between 0.40 and 0.60, implying on average between 53 % and 57 % correct 

classification between different cut-off values. The results also imply the accuracy of 

classifying targets correctly increase when the cut-off value decrease towards 0.40 and 

vice versa. The inverted relationship is the case for classifying non-targets. The sensitivity 

analysis table is included in Appendix 1. 

For comparative purposes, the same prediction process was done on the entire sample, 

i.e including the data using the subsample used for estimation. Not surprisingly, the 

prediction over the entire sample produces much more accurate predictions than using 

only the prediction subsample. Using the entire sample (prediction and estimation 

subsamples) yielded on average 64 % correct classification of targets and non-targets. 

These results highlight the dangers of drawing conclusions based on in-sample 
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predictions, as the accuracies of these predictions tend to be over fitted and skewed 

upwards. Also, not surprisingly, the multinomial models were more successful at 

predicting the buyer type for the target. However, even in-sample, the multinomial 

models were unsuccessful in classifying the buyer type of the targets. Similar to the out 

of sample predictions, it proved especially hard for the models to identify financial 

targets. Tables for the in-sample predictions are provided in Appendix 2 
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Table 8 Results from regressions M1 and B1 

  Model M2 Model B2 

  Strategic Target Financial Target Binary Target 

  Coefficient Z P-value Coefficient Z P-value Coefficient Z P-value 

Ln(Enterprise Value) –0.075 –0.790 0.427 –0.094 –0.640 0.523 –0.079 –0.880 0.376 

P/E 0.006 1.790 0.074* 0.008 2.090 0.037** –0.006 2.070 0.038** 

ROA 5.864 2.730 0.006*** 6.913 1.990 0.046** 6.085 2.950 0.003*** 

Debt/Total Assets 1.026 1.000 0.316 2.388 1.520 0.130 1.296 1.330 0.183 

PPE/Total Assets –0.463 –0.680 0.494 –1.902 –1.740 0.082* –0.733 –1.130 0.257 

FCF/Total Assets –1.703 –1.160 0.246 –1.445 –0.590 0.556 –1.684 –1.190 0.236 

Dual Class Shares –2.057 –5.070 0.000*** –1.184 –2.120 0.034** –1.840 –5.210 0.000*** 

Hot Sector 0.945 1.710 0.086* 1.861 2.920 0.004*** 1.196 2.300 0.021** 

Growth-Resource 0.988 1.420 0.154 1.356 1.440 0.151 1.064 –1.580 0.113 

Intercept –0.046 –0.080 0.934 –1.641 –1.880 0.061** 0.142 0.270 0.786 

Number of obs 278 278 

LR chi2(14) 71.03 63.61 

Prob > chi2 0.000 0.000 

Pseudo R^2 0.1350 0.1651 

* 10 % significance          
** 5 % significance          
*** 1 % significance          

Table 9 Results from regressions M2 and B2 

  Model M1 Model B1 
  Strategic Target Financial Target Binary Target 
  Coefficient Z P-value Coefficient Z P-value Coefficient Z P-value 
Ln(Enterprise Value) –0.071 –0.780 0.434 –0.156 –1.090 0.277 –0.088 –1.030 0.305 
P/E 0.005 1.900 0.057* 0.007 1.850 0.065* 0.006 2.040 0.042** 
ROA 2.761 1.810 0.070* 5.123 1.880 0.060* 3.167 2.150 0.031** 
Debt/Total Assets 0.402 0.460 0.643 1.067 0.800 0.422 0.532 0.650 0.518 
Dual Class Shares –2.217 –5.540 0.000*** –1.349 –2.470 0.014** –1.995 –5.750 0.000*** 
Hot Sector 0.786 1.430 0.152 1.753 2.820 0.005*** 1.072 2.070 0.038** 
Growth-Resource 1.181 1.790 0.073* 1.500 1.750 0.080* 1.260 –1.980 0.048** 
Intercept 0.215 0.400 0.686 –1.281 –1.530 0.0127 0.427 0.840 0.399 
Number of obs 295 295 
LR chi2(14) 72.00 65.82 
Prob > chi2 0.000 0.000 
Pseudo R^2 0.1283 0.1610 

* 10 % significance          
** 5 % significance          
*** 1 % significance          
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Table 10 Odds ratios for M1 and B1 

  Model M2 Model B2 

  Strategic Target Financial Target Binary Target 

  RRR Z P-value RRR Z P-value OR Z P-value 

Ln(Enterprise Value) 0.928 –0.790 0.427 0.910 –0.640 0.523 0.924 –0.880 0.376 

P/E 1.006 1.790 0.074* 1.008 2.090 0.037** 1.006 2.070 0.038** 

ROA 351.956 2.730 0.006*** 1005.15 1.990 0.046** 439.283 2.950 0.003*** 

Debt/Total Assets 2.791 1.000 0.316 10.891 1.520 0.130 3.655 1.330 0.183 

PPE/Total Assets 0.629 –0.680 0.494 0.149 –1.740 0.082* 0.481 –1.130 0.257 

FCF/Total Assets 0.182 –1.160 0.246 0.236 –0.590 0.556 0.186 –1.190 0.236 

Dual Class Shares 0.128 –5.070 0.000*** 0.306 –2.120 0.034** 0.159 –5.210 0.000*** 

Hot Sector 2.572 1.710 0.086* 6.429 2.920 0.004*** 3.306 2.300 0.021** 

Growth-Resource 2.686 1.420 0.154 3.880 1.440 0.151 2.897 –1.580 0.113 

Intercept 0.955 –0.080 0.934 0.194 –1.880 0.061** 1.152 0.270 0.786 

Number of obs 278 278 

LR chi2(14) 71.03 63.61 

Prob > chi2 0.000 0.000 

Pseudo R^2 0.1350 0.1651 

* 10 % significance          
** 5 % significance          
*** 1 % significance          

Table 11 Odds ratios for M2 and B2 

  Model M1 Model B1 
  Strategic Target Financial Target Binary Target 
  RRR Z P-value RRR Z P-value OR Z P-value 
Ln(Enterprise Value) 0.932 –0.780 0.434 0.855 –1.090 0.277 0.916 –1.030 0.305 
P/E 1.005 1.900 0.057* 1.007 1.850 0.065* 1.006 2.040 0.042** 
ROA 15.816 1.810 0.070* 167.598 1.880 0.060* 23.731 2.150 0.031** 
Debt/Total Assets 1.494 0.460 0.643 2.906 0.800 0.422 1.703 0.650 0.518 
Dual Class Shares 0.109 –5.540 0.000*** 0.260 –2.470 0.014** 0.136 –5.750 0.000*** 
Hot Sector 2.194 1.430 0.152 5.773 2.820 0.005*** 2.921 2.070 0.038** 
Growth-Resource 3.259 1.790 0.073* 4.482 1.750 0.080* 3.524 –1.980 0.048** 
Intercept 1.240 0.400 0.686 0.278 –1.530 0.0127 1.532 0.840 0.399 
Number of obs 295 295 
LR chi2(14) 72.00 65.82 
Prob > chi2 0.000 0.000 
Pseudo R^2 0.1283 0.1610 
* 10 % significance          
** 5 % significance          
*** 1 % significance          
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Table 12 Predictions based on binary logit models B1 and B2 

Model M1 

Predictions Actual Target Actual Non-target Actual strategic buyers Actual financial buyers 

Target 31 19     

Non-target 25 25     

Strategic buyer     24 26 

Financial buyer     50 0 

Correct predictions 56 % 24 % 

Table 13 Predictions based on multinomial logit model M1 

Model M2 

Predictions Actual Target Actual Non-target Actual strategic buyers Actual financial buyers 

Target 28 22     

Non-target 27 27     

Strategic buyer     22 28 

Financial buyer     49 1 

Correct predictions 55 % 21 % 

Table 14 Predictions based on multinomial logit model M2 

Model B1 Model B2 

Predictions Actual Target Actual Non-target Predictions Actual Target Actual Non-target 

Target 35 15 Target 28 22 

Non-target 29 21 Non-target 20 30 

Correct 
predictions 

56 % Correct predictions 58 % 
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2.6. Summary 

This article started by identifying that despite M&A has been subject to a vast amount of 

research, most of the research is limited to a small amount of geographies, mainly North 

America and the UK. Much less research has been devoted to exploring M&A in different 

geographical regions, like the Nordic countries. The purpose of the study was to predict 

Nordic M&A targets and try to identify whether the buyer is more likely a strategic buyer 

or a financial buyer.  

This study employed both a binary and multinomial logistic regression. The estimation 

of the regressions was done with a different subsample than the prediction, as to avoid 

any biases associated with overfitting the data. The results indicate that profitability, 

leverage, “hot sector”, growth-resource imbalance and valuation increase the probability 

of becoming an M&A target. Size and the existence of multiple share classes decrease the 

likelihood of becoming a target. The regression models were not successful at predicting 

the buyer type. Finally, using the predictors from the regressions on another subsample, 

the models make on average 56 % correct predictions of targets and non-targets. These 

results provide some evidence in support of the predictability of M&A targets. 

As a suggestion for future research, the author believes that there is much to be learned 

about M&A targets and their predictability. The author suggests the inclusion of 

corporate governance aspects as a means of better understanding M&A targets. By 

controlling for different types of ownership, higher prediction accuracies might be 

achieved by ruling out companies that are very unlikely to be acquired, for example based 

on the existence of multiple share classes. In addition to including corporate governance 

aspects to the research in the future, there might also be more to learn about M&A by 

including acquisitions of minority stakes as these might provide more knowledge about 

strategic M&A.  
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APPENDIX 1 PREDICTION ACCURACY SENSTIVITY 

Cut-off value sensitivity 

Cut-off value Targets correct Non-targets correct Average 

40 % 66 % 47 % 56.5 % 

42 % 65 % 49 % 57.0 % 

44 % 65 % 50 % 57.5 % 

46 % 64 % 51 % 57.5 % 

48 % 62 % 51 % 56.5 % 

50 % 61 % 52 % 56.5 % 

52 % 60 % 54 % 57.0 % 

54 % 57 % 56 % 56.5 % 

56 % 55 % 59 % 57.0 % 

58 % 54 % 60 % 57.0 % 

60 % 30 % 76 % 53.0 % 

Table 15 Sensitivity of prediction accuracies to changes in the cut-off values 
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APPENDIX 2 IN SAMPLE PREDICTION ACCURACIES 

Table 16 In sample predictions of models B1 and B2 

Model M1 

Predictions Actual Target Actual Non-target Actual strategic buyers Actual financial buyers 

Target 201 60     

Non-target 118 143     

Strategic buyer     157 48 

Financial buyer     55 1 

Correct predictions 59 % 39 % 

Table 17 In sample predictions of model M1 

Model M1 

Predictions Actual Target Actual Non-target Actual strategic buyers Actual financial buyers 

Target 147 114     

Non-target 100 161     

Strategic buyer     110 95 

Financial buyer     55 1 

Correct predictions 59 % 28 % 

Table 18 In sample predictions of model M2 

Model B1 Model B2 

Predictions Actual Target Actual Non-target Predictions Actual Target Actual Non-target 

Target 212 49 Target 169 92 

Non-target 133 128 Non-target 93 168 

Correct predictions 65 % Correct predictions 65 % 
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3 MANDATORY SUMMARY IN SWEDISH 

3.1. Introduktion 

Företagsförvärv är intressanta som forskningsområde eftersom de innebär ofta stora 

investeringar av den köpande parten, med målet att skapa mervärde för såväl 

intressenten, målföretaget och ägarna. Det har forskats mycket inom finansiell ekonomi 

i möjligheterna att förutsäga företagsförvärv. Forskning inom detta område har främst 

fokuserat på större geografiska områden och marknader, såsom USA och Europa. 

Mycket mindre forskning behandlar mer specifika områden, vilket exempelvis de 

nordiska länderna är inom Europa. Norden är speciellt intressant för att området som 

marknad avsevärt skiljer sig från resten av Europa. Till exempel har många publika 

företag i Norden kontrollerande aktieägare (Faccio & Lang 2002; Lekvall 2014: 15, 23–

24). Typiska kontrollerande ägare i Norden är familjeägare eller staten. Därutöver har 

de nordiska länderna liknande lagstiftning, som kan påverka  processen vid 

företagsförvärv. 

Syftet med avhandlingen är att undersöka i vilken mån nordiska företagsköp är 

förutsägbara och huruvida det går att identifiera olika kategorier av köpare. 

Denna avhandling bidrar till tidigare forskning kring identifiering av mål för 

företagsförvärv i Norden. Därutöver bidrar avhandlingen till tidigare forskning med att 

undersöka hur olika ägarstrukturer påverkar sannolikheten att bli mål av företagsköp.  

3.2. Företagsköp i korthet 

Företagsförvärv handlar om att köpa eller sälja kontrollerande andelar i andra bolag. 

Liksom vilken transaktion som helst omfattar ett företagsförvärv en köpande part 

(köparen eller intressenten) och en säljande part (säljaren eller målföretaget). Vid ett 

företagsköp förhandlar köparen och säljaren om villkoren enligt vilka aktierna och 

tillhörande tillgångar i köpmålet överförs från säljaren till köparen. De senaste åren har 

företagsköp globalt ökat stadigt. År 2017 kungjordes mer än 50 600 företagsförvärv över 

hela världen, med ett sammansatt värde om 3,5 biljoner US Dollar. Detta är en drastisk 

ökning från år 1985, då motsvarande siffror var 2 600 transaktioner med ett sammansatt 

värde på 347 miljarder US dollar. (Institute for Mergers, Acquisitions and Alliances 

(IMAA), 2018).  
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Tidigare forskning inom företagsköp har funnit att företagsköp sker i cykler, så kallade 

fusionsvågor. Det är å andra sidan mera oklart varför dessa vågor existerar. Harford 

(2005) menar att fusionsvågor sker på grund av ekonomiska, teknologiska och 

regleringsbetingade chocker. Ekonomiska chocker kan exemplevis vara en ökning i 

efterfrågan på en produkt eller service. En teknologisk förändring är ofta en ny 

innovation som drastiskt förändrar dynamiken på marknaden. Regleringsbetingade 

chocker är i sin tur en förändring i regelverken på marknaden. 

Det finns olika typer av företagsköp som drivs av olika motiv. Vanligtvis talar man om 

tre huvudsakliga typer av företagsköp: horisontella, vertikala och konglomerat. 

Horisontella företagsköp syftar på transaktioner där köpmålet är agerar inom samma 

industri som köparen (exempelvis en konkurrent). Vertikala företagsköp syftar på 

situationer där köpmålet är i ett annat skede i produktionskedjan jämfört med köparen, 

till exempel en leverantör eller distributör till köparen. Ett konglomerat syftar på en 

transaktion där köpmålets verksamhet är orelaterad till köparens verksamhet. (Brealy et 

al. 2014: 807; Schleifer & Vishny 2003)  

Vanligtvis brukar köparen av företag klassificeras i en av två olika kategorier: finansiell 

köpare eller strategisk köpare. Strategisk köpare avser ett företag med strategiskt 

intresse i köpmålet. Detta innebär att den huvudsakliga värdeökningen från 

transaktionen beräknas vara synergier, det vill säga operativa fördelar som skapas 

genom att kombinera företagens tillgångar. Med finansiell köpare avses köpare som har 

ett strikt finansiellt intresse i köpmålen. Dessa är ofta organiserade som fonder eller 

partnerskap och ses ofta som en portfölj av tillgångar som är orelaterade till varandra 

(Kaplan och Strömberg, 2008).  Finansiella köpare skapar värde genom att tillföra unik 

talang inom ledarskap och operationella förbättringar till köpmålet. En central del av 

värdeökning för finansiell köpare är ofta användning av finansiell hävstång. Dessa motiv 

kan grovt sett delas in i två kategorier, synergibetingade företagsköp och disciplinära 

företagsköp (Morck et al 1988). 

Synergibetingade företagsköp drivs av att eliminera överlappande funktioner 

gemensamma för köparen och köpobjektet. Detta innebär ofta eliminering av indirekta 

administrativa kostnader. Synergier kan också uppnås genom att kombinera forsknings- 

och undersökningsavdelningar, marknadsföringsnätverk; bredare kundbas eller bättre 

kontroll av företagets kombinerade värdekedja.  Disciplinära företagsköp i sin tur ämnar 

skapa värde genom att ändra på ledningsstrukturen i ett suboptimalt  styrt företag. Dessa 
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transaktioner kan råda bot på problem med intressekonflikter i målföretaget. (Morck et 

al. 1988) 

3.3. Hypoteser om företagsköp och vad som driver dem 

Företag med ineffektiv ledning tros vara sannolika mål för företagsköp. Denna hypotes 

bygger på tanken om att ett motiv för företagsköp är att ersätta ledningen i vanskötta 

bolag. Vanligtvis brukar ineffektiv ledning mätas med olika nyckeltal på lönsamhet som 

t.ex. avkastning på eget kapital (ROE) eller avkastning på sysselsatt kapital (ROCE). 

Bland annat Palepu (1986) har föreslagit att använda avkastning på eget kapital som 

mått på ledningens prestation. Palepu finner att företag som underpresterar i form av 

ROE och genomsnittlig överavkastning (AER) är mera sannolika mål företagsköp. 

Jensens (1986) hypotes om fria kassaströmmar leder till intressanta slutsatser om 

företagsköp. Hypotesen antyder att företag med låg tillväxt men rikligt med disponibla 

vinstmedel eller företag med hög tillväxt men begränsade vinstmedel blir mer sannolika 

mål för företagsköp. Detta bygger på agentteori och innebär att företag med mycket 

resurser mera sannolikt har en ledning som spenderar dessa resurser på egna förmåner 

eller på omotiverade investeringar som inte tillför värde till bolaget. Samtidigt finns det 

innovativa bolag som ofta har en bra tillväxt men begränsade medel att finansiera sin 

tillväxt. Företagsförvärv fungerar som en manöver att ersätta ledningen och använda 

överlopps resurserna från bolagen i det förra fallet till att investera i bolagen med 

tillväxtpotential i det senare fallet. En annan tolkning är att tillväxtbolag blir uppköpta 

på grund av att de har en ny produkt eller teknologi, eller alternativt på grund av att 

målföretaget behöver en stark ägare som kan finansiera deras tillväxt. Då denna hypotes 

endast syftar på bolag med tillväxtmöjligheter men begränsade resurser, brukar man 

kalla om tillväxt-resurs diskrepans (eng. Growth-resource imbalance). 

Storleken på bolaget anses allmänt minska sannolikheten för ett företag att bli uppköpt. 

Denna tanke grundar sig på att ju större målföretaget är, desto färre potentiella köpare 

finns det som har resurserna att köpa det. Forskning av Palepu (1986) och Powell (1997, 

2004) tyder på ett negativt samband mellan företagets storlek och sannolikhet att bli 

uppköpt. 

Baserat på teorin om fusionsvågor, finns det hypoteser om att exempelvis 

industrirelaterade chocker kan orsaka en kedja av flera företagsköp. Flera forskningar 
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har fört fram hypoteses om industriella chocker. Detta brukar mätas binärt med att ha 

en variabel som tar värdet ett då sektorn antas vara ”het” och annars noll. 

En ytterligare hypotes är att ägarskap bör förklara företagsköp. Bland annat Shivdasani 

(1993) finner att familjeägda bolag är mindre sannolika mål för företagsköp. Norden har 

en modell som är optimerad för koncentrerat ägarskap och i enlighet med Schleifer och 

Visnhy (1997) skulle det minska behovet för disciplinära företagsköp (Lekvall 2014: 3–

50). I Norden är det typiskt att stora enskilda ägare skyddar sitt ägarskap med en skild 

aktieserie som har mera röster än aktierna i den ordinarie serien. Jag föreslår att företag 

som har flera aktieserier är mindre sannolika köpmål eftersom ägarna av röststarka 

aktierna kan stoppa eventuella försök att köpa bolaget. 

3.4. Sammanfattning av tidigare forskning 

Palepu (1986) använde ett sampel av 163 transaktioner (uppköpta bolag) och ett 

kontrollsampel av 256 bolag (icke-uppköpta bolag). Palepu fann att ineffektiv ledning, 

storlek, industri samt tillväxt-resurs diskrepans. Ineffektiv ledning tenderar öka 

sannolikheten för att bli uppköpt. Storlek hade ett negativt samband medan tillväxt-

resurs diskrepans hade ett positivt samband med sannolikheten att bli köpmål. Palepu 

testade också om resultaten kan användas som en investeringsstrategi, men fann lite 

stödande bevis för detta. Powell (1997) undersökte determinanter som påverkar 

sannolikheten att bli uppköpt med att dela upp köpobjekten i vänliga företagsköp och 

fientliga företagsköp (eng. Friendly and hostile takeovers). Powell fann att resultaten 

skiljer sig signifikant då man skiljer åt transaktionerna i två olika kategorier, vilket tyder 

på att vänliga företagsköp och fientliga företagsköp drivs av olika saker. Powell resultat 

antyder att låg likviditet, större storlek, och högre värdering ökar sannolikheten för 

fientliga företagsköp. För vänliga företagsköp var högre skuldsättningsgrad och mindre 

storlek variabler som ökade sannolikheten. Powell (2004) är en liknande studie som 

Powell (1997) med liknande resultat. Här finner även Powell att det är viktigt att 

observera de olika typerna av transaktioner separat eftersom de drivs av olika saker. 

Powell (2004) hittade bevis för att resultaten kan användas som en investeringsstrategi 

som genererar överavkastning. Brar et al (2009) utökar det ramverk som togs fram av 

Palepu (1986) med att lägga till variabler av teknisk natur. Författarna finner att 

sannolikheten för att bli uppköpt ökar med stark prisstegring i börskursen, 

handelsaktivitet, mindre storlek, lägre värdering, lägre likviditet och lägre 

omsättningstillväxt. Författarna undersökte också om resultaten kan användas som en 
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investeringsstrategi och lyckades generera en riskjusterad överavkastning. Danbolt et al 

(2016) finner att ineffektiv ledning, undervärdering, större andel materiella tillgångar 

och högre grad av fria kassaströmmar förklarar sannolikheten att bli uppköpt. 

Författarna fann inga bevis för att man kan åstadkomma överavkastning genom att 

förutspå företagsköp. Författarna finner dock inte att de kan förutspå köpmålen 

noggrannare med hjälp av resultaten än genom att gissa dem slumpmässigt. Annan 

tidigare forskning är bland andra magisteravhandlingar av Froese (2013) och Sällström 

(2013).  

3.5. Forskningshypoteser 

Avhandlingen undersöker åtta olika hypoteser. Dessa omfattar företagsstorlek, 

värdering, skuldsättningsgrad, ineffektiv ledning, fria kassaströmmar, tillväxt-resurs 

diskrepans, ”het sektor” och olika aktieserier. Hypotesen om företagsstorlek antar att 

sannolikheten för att bli uppköpt minskar då företagets storlek ökar. Som mått på storlek 

används den naturliga logaritmen av företagsvärdet (eng. Enterprise value). Hypotesen 

om värdering antar att ett företags värdering är omvänt proportionell mot dess 

sannolikhet att bli föremål för företagsförvärv. Som mått på värdering används ett 

företags P/E-tal. Skuldsättningsgrad anses öka sannolikheten för att ett företag blir 

uppköpt. Detta eftersom företag kan tänkas söka en köpare som köper dem istället för 

att tvingas söka om konkurs om bolaget hamnar i finansiellt obestånd. Som mått på 

skuldsättningsgrad används totala räntebärande skulder i förhållande till totalt kapital. 

Ineffektiv ledning antas öka sannolikheten för företagsköp, som mått används 

avkastning på totalt kapital eftersom det enligt mig ger en bättre bild av företagets 

lönsamhet mot alla intressenter. I enlighet med hypotesen om fria kassaströmmar antas 

högre fria kassaströmmar öka sannolikheten för att företaget blir uppköpt. Som mått på 

fria kassaströmmar används genererade fria kassaströmmar i relation till företagets 

totala kapital. För hypoteserna tillväxt-resurs diskrepans, het sektor och flera aktieserier, 

används en dummy variabel för att avskilja bolag som faller inom dessa kategorier. För 

de två första antas ett positivt samband och för flera aktieserier antas ett negativt 

samband. 

3.6. Data och metod 

Tidsramen för undersökningen är slutet av mars 2002 fram till slutet av december år 

2017. Data innehåller företagsköp för de nordiska länderna Finland, Sverige, Norge och 



 

 

44 

Danmark. Island är således uteslutet ur forskningen. För att ett företagsköp skall 

godkännas som transaktion i samplet måste transaktionens storlek vara minst 50 

miljoner euro och gälla minst 50 procent ägarskap i bolaget (det vill säga byte av 

majoritetsägare). Alla transaktioner av målföretag verksamma inom den finansiella 

sektorn är uteslutna. Ovannämnda begränsningar resulterade i ett sampel på 261 

uppköpta bolag. Därutöver hämtades ett lika stort, slumpmässigt valt, kontrollsampel 

med bolag som inte blivit uppköpta under samma period. Dessa två sampel slogs 

samman till ett stort sampel, varifrån 100 stycken (50 uppköpta och 50 icke-uppköpta) 

företag separerades till ett skilt sampel för att testa modellernas förmåga att identifiera 

bolag som blivit uppköpta. Således finns det ett estimeringssampel och ett 

identifieringssampel. Data hämtades från databasen Factset. 

I enlighet med tidigare forskning, används logit-regressionen för modellering av 

företagsköp. Då syftet med avhandlingen var att också försöka förutspå köparen, 

tillämpas en multinomiell logit-regression som beaktar för eventuella skillnader mellan 

strategiska och finansiella köpare. Binär logit används också för att jämföra om det 

multinomiella ramverket är bättre, så som forskning av Powell (1997) och Powell (2004) 

antyder. Först estimerades fyra olika regressionsmodeller, två binära och två 

multinomiella modeller, varav en med sju variabler och en med nio varaibler. Dessa 

regressioner gjordes på basis av estimeringssamplet. Därefter, kombinerades 

indentifieringssamplets observationer med koefficientsestimaten från regressionerna 

baserade på estimeringssamplet. Det är viktigt att estimeringen och identifieringen sker 

i olika sampel, eftersom det kan förvränga resultaten om estimering och identifiering 

görs med samma sampel.  

3.7. Resultat och diskussion 

Denna avhandling bidrar med intressanta resultat och slutsatser för identifiering av mål 

för företagsköp. I enlighet med Powell (1997) och Powell (2004) antyder resultaten att 

de binära och multinomiella regressionerna skiljer sig från varandra. Jag finner till 

skillnad från Powells forskning inte att de multinomiella modellerna skulle vara bättre 

än de binära. I själva verket har de binära modellerna bättre förklaringsgrad. Å andra 

sidan antyder resultaten att det finns skillnader i preferenser mellan de två 

köparkategorierna. 

Resultaten antyder att värdering spelar en försumbar roll för sannolikheten att bli 

uppköpt. Koefficientestimaten indikerar ett svagt men signifikant positivt samband för 
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strategiska köpare och finansiella köpare. Detta samband är dock inte ekonomiskt 

signifikant. En möjlig tolkning för det positiva sambandet är att köparna är redo att 

betala mera för bolag av högre kvalitet. Palepu (1986) kom fram till liknande resultat. 

Således finner denna avhandling inte stöd för att företagsköpsmål skulle vara 

undervärderade. Storlek visar sig i enlighet med den framställda hypotesen ha ett 

negativt samband med sannolikheten att bli uppköpt. Storleksvariabeln är dock statistisk 

insignifikant i alla modeller. Till skillnad från tidigare forskning, antyder resultaten att 

effektivt ledning har ett positivt samband med företagsköp, speciellt i kategorin för 

finansiella köpare. Detta kan tolkas som att företagen som blir uppköpta är välskötta (i 

termer av avkastning på totalt kapital), vilket också skulle rättfärdiga en högre värdering 

som diskuterades tidigare. Olika aktieserier har en stark och signifikant negativ inverkan 

på sannolikheten att bli uppköpt. Denna forskning visar således på att ägarstrukturen i 

Norden kan ha en betydande inverkan på företagsköp. Resultaten indikerar också att 

företag som är verksamma i heta industrier med större sannolikhet blir uppköpta. Detta 

samband verkar vara starkare för finansiella köpare. Palepu (1986) kom fram till 

liknande resultat. Bolag med tillväxt-resurs diskrepans tenderar med större sannolikhet 

bli mål för företagsköp, trots att denna variabel endast är signifikant i en av modellerna. 

Liknande resultat rapporterades av Powell (2004) och Palepu (1986). Denna tolkning 

skulle betyda att företag blir uppköpta för att de saknar resurser för att leverera fortsatt 

tillväxt. Skuldsättningsgraden hade som förväntat positivt samband företagsköp, dock 

var detta samband inte signifikant.  

Resultat för klassificering av köpmål ger vissa stöd för tanken om att förutspå 

företagsköp. Då klassificeringen gjordes på det isolerade identifieringssamplet, 

klassificerade modellerna i medeltal 56,25 procent korrekt uppköpta företag och icke 

uppköpta företag. Detta är aningen bättre än att slumpmässigt klassificera hälften av 

samplet som köpmål vis-a-vis icke köpmål. En intressant observation är att de 

multinomiella modellerna var inte bättre på att klassificera köpmål, trots att dessa 

beaktar för skillnader i köparkategorin. Därutöver var de multinomiella modellerna inte 

alls bra på att kategorisera köparen, och antog praktiskt taget att alla företagsköp skedde 

av strategiska köpare. Detta kan bero på att det fanns betydligt mycket flera strategiska 

köpare i samplet jämfört med finansiella köpare.  

Slutligen kan jag konstatera att resultaten i mångt och mycket var i enlighet med 

förväntningarna av tidigare forskning och existerande hypoteser. Därutöver har jag 
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bidragit till vetenskapen med att ta fram bevis för att ägarskap i Norden kan göra det 

väldigt svårt att köpa upp företag. 
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